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The main objective of this study is to deepen the understanding of how HR analytics 

can be utilized in voluntary employee turnover purposes. This study is a qualitative 

multiple case study and consists of both theoretical and empirical parts. The 

theoretical part of this thesis covers the phenomenon of managing voluntary 

employee turnover through analytics. The empirical part follows the qualitative 

research process and four semi-structured interviews are used as the main data 

collection method. 

 

The results reveal that HR analytics can support the voluntary employee turnover 

management and the role of HR analytics will increase in the future. The main 

findings indicate that the current focus is on monitoring voluntary employee turnover-

related metrics and taking actions reactively at the descriptive HR analytics level. 

The wider adoption of HR analytics is hindered by the lack of resources and the 

shortage of analytically skilled HR professionals. In the future, predictive analytics 

can be used to forecast voluntary employee turnover. This allows companies to take 

actions proactively and enables more timely decision-making. The results also reveal 

that companies expect more advanced HR analytics to recognize the key talent and 

undesirable attrition. Furthermore, HR analytics could help to reduce employee 

turnover rate, provide more accurate numbers and empower faster and more 

targeted employee turnover management decisions. 
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Tämän tutkimuksen päätavoite on syventää ymmärrystä siitä, kuinka HR-analytiikkaa 
voidaan hyödyntää vapaaehtoisen henkilöstön vaihtuvuuden hallinnassa. Tämä 
tutkimus on laadullinen monitapaustutkimus ja koostuu sekä teoreettisesta että 
empiirisestä osasta. Tutkimuksen teoreettinen osa käsittelee HR-analytiikan 
hyödyntämistä henkilöstön vapaaehtoisessa vaihtuvuudessa. Empiirinen osa seuraa 
kvalitatiivista tutkimusprosessia ja pääasiallisena tiedonkeruumenetelmänä 
käytetään neljää osittain strukturoitua haastattelua. 
 
Tutkimuksen tulokset paljastavat, että HR-analytiikka voi tukea henkilöstön 
vapaaehtoisen vaihtuvuuden hallintaa ja HR-analytiikan rooli kasvaa 
tulevaisuudessa. Tulokset paljastavat, että nykyinen painopiste on deskriptiivisessä 
HR-analytiikassa sekä henkilöstön vaihtuvuuteen liittyvien mittareiden seurannassa 
ja reagoivien toimenpiteiden toteuttamisessa. HR-analytiikan laajempaa 
käyttöönottoa haittaa resurssien ja analyyttisesti pätevien HR-ammattilaisten puute. 
Jatkossa ennakoivan analytiikan avulla voidaan ennustaa työntekijöiden 
vapaaehtoista vaihtuvuutta. Tämä antaa yrityksille mahdollisuuden toimia 
ennakoivasti ja mahdollistaa päätöksenteon oikea-aikaisemmin. Tulokset paljastavat 
myös, että yritykset odottavat edistyneemmän HR analytiikan tunnistavan 
avainhenkilöt ja epäsuotuisan vaihtuvuuden. Lisäksi HR-analytiikka voisi auttaa 
vähentämään työntekijöiden vaihtuvuutta, tuottaa tarkempia lukuja ja mahdollistaa 
nopeammat ja kohdennetummat työntekijöiden vaihtuvuuden hallintaan liittyvät 
päätökset.  
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1 INTRODUCTION  
 

The competition for talent is increasing in the global environment. Companies are 

focusing on how to get the most talented employees and also how to keep them in the 

organization. The major challenge for today’s companies is to get the right high-

performing people to do the right work at the right time and retain them. It’s more 

important than ever to utilize data in human resources. Businesses have recognized 

they need data to figure out what makes people to join them, perform well in their jobs 

and stay with an organization. HR analytics can help to figure out the answers to these 

questions. (Deloitte 2016, p. 87) 

 

Fitz-enz (1997) declared that on average the company loses approximately $1 million 

with every 10 managerial and professional employees who leave the organization. The 

total cost of an exempt employee turnover is ranging from a minimum of one year’s 

pay and benefits to a maximum of two years’ pay and benefits when the indirect and 

direct costs are combined. High rate of employee turnover is disadvantageous for 

companies. Turnover brings significant indirect costs as new employees need to be 

selected, interviewed and recruited. Furthermore, significant amount of knowledge is 

usually lost when an employee leaves the company. This is the knowledge that is used 

to meet the expectations of the customers. 

 

It has to be noted that analytics in human resource management is nothing new. 

According to Kaufman (2014) HR management and analytical approaches have been 

together for years. The concept of HR measurement is from the early 1900s and the 

first book on “How to measure human resource management” was published in 1984 

by Jac Fitz-enz. (Kaufman 2014; Fitz-enz 1995). The question is why suddenly right 

now is HR analytics so fascinating topic? One of the reasons might be recent surveys 

and research results related to the topic. 

 

Deloitte has produced the Global Human Capital Trends study for several years and 

published a report on the results. The results are impressive, especially when 

comparing the results between 2015-2018. As Deloitte’s Global Human Capital Trends 

2018 (figure 1) survey notes, 85 percent of respondents viewed people analytics as 
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important or very important, while the respective number was 66 percent back in 2015. 

The companies have also increased their capabilities; Deloitte’s Global Human Capital 

Trends 2018 survey notes that 42 percent of respondents considered themselves 

ready or very ready, while the respective number was 35 percent back in 2015. 

(Deloitte 2018, p. 5 & Deloitte 2015, p. 4) Deloitte’s Global Human Capital Trends 2018 

survey included data from over 11 000 respondents from all over the world, while the 

respective number of respondents was 3 333 back in 2015 (Deloitte 2018, p. 13 & 

Deloitte 2015, p. 12). Respondents also generally agree that, while people analytics is 

important, most organizations are not yet ready to meet expectations (Deloitte 2018, 

p. 5). 

 
Figure 1. Human capital trends: importance and respondent readiness. (Source: Deloitte Global Human Capital 
Trends, 2018.) 

 

Broadly, there are few thought-provoking paradoxes. Even though HR analytics is a 

buzzword with a lot of hype around, the amount of academic research is very limited 

and so is the adoption of HR analytics in the business world despite research 

frequently connecting HR analytics with positive organizational outcomes. (Marler & 

Boudreau 2017) 

 

There are only few master’s thesis done about the topic in Finland. Most of them are 

focusing current state of HR analytics in Finnish organizations. Several studies have 

demonstrated that the level of utilizing HR analytics in Finland is still quite immature 
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(Hyytiäinen 2019; Ruohonen 2015; Dahlblom & Siikanen 2016). The status of HR 

analytics in Finnish organizations is mainly very rudimentary: about 70% of the 

respondents use descriptive analytics to get answers to the “what happened” question. 

Very few organizations are using more advanced analytics, like predictive analytics. 

(Hyytiäinen 2019, p. 70) There is a clear need for a study focusing more deeply on a 

case companies that are actually using HR analytics to gain answer on is it really worth 

it.  

 

1.1 Positioning and scope of the study 
 

The study is positioned at the intersection of human resource management (HRM) and 

analytics. In addition, the subject of the study is closely related to financial 

management (see figure 2). HRM has multiple roles in the organizations with 

employee turnover management being one of them. This study focuses on managing 

employee turnover with analytics. Employee turnover has a significant financial impact 

and therefore financial management is related to the topic.  

 

 

The positioning also determines the scope of the study (figure 3). The scope of the 

study is delimited to voluntary employee turnover and HR analytics and therefore this 

study doesn’t go in depth to other areas of human resource management. There are 

also many activities that companies can make to manage the voluntary employee 

HRM

AnalyticsFinancial 
management

Figure 2. The positioning of the study. 
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turnover, but this research focuses mainly to the role of HR analytics. Furthermore, 

this study doesn’t go in-depth in the technical perspective of analytics as different 

technical aspects for advanced analytics will not be covered in detail in this thesis, 

although general guidelines are discussed. 

 

Furthermore, there are several delimitations regarding the research methodology. This 

thesis is a qualitative multiple case study. The empirical part was conducted with a 

relatively small sample set, but it was also intentional due to various reasons. The data 

collection was done with in-depth interviews as the point was to understand the 

phenomenon and gain answers on complex research questions. Multiple case study 

produces more evidence than a single case study, but it is important to realize that the 

observations of this study are not necessarily generalizable to larger populations or in 

other settings. Therefore, the results should be interpreted carefully. (Saunders et al. 

2015; Kaivola, 2018) However, a larger sample could produce more reliable and 

accurate results. 

 

Finally, this study has also some restrictions regarding the business size of the case 

company and the geographical scope. The size of the case companies was restricted 

to medium-sized and large companies. The geographical scope of the study is 

restricted to Finland. 

 
Figure 3. The scope of the study. 

 

 

 

 

•Voluntary employee turnover
•HR analyticsThe topic scope

•A qualitative multiple case studyResearch methodology

•Medium-sized and large companies
•Private sectorThe case company scope

•FinlandThe geographical scope 
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1.2 Research questions and objectives of the study 
 

The main focus in this study is to explore the potential implications of HR analytics on 

voluntary employee turnover. The research problem arises from the lack of scientific 

evidence-based research and newness of the topic. HR analytics is an emerging topic 

in the academic and business field.  

 

The main objective of this study is to deepen the understanding of how HR analytics 

can be utilized in voluntary employee turnover purposes. The findings of this study 

provide suggestions of the analytics for voluntary employee turnover purposes. The 

research questions are formulated to support the research objective. Therefore, the 

main research question is: 

RQ: How could HR analytics support the voluntary employee turnover 

management?  

 

Understanding the elements leading to voluntary employee turnover will enable 

companies to manage the voluntary employee turnover. Therefore, this research 

discusses several different factors, metrics, predictors and strategies influencing on 

voluntary employee turnover and they are covered in the theoretical and empirical part 

of this study. Therefore, the first sub-question is: 

SQ1: What kind of elements do affect voluntary employee turnover? 

 

The current role of HR analytics in managing the voluntary employee turnover is 

covered, especially from the case companies’ perspective. The empirical part of this 

study will also discuss the current data management of the companies and examine 

the analytical capabilities and skills of HR professionals.  

The second sub-question is: 

SQ2: What kind of HR analytics is used in human relationship management 

currently? 
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The final sub-question focuses on clarifying the possible benefits and other effects that 

could be reaped by using HR analytics. Another objective of this thesis is to investigate 

the readiness and expectations of the case companies when developing and using 

HR analytics in employee turnover purposes in the future. The third sub-question is: 

SQ3: How HR analytics could be used in voluntary employee turnover purposes 

in the future? 

 

1.3 Research methodology 
 

This research is a qualitative case study. The qualitative research method was chosen, 

because the research questions are in the form of “how” and “what”. Qualitative 

methods are also more suitable for this task as quantitative methods would require 

large amount of observations. As stated before, several studies have demonstrated 

that the level of utilizing HR analytics in Finland is still quite immature (Hyytiäinen 

2019; Ruohonen 2015; Dahlblom & Siikanen 2016) so the quantitative study could end 

up being less in-debt and impractical for case study. Vilko (2018, 11) has listed 

qualitative aims and they are suitable for the nature of this study: “to gain insights and 

new knowledge”, “to increase understanding of an interesting issue” and “to 

understand phenomena which we do not have good working models and practices 

yet”. 

 

Qualitative research requires smaller samples in data collection than quantitative 

research. The main aim is not to generalize, but rather the main aim is to understand 

and interpret. Vilko also mentions that the basic qualitative data collections 

approaches are secondary data, observations and interviews. Interviews are most 

commonly used method in qualitative research as it is the source of in-depth data. 

Vilko (2018, 11-21) This study is uses one-to-one semi-structured interviews as the 

main data collection approach. 
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1.4 Structure of the study 
 

This thesis consists of two main parts; the theoretical part combined with literature 

review (chapters 2-3) and the empirical part (chapters 4-6). The structure of the thesis 

is presented in the figure below (figure 4). 

 

 

The introduction chapter defines and justifies the research objective and research 

questions. Furthermore, the relevance of the research problem is discussed. Also, the 

positioning and the scope of the study presents the main disciplines of the study and 

the delimitations. Finally, the key concepts of the study are presented. 

 

The theoretical part of this thesis covers the phenomenon of managing voluntary 

employee turnover with HR analytics and serves as the theoretical background of the 

research as it determines the basic concepts, frameworks and theories related to the 

topic. It is divided into several sub-chapters. The first sub-chapters discuss voluntary 

employee turnover and its determinants. After that the basic concepts and frameworks 

of human resource analytics are determined. Then data mining techniques to predict 

•Research questions, objectives, positioning and focus of the studyINTRODUCTION

•Voluntary employee turnover, HR metrics and analyticsTHEORETICAL FRAMEWORK

•Goes through the academic literature related to the topicLITERATURE REVIEW

•Research methodology, data collection and data analysis, reliability and validityDATA AND METHODOLOGY

•The main findings from interviewsANALYSIS OF THE RESULTS

•The main findings and implications to practice
•Assessment of the study, limitations and further research  CONCLUSIONS

Figure 4. The structure of the thesis. 
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employee turnover are discussed. The last sub-chapters are focusing on human 

resource metrics. The theoretical part is followed by a literature review, which covers 

the previous literature findings about the topic. The literature review further discusses 

HRM and employee turnover, HR analytics and employee turnover prediction. 

 

The empirical part of this study justifies and determines the research methodology. 

Fifth chapter presents and analyses the findings of the empirical research. Finally, the 

sixth chapter summarizes the main findings of this thesis and links them to the previous 

literature findings about the topic. Also, managerial implications, the limitations of the 

study and the potential for future research are discussed. 

 

1.5 Key concepts of the study 
 

Employee turnover, churn, and attrition is defined as an employee leaving an 

organization for any number of reasons (Allen, 2008; Saradhi and Palshikar, 2011).  

 

Employee retention is concerned with keeping or encouraging employees to remain 

in a company for a maximum period of time (Bidisha and Mukulesh, 2013). 

 

Voluntary employee turnover is initiated by the employee. Voluntary employee 

turnover happens when an employee voluntarily chooses to quit the job. (Allen, 2008) 

Scholars have presented many models and factors explaining the turnover of 

employees in the past. These models indicate turnover intention as the precedent of 

actual turnover behavior. Factors leading to turnover intentions are individual factors, 

organizational factors and mediating factors. (Jha, 2009.) 

 

HR has a crucial role in enabling the organization to effectively deal with formulation 

and implementation of organization’s strategies through human resource planning 

training, employment, appraisal and rewarding of personnel. Human resource 
management (HRM) contains several different roles where HR analytics can be used; 

employment, training and development, remuneration, performance appraisal, talent 

management/succession planning and separation. This thesis focuses on separation. 

(Jain and Nagar, 2015) 
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Business analytics is regularly defined as any fact-based process which leads to 

insights and possible implications for future action in an organizational setting. It can 

include various practices ranging from routine tracking of the indicators all the way to 

utilizing more sophisticated analytical approaches. (Banerjee et al. 2013) 

 

HR analytics is just one domain of business analytics. The domain refers to subject 

fields in which aspects of analytics are being applied. Business analytics and HR 

analytics are not two separate things; HR analytics is just one application area of BA, 

where business analytics is used in the discipline of HR related questions. (Holsapple, 

Lee-Post and Pakath, 2014) 

 

Predictive analytics is a subset of data mining. The science behind it is decades old. 

Data mining, in simple terms, means finding useful pattern in the data. Data mining is 

also referred as machine learning, knowledge discovery and predictive analytics. Each 

term has a slightly different connotation depending upon the context. (Kotu & 

Deshpande, 2014) 

 

2 THEORETICAL FRAMEWORK 
 

The theoretical part of this thesis covers the phenomenon managing voluntary 

employee turnover with HR analytics. It is divided into several sub-chapters. The first 

sub-chapters discuss voluntary employee turnover and its determinants. After that the 

basic concepts and frameworks of human resource analytics are determined. Then 

data mining techniques for employee turnover prediction are discussed. The last sub-

chapters are focusing on human resource metrics. 
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2.1 Voluntary employee turnover 
 

High rate of employee turnover is disadvantageous for companies. Turnover has 

financial impacts and human impacts. Turnover brings significant indirect costs as new 

employees need to be selected, interviewed and recruited. Also, the onboarding 

process is demanding as the new employee need training, support and management. 

The productivity level will decrease as it takes before the new employee to reaches 

the same level of productivity. Also, the morale of and knowledge current employees 

may be affected negatively when employees are constantly leaving. (Jha, 2009.) 

 

Turnover is defined as “an employee leaving an organization for any number of 

reasons”. Someone might find a new job, someone retires and some get fired and so 

on. However, different types of turnover have different implications for organizations. 

Different types of turnover needs to be defined to distinguish their implications for 

organizations (figure 5). (Allen, 2008.) 

