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The objective of this study was to produce knowledge and understanding on the critical 

factors of trust when developing sustainable knowledge work, by using artificial intelligence 

services to collect self-generated employee data. This study integrated research on adopting 

advanced technologies, trust and psychological contract in organization. Technology 

adoption is considered to impact trust in employee-employer relationship. Psychological 

contracts play important role in trust in employment relationship especially in situations of 

change and disruption such as adopting artificial intelligence in organization.  

 

Research was performed as explorative due to complex nature of trust and novelty of AI -

technology adaptation in organization. The empirical research included interviews with 

national AI-research experts with multi-disciplinary backgrounds. In this research, two 

scenarios where employee data is collected, stored, and used for AI-based tools in the context 

of knowledge work, were created. Interviews constructed around these two scenarios and 

trust-related matters they provoked. 

 

This research provided a multi-disciplinary and holistic expert view of the factors effecting 

employee trust in organizations adopting AI-based services, that use employee-generated 

data, for developing knowledge work. A holistic conceptual model of the complex and multi-

faceted nature of the critical trust-related factors of AI-technology adaptation was created 

emphasizing the psychological contract renegotiation process. This process is complex and 

characterized with tensions having the possibility in both build and harm employee trust.  
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Tämän tutkimuksen tavoitteena oli lisätä tietoa ja ymmärrystä kriittisistä luottamukseen 

vaikuttavista tekijöistä kehitettäessä tietotyötä ottamalla käyttöön tekoäly -palveluita, jotka 

käyttävät työntekijän itse tuottamaa dataa. Tutkimuksen viitekehykseen integroitiin 

tutkimustietoa tekoälyteknologioiden käyttöönotosta organisaatioissa, luottamuksesta ja 

psykologisesta sopimuksesta. Teknologian käyttöönotto vaikuttaa työntekijän ja työnantajan 

väliseen luottamukseen. Tässä luottamussuhteessa keskeisessä asemassa on psykologinen 

sopimus, jonka luonne korostuu etenkin työn muutostilanteissa kuten esimerkiksi 

uudenlaisen teknologian hyödyntämisessä. 

 

Tekoälyteknologioiden uutuuden ja luottamuksen monimutkaisen luonteen vuoksi tutkimus 

on eksploratiivinen. Tutkimuksen empiirinen osio koostui haastatteluista, joihin osallistui 

monitieteellinen joukko kansallisia tekoälytutkimuksen asiantuntijoita. Tutkimuksessa 

luotiin kaksi erillistä tulevaisuudenkuvaa tekoälypalveluista, joissa työntekijän data 

kerätään, säilytetään ja käytetään tekoälypohjaisilla työkaluilla tietotyön kontekstissa. 

Haastattelut rakentuivat kahden tulevaisuuskuvan ja niiden herättämien 

luottamusnäkökulmien ympärille.  

 

Tässä tutkimuksessa muodostettiin monitieteellinen ja kokonaisvaltainen 

asiantuntijanäkemys niistä tekijöistä, jotka vaikuttavat työntekijän luottamukseen, kun 

organisaatiot ottavat käyttöön tekoälypohjaisia palveluita. Tutkimuksessa tuotettiin 

käsitteellinen malli kriittisistä luottamukseen vaikuttavista monitahoisista tekijöistä, kun 

organisaatiossa otetaan käyttöön tekoälypohjaisia palveluita. Mallissa korostuu 

psykologisen sopimuksen uudelleen neuvottelun prosessi. Tämä prosessi on monitahoinen 

ja voi sisältää jännitteitä, jotka luovat niin mahdollisuuksia kuin haasteitakin työntekijän 

luottamuksen rakentumiselle.  
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1  Introduction 

The world has experienced socio-economic change in the last century. This has led to the 

huge growth of service sector, the birth of knowledge work and a shift towards consumer 

economy. Organizational forms and practices have changed and especially management 

practices and control with the modern knowledge worker has reformed in the development 

of knowledge work itself. (Kärreman & Alvesson 2004, 150) In addition, leaps in technology 

development have caused significant changes to work, skills, organizations, and society. 

Advanced technologies are creating new jobs and restructuring the existing ones. (Willcocks 

2020, 286-287) New technologies such as Artificial Intelligence (AI) will transform 

expertise in organizations, reshape work and its boundaries and offer new ways of working.  

AI can help develop the organization (Sumbal et al. 2017) and knowledge work but the use 

of AI carries risks related to employee surveillance, loss of privacy, and increasing employee 

control (Faraj et al. 2018; von Krogh 2018; Kellogg et al. 2020). The Covid-19 pandemic 

exposed insufficient digitalization in organizations, unfinished infrastructure and uneven 

access to it, lack of training and interoperable or rigid analogue practices. Pandemic and its 

impact to working environments, such as quick transformation to digitalized world, has 

raised fears of panoptical surveillance and issues of trust. (Faraj et al. 2021) 

 

1.1  Modern sustainable knowledge work 

Due to its nature, knowledge work requires use of information technology and 

communication tools and demands planning and innovative thinking. Knowledge work 

involves working with abstract knowledge and symbols and has a low level of 

standardization. (Alvesson 2001, 883; Pyöriä 2005, 124) Knowledge worker needs control 

that focuses on relations, emotions and social identities instead of traditional bureaucratic 

control (Kärreman & Alvesson 2004, 152). Advanced technology will transform the nature 

of knowledge work by enabling solutions to complex problems with high speed and 

productivity (Clifton et al. 2020, 19). In the future, advanced technologies will push 

knowledge work to lean more and more in human centred tasks, which requires social and 

emotional intelligence as well as contextual perspective (Østerlund et al. 2020).  
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Modern sustainable knowledge work can be understood with the help of sustainable 

employability which consists in three components: capabilities developed throughout work 

life, sense of valuable contribution through work and well-being. In a sustainable way of 

working, attention will be paid to what aspects now and in the future is important in person-

work balance and which resources are needed to achieve values and goals i.e., to be 

productive. In sustainable way of working, well-being is seen as a resource. (van der Klink 

et al. 2016, 74) Thus, sustainable knowledge work be a balance between these three: 

creativity, productivity and well-being.  

 

Places of knowledge work has changed. The Covid-19 pandemic that emerged in spring 

2020 pushed many knowledge intensive organizations quickly transform their processes to 

remote work setup. Remote work is performed outside the traditional office space, for 

example at home or in other similar premises (Felstead & Henseke 2017, 195). The benefits 

of remote work are widely recognized. Working remote offers flexibility for employees in 

working and work-life balance, it can reduce the cost of space for organizations, but also 

improve productivity by knowledge sharing. (Suh & Lee 2017, 141) Remote work results in 

greater autonomy and self-efficacy that enhances creativity but also challenges leadership 

and managerial work (Naotunna & Zhou 2018, 305). Despite the positive effects, remote 

work can also have negative psychological effects such as difficulties in work-life balance, 

fatigue and mental demands (Kotera & Vione 2020).  

 

1.2  Artificial Intelligence enters the work scene 

Artificial intelligence is a term often used to describe advanced technologies that have the 

capacity to perform tasks that require similar skills as human intelligence (Glikson & 

Williams 2020). Different fields of society have been able to adapt AI as part of their 

processes due to cheaper IT hardware and the computer capabilities of data storage and 

collection, the development of cloud technology and open code resource (von Krogh 2018, 

404; Al Mansoori et al. 2020, 163). However, AI has been warned to increase global 

economical and equality gap as it is more accessible in some countries and economies, which 
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are the ones to benefit from the progress of technology (Clifton et al. 2020, 3, 5). AI has 

entered work organizations and has an important role especially supporting the economic 

success (Jarrahi 2018, 577; von Krogh 2018, 404; Østerlund et al. 2020). AI can replace 

some tasks, and this has an effect in the job itself (Chang 2020, 382-383). Workers might 

need to change their occupations, create new identities, new ways of working and a mix of 

different skills to be able to work in future workplaces (Faraj et al. 2018). Skills required for 

future work are digital and technical but also cognitive. These new competencies can 

unfortunately also lead to inequality in the workforce, as the gap between the ones that have 

new competencies and the ones that have not the possibility to learn, continue to grow. (Faraj 

et al. 2018; Willcocks 2020, 297; Østerlund et al. 2020)  

 

Critical AI -studies have examined the effects of the use of advanced technologies on clients 

and other stakeholder groups outside the organization, but less on organizational effects on 

employees, managers and other relevant stakeholder groups (Leicht-Deobald et al. 2019, 

378; Chang 2020; Østerlund et al. 2020). AI research can be divided into three categories: 

cognitive, structural and relational research (Makarius et al. 2020, 264). Makarius et al. 

(2020, 264) highlights the importance of relational research of AI and urges “a shift … in 

the study of AI management, from a focus on AI as an application and technique to AI as a 

collaborator, building understanding of how to effectively integrate it to achieve a 

competitive advantage for the adopting organization.” AI and employee relations -research 

has focused on outcomes in three levels, organizational level (AI as demands and resource), 

managerial level (managers’ view on AI and AI driven policies) and individual job level (job 

security, intelligence requirement) (Chang 2020, 382-383).  

 

Human-AI collaboration is relatively new topic that has not received enough attention 

among researchers (Glikson & Williams 2020; Østerlund et al. 2020; Sowa et al. 2021). 

However, successful use of AI depends largely on the acceptance of those whose jobs it will 

affect (Niehueser & Boak 2020, 122). There is a strong recommendation to study this social 

perspective of the use of AI. Many studies of AI integration in organization takes 

technological perspective, focusing on certain technology features. However, AI methods 

are considered performative because they alter and shape work and organizational realities. 
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This raises questions of expertise, occupational boundaries and control and coordination of 

knowledge work. A human centred approach in the context of work, should be considered, 

taking into consideration employees´ perspective and trust. (Faraj et al. 2018; Glikson & 

Williams 2020)  

 

1.3  The role of trust 

Recent studies conclude that as the organizational environment is becoming more complex 

with rapid changes, organizations need to invest in building trust (Schafheitle et al. 2020). 

Trust is highly important in organization in building and maintaining psychological contract 

in employment relationships. Psychological contracts are present in every employment 

relationship. They explain how individual organizational members are in a relationship with 

organization and are beliefs about obligations and compensations employee has in relation 

to employer. (Rousseau 1989) Intact psychological contract has multiple benefits, such as 

higher productivity and commitment to organization but psychological contracts are often 

harmed in employment relationship in change situations. Trust defines the propensity to 

detect these harmful situations, interpret them and how they affect to employer behaviour. 

(Robinson 1996, 574 - 578)  

 

According to Cubric (2020), the social barriers for AI -adoption are lack of knowledge and 

stakeholders’ perspectives and trust, safety issues, fear of dependence on machines and job 

losses (Cubric 2020). Trust in new technologies, such as artificial intelligence, is critical for 

its acceptance, understanding, use and value creation (Lankton et al. 2015, 881; Siau & 

Wang 2018; Shin 2021). Trust in AI is different than in other technologies. As a novel and 

complex technology AI involves lack of understanding, uncertainty, and prejudice, that itself 

creates a risk of failure in trust and in adopting AI-based services (Bitkina et al. 2020; 

Braganza et al. 2020). AI -services are not transparent enough and all the participants 

included to the process of creating AI based service might not be seen or even known to the 

user. In addition, public discussion often presents AI as intentional actor that has agency. 

This raises concerns and fears towards it. (van der Werff et al. 2021) Advanced technologies 

create both uncertainty about how work will be conducted in the future in organization, but 
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also overoptimistic expectations on potential capabilities of advanced technology in 

organizations. Therefore, expectations and perceptions about AI can have an impact on trust, 

their adoption and use in organizations, even when the expectations are not realistic, or 

congruent with reality. (Clifton et al. 2020, 5; Makarius et al. 2020; Østerlund et al. 2020).  

 

AI might change trust and the relationships in organizations especially manager-employer 

relationship and therefore trust towards AI should be studied in complex organizational 

context taking into consideration employees´ perspectives (Faraj et al. 2018; Glikson & 

Williams 2020; Kellogg et al. 2020). Much attention is required when AI is developed, 

deployed and used in situations where the power of information is asymmetric, such as 

between employers and workers (European Commission 2019b). When adopting AI -based 

tools in organization, the effects on the employees or stakeholders should be evaluated 

carefully (Crawford & Calo 2016, 313; Faraj et al. 2018). Trust in AI should be studied in 

its context as trust-related factors with AI is always connected to contextual factors (van der 

Werff et al. 2021).  In addition, when there is a need to personalize the AI tools, studying 

the perceptions and expectations of the ones that are subjected to the project, is important 

(Østerlund et al. 2020; Sowa et al. 2021, 141).  

 

This explorative research focuses on the critical factors of employee and stakeholder trust 

when using advanced technology in organizations to develop sustainable knowledge work. 

The research is performed with Delphi-technique to accumulate a holistic understanding of 

trust and complex AI-technologies as they create relatively novel research topic in the 

context of knowledge work.  
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2  Research questions 

Research question is as follows:  

How can organizations maintain employee and relevant stakeholder trust when using 

employee data to develop knowledge work?  

- What factors impact employee and relevant stakeholder trust in AI-powered project that 

use self-generated employee data?  

- How should organizations implement AI -powered sustainable knowledge work project? 

 

Theoretical research objective is to produce knowledge and understanding on the critical 

factors of trust when using AI -powered employee data to develop sustainable knowledge 

work. More practical research objective is to create a process model of the trust-related 

factors that organizations should consider maintaining employee trust when designing AI-

powered projects that collect and use self-generated workplace and employee data. The 

dimensions of this study are presented in figure 1. 

 

  

Figure 1. The dimensions of the study 
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As described in figure 1, the studied phenomenon is Artificial intelligence in organization 

and work development with self-generated employee data. The context of this study is 

modern knowledge work involving interdependent teamwork and the use of AI in 

developing knowledge work. The AI context focuses on intelligent automation, excluding 

robotics as embodiment of AI. The theoretical positions of this research are Psychological 

Contract Theory (PCT) (Rousseau 1989) and the latest contemporary research on 

organizational trust and AI. This research applies structural and relational perspective of AI 

(after Makarius et al. 2020) as it focuses on trustworthy AI and its successful implementing 

in organization and the complicated nature of human-AI relationship in the workplace. In 

this research the factors of trust are not restricted but are studied inductively in all possible 

levels from organizational-, managerial- to individual level (after Chang 2020) and even 

industry-, national- or global levels are included when applicable. In addition, all forms of 

trust, organizational-, intrapersonal- and system trust (after van der Werff et al. 2018) as 

context of work includes all of them. 

 

AI -technology is a new technology that has massive potential but also big risks. Among 

humans in the organization, AI technology creates uncertainty and prejudice, and due to its 

complex nature, lack of understanding. (Bitkina et al. 2020; Clifton et al. 2020, 5; Makarius 

et al. 2020; Østerlund et al. 2020). Therefore, the structural and relational view, that focus 

on the complex relationship between human and AI (Makarius et al. 2020, 263), was selected 

to this study. The relational view of AI, trust and psychological contract in employment 

relationship can be considered to have an important role in workplaces and organizations.  

 

The study limitations are as follows. Study evaluates the ethical perspectives and stakeholder 

trust of the use of AI-powered tool only in the knowledge work context. The study focuses 

knowledge work on traditional employment, excluding more contemporary forms of 

employment such as app-work, crowdwork and capital platform work. The study does not 

evaluate technical assembly or technical details of AI or quality of different techniques. 
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3  Theoretical background 

In the next paragraphs, theoretical background of this study, the latest contemporary research 

on organizational AI, psychological contract theory (PCT) and trust in technology in 

knowledge work context are elaborated. Summary of the contemporary literature and 

framework of the study is presented in the final chapter of the theoretical background.  

 

3.1  The definition and research on Artificial Intelligence 

According to European Commission (2018, 1) “Artificial intelligence (AI) refers to systems 

that display intelligent behaviour by analysing their environment and taking actions – with 

some degree of autonomy – to achieve specific goals.” More precisely: “Artificial 

intelligence systems are software (and possibly also hardware) systems designed by humans 

that, given a complex goal, act in the physical or digital dimension by perceiving their 

environment through data acquisition, interpreting the collected structured or unstructured 

data, reasoning on the knowledge, or processing the information, derived from this data and 

deciding the best action(s) to take to achieve the given goal.” (European Commission 2019a) 

Artificial Intelligence can be divided to general AI and weak AI. General, strong AI, which 

is a superintelligence that is out of human reach, have not been yet discovered. Weak AI is 

a variety of technologies that are part of our every day, which can perform some human-

intelligence actions such as facial recognition or natural language processing. (Glikson & 

Williams 2020) 

 

The concept of Artificial Intelligence is still under debate. It can be considered an umbrella 

term that covers human-like cognitive qualities such as natural language processing (the 

process of machines understanding and analysing language), machine learning (algorithms 

that learn as they are used) and machine vision (algorithms that recognized and analyses 

images). Techniques are diverse, from neural networks to genetic algorithms. (Jarrahi 2018, 

578) As a scientific discipline, AI can be seen as including techniques, such as machine 

learning, machine reasoning and robotics (European Commission 2019b). 
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Concepts related to AI and intelligent technologies (for example automation, robotics, 

machine learning) are often used mixed or interchangeably (Glikson & Williams 2020). A 

classical definition of automation is that it is replacing human manual control, planning and 

problem solving by automatic devices and computers (Bainbridge 1983, 129). Machine 

learning is a technique, often used in artificial intelligence, which makes computers to learn 

without being explicitly programmed (Samuel 1959). Robotics is an embodiment of AI, a 

physical world AI in action. A robot and its physical appearance have an impact on how AI 

is perceived and trusted but a robot also has the challenge in working with the complexity 

and uncertainty of the physical world. (European Commission 2019a, 4) Figure 2 presents 

how the concepts mentioned earlier are considered to relate in this study. 

 

 

Figure 2. Artificial Intelligence and interrelated concepts in this study (adopted from Jarrahi 

2018) 

 

In this research, concept of artificial intelligence is used to describe all the techniques that 

mimic human-like cognitive action and include techniques such as machine learning and 

have embodiment such as robotics or intelligent automation. This research does not specify 

techniques of AI, but the context focuses on the embodiment of AI as intelligent automation. 
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3.1.1  Research on AI in organizations 

The research on technology in organization has long history. Especially technology 

acceptance and use behaviours has received much scholarly attention (Chuttur 2009, 15). 

