
 
 

 

 

 

 

 

 

 

THE IMPACT OF ARTIFICIAL INTELLIGENCE ON KNOWLEDGE 

MANAGEMENT PRACTISES 

 

 

 

Lappeenranta–Lahti University of Technology LUT 

Master’s thesis 

2024  

Shan Shan Yang 

Examiners: Associate Professor Lea Hannola 

                   Associate Professor Kirsi Kokkonen 

  



 
 

ABSTRACT 

Lappeenranta–Lahti University of Technology LUT 

LUT School of Engineering Sciences 

Industrial Engineering and Management 

 

Shan Shan Yang 

 

The Impact of Artificial Intelligence on Knowledge Management Practices 

Master’s thesis 

2024 

97 pages, 10 figures, 6 tables and 1 appendix 

Examiners: Associate Professor Lea Hannola and Associate Professor Kirsi Kokkonen 

Keywords: knowledge management, artificial intelligence, knowledge management 

systems, AI-driven tools, knowledge management practices  

 

As modern organizations face the challenge of managing vast quantities of data across 

diverse systems, effective knowledge management is becoming increasingly important. 

Knowledge management processes such as creation, storage, sharing and applying of 

knowledge impact significantly on decision-making and competitiveness. In this context, the 

role of artificial intelligence has grown as a key component of the data revolution within 

business utilization agendas. Numerous organizations are exploring the implications of 

artificial intelligence for their operations and are seeking best ways to harness AI to improve 

knowledge management practices. 

The objective of this thesis is to critically examine the transformative role of AI in 

knowledge management, by presenting both concepts and exploring their interrelationship 

in today's data-driven economies. Through a comprehensive literature review and empirical 

research, the thesis elucidates how emerging AI technologies are being integrated into 

knowledge management systems, enhancing their processes and the organizational ability to 

manage knowledge. It also addresses the cultural and human resource factors that are critical 

to the successful adoption of AI in knowledge management.  

Study findings suggest that successful implementation of AI in knowledge management can 

significantly enhance organizational agility, increase competitive edge, and improve 

operational efficiency. Therefore, it is concluded that AI streamlines knowledge 

management processes and redefines knowledge management strategies to leverage AI 

technologies for improved knowledge management outcomes. AI not only manages data 

proficiently, it also cultivates a culture of continuous development, ingraining a principle of 

ongoing improvement within the organization's operational structures. 
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Nykyajan organisaatiot kohtaavat haasteita hallitessaan valtavia tietomääriä eri 

järjestelmistä, mikä korostaa tehokkaan tiedonhallinnan merkitystä. Tiedon luominen, 

tallentaminen, jakaminen ja soveltaminen vaikuttavat olennaisesti organisaation 

päätöksentekoon ja kilpailukykyyn. Tässä yhteydessä tekoälyn rooli on kasvanut 

datavetoisen johtamisen keskeiseksi osaksi liiketoiminnan hyödyntämissuunnitelmissa. 

Monet organisaatiot tutkivat tekoälyn vaikutuksia toimintaansa ja etsivät parhaita keinoja 

hyödyntää sitä tiedonhallinnan tehostamisessa. 

Tämän diplomityön tavoitteena on kriittisesti tarkastella tekoälyn mullistavaa roolia 

tiedonhallinnassa, esitellen keskeiset käsitteet ja tutkien niiden välistä suhdetta nykypäivän 

datavetoisessa ympäristössä. Työssä tutkitaan kirjallisuuskatsauksen ja empiirisen 

tutkimuksen avulla tekoälyn teknologioiden integrointia nykyisiin 

tiedonhallintajärjestelmiin, joiden tavoitteena on ollut tehostaa tietojohtamisen prosesseja ja 

organisaation kykyä hallita tietoa. Työssä tarkastellaan myös kulttuurisia ja ihmiskeskeisiä 

tekijöitä, jotka ovat merkittäviä tekoälyn onnistuneessa käyttöönotossa. 