 

 

Employee turnover can be divided into voluntary and involuntary turnover. Voluntary 

employee turnover happens when an employee voluntarily chooses to quit the job. 

Involuntary employee turnover happens when an employee gets fired from the 

company. In other words, the difference is who initiates the turnover. Voluntary 

Figure 5. Employee turnover. (Source: Allen, 2008.) 
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turnover can be further divided into functional and dysfunctional turnover. The 

difference is whether the turnover influences adversely to the company or not. 

Functional turnover doesn’t influence negatively to the organization, for example if a 

lazy and unengaged employee leaves the company. Dysfunctional turnover has an 

adverse impact on the company, for example if future leader with a special skill set 

decides to quit. Dysfunctional turnover can also be separated into unavoidable and 

avoidable turnover. Companies are not able to keep all the employees, even if they 

want to. Unavoidable turnover happens when an employee decides to quit due to 

health issues. The company has no control on the situation. Avoidable turnover 

happens when for example an employee decides to leave due to poor career 

opportunities. The company is able to avoid this situation by offering more attracting 

career opportunities. (Allen, 2008.) 

 

According to Saradhi and Palshikar (2011), employee turnover is a problem for several 

reasons. Recruiting new employees takes time, efforts and costs money. It will require 

serious efforts from the recruitment department to replace for example experienced 

employees or employees with unique skills. Furthermore, losing an employee may 

have negative impacts on the current business productivity as the new employee will 

need time and training before the productivity level will start to reach the same level 

as it was before with the previous employee. This may affect adversely to the existing 

customers or stakeholders. Employee turnover has also a clear monetary cost. 

Depending on the employee’s position, the cost of a voluntary employee turnover is 

ranging from 1.5 to 5 times of the employee's annual salary (Sesil, 2014). 

 

There are positive and negative reasons causing the employee turnover. The positive 

reasons include a better offer. Some employer may offer better things, like more 

attractive job, pay, location or career opportunities. Negative reasons consist of 

disagreements with supervisors or colleagues and lack of various things like 

appreciation. Also, low salary and poor work environment amount to negative reasons. 

Different analyzes together with exit interviews are useful when trying to gain 
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knowledge on why employees are leaving. Furthermore, predictive analytics may help 

in employee turnover management in various ways. The causes of turnover may be 

recognized through analytics. It is important to remember that some degree of 

employee turnover is favorable for companies as some employees are more efficient 

than others. These predictive analytics might be more worthy when models are 

focusing on solving the turnover problem of the more “valuable” employees. (Saradhi 

and Palshikar, 2011.) 

 

This thesis focuses on voluntary employee turnover where employees leave an 

organization for their own reasons. 

 

2.2 Determinants of employee turnover intentions 
 

Organizations can achieve significant competitive edge through their employees. High 

rates of employee turnover are not beneficial for the companies. The exit and voluntary 

quitting behavior of future leaders, innovators and other highly productive individuals 

is dysfunctional turnover and organizations want to stop it. Academic scholars have 

proposed various models and factors explaining the employee turnover. However, all 

the models have one common element; turnover intentions as the precedent of actual 

turnover behavior. Some employees will quit immediately, but usually employees 

show some signs of turnover intentions before actually leaving the organization. 

Organizations would benefit from finding the factors causing the turnover intentions of 

their staff. Understanding the factors leading to turnover intentions will enable 

companies to manage the voluntary employee turnover. Factors leading to turnover 

intentions are individual factors, organizational factors and mediating factors. (Jha, 

2009.) 

 

Individual factors leading to turnover intentions include the personal characteristics of 

an employee. Personal characteristics include things like personality, skills and 

abilities. In other words, things that are deep-rooted in an individual or things that are 

learnt. Previous research findings indicate that various cognitive and non-cognitive 

factors do influence, directly or indirectly, an employee's intention and then finally the 

decision to actually leave the company. Non-cognitive factors like ability, gender, 
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number of years of experience have been studied together with the turnover intentions. 

In this context, ability means “the capacity of an individual to perform tasks on a job”. 

(Jha, 2009.) Studies reveal that ability has only a minor effect on an individual's 

turnover intentions (Rosse, cited Jha 2009). Also, factors like ethnicity, gender, 

personality, and hierarchical position and turnover intentions have been studied. The 

findings showed no signs of connection between these factors. (Jha, 2009; Dole et al. 

2001; Mynatt et al., 1997.) 

 

There are also several organizational factors leading to turnover intentions of an 

employee. Employees aren’t working anymore only for the monthly salary. Previous 

studies indicate several other organizational factors impacting the job satisfaction, 

which in turn affects an employee’s turnover intentions. The factors impacting the job 

satisfaction are for example recognition, career opportunities, achievements, 

agreement with the company policy and decent working conditions.  Furthermore, 

organizational factors also include job stress, social support, organizational culture 

and even the gender of the supervisor which are shown to have a significant role in 

turnover intentions. (Jha, 2009.) 

 

There are also several mediating factors leading to turnover intentions of an employee.  

(Jha, 2009.) Self-esteem, commitment and personal agency are all mediating factors 

that are affected by the organizational and individual factors mentioned above. The 

employee turnover is a complex issue and there are various factors influencing on it 

at the same time, that is why companies should have a holistic perspective when 

addressing it. (Jha, 2009.) 

 

2.3 Human resource analytics 
 

Organizations collect and maintain excessive amounts of data on their customers, 

products and services across many public and private sectors. A new field called 

Business Analytics (BA). The main objective of BA is to leverage the raw data stored 
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and maintained in various digital platforms such as databases and data warehouses 

and to translate it into actionable insights. BA has the potential to transform businesses 

as it supports decision-makers by empowering them with data and by allowing them 

to make better strategic, operational, and tactical decisions. (Bayrak, 2015) 

 

Analytics is regularly defined as any fact-based process which leads to insights and 

possible implications for future action in an organizational setting. It can include 

various practices ranging from routine tracking of the indicators all the way to utilizing 

more sophisticated analytical approaches. The commonality across all these 

operations is that they are all fact-based and “rational” by nature. Since the early times 

of the management history, there has been a desire to support the business decisions 

with evidence-based reasoning. However, this discipline has become a mainstream 

practice only in recent times. Improved data collection techniques and processing 

tools have led to the point where more structured insight-building from information is 

currently the standard expectation in the industry. (Banerjee et al. 2013) 

 

Analytics refers to the science of logical analysis as a general term. Davenport and 

Harris (cited in Liberatore & Luo, 2010) define analytics as “the extensive use of data, 

statistical and quantitative analysis, explanatory and predictive models, and fact- 

based management to drive decisions and actions.” From this definition it can be 

concluded, that analytics is more than just the analytical techniques. Furthermore, 

Liberatore and Luo (2010) define business analytics as “a process that transform raw 

data into action by generating insights for organizational decision making.” Business 

analytics can be also defined as “a set of all the skills, technologies, applications and 

practices required for continuous iterative exploration and investigation of past 

business performance to gain insight and drive business planning” (Beller & Barnett, 

cited in Banerjee et al. 2013). 

 

Business analytics and HR analytics are not two separate things; HR analytics is just 

one application area of BA, where business analytics is used in the discipline of HR 

related questions. Human resource analytics is just one domain of business analytics. 

The domain refers to subject fields in which aspects of analytics are being applied. 

Domains and sub-domains include traditional business administration disciplines: 
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organization behavior, marketing, human resources, business strategy, supply chain 

systems, operations, information systems and finance. (Holsapple, Lee-Post and 

Pakath, 2014)  

 

The term human resource analytics is defined as “using data, analysis, and systematic 

reasoning in relation to people involved in and related to an organization.” HR analytics 

is much more than simple descriptive data collection and reporting. HR analytics relies 

on statistics and analysis to look at causal relationships and tracks the outcomes of 

HR investments. It declares what happened in the past and predictive analytics also 

offer insights about future happenings. (HR analytics, 2017) 

 

2.4 Frameworks for getting the value out of analytics 
 

Pape (2016) breaks down analytics process into four hierarchical layers: process map, 

decisions, analyses and data items. The linking model connects data items to 

processes (figure 6). 

Figure 6. The linking model. (Source: Pape, 2016.) 

The linking model’s process-decision-analyses-data hierarchy is similar to the 

knowledge-information-data continuum. The idea is to link data items to the processes 

and value streams. The process map-layer represents business function’s processes. 

The main decisions and questions are linked to the single processes. Analyses-layer 
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contains analytical models and metrics, which support the decision-making. At the 

bottom is data items-layer, which in this context contains raw numerical HR data like 

salary information and demographics. The linking model is one of the basic concepts 

that represent value stream-process-decisions-analyses-data continuum. (Pape, 

2016)  

 

Liberatore and Luo (2010) describes another quite similar process view of analytics 

(figure 7). 

 
Figure 7. Process view of analytics. (Source: Liberatore and Luo, 2010.) 

 

The process begins with the data gathering. Usually data requires some manipulation 

before it can be used in the analysis stage. Typically, data might be gathered from 

several different sources and it will require some manipulation and sorting before 

having all the useful and relevant data for further analyses.  Data collection stage 

usually requires a lot of time, but it is important to do it properly as wrong or incorrect 

data might lead to wrong conclusions or problems at the analysis stage. (Liberatore 

and Luo, 2010) 

 

The analysis stage involves analytical approaches and techniques when exploring and 

evaluating the data. The analysis stage may include broadly three types of analytical 

approaches; visualization, predictive modeling and optimization. Visualization focuses 

on graphical representation of the data and the typical visualization methods include 

dashboards, charts and interactive tables and maps. Predictive modeling identifies 

trends, patterns, classes and relationships from the data. It offers different predictions 

that are based on the historical data. Predictive modeling techniques include for 
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example different statistical techniques like regression and classification models and 

artificial intelligence techniques like neural networks. The most common methods 

used in employee turnover prediction are presented later in this thesis. Optimization 

approaches focus on finding the best solution to a given problem with the set of 

assumptions and constraints. (Liberatore and Luo, 2010) 

 

Visualization, predictive modeling and optimization and other tools used in the analysis 

stage may generate insights. Visualization approaches are presenting the historical 

information and predictive analytical approaches aim to predict something. Historical 

data will reveal what happened in the past and analytics reveal what will happen in the 

future if certain trends with certain parameters will continue. The analytical approaches 

are based on the data from the past, but those enable managers to look into the future. 

(Liberatore and Luo, 2010) 

 

Insights are most valuable when turned into managerial decisions. Insights may lead 

to improved decisions in three levels: operational level, tactical level and strategic 

level. Operational level may see improved decision quality and speed. Analytical 

approaches can offer insights about better process design or reveal bottlenecks in the 

current processes at the tactical level. Furthermore, analytics may expose for example 

a new customer segment, leading to a new product or pricing strategies at the 

strategical level. (Liberatore and Luo, 2010)  

 

However, there are some important things to remember with both models presented 

above. First, both of the frameworks presented above consist of four steps, but in 

reality, most of the analytical efforts will not follow the order these steps very closely 

(Liberatore and Luo, 2010). Second, some decisions need more attention and 

thorough examination than others. Some decisions are more important than others 

and therefore the focus should be on the most valuable ones. (Pape, 2016) 
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2.5 Data mining techniques to predict employee turnover 
 

Predictive analytics is an emerging area of interest. Predictive analytics is a subset of 

data mining. However, data mining has already reached a steady state of popularity. 

The science behind it was invented decades ago. Data mining, in simple terms, means 

finding useful pattern in the data. There are various of definitions and criteria for data 

mining as it is a buzzword. Data mining is also referred to as machine learning, 

knowledge discovery and predictive analytics. Each term has a slightly different 

connotation depending upon the context. (Kotu & Deshpande, 2014) 

 

Generally, data mining problems can be divided into supervised or unsupervised 

learning models. In general, supervised and unsupervised learning models are just 

different approaches of how the algorithms learn from the data and predict from it. The 

significant difference between these two methods are that supervised data mining 

knows the output while unsupervised data mining methods don’t. Supervised 

techniques predict the value of the output variables based on a set of input variables. 

The model generalizes the relationship between the input and output variables and 

then predicts for the data set where only input values are known. Unsupervised data 

mining discovers hidden pattern in unlabeled data. The output data is not available. 

The goal is to find patterns in data based on the relationship between data points 

themselves. (Kotu & Deshpande, 2014) 

 

Data mining tasks can be categorized into regression, classification, clustering, 

association analysis, anomaly detection, time series and text mining tasks (figure 8). 

Different tasks use different algorithms. Kotu et al. (2014) define an algorithm as “a 

logical step-by-step process for solving a problem”. (Kotu & Deshpande, 2014) 
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Most of the data mining models used for employee turnover are based on classification 

and regression. The most commonly used turnover prediction models are presented 

below (Dolatabadi, 2017): 

 

Decision Tree  

 

The decision tree is a popular method, because it can be easily visualized and 

interpret. The visualization resembles a tree and it is representing the decision-

making. The decision tree analyses the data and establishes a set of rules or questions 

and then predicts a class for the given data. The algorithm constructs a tree-shaped 

model from the training data. However, changes in the training data may turn into large 

variation in the classification performance and uncertain algorithm. (Ekawati, 2019) 

 

Figure 8. Data mining tasks and examples. (Source: Kotu & Deshpande, 2014) 
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Naïve Bayes  

 

Naïve Bayes is a simple and effective classification technique. It is a probabilistic 

algorithm and it is based on the Bayes theorem. In the context of employee turnover, 

it is possible to assign “churn” or “non-churn” to a record of an employee.  (Ekawati, 

2019) 

 

Logistic Regression 

 

Logistic regression is a regression model used to predict a categorical dependent 

variable. In simple terms, it is a predictive algorithm that uses independent variables 

when predicting the dependent variable. Ideally, the dependent variable is a binary 

categorical variable. The regression equation is similar to a multiple regression 

equation and logistic regression explains the impact of each of the independent 

variables in predicting the category of the dependent variable. Independent variables 

should be continuous variables to get the optimal result. Logistic regression does not 

assume normality, which is a benefit in this context. (Nagadevara et al. 2008.) 

 

2.6 Human resource metrics 
 

The HR discipline has evolved during the last three decades as advanced HR metrics 

and strategic planning are transforming the role of HR in the business world. This has 

included HR moving from being a lower level, maintenance oriented and 

administrative function to operating in many organizations as a core business function 

and a strategic business partner. It is essential to align HR strategy with the business 

strategy. (Jamrog & Overholt, 2005 p.3; Ulrich and Dulebohn, 2015) 

 

Business metrics are essential tools for all kinds of companies as they present 

objective and unbiased information about the current situation of the company and 

how the situation has been evolving. Metrics are convenient tools for decision-makers 

as they raise the understanding of the situation and also allows one to manage and 

improve things. Meaningful metrics should be deeply connected to the company’s 

strategy and focus on the most important business areas. (Coppin, 2017) 
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Metrics are defined by Durai et al. 2019 as “numerical data that reflect some 

descriptive details about the given outcomes or processes”. In the discipline of human 

resources, these often reflect attributes of the organization’s HR activities and 

programs or related outcomes, such as turnover rate, headcount, the number of 

applicants attracted or the cost of conducting training programs. (Robinson, 2009) 

 

Coppin (2017) mentions that organizations should equally focus on measuring all the 

parts of the corporate scorecard and make business adjustments accordingly. Despite 

employees being the most important asset of an organization, human capital metrics 

are still too often missing from the corporate scorecard. (Coppin, 2017) Marketing, 

operations and financial metrics are already connected deeply and logically to the 

business strategy in most organizations. Jamrog & Overholt (2005) argue that it is not 

the case with HR as there is still a clear disconnect between HR metrics and the 

organization’s business strategy. Typical business strategy may include items like 

think globally, act fast and be creative. Yet typical HR metrics like headcount, turnover 

rates and number of succession candidates reflect only general goals. HR metrics 

don’t help decision-makers to understand which HR issues are strategic ones and 

which are mainly tactical. Even the companies which heavily invest in the latest HR 

measurement techniques, like scorecards, are seldomly using HR metrics to influence 

key business decisions. (Jamrog & Overholt, 2005 p.3) 

 

Financial measures and human resource measures have different predicting powers. 

Human resource measures are leading indicators, holding significant predicting power 

on business performance. Non-engaged employees will influence adversely to the 

business performance and productivity. Financial measures are typically “looking at 

the past” and the reports are concluding what happened in the last time period. 

Financial measures possess less predicting power on what will happen in the future. 