For example, to better understand the user unwillingness to use information systems at their 

work and for organizations to better predict and explain use on information systems, Davis 

(1989, 319) developed Technology Acceptance Model (TAM). TAM is still one of the most 

popular models for explaining and predicting technology use (Chuttur 2009, 15-16). The 

research in AI as a phenomenon in organization have been active only recently (Makarius 

2020). AI research can be divided into three categories: cognitive, structural, and relational 

research. Cognitive approach focuses on the technical applicability of AI systems. Structural 

approach focuses more on how to introduce AI to the environment (organization, ecosystem 

etc.) where it is supposed to perform. Third, the relational, focus on the complex relationship 

between human and AI. (Makarius et al. 2020, 263)  

 

Cognitive perspective in AI research have tested several possibilities of AI in organization. 

This includes automated decision making in employee related functions (see Østerlund et al. 

2020), managerial tasks and collaboration (see Sowa et al. 2021), specific HR functions such 

as recruiting (see von Krogh 2018; Shrestha et al. 2019), HRM in different types of work 

such as gig economy and traditional form of work (see Duggan et al. 2017; Chang 2020) and 

employee monitoring in terms of managing employee activities (Leicht-Deobald et al. 2019, 

379). The balance between people, process and technology defines the success of an 

organization, and AI can help optimize this and increase productivity (Chang 2020, 377). AI 

applications already have a role in organizational development (Kuzior et al. 2019), 

productivity (Niehueser & Boak 2020), co-creation (Kaartemo & Helkkula 2018; Feldman 

et al. 2017), and knowledge management (Al Mansoori et al. 2020). 

 

AI based management applications are found to raise productivity among employees and 

help managers to make decisions that are more informed (Chang 2020, 379). The decision-

making process has a full potential to benefit the organizational performance once structured 
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in optimal way (von Krogh 2018, 405) and AI can support analytical approach and the 

reasoning itself by its supreme capabilities to analyse vast amount of data and creating 

diverse and possible solutions (Jarrahi 2018, 579). In employee related functions, data on 

performance is gathered with the help of AI. This analysed information can then be used to 

evaluate employees’ motivation, training needs, and healthiness. Massive amount of 

employee data can be collected under one information system to group personal data and 

profile the individual employees. (Leicht-Deobald et al. 2019, 379) In addition, knowledge 

management, with the help of technologies combined with human resource management, 

can lead to better competitiveness and performance of the organization (Andreeva & Kianto 

2012; Al Mansoori et al. 2020, 179). AI can support knowledge management processes and 

help organizations to identify, evaluate, learn, create, and transform their knowledge into 

asset (Al Mansoori et al. 2020; Benaben et al. 2020; De Carvalho Botega & Da Silva 2020; 

Wilkens 2020).  

 

Structural approach in AI -research focuses on the implementation of AI -technologies. 

Studies of organizational AI have concluded that to succeed in the use of AI in an 

organization and receive the overall benefits and productivity, AI should be implemented 

with a structured integrating process (Makarius et al. 2020, 264-265). AI needs to be 

integrated to work itself and its natural processes in order to be fully adopted. This requires 

alignment between professional fields and work and between values and machine 

capabilities. (Østerlund et al. 2020) Employees’ perceptions and expectations are crucial part 

of AI implementation as perceptions of and trust is the main barrier for  effective use of AI 

in organizations (Bitkina et al. 2020; Braganza et al. 2020; Makarius et al. 2020). Employees 

should be treated as partners in mutual design process and not just data objects (Leicht 

Deobald et al. 2019, 388). It is suggested that deployment of AI should include social-system 

analysis that evaluates whether people affected by AI decisions, have possibility to 

participate on the design process (Crawford & Calo 2016, 313; Østerlund et al. 2020). 

Successful implementation of AI in organization requires that employees are participating 

AI design process and experience the ability to influence design. This results to employees’ 

overall sense of agency in the process that supports AI adaptation. (Jarrahi 2018, 584; Sowa 

et al. 2021, 136) 
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According to Seeber et al. 2020, AI implementation design process can be divided in three 

dimensions, machine artefact design, collaboration design and institution design. The design 

choices that are made these dimensions, result into different kind of consequences in the 

organization. Depending on the paths taken, the effects of AI can be positive or negative: 

team knowledge can be augmented or depleted, technology can be accepted or rejected, trust 

can be built or lost, group dynamics can be positive or negative, health can be enabled or 

risked, and jobs can be created or lost. (Seeber et al. 2020) AI causes significant uncertainties 

among workers. Their wellbeing must be protected during implementation project, and 

information and support for the employees must be available. (Bitkina et al. 2020, 282; 

Braganza et al. 2020; Makarius et al. 2020) In the end, trust is one of the critical elements of 

AI acceptance and successful use in organization (Siau & Wang 2018, 52). Therefore, the 

third view of AI -research, and the approach of this study, the relational approach (Makarius 

et al. 2020) is elaborated next.  

 

3.1.2  Relational research on AI 

Relational view of the AI research focuses on AI as a collaborator and this way successful 

integration of AI in the organization. However, the relational view in AI research has been 

on the shadow. Issues of trust is the most dominant field this research view. (Makarius et al. 

2020, 264) The academic field of human-computer interaction has proposed principles, 

guidelines and strategies for designing interfaces and interaction for applications for over 20 

years (Amershi et al. 2019). Recent years human computer interaction has turned its focus 

more on collaboration, connection, emotion and communication. However, much of it 

focuses still on the willingness to use and liking certain interface and on the environment 

where it will be used. (Lazar et al. 2017, 1-5)  

 

Glikson and Williams (2020) stresses that even though most of the research on human-AI 

dynamics is studied in engineering and information system sciences, organizational 

researchers should bring important perspective of micro- and macro –level factors of AI 

adaptation in organizations. As AI and robots take more tasks in organizations, more 

research is needed on how employees perceive and experience different form of AI as co-
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workers in value co-creation (Kaartemo & Helkkula 2018; Sowa et al. 2021, 140). In the 

studies about expectations towards AI, it is concluded that the weaker the understanding of 

AI, the more negative aspects rise in perceptions (Sowa et al. 2021, 140).  

 

Employees lay certain expectations and attitudes towards AI as a co-worker. When dividing 

managerial tasks with AI, humans prefer to leave repetitive, administrative tasks and work 

organizing to AI. In addition, AI is preferred to be more of a reactive partner than proactive 

and more submissive assistant than challenging collaborator. (Sowa et al. 2021, 138-139) In 

Ashktorab et al. (2020), human perceptions about collaborative AI were negatively loaded 

and perceptions about human counterpart unrealistically positive. However, these 

perceptions had no effect on the results, the success or failure on the task. Since AI has little 

or no effect to the result, there is no need to hide AI features in applications or digital tools 

(Ashktorab et al. 2020; Oksanen et. al 2020). However, in some work professions, such as 

in data science teams, AI is already considered as important collaborator, making 

recommendations, and offering alternatives (Wang et al. 2019).  

 

Productivity and innovation have found to increase due to AI collaboration (Feldman 2017, 

422; Jarrahi 2018; Sowa et al. 2021). What is however missing in the discourse among 

human and AI in the workplace is the relationship between the two. We need to explore how 

to combine the strengths of human and the strengths of machine in the most effective way 

(Jarrahi 2018, 579; von Krogh 2018, 408; Shrestha et al. 2019). The right balance of AI 

technology and people in the organization can lead to sociotechnical capital, which is 

important for competitive advantage (Makarius et al. 264-265). Ethical consideration is 

important when considering AI use in organizational functions. Difficult questions about AI 

design choices, managerial guidelines, data collection and supervision, data analysing 

practices, accessibility to data and its use, policies and protocols and validation and 

reverification should be discussed and solved in every AI- collaboration project (Faraj et al. 

2018; Chang 2020, 381). Next, more alarming consequences of AI use in organization is 

discussed. 
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3.1.3  Outcomes of AI use 

Most AI research in business and management has been positively loaded, concentrating on 

improved decision-making, learning and performance with the help of AI. These studies 

often highlight the impact of AI to the economic value that is reached from efficiency, and 

the reports from the results of studies can be overly optimistic. (Cubric 2020; Kellogg et al. 

2020, 267) AI-related risks, the predictions and assessment about future consequences 

beyond economic value are mixed (Faraj et al. 2018; Braganza et al. 2020; Niehueser & 

Boak 2020, 122). Many researchers have demanded for more realistic discussion on AI in 

terms of its possibilities and limitations (see von Krogh 2018, 404; Leicht-Deobald et al. 

2019, 377; Kellogg et al. 2020, 367). Even though AI and its mechanisms can be considered 

computer science and mathematics, understanding the basics AI is fundamental abilities of 

leaders in organization (von Krogh 2018, 405). They are often the ones making the decisions 

about the use of AI in certain tasks and they must be aware of the possibilities but also 

negative consequences of AI. (Shrestha et al. 2019; Chang 2020) Østerlund et al. (2020) 

goes even further and suggests that not only leaders but also workers too, should understand 

the capabilities and limits of AI and the role AI plays in tasks, service, and organization or 

in ecosystem. The AI terminology can be misleading and for example term “intelligence” 

can create belief that machines understand. This can lead to overestimating AI potential in 

the organization and the problems of errors and biases to go unnoticed. (Clifton et al. 2020, 

5; Østerlund et al. 2020) 

 

AI systems can carry severe risks that have negative consequences. The data itself can be 

messy and biased, the algorithm can be discriminative by its design and output, and 

explainability can be opaque. (von Krogh 2018, 408; Kellogg et al. 2020, 374-383) Ethical 

awareness is vital, as biases can exists in any AI –assisted practice, such as employee 

recruitment, evaluation, or performance appraisals. AI tools created can always reflect the 

belief system of their developers and designers. (Faraj et al. 2018; Leicht-Deobald et al. 

2019, 382; Østerlund et al. 2020) Regulatory infrastructure for AI technologies is only 

developing and still very reactive. Bias, when working with AI, is bound to happen and if 

not carefully avoided, will reinforce existing discriminatory gender and ethnic practices. 

(Clifton et al. 2020, 19) 
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In organizations, the use of AI has impact on those affected by AI –based decisions (Leicht-

Deobald et al. 2019, 378; Clifton et al. 2020, 6; Kellogg et al. 2020, 367). AI in employee 

related functions can impact to organizational performance, employees´ well-being and staff 

turnover rate (Chang 2020, 382-383). AI shape the traditional manager-employee control 

relationship. In contrast to the traditional technical (time stamps) and bureaucratic (rules and 

roles) control in the organization, the use of AI in the organization has brought a new form 

of employee control, the “algorithmic control”. Algorithmic control exploits wider and fine 

grated data on employee, instantaneous feedback, interactivity promotion and opaque 

control. (Kellogg et al. 2020)   

 

With the help of AI, employers can direct employees by recommending based on past 

employee working data. Suggestions can frustrate the employee and increase the feeling of 

powerless when decisions are heavily directed. Inequalities may be reinforced as the possibly 

biased algorithm classifies people. (Kellogg et al. 2020, 374) Employer can limit the 

employees’ voice dramatically by restricting certain information and can create insecurity 

and suspicion among employees. In addition, employees’ sense of autonomy is reduced by 

applying information on them and creating information imbalance between management and 

employees. (Leicht-Deobald et al. 2019, 378; Kellogg et al. 2020, 367) Using AI in 

organization may provoke trust issues, as the employees have difficulties in knowing which 

data is collected on them and is the data accurate and correct (Kellogg et al. 2020, 378). 

When employees are exposed to personalized AI-powered interaction, there is a danger of 

being exposed to only narrow slice of information, which shapes their prior interaction and 

can harm diversity of knowledge, knowledge creation and ultimately, innovation (Faraj et 

al. 2018; Østerlund et al. 2020).  

 

Employers can use AI –based recording as a form of evaluation combining, and reporting 

information on employee from different internal and external sources (Kellogg et al. 2020, 

371). Combining data from various sources can lead to unexpected negative consequences 

such as discrimination and non-neutral views. AI technologies learn from past behaviour of 

people and this can turn out to be poor representative. Predictions made by AI may reduce 
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people in boxes, without understanding the complex nature of individuals, their 

intentionality, and their desires. Prediction based on digital representation can differ from 

their real one, leading to evaluating by their propensity to act certain ways then their action. 

(Faraj et al. 2018; Kellogg et al. 2020, 374-383) AI-based rewarding allows interactive and 

dynamic rewards on high performing workers by giving more opportunities and better pay. 

Rewards can be disguise to a fun game to compete in achieving goals. This gamification can 

have an impact to workers ability to set moral and practical boundaries for their labour. The 

hidden details of the reward system and the rapid response in it can create greater stress and 

feelings of frustration. (Kellogg et al. 2020, 374-383) 

 

AI use and surveillance can lead to employees to monitor and control their own behaviour 

as desired in organization, but the feeling of constant surveillance leads to sense of losing 

privacy (Faraj et al. 2018). Leicht-Deobald et al. (2019) have suggested that AI based 

decision making can shift the delicate balance between employees’ personal integrity and 

compliance in the favour of compliance. This happens when humans are forced to blind trust 

in process and rules that diminished the human sense. AI based decision making does not 

nourish the moral imagination i.e., awareness of contextual moral dilemmas and to creating 

new solutions. (Leicht-Deobald et al. 2019, 378) Knowledge workers will try to counteract 

these new ways of control and surveillance by gaming strategies, limit or censor their 

participation or use political resources to alter the basis of their evaluation. To gain control, 

knowledge workers are in constant battle to working with the AI or working the AI. (Faraj 

et al. 2018) 

 

AI can harm the psychological contract in employment relationship. Psychological contracts 

have significant and positive effect on job engagement and trust in the employer. When AI 

is introduced to organization, positive effects of psychological contracts, engagement, and 

trust, decrease significantly, impacting this way to psychological contract. (Braganza et al. 

2020; Chang 2020, 382) Trust defines the propensity to detect these harmful situations, 

interpret them and how they affect to employer behaviour. (Robinson 1996, 574 - 578) With 

all the possible AI-related risks in organization, trust and psychological contract seem to be 
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central in influencing the consequences to employment relationship and employee. Next, the 

theory of psychological contract is elaborated. 

 

3.2  Psychological contract theory (PCT) 

Psychological contract theory is a framework to understand the relationship of employee to 

employer and organization (Zhao et al. 2007, 648). Psychological contracts are always 

present in employment relationship. They are individual beliefs about the obligations 

between individual and organization and are important to individual employees but also to 

organization. Trust is in the foundation of psychological contract. Trust for psychological 

contract comes from a belief that contribution is reciprocated where both parties are in a 

relationship with one another and have an impact on one another (Rousseau 1989). 

Psychological contracts have several positive effects but when psychological contract is 

harmed, the consequences can be profound (Robinson 1996, 578).  

 

There is a danger of subjective experience of psychological contract breach in times of 

disruption (Rousseau et al. 2018, 1082). Trust in employer has a mediating role in the 

relationships between psychological contract breach and employees' behavioural reactions 

to it (Robinson 1996, 596). After breach has occurred, the psychological contract is possibly 

repaired or renegotiated and restored in a new form. However, psychological contract can 

be harmed in breach in such way that psychological contract and trust cannot be restored. 

This leads to more severe consequences such as individual leaving the organization. 

(Rousseau et al. 2018, 1082) Organizations should focus on trust and psychological contracts 

when making changes in the organizations or in the routine working habits and be aware of 

the possible negative effects on psychological contract breach and consequences to 

employees (Robinson 1996, 578, 596). The following chapters will present the dynamic 

nature of psychological contract, its violations and the role of trust in this. Finally, how 

psychological contract can be supported is discussed. 

 



25 
 

 

3.2.1  The dynamic nature of psychological contract 

Psychological contracts are subjective, unwritten, and unspoken presumptions that may not 

be agreed on or even voiced. As Morrison and Robinson (1997, 229) conclude, 

psychological contract is: “… employee's beliefs about the reciprocal obligations between 

that employee and his or her organization, where these obligations are based on perceived 

promises and are not necessarily recognized by agents of the organization”. Psychological 

contracts are not however perceived job obligations and expectations, such as salary or 

certain office space, that have formed from past experiences or social norms. Psychological 

contracts are employees’ beliefs about what they are entitled to receive. (Robinson 1996, 

575) Psychological contracts include informal arrangements, mutual beliefs, common 

ground, and perceptions between the two parties. They are a constructs of mental models 

i.e., schemas people hold about employment, the promises of employment and the extent of 

agreement between the parties. (Rousseau 1989)  

 

Psychological contracts are constructed in time and requires no previous experiences or 

encounters of the matters related to it. For example, psychological contract can be created 

during recruitment already in pre-employment stage. (Rousseau 2001, 511 - 512) 

Psychological contracts have significant and positive effect on job engagement and trust in 

the employer (Braganza et al. 2020). Psychological contract helps in engaging in innovative 

and spontaneous behaviours, that may not be part of the official job description or duties but 

improve organizational effectiveness. Psychological contract has a role in individual joining 

and remaining in the organization. (Robinson 1996, 577) Psychological Contract Theory is 

a dynamic theory of psychological contract processes (figure 3). 
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Figure 3. Theory of psychological contract, phases and their interrelations (Rousseau et al. 