Tutkimuksen tulokset ehdottavat, että tekoälyn onnistunut käyttöönotto tiedonhallinnassa 

voi merkittävästi parantaa organisaation ketteryyttä, lisätä kilpailuetua ja parantaa toiminnan 

tehokkuutta. Johtopäätöksenä voidaan todeta, että tekoäly virtaviivaistaa tiedonhallinnan 

prosesseja ja auttaa määrittelemään tiedonhallintastrategioita, jotka hyödyntävät 

tekoälyteknologioita parempien tulosten saavuttamiseksi. Lisäksi tekoäly edistää jatkuvan 

kehityksen kulttuuria organisaatiossa, juurruttaen jatkuvan parantamisen periaatteen sen 

toimintarakenteisiin.   
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1  Introduction 

In today’s modern knowledge-driven economy, maintaining the relevance and currency of 

organizational knowledge is increasingly challenging. The exponential growth of data often 

leads to what is described as data overload. (Sharma et al. 2023) The challenge extends 

beyond sheer volume as the velocity and variety of data further complicate the extraction of 

actionable insights. Such complexities underscore the imperative need for effective 

Knowledge Management (KM) to maintain the relevance and currency of organizational 

knowledge. (Dasca 2023; Cho & Korte 2014)  

KM has become increasingly crucial as knowledge is dynamic, contextually driven, and 

continuously evolving (Mehrez et al. 2020). Its role is pivotal in current dynamic business 

setting, where it is integral to organizational strategy and success (Lin & Lee 2005; Arba 

2023). The rise of Artificial Intelligence (AI) and its rapid adoption by organizations 

highlight the growing focus on enhancing KM practices to manage the increasing volumes 

of data that businesses collect (Arba 2023; Gao et al. 2021). AI's integration into KM not 

only facilitates the automation of routine tasks but also enhances the knowledge creation, 

storage, sharing, and utilization processes through advanced AI-driven tools. (Vadari & 

Desik 2021; Sołtysik-Piorunkiewicz et al. 2014; AlGhanem et al. 2020).  

Knowledge management originated as a popular field of management in the early to mid-

1990s, and it evolved dramatically as the digital era progressed. (O'Dell & Elliott 1999) 

Today, the tools available for data processing and analysis have grown significantly, 

enabling organizations to adapt their business models to better match their operational 

environments (Omotayo 2015). The interaction of technological breakthroughs and KM 

methods is changing how companies use information to drive strategic objectives and 

preserve a competitive advantage. (Laihonen et al. 2013, p.10)  

Recent breakthroughs in AI, such as deep learning and generative AI, have significantly 

increased the capacity for algorithms to replicate human capabilities and unlock the full 

potential of organizational data.  (Duffy 2020; Forbes 2023). According to the research made 

by Gartner (2023), By 2026, more than 80% of organizations will have used or implemented 

generative AI-enabled applications. This substantial increase indicates that companies are 

increasingly relying on these advanced AI’s capabilities to enhance their operational 



9 
 

efficiency and innovation through KM. (Gartner 2023) This trend creates the need to 

understand how AI may be utilized to help knowledge management, and particularly what 

kind of capabilities from companies is needed. 

1.1  Research objectives and scope 

The primary objective of this thesis is to present a thorough analysis of the role and impact 

of AI in addressing the challenges faced in knowledge management, particularly those 

arising from the evolving technological landscape. This study investigates how AI-driven 

solutions can effectively navigate and mitigate these complexities, supporting operational 

activities within organizations in the realm of knowledge management. The aim of the study 

is to understand how AI can transform knowledge into a powerful tool for securing 

competitive advantages, focusing on the implications of AI integration in enhancing KM 

processes and strategies. 