(Coppin, 2017 p. 242) 
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2.7 The multiple levels of HR metrics 
 

Scholars and practitioners argue that HR needs to generate better metrics and 

analytics to become a strategic partner (Lawler et al. 2004). Lawler and Mohrman 

(cited in Lawler et al. 2004) determine the use of metrics as one of four characteristics 

that lead to HR being a strategic partner. HR represents a core function and metrics 

are used by all core business functions, therefore a need for metrics exists in HR. The 

idea behind HR metrics is that HR professionals could construct credible business 

cases through HR metrics. This could improve the credibility and partnership with other 

business functions. (Dulebohn and Johnson, 2013) Boudreau and Ramstad (2003) 

divide HR metrics into three categories; efficiency, effectiveness, and impact. These 

metrics help to understand the connection between HR practices and organizational 

outcomes. (Boudreau and Ramstad, 2003) 

 

The first category is efficiency metrics. Usually these metrics are in many respects the 

easiest to collect and most of the HR measures developed to date fall into this 

category. Efficiency metrics are operational metrics. Efficiency metrics measure how 

successful HR is on the basic administrative tasks. These metrics are centered around 

productivity and cost. (Dulebohn and Johnson, 2013) Examples include: 

 

- Time to fill open positions 

- Cost per hire 

- HR expense per employee 

- Yield ratios (e.g., number of applicants per recruiting source) 

 

The second category of HR metrics focuses on effectiveness. These measure whether 

HR programs and practices have the intended effect on talent pools or the people that 

they are directed toward. When measuring training and learning for example, 

effectiveness metrics should focus on whether the employees actually learned 

intended things or not. The point is to get real insights about the actual effectiveness 

of the training. Too often companies are measuring only the participation in training 

programs, which offers no insights into the real effectiveness of the training provided. 

(Lawler et al. 2004) 
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HR function has the main responsibility in most organizations for acquiring, developing 

and helping to deploy talent. Therefore, companies should build effectiveness metrics 

around the talent management. Effectiveness metrics include measures of the 

strategic skills and core competencies of the workforce. In addition, these metrics 

identify how successfully crucial positions are filled and the type of development 

activities that are taking place for critical talent. It is also important to keep these 

metrics up to date so that managers know the current situation of the talent. (Lawler 

et al. 2004) 

 

Dulebohn and Johnson (2013) mentions some examples of effectiveness metrics for 

HR: 

- Firm salary/competitor salary ratio 

- Number and quality of cross-functional teams 

- Progression of employees through development plans 

- Percentage of total salary at risk 

 

The third category is impact HR metrics. These metrics measure HR's impact on 

business outcomes. In other words, measure HR's impact on financial, customer, 

process and people outcomes. Impact metrics give insights on where to and how to 

strategically place HR resources on the most important business areas to gain 

competitive advantage. These metrics are more advanced compared to simple ratios 

and require combining HR data with other organizational data. (Boudreau & Ramsted, 

2008). This requires demonstrating a relationship between a selected HR metric and 

other metrics in the company. For example, analytical approaches may reveal the 

causal relationship between certain HR metrics and customer satisfaction. The goal is 

to understand and clearly present the impact, that HR decisions have on 

organizational performance.  (Marler & Dulebohn, cited in Dulebohn and Johnson 

2013)  
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As mentioned before, scholars agree that HR metrics play an important role when 

turning HR into a strategic business partner. However, studies show that organizations 

are seemingly using mainly efficiency metrics rather than other levels of metrics. It is 

also important to measure the effectiveness and HR’s impact on the company to get 

the complete overall picture about human resource management. (Dulebohn and 

Johnson, 2013) Jamrog and Downey (2009) mentioned:  

 

“Almost three-quarters of the respondents said that they had HR measurements in 

place, most were measuring only the efficiency of various HR functions and 

programs. Less than a quarter were attempting to develop effectiveness metrics, 

and very few were measuring the impact on the organization (unless you believe 

that engagement and satisfaction surveys are providing a reliable gauge for 

measuring the impact that HR is having on the organization).” 

 

There were also similar findings earlier as Lawler et al. 2004 states:  

 

“Overall, the results suggest that efficiency measures are most prevalent, 

effectiveness measures exist, but are far less prevalent, and measures of impact 

are rare.” 

 

2.8 Workable approaches to HR measurement 
 

Robinson (2009) states that human capital measures should be decided individually 

on company-by-company basis. HR measures that are valuable for one company may 

be irrelevant to another. The complexity of measuring human capital arises from the 

fact that there is no all-in-one set of HR measures that is suitable for every 

organization. Furthermore, HR is surrounded by factors and attributes that are 

intangible and have many dimensions. This is why organizations struggle in deciding 

which metrics they should be following. Robinson (2009) suggests a workable three-

step approach on measuring the human capital. The company that pioneered this 

approach was the Civil Aviation Authority (CAA). (Robinson, 2009) 
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- Step 1. Identify the most important issues by asking a series of questions about 

the success of HR. In employee turnover context this could be ‘‘Do we retain 

the most talented people’’.  

- Step 2. Assign measures to each question. For the question asked above the 

measure could be a quality of leaver indicator or a high-performer attrition rate 

(requires individual performance data and manager input).  

- Step 3.  Arrange the measures in a hierarchy triangle (figure 9).  

 

 
Figure 9. Hierarchy of measures. (Source: Robinson, 2009.) 

 

Level 1 measures are basic HR measures like headcount and demographics 

(Robinson, 2009). 

 

Level 2 measures are operational measures. These measures are tracking the 

success of various HR practices. Typical operational measures are cost per hire, 

number of training days and time to fill a position. (Robinson, 2009) 
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Level 3 measures are outcome measures – typical examples include absence rates 

and costs, employee turnover rates and quality of hire. (Robinson, 2009) 

 

Level 4 measures are performance measures, which are the most challenging ones to 

develop. This requires demonstrating a relationship between a particular HR metric 

and other metrics in the organization. Typical examples of performance measures 

could come from making connections between absence and engagement, between 

employee turnover and customer satisfaction, or between employee engagement and 

organizational performance. Causality means demonstrating that for example 

increased employee turnover leads to lower customer satisfaction. This will require 

analytics or statistical methods and such connections may be challenging to identify, 

but usually companies have the necessary data available to do so. (Robinson, 2009) 

 

This three-step method is a simple and effective approach towards human capital 

measurements. It is relatively easy to follow and explain. Some of the measures may 

already exist in the organization’s set of human capital measures, but it may require 

innovating new ones also. To summarize, the board and executives need to determine 

their own set of relevant HR measures as every company should have their own 

measures and the exact metrics can’t be prescribed beforehand. (Robinson, 2009; 

Coppin, 2017 p. 243) 

 

3 LITERATURE REVIEW 
 

The literature review covers the previous literature findings about the topic. The 

literature review further discusses HRM and employee turnover, HR analytics and 

employee turnover prediction. 

 

The research around employee turnover has been noticeable for several decades and 

the topic still seems to be interesting (Allen, Bryant, & Vardaman, 2010). However, an 

evidence-based review of HR Analytics found that despite the popularity of HR 

analytics among business professionals and academic scholars, the number of peer-

reviewed quality scientific research is very low. Most of the studies related to HR 

analytics are qualitative case studies including well-accepted basic concepts but are 
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usually done in very general level. Furthermore, the adoption of HR analytics in 

business world has been limited despite the existing academic literature frequently 

indicating that HR analytics are linked with positive organizational outcomes. (Marler 

& Boudreau, 2017) However, the number of studies on HR analytics has increased 

slightly in recent years in several databases.  

 

3.1 The literature selection process 
 

The core concepts and theories for the theoretical framework are collected from 

several well-accepted resources suggested by academic scholars and practitioners. 

There is still a lack of the scientific literature that combines both HR analytics and 

voluntary employee turnover. Therefore, the academic literature of human resource 

management, voluntary employee turnover and analytics needs to be combined from 

several sources in order to get the information needed for the theoretical framework. 

Literature was searched from Finna and Elsevier’s Science Direct in addition to 

internet search. Science Direct is a database, which provides the contents of 900,000+ 

open access articles. Finna is a search service for university students, which gives an 

access to various databases and articles across the web. Peer-reviewed papers were 

preferred in this study. 

 

The literature review is conducted by identifying scholarly research on HR Analytics. 

The literature review displays the search for the current knowledge, in the international 

environment, usable for this thesis: previous findings, theoretical and methodological 

contributions of previous research on the topics of HR analytics and metrics. The quest 

to find relevant research articles started from defining terms that can be used as 

search words in international library databases. The search terms for HR analytics 

articles were: ‘HR Analytics’, ‘Talent Analytics’, ‘Workforce Analytics’, ‘People 

Analytics’ or ‘HR metrics’. Various terms are used for HR analytics in the academic 

literature. The most frequently used term seems to be HR Analytics, but agreement 

on a commonly accepted term is still clearly emerging (Marler & Boudreau, 2017). This 
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thesis uses mainly the term HR analytics. The search was done by searching 

exclusively articles, which had for example the term ‘HR analytics’ together in the title. 

The point was to exclude articles, that had the terms ‘HR’ and ‘analytics’ separately in 

the title. This was done to ensure that the articles had HR analytics as the main 

concept.  

 

The search of the two databases resulted in total of 774 articles (figure 10). The search 

was limited to publications of the period 2000 to present day. In the Science Direct’s 

database the query found a stock of 141 results and Finna’s query found a stock of 

633 results. These articles were sorted by relevance, scanned and irrelevant articles 

were excluded. First scan was done by reading the titles and excluding clearly 

irrelevant journals. This resulted in 174 journals remaining. Next the abstract of 

remaining journals were read and relevant articles chosen and downloaded. This 

resulted in a stock of 47 journals for more thorough examination. 

 

 

The last step of the literary selection process was backward tracking. The purpose for 

this step is to spot major contributions not captured by the search-string. The 47 

articles were reviewed to find major contributions not included in the initial stock. This 

was done by going through the introductions and literary reviews of the articles. Also 

a couple articles, reports and books that were found in the planning phase of this thesis 

and deemed relevant by the author, were added in this step. The literature selection 

process resulted in a total stock of 61 journals for more thorough examination. 

 

• 774 total resultsStep 1. 
Searching the articles from databases

• 174 total results
Step 2. 

Articles are sorted by relevance, scanned and 
irrelevant articles were excluded

• 47 total resultsStep 3. 
Scanning titles and abstracts

• 61 total resultsStep 4.
Backward tracking

Figure 10. The literature selection process 



  

29  
  

3.2 HRM and employee turnover 
 

Employee turnover can be described as “a leak or departure of intellectual capital from 

the employing organization” (Stoval & Bontis, 2002). Voluntary employee turnover 

happens when an employee voluntarily chooses to quit the job. Involuntary employee 

turnover happens when an employee gets fired from the company. (Allen, 2008.) HR 

has a crucial role in enabling the organization to effectively deal with formulation and 

implementation of organization’s strategies through human resource planning training, 

employment, appraisal and rewarding of personnel. Human resource management 

(HRM) contains several different roles where HR analytics can be used; employment, 

training and development, remuneration, performance appraisal, talent 

management/succession planning and separation. This thesis focuses on separation. 

The days are gone when employees worked for decades for the same company. 

Nowadays organizations have learned to live with some employee churn. Attrition in 

large organizations is considered an advantage loss. HR analytics can address a 

question like "how to retain high-potential employees?". (Jain and Nagar, 2015) 

Previous studies have addressed the impact of HR practices on operational and 

financial performance (Becker & Huselid, 2006). The focus of scholars and 

practitioners have much of the time been on assessing the firm-level impact of 

HR function activities. Currently the focus has shifted to expanding the understanding 

of the productive outcomes associated with the human capital (Becker, Huselid, & 

Beatty, 2009; Becker, Huselid, & Ulrich, 2001; Huselid, Becker, & Beatty, 2005). 

 

The majority of the turnover literature has been focusing on identifying the predictors 

of employee turnover, including employee demographics, job satisfaction, and 

organizational commitment (Griffeth, Hom, & Gaertner, 2000; Holtom, Mitchell, Lee, & 

Eberly, 2008). There is a general agreement on the factors that influence voluntary 

turnover, but there is no consensus with regards to the path, direction, degree of 

influence, and the interactive effects found in these factors that comprised the 

generally accepted inductive-based models (Kane-Sellers, 2007). Scholars are paying 
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significant attention to the antecedents of turnover, probably because of the 

consequences employee turnover has on companies. The research on turnover 

antecedents is relevant, but it is equally relevant to examine the potential effects that 

turnover may have on profits, revenues, customer service and other organizational 

performance outcomes (Detert, Treviño, Burris, & Andiappan, 2007; Holtom et al., 

2008; Kacmar, Andrews, van Rooy, Steilberg, & Cerrone, 2006; Staw, 1980). The 

interest in this research area is emerging. (Hausknecht & Trevor, 2011).  

 

3.3 Strategies for effectively managing employee turnover 
 
Employee turnover can be managed with compensation and benefits-based strategies 

and other strategies beyond compensation and benefits. Compensation and benefits-

based strategies include controlling the pay dispersion among the organization, having 

fair and transparent processes regarding the pay and benefits decisions together with 

appropriate communication and having adequately long vesting periods for certain 

benefits. Companies should use both strategies when managing employee turnover 

as competing only with the money is not a good idea. (Bryant and Allen, 2013) 

 

Fortunately, there are also other strategies besides compensation and benefits-based 

strategies. These strategies won’t bring additional costs to the organizations. Other 

strategies include measuring, managing and knowing the reasons behind employees 

quitting behavior, job satisfaction and organizational commitment. Furthermore, taking 

care of the working atmosphere and relationships between the employees and 

supervisors and other colleagues in the company. Employees usually also have some 

needs regarding their role and career growth in the organization. Therefore, it is 

recommended to fairly communicate about the career opportunities and to take care 

of the role expectations and role conflicts. (Bryant and Allen, 2013) 

 

3.4 The maturity levels of analytics 
 

Analytics refers to the science of logical analysis as a general term (Liberatore & Luo, 

2010). Davenport and Harris (cited in Liberatore & Luo, 2010) define analytics as “the 

extensive use of data, statistical and quantitative analysis, explanatory and predictive 
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models, and fact- based management to drive decisions and actions.” Business 

analytics and HR analytics are not two separate things; HR analytics could be 

summarized as a specific application area of BA, where business analytics is used in 

the discipline of HR related questions. Human resource analytics is just one domain 

of business analytics. The domain refers to subject fields in which aspects of analytics 

are being applied. (Holsapple, Lee-Post and Pakath, 2014)  

 

Banerjee et al. (2013) mentions four types of analytics (figure 11). 

 
Figure 11. Types of analytics. (Source: Banerjee et al. 2013.) 

 

Descriptive analytics focuses on answering the question of “what happened and/or 

what is happening?”. Descriptive analytics represent simple business reporting, 

dashboards, scorecards and data warehousing. (Delen and Demirkan, 2013). This 

type of analytics requires several analytical capabilities like the ability to pull the 

relevant information out of figures and recognizing how it may support the data driven 

decision-making. This is the most commonly used form of analytics utilized routinely 

and daily in the operative level. (Banerjee et al. 2013) 

 

Diagnostic analytics discover ‘why’ something happened. It requires exploratory data 

analysis of the existing data or additional data. Diagnostic analytics utilizes methods 

like visualization when identifying the root causes of various business problems. 

(Banerjee et al. 2013) 
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Predictive analytics utilizes data and statistical techniques to discover predictive 

patterns (trends & associations) between data inputs and outputs (Delen and 

Demirkan, 2013). This type of analytics is more advanced compared to the previous 

ones and most likely it is not used routinely in the companies. These are investigative 

in nature and could be either exploratory or confirmatory. (Banerjee et al. 2013) In 

general, it answers the question of “what is likely to happen and/or why?”. Predictive 

analytics approaches include data mining, text mining and statistical time series 

forecasting. The objective is to forecast future happenings based on the data and also 

discover why certain things are happening. (Delen and Demirkan, 2013) One simple 

example for predictive analytics in a business context is predicting the sales of a 

product for the next time period (Banerjee et al. 2013). 

 

Prescriptive analytics are the most advanced form of analytics out of these four types. 

Prescriptive analytics will give recommendations of the actions that could be taken in 

the future to improve the business performance. In practice, it will link different decision 

possibilities to their predicted outcomes and recommend the best solution based on 

the information. Typical prescriptive analytics methods include simulation and 

optimization. There is a shortage of real-life examples due to constraints that most of 

the databases possess. (Banerjee et al. 2013) 

 

Various tools and techniques with various levels of sophistication and intelligence have 

been used by businesses to promote decision-making. The starting point has been 

identifying answers to questions such as “what happened, how and where it 

happened” through business reporting in the early days of computer-assisted 

decision-making. A term reactive decision-making can be used to describe the 

process. However, companies can now apply proactive decision-making with 

predictive and prescriptive analytics that answer questions on "why it happened, what 

may happen next, and how it can be solved". This type of analytics is turning out to be 

a major differentiator amongst competitors. (Banerjee et al. 2013) 
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Figure 12 shows the analytic ladders in relation to the organization's level of 

sophistication and reactive-proactive decision-making. The lower SW quadrant 

represents the use of basic descriptive analytics and the NE quadrant represents more 

advanced analytics.  Banerjee et al. (2013) mentions that the core activities of 

analytics in many organizations remain primarily in the lower SW quadrant. Ideally, 

most organizations would like to climb to the highest ladder (NE quadrant). However 

usually the biggest restriction is the lack of appropriate data in the organizations. 