2018, 1082) 

 

Dynamic model of psychological contract consists of phases of psychological contract 

processes (intraphase and interphase) wherein the key factors that build the psychological 

contract (promises, inducements, contributions, and obligations) change over time and 

context. The phases are creation, maintenance, renegotiation, and repair. When a new 

employee enters organization, pre-existing beliefs about employer and own obligations are 

in balance. In the creation phase, these beliefs are evaluated and modified based on 

observations in the environment and interaction with other employees. Slowly, the 

psychological contract stabilizes and finds its form in employees mind in the maintenance 

phase. Now the psychological contract acts as a guide for employee behaviour, interaction 

and development according to perceived obligations. The maintenance phase lasts until a 

disruption occurs. (Rousseau et al. 2018, 1082) 

 

The disruption, affective event of an occurrence of change, is experienced and interpreted in 

positive or negative way. Negative interpretation is caused by the experienced imbalance 

between employer obligations and the inducements provided and psychological contract 

breach is experienced. Positive affect leads to renegotiation phase and negative to repair 

phase. In these phases, individuals make cognitive efforts to modify the imbalance of 

employer and employee obligations and inducements and contributions to eventually returns 

to maintenance -phase. If this turn out to be impossible or the breach is experienced 

unacceptable, employee might end the relationship. (Rousseau et al. 2018, 1082-1083) 
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3.2.2  Violations of psychological contract 

Psychological contract is evaluated consciously or unconsciously in times of disruption. A 

breach in psychological contract is an employee's belief of the matter and affects his or her 

behaviour and attitudes, regardless of whether an actual breach took place (Morrison & 

Robinson 1997, 247; Robinson 1996, 574). Psychological contract breach is a subjective 

experience based the expectations met and individuals’ perceptions about those expectations 

but also those expectations in a particular social context. Trust, as a social construct, is built 

within relationships and impacts those relationships at the same time. Therefore, trust has a 

significant role in individuals’ evaluation of psychological contract breach and employee 

reaction to it. The impact of psychological contract breach is due to two psychological 

dynamics: unmet expectations and a loss of trust. These both mediate the relationships 

between psychological contract breach and employees' behavioural reactions. (Robinson 

1996, 574 - 578) 

 

Initial trust in employer moderates the relationship between psychological contract breach 

and trust. The higher initial trust experienced, the less decline in trust after a breach. Trust 

in employer may influence employee's recognition of a breach, interpretation of that 

perceived breach, and reaction to perceived breach. People tend to seek out and focus on 

information that confirms prior cognitions, and avoid or ignore information that disconfirms 

them. Therefore, trust in employer, as a positive attitude, will influence the likelihood that 

an employee will perceive a breach by his or her employer. (Robinson 1996, 574 - 578) As 

Robinson (1996, 577) explains, “An employee with low prior trust is more likely to look for, 

find, and remember incidents of breach, even in the absence of an objective breach, because 

it is consistent with his or her low prior trust.” Initial trust has a key moderating role in the 

consequences of a psychological contract breach. An employee with high prior trust 

perceives the breach consistent with that prior trust and interpret it in relatively neutral or 

positive terms (e.g., viewing it as an unintentional event or a misunderstanding). As a result, 

the employee maintains a relatively high level of trust in the employer, despite the perceived 

breach. In contrast, an employee with low prior trust will interpret breach in a more negative 

light (e.g., as a deliberate dishonest act or as intentional betrayal) and the employee will lose 

the most trust in employer. (Robinson 1996, 580) 
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Violation of psychological contract can be defined to affective and emotional experience of 

disappointment, frustration, anger, and resentment that may arise from determined breach 

and its circumstances. Violation is an outcome of breach, an affective state that follows. 

(Morrison & Robinson 1997, 247; Zhao et al. 2007, 669) Because psychological contracts 

are about perceptions, the experience of violation is a highly subjective and somewhat biased 

process of gathering information and making sense of that information (Morrison & 

Robinson 1997, 247). Mistrust also follows psychological contract breach as violations of 

psychological contracts decrease levels of trust between employee and employer. (Robinson 

& Rousseau 1994, 245; Zhao et al. 2007, 670). Mistrust can cause feelings of betrayal and 

arousals for revenge, instead just overall sadness and therefore is a very specific consequence 

of breach. (Zhao et al. 2007, 670)  

 

Failure to meet expectations damages the whole relationship between employer and 

employee and can have damaging consequences to work too (Rousseau 1989; Morrison & 

Robinson 1997). Negative consequences are many, such as negative impact to trust, 

satisfaction, and intentions to stay (Robinson & Rousseau 1994, 245). However, Zhao et. al. 

(2007) suggests that psychological contract breach do not cause actual turnover. Although 

employees’ intentions to leave may increase due to psychological contract breach, they may 

not actually withdraw from the organization. (ibid.) Long term effects of psychological 

contract breach and violation are less researched. Experienced breach reduces employees' 

career aspirations and increases their experienced career constraints. (Zacher & Rudolph 

2021, 91)  

 

3.2.3  Repairing psychological contract 

Psychological contract breach is bound to happen in employment relationship (Robinson & 

Rousseau 1994, 255). Changes in employment relations and change in organization and its 

environment always have an effect to psychological contract as they create uncertainty about 

its fulfilment. (Rousseau 1989; Morrison & Robinson 1997, 238) Strong initial trust, trust 

created in the beginning of the employment relationship, will protect the experience, 
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interpretation and consequences of psychological contract breach (Robinson 1996, 574 - 

578). Sometimes psychological contract breach cannot be avoided but the negative 

consequences and destructive reactions can be reduced by honesty and genuine discussion 

about the situation where breach have been experienced (Robinson & Wolfe Morrison 2000, 

543).  

 

The use of AI in employee-employer relationship, whether it be a management or work 

development, can be considered a disruption and change. Organizational use of AI has been 

found to harm the psychological contract (Braganza et al. 2020; Chang 2020, 382-383), if 

employees feel being over watched or the data being abused a breach in the psychological 

contract is experienced (Chang 2020, 382). The adoption of AI in organization may lower 

the level of employee engagement. As engagement impacts positively to trust in employer, 

decline in engagement decreases trust too. In addition, AI-adoption may create a new form 

of psychological contract, “alienational contract” between employer and employee that may 

replace the relational contracts. Alienational contract is sporadic and technologically 

orientated, where interaction with algorithms and data-driven decision making is 

emphasized. (Braganza et al. 2020) 

 

Trust, shared information, mutual agreements and mutual understanding of promises and 

obligations and the recognition of power distance with its effect in employment relationship, 

is important in supporting psychological contracts. (Rousseau 1989; Zhao et al. 2007, 671) 

When a breach occur, renegotiation might follow. In renegotiation phase the employees 

revise old obligations whether by discussing the obligations and arrangements with the 

employer or by individually modifying the mental models that form the psychological 

contract to reflect the understood new conditions. The central driver of psychological 

contract change is employee and employer promises. Goal consistency will determine 

whether the promissory cues are accepted, and psychological contract revised. In 

renegotiation phase, employee already have knowledge about employer. This information 

can be shared to increase mutual understanding. From renegotiation back to psychological 

contract maintenance phase requires psychological contract changes. If the changes are small 

in nature and well defined, they cause positive effects, and the transition happens faster. 
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Also, timing is important. Employer promises should not be delayed, and the breach should 

be addressed as soon as possible. (Rousseau et al. 2018, 1090-1091) 

 

Negative disruption, when something conflicts the existing psychological contract, leads to 

repair -phase. In this phase employee evaluated environmental data and the disparity 

between employer obligations and inducements and the treatment of employee. This 

negative effect needs to be reduced and psychological contract revised in order to return to 

maintenance phase. Again, the fast delivered employer promises and goal -consistent 

inducements can reduce negative affect and allow successful revision psychological 

contract. Inducements and promises should promote sense of fairness and sincerity of 

employer. Unless negative affects cannot be reduced, past breaches come to play, making it 

even more difficult to return to review the psychological contract. Psychological contract 

breach will depend on employer responsiveness and the time it takes. (Rousseau et al. 2018, 

1091-1092) 

 

Employers should pay attention to employees’ emotional states and addressing them when 

needed before negative consequences of breach occur (Zhao et al. 2007, 671). Organizations 

should actively focus in maintaining trust with their employees to protect them from the 

negative effects of potential psychological contract violations. Early in the employment 

earned trust and employees sense of trust is the strongest in protecting negative consequences 

of contractual breaches that are bound to be experienced in this rapidly changing 

organizational life. (Robinson 1996, 596) Implementing AI requires great attention, and 

managers have the responsibility to acquire knowledge on AI adoption in an appropriate 

manner. This requires engaging employees and in a manner that does not feel threatening. 

(Chang 2020, 382-383) Managers need to be aware of the negative effects of AI adoption in 

psychological contract and prepare employees to it (Braganza et al. 2020). Due to its central 

role, trust becomes valuable in AI -adoption. In the following chapters, trust in technology 

and trust in AI is elaborated. 
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3.3  Trust in the context of AI 

Trust is a complex, multifaced phenomenon and in the interest of scholars from all fields of 

science (Mayer et al. 1995, 712; Adler 2001, 218). Mayer at al. (1995, 712) defines trust 

with a concept of vulnerability: “The willingness of a party to be vulnerable to the actions 

of another party based on the expectation that the other will perform a particular action 

important to the trustor, irrespective of the ability to monitor or control that other party.” 

In line with Mayer et al. (1995) general definition of trust, McKnight et al. (2011, 2) defines 

trust in technology as “situations…where one has to make oneself vulnerable by relying on 

another person or object, regardless of the trust objects will or volition”.  

 

According to literature, objects of trust can be human, system or a collectivity (Chowdhury 

2005, 312). Mechanism of trust are direct interpersonal contact, reputation, or institutional 

context (Adler 2001, 218). Adler (2001) mention three sources of trust: familiarity through 

repeated interaction, calculation based on interests, and values and norms to produce 

trustworthiness and predictability. It is important also to distinguish between what 

contributes to trust, what is trust itself and the outcomes of trust. The consequences of trust 

will be determined by the context where trust is built and used. (Mayer et al. 1995, 710-711) 

Trust has social and operational context and therefore trust should always be evaluated in its 

context (Mayer et al. 1995, 711; Oksanen et al. 2020; van der Werff et al. 2021). Contextual 

factors can be for example power balance, alternatives available or the perceived level of 

risk. The way the trustor will interpret the contextual factors will also have an impact of the 

trustworthiness evaluation. Trust will evolve as parties interact or experiences are gained, 

and trustworthiness is evaluated again. This forms a feedback loop, from the outcomes 

(consequences), back to the input (conditions). This is the dynamic nature of trust. (Mayer 

et al. 1995, 711) 

 

Trust is required to co-operate and work together effectively (Mayer et al. 1995, 712) and 

trust can give organization a competitive advantage and sustainable success (Barney & 

Hansen 1994). Trust can contribute on organizing systems (von Krogh 2018, 404) and is a 

strong and effective coordination mechanism in the era of knowledge-intensive 
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organizations (Adler 2001, 215). Employee trust is important to organization, but it becomes 

vital in crisis, disruption, or change (Gillespie et al. 2020). Trust in the workplace does not 

only include trust of employees, but also trust of all other relevant stakeholders (van der 

Werff et al. 2021). Trust is the key to accepting, developing new technologies and working 

with them (McKnight et al. 2011; Siau & Wang 2018, 47; Shin 2021). Employees need to 

engage positively with technologies to gain benefit from it (Braganza et al. 2020). In the 

context of technology, trust can be organizational, interpersonal and trust towards the 

system. Organizational trust focuses on the provider of the technology, interpersonal trust 

between the users of the technology, system level of trust focuses on the technology itself. 

(van der Werff et al. 2018)  

 

It is good to acknowledge the contextual conditions that are present when trust towards 

technology is considered. Same as trust in people, technology trust situations have two 

certain features, risk, and uncertainty. Lack over certainty of the outcomes makes trustor 

dependant and forced to take the risk to complete the task. Uncertainty links to whether 

technology will fulfil its role and prove to be trustworthy. (McKnight et al. 2011, 4-5) AI is 

often applied in environments that are highly complex, and the multi-layered process of AI 

decision-making is usually not transparent. This decreases predictability and the possibility 

to understand the logic behind decisions. (Glikson & Williams 2020) Lack of transparency 

and explainability can diminish trust to AI (Østerlund et al. 2020). AI causes complex 

challenges due to its intelligence and potentially hidden motivations (Oksanen et al. 2020). 

As the complexity of intelligent systems increases, and the demands for individual 

knowledge on technologies, it is important to evaluate individuals’ relationship with 

technology and how trust can be built in more levels of uncertainty than ever. In this context, 

logical trustworthiness evaluations may be difficult, leading to importance of heuristic 

factors and more central role of emotions in building trust. (van der Werff et al. 2018)  

 

The importance of trustworthy AI has been recognised worldwide. However, trustworthy AI 

does not only refer to technical details of AI systems, but the whole lifecycle of AI, 

considering individuals, groups and nations connected to it. The European Commission 

High-Level Expert Group on AI (AI HLEG) published 2019 Ethics Guidelines for 
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Trustworthy AI. They see that trustworthy AI has three components through systems entire 

life cycle: AI should be lawful (comply with all laws and regulations), AI should be ethical 

(adherent to ethical principles that are: respect for human autonomy, prevention of harm, 

fairness, explicability) and AI should be robust from technical and social perspective. None 

of the above conditions are sufficient itself. To develop, deploy and use trustworthy AI, it 

needs to meet several requirements: human agency and oversight, technical robustness and 

safety, privacy and data governance, transparency, diversity, non-discrimination and 

fairness, environmental and societal well-being, and accountability. (European Commission 

2019b) 

 

3.3.1  The antecedents of trust in advanced technologies 

In their model of trust, Mayer et al. (1995) describe the elements of the trustor and the trustee 

as conditions of perceived trustworthiness. The characteristics of the trustee are perceived 

ability (trustee can influence some matter), perceived benevolence (belief that the trustee 

want to do good to the trustor) and perceived integrity (trustees supposed acceptable 

principles). Ability includes competence, benevolence includes openness and integrity 

includes factors such as fairness, reliability, and value congruence. In addition, the trustors’ 

propensity to trust as a stable trait is affecting the trust itself but also these factors of 

perceived trustworthiness. (Mayer et al. 1995) According to Adler (2001, 218), the building 

blocks of trust are consistency and contract, benevolence, loyalty, concern, goodwill and 

fiduciary, honesty and integrity, openness, and competence. There is an ongoing debate on 

how trust is defined in technology context and whether the dimensions of trust theories are 

applicable to technology. In a system level trust, the dimensions of ability and predictability 

may be clear but the evaluation if integrity and benevolence is more complex. (van der Werff 

et al. 2018)  

 

McKnight et al. (2011) suggest three set of concepts that are behind technology trust. The 

measures that interact with each other are propensity to trust general technology, institution-

based trust in technology and trust in specific technology. Propensity to trust technology as 

a dynamic individual trait as pointed out by Mayer et al. (1995), a willing to depend on 
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technology in all context and situations. Propensity to trust consists in trusting stance and 

faith in general technology. Specific context and its supportive situations and ties produce 

institution-based trust in technology. Institution-based trust consists of situational normality 

(how things should be) and structural assurance (belief that certain structures are in place 

such as legal or faulty situation assistance). Trust in a specific technology is trusting beliefs 

about favourable attributes of certain technology. These are divided in three beliefs: 

functionality, helpfulness, and reliability. (McKnight et al. 2011, 6-9) Hoffman and Söllner 

(2014), in their model of technology system trust, define parts of trust as performance, 

process and purpose. Different parts of performance are competence, information accuracy, 

reliability over time and responsibility. Process parts are dependability, understandability, 

control, and predictability. Purpose consists of motives, benevolence, and faith. All these 

features are considered as antecedents of trust. (Hoffman & Söllner 2014, 119)  

 

There are similarities in attributes of technology trust and interpersonal trust according to 

McKnight et al. (2011, 5). Trust in technology requires functionality when trust in people 

respect competence. Trust in technology requires helpfulness when trust in people respect 

benevolence. Trust in technology requires reliability when trust in people respect integrity. 

(McKnight et al. 2011, 5-6) In addition, in their research about knowledge-based trust in 

technology, Lankton et al. (2015) presents human like constructs of trust with their 

technology counterpart following McKnight et al. (2011). They claim that when measuring 

trust in technology, one should pay attention to the constructs chosen which depend on how 

humane the system is perceived. If wrong constructs are used, they can be misleading and 

cause confusion among respondents. The constructs depend on how the technology 

perceived in a continuum of humanness. Human like trust constructs is such as benevolence, 

integrity, and ability. Technology trust counterparts are helpfulness, reliability, and 

functionality. Trust constructs used align with the perception of technology humanness, 

produce stronger impact on the outcome, i.e., trust. In other words: The more human-like 

perception of technology, the stronger the influence on human like constructs and the more 

system-like perception of technology, the stronger the influence of system-like constructs. 

(Lankton et al. 2015)  
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Same antecedents of technology trust are often found in trust literature in AI context. Siau 

and Wang (2018) divide concepts behind trust in technology as human characteristics 

(personality, ability), environment characteristics (culture, task, institutional factors) and 

technology characteristics. Impact of almost all these characteristics is relatively similar 

independent of the trustee. When it comes to AI however, technology characteristics need to 

be defined in terms of performance, process, and purpose as these differ greatly depending 

on the of trustee (for example AI or robotics). (Siau & Wang 2018, 50) In line with Mayer 

et al. (1995), Höddinghaus et al. (2021) consider components of AI trustworthiness including 

perceived ability, benevolence, and integrity, but also add their own literature review-based 

component of transparency. In their research on automated leadership, they found that while 

human leadership agents were perceived more benevolent and adaptable, automated 

leadership agent were perceived to have higher level of integrity and transparency 

(Höddinghaus et al. 2021). In Oksanen et al. (2020) study of robot and AI trust, it was 

concluded that knowledge in technology (degree in technology and engineering), previous 

encounters online with robots and robots use self-efficacy, predicted higher trust. Trust in 

robots and AI is contextual but depends also on individual characteristics and knowledge on 

technology (Oksanen et al. 2020). 

 

Technology and AI trust can be divided in cognitive base of trust (situational factors and 

evaluating trustee) and emotional base of trust (emotions and mood) (Chowdhury 2005, 313; 

Glikson & Williams 2020). In their literature review, Glikson and Williams (2020) found 

that tangibility, transparency, reliability, task characteristics and immediacy behaviours in 

AI shape the cognitive trust. The way AI is perceived as being, have an impact especially on 

emotional trust. These features are tangibility, anthropomorphism, and immediacy 

behaviours. Transparency is openness about the logic and understandable explanations about 

how certain decision is made. Reliability is predictability how system will work and 

consistency in it. Task characteristics is about how system performs; how efficient it is in 

some tasks. Immediacy behaviours are socially orientated gestures intended to increase 

closeness such as responsiveness. Tangibility is AI´s actual physical presence. 

Anthropomorphism is human likeness. The form of AI representation (robot, virtual, 

embedded) and the level of AI capabilities are important antecedents of trust. (Glikson & 

Williams 2020) However, Lankton et al. (2015) points out that technology humanness 
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involves more than just social presence. Interactivity, relational aspect and attributes and 

perceived action linked to these attributes in technology make it more human-like. The 

development of trust is dependent on a way technology demonstrates these trustworthy 

attributes. (Lankton et al. 2015) 

 

van der Werff et al. (2021) stresses the role of emotion and heuristic micro and macro level 

cues of trust in the context of AI. Decision, (like the decision to trust), can be made in three 

ways. Logically, statistically, or heuristically. According to Gigerenzer and Gaissmaier 

(2011, 452) a heuristic is “a strategy that ignores part of the information, with the goal of 

making decisions more quickly, frugally, and/or accurately than more complex methods”. 

Heuristics uses cues observed, to evaluate decision (Gigerenzer & Gaissmaier 2011, 452-

455). With the context of AI, cues stand out, not from the social interpersonal interaction as 

normally, but through experiences of interacting with technology. Micro level cues 

influencing trust are such as ability and integrity, benevolence, and the tendency to trust 

technology. Also, different professional, educational and context knowledge background, 

and emotions such as the differences between experienced affect and perceived effect on 

others, influence trust. Macro-level cues of trust were such as perceived organizational 

ability and benevolence in building AI services, integrity in data privacy, predictability and 

value congruence of the technology and organization´s strong reputation and industry-level 

self-regulation. (van der Werff et al. 2021) Shin (2021) also stresses heuristic process in 

evaluating AI. Users of AI operate heuristic process to evaluate causality and they evaluate 

the explanations on the basis their own knowledge and beliefs. Functionality and 

explainability is evaluated systematically. Heuristic process of causality is the mediator of 

explainability. Easy to follow causality in AI systems increases the user experience of 

explainability, which in turn can contribute to trust. In the process of evaluation, cues of 

fairness, accountability and transparency in the AI product information will trigger trust. 

Causality and explainability cues in AI systems not only increases trust but also help users 

to assess the quality of explanations. (Shin 2021) Intelligent technologies should itself 

possess attributes of benevolence and integrity (van der Werff et al. 2018; Shin 2021). 
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A summary about antecedents of technology trust and trust in AI according to contemporary 

research is presented in Table 1. Both, technology trust and trust in AI have similar features 

such as individual characteristics of trustor (propensity to trust, knowledge) and technology 

itself such as reliability and functionality of technology, performance but also the process 

itself and its understandability. However, as complex technology, AI differs in predictability, 

risks and transparency and this creates another proposition to trust. Antecedents of trust in 

AI are directly related to the technology itself and individual differences of the trustor. In 

addition to performance and ability of technology, explainability and transparency are 

valuated. AI is seen to affect also on emotional trust with its appearance. Contextual factors 

such as benevolence of the service provider, designer of technology and reputation are also 

seen as antecedents of trust. 



38 
 

 

Table 1. Antecedents of trust in technology and trust in AI 

Trust in technology 

McKnight et al. (2011) 
 
1. Propensity to trust general 

technology (Trusting stance 
and faith in general 
technology) 

2. Institution based trust in 
technology (Situational 
normality and structural 
assurance) 

3. Trust in specific technology 
(Favourable attributes of 
certain technology: beliefs 
on functionality, 
helpfulness, reliability) 

 

Hoffman and Söllner (2014) 
 
1. Performance (Competence, 

information accurance, 
reliability, responsibility) 

2. Process (Dependability, 
understandability, control, 
predictability) 

3. Purpose (Motives, 
benevolence, faith) 
 

 
 

Lankton et al. (2015) 
 

• Human like technology 
(Benevolence, integrity, 
ability) 

• System like technology 
(Helpfulness, reliability, 
functionality) 

Trust in Artificial Intelligence 

Siau and Wang (2018) 
 
1. Human characteristics 

(Personal, ability) 
2. Environment characteristics 

(Culture, task, institutional 
factors) 

3. Technology characteristics 
(Performance, process, 
purpose) 

 

Oksanen et al. (2020) 
 
1. Contextual factors 
2. Individual characteristics 
3. Knowledge in technology 

 
(Previous encounters online 
with robots, robot use self-
efficacy, degree in 
technology or engineering) 

 

Glikson and Williams (2020) 
 
1. Cognitive trust (Tangibility, 

transparency, reliability, task 
characteristics, immediacy 
behaviours) 

2. Emotional trust (Tangibility, 
anthropomorphism, 
immediacy behaviours) 

 

van der Werff et al. (2021) 
 
1. Micro level heuristic cues 

(Ability, integrity, 
benevolence, tendency to 
trust technology, 
professional-, educational-, 
contextual background, 
emotions)  

2. Macro level heuristic cues 
(Organizational ability and 
benevolence, org. integrity 
in data privacy, 
predictability, value 
congruence, organizational 
reputation, industry self-
regulation) 

 

Höddinghaus et al. (2021) 
 
Ability 
Benevolence 
Integrity 
Transparency 
 

Shin (2021) 
 
1. Heuristic cues (Causability) 
2. Systematic cues 

(Explainability 
Fairness, accountability, 
transparency)  
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3.3.2  Trust process with advanced technologies 

The importance of different attributes of trust varies in different stages in the process of trust. 

The effect of integrity of trustee on trust is at peak at the early stages of relationship when 

benevolence cannot be properly evaluated. This forms the initial trust. Perceived 

benevolence of trustee is in more meaningful position as time moves on, experiences are 

gathered, and the relationship develops. This is called the continuous trust. (Mayer et al. 

1995, 722) As trust is a dynamic process, both initial trust, and continuous trust development 

towards technology should also be considered in the context of AI (Siau & Wang 2018, 47; 

Shin 2021) and when developing AI-based services to employees. Technology features that 

affect building employee initial trust in AI are representation (human like), perception 

(reputation), user experiences, transparency, explainability and possibility to explore the 

technology. Developing continuous employee trust in AI, different features are evaluated. 

These are usability and reliability, collaboration and communication, sociability, security, 

interpretability, possible job replacement and AI goals. (Siau & Wang 2018, 51-52) 

 

McKnight et al. (2011) suggest that initial trust to technology, decision to use it, reflect trust 

built on assumptions and evaluation of cost and benefit. However, individual experiences 

with certain technology builds knowledge-based trust and impact later use of technology. 

Initial trust in technology can extend with a familiarity and institutional-based trust but when 

knowledge-based trust is created, decisions rely more on experiences with certain 

technology itself. (McKnight et al. 2011, 13-14) Glikson and Williams (2020) also suggest 

certain development in AI trust. In AI trust development path, AI representation becomes 

relevant. In trust towards robotic AI, the trust develops the same the same way as with 

humans, it starts relatively low, but increases as experience with the robot is gained. 

However, in the case of virtual AI or embedded AI, initial trust decreases with experience 

with AI. (Glikson & Williams 2020) The level of machine intelligence may also moderate 

the development of trust towards AI. Glikson and Williams (2020) suggests the higher the 

level of intelligence, the higher the trust in time. However, Bitkina et al. (2020, 287) suggests 

that when task difficulty grows with AI, the perceived performance of AI and trust to it 

decreases. Therefore the perceived performance on AI success on task is significant predictor 

of trust (Bitkina et al. 2020, 287).  
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3.4  Summary of the theoretical framework 

Huge developments in technology will cause significant changes to work, skills, 

organizations, and society. AI and all the concepts related in the public narrative often create 

hype or fear towards AI, as the discussion is either about unrealistic possibilities of AI or 

losing jobs to machines. (Faraj et al. 2018; Willcocks 2020, 287, Clifton et al. 2020, 4) 

Whether AI will create new jobs or take over some existing jobs is still under debate among 

scholars and experts (Glikson & Williams 2020; Niehueser & Boak 2020). European 

Commission (2018) stated: “AI is changing the nature of work: jobs will be created, others 

will disappear, most will be transformed.” Many organizations have already adopted AI -

technologies to their daily routines. According to literature, the factors that need to be 

considered when AI is used in organizations to develop knowledge work are presented in 

figure 4.  

 

 

Figure 4. The factors to consider when using AI in developing knowledge work 
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Based on literature, AI technologies in organizations seem to be complex with possible 

consequences that are low level in terms of predictability. Both negative and positive 

consequences need to be considered. In making the choice to implement AI to organization, 

awareness and studying these consequences in advance is necessary. There are several 

factors that have an impact on the implementation of AI in organization for example fear of 

losses of jobs, general discussion, perceptions about AI and its tendencies and feelings of 

constant surveillance. Trust has a key role in of all this and it should be considered when 

implementing organizational AI for developmental gains (Leicht-Deobald et al. 2019, 378; 

Clifton et al. 2020, 6; Kellogg et al. 2020, 367). European level normative recommendations 

about trustworthy AI should guide the development and use of AI but also, consequences of 

AI use and antecedents of AI trust should be considered when organizations implement AI 

to support knowledge work. Trust itself is a multifaced, complex phenomena that is highly 

important in employment relationship (Mayer et al. 1995). Psychological contracts in 

employment are based on trust but also have an influence on employee trust towards 

employer (Rousseau 1989). Changes in employment relations and change in organization 

and its environment always have an effect to psychological contract that can have profound 

consequences to employment relationship. (Rousseau 1989; Morrison & Robinson 1997, 

238) 

 

Based on literature review and combination of contemporary literature of trust and AI and 

PCT, summary of the theoretical background of this study, is presented in figure 5.  
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Figure 5. Theoretical background of the use of AI to support knowledge work 

 

Psychological contract (PC) is constructed and maintained over time in employment 

relationship (Rousseau 2001, 511). It contributes to innovative behaviours, trust in employer 

and job engagement. Changes in employment relations and change in organization and its 

environment always have an effect to psychological contract (Rousseau 1989; Morrison & 

Robinson 1997, 238). Introducing AI to organization is a disruption and the decision to use 

of AI may impact psychological contract in employment relationship and cause experience 

of breach (Bitkina et al. 2020; Braganza et al. 2020). When introducing AI to organization, 

employer need to be aware of the impact it may have to psychological contract. 

Organizations should actively focus in maintaining trust with their employees to protect 

them from the negative effects of potential psychological contract violations. Initial trust and 

employees’ sense of trust is the strongest in protecting negative consequences of contractual 

breaches (Robinson 1996, 596). The negative perception (purposeful action from employer) 

or positive interpretation (mistake or misunderstanding) of this breach, violation, can cause 

psychological contract to be repaired or renegotiated.  
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In renegotiation or repair of psychological contract, the old obligations are revised whether 

by discussing the obligations and arrangements with the employer or by individually 

modifying the mental models that form the psychological contract to reflect the understood 

new conditions. In the renegotiation or repair phase trust in the employer is weighted: 

maintained, strengthen or diminished. Trust in the AI -project is increased or decreased by 

trust in the employer. Also, the employer responsiveness during breach has negative or 

positive outcome for trust in the employer. Psychological contract breach will depend on 

employer responsiveness and the time it takes. (Rousseau et al. 2018, 1090-1092) This 

process has consequences on how employee reacts to the experience of psychological 

contract violation. If renegotiation phase is successful, the modified psychological contract 

is in maintenance phase. If the imbalance of employer and employee obligations and 

inducements and contributions are unacceptable, and psychological contract cannot be 

repaired, employee might end the relationship. (Rousseau et al. 2018, 1082-1083) 

 

 

4  Research design and Methodology 

In this chapter, research strategy and methodology as well as quality of the research are 

elaborated. 

 

The theoretical objective of this research is to produce knowledge and understanding on the 

critical factors of trust when using AI -powered employee data to develop sustainable 

knowledge work. Practical research objective is to create a process model of the factors 

affecting trust that organizations should consider maintaining employee, and relevant 

stakeholder trust when designing AI-powered projects that collect and exploit self-generated 

workplace and employee data. The research design and choices are presented in figure 6. 
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Figure 6. The research design 

 

Philosophical approach for this research is critical theory. The philosophical assumptions, 

beliefs and underpinnings are the ones that are related to the critical theory and one of its 

paradigms, social constructivism. The research approach for this study is inductive and 

exploratory. Methodologically, this study is qualitative research. Methods in this study is 

Delphi technique and data is collected by semi-structured interviews with the help of 

scenarios. Data is analysed with the help of Gioia -method. 

 

4.1  Research approach 

The ontological and epistemological underpinnings of this research are in social 

constructivism. Social constructivism as research frame has a variety of different approaches 

but there are few basic assumptions. Social constructivism takes a critical view of the ways 

of understanding the world. In social constructivism, the ways the world is conceptualised 

and categorised are seen historically and culturally specific. In other worlds, situality, 

contextuality and locality is at the heart of these concepts and constructs. They are specific 

to cultures and periods in history, but also products of this culture and history. (Berger & 
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Luckmann 1966, 15; Burr 2015, 2-5) When the reality is seen socially constructed, the 

knowledge must be analysed in the processes in which this occurs. This means knowledge 

is sustained by social processes, in daily interactions between people that versions of 

knowledge are created. (Berger & Luckmann 1966, 15; Burr 2015, 2-5) The context of this 

research, organizational life, is considered a social entity where trust is created in the social 

interaction. Also, the context of advanced technology, AI, has variety of meanings in 

organizational life and among organizations members. Knowledge is value laden by socio-

cultural factors. The truth is constructionism based upon the activity of human beings. 

(Johnson & Duberley 2000, 78) According to assumptions of social constructivism, 

knowledge and action go together. Each different “negotiated” understanding, constructions, 

bring different kind of action from human beings. (Burr 2015, 2-5)  

 

The research approach of this study is inductive and explorative due to the complexity of a 

of trust in organization and the novelty of phenomenon AI use in workplace. In addition, the 

sensitive nature of employment relationship, and the public discussion around AI creates 

complex dimensions to the phenomenon. According to Stebbins (2001, 3) explorative 

research is “…broad-ranging, purposive, systematic, prearranged undertaking designed to 

maximize the discovery of generalizations leading to description and understanding of an 

area of social or psychological life.”. Explorative approach was chosen for this study 

because objective is to produce knowledge and understanding on the critical factors of trust 

when using AI -powered employee data to develop knowledge work. Explorative research 

approach is found to be useful in clarifying and understanding the problem (Saunders et al. 

2012, 152). Also, as there is not much data or research in AI and employee trust in knowledge 

work context, explorative approach was found to be a best approach. Explorative research is 

used when there is little or no scientific knowledge about the group, process, activity, or a 

phenomenon is interesting, and it is believed it contains interesting findings (Stebbins 2001, 

5). This study is inductive, where the data will be collected first and theory/conclusions are 

derived from the data (after Saunders et al. 2012, 152).  

 

Methodological choices are based upon these ontological, epistemological assumptions and 

assumptions about human nature (Burrell & Morgan 1979, 2). In this research, qualitative 
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methodology was chosen to be most appropriate, especially because the area of research 

requires in depth understanding. This is often the case in the adoption of ICT in business and 

organization context. In addition, when interpretation of factors and phases and their 

interaction is required, there is a need to understand the nature and complexity of the 

phenomenon under consideration by qualitative research. (Basias & Pollalis 2018, 98) Data 

collection and analysis approach are inductive as qualitative research is by its nature 

inductive (Mohajan 2018,1). As there is no generally accepted theory on trust towards AI in 

organizational context, inductive approach is suitable to grasp this complex phenomenon. 

Academical interest on the relational view of AI has not been plentiful (Makarius 2020) and 

especially AI trust research has only recently raised interest among researchers (Glikson & 

Williams 2020). Despite the lack of generally accepted theory of trust to AI, there is an 

agreement on the important role of trust towards this technology (McKnight et al. 2011; Siau 

& Wang 2018, 47; Shin 2021).  

 

4.2  Data collection and analysis 

The empirical part of the research was conducted by Delphi technique in qualitative 

interviews with the help of scenarios. Research methods in phases are presented in figure 7.  

 

 

Figure 7. The research phases and methods 
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After preliminary literature review, methodology was chosen, scenarios for the data 

collection phase were created. Scenarios are based on literature of the AI -applications. In 

the data collection stage, experts that would have sufficient and wide knowledge of the 

research problem were identified and contacted. In the next stage of data collection, with the 

Delphi method, interviews were performed, with the help of scenarios. Simultaneously, 

inductive analysis following Gioia -methods begun. Later, the final analysis was conducted. 

The arrows in figure 7 presents how research process advances but also moves back and 

forth the different stages as it evolves. Especially data collection and analysis are performed 

iteratively and partly parallel. 

 

This study was part of a bigger research project and the collected data and preliminary results 

were presented as a “first cut” -paper in a research workshop. Researcher triangulation was 

used in parts of this research, specifically in co-designing the data collection, in analysis 

verification and in the iterative process of the scenarios, results and figures. 

 

Delphi method 

The Delphi technique was created in the early 1960´s in futures research. It was designed to 

encourage a true debate and enhance the forecasting and foresights of future sights. (Gordon 

1994, 3-6) The Delphi method is a popular technique in information systems research (Okoli 

& Pawlowski 2004, 15). It is a methodology based on anonymous individual expert views 

and the analysis on them (Gordon 1994, 3). The key design elements of the Delphi technique 

are anonymity, iteration, controlled feedback, and participating experts (Nowack et al. 2011, 

1607). In Delphi method, experts from the required disciplines are first identified and asked 

to participate (Gordon 1994, 6). According to Gordon (1994, 12), expert view can be valued 

more than a non-expert, as they are able to give more accurate answers than non-experts. In 

this research, it was identified that the phenomenon studied is complex and wide and 

somewhat novel and therefore it was chosen to first interview the experts to get an 

understanding of the phenomenon and then in the studies to come, move into researching 

the experiences of employees and other stakeholders. Delphi study can help researchers to 

identify the variables of interest and generate propositions when there is a lack of general 
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theory (Okoli & Pawlowski 2004, 27). In addition, this complex issue requires understanding 

the different economic, social, and political issues related. Thus, a Delphi study answers the 

research questions more appropriately. Also, the AI -powered projects that use employee 

self-generated data can be considered a high risk -projects due to its sensitive nature and use 

of novel technology. Therefore, the understanding all the factors related to project is 

important first to be able to design it together with employees and stakeholders later.  