Furthermore, it is important to recognize that the value of historical information may 

rapidly depreciate when the company operates in more dynamic business 

environment and the analytics are based on the past data. (Banerjee et al. 2013) 

Lismont et al. (2017) suggest a growth path which indicates an increase in analytics 

maturity. Therefore, the analytics techniques and applications in organizations will 

mature. In other words, it is essential to start early with the analytics as the analytical 

Figure 12. Use of analytics in decision-making. (Source: Banerjee et al. 2013.) 
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sophistication will probably increase as time passes allowing the use of more complex 

techniques such as neural networks and more advanced applications such as HR 

analytics and predictive analytics later on. However, Lismont et al. (2017) also 

observed that HR analytics is only common for the fourth cluster of their study. The 

fourth cluster was called “disruptive analytics innovators” and it was the last and most 

advanced cluster in analytics regards. (Lismont, Vanthienen, Baesens and Lemahieu, 

2017) 

 

3.5 Analytics drivers 
 

Liberatore and Luo (2010) have examined the driving forces behind the analytics 

movement. They suggest four independent driving factors; data, software, process 

and people (figure 13).   

 

 
Figure 13. The driving forces of analytics. (Source: Liberatore & Luo, 2010.) 

 

Data is one of the driving factors behind analytics. The role of data has increased 

during the recent years as analytics is more data focused. Smaller data sets were 

used before due to data being more costly to get and validate. Organizations are able 

to collect, store and process vast amounts of data today due to increasing computing 

power, declining data storage costs, and advancing database technologies. Many 

organizations have implemented different enterprise systems, like ERP and CRM 

systems, during the last two decades to manage better business actions and data. 

ERP-systems can nowadays facilitate the data process as those will produce, store 
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and validate data. One reason behind the popularity of analytics is that organizations 

have plenty of quality data available, so it is logical to think how to leverage the data 

for more enhanced decisions. (Liberatore & Luo, 2010) 

 

The second driving factor is software. Computer software is used to make sense of 

the data. Typically, software also includes analytical tools or modules ranging from 

very straightforward statistical and optimization tools to more advanced complex BI 

suites, predictive modules and advanced analytical tools. The tighter competition and 

higher supply of analytical software have developed the business world to the point 

where the use of analytical tools has considerably increased within the companies. 

Analytics tools are nowadays even more accessible than ever before; software have 

user-friendly interfaces where is easy to extract, collect and manipulate data from 

various sources. Also, one analytical software may be able to leverage data with 

several different analytical methods. (Liberatore & Luo, 2010) 

 

The third driving factor is process. ERP-systems, corporate scorecards, Six Sigma 

programs and other process-oriented factors have fundamentally changed the 

processes within the companies. Companies are focusing on value-adding actions 

and enhanced process design to increase the business performance. Those factors 

support the idea of process-thinking and leverage data around the processes. 

Scorecards, data and metrics support the analytical thinking and are naturally shifting 

the focus on predicting these various metrics and performance measures leading 

companies towards analytics.  (Liberatore & Luo, 2010) 

 

The fourth driver is the people. Many managers expect their employees to conduct 

analytics to support decision-making. Managers are more data driven as nowadays it 

is not uncommon that they have also used analytics themselves in their earlier jobs. 

(Liberatore & Luo, 2010) 
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These driving factors are also supported by an evidence-based review of HR analytics. 

Marler and Boudreau (2016) mention three significant requirements for HR analytics 

success in a review of the academic literature. These are having HR professional 

analytical skills, gaining managerial buy-in and having HR information technology. 

Firstly, the most frequently mentioned reason why HR Analytics is not more widely 

adopted is the lack of analytically skilled HR professionals. Bassi (2011, cited in Marler 

and Boudreau 2016) predicts that HR functions will eventually shift the responsibility 

for analytics to both the IT and financial functions because of the lack of necessary 

analytic acumen and financial skills (how to access and use measures of business 

results) among HR professionals. The second requirement is gaining managerial buy-

in and it is dependent on the company’s policy. Performing meaningful analyses 

usually requires using multiple data sources within the organization, which means that 

HR professional must have access to multiple data sources across the organization 

and other functions must grant the access to them. Furthermore, HR professionals 

must build credibility among senior managers who may not believe data-driven results. 

Rasmussen and Ulrich (2015, cited in Marler and Boudreau 2016) found that people 

tend to reject the data when data and personal beliefs are on a collision course. People 

have hard time in believing the data when data is showing that the personal beliefs 

are erroneous. Therefore, it is recommended to involve decision-makers in the 

process before conducting HR analytics to overcome such resistance. Finally, various 

studies are pinpointing the importance of relevant HR information technology. Aral et 

al. (2012, cited in Marler and Boudreau 2016) highlighted the importance of HR 

software, as organizations with HR analytics didn’t have performance effects without 

HR software. 

 

3.6 The predictors of individual turnover decisions 
 
Can companies predict an employee’s decision to leave? Various studies have 

examined the factors behind employee turnover and several predictors have been 

identified. The recent meta-analysis was consistent with the relative predictive strength 

of turnover determinants found previously. (e.g., Griffeth, Hom & Gaertner, 2000; Hom 

& Griffeth, 1995; Kim, Price, Mueller, & Watson, 1996; Mobley, Griffeth, Hand, & 

Meglino, 1979; Price & Mueller, 1986; Steers & Mowday, 1981) The strongest 
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employee turnover predictors can be divided into three categories: (a) the withdrawal 

process, (b) key job attitudes, and (c) the work environment. (Bryant and Allen, 2013; 

Griffeth, Hom & Gaertner, 2000)  

 

It is crucial for companies to examine the predictors behind the withdrawal process as 

those predictors hold the strongest predicting power towards employee turnover. 

Turnover intentions and job search belong to the category of withdrawal process and 

they have a strong connection to employee turnover. Understanding the elements of 

the withdrawal process will help the companies in the employee turnover 

management. It allows companies to take actions before it is too late. Measuring the 

factors related to the withdrawal process enables supervisors and executives to act 

proactively before a highly valuable employee leaves the company. Several studies 

have shown evidence about turnover intentions and job search being significant 

predictors of employee turnover and meta-analysis done by Bryant et al. (2013) was 

consistent with the previous findings.  (Bryant and Allen, 2013; Griffeth, Hom & 

Gaertner, 2000) 

 

The next category is key job attitudes – like job satisfaction and organizational 

commitment. Studies have shown significant evidence that key job attitudes are major 

predictors of employee turnover and withdrawal process. Job satisfaction is the 

combination of employee’s positive and negative feelings towards the job. 

Organizational commitment refers to the psychological state or attachment that the 

employee has towards the company. It is recommended to have well developed 

measures to support these two predictors. Furthermore, these predictors should be 

frequently measured at the individual level to get the best possible results on employee 

turnover with timely decisions. However, there needs to be a solid trust between the 

staff and the employer to measure these at the individual level. (Bryant and Allen, 

2013; Griffeth, Hom & Gaertner, 2000) 
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The next category of predictors is related to the work environment. This category 

includes predictors like work design, aspects of leadership and working relationships. 

Studies have consistently found strong connections between employee turnover and 

the relationships between employees and the supervisors and other colleagues. 

Satisfaction towards colleagues and workgroup cohesion are significant predictors of 

individual turnover decisions. Work design includes predictors like role clarity and role 

conflict. Employees may have high levels of stress, burnout and unhappiness, if the 

role expectations aren’t clear or there are role conflicts. Promotion opportunities are 

also important part of work design and thus deeply connected to employee turnover. 

(Bryant and Allen, 2013; Griffeth, Hom & Gaertner, 2000) 

 

Other predictors of employee turnover include behavioral factors (for example 

lateness, absenteeism, and job performance), which also hold some predicting power 

towards turnover. (Griffeth, Hom & Gaertner, 2000) 

 

3.7 Predicting employee churn 
Organizations tackle dysfunctional voluntary employee turnover problem by applying 

data mining techniques to predict turnover. Table 1 below briefly determines the 

previous literature findings. 
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Table 1. Related work on turnover prediction. 

 

Saradhi & Palshikar (2011) and Dolatabadi (2017) suggest that same predictive 

analytics methods can be applied to both employee turnover and customer turnover. 

Dolatabadi (2017) compared several different analytical approaches for employee 

Research authors Research title Data mining techniques 
studied

Recommend

Jantan, Hamdan and 
Othman, 2009

Towards Applying Data 
Mining Techniques for 
Talent Managements

C4.5 decision tree, Random 
Forest, Multilayer 
Perceptron(MLP) and Radial 
Basic Function Network

C4.5 decision tree

Nagadevara , 
Srinivasan and Valk, 
2008

Establishing a link 
between employee 
turnover and 
withdrawal behaviours: 
Application of data 
mining techniques

Artificial neural networks, 
logistic regression, 
classification and regression 
trees (CART), classification 
trees (C5.0), and discriminant 
analysis)

Classification and 
regression trees 
(CART)

Hong, Wei and Chen, 
2007

A comparative test of 
two employee turnover 
prediction models

Logistic regression model 
(logit), probability regression 
model (probit)

Logistic regression 
model 

Marjorie Laura Kane- 
 Sellers, 2007

Predictive Models of 
Employee Voluntary 
Turnover in a North 
American Professional 
Sales Force using Data-
Mining Analysis

Binomial logit regression Binomial logit 
regression

Alao and Adeyemo, 
2013

Analyzing employee 
attrition using decision 
tree algorithms

C4.5, C5, REPTree, CART C5 decision tree

Saradhi and 
Palshikar, 2011

Employee churn 
prediction

Naïve Bayes, Support Vector 
Machines, Logistic 
Regression, Decision Trees 
and Random Forests

Support Vector 
Machines

Dolatabadi, 2017 Designing of customer 
and employee churn 
prediction model based 
on data mining method 
and neural predictor

Decision Tree, Support Vector 
Machine, Naïve Bayes, and 
Neural Network

Decision Tree, 
Naïve Bayes, and 
Neural Network

Alamsyah & Salma, 
2018

A Comparative Study of 
Employee Churn 
Prediction Model

NaÏve bayes, decision tree, 
and random forest

Random forest
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turnover and customer turnover: decision tree, support vector machine, naïve bayes, 

and neural network. The best total accuracy was obtained with the decision tree, naïve 

bayes, and neural network (all 100%). The support vector machine had marginally 

lower total accuracy (99.55%) in employee turnover purposes. However, the support 

vector machine was superior in comparison to the other methods for customer 

turnover. The SVM outperforms random forest and naïve bayes in terms of true 

positive accuracy in the research conducted by Saradhi & Palshikar (2011). Alamsyah 

& Salma (2018) mentioned that random forest had the best accuracy of 97,5% when 

compared to naïve bayes with 96.6% and decision tree with 88.7% accuracy. A 

systematic literature review on predicting employee churn reveals that there is a 

widespread interest towards predicting employee turnover in the academic field as 

well as in the business world. However, there are several problems related to 

employee turnover prediction. As the table above reveals, it is still uncertain which 

predictive techniques should be used in particular situations as the best accuracy can 

be obtained with several methods. Furthermore, there is a lack of studies about the 

topic and it is also challenging to compare different data mining methods as the data 

samples and cases are different in the papers. (Ekawati, 2019) 

 

Turnover prediction, especially customer turnover prediction, has attracted enormous 

attention of researchers. Despite the importance of the employee turnover, there is a 

lack of academic literature about the issue. Employee turnover is a major issue of the 

companies and it is closely related to customer turnover, but they are not identical 

issues. Considering that the costs related to employee turnover are even higher than 

customer turnover's in some companies, researchers should put more attention to this 

issue in the future. (Yigit and Shourabizadeh, 2017) Therefore, this study addresses 

this issue by focusing on how to manage the voluntary employee turnover with HR 

analytics. 

 

4 DATA AND METHODOLOGY 
 

It is important to clarify the research setting in which this thesis was carried out. This 

thesis is a part of university’s master’s studies. The research was carried out in 

Helsinki, Finland during the year 2020. This setting was selected as it was the most 
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appropriate setup for the researcher and the timing was right as far as the university 

studies are concerned. 

 

This chapter further justifies and discusses the research methodology chosen and 

further discusses how the study has been conducted. More specifically, this chapter 

goes through the research methodology, data collection and analysis and the reliability 

and validity of the study. 

 

4.1 Research methodology 
 

Research problem determines the appropriate research methodology and data 

collection procedures. This sub-chapter focuses on research design. The research 

design has a vital role in every research, and it is important to think it through as it 

determines the methods used when answering the research questions and collecting 

and analyzing the data. The methodological choices will further influence to research’s 

Figure 14. The research onion. (Source: Saunders et al. 2015.) 
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philosophy, approach, strategies, time horizon and data collection techniques. The 

research onion (figure 14) presents the methodological choices of the study. 

(Saunders et al. 2015) 

 

The two commonly used research methods are qualitative research and quantitative 

research. These methods have their own characteristics when it comes to research 

strategies, methods and data collection and analysis procedures. (Saunders et al. 

2015). The methodological choice in this thesis is mono method qualitative study. 

There are several reasons why this method was chosen. Firstly, it is the most suitable 

method for answering the research questions. The qualitative research was chosen, 

because the research questions are in the form of “how” and “what”. The main 

objective of this study is to deepen the understanding of how HR analytics can be 

utilized in voluntary employee turnover purposes. Secondly, it is challenging to get raw 

numerical data about voluntary employee turnover, since the data is usually not readily 

available in organizations and employee records are sensitive data, which means that 

it is hard to get a permission for analyzing it. Furthermore, the data collection and 

analysis procedures were done according to the methodological choice. This thesis 

uses mono method procedure, because the data collection is organized through a 

single data collection technique, semi-structures interviews, together with appropriate 

data analyzing technique. The data gathered and analyzed is mostly non-numerical. 

This is typical for the qualitative research. (Saunders et al. 2015) 

 

This qualitative research follows the pragmatist philosophy and the research approach 

is abductive. Abductive research approach is based on the pragmatist perspective. 

(Mitchell, 2018; Saunders et al. 2015) This research approach and philosophy is the 

most suitable for this thesis, because of the scope of the study and nature of research 

questions that requires to go back and forth between the theory and data throughout 

this thesis. Abductive approach means utilizing both inductive and deductive 

approaches. In abduction, testable conclusions are generated from the known 

premises and generalization comes from the interaction between the general and 

specific. Data collection focuses on identifying themes and patterns and examining a 

phenomenon. (Mitchell, 2018; Kaivola, 2018) Pragmatism philosophy strongly relates 

to the research questions when choosing the most suitable research methodology. 
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Furthermore, pragmatists see more than one philosophy as a valid way to conduct a 

research and it is therefore allowing the researcher to take on any mixture of positions 

to undertake the research. (Saunders et al. 2015) 

 

Qualitative study may have various research strategies and none of them should be 

seen as superior to one another. Choosing the right research strategy is vital, because 

it will bring the right coherence to the study and enables one to answer the research 

questions. Research strategy can be considered as a plan that defines how the 

research questions are answered. (Saunders et al. 2015) The research strategy in this 

thesis is a multiple case study, because the goal is to examine the phenomenon in 

real-life context. The multiple case refers to the multiple case organizations. The point 

of having more than one case company was to see whether the findings can be 

replicated from one case company to another and also to get more evidence about the 

topic. 

 

The time horizon of this study was limited and therefore this study is a cross-sectional 

study representing a “snapshot” taken at a particular time. (Saunders et al. 2015) The 

main reason for the chosen time horizon was time constraints as this thesis was done 

at the end of university studies. The interviews were conducted in June 2020. 

 

The purpose of research design may be exploratory, descriptive, explanatory, 

evaluative or a mixture of different purposes. The purpose will be determined by the 

nature of the research questions. Exploratory research questions commonly start with 

the questions like “how” or “what”. These same open-ended questions are usually 

used in the data collection stage. (Saunders et al. 2015) This study is exploratory in 

nature as in-depth interviews with HR professional and other business professionals 

are used to expand the knowledge about the topic. 
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4.2 Data collection and sample selection 
 

The research methodology and the purpose of research design determines the data 

collection method used. Semi-structured interviews are commonly used in qualitative 

exploratory studies. Semi-structured interviews usually include a list of themes or key 

questions, but the use of questions and the order of the questions may vary from one 

interview to another. This type of interview also allows the conversation to flow 

naturally and additional questions can be asked. Semi-structured interviews are non-

standardized interviews and they can be conducted in many ways; one-on-one or as 

a group interview, face-to-face or by using a telephone or internet. (Saunders et al. 

2015; Kaivola, 2018) This thesis also utilizes secondary data collected from the case 

companies’ websites and from the HR system’s websites. It is recommended to use 

primary data together with the secondary data in case studies as it impacts positively 

to the reliability and validity of the study (Yin 2009: 114–116; Kaivola, 2018). 

 

Like mentioned before, the research strategy in this thesis is a multiple case study, 

because the goal is to examine the phenomenon in real-life context. The multiple case 

refers to the multiple case organizations. Three case companies participated in this 

thesis. See Table 2. The point of having more than one case company was to see 

whether the findings can be replicated from one case company to another and also to 

gain more evidence about the development and the current status of HR analytics. A 

pre-requirement for the participation was that the case companies were using HR 

analytics tools currently to some extent or were planning to implement it in the near 

future. Furthermore, the consulting companies were required to offer HR analytics 

solutions, tools or software for their customers. 

 

COMPANY 1 2 3 

STAFF HEADCOUNT 60,000+ <100 <200 

HQ LOCATION Finland Finland Finland 

OTHER INFO MNC Consulting Consulting 
Table 2. Companies participating in the study. 
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The primary data was collected using semi-structured interviews in this thesis. A total 

of 4 interviews were conducted in June 2020. The selected interviewees are 

representatives of the case companies. One of the interviews was organized as a 

group interview and the other ones were one-on-one interviews. The general themes 

for the interviews were (a) the company’s view on elements which affect voluntary 

employee turnover, (b) current tools, metrics and technology used for voluntary 

employee turnover/HRM and (c) the future possibilities of HR analytics on voluntary 

employee turnover. See Appendix 1 for the semi-structured interview template that 

was used in the interviews. Based on the general themes of the interview the 

participating companies chose who in their organization would have the most 

knowledge about the topic. The participating interviewees received the general topics 

of discussion via email before the actual interview. All the interviews were internet 

mediated interviews via MS Teams due to the prevailing COVID-19 pandemic. The 

interviews lasted between 62 minutes to 114 minutes in length. See Table 3. The 

findings are reported anonymously and the names of the participating companies do 

not appear on this paper nor can the interviewees be directly connected to the case 

company. The interviews were recorded and transcribed for later usage.   

 

Interviewee Position Tenure 
(years) 

Experience of 
working with HR 
analytics (years) 

Duration 
of 
interview 
(minutes) 

A Director of DATA & AI 0,5 15  62:14 

B HR Analytics and Headcount 
Planning Manager 

2  2  113:48 

C 
 

Business Development 
Manager 
 

>3 
 

8  
 

62:01 

D People and Culture Director 3,5  10  62:01 

 

Table 3. Interviewees participating in the study. 
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The interview template served as a guide throughout the interviews. Template 

included the general topics and pre-planned sub-questions. The discussion was 

flowing freely, and additional questions were asked if necessary. The order of the 

questions varied and some questions were left out, depending on the responses. 

Some of the interviewees had more information about certain themes and some of the 

interviewees had more information about the other themes, which means that some 

questions were examined more deeper than others. The interview situation was 

relaxed, pleasant and the interviewees were given room to speak. 

 

4.3 Data analysis 
 

The data was collected in non-written form as it the interviews were video recorded. 

Later, the data was prepared for the analysis in MS word and excel. The video records 

were transcribed into text-form. Transcribing is a time-consuming task, because 

spoken language is totally different than written language. Furthermore, the goal is to 

write down who said what and also capture the tone in which things were said. This 

additional information will allow the researcher to capture the contextual things that 

might be missed from the verbal answer. (Saunders et al. 2015)  

 

There are various analysis methods for qualitative study (Tuomi & Sarajärvi, 2009). 

This study utilizes a simplified content analysis. Strong emphasis is put on to the tones 

and other non-verbal signs. The pre-processing of the data included transcribing and 

getting familiar with the data. The content analysis is done by searching, listing and 

combining clarified expressions. Combined expressions are further analyzed and 

assigned into the broader categories and concepts. (Tuomi & Sarajärvi, 2009) The 

data analysis was done with MS word and MS excel.  

 

4.4 Reliability and validity  
 

Reliability and validity are used to assess the quality of the research. Saunders et al. 

(2015) mention that “reliability refers to replication and consistency”. In other words, 

the study is reliable, if another researcher can replicate the study and achieve 
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consistent observations. Saunders et al. (2015) defines validity as “the 

appropriateness of the measures used, accuracy of the analysis of the results and 

generalizability of the findings”. Validity can be may be divided respectively into 

measurement validity, internal validity and external validity. (Saunders et al. 2015) 

 

However, there are several challenges with reliability and validity when it comes to 

qualitative research. First, there are issues regarding the replicability. Secondly, the 

small sample size in qualitative research is constraining the generalizability or the 

external validity of the study. (Saunders et al. 2015) This qualitative research reflects 

the situation in a particular research setting at the particular time. This study involves 

a small cross-sectional data sample and all the participants are from Finland. 

Regarding the replicability and generalizability, similar study may produce different 

results when the time or participants are changed. Multiple case study produces more 

evidence than a single case study, but it is important to realize that the observations 

of this study are not necessarily generalizable to larger populations or in other settings. 

Therefore, the results should be interpreted carefully. (Saunders et al. 2015; Kaivola, 

2018) 

 

There is also a concern regarding the data collection technique used. The primary 

data was collected using semi-structured interviews in this thesis. The discussion was 

free-flowing, and additional question were asked if necessary. The order of the 

questions varied as well as the actual questions asked. Some of the interviewees had 

more information about certain themes and some of the interviewees had more 

information about the other themes, which means that some questions were examined 

more deeper than others. This is typical for semi-structured interviews and leads to 

the lack of standardization. It may affect negatively to the reliability and generalizability 

of the findings. (Saunders et al. 2015) 

 

Participant and researcher errors and bias may also concern the reliability of the study. 

Participant error is any factor which has a negatively impact on the interviewee’s 
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performance, for example too limited time schedule for the interview. Participant bias 

is any factor leading to a false answer, for example interviewee may fear sharing 

negative thoughts about the company when the supervisor might hear the interviewee. 

Researcher error is any factor affecting researcher’s interpretation, for example 

misunderstandings. Researcher bias may affect to the recording of answers, for 

example researcher’s subjective views hampering the fair interpretation of the 

interviewee’s responses. (Saunders et al. 2015)  

 

Several efforts were made to ensure the reliability and validity of the study. The 

research design, setting and methods are clearly determined in this study, which 

increases the reliability. Participant errors were addressed by pre-scheduling enough 

time for the interviews, so that the interview situation has sufficient amount of time. 

Also, all the interviews had the same setting; the interviews were internet-mediated 

interviews and the interviewees could therefore choose a place that they are 

comfortable with. The results are presented anonymously, which increases the 

reliability and the validity of the study (Saunders et al. 2015). This addressed the 

participant bias threatening the reliability as interviewees felt safe to share their 

knowledge and opinions, which also increases the internal and measurement validity. 

The validity also increases as the interview questions were translated into Finnish to 

avoid misunderstandings. One way to avoid the researcher’s errors and bias would 

have been the usage of several researchers. Unfortunately, this was not possible. 

However, researcher errors were addressed by video-recording the interviews so that 

the researcher could solely focus on the interview and also listen and interpret the 

recordings later on.  

 

5 ANALYSIS OF THE RESULTS 
  
This chapter goes through the main findings from the empirical research. The findings 

vary to some extent from one case company to another, because the participating 

companies are at different stages of implementing HR analytics into their voluntary 

employee turnover processes. This chapter begins by presenting the findings 

regarding the elements affecting voluntary employee turnover are presented, followed 

by the findings on HR analytics used in human relationship management currently and 
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finally the findings on the future possibilities of HR analytics on voluntary employee 

turnover are presented. 

 

5.1 The elements affecting voluntary employee turnover 
 

The companies participating in the study vary in size and industry, therefore it is natural 

that their HR analytics and voluntary employee turnover approaches and definitions 

differ. This part discusses the main findings related to the elements affecting voluntary 

employee turnover. More specifically this part discusses what kind of employees work 

for the case companies, how to measure the employee turnover, ways to retain the 

high-performing employees, the factors leading to turnover intention amongst the staff 

in the case companies and the changes the case companies could make to address 

the possible dysfunctional voluntary turnover issue. 

 

Human relationship management in the case companies 
 

Enterprises can be classified in different categories according to their size; for this 

purpose the most common is number of people employed. In small and medium-sized 

enterprises (SMEs) employ fewer than 250 people. SMEs are further separated into 

micro enterprises (fewer than 10 employees), small enterprises (10 to 49 employees), 

medium-sized enterprises (50 to 249 employees). Large enterprises employ 250 or 

more people. (OECD, 2020)  

 

The case company 1 is a multinational corporation (MNC) that owns and controls the 

production of goods and services across the globe. It can be categorized as a large 

enterprise as it has about 60 000 employees across the globe, out of which about 3 

000 employees are working in Finland. Geographically 48% of the staff is working in 

Asia-Pacific region, 40% of the staff is working in EMEA region and 12% of the staff is 

working in North America. There are various different jobs in the company as about 
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28% of the employees are working in the office and 72% are working in the field in 

various tasks. Company 2 is a consulting firm with about 60 employees; therefore it 

has just turned from small enterprise into a medium-sized enterprise. Every employee 

is working in the office as an expert. The average age of the company's staff is 

relatively young, about 30 years. Company 3 is quite similar to company 2 as it has 

about 130 employees and every employee is working in the office as an expert. 

 

The case companies aim to keep close and easily approachable relationship with their 

employees. Case company 1 has a fairly regulated industry, especially in the EMEA 

and North American regions. The labor union also has a strong influence in these 

areas. To maintain close relationship with employees, they have to have a certain 

representation of employees in place when making decisions. In addition, they are 

holding annual meetings attended by an employee representative from each country 

and the entire top management. Company 1 aims to keep a really close and 

transparent relationship with the employees working in the field. However, as an MNC 

there are differences in the relationships between the employee and the employer, for 

example due to variations in the collective agreement. At the global level, company 1 

is also committed to complying with local legislation. The local HR department is 

responsible for ensuring that everything is well organized and in accordance with the 

rules.  

 

The case companies 2 and 3 are relatively small and developing consulting companies 

avoiding unnecessary layers of hierarchies. The relationship between employees and 

the employer is fairly direct and casual in both consulting companies. In company 2 

there are ten business partners, who own a part of the company. The structure of the 

company 2 is based on so called “lead consulting thinking”, meaning that they have 

an experienced lead consultant who is responsible for guiding less experienced 

consultants. The company consists of several different lead teams. They are not 

pursuing a traditional employee-supervisor relationship, rather they are working 

together as a team.  
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Employee turnover management in the case companies 
 
As mentioned earlier in the theoretical part of this study, measuring and monitoring 

employee turnover are fundamental when managing employee turnover. Two out of 

three case companies in this study are measuring employee turnover in some form. 

However, the case companies have different approaches on measuring the employee 

turnover, especially regarding the measurement frequency and level of accuracy. The 

MNC has the most accurate level of measures regarding the employee turnover. They 

are measuring the voluntary employee turnover rate, or attrition rate, and also 

reporting it externally. Currently, the attrition rate has been between 7-8% from the 

beginning of the year. Currently, the attrition rate is getting lower mainly due to COVID-

19 pandemic as the labor market is currently halted and recruitment has declined, 

which is reflected in people’s lower willingness to change jobs. The attrition rate is 

measured as a 12-month rolling average and on a monthly basis. The attrition rate is 

calculated by checking how many employees have left voluntarily in the last 12 months 

and comparing it to the average headcount for that period. The case company 3 has 

pretty similar approach with the MNC as they measure the overall employee turnover. 

However, the figure shows how many employees have left the company in a given 

period of time, but the figure does not indicate whether the turnover was voluntary or 

involuntary. The case company 2 is the only company in this study not measuring the 

employee turnover due to the small size of the company and low levels of employee 

turnover. Voluntary employee turnover is examined as a case-by-case approach as 

company 2 will look at the reasons that led to the early resignation. 

 

Retaining high-performing employees is urgent in every company. The interviewees 

offer some tools and tactics for effectively managing employee turnover. The findings 

include both compensation and benefits–based solutions and solutions beyond 

compensation and benefits (Bryant and Allen, 2013). All the case companies mention 

that there is no single action to retain employees, so they are closing this issue with 

holistic point of view. The most common compensation and benefits-based solutions 
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among the case companies are pay raises and cash bonuses. The compensation-

based solutions that go beyond pay raises and cash bonuses are rare. One 

interviewee mentions that there is an option to become a partner and own a part of the 

company through career growth, but obviously that is a long-term goal and it is not 

available for everyone. However, the case companies mention that competing on 

compensation models alone is a bad idea. 

 

“Compensation models are just one aspect in retaining high-performing 

employees and we can’t compete indefinitely because some company can 

always offer more salary.” – Company 2 

 

Furthermore, all the case companies agree that controlling the salary structure, the 

amount of pay dispersion across organizational levels, is important perspective in 

employee turnover. One of the interviewees mentions that they are carefully 

considering the pay raises, because pay must be equal across company. Case 

companies are also benchmarking their compensation levels. Interviewee B mentions 

that they monitor the situation of leavers for example from the salary point of view. 

They have a concept called “market salary”, which is externally obtained benchmark 

data. They have done some benchmarking for market salaries and also within the 

company by comparing the salary of leavers to the salaries within the organization to 

see if the salary of leavers is lower than the salary of peers. However, so far there has 

been no indication of that.  

 

Interviewees also offer many solutions beyond compensation and benefits to retain 

high-performing employees.  The most frequently mentioned solution is related to 

career planning and career growth. Company 2 has a clear career path for consultants. 

They can start as junior consultants, then move on to consultants and senior 

consultants and finally there is a possibility to become a lead consultant. Usually a 

lead consultant will become partner also and own a piece of the company. The case 

company 2 is not a publicly listed company yet, but it is possibly a financial incentive 

in the future. The MNC has the most systematic process for career development, 

known as talent review process. An annual talent review process is process, where all 

supervisors discuss about career aspirations with employees. There are practically 
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three different perspectives in the process. First, the supervisor who knows best the 

situation of his subordinates enters into talent review discussions with the them. 

Supervisors conduct an appraisal of their subordinates, which includes an assessment 

of the goals achieved and in addition, an assessment of the employee’s talent and 

potential. The annual talent review process also includes succession planning and 

assessment of the employee’s risk of leaving the company is assessed. Secondly, 

they have a talent management center of expertise that facilitates the entire process. 

The third aspect is the HR of the unit, which is responsible for the employees of the 

unit. The HR of each unit considers measures to reduce turnover separately. In 

practice, the HR of the unit discusses with a potentially outgoing employee and 

suggests measures such as internal transfers and career paths. All the case 

companies agree that supervisors have a critical role in mapping employee’s career 

planning and the process is a lot dependent on supervisors.  

 

Other solutions beyond compensation and benefits include things like role clarity, 

engaging employees in the company’s vision, offering training and development 

opportunities and everyday efforts to make a positive impact on the mental and 

physical well-being of employees at work. Furthermore, clear actions visible in 

everyday work are giving enough responsibilities and involvement for every employee 

and listening employee’s opinions. The consulting firms also mention that the work is 

truly self-imposed, which means that the work is flexible and the employees are 

responsible for their own work inputs and results. 

 

“It is extremely important to engage people in the company’s vision, which 

means what the organization is doing. We try to get people excited about the trip. 

We can compare the situation to a harbor with several boats leaving to the sea. 

Our goal is to inspire our staff and make them want to travel in our boat. 

Leadership and inspiration play an important role in employee retention.”  

- Company 2 
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Interviewees have recognized several factors leading to turnover intention amongst 

the staff in the case companies. The most common factors leading to turnover intention 

amongst the staff in the case companies are related to turnover intentions, workload 

issues and stress, employee’s poor job performance, employee’s desire to advance in 

his/her career or another attractive job offer. All the case companies are conducting 

some form of an exit interview or annual one-on-one interviews between the 

supervisor and subordinate when gauging the reasons for early resignations. One 

relevant point is that the exit interviews tend to emphasize over-positive and over-

negative views.  