 

Key functions of the Delphi technique are idea-generation-, consolidation- and judgment 

function. In a pure idea-generation function, the main objective is to identify a broad range 

of views generated by experts. In consolidation function the ideas are combined either be 

asking the experts to rate ideas or by researcher itself. In a pure judgment Delphi, the 

researcher selects and formulates topics that are evaluated by the experts. (Nowack et al. 

2011, 1607) This study included all the key functions of the Delphi technique; however, 

consolidation function was performed by a researcher. In Delphi method, besides the 

anonymization, the feedback is also important. The researcher analyses the data and brings 

it back to the experts. However, in some modern-day Delphi methods, feedback has not been 

in central role, but in-depth interviews with experts have been used with great success. 

Experts are still anonym, unaware of other participants and sometimes promised a report 

based on the interview. (Gordon 1994, 3-6) Delphi technique have been developed and 

modified in different research. Further adaptations of technique often change the element of 

feedback. (Okoli & Pawlowski 2004, 16; Nowack et al. 2011, 1607) In this research, a single-

round approach was used. In these, "feed-forward" approach, respondents are offered an 

information about emerging consensus from previous interviews (Gordon 1994, 6). This was 

also the case in this study as the questions were the same, but the interviewees were also 

challenged by the often-appeared themes from previous interviews. 

 

Scenario method 

Scenario -method is a descriptive evaluation method of design science, that is one of the two 

paradigms of information system discipline. The design-science paradigm seeks to extend 

the boundaries of human and organizational capabilities by creating new and innovative 

artifacts. Scenarios are detailed constructs around the artifact to demonstrate its utility. 
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(Hevner et al. 2004, 75 – 86; Iivari 2015) Scenario-based method has been used in human-

computer interactions but is also widely adopted in organizational development with 

information technologies. Scenario-design method is a family of techniques in which the use 

of a future system is concretely described at an early point in the development process. 

(Rosson & Carrol 2009, 1032; Iivari 2015) Scenarios are also an essential part of futures and 

foresight science (Fuller & Loogma 2009; Ramirez et al. 2015; Spaniol & Rowland 2018). 

In this research the use of scenarios was not to design and create new advancements and 

concrete solutions, but to nurture the interviewees imagination about the possible futures.  

 

Scenarios used as a scholarly methodology help challenge existing assumptions, they help 

researchers address complex and uncertain context and produce interesting findings 

(Ramirez et al. 2015). Scenario-based view emphasizes the perspectives of the different 

stakeholders and are concrete presentation of an abstract problem that may not be clear yet. 

Scenario-based approach is human-centred approach to a technological issue. (Rosson & 

Carrol 2009, 1032) Scenario method was found to be most relevant to this research where 

the research phenomenon is abstract and unclearly defined and requires future thinking. The 

choice for data collection with the help of scenarios was selected, as the organizational use 

of AI varies a lot and is not well documented. Also, this is an area that develops constantly, 

and therefore it may be hard to imagine what kind of applications we might have in the future 

in organizational use. To get the interviewees to think creatively, and to narrow the 

phenomena considered, interviewees were presented with two fictional, but realistic, 

scenarios of an AI –based project in an organization (appendix 1). As AI possibilities to 

contribute future sustainable knowledge work is still somewhat unclear, it may be hard to 

consider its possible consequences and things to taken account to, without concrete scenario. 

Scenarios are rapid communication about possibilities and concerns among many different 

stakeholders of ill-defined problem. (Spaniol & Rowland 2018; Rosson & Carrol 2009, 

1032).  

 

Interviews 

In this study Delphi method was combined with scenario method. According to Gordon 

(1994, 7), Delphi method provides an accurate expert view of what might be possible in the 
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different options of futures. Delphi method has been used for acquiring a scenario-based 

view from experts, and with the help of scenarios, experts have identified innovative and 

better actions in research context. (Gordon 1994, 8, 16) Future trends forecasting and 

designing requires creative thinking that Delphi technique itself is concluded to enhance, but 

also in scenarios to be meaningful, creative input concerning possible future trends and 

developments is crucial (Nowack et al. 2011, 1603).  

 

Based on considerations, a multi-disciplinary group of experts, who had served for the 

national committee of artificial intelligence and digitalization research in one of the years 

2020-2021, were purposefully selected. Experts represented different disciplinary fields 

(computer sciences, social sciences, cognitive sciences, engineering, economics, law, and 

philosophy) and were all knowledgeable about organisations and artificial intelligence (table 

2). The experts selected were considered good informants of the research problem as they 

provide knowledge from different disciplinary backgrounds but also participate in the 

discussion in national level about the issues of artificial intelligence and digitalization.  

 

Table 2. Research informants 

Pseudonym Area of expertise 

P1.CS Professor1 (Computer Sciences) 

P2.CS Professor2 (Computer Sciences) 

P3.IS Professor1 (IS)  

P4.IS Professor in Health and Human Services Informatics Professor2 (IS) 

P5.Su Professor (Sustainability)  

P6.So Professor (Social Sciences) 

P7.So Associate professor, Consumer Society Research PhD (Social Sciences) 

P8.Phi Professor (Philosophy) 

S9.Eth Scientist of ethics and responsibility of innovations PhD (Ethics and innovation) 

S10.Cog Scientist of Cognitive Sciences PhD (Cognitive Sciences) 

 

Data was collected by 10 semi-structured interviews. Ten interviews were considered a 

reasonable amount on interviews to provide rich description and reaching acceptable 

saturation. Interviews, duration from 35minutes – 1 hour, were conducted via video calls 
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(Teams) during the months of May 2021 and July 2021. The interview instrument is in 

appendix 1. The interviewer was aware of possible impact of video interview and recording 

to the discussion. However, due to pandemic situation, video interviews seemed like the best 

possibility. English was chosen to be the interview language as most of the relevant literature 

and terminology in artificial intelligence is in English, but the interviewees could choose the 

interview language. Most of the interviewees were happy to discuss in English as this was 

their second work language and transcribing concepts to Finnish was considered somewhat 

difficult according to interviewees. Seven interviews were in English, three of the 

interviewees preferred discussion in Finnish. Finnish data was transcribed to English prior 

to analysing.  

 

Scenarios in the interview (appendix 1) was about a project, where organization use AI based 

tools that use employee data to develop knowledge work either in supporting knowledge co-

creation process, or coaching teams for synchronized and more sustainable ways of working 

and self-leadership. Interview questions were based on two themes: designing AI–project 

and related data collection, storage, and use. In the first theme, the interviewees were asked 

to consider, in the light of the two scenarios, what should employer representatives designing 

and managing the project (human resources, research and development, and the project 

organization) consider in advance to maintain employee and relevant stakeholder trust? 

Relevant stakeholders are defined to include middle management, employee trade unions or 

customers, when relevant. Interviewees were also asked to elaborate how employee 

participation in the two scenarios should be designed to strengthen employee trust. In the 

second theme, experts were asked to describe how AI-enabled data collection, data storage 

and exploitation should be designed to maintain and support employee and relevant 

stakeholder trust.  

 

First interview was considered as pilot interview with the aim to modify scenarios or 

questions if needed. However, after the first interview, the interview instrument remained 

unchangeable as discussion remained fruitful and the questions seemed to evoke many 

different views. The first interview was also added to the research data. The analysis of the 

interviews began simultaneously with the interview process. This enabled modify the 
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interview style and deepen the interviews on some area when needed. During some 

interviews, emphasizing the view of trust was needed as thinking AI technology itself 

generate several issues. As one interviewer well puts it “I am a technical person. I don’t 

really think about these humane matters.” (P1.CS) During interviews, researcher noticed 

that the first scenario was seen including much more issues of trust then the latter. Often the 

interviewees would consider the scenarios separate at first, but then discussed mostly about 

the first scenario. The scenarios were more clearly separated for the last interviews; however, 

this did not seem to make much difference as the first scenario was considered more complex 

and covering multiple issues of trust and therefore provoking more discussion. In addition, 

the individual interviews did not produce data on AI contextuality i.e. differences in separate 

AI -services, much of the data was general discussion about the trust issues identified in both 

scenarios. The interviews were transcribed verbatim to keep the original meaning of 

concepts and tones of sentences. Three interviews that were conducted in Finnish, were 

transcribed to English.  

 

Data analysis 

Data was analysed and coded with the qualitative inductive approach, applying Gioia 

method. Gioia method is based on philosophical view of social constructivism, where the 

organization is seen, according to Berger and Luckmann (1966) and later Weick (1979), 

socially constructed. Organizations consists of constructs of organization members and their 

sense-making processes. These constructs, experiences and sense-making processes are at 

the heart of social constructivist view. In Gioia method the aim is to bring ‘‘qualitative rigor’’ 

to the conduct and presentation of inductive research. (Gioia et al. 2013, 15 - 16) Research 

is reported by first order (informant-centred) and second order (theory -centred) data and 

findings (Gioia 2021, 23). The data analysis was performed by MS Excel. Example of the 

coding from data to themes, and the thinking path of researcher is in Table 3. 
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Table 3. Example of the coding from data to themes 

 

 

In first order coding, after several rounds of familiarizing with the interview data, it was 

coded into meaningful phrases. In next stage of analysis, illustration of the interviews was 

formed with the aim to create more descriptive concepts trying to capture the essence of a 

phrase in but staying very true to the initial expression and using the same concepts as the 

interviewee (first order codes). In the Gioia method, concepts mean general, not specified in 

detail precursor notions that describe phenomenon are will later be constructs in making 

sense of organizational worlds (Gioia et al. 2013, 16). Most important for the researcher at 

this stage, was the question “What is been talked about here?”.  

 

Next, similarities and differences among concepts was searched. These concepts were 

grouped into more theoretical concepts, second order codes. Second order codes consist of 

Illustrations from interviews MEANINGFUL PHRASES 1ST ORDER CODES 2ND ORDER CODES AGGREGATE 

DIMENSIONS
P2.CS Of course it's I think it should be bottom up so that 

we as employees as workers co-workers we in a way set 

the scene for our own workspace that how we would want 

that to be.

Future should be bottom-up, 

employees set the scene for 

workspace and how they want it to be.

Work development should 

originate from employees

P8.Phi Walk into a coffee room and then hear what’s 

being talked about there. That’s part of the democratic 

process that where do the initiatives come from. That 

there would be this kind of bottom up process that there 

are,... regular meetings where people know in advance 

that when will be the next meeting where you can when 

you find something that’s that hasn’t been spotted yet or 

that hasn’t been solved yet that you can bring them up.

Bottom up process where in regular 

meetings you can find something that 

hasn’t been solved yet and you can 

bring them up.

Bottom-up process of 

development

S10.Cog Absolutely you should start by asking the 

employees what the subject matter of their work is, and 

what kind of tools they need. That’s where it starts.  

Start by asking the employees about 

their work and the tools they need. 

Start development by asking 

employees
P7.So This in itself would require that the workplace has 

these kinds of practices in place these kinds of 

participatory practices in place

Workplace has these kinds of 

participatory practices in place.

Participatory practices in 

place
P2.CS I think we would want to support more of this co-

creation that together we plan the ways of working that 

combine physical and digital aspects.

More co-creation, together designing 

psysical and digital environments.

Co-creation when planning 

the ways of working

S10.Cog Any special skills...I don’t believe so, if it is 

designed accordingly. 
No special skills or knowledge is 

needed to participate. 

No special skills needed for 

paticipation
P6.So It is helpful if the person is somebody who 

understands at least the basics of AI development and 

use of data, because when you’re developing something, I 

think it’s very difficult if you need to, always go down to 

the basics at every discussion so I think in a development 

phase, in the hands-on phase

Person participating in developing 

need to know the basics of AI 

development and the use of data. 

Basic knowledge on AI 

development needed in 

participation

P4.IS the mantra there is that users should be listened to 

and users should be included in the process. I myself am 

however a bit sceptical, when it comes to system 

definition for example ... I feel like their expertise is not 

at the level that is required for system definition. 

In system definition, users expertise is 

not at the level that is required. 

Users knowledge might not 

be in the required level

P4.IS I can’t really tell you what’s the point when 

employees or staff members should get involved. Should 

you have a clear concept ready that you present to them,  

or not present a ready product, but I don’t know whether 

they should be included from the beginning. 

Its hard to tell what’s the point when 

employees should get involved. 

Hard to know when to include

S9.Eth If we (the employer) pretend to be listening to 

you, and even though you have provided us with 20 

development suggestion, we will not use them. That only 

breaks the trust. The fake -listening and the fake 

opportunity to influence on the desing will break the trust.

The fake opportunity to influence on 

the desing will break the trust.

Fake possibilities to influence 

will break trust

P4.IS When you are creating something new for a data 

system, users often have the practical experience of the 

current situation, but they are not able to sufficiently 

imagine what could be there in the future. 

When creating something new fro data 

systems users are often unable to 

sufficiently imagine what could be 

there in the future. 

Users unable to imagine 

future

P6.So Perhaps in the next stage when there’s some kind 

of demo version of the tool available, you might want 

to,... include the actual people using the tool but...I think 

the problem with any kind of measurement in the working 

life especially ... if you’re very open about the things you 

measure, it may lead to unwanted outcomes because then 

the measure can be become a target and people start only 

doing the things that you measure

In the demo version stage, included 

employees may start target the 

measurements.

Participating may result to 

unwanted activity

EMPLOYEE 

PARTICIPATION

CULTURE AND 

PRACTICES

KNOWLEDGE

CHALLENGES IN 

ENGAGING 

EMPLOYEES
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several first order codes; however, few second order codes consist only first order codes 

from the same interviewee. These were so powerful and meaningful statements that they 

were included, such as culture, to get a holistic view of the phenomenon. In line with Gioia 

method, in first order codes, the voice of informants is strong, using their phrases and 

concepts and in second order codes still using their concepts when applicable but also 

bringing the “language of academia” to themes. The tandem reporting of both voices—

informant and researcher— demonstrates the links between the data and informants’ sense-

making and the concepts and themes (Gioia et al. 2013, 17). Data-to-theory connections 

ensures that any creative insights are rooted in the informants’ experience (Gioia 2021, 24).  

 

Second order codes were grouped into aggregated dimension of factors impacting 

stakeholder trust when using employee self-generated data to develop sustainable knowledge 

work. This set of first order codes and second order codes and aggregate dimensions built a 

data structure (Gioia et al 2013, 20). The data structure shows how all the terms, themes, and 

dimensions relate to each other. In rigor Gioia method, data structure is critical as it is a 

representation of how the analysis progressed from data to themes and to dimensions (Gioia 

2021, 26). Example of the final data structure is in Table 4.  

 

Table 4. Example of the data structure 

 

 



55 
 

 

After the data was analysed into aggregate dimensions, they were used to build a conceptual 

model that include trust-related factors in AI-technology adoption and their interrelations. 

The critical factors that impact employee trust in conceptual model include the aggregate 

dimensions from the analysis. At this stage, the theory of psychological contract in the 

process of AI -technology adoption was also integrated to results.  

 

4.3  Reliability and validity 

Accurate, unbiased, complete, and insightful reporting of the analytic treatment of data (be 

it quantitative or qualitative) must be a component of all research reports (Ragab & Arisha 

2018, 7). Central evaluation in any scientific research are evaluation of reliability and 

validity. Validity is evaluation of the extent to which the results represent the phenomena. 

Reliability means the possibility to follow the inference path, the possibility of another 

researcher to repeat research and come to the same results and interpretations. (Silverman 

2006, 289). Qualitative research is often criticized for the lack of demonstrating scientific 

rigor of data collection and subjective nature of results of analysis (Mohajan 2018,19). In 

addition, Johnson (2015, 312) notes that there is a danger in presenting too rigid and 

monological evaluation criteria for qualitative research. This research is evaluated with eight 

flexible and expansive criteria from Tracy (2010) that are worthy topic, rich rigor, sincerity, 

credibility, resonance, significant contribution, ethics, and meaningful coherence.  

 

AI and trust are considered a worthy topic as it is used in organizations, but the 

overoptimistic expectations towards its performance and the overall hype around AI may 

lead organizations to be too eager to use it with the cost of trust. Many projects using AI is 

implemented but focusing too heavily on the technical side of AI leaves the impact to 

employees and other stakeholders, in the shadow. Methodological coherence and rich rigor. 

In this study congruence between research question and the method have been pointed out 

in the previous chapter. Theories and research finding on trust, psychological contract theory 

in the employment relationship and contemporary literature on AI was formed the theoretical 

lenses in this research. Based on the philosophical assumptions of social constructivism and 

the research question on hand, certain methods were chosen. The novelty of the phenomenon 
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of AI in organizational development and the complex nature of trust, guided the selection of 

Delphi method with expert interviews as there is no general theory about the research 

question. Scenario method was chosen as a complimentary to Delphi, helping informants to 

grasp this unclear, futuristic situation. The scenarios were found to be credible and plausible 

according to interviewees and stimulated thinking and discussion from many perspectives. 

The analysis follows the guidelines of Gioia method, that aims to add the rigor to research. 

Examples of analysis is presented so that the decision path of researcher is easy to follow 

(Table 3 and 4). Cloutier and Ravasi (2021, 127) encourages the use of tables and figures 

complementing the text in data analysis and this way, increasing trustworthiness in 

qualitative research.  

 

Appropriate sampling was ensured with the group that was considered to have good 

knowledge on the phenomenon researched but also diverse background and ability for wide 

perspective of the phenomenon. The choice of informants is also elaborated in the previous 

chapter. Saturation on categories were reached in interviews but also many conflicting views 

and tensions recognized. Concurrency of data collection and analysis was practiced when 

interviews were transcribed very quickly after the interview and the primary analysis work 

began simultaneously with the interviews. This also gave the possibility for researcher to 

clarify some questions for the next interview or emphasize some areas that still needed some 

clarifications. Also, according to Delphi approach (Gordon 1994, 6), respondents were 

offered some information about emerging consensus from previous interviews. Theoretical 

thinking of the researcher developed during the interviews and for example, questions about 

voluntary or transparency in the scenarios could be asked to elaborate more if it was brought 

up by interviewee.  