 

One interviewee mentions that the employee turnover problem is multifaceted, and 

they have conducted some analyzes about the topic, but haven’t found any clear 

connections between different factors and employee turnover. They have done some 

benchmarking for the salaries of leavers. So far, they haven’t found any connections 

between leavers and low salaries. Furthermore, they have examined whether the 

supervisor’s actions affect the departure of subordinates but did not find a connection. 

However, the supervisor was usually mentioned on the exit inquiries, for instance if 

the chemistry of the employee and the supervisor did not meet. The interviewee also 

mentions that the sample sizes have been really small and at the time they probably 

didn’t have all the necessary data for the analyzes. 

 

Overall, the level of voluntary employee turnover is very low in every case company 

and has not been an issue so far. However, interviewees point out some changes that 

the case companies should make in order to address the possible dysfunctional 

voluntary turnover issue. Interviewee A mentions better workload management. As 

mentioned earlier, the workload related issues are also one of the main reasons for 

voluntary turnover in the company. Right now, the issue is that the lead consultants 

are having much higher workloads, whereas the less experienced consultants are 

having a lower workload. This is harmful for the development of younger consultants. 

Another interviewee mentioned that one area for improvement would be a focus on 

predictive analytics. Key employees who may leave should be identified in advance 

with predictive analytics. 



  

55  
  

5.2 HR data and metrics  

 

Data and metrics have an important role in HR functions of the case companies. 

All of the case companies use HRIS software as their main HR data source. Some of 

the companies will need to import HR data to their HR systems from various different 

sources, like accounting systems, but some of the companies will have the data 

directly in their HR system. The HR data is stored in the hard drives and cloud-based 

solutions and the further analysis is conducted in the HR systems. Also, the 

functionalities of the HR systems have some differences between the case companies. 

Interviewees mentions that the HRIS software have developed during the previous 

years and for example the data manipulation has become easier. However, still some 

case companies mentioned using Excel and PowerPoint regularly as a processing and 

analyzing tool for the data despite having a HR system in the organization. 

Furthermore, the implementation of HRIS software is in progress in some case 

companies and all the functions and modules are still not used to the full extent giving 

a lot of room for HR analytics to improve in the future. 

 

"Previously, we had an old HR system in use and we had to collect data from 

different sources. Reporting and analysis were practically done manually in 

Excel as offline. Now all data and analytics take place within the same 

system, making the process much easier. -- We don’t need to do as much 

data manipulation anymore, unless there is a very specific ad-hoc need of 

information." - Company 1 

 

The case companies have a lot of HR data about their employees most of which is 

based on legislation that requires them to maintain certain employment-related data. 

The case companies highlight that there has to be a valid reason behind all the 

employee data collected. Furthermore, companies are transparent with what they are 

doing with employee-related data. The HR data which is collected and used in 

employee turnover purposes is heavily related to employee's demographics such as 
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age and gender, employment history, payroll data, performance and talent data and 

also training data, for instance what kind of training the staff attends and what kind of 

certificates they have. Primarily HR data has been collected to fulfill the requirements 

of legislation and public officers instead of HR analytics purposes.  

 

Some of the data gathered from the employees are used in employee turnover 

purposes. Besides the basic HR data from HR systems, companies also use 

performance reviews, talent reviews, onboarding questionnaires and exit interviews 

as data sources when it comes to employee turnover. Also, some case companies 

mentioned using employee satisfaction surveys, financial metrics, key performance 

indicators (KPIs) and together with the data from other IT-systems in the organization. 

Interviewee B highlights the importance of employment history-related data and talent 

data on employee turnover. Through employment history, they are tracking how long 

it has been since the employee’s last promotion. Supervisors have a team view in HR-

system that shows basic information about subordinates and information about the 

latest changes, such as promotions and salary increase. Talent data contains 

information about the employee's career aspirations and areas for development, as 

well as the supervisor's assessment of the employee. One interviewee mentions that 

it is important to see figures and metrics at a sufficiently accurate level and not just at 

the organizational level. Figures measured at too high a level are difficult to utilize, 

which is why they are monitoring the majority of HR data at the individual or team level.  

 

Ensuring the data quality seems to be a challenge in the data management as the 

interviewees clearly express some degree of uncertainty and hesitation when the 

question is asked. The answers are quite inconsistent and there is no systematic way 

regarding this matter. The summarize the answers, the quality of the data is ensured 

primarily by manually cross-checking the data. Ensuring the data quality manually is 

clearly easier for the smaller consulting case companies than it is for the MNC as the 

amount of data is vastly different.  

 

The case companies have turned HR data into various HR metrics. Table 4 below 

presents the most common metrics mentioned by the interviewees. Most of the case 

companies have some kind of HR metrics for employee turnover like attrition rate.  
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HR metric Definition 

Headcount The number of people employed by a 

company 

Number of leavers The number of people that have left the 

company during a certain time-period 

Number of joiners The number of people that have joined 

the company during a certain time-

period 

Number of employees per location The number of people employed by a 

company in a certain location 

Time to hire The time elapsed between engaging a 

candidate and accepting an offer 

Share of bad hires How many employees leave the 

company within the first six months 

Training hours Average number of training hours per 

employee or total training hours 

Absenteeism The ratio of absences to workdays 

during a period 

Quality of hire Measures how successful the 

recruitment process was  

The quality of leavers The percentage of high-performing 

employees in relation to total number of 

leavers leaving the company 

The attrition rate How many workers leave the company 

in a given period voluntarily 

The high-performer attrition rate How many high-performing workers 

leave the company in a given period 
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Employee turnover How many workers leave the company 

in a given period, the figure does not 

indicate whether the turnover is 

voluntary or involuntary 

Training to repair-rate  Whether the number of trainings or 

certificates affects the number of 

sudden repair needs 

Average employee age The average age of an employee 

Age distribution The proportionate number of employees 

in successive age categories in a given 

population 

Average employment duration The median number of years that 

workers have worked for their current 

employer  

Overall job satisfaction score The average of job satisfaction given by 

the employees (scale 1-5) 

Work ability Person's ability to perform the tasks 

assigned to them 

Stress level Person’s perceived job stress level 

Personnel costs Various metrics related to the costs per 

employee 
Table 4. HR metrics of the case companies. 

  

5.3 Employees’ capabilities and skills related to HR analytics 
 

This thesis also examines the employees’ level of understanding together with skills 

and capabilities related to HR analytics. Participants were asked to define HR 

analytics. Interviewee A certainly is hesitant to some extent when answering the 

question. However, the response covers different outcomes of HR analytics well even 

though the basic logic behind analytics seems to be a bit blurry to the respondent. 

Interviewee A focuses on the outcome aspect by listing different examples of 

outcomes that can be achieved with HR analytics as he mentions that HR analytics 

gives an ability to understand the situation of the staff and business from different 
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perspectives. Interviewees B and C have similar answers. Their answers are data-

driven and process oriented. Interviewee B states that analytics means using data, 

facts and evidence to support decision-making. Therefore, decision-making is based 

on justifiable things rather than on feelings or intuition. HR analytics is analytics that is 

related to a company’s people and workforce. Interviewee C also mentions the 

maturity levels of HR analytics. Based on these responses, it can be summarized that 

interviewees understand the basic concept of HR analytics well.  

 

Various HR managers and professionals, executives and business development 

professionals are using analytical HR tools and reports in the case companies to 

support the business.  Interviewee B is the only person in his organization that is 

dedicated to HR analytics and therefore he masters all the systems due to his work. 

Interviewee A focuses on reports as he monitors projects and workload but uses the 

actual HR analytics less often. Interviewee D focuses also on different HR reports, but 

she uses tools daily. Table 5 summarizes the findings about how the interviewees are 

using HR analytics. 
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  Level of using analytics Purpose of using analytics 
Interviewee A Basic. 

Monthly usage. 
Mainly uses the project view 
(project-related forecasts) & 
monitors the workload. Uses the 
actual HR analytics less often. 

Interviewee B Advanced. 
Uses analytical tools daily.  
Is able to develop the tools 
independently. 

The administrator of the 
analytical tool. Conducts 
different analytics to support the 
decision-making. Develops the 
tools.  

Interviewee C Advanced. 
Daily usage.  
Is able to develop the tools 
independently. 

Develops the tools and supports 
other users in different analytics 
tasks. 

Interviewee D Intermediate. 
Daily usage.  

Does a great variety of reporting 
on a daily basis to track things 
like payroll, management 
vacations, employment 
durations, and age structure.  

Table 5. Participants using HR analytics. 

 

The interviewees have the necessary analytical skills to work with HR analytics. 

However, only interviewees B and D are working directly in the HR function whereas 

interviewees A and C are working more on the business development side. The 

interviewees were asked to evaluate the analytical capabilities of HR function in order 

to get more comprehensive perspective of the analytical capabilities of the HR 

professionals. Interviewees B and C stated that the level of capabilities and skills in 

HR department related to usage of analytics is a clear area for development. 

Interviewee B also states that the company’s philosophy behind HR is that HR 

analytics belongs to everyone and is a so-called “foundational skill”. The idea is that 

HR analytics is not a separate activity, but a natural part of the role of every HR 

professional. Everyone’s role includes data utilization and analytics. Therefore, 

interviewee B mentions that HR staff should have better skills both in terms of tools 

and in terms of numerical skills. In this context, the interviewee would like HR staff to 

have a broader understanding of financial figures so that HR issues can be put in a 
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business context. Interviewees B and C agree that the data and analysis need to be 

well pre-processed at the moment before HR staff can interpret it.  

 

The lack of analytically skilled HR professionals is a multifaceted problem and in terms 

of analytics, there should be more understanding of things that are relevant and not 

relevant states interviewee B. HR professionals need to have a sufficient mathematical 

and statistical understanding in order to be able to communicate the logic behind 

different metrics. Then there are the challenges related to data processing, for 

instance processing the data correctly and cleaning it up. In addition, there are 

analytics tool-related challenges because often individuals don’t have the necessary 

tools or skills to conduct HR analytics efficiently. However, both interviewees B and C 

agree that tool-related issues have become a lesser factor as nowadays the HR 

analytics tools are relatively easy to use and understand. Interviewees also mention 

that advanced HR analytics would require more resources. In order to climb the HR 

analytics ladders, companies would need to invest on HR professionals with analytical 

skills and training. 

 

The interviewees also mention that HR function very rarely develops more advanced 

analytics itself.  More advanced analytics are conducted usually by a business 

development team, HR consultant or other HR analytics specialist.  

 

5.4 The status of HR analytics currently  
 
All the case companies mention that their HR analytics are still at the descriptive 

analytics level. The main focus is on following different key performance indicators 

through dashboards and standard business reporting and figuring out the reasons for 

fluctuations. The case company 1 has the most advanced analytics out the three case 

companies of this thesis, since they have some predictive models in place for 

workforce planning. They conduct long-term forecasts over a five-year time span of 

the evolution of labor demand. This forecasting model is based on several 
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assumptions; business growth, productivity improvement and staff turnover. The aim 

is to predict how the need for labor will develop in the coming years and what it means 

for recruitment and staff turnover in volumes. In the future case company 1 aims to 

use this model for simulation purposes. This is can be accomplished by adjusting 

certain parameters, for example if the productivity increases by 5% annually instead 

of 2%. Company 1 also aims to automate short-term headcount prediction, which is 

done mainly for budgeting purposes. The HR director of each country reports a 

headcount forecast until the end of the year. This forecasting is very manual, takes a 

lot of time and the process is different in different countries, so company 1 wishes to 

automate the process with external IT partner.  

 

It is interesting to see that all the case companies are applying predictive analytics in 

other business areas, like financing or marketing, but they have not yet applied these 

models on top of HR data. Some companies are predicting the sales for the next 

month, while another interviewee notes that predictive analytics is utilized in the 

maintenance business. They are utilizing preventive maintenance on IoT devices. The 

data comes in real time and the company is able to identify certain faults before they 

become fatal, in which case the device requires immediate maintenance. Through 

preventive maintenance the company can schedule maintenance at the right time. 

One interviewee mentions that all functions in the company are utilizing analytics to 

some extent, but the maturity of analytics varies from function to function. Predictive 

analytics comes from certain key business functions and has spread from there to the 

support functions like HR.  

 

Some interviewees highlight the reasons why HR is lagging behind the key functions 

in terms of analytics. The biggest reason for lagging seems to be that HR and more 

widely HR-systems are seen as an expense in many organizations. Therefore, 

companies have not been investing into HR systems earlier and the HR analytics have 

not yet matured. Secondly, HR analytics and its importance are not generally 

understood more broadly in organizations. HR managers themselves are usually not 

very technical themselves, so they usually do not know how to demand the necessary 

tools and convince the top-level management about the importance of the topic. In 

addition, some HR managers tend to think that HR data is so sensitive that it is not 
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appropriate to analyze people. Another interviewee mentions the educational 

perspective of HR people. In education, soft things are emphasized more than 

analytics and numbers. 

 

The main areas where the case companies utilize HR analytics are different in the 

case companies. The greatest interest and focus in HR analytics go to workforce 

planning and everything related to recruitment in the case company 1. In recruitment, 

the lead times, recruitment volumes and quality of recruitments are closely monitored. 

Case company 2 focuses on employee’s job satisfaction and workload. Case company 

3 have employee turnover and the reasons for leaving, employee’s commitment and 

sick leaves as the main focus areas. The interviewees also highlight that the focus 

areas that are highly important for one company may be irrelevant to another. The 

focus areas of HR analytics are also changing from time to time as new issues might 

occur. 

 

“In general, HR analytics is a process and it is affected by many things and 

you should always define your own pain points on a company-by-company 

basis.” – Company 1 

 

All the case companies report several benefits that they have gained since they began 

to leverage HR analytics. In general, the case companies have translated insights from 

HR analytics into managerial actions. One company noticed a slight reduction in job 

satisfaction, at which point it was addressed and necessary actions were taken. After 

a while the job satisfaction rose back up. Another company has been focusing on HR 

operations. Analytics are used to identify bottlenecks from which monetary benefits 

can be calculated. They noticed that their salary reference values in recruitment in 

some countries have been completely wrong, which has caused 90% of all 

recruitments to go to so-called “extra approval round”, meaning that the recruitment 

has to be accepted by the upper-level management. As a result, recruitments are 

delayed and the start-up of a new employee may be delayed a month. This has a clear 
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monetary cost. Regarding workforce planning and short-term headcount forecasting, 

one company is eliminating one working day a month from all the HR managers of the 

company. The company can directly calculate the financial benefit if they are able to 

automate some process from them. There are several benefits as it gives managers 

more time to focus on productive work and at the same time they get potentially more 

accurate forecasts. From financial perspective, the company can also commit less 

money to budgets when they know more precisely how the number of staff will evolve. 

All the case companies mention that tracking various things has helped them to 

improve and to whip up the pace of processes.  

 

“It is a clear benefit that if we bring something up in the form of a KPI, then 

through it we get a focus on certain things. Usually when we measure 

something, we get improvements to it.” – Company 1 

 

Interviewee A describes the role of HR analytics in decision making: 

“The HR analytics has a moderate role in decision making in the case 

company. The decisions are taken based on both experience and data and 

analytics. I would say it is about 50/50.”  

 

The other interviewees have strikingly similar answers. It can be interpreted from the 

answers that the role of analytics is to support decision-making and highlight early 

indications of different issues. The case companies are relatively data-driven 

companies and the role of data and analytics is growing. This is supported by 

interviewee B, who states that he doesn’t have to push this matter to management but 

vice versa; there is a lot of desire to get more data, but the resources are lacking 

behind. One interviewee mentions that if data is missing and a decision has to be 

made, then more data is usually excavated first and only then a decision is made. 

Interviewee D describes the role of data in the decision-making:  

“The data gives me an overall picture and validity of the topic; if I talk to one 

team in place X and based on that discussion I’ll make a holistic view of the 

situation of the entire company, then I would fall into a trap. With the help of 
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the data, I can find out whether the issue applies to the whole organization or 

only to one team. However, I can’t completely blindly stare at the numbers 

alone, but the data gives a good idea of the scale of the problem.” 

 

The level of HR analytics in managing the employee turnover currently is also at the 

descriptive level rather than predictive or prescriptive level. The focus is on monitoring 

employee turnover metrics and reacting to the fluctuations. 

“The role of analytics in managing voluntary employee turnover currently is to 

track figures rather than predict. We have not yet focused more in staff 

turnover because turnover is low and it has not yet been a problem. As an 

example, I could just point out that lately high-performer attrition rate dropped 

in all of our business areas except one. There the trend is different. I just sent 

a message to the HR dept. in that area asking whether they had any 

information about it and have they noticed it there. This is a typical example of 

the current situation. We follow the figures and if something comes up from 

there, we go through things, try to understand the situation and take the 

necessary action.” – Company 1 

“Currently, the focus is on monitoring and measuring employee turnover, but 

in the future the focus may shift to different forecasting models” – Company 3 

However, the case companies already have the relevant data for managing the 

employee turnover with HR analytics. They are monitoring potential leading indicators 

like for instance job satisfaction, workload, salaries, projects and career promotions. 