 

Theory development, sincerity and credibility in the analysis have been thorough as the 

primary analysis was performed inductively second time and was strengthen with researcher 

triangulation. Throughout this research, transparency about decisions, choices and 

conclusions have been as objective as possible in reporting. The philosophical underpinnings 

of the research paradigm and methodology selected are discussed. The figures are used to 

provide examples and provide easier way to track researchers thinking path in every step of 
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process. The data collection is described, also bearing in mind the contextual factors and 

their possible influence on interviewer - interviewee interaction. As the research approach 

was inductive, researcher familiarized only a necessary volume with the theory to be able to 

conduct the interviews with experts. Significant contribution. Based on the results, the trust 

-related factors have been elaborated and can therefore be considered and understand better. 

Trust -related factors are presented in this study to provide understanding, not to suggest any 

causality between concepts. The results are based on interpretations from content analysis 

of the interviews and therefore are always subjective and not necessarily stated as such in 

any single research question. An attempt to report this transparently has been made but the 

subjectivity of constructions is always undeniable in research practice. Resonance. It has 

been a goal to write a report that person unfamiliar with the research area would be able to 

understand it. The two scenarios from the context of knowledge work provide the boundary 

conditions for study that may not be applicable for other kinds of work environments. 

However, Gioia et al. (2013, 24) argue that many concepts and processes are similar in 

organizational realities and therefore could be transferable across domains bearing in mind 

that the intention is not to generalize theory. Gioia (2021, 21) call these “portable 

principles”. Ethical consideration: This research follows the follows the premises of the 

responsible conduct of research. For example, transparency of the research process and the 

selection of methodology and the choice of informants supports this. 

 

 

5  Findings 

This chapter will present the findings of this study. The theoretical objective of this study 

was to produce knowledge and understanding on the critical factors of trust when using AI 

-powered employee data to develop sustainable knowledge work. Based on the 10 expert 

interviews across disciplinary fields the critical factors that impact employee and stakeholder 

trust in AI-powered project were identified. The critical trust-related factors were placed in 

a conceptual model to visualize the findings, combined with the theory of psychological 

contracts. In addition, the conceptual model presents the relations of factors and the time 

dimension of the process. Figure 8 present the findings.  
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Figure 8. Factors that impact employee and stakeholder trust in AI-powered project that use 

self-generated employee data 

 

According to the interview data, the critical trust-related factors in AI –powered project that 

use self-generated employee data were contextual factors which include regulation, 

legislation and culture, motivation and ability, employee characteristics and employer 

characteristics, process factors that include employee participation in AI-technology 

adoption and employer AI-technology adoption and outcome factors that are possibilities 

for value creation and challenges in unintended consequences. Process of psychological 

contracts was also integrated to results as several trust-related factors, that need to be 

comprehensively discussed in the process of AI-adoption, was recognized in the data. The 

trust-related factors can have an impact on each other (the arrows in figure 7). 

 

Some of the trust-related factors identified were individual, such as motivation, some 

organizational such as employer characteristics and some societal such as regulation. Some 

of the factors impacting trust are more complex than others and involve tensions. This 

emphasizes the complex nature of trust related to use of employee data in organizations with 

AI –technologies. Tensions within the trust-related factors provide opportunities but also 

challenges to trust. Trust-related factors identified may be relevant not only for employees 

but also other for other stakeholders such as human resources department, research and 
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development department, the project organization, and representatives from trade union. The 

trust-related factors identified varied depending on the stage of the process of adopting AI 

technologies. In the beginning of the project, the contextual trust-related factors need more 

attention. When the project advances and the AI-technology adoption process begins, 

employee participation and employer AI-technology adoption and possible psychological 

contract breach calls for more attention. Outcome factors, possibilities for value creation and 

challenges in unintended consequences, presents themselves once the project advances to a 

stage where the technology is already being tested. These trust-related factors can be 

influenced in advance but some of them might appear unexpectedly and are difficult to 

predict.  

 

The conceptual model depends on the context of work, here the knowledge work, but also 

the type of employer would change the model. Other relevant stakeholders were included to 

research question and the phenomenon of this study. However, the experts interviewed did 

not include them specifically to the process of AI-adoption. HR, occupational health and 

employee representatives were mentioned in a few discussions, but more in role of 

supportive actor, such as ensuring the right use of data due to their experience (HR, 

occupational health) or representing employees, than as part of the real participation process. 

Next, the critical trust-related factors in the conceptual model and their relations are 

elaborated into detail. 

 

5.1  Contextual trust-related factors 

According to interview data, in the beginning of project that aims to use employee data in 

organizations with AI –technologies there are several contextual factors that impact trust, 

that needs to be considered. These are regulation, legislation and culture, and motivation, 

ability, employee characteristics and employer characteristics. These trust-related factors all 

include factors that are quite stable and difficult to influence as they are often constructed 

over time and possibly by external party (figure 9).  
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Figure 9. Factors that impact employee and stakeholder trust in the beginning of a project in 

AI-powered project that use self-generated employee data 

 

According to interview data, regulation and legislation included EU regulation and 

national legislation that project needs to comply. It was seen essential that these factors are 

communicated to all stakeholders involved in the planned project. In the interview data, it 

became evident that AI regulation is experiencing transition at national, EU and global level. 

Interviewed experts elaborated how AI regulation is catching up with this advanced 

technology and addressing some questions that have raised, concerning for example 

transparency, accountability, privacy, and data ownership. It was pointed out that national 

legislation as well as data regulation on EU -level dictates the direction and the goals the 

project can pursue. Culture includes national culture that is a trust-related factor that has a 

big impact for the process as it was elaborated by one interviewee:  

“Technology is considered in alignment with Nordic values like trust and 

autonomy and so we are thinking about these things but in some other context, 

they don't have a tradition for thinking in the same way so, these technologies 

can be very, very harsh in those places.” (P7.So) 
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Motivation and ability are trust-related factors that are very important in the beginning of a 

project. According to interview data, ability included user experience and training. 

Employee or peer experiences of ease of use would encourage use of technology and trust. 

Flexible and helpful tool would be considered more welcome. Also, adequate training was 

seen vital, as it ensures the right use of tools and this way also reliable data. Motivation 

consists of the value creation potential where the interviewees described benefits to 

employee, benefits to employer and benefits to work itself. It was considered important to be 

open about the benefits and who is receiving them. Benefit can be seen individual but also 

as mutual, shared value between employer and employee and other stakeholders. 

Recognizable value impacts trust but also technology use and participation. The value is 

even something that can outweigh the risks and data privacy issues as elaborated by an 

interviewee considering AI based service in the first scenario : 

”I mean, just think about Google, we all know how invasive that is, and how 

much they collect data from us, and how much it’s being sold and how much 

we’re being manipulated by Google, and still, we use it, because the benefits 

are so great we couldn’t live without Google, not on laptops and particularly 

on these. So the benefits need to outweigh the risks, so if it’s only seen as a tool 

for the management to control and monitor, or even worse if it’s just like, well, 

it’s just nice to know kind of, whatever who uses but it’s a fantastic project so 

it’s not gonna fly.” (P3.IS) 

The interviewees described benefits to work itself as improving processes with AI-

technology by reducing manual work. Benefits for work itself could also be revealing, for 

example, revealing insufficient time-consuming processes or hidden obstacles. What was 

considered important was that whatever issue was being solved with technology, the projects 

connection to work should be evident. In addition, the employees or relevant stakeholders 

should have an experienced need for system or the starting point for the whole project should 

be an experienced problem at work.  

 

Employee characteristics that impact trust consists of employee attitude that was elaborated 

into individual technology orientation, willingness to share data and attitude towards AI. 

Personal working habits in their technology use and willingness to share their own data was 
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described to vary greatly among individuals and it was also suggested that there can also 

exist a generation gap. Organizations should take advantage of individuals positive 

technology orientation, however at same time being careful not to use individuals’ personal 

tendencies as a general standard for acting, as one interviewee stated when discussing the 

AI based service in the first scenario:  

”Many people do self-tracking already. … People are tracking a lot already 

themselves and some are quite happy to share their experience, this should be 

utilized. …There's always going to be people who are very enthusiastic about 

it, and there are always going to be people who, don't wanna do that. It's 

almost like a personality trait. …I think those kinds of things are good to take 

also into account that you don't create a norm that one kind of tracking, 

relationship is the norm that all the others are being evaluated against.” 

(P7.So) 

According to interview data, personal attitude towards AI or data collection impact trust, 

whether it be unrealistic fears about technology or overoptimistic expectations about its 

performance. Interviewees described how perceptions of AI are created in a public 

discussion and media but how knowledge on technology also has a role in forming an attitude 

towards AI. 

 

Employer characteristics that impact trust in the interview data consists of organizational 

culture and organizational structures. Organizational culture was described to include values 

and norms. If the project is not supporting the values at workplace, it is convicted to failure. 

Interviewees suggested that norms, the unofficial ways of working or the division and shared 

understanding about the responsibilities and obligations of employer and employee, should 

be explored and recognized. Organizational structures included organizational context and 

team characteristics. It was considered important to find out the way of working and remain 

sensitive to organization specific terms and concepts. It was emphasized in the interviews 

that technology itself does not repair insufficient work structures. Structures, that are used 

as measurements for the data collection, need to be established and functioning. Team 

characteristics in a form of team structures, responsibilities, roles, shared goals, motivation 
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and leadership activity needs to be clear and agreed on. One interviewee described how there 

can be challenges in connecting modern tools with culture of traditional solutions: 

”Then connect of course with the official processes and tools that we have in 

the organisation. But this is challenging. … we are in a way pioneers. We 

create algorithms the software the AI that is then used and we use it and others 

use it. We see this gap that we try to go beyond state of the art and then we see 

these legacy solutions that are very old school and sometimes very difficult to 

use and connect with these other things.” (P2.CS) 

 

5.2  Trust-related factors in AI -technology adoption 

Based on interview data, when project advances, process factors become more critical. Trust-

related process factors at this stage are such the employer; project organization, HR and 

research and development department can be considered to have an influence on. These 

trust-related factors are employee participation in AI-technology adoption and employer AI-

technology adoption. What is essential to understand at this stage is that psychological 

contract is most likely under renegotiation or repair due to the disruption the project causes 

and the change at working environment when adopting AI. From the interview data, there 

were several trust-related factors identified that must be comprehensively discussed in the 

renegotiation/repair of psychological contract. The result from this renegotiation will also 

impact trust in AI-technology adoption (figure 10).  
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Figure 10. Factors that impact employee and stakeholder trust in the process of AI-

technology adoption 

 

In employee participation in AI-technology adoption the interviewees described the 

following trust-related factors: engaging employees in different stages, engaging employees 

at different degree, culture and practices, knowledge, challenges in engaging employees and 

human agency. The interviewees perceptions varied about what stage in the process to 

engage employees. Employee participation in the very beginning of the project was 

supported. Some interviewees even recommended that the employees would choose the 

development direction and the technology used in the workplace. Some admitted that 

employee representation was mandatory, but very early in the process, when the decision 

about the project is made. Engaging employees at different degree was described. Some 

experts concluded it is important that employees are heard and that 

”people can voice concerns in the process” (P4.IS),  

while some suggested merely collecting user reactions. Some experts supported the idea of 

co-designing and slow design process of testing the technical tool with the users and then 

designing it further with users. The importance of dialogue and a genuine discussion was 

emphasized and the feeling of possibility to influence was considered important.  
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”So that those kinds of the feeling that you really have a say on what sort of 

systems are being adopted will be relevant there.” (P8.Phi) 

Participation was also seen also a question of culture and practices. Participation requires a 

culture of work development that originate from the employees. If the organization has a 

culture of participation, co-designing should not be unfamiliar way of development. The 

interviewees did not agree about the level of knowledge needed for participation. Some 

interviewees were sure modern knowledge worker have all the knowledge they need for to 

participate, while some argued that a basic knowledge on the technology and AI 

development is required from participating employee. Despite the overall agreement that 

some participatory practices would contribute to trust, challenges were also seen in the 

participation. It was stressed that it is hard to know at which stage it is best to include 

employees in the process. Interviewers described some dangers in involving the potential 

users on wrong time. When the process has advanced to the demo stage, the inclusion of 

potential users might lead to unwanted outcomes of participators optimizing results and 

producing unreliable data. Also, providing false opportunities to impact too late, where the 

in fact are no possibility to influence on the decisions was seen to break the trust. 

“Because otherwise it is no use. That is instead building mistrust, that we 

pretend to be listening to you, and even though you have provided us with 20 

development suggestion, we will not use them. That only breaks the trust.” 

(S9.Eth) 

It was suggested in the interviews that the challenges in participation might also result from 

the skills. Skills for looking forward and knowledge about the organizations past was 

emphasized as a necessity for designing future. Capacity to future thinking, innovative and 

creative thinking is important in designing and this was feared to lack from employees as 

they were described 

”so burdened by the present, that it’s hard for them to see past the issues they 

are currently having and to imagine the future in a free and innovative 

way...everyday experience is so strong that it hinders creativity and innovative 

thinking.” (P4.IS) 
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Sense of human control in the AI -tool was considered important. Possibility to override the 

tools decisions and visibility of the tool itself would create feeling of human agency. It was 

emphasized that people should have the final decision. 

 

In Employer AI-technology adoption trust-related factors are technology characteristics 

and work characteristics. According to interview data, technology characteristics included 

usability and technology performance. In the usability, the interviewees referred to the easy 

use of AI-tool and flexibility of a tool. Technology performance included the reliability of 

the AI-tool and the reliability of overall technology system. Work characteristics were 

described in the interviews as nature of work that includes work content. The projects 

connection to work impacts trust. This requires the knowledge of the content of the work 

itself and its challenges. If the connection to work is not recognizable, people are suspicious 

about its purpose. It was suggested that it is important to understand how people view their 

work and results of their work, to build the right project and tools to support it.  

 

In the process of AI-technology adoption, the interview described several factors that can 

have an impact trust. These factors are transparency, data management, data ownership, 

voluntariness, consent, understanding and integrity. These are factors, that were identified 

as a part of the process of psychological contract renegotiation or repair and need to be 

addressed and discussed openly and defined clearly when possible. Genuine discussion, the 

openness about these matters, have an impact to psychological contract renegotiation/repair, 

that may have resulted from the AI-technology adoption and the uncertainty it brings. It was 

identified that many of the complex trust-related factors create tensions as they can 

contribute to trust but can cause challenges to trust.  

 

Transparency was described in the interviews to included multiple dimensions that were 

transparency about technology, transparency about project and limitations of transparency. 

Transparency was seen to help in the acceptance of technology, trust and understanding. 

There were many requirements about transparency. Technology transparency requirements 

ranged from practical AI functions and reasoning path to large entities of data management, 

architecture, and reporting. Transparency about the project purpose, benefits, data 
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management and transparency of plans, even if they are not clear in the beginning, was 

suggested. This means being clear and honest about possible results. Also, constant 

communication during the project was seen to support transparency. 

”I think it’s more important to tell the employees that what is the sort of, 

endgame we are aiming for, with this tool, not so much that this will be the 

concrete outcome or the concrete measure we’re using or the method we will 

be using but, why we are doing this, what are the things in our organisation 

that need to be improved in our opinion and, what is the, how we are going to 

be more effective when we have this tool…” (P6.So) 

The interviewees described some limitations of transparency. Intelligent technology itself 

was described challenging because of its nature of complex adaptive system and the 

difficulty of following the reasoning path. Also, full transparency might lead to comparison 

between employees and can be an intrusion of privacy this way. In the interviews, 

requirements for transparency were seen as an emerging trend in society and organizations 

and therefore organizations are forced to meet this requirement soon. 

 

Data management included purpose driven data management, privacy protection and data 

security, competency in data management, challenges in data management and data quality. 

In purpose driven data management, it was concluded that data should only be used what it 

was designed for. There should be clear connection between purpose and data collection. 

Also, collection of data should be arranged so that only required data would be collected. It 

can be tempting for organizations to collect all available data. However, it was suggested 

that the use of secondary data could be considered in some cases when trying to understand 

an issue more deeply. According to interviews, privacy protection and data security could 

be increased by certain architecture or technical solutions of keeping data local in the device 

(federated learning), data aggregation level (reporting only grouped data) and data 

anonymization.  

 

Competency in data management was discussed in the interviews and some interviewees 

suggested a possibility that HR or occupational health should lead this kind of project. This 

was because their competency and experience in sensitive data management was trusted. 
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Careful consideration of data management was emphasized in early stages in project. 

Interviewees identified some challenges in data management such as the challenges that third 

party involvement might bring, even when they are invited to participate. This might bring 

new issues of data management as data moves between third party and employee or 

employer. Bad data management overall was seen to endanger the trust. Challenges also 

involved the possibility that privacy protection methods and solutions may be conflicting 

with the purpose. When purpose is to produce individual data, aggregation of data, that is 

needed to protect the privacy, may not be possible as described by one interviewee 

considering the first scenario:  

”when we are thinking about the individuals’ well-being then probably you 

still want to kind of, to be able to, recognise the individuals … so then having 

this kind of methods implemented then that would help the users of knowing 

that they are not pointed with a finger if there is some behaviour that the 

employer might think that is not, very healthy, but then again if the idea is to, 

also to detect what is happening with an individual then of course that can’t 

be done, so then that’s quite sensitive” (P5.Su) 

Data quality referred to the validity of the data and the data collection method. This included 

the user evaluation that the data collection method actually produced the right data and in 

right form for this kind of development. As one interviewee explained when considering 

trust-related issues in AI based service in the first scenario: 

”But I have to say, in some way I think when collecting data like this, the 

starting point is suspicious. … you could also ask whether it measures, for 

example in my case, how do you measure what is intensive working time, for 

someone whose job is to think things through. Or ‘meeting times’, which is 

possibly the most unproductive way of spending time, these different meetings. 

So I would say measuring time is not the best possible element for building 

trust.” (S10.Cog) 

 

Data ownership was described a problematical issue in the interviews. It included 

possibilities in data control as well as challenges in data control. When data ownership 

matters are clear, person may ask their data removed from the system or decide to opt in in 



69 
 

 

the data collection when desired. This kind of control of own data was seen to support trust. 

It was emphasized that the privacy boundaries of data collection should be clear. However, 

data ownership in employment relationship has challenges and ambiguity. It was identified 

in the interviews that full data ownership of employee might create tension between 

employee obligations to employer, and employer right to use the data collected during 

working hours, especially in the first scenario.  

”… your e-mails are property of (employer name) …. I mean there are privacy 

and all sorts still, it’s property of (employer name)... So even if you say that, 

we just collect it but nobody else can see it but you, that’s not quite true 

because it’s owned by the organisation.” (P3.IS) 

The experts interviewed did not agree who should own the data as they acknowledged that 

this is not a simple question. It was also referred to depend on the type of data that is being 

collected. It was however, agreed that the employees should have some level of control on 

their data.  

 

According to interview data, the trust-related factors of voluntariness, consent and 

understanding seem to be connected. They are closely linked to each other and intervention 

in one of them influence others. In terms of voluntariness the interviewees described 

possibilities of opting out and challenges in opting out. It was highlighted that in these 

projects, it is vital to offer a possibility to opt out. If this possibility is not offered, people 

might use other, unofficial strategies to opt out, such as simply not taking part or use the 

technical tools provided. Participation should be based on individual voluntariness; however, 

it was acknowledged that the voluntariness in employment relationship may create 

challenges due to power imbalance. These challenges can be for example whether the 

employee have a real possibility to choose not to participate if the project is a part of 

employees’ routine work. The voluntariness may be limited because of nature of the work 

as some AI-tools are an integral part of work and opting out of them is not a real possibility. 

”… I think you need to be, somehow clear about the goal, things that you can 

measure and you should measure because people are, they have contracts and 

they have obligations in the contracts, so I think it would be rather difficult to 
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say that you cannot use any data, because there are things that people should 

do because they get paid and so on…” (P6.So) 

Consent included possibilities in consent contents and challenges in consenting process. 

Interviewees agreed that consent for project, data collection and data use should be asked 

from the participators. However, the content of informed consent requires review. Consent 

for AI projects was described as ritual and not providing enough detailed information for 

example about data collection and use or project interrelations. In AI -projects that have 

hierarchical relationship between employer and employee, the significance of informed 

consent was seen to increase. Consent should be done properly also for the individuals that 

are affected by project. However, challenges in consenting process were identified, such as, 

do the employee have a real possibility not to consent or does the pressure of power 

imbalance between employee and employer leave no options for employee. It was also 

mentioned that technologies expect a certain kind of relationship between employee and 

employer, that is a positive attitude towards participation and employer.  

”… is this work organisation the kind of organisation that I wanna help with 

my, data. … not everybody likes their employer … people who are not, who 

don't wanna give extra help to their employers…” (P7.So) 

 

Employee understanding included both possibilities in understanding and challenges in 

communication. Some interviewees highlighted the understanding of technological details, 

as it increased the use of technology while some concluded that understanding only higher 

level of the project, what data is collected and why, is sufficient. Challenges in 

communication included the challenge to bring the project to organization in the right time 

and the right way. Too technical approach over human approach was seen to decrease trust. 

Some challenges in communication were identified when trying to increase the 

understanding by explaining. The communication style and concepts used matters and there 

can be a danger of explaining to be experienced condescending. A demand for professional 

and respectful communication style was stressed. 

 

Integrity was considered a critical factor impacting trust according to interview data. It 

includes possibilities for ethical design but also challenges in integrity beliefs. Possibilities 
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for ethical design included views of employer supporting and communicating the ethical 

values behind the system design. Also, the feeling of control of own data so that data does 

not move between participants would support trust.  It was mentioned in the interviews that 

occupational health could run the project as they are to be trusted with health data. The 

interviewees described several challenges in integrity belief. Challenges in integrity was 

connected to fears of data use and surveillance. It can be, that the employer is not trusted 

when they communicate the purpose, however good it might seem. This included such as 

fears about employer using data for harmful purpose or simply using the data unpurposeful 

way. In addition, there can be a suspicion about the project just being a tool for management 

for surveillance purposes. The employer seeing health data (heart rate, sleeping hours etc.) 

collected was seen problematic as it was often concluded that it should not be seen by the 

employer.  

 

5.3  Trust-related factors in the outcome phase  

In the process of AI-project in organization and psychological contract renegotiation, trust 

is maintained, strengthen or weaken for the AI-technology adoption. In the AI -project, trust-

related matters in the outcome -phase of the process also need to be considered. These are 

possibilities for value creation but also, despite of a successful process of supporting trust, 

challenges in unintended consequences that can impact trust in the employer-employee 

relationship (figure 11).  
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Figure 11. Factors that impact employee and stakeholder trust in the outcome phase of AI-

technology adoption process  

 

Possibilities for value creation consists of benefits of the employee participation. 

Interviewees described employee participation to help with transparency, understanding, 

purpose, reasoning, and compromises in the process. Also, trust can result as people 

familiarize themselves with the technology and see the value of it. Participation can also 

increase the motivation at work as employees have the possibility to influence something 

meaningful. In the design phase, participating employees can bring new perspective to 

design.  

 

Challenges in unintended consequences were considered negatively influence trust. They 

are unexpected occurrences that result from using advanced technology in developing work 

and can be hard to predict. Some are consequences the technology creates, and some humans 

create based on data the tools produce. The interviewees identified consequences to 

organizational culture, profiling and discrimination and revealing unrelated knowledge. 

Interviewees described consequences to organizational culture such as impact on creative, 

free discussion when working with a team and using intelligent tool to monitor conversation. 
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The mere knowledge of recording, impacts way of participating discussion, choosing 

discussion topics, and using concepts. It was also mentioned in the interviews that 

technology can create more distance between employer and employee. Intelligent 

technology can also strengthen hierarchy and distrust. Consequences to organizational 

culture also included the value decision, that choosing to implement this kind of project, 

brings. A new norm of behaviour can be created by supporting some desired behaviour by 

measuring and reporting it. 

 

Profiling and discrimination were described as an individual feeling of being a data object 

and not an acting subject. Technology can create inequality by rewarding unilaterally some 

behaviour but also choosing the data collection properties. Also, the project might end up 

accidentally bending data privacy boundaries if project collect data from individuals outside 

work. The data produced with intelligent tools can lead employer to compare employees 

together or at worst, profiling the desired employee. Interviewees described the revealing of 

unrelated knowledge when employee activity is monitored. This might be unwanted by the 

employees engaging to it. Technology can reveal the way of working that is undesired, but 

also new knowledge on social dynamics or dimensions of social structures that are not 

consistent with the official structures. 

”… in the teams, or for instance when they start looking at who they're writing 

emails to, do they actually make a network of who wrote emails to who when 

they show that most emails go to somebody never gets any. Somebody is always 

the initiator. This is a very delicate thing in terms of social dynamics. They 

basically show that the initiator might be somebody like for instance there's a 

team leader, but the network graph might show that the team leader is always 

bypassed.” (P7.So) 

 

5.4  The relations in the conceptual model 

The conceptual model presented the findings in a process of AI technology adaptation and 

integrated the theory of psychological contract to the process. As shown in figure 12, all the 
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factors in the model impact employee trust, but they also have impact to other factors in the 

process.  

 

 

 

Figure 12. The relations of the critical factors that impact employee and stakeholder trust in 

AI-technology adoption process 

 

Culture, regulation, and legislation is seen to impact the whole process and trust as they have 

impact to all levels, individual, organizational, and societal. Both motivation and ability have 

an impact on employee characteristics and employee characteristics. For example, in 

motivation, the value creation potential of the benefits to own work can have an impact on 

employee attitude in the employee characteristics. Or in ability, training can impact team 

characteristics in employer characteristics. Employee characteristics and employer 

characteristics impact each other as the trust-related factors in them are created over time 

and relate. The psychological contract is created in every employment relationship and is in 

the basis of trust in the employer and employee relationship (blue box in figure 12). All 

contextual factors, employee and employer characteristics impact the trust-related factors 

that are important in the AI -technology adoption process as well as the trust in the 

employment relationship, formed in the psychological contract. 
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Later in the process of AI -technology adoption, trust -related factors of employee 

participation and employee characteristics relate. For example, in employer AI-technology 

adoption, the nature of work can have an impact on voluntariness in employee participation. 

With AI-technology adoption, the psychological contract is renegotiated or repaired. The 

trust created earlier in employee – employer relationship defines how psychological contract 

breach, the disruption and uncertainty of AI-adoption, is experienced. Negative 

interpretation leads to repair of the psychological contract where there is possibility of 

permanent damage and positive interpretation leads to renegotiation phase. Both phases 

include cognitive efforts to modify the imbalance of employer and employee obligations and 

contributions. (Rousseau et al. 2018, 1082-1083) In this phase, there are several factors that 

can create both possibilities but also challenges to trust. All the factors in the process of AI-

technology adoption create trust. The process factors of AI-technology adoption may have 

an impact on the beginning steps of the process, motivation and ability. 

 

The trust-related outcome factors can be possibilities for value creation or challenges in 

unintended consequences, or both. Challenges in unintended consequences impact the 

possibilities for value creation as some of the trust-related factors can have a negative impact 

such as profiling and discrimination or revealing unrelated knowledge. Unintended 

consequences can also have direct impact on the trust. The possibilities for value creation 

can contribute to trust by bringing the benefits in employee participation such as motivation 

and commitment. Finally, all the factors in the process impacts trust in the employer-

employee relationship (blue box in figure 12). 
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6  Discussion 

In the following paragraphs, the research questions are answered, and the results are 

discussed in the light of previous literature. The main research question of this study was: 

How can organizations maintain employee and relevant stakeholder trust when using 

employee data to develop knowledge work? This was divided into two sub-questions: What 

factors impact employee and relevant stakeholder trust in AI-powered project that use self-

generated employee data? How should organizations implement AI -powered sustainable 

knowledge work project? 

 

The answer to the research question is as follows, by concentrating on the critical trust-

related factors, organizations can maintain employee and relevant stakeholder trust when 

using employee data to develop knowledge work. First sub-research question is answered 

next. Factors that impact employee and relevant stakeholder trust in AI-powered project that 

use self-generated employee data in knowledge work context are contextual factors in the 

AI-project (regulation, legislation, culture, motivation, ability, employee characteristics, and 

employer characteristics), process factors in AI-technology adoption (employee 

participation in AI-technology adoption and employer AI-technology adoption) and 

outcome factors in AI-technology adoption process that are possibilities for value creation 

and challenges in unintended consequences. In the process of adoption of AI-technology, 

the psychological contract is in a renegotiation or repair phase after experienced breach 

that AI-technology adoption and disruption created. Psychological contract renegotiation or 

repair includes several trust-related factors that are transparency, data management and -

ownership, voluntariness, consent, understanding and integrity. A conceptual process model 

of the results represents how different trust-related factors relate and present themselves in 

the process with time -dimension. 

 

Finally, the answer to the second sub-research question is elaborated. Organizations should 

implement AI-powered sustainable knowledge work project by investigating carefully all 

these factors related to trust in the process. The critical factors to trust have a noteworthy 
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time –dimension. Certain factors have been constructed in the past, such as employee ability 

and organizational culture, certain factors construct in the process, such as understanding, 

and employee participation and some factors become visible in the future such as unintended 

consequences. When designing AI -technology use in organization, difficult question such 

as data ownership, consent and transparency should be clearly defined and discussed open. 

Organizations should carefully design participatory practices and create strategies in 

advance for reacting to psychological contract breach. 

 

Trust is one of the critical elements of AI acceptance and successful use in organization (Siau 

& Wang 2018, 52). The results of this study strengthen the results of previous studies which 

suggest that a human centred approach in the context of work, should be applied to 

organizational AI use, taking into consideration employees´ and other relevant stakeholders’ 

perspective and trust (Faraj et al. 2018; Glikson & Williams 2020). Studies of AI have found 

antecedents of trust in AI. Siau and Wang (2018) use the division to human characteristics 

(personality, ability), environment characteristics (culture, task, institutional factors) and 

technology characteristics (performance, process, purpose). Oksanen et al. (2020) divided 

factors to contextual, individual characteristics and knowledge in technology. In this study, 

the trust-related factors were presented more holistically and detailed. The trust-related 

factors were not exclusively towards AI as technology, but trust had different references. 

Even though the scope of this study was to identify critical factors that impact trust, also 

different forms of trust was discussed within the factors. Trust-related factors can include 

interpersonal trust between people such as trust towards the designer or impersonal trust 

such as trust towards the technology and organizational trust such as trust towards 

employment organization. Therefore, fine-grained picture of different individual factors 

over time, could be drawn.  

 

Mayer et al. (1995, 710-711) emphasizes that it is important also to distinguish between what 

contributes to trust, what is trust itself and the outcomes of trust. In this study, all the critical 

factors contribute to trust towards AI-adoption but also trust in employee-employer 

relationship. Critical factors of trust appear in many levels. Some of them are international 

and national level (regulation), some organizational level (data ownership, organizational 
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culture), some managerial level (work characteristics) and some individual level (employee 

attitude, voluntariness). Many of the factors also includes several levels such as trust-related 

factors in the repair/renegotiation phase of psychological contract which include for example 

organizational level discussion of data ownership or individual employee -level of 

understanding. This complex and multi-level and multi-reference nature of trust-related 

factors create a challenge for AI -project as it requires knowledge and interventions in several 

levels. In addition, factors constructed over time and in present and possibly by external 

factors such as the legislator create a challenge. In this research, the results could be situated 

in a process that also illustrates the time-dimension of factors. As some of factors are 

constructed in the past, some present and some in the future, it is noteworthy to consider 

factors separate. For example, as Robinson (1996, 596) has concluded, early in the 

employment earned trust and employees sense of trust is the strongest in protecting negative 

consequences of psychological contractual breach. 

 

The results of this study highlight the importance of deep contextual knowledge in AI-

project, complex trust-related factors that create both opportunities but also challenges for 

trust, inclusion of employees and the necessity of constant, clear communication in AI-

technology adoption process. The results also strengthen some of the results from previous 

studies which are elaborated next. 

 

6.1  The importance of deep contextual knowledge 

Trust has social and operational context and therefore should always be evaluated in its 

context (Mayer et al. 1995; Oksanen et al. 2020; van der Werff et al. 2021). In this study, 

the contextual factors highlight the factors in context and individuals that are constructed 

over time and are quite rigid for change. Nevertheless, they might have impact to trust and 

therefore knowledge on contextual factors is mandatory prior to AI-adoption. As Lyu and 

Ferrin (2018) have concluded, antecedents of interpersonal trust are trustor factors, trustee 

factors (trustworthiness and behaviour) and contextual influences including aspects of the 

relationship and the context in which individuals are interacting. Trust in AI should be 

studied in its context as contextual factor always affect to it (van der Werff et al. 2021). 
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Congruent with Siau and Wang (2018) and Oksanen et al (2020), the trust-related contextual 

factors vary from environmental factors to individual and employer factors. However, in this 

study, technology-related factors that impact trust are separated in the process of AI-

adoption.   

 

In the contextual matters, especially regulation is very current and forms also a base where 

the AI -project may proceed. It is also complex, as it is formed by often external actor. 

Regulation has both national and international elements. The European Union General Data 

Protection Regulation (European Union 2016) and European Commission Artificial 

Intelligence Act Proposal (European Commission 2021) are just some steps of development 

in the regulation that pursue human-centric AI and trustworthy AI. The European 

Commission Artificial Intelligence Act Proposal promote the understanding of AI and 

address the risks associated with certain uses of such technology. Proposal “aims to 

implement for the development of an ecosystem of trust by proposing a legal framework for 

trustworthy AI”. (European Commission 2021) The proposal draws massive attention to it 

when published and several actors and organizations in the field published statements to 

address some of its controversial issues for example the definition of risk technology and 

demarcation of it. Whatever the proposal will be in its final version, it will sure have an 

impact to organizational use of AI technologies but also country -level legislation or 

guidance. Maintaining trust in AI -powered projects that collect employee data requires 

through examination about the national and international regulation that is related to the 

project and clear communication about what regulation and how, is being followed. 

 

In this study, many contextual factors are introduced to help better integrate AI to 

organizational development. Individual perceptions as contextual trust-related factor is 

important as it has impact to trust especially in individual level. Individual perceptions are 

such as perceptions about AI and personal habits. This strengthens the findings of previous 

studies where it is evident that employees’ perceptions and expectations of AI remains the 

main barrier for its effective use (Bitkina et al. 2020; Braganza et al. 2020; Makarius et al. 

2020). Discussion builds perceptions and many researchers have emphasized the need of 
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realistic public discussion on AI in terms of possibilities and limitations (see von Krogh 

2018, 404; Leicht-Deobald et al. 2019, 377; Kellogg et al. 2020, 367).  

 

Studying the perceptions and expectations of the ones that are subjected to the project, is 

important (Østerlund et al. 2020; Sowa et al. 2021, 141). In this study, individual preferences 

about technology use were found a trust-related factor, we should not forget the generation 

gap in workplace that might impact technology adaptation, but also as individuals differ 

highly on their preferences and skills of technology use. As suggested by Faraj et al. (2018) 

in the future, workers need new digital, technical, and cognitive competencies to be able to 

work alongside or co-operatively with technology. These new competencies can lead to 

inequality in the workforce as not everyone have the possibility to acquire them (Faraj et al. 

2018; Willcocks 2020, 297; Østerlund et al. 2020). 

 

6.2  Tensions in trust-related factors 

This study describes complex trust-related factors that create both opportunities but also 

challenges to trust. Many of the factors can contribute to trust when addressed with open and 

honest discussion with the employees subjected to AI-adoption. However, these trust-related 

factors, are not as simple as they first might seem. Many of the factors have more complex 

side that challenges trust. Often this is related to employment relationship, where the power 

imbalance between employee and employer creates its own challenge such as in consent. 

Also, contractual matters and employer and employee obligations and responsibilities may 

impact trust-related critical factors such as voluntariness.   