They also conduct one-on-one interviews with employees. Interviewees mentions that 

these indicators contain some kind of predictive power in relation to staff turnover. 

Furthermore, case company 1 has also tried retention risk analysis to see if they can 

predict who is at higher risk of leaving the company based on data from leavers. This 

was examined by extracting data on leavers and finding the factors that had something 

to do with voluntary turnover and finally applying it to the prediction model. However, 
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the risk analysis is still on an experimental stage and it has produced no additional 

benefits yet. 

 

Finally, SWOT-analysis of HR analytics provides interesting points of views. See 

table 6. 

 

 

Table 6. SWOT-analysis of HR analytics. 

Interviewees highlight that the HR data is nowadays easily available for the users as 

HR systems usually include a lot of reports and dashboards to guide the analysis, so 

users can rotate numbers easily with a specific interface. HR analytics also has a direct 

link to financial matters and thus, it is relatively easy to get managerial buy-in with HR 

analytics. This is also a big opportunity for HR function to become more than just a 

support function as analytics will also give credibility for it. Interviewees see that this 

is the way for HR to become a business partner. 

 

The case companies also see some weaknesses and threats in HR analytics. The big 

challenge lies in the capability of users and in interpreting numbers as some 

employees and managers are really data-driven and some are not so much. Validating 

Strengths Weaknesses
- Data collection is easy 
- Data collection tools are available
- Visualization is easy
- A lot of HR data available 
- HR analytics has a direct link to 
financial matters 
- Building a business case is easy -> 
easy to get managerial buy-in

- HR function's ability to leverage data
- Data is never complete
- Data quality is sometimes poor 
- A lot of data is collected offline, 
leaving some data unused
- Challenging to implement HR 
analytics

Opportunities Threats
- The value of top experts and 
monitoring related issues will be 
even more important for companies
- Analytics will give the credibility for 
HR function -> a big opportunity to 
become a more credible business 
partner

- Data privacy & sensitivity, if company 
ethics and values are not in order
- A lack of resources
- Is HR analytics just a momentary 
hype or will it become the next big 
thing for HR?
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and ensuring data quality, accuracy and reliability, and maintaining it still a challenge 

for the companies. The sheer amount of data is constantly expanding constantly, and 

systematic efforts are needed to ensure the data quality. The interviewees also 

mention that HR function very rarely develops more advanced analytics itself.  More 

advanced analytics are conducted usually by a business development team, HR 

consultant or other HR analytics specialist. Human related data is sensitive and should 

be handled carefully. Data privacy issues and the European Union’s general data 

protection regulation (GDPR) may possess a serious threat, if company’s ethics and 

values are not in order. Furthermore, the lack of resources might hinder the 

implementation and the development of more advanced analytics. 

 

5.5 The future possibilities of HR analytics on voluntary employee turnover 
 
This part discusses the findings related to the main development areas and 

expectations in terms of HR analytics and the readiness of the case companies to 

develop more advanced HR analytics. In addition, this part focuses on the future 

possibilities of HR analytics on voluntary employee turnover and the overall role of HR 

analytics in the future.  

 

The case companies have several expectations and development areas in terms of 

HR analytics in the future. The responses differ from one to another as every case 

company is focusing on different things. However, the main development areas in HR 

analytics are related to determining and finding the most effective ways to leverage 

existing HR data to support the business. One way to do this is to extend the utilization 

of the current HRIS software. They also viewed combining information from different 

sources as a key in developing the performance measures. The aim would be to see 

at a precise level, at least at the team level, how business performance and, for 

example, employee satisfaction and staff profitability are linked. Other case companies 

saw AI as a future trend. The MNC is expecting AI to help in recognizing the key 

messages among the noise. The data volumes are massive, and it would require data 
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mining to identify the things that need to be addressed. The current HR system has a 

built-in AI module and by enabling it the AI “sniffs” the data at the time of collection 

and tries to identify certain abnormal deviations. The MNC expects more advanced 

HR analytics to recognize the key talent and undesirable attrition. The usage of 

advanced HR analytics and the identification of undesirable attrition or dysfunctional 

turnover may lead to better voluntary employee turnover management by allowing 

companies to retain the right people. 

 

This thesis also examines the readiness of the case companies when using HR 

analytics in employee turnover purposes in the future. All the case companies feel that 

their readiness at the good level. They all have modern HRIS software, meaning that 

their HR information technology is on point. Likewise, the managerial buy-in is at a 

moderately good level in the sense that the companies are data-driven. On the other 

hand, this applies to most of the case companies and analytics in general, that it is 

really difficult to get additional resources for it. According to one interviewee the top-

level management recognizes that HR analytics is one of the most essential areas that 

should be focused on, but still getting money and resources is really tricky. That side 

should be fixed so that the management will recognize the fact that this requires 

resourcing also. In order to climb the analytical ladders, HR analytics would require 

additional resources; more employees dedicated in HR analytics as well as more 

training and education for the staff. Finally, all the case companies agree that more 

advanced HR analytics require more advanced HR professional analytical skills. 

Furthermore, HR professionals should have a broader understanding of financial 

figures and business performance so that HR issues can be put in a business context. 

Interviewees question whether HR professionals have the capabilities to produce 

performance measures. 

 

The future possibilities of HR analytics on voluntary employee turnover lie in the 

predictive analytics according to the case companies. Predictive HR analytics can help 

in managing the voluntary employee turnover in the future. There are several different 

perspectives for this issue. The case companies mention that the first challenge is to 

recognize the key employees who they want to retain through talent identification. The 

case companies have enough data and sufficient analytical skills and talent related 
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processes to be able to identify talents. One interviewee mentions that the company 

has been focusing on people who they particularly want to keep in the company and 

whose loss would be a direct financial loss. The benefits in this regard are largely the 

result of a successful talent process, but in the future case companies will apply more 

analytics to identify key talents.  

 

Firstly, the identification of key employees will require determining the dysfunctional 

employee turnover. Currently, the attrition rates or employee turnover metrics are “the 

average of everything”, meaning that the metrics don’t indicate whether the employee 

turnover was functional or dysfunctional for the organization. The case companies will 

want to focus on dysfunctional employee turnover. Several case companies also 

mention that it is tricky to determine what would be the right or good level for the 

employee turnover metric. Companies also find it difficult to report a single metric as 

the attrition rate usually seems higher than it is in reality, for instance some business 

department may have a double-digit employee turnover in a certain month,  but in 

reality there might be only one to three leavers here that the company should have 

kept. This thing culminates in the fact that companies should recognize this 

dysfunctional attrition better. One interviewee is questioning whether the dysfunctional 

turnover means high-performing employees. That’s certainly one perspective, but 

some of the case companies states that dysfunctional turnover might include some 

other employees also. This may need to be considered on a company-by-company 

basis. There are several aspects that should be kept in mind when determining the 

dysfunctional employee turnover; what it is the core business of the company and 

whether the dysfunctional turnover is related to which unit a person works in or what 

is the role of the employee. Interviewees see that analytics could provide an answer 

to this. 

 

The case companies can apply predictive analytics on employee turnover purposes 

after knowing the key employees they want to keep in the organization. One of the 

easiest ways to apply predictive analytics is through the HRIS software. One company 
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highlights that their HRIS software includes a predictive retention analysis-a function 

that predicts who is at higher risk of leaving the company based on data from leavers. 

The objective would be to utilize predictive analytics in the future. Predictive analytics 

allows companies to identify and to statistically score the key employees that are at 

the risk of leaving the company and also the ones who are “steady”. The optimal 

solution would be that the software could scan the whole database of key employees 

and rank them statistically.  

 

The companies could use the existing data in predictive analytics. The case 

companies are already collecting the necessary data about their employees to conduct 

advanced analytics. They collect data about employee’s performance, job satisfaction 

scores, absence rates, payroll information, demographics, position history and they 

are also tracking time since the last promotion. One interviewee describes the 

predictive retention analysis; rows represent employees and several columns contain 

employee related data that is matched for the particular employee. The predictive 

retention analysis utilizes different data mining techniques, like classification and 

regression techniques, when identifying patterns in the data. After identifying patterns 

in the data, the software goes through all the employee records and gives a prediction 

of that employee to leave the company. The secondary data reveals that the final result 

is a sorted list where the key employees with the highest probability to leave the 

organization are presented at the top of list. (Dignan, 2014) This list can be displayed 

to the management. However, one of the case companies is still on an experimental 

stage in this area and will continue to implement this in the future. Interviewee C 

concludes that in the future they would like to understand different factors that have 

the biggest correlation related to key employees leaving the company.  

 

There are several benefits when using predictive analytics for employee turnover 

purposes. This topic will be more relevant when the company grows. The MNC adds 

that on a global level, they see no other alternatives than analytics to address this 

issue on a large scale. From the financial perspective, higher voluntary employee 

turnover equals higher recruitment costs and lower productivity. Interviewee B 

mentions that they can also commit less money to budgets when managing employee 

turnover as they know more precisely how the number of staff will evolve. One 
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interviewee mentions that predictive analytics would enable the case companies to do 

the necessary actions in time before the key employee, or at worst a whole team has 

left the company. This will reduce the voluntary employee turnover rate and increase 

the retention rate. Currently the employee turnover management relies on supervisor’s 

intuition and monitoring metrics. Analytics will help to save some time of the managers 

and supervisors. In addition, the case companies get to know the top experts within 

the organization better.  

 

Finally, this study evaluates how the interviewees see the overall role of HR analytics 

in the future (Table 7). 

  The attitude about the role of HR analytics in the future 
Interviewee A Thinks that the role of HR analytics will increase at least 

in the short-term due to COVID-19. Employees are 
working from home currently and managers don't see 
them daily. The importance of analysis has been growing 
as employers want to know what people are doing and 
how they are feeling. Some skepticism about the future 
can be recognized. 

Interviewee B The role will increase in the future as companies are 
learning more about the potential of HR analytics and 
systems and technology will evolve. Is enthusiastic about 
advanced analytics. 

Interviewee C Expects the role to get bigger as the information grows. 
Expects to expand the use of analytics, for example in 
terms of staff productivity and capabilities in the future. 

Interviewee D Expects the role of HR analytics to grow, especially in the 
strategic decision-making. 

Table 7. The role of HR analytics in the future. 

 

Interviewees are expecting the role of the HR analytics to get stronger in the future as 

companies are learning more about the potential of HR analytics and systems and 
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technology will evolve. Furthermore, all the case companies are planning to expand 

their HR analytics utilization in the future. Interviewees agree that HR analytics will 

play a bigger role when the size of the company grows, and the data volumes are 

increasing. Interviewee A mentions that the demand of HR analytics has increased 

during COVID-19 pandemic as employees are working from home and the managers 

can’t see what they are doing and how they are feeling. It will be interesting to see 

whether this pandemic boosts the usage of HR analytics in the longer term. 

 

6 SUMMARY AND CONCLUSIONS 
 

In this research, voluntary employee turnover management is examined from the HR 

analytics perspective by using the data collected from multiple case companies. The 

sample consists of three different sized case companies. The core purpose of this 

research is to deepen the understanding of how HR analytics can be utilized in 

voluntary employee turnover purposes.   

 

The theoretical part of this thesis covers the phenomenon of managing voluntary 

employee turnover with HR analytics and serves as the theoretical background of this 

thesis as it determines the basic concepts, frameworks and theories related to the 

topic. The theoretical part contains several sub-chapters. The first sub-chapters 

discuss voluntary employee turnover and its determinants. After that the basic 

concepts and frameworks of human resource analytics are determined. Also, data 

mining techniques to predict employee turnover are discussed. The last sub-chapters 

are focusing on human resource metrics. The theoretical part is followed by a literature 

review, which covers the previous literature findings about the topic. The literature 

review further discusses HRM and employee turnover, HR analytics and predicting 

employee churn. 

 

In the empirical part of the study the role of HR analytics in voluntary employee 

turnover is examined. This is a qualitative study, because of the nature of the study. It 

is also the most logical methodological choice when answering the research 

questions. This thesis is a multiple case study, consisting of three case companies. 

The primary data was collected using four semi-structured interviews. The central 
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themes covered in the empirical part are; (a) the case companies’ views on elements 

which affect voluntary employee turnover, (b) current data, metrics and analytics used 

for voluntary employee turnover and (c) the future possibilities of HR analytics on 

voluntary employee turnover. The empirical findings are presented in the empirical 

part of this thesis. 

 

This chapter summarizes the main empirical findings of the study. Also, the main 

empirical findings are compared to the main findings from the academic literature and 

some recommended actions for implementation are provided. Finally, managerial 

implications, the limitations of the study and the potential for future research are 

discussed. 

 

6.1 Summary of the main findings  
 

The main research question of this thesis is: 

 

RQ: How could HR analytics support the voluntary employee turnover 
management? 

 

In order to address the main research question, the three sub-questions must be 

addressed first. The first sub-question is following: 

 

SQ1: What kind of elements do affect voluntary employee turnover? 
 

The voluntary employee turnover is a complex issue and there are various factors, 

metrics, predictors and strategies influencing in voluntary employee turnover. The 

metrics and data have an effect on voluntary employee turnover as it allows companies 

to dive deeper into the topic and to manage it.  Based on the empirical research most 

of the case companies are monitoring and following employee turnover rates and other 

relevant metrics that have some predicting power on employee turnover; like job 
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satisfaction and stress levels. After knowing the level of employee turnover issue, it is 

logical to gauge the reasons for early resignations as all the case companies are 

conducting exit-interviews. The empirical findings indicate the most common factors 

leading to employee turnover amongst the staff in the case companies; turnover 

intentions, workload issues and stress, employee’s poor job performance, employee’s 

desire to advance in his/her career or another attractive job offer. There are also 

strategies for effectively managing employee turnover, which are also elements 

affecting the voluntary employee turnover. The empirical findings include both 

compensation and benefits–based solutions and solutions beyond compensation and 

benefits. Based on the empirical findings the most common compensation and 

benefits-based solutions are pay raises and cash bonuses. The strategies also include 

paying attention to the importance of pay dispersion and equality and also clearly 

communicating the policies and standards behind pay decisions. The most frequently 

mentioned solution beyond compensation and benefits is related to career planning 

and career growth. Other solutions beyond compensation and benefits include things 

like role clarity, engaging employees in the company’s vision, offering training and 

development opportunities. 

 

The second sub-question was following: 

 

SQ2: What kind of HR analytics is used in human relationship 
management currently? 

 

The current role of HR analytics in managing the voluntary employee turnover is 

covered in this thesis, especially from the case companies’ perspective. The empirical 

part of this study also examines the current data management of the companies and 

the analytical capabilities and skills of HR professionals. HR analytics has a moderate 

role in decision making in the case companies. The decisions are taken based on both 

experience and data and analytics. The main areas where the case companies utilize 

HR analytics are different. Based on the empirical findings the greatest interest and 

focus in HR analytics go to workforce planning, recruitment and job satisfaction. All of 

the case companies use HRIS software as their main HR data source. The HR data 

is stored in the hard drives and cloud-based solutions and the further analysis is 
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conducted in the HR systems. The empirical findings reveal that the HRIS software 

have developed during the previous years and for example the data manipulation has 

become easier. However, still some case companies mentioned using Excel and 

PowerPoint regularly as an analyzing tool for the data despite having a HR system in 

the organization. Furthermore, the implementation of HR software is in progress in 

some case companies and all the functions are still not utilized to the full extent giving 

a lot of room for HR analytics to improve in the future. 

 

HR analytics has a moderate role in managing voluntary employee turnover currently. 

Based on the empirical findings the level of HR analytics currently is at the descriptive 

level rather than predictive level. The focus is on monitoring employee turnover metrics 

and reacting to the fluctuations. The benefits in this regard are largely the result of a 

successful talent process, but in the future case companies will apply more analytics 

to identify key talents. The employee turnover management processes remain for the 

most part very process-oriented and dependent on supervisor’s intuition. Based on 

the empirical findings, the wider adoption of HR analytics is hindered by the lack of 

resources and the shortage of analytically skilled HR professionals. The main 

challenges in HR analytics are related to determining and finding the most effective 

ways to leverage existing HR data to support the business and the lack of resources. 

Some of the case companies also expressed issues in determining the dysfunctional 

employee turnover. The challenge is to recognize the key employees who they want 

to retain. From analytics perspective, companies want to build analytical models 

focusing on the valuable key employees. Analytics are based on statistical modelling 

and it is crucial to identify the key employees before building more advanced analytical 

models on top of them to get the most desirable outcome out of the models. However, 

the case companies have enough data and sufficient analytical skills and talent related 

processes to be able to identify the key employees.  
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The third sub-question is: 

 

SQ3: How HR analytics could be used in voluntary employee 
turnover purposes in the future? 

 

Interviewees are expecting HR analytics to have a bigger role in the future as 

companies are learning more about the potential of HR analytics and technology is 

evolving. This thesis also examines the readiness of the case companies when using 

HR analytics in employee turnover purposes in the future. Based on the empirical 

findings the readiness of the case companies is at the good level. They all have 

modern HRIS software, meaning that their HR information technology is on point. 

Likewise, the managerial buy-in is at a moderately good level in the sense that the 

companies are data-driven. On the other hand, this applies to most of the case 

companies and analytics in general, that it is really difficult to get additional resources 

for it. Finally, all the case companies agree that more advanced HR analytics require 

more advanced HR professional analytical skills.  

 

Predictive HR analytics could be used in voluntary employee turnover purposes in the 

future after knowing the key employees they want to keep in the organization. One of 

the easiest ways to apply predictive analytics is through the HRIS software. One case 

company highlights that their HRIS software includes a predictive retention analysis - 

a function that predicts who is at higher risk of leaving the company based on data 

from leavers. Predictive analytics allows companies to identify and to statistically score 

the key employees who are at the risk of leaving the company and also the ones who 

are “steady”. The predictive retention analysis utilizes different data mining techniques, 

like classification and regression techniques, when identifying patterns in the data. 

After identifying patterns in the data, the software goes through all the key employee 

records and predicts the probability of employees to leave the company. The final 

result is a sorted list where the key employees with the highest probability to leave the 

organization are presented at the top of list. Predictive analytics would enable 

companies to make the necessary actions in advance before the key employee, or at 

worst a whole team has left the company. This may reduce the voluntary employee 

turnover rate and increase the retention rate. Furthermore, there are several other 
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benefits when applying predictive analytics on voluntary employee turnover purposes. 

From the financial point of view, empirical findings indicate that the case companies 

can commit less money to budgets when managing employee turnover as they know 

more precisely how the number of staff will evolve. The findings also reveal that HR 

analytics could support the identification of the key employees, provide more accurate 

numbers and empower faster and more targeted employee turnover management 

decisions. Analytics will also save some time of the managers and supervisors. In 

addition, the case companies get to know the top experts within the organization 

better. 

 

Finally, the main research question can be answered: 

 

RQ: How could HR analytics support the voluntary employee turnover 
management? 

 

The voluntary employee turnover is a complex issue and there are several different 

factors, metrics, strategies and predictors that influence in voluntary employee 

turnover. In order to take full advantage of HR analytics on voluntary turnover 

purposes, the starting point would be to understand the voluntary employee turnover 

as a phenomenon and the elements affecting it. Furthermore, the successful 

implementation of HR analytics is a process. Scholars agree, that the organizations 

mature in regards of analytics. In other words, if companies started earlier with 

analytics, they utilize nowadays more complex techniques and more advanced 

applications such as predictive analytics. Based on the empirical findings, the 

companies can monitor voluntary employee turnover-related metrics and take actions 

reactively at the descriptive HR analytics level. In the future, predictive analytics can 

be applied to voluntary employee turnover purposes. One of the easiest ways to apply 

predictive analytics is through HRIS software. Predictive analytics require more 

sophisticated analytical tools, like data mining, and therefore requires climbing the 

analytics ladders. Predictive analytics allows companies to identify and to statistically 



78  
  

score the key employees who are at the risk of leaving the company and also the ones 

who are “steady”. The optimal solution would be that the software could scan the whole 

database of key employees and rank them statistically. The final result is a sorted list 

where the key employees with the highest probability to leave the organization are 

presented at the top of list. This list can be displayed to the management. This allows 

companies to take actions proactively and enables more timely decision-making. 

 

6.2 Comparison to the previous findings 
 

The empirical findings on the elements affecting on voluntary employee turnover are 

consistent with the existing literature. The voluntary employee turnover is a complex 

issue and there are several different factors, metrics, strategies and predictors have 

impact on voluntary employee turnover. The first thing in employee turnover 

management is measuring, as what gets measured, gets also managed. The metrics 

and the most common factors leading to employee turnover are closely related to the 

strongest turnover predictors provided by the literature. The case companies are 

measuring relevant metrics, like attrition rates, job satisfaction, stress levels and 

gauging the turnover intention in one-on-one interviews. Despite the widespread belief 

that salary is an important factor of turnover, salary level and pay satisfaction seem to 

be relatively weak predictors of individual turnover decisions (Bryant and Allen, 2013). 

Instead the literature and empirical findings support the fact that proximal precursors 

in the withdrawal process, like job satisfaction and quit intentions together with the 

work environment are affecting more to the voluntary employee turnover. The metrics 

and data have an effect on voluntary employee turnover as it allows companies to dive 

deeper into the topic and to manage it.  In order to take full advantage of HR analytics 

on voluntary turnover purposes, the starting point would be to understand the voluntary 

employee turnover as a phenomenon and the elements affecting it. 

 

Employee turnover has not been a clear focus area in most of the case companies 

and maybe that is the reason why some of them are still lacking a systematic strategy 

in terms of employee retention. Several strategies and actions are made to retain the 

key employees based on the reasons for early resignations and monitoring employee 

turnover-related data and metrics. All the case companies mention that there is no 
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single action to retain employees, so they are closing this issue with holistic 

perspective. The empirical findings and literature findings suggest that strategies for 

effectively managing employee turnover include both compensation and benefits–

based solutions and solutions beyond compensation and benefits (Bryant and Allen, 

2013). Based on the empirical findings the most common compensation and benefits-

based solutions are pay raises and cash bonuses. The strategies also include paying 

attention to the importance of pay dispersion and transparently communicating the 

processes behind pay decisions. The most frequently mentioned solution beyond 

compensation and benefits are related to career planning and career growth. Other 

solutions beyond compensation and benefits include things like role clarity, engaging 

employees in the company’s vision, offering training and development opportunities. 

The literature findings show that employees with clear role expectations, minimal role 

conflict, and opportunities for growth and advancement are less likely to quit. It could 

be beneficial for the companies to give managers training on how to provide clear role 

expectations, reduce role conflicts and communicate transparently about career 

opportunities. (Bryant and Allen, 2013) 

 

Davenport and Harris (cited in Liberatore & Luo, 2010) define analytics as “the 

extensive use of data, statistical and quantitative analysis, explanatory and predictive 

models, and fact- based management to drive decisions and actions.” Various tools 

and techniques with various levels of sophistication and intelligence have been used 

by businesses to promote decision-making. There are four types of analytics; 

descriptive, diagnostic, predictive and prescriptive. (Banerjee et al. 2013) Previous 

studies have found a wide range of data mining techniques tackling the employee 

turnover problems through classification and regression. However, the case 

companies are at the different stages of adopting analytics and the use of such 

techniques seem to be somewhere in the future. Currently, the analytical 

sophistication level is quite immature, and the tools utilized are not so advanced. The 

level of HR analytics currently is at the descriptive level rather than predictive level. 

The focus is on monitoring employee turnover metrics and reacting to the fluctuations. 
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The benefits in this regard are largely the result of a successful talent process, but in 

the future case companies will apply more analytics to identify key talents. The 

employee turnover management processes remain for the most part very process-

oriented and dependent on supervisor’s intuition. Scholars agree that the analytics 

techniques and applications in organizations will mature and in the future it is possible 

to utilize more complex techniques.  

 

Based on the empirical findings, the wider adoption of HR analytics is hindered by the 

lack of resources and the shortage of analytically skilled HR professionals. Marler and 

Boudreau (2016) mention three significant requirements for HR analytics success in a 

review of the academic literature. These are having HR professional analytical skills, 

gaining managerial buy-in and having HR information technology. HR function’s 

capabilities and skills related to usage of HR analytics was studied in this thesis.  HR 

systems have developed in recent years, yet still the analytical applications are 

assuming HR professionals to know what problems they need to solve and what data 

they need to solve those problems.  The findings in this study are consistent with the 

previous literature findings – there is a shortage of analytically skilled HR professionals 

who are able to work with more advanced analytics and draw insights. Scholars claim 

that the collaboration and joint effort between HR professionals and other experts from 

various fields (finance, engineering and business development) may be the right 

direction when developing HR analytics and linking it to the business outcomes (Marler 

and Boudreau, 2016). Furthermore, the managerial buy-in is at a moderately good 

level in the sense that the companies are data-driven. However, there is a notable 

paradox; despite HR analytics having managerial buy-in and support, it is really hard 

to get additional resources for it. This is clearly indicated by the MNC participating in 

the study, as it has about 60,000 employees and only one employee is purely 

dedicated to the HR analytics. In order to climb the analytical ladders, HR analytics 

would require additional resources; more employees dedicated in HR analytics as well 

as more training and education for the HR professionals. 
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6.3 Managerial implications 
 

When the focus is on improving the employee turnover management, companies 

should start by focusing on understanding the underlying elements of voluntary 

employee turnover in their company. Analytical approaches in HR are racking up 

popularity among scholars and business experts and HR analytics is one of the 

buzzwords in HR today. However, companies should keep in mind that HR analytics 

doesn’t require reinventing the wheel. Regarding HR analytics, the analytical 

sophistication will mature. In other words, analytics is a process and companies should 

start early with the implementation of HR analytics and gradually climb the analytical 

ladders. The companies might want to invest into a HR system as it seems to be one 

of the easiest ways to reap the benefits out of HR analytics. However, serious efforts 

should be put into careful implementation of HR analytics to actually get the desired 

values and outcomes out of the investment. Managers and executives need to pay 

attention that they actually achieve improvements on the things they are focusing on 

and getting the appropriate returns on their investments. In general, HR analytics is a 

process and it is affected by many things and companies should always define their 

own pain points on a company-by-company basis. 

 

Companies should set up a team with different skills and capabilities to work with HR 

analytics. The limited analytical skills and capabilities of HR professionals could be 

compensated with other experts such as data analysts or statisticians who have the 

necessary knowledge about advanced analytics and statistical modelling. 

Furthermore, business professionals could help in connecting the HR analytics to 

business context. HR professionals could then focus on determining the central issues 

from the HR analytics perspective and serve as a catalyst between the data scientists 

and business professionals. 
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6.4 Research limitations  
 

There are several main limitations in the study. First, there is a geographical limitation 

as the case organizations represent a Finnish perspective, excluding other parts of 

the world. Second, the size of the case companies was restricted to medium-sized 

and large companies as the topic of this thesis becomes more relevant when the size 

of the company grows. Third, the sector was restricted to the private sector. Fourth, 

the industry of the case companies was not controlled. 

 

There are several factors that limit the generalizability of the research. The empirical 

part was conducted with a relatively small sample set, but it was also intentional due 

to various reasons. The data collection was done with in-depth interviews as the point 

was to understand the phenomenon and gain answers on complex research 

questions. Furthermore, when contacting the potential case companies, it became 

clear that HR analytics are still rarely utilized in employee turnover management 

purposes in Finland. This clearly limited the number of potential case organizations. 

The small sample is limiting the generalizability of the study. Regarding the 

replicability, similar study may produce different results when the time or participants 

are changed. The results could be different when conducting similar study with 

participants that are actually using more advanced HR analytics on employee turnover 

management. Therefore, the results should be interpreted carefully. However, some 

trends and replicability can be seen as the some of the findings can be replicated from 

one case company to another. This thesis is still a good opening for future research. 

 

The chosen data collection technique and methodological choices of the study also 

have their own limitations, for example the lack of standardization. It may affect 

negatively to the reliability and generalizability of the findings. (Saunders et al. 2015) 

The limitations regarding the data and methodologies of this thesis are presented in 

chapter four. The selected case companies differ in terms of size and industry; 

therefore it is logical that their approaches and definitions about HR analytics and 

voluntary employee turnover differ. Furthermore, the implementation of HR analytics 

is in progress in all of the case companies and they were focusing on different HR 

areas with their HR analytics. However, the selected case companies served well the 
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purpose of this thesis. The sample was quite heterogeneous and therefore it offered 

a broader perspective on the topic. The balanced distribution between the 

interviewees was also lucrative and made the primary data rich as half of the 

interviewees worked directly in the HR function and the other half represented the 

business development and analytics side.  

 

The limitations of this thesis should be considered with its scope and goals. The scope 

was in relatively high level and the core purpose of this research is to deepen the 

understanding of how HR analytics can be utilized in voluntary employee turnover 

purposes. This topic was chosen, because there is a lack of scientific literature that 

combines HR analytics and employee turnover. To maintain the scope, many 

interesting areas had to be overlooked. The readers of this thesis may recognize these 

parts as inspiration for future research. 

 

6.5 Future research  
 

HR analytics offer many future research directions as the topic is relatively new and 

the amount of empirical studies is limited.  

 

Applying predictive analytics on employee turnover purposes still proves to be an 

interesting future research direction. In the future, it will be important to identify which 

data mining techniques are the best and the most suitable in particular situations and 

also the accuracy of different predictive methods should be upgraded. Unfortunately, 

when contacting the potential case companies, it became clear that HR analytics are 

still rarely utilized in employee turnover management purposes in Finland. 

Furthermore, it is challenging to convince companies to participate in such studies in 

general because employee-related data is confidential. In the future, the technological 

perspective could be ramped up all the way to the prescriptive analytics. Prescriptive 

analytics goes beyond determining the employees who are at the risk of leaving the 
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company to determine what should be done about it. In other words, prescriptive 

analytics offers recommendations. 

 

This thesis focuses on managing employee turnover with HR analytics. Further 

potential research areas lie in identifying and examining other HR areas where the 

application of HR analytics might be lucrative. HR analytics can be applied for example 

to recruitment and personnel selection and to employee engagement issues. 

Furthermore, technology and HR analytics are rapidly developing, and it will open up 

possibilities for instance on the HR data collection. It will be interesting to see what 

kind of potential IoT devices, for example wearable technology, hold in terms of HR 

data, metrics and analytics. 
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APPENDICES 
Appendix 1 The interview framework 
  

BACKGROUND INFO 
Position:  
Tenure:  
Experience of working with HR analytics: 
 
INTERVIEW QUESTIONS 
 
(a) the company’s view on elements which affect voluntary employee turnover,  

- What kind of employees work for the case company? 
- How do you measure employee turnover?  
- How do you retain high-performing employees?  
- Voluntary quitting of high performers is dysfunctional turnover which the firms 

always want to stop. Do you know what are the factors leading to turnover 
intention amongst the staff in the case company? 
(individual/organizational/mediating factors) 

 
(b) current data, metrics and technology used for voluntary employee 
turnover/HRM   

DATA AND METRICS 
- What are the primary HR data sources in your organization? (IT systems, exit-

interviews, employee satisfaction surveys etc.) 
- What kind of data you have about your employees? (demographics etc.) 
- What kind of metrics you have on HR, especially related to employee 

turnover? (efficiency, effectiveness, impact)  
 
EMPLOYEES’ KNOWLEDGE AND EXPERIENCES OF ANALYTICS 

- How would you define HR analytics? 
- Are you currently using any HR analytics tools or reports in your job? How 

often? 
- What is the level of capabilities and skills in HR function related to usage of 

analytics? 
- Who is conducting the HR analytics for HR function? 

 
THE STATUS OF HR ANALYTICS CURRENTLY 

- What is the level of HR analytics at the moment? (descriptive, predictive, 
prescriptive) 

- What are the main areas where the case company utilizes HR analytics? 
- Benefits of HR analytics so far? Insights alone have limited value unless they 

can be translated into managerial actions.  
- The role of analytics in business decision-making currently: How are decisions 

taken in the overall organization & in the HR department? Based on 
experience and instinct or based on data and analytics? 

- Does the case company use predictive analytics in any areas of its business? 
What kind of models? Who uses the models? 
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- How would you describe the role of HR analytics in managing the employee 
turnover currently? Do you have any prediction models for employee churn? If 
yes, what is the accuracy of different models? 

 

(c) the future possibilities of HR analytics on voluntary employee turnover 
- What kind of expectations the case company has for HR analytics and its 

utilization? What are the main development areas in terms of HR analytics? 
What would be the benefits of more advanced analytics? 

- Three significant requirements for HR analytics success in a review of the 
academic literature are having HR professional analytical skills, gaining 
managerial buy-in and having HR information technology. How do you see the 
readiness/capabilities of the case company regarding the development of HR 
analytics and predictive models? What resources does development require?  

- How could predictive HR analytics help in managing the voluntary employee 
turnover in the future? Should the case company develop predictive models 
for employee turnover? What kind of models? 

- SWOT-analysis of HR analytics 
- How do you see the overall role of HR analytics in the future? 

 

 

  
 