 

Consenting involves different tension. Power imbalance between employee and employer 

might influence consenting but also, the psychological contract between employee and 

employer may not be at the required level for individual to consent on the beneficial 

development for employer activity. Understanding the process is important factor for 

voluntary and consent and therefore to trust. There are challenges in explaining complex 

technology in a respectful and understandable way. Pickering (2021) also emphasizes the 
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understanding the technology enough to be able to make an informed decision. In this study, 

the content of consent was raised to discussion. The process of consenting can be too much 

of a ritualistic habit and the content of consent regarding to AI technology and data collection 

was seen insufficient. There are studies that also criticize the consent itself not fulfilling its 

purpose. Belli et al. (2017, 453) argue that the Notice and Consent approach is not efficient 

to protect the privacy of personal data as it is simply “take it or leave it” -contract where 

individuals have no real choice or control for their data but only to consent or not to use the 

tool/application altogether. They conclude that developers and organizations should provide 

the individual increased control on her personal data with wider consent approaches (Belli 

et al. 2017, 453). Similar findings have also Andreotta et al. (2021) that address many issues 

around informed consent but stresses the importance of informed consent with use of big 

data and AI -tools simply because failing to do so can cause harm to individuals. They 

suggest soft governance approaches such as ethical committee that would be responsible for 

evaluating policy statements by tech companies, and institutions, to ensure that their 

proposed policies meet ethical standards and guidelines should be created. Consent content 

could be in a form of pictures that would explain the complex technology better. (Andreotta 

et al. 2021) Pickering (2021) suggests a trust-based alternative to consent is a behavioural 

response to perceived contextual characteristics. Trust based consent is based on dynamic 

negotiation process with relevant stakeholders and participants that leads to set of 

recommendations for ethical use of AI (Pickering 2021).  

 

The critical trust-related factors that impact AI-adoption also circulates around questions 

that require difficult decisions, that can have positive or negative impact on trust. Complex 

question about data ownership can have an impact to trust as questions about when the data 

is collected and who owns the collection tools need to be addressed. These challenges and 

possible diverse views need to be solved and clearly addressed prior any project that collects 

data. There is a global data-activism – movement that promotes new forms of political and 

civic engagement, that has raised from problematic aspects of data management (Lehtiniemi 

& Ruckenstein 2019, 1). For example, MyData as one of these movements, strongly drives 

the ownership of all data to the producer of the data and the freedom to use it. They also 

suggest that personal data should be technically easy access and use and shared MyData 

infrastructure. (Poikola et al. 2015) If employer owns all the data collected, is has been 
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reported that the information imbalance that results from data use reduces employees’ sense 

of autonomy (Leicht-Deobald et al. 2019, 378; Kellogg et al. 2020, 367).  

 

Transparency as trust-related factor is expected about the technology itself and about the 

project. Transparency requirements focus on the project, but also technology and could be 

achieved through open communication, genuine dialogue, open reports, and documents. 

Transparency about technology also requires some technical solutions in the AI in terms of 

explainability and visibility. As concluded by Kellogg et al. (2020, 378), trust issues may 

also rise if employees have difficulties in knowing which data is collected on them and is 

the data accurate and correct. Transparency about the project and its purpose is a critical 

trust-related factor of this study. However full transparency about the project and technology 

is not an easy and trouble-free solution. In this study, transparency is highlighted, but also 

challenges are brought up, in terms of full transparency at the cost of privacy and the 

impossible requirement of transparent artificial intelligence. Koivisto (2020) also argues that 

transparency is more complex phenomena and an ideal of a kind that cannot be fully reached 

with AI. Transparency seems to be insufficient in addressing the problem of opaque control 

or explainability. Therefore, more fitting terminology is proposed, such as a right to 

explanation, explicability, or understandability. (Koivisto 2020) 

 

The trust-related factors include tensions by their possibility to build trust or harm it. This 

was identified in all the trust-related factors concerning psychological contract 

renegotiation/repair, but also in employee participation which is elaborated next. 

 

6.3  Employee participation and interaction 

Despite the recognized value of employee participation, the degree of participation and the 

stage of process where employee participation would be beneficial, is incoherent. Also, there 

are other challenges to participation that just the right time and level, participation may later 

impact employee behaviour with possible AI -tool. In addition, insufficient inclusion 

provided by employer may decrease trust. Participating AI-adoption project in the design 
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phase adds experience and experiences with the AI technology may accumulate trust towards 

it. This study suggests sense of agency as trust-related factor.  Sense of agency is defined 

as:” feeling of control over actions and their consequences” (Moore 2016). Human -

computer-interaction (HCI) -research has recognized the feeling of control as a key factor in 

how people experience interactions with technology. Sense of agency (SoA) has been 

studied in HCI and concluded that in developing or improving interfaces the user’s 

experience of agency is important. (Limerick et al. 2014)  

 

This study suggest that employees are included in the process of AI-adoption. Studies have 

concluded that employees’ voice can be limited dramatically with AI which can create 

insecurity and suspicion among employees. In addition, employees’ sense of autonomy is 

reduced by applying information on them and creating information imbalance between 

management and employees. (Leicht-Deobald et al. 2019, 378; Kellogg et al. 2020, 367) 

However, productivity can increase in successful AI collaboration (Jarrahi 2018; Sowa et al. 

2021). Therefore, it is vital that possible users of AI also participate in the process at some 

level and some stage. Crawford and Calo (2016, 313) and Østerlund et al. (2020) suggest 

that deployment of AI should include social-system analysis that evaluates weather or not 

people affected by AI decisions, have possibility to participate. The combination of AI 

technology and people in the organization can lead to sociotechnical capital, where the 

organization has been able to optimize the use of AI and people. (Makarius et al. 264-265)  

 

What is unique to AI technology is especially its capabilities and possibilities. However, as 

a novel and complex technology AI involves lack of understanding, uncertainty, and 

prejudice, suspicion, and distrust and therefore, challenges for its use. (Bitkina et al. 2020; 

Braganza et al. 2020) The trust related factors include trust-constructing possibilities but also 

challenges for the trust. Therefore, it is important that these issues are defined and discussed 

in the most open, understandable and comprehensively way in the process. Clear and 

continuous communication is identified to be important in almost every part of the process 

of AI-adoption due to its trust-building capabilities. In supporting psychological contract, it 

is vital. 
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Psychological contracts have an important role in supporting trust in employment 

relationship. Psychological contracts are constructed in time but requires no previous 

experiences or encounters of the matters related to it. (Rousseau 2001, 511 - 512) As 

organization might not have yet experience of AI when development project is designed, 

perceptions, expectations and believes are highlighted. Also, in the employment relationship, 

the psychological contract is always at risk have a breach or to be violated, especially when 

introducing new technology, disruption to routines and change (Robinson & Rousseau 1994, 

255). The consequences of psychological contract breach will depend on employer 

responsiveness and the time it takes. (Rousseau et al. 2018, 1091-1092). Therefore, in AI -

project the knowledge of the trust-related factors and the impact to psychological contract 

improves employer responsiveness to employee reactions and can lead to more positive 

outcomes. According to Rousseau et al. (2018, 1082), psychological contract is dynamic and 

evaluated in the relationship especially in the cause of disruption. Even the knowledge that 

AI will be used in organization and data is collected with the help of AI can cause breach in 

psychological contract (Braganza et al. 2020; Chang 2020, 382-383). Shared information, 

mutual agreements and mutual understanding of promises and obligations will support 

psychological contract (Rousseau 1989; Morrison & Robinson 1997, 238). Open 

communication, discussion possibilities and participatory practices will help to prepare of 

the possible negative consequences. Employers should pay attention to employees’ 

emotional states and addressing them when needed before negative consequences of breach 

occur (Zhao et al. 2007, 671).  

 

Various factors have an impact to trust, are complex and require many difficult decisions but 

also open communication and genuine interaction. In organizations, the use of AI has impact 

on those affected by AI –based decisions (Leicht-Deobald et al. 2019, 378; Clifton et al. 

2020, 6; Kellogg et al. 2020, 367). Therefore, it is important to study and address critical 

factors that impact trust at all levels of the designed project.  
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7  Conclusions 

Advanced technology, such as AI, has been used in organizational development for a while. 

It brings many possibilities but concerns as well. The dangers of AI, data management and 

consequences are widely discussed and researched. However, the human perspective in AI-

adoption have been in the shadow. 

 

In this study critical factors impacting trust when designing AI-powered project to develop 

knowledge work was introduced and a conceptual process model for implementing such 

project was presented. The contribution to research is new knowledge, understanding and 

more detailed picture of trust-related factors AI -project that use employee self-generated 

data in the organization. This study brings a multi-disciplinary and holistic expert view of 

the complex and multi-faceted nature of factors that impact trust in organizations adopting 

AI-technology for developing knowledge work. This study also integrates research on 

adopting advanced technologies, trust and psychological contract to a framework 

emphasizing the psychological contract renegotiation. The results of this study emphasize 

the time dimension of trust-related factors: before, during and after an implementation 

process. Next, implications for further research and practice are discussed. 

 

7.1  Further research 

The multi-disciplinary expert group offers a wide perspective of the phenomena. However, 

in future it would be beneficial to study stakeholders and employees' perceptions and 

expectations. In addition, as AI -technologies differ in risk and uncertainty, trust in different 

kinds of AI-services (i.e. AI context) should be studied. In this study, the factors impacting 

trust are considered, the consequences of trust, or distrust, are elaborated mostly in the theory 

section. However, also different forms of trust appeared in the results. In further research, it 

would be fruitful to study different forms of trust and antecedents of trust, separate. The 

study context, knowledge work, provide the boundary conditions for the study that may not 

be applicable for other kinds of work environments. In the future, it would be beneficial to 
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test the conceptual model in other kinds of work environments as trust in AI-adoption in 

different work context should be studied. Also, different kind of employers (private/public) 

would provide very different environments in terms of trust, expectations and 

responsibilities. 

 

Scenario -method as part of data collection appear to be relevant in interviews around 

complex, future -orientated phenomena. However, at the same time as scenarios should be 

plausible and convincing, the rapid change of advanced technologies set a challenge to 

scenarios when some of the technology might already be in the use and some still very 

futuristic. The two scenarios turn out to be very different in terms of trust related matters. It 

could be concluded that in the first scenario, interpersonal and organizational trust between 

employee and employer was more of an issue and in the second scenario, impersonal trust 

between employee and technology. However, many of the interviewees treated scenarios 

together and did not always make difference between them. In further research, it could be 

insightful to keep these scenarios strictly different and study them separate.  

 

7.2  Managerial implications 

A conceptual process model with managerial implications was created based on results. 

First, organizations should focus in creating a strong, development-oriented culture that 

nurtures trust, open communication, learning and positive but mindful attitude towards 

advanced technologies. Organizations need to engage into holistic planning, clear 

communication, participatory practices and deepen their knowledge of the contextual factors 

where they operate. The trust-related critical factors in the model emphasize the human-

centred design and the importance of paying attention to these trust-related factors in every 

part of the process.  

 

Organizations should be aware of the complex trust-related factors and the tensions they 

create. When designing AI -technology use in organization, difficult questions such as data 

ownership, consent and transparency should be discussed openly and clearly. Besides the 
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impact on trust, AI-adoption has an impact on psychological contract and the preservation 

of psychological contract after breach should be a priority to avoid negative effects and 

possible loss of personnel. Organizations should carefully design participatory practices and 

create strategies in advance for engaging employees in the process of renegotiating the 

psychological contract. Organizations should prepare in advance for unintended 

consequences and have strategies to address them.  

 

The conceptual model has the same implication as Makarius et al. (2020) and Seeber et al. 

(2020): bringing AI to organization requires a systematic, structured plan for change. 

Projects that use advanced technology should not be rushed as these projects raise many 

trust-related questions that need to be solved and explicitly discussed before starting such 

projects in organizations. As trust-related factors identified in this study have noteworthy 

time-dimension, organizations should see their development path form a holistic perspective 

with long-term planning where the decision that are made now, will have consequences in 

the future. This requires consideration where to invest now, that can benefit the future.  

 

It is suggested that employees should not be considered merely data objects, but as partners 

in mutual design process that strengthens the human-AI collaboration (Jarrahi 2018, 584; 

Sowa et al. 2021, 136; Leicht Deobald et al. 2019, 388). As context of work continue to grow 

in complexity, advanced technology is applied to support productivity, creativity, and well-

being at work. Employees and relevant stakeholders should be included in the design 

processes of development projects but also maintaining trust, that remain critical in 

employment relations, should be a priority.  
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Appendix 1. Interview instrument 

 

INTERVIEW INSTRUMENT     Paula Strann  
  
RESEARCH QUESTION:  
How can organizations maintain employee trust when using employee data to develop more 
sustainable knowledge work practices?  
  

• What organizations should consider maintaining employee trust when designing AI-
powered project that collect and exploit self-generated (workplace and physiological) 
employee data?  
• How should organizations design and execute AI -powered sustainable knowledge work 
project to maintain employee trust?  

  
RESEARCH OBJECTIVE:  
Research objective is to produce knowledge on the critical factors of employee trust when using 
employee data to develop knowledge work.   
Research objective is to create a process model of AI-powered employee data collection and 
use which is exploited to give feedback for employee and teams to develop more sustainable 
work practices.   
  
  
EXPLOITING SELF-GENERATED AND AI-POWERED EMPLOYEE DATA TO DEVELOP KNOWLEDGE 
WORK  
   
CASE 1. DEVELOPING SUSTAINABLE KNOWLEDGE WORK WITH EMPLOYEE TEAMS   
 

In a fictional knowledge intensive organization, a project team of HR, IT and OD persons 
is planning to develop knowledge work with self-generated and AI-powered employee 
data. The aim of the project is to develop employee knowledge work sustainability by giving 
feedback for individual employees and their team members to optimize their synchronous and 
asynchronous teamwork. In this project a group of volunteer knowledge workers will get feedback 
from AI –powered service that collect employee data in terms of work for example working hours, 
the durations of meetings and employee networks.  
 
Service gives feedback to employees about focus time, interruptions during work, the leisure-time 
recovery, working hours outside office-hours and active and non-active connections in 
network. With this data, knowledge work can be developed towards sustainable knowledge work 
that considers employee creativity, productivity and well-being. This is enabled by focusing to the 
possibility to concentrate uninterrupted, individual productive working hours, balance between 
work and rest and recovery. In addition to giving feedback to individual employees, also team 
interdependent work needs to be considered so that different team members’ productivity and 
well-being is considered when coordinating team synchronous work time.  
 
Sustainable knowledge work is developed based on data from two fictional services: 
1) “ACTIONS”, Analytical service of work data 2) “BALANCE”, Analytical service of health data.   
 

1) “Actions” is an analytical AI –powered tool, that can produce information to employee on the 
ways of working; how working time is divided, at what hours and what kind of tasks. Service 
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provides employee data on meeting times, sending times of emails, intensive and passive working 
times, employees active networks and outside office hours working hours.   
 

The data collected from “Actions” concentrates in working hours, how working time is 
divided (meetings or other) and when emails are sent. This way team member gets automatically 
reports that he/she can bring to team to synchronize teamwork. All team members can share their 
“team active hours” and design this way productive teamwork. Different team members can 
synchronize their time together in a way that individual requirements for optimal 
working times are taking into consideration. With data from the service, individuals can pay 
attention to their working rhythm and working times in health and 
wellbeing perspective. Employee networks provide information on who are the persons that 
individual team members are most in contact with. This way individuals can 
evaluate whether their network is sufficient and should they search more experts related to certain 
issues the team is working with.   
 

2) “Balance” provides sensor –measured heartrate analytical data to employees about their life 
cycle, sleep, activity, alertness, exercise, recovery and stress in different situations and hours. With 
this data employee can find most productive hours, balance rest and activity, follow recovery and 
find most stressful situations.  Data can be used to make changes to enhance the individual well-
being.  
 

The data from service offer individual team members feedback on their wellbeing concentrating on 
the optimal recovery. With this data, team member can adjust their life habits to support their 
overall health and wellbeing. Individual team members can also share their personal data on 
specific stressful situations and recovery times during intensive work periods related to 
teamwork and this way develop more productive teamwork.  
 

   
CASE 2. EXPLOITING AI-POWERED SERVICE FOR ASYNCHRONOUS AND SYNCHRONOUS 
KNOWLEDGE CREATION WHILE WORKING IN A COLLABORATION PLATFORM    
 

In a fictional knowledge intensive organization, a project to develop knowledge work and 
organization is designed. In this project a group of volunteer knowledge workers get to work with 
AI –powered tools in a collaboration platform. Collaboration platform is developed to 
support knowledge worker and team co-creation and reflection for increased learning, 
engagement and productivity in co-creation processes.   
 

The Platform used in project has range of chat moderation possibilities 
that support engagement, active participation and creativity. Platform enables quick knowledge 
sharing and knowledge creation. For the facilitator, the platform provides information on 
participation and can support active participation in discussions and activities with 
encouraging notifications. Platform enables the understanding between people, productivity and 
creativity as it has an AI –powered analysing property that can produce compact summaries about 
the content of chat -discussions, word clouds and sentimental analysis of the topics discussed. This 
can be useful when evaluating individually or as a team the productivity of team and its progression 
on tasks in hand. Sentimental analysis can provide information to the team on how team written 
discussion reflects what are the main concerns among team members and what is valued.   
During a virtual meeting, the platform has AI –enabled service that writes conversational 
documents. This “AI-assistant” records written conversation from word to word for the 
participators to be seen. Team gets feedback on what issues have been discussed and what 
sentiments are found during conversations and compact summaries of conversation can be 



103 
 

 

produced. The written memo about the conversation can be exploited by team members 
individually and together, for example to evaluate how the conversation moved forward. They can 
also click individual words in the cloud to see all the comments behind the words and add their 
own comments asynchronously or synchronously. With this the team can evaluate other meetings 
they had in the platform, was the same topics at the centre of a different meeting, what was solved 
and decided, how time-consuming different issues were, did all participants contribute and was all 
the possible solutions considered.   
  
  
INTERVIEW THEMES  
 

Theme 1. Designing AI –project  
 What to consider in advance to maintain employee trust in CASE 1 and CASE 2?   
How employee participation in CASE 1 and CASE 2 should be designed to strengthen employee 
trust?  
  
Theme 2. Data collection, storage and use  
How AI-enabled data collection and storage should be designed in CASE 1 and CASE 2 to maintain 
employee trust?   
How the AI -powered tools in CASE 1 and CASE 2 should exploit the data they collect to support 
employee trust?  
 