This study's scope is defined by its focus on AI in knowledge management within 

organizational contexts. This study addresses the organizational processes involved in 

creating, identifying, and managing knowledge, as well as structuring it to ensure effective 

and efficient use by employees and teams. It also involves examining the most common 

challenges in knowledge management as identified in the literature, and determining the 

primary processes to which these challenges are related. The study will examine the impact 

and significance of AI across these key KM processes, as identified and outlined in the 

literature. Attention is given to the dynamics of AI system adoption, user strategies, and their 

influence on KM processes. However, it is important to note that this work does not delve 

into the technical specifics or direct comparisons of the systems. Instead, it focuses on their 

strategic use and effects on KM practices generally. 

This study will focus on the following three main research questions: 

1. What are the key KM processes relevant to an organization, and how they are 

impacted by AI-based technologies? 

2. What are the challenges and opportunities presented by the integration of AI in 

Knowledge Management processes 

3. How can AI contribute to make more effective KM? 
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a. How can AI-driven tools transform traditional knowledge management 

practices? 

b. How do the AI-driven tools impact the overall efficiency and effectiveness 

of common challenges phased in organizations?  

1.2  Research methods and data 

This thesis integrates theoretical and empirical research methodologies to offer an in-depth 

analysis of AI's impact on knowledge management, considering developments up to the 

present and exploring future trends. The theoretical part of the thesis is based on a 

comprehensive literature review. A literature review is a systematic way to examine existing 

literature and scientific articles within a specific research area (Puusa & Juuti 2020).  

This thesis employs a qualitative research method in study’s empirical part. Qualitative 

research focuses on achieving a deep, comprehensive, and context-bound understanding of 

the topic (Puusa & Juuti 2020). Qualitative research examines subjective perspectives such 

as attitudes, opinions, and behaviours, unlike quantitative research, which emphasizes 

numeric and quantitative outcomes. Qualitative research provides a unique tool for 

understanding the motivations, desires, and experiences of individuals, as well as for 

analysing a phenomenon and its context. (Hirsjärvi et al. 2009, p. 128)  

Data was collected by interviews that are commonly employed method in qualitative 

research (Metsämuuronen 2008; Hirsjärvi et al. 2009, p. 151). The form of interview chosen 

was the semi-structured and thematic interview. Characteristic of qualitative research is the 

dialogue between theory and data, where theory serves as a tool to support the interpretation 

of empirical findings (Puusa & Juuti 2020). This perspective was consistently maintained 

throughout the research process. 

1.3  Thesis structure 

The thesis is structured into seven comprehensive chapters, each designed to build upon the 

knowledge presented in the previous section to create a coherent and logical progression that 

explores the intersection of AI and knowledge management. The introductory chapter lays 
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the foundation for the investigation by highlighting the essential background factors, 

defining the core research questions, and outlining study's objectives and scope. This section 

establishes the thematic framework that guides the subsequent exploration of the thesis. 

Chapter two and three cover the theoretical content from literature review regarding the 

fundamental aspects of knowledge management and AI’s integration. The fourth chapter 

describes the research methodology, that will include chosen research strategies, methods of 

collecting data, and procedures of data analysis. Chapter five covers the study’s findings, 

summarizing the challenges and opportunities of AI integration, its impact on organizational 

adaptation and employee interactions, as well as decision-making processes, ethical 

considerations, and future trends. Chapter six will answer to the thesis's research questions, 

combining the empirical findings with theoretical insights. Finally, chapter 7 presents 

conclusions drawn from the findings, possible limitations, and suggests areas for future 

research.  

Each chapter of this thesis is designed not only to address specific research aspects but also 

to ensure that when considered as a whole, the thesis presents a comprehensive analysis of 

AI's role in transforming knowledge management practices. It examines specific AI tools 

that have demonstrable effects on KM, within the framework of organization environment 

(Figure 1)  

 

Figure 1 Theoretical framework  
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2  Knowledge management fundamentals 

This chapter provides a holistic understanding of KM, offering a blend of theoretical insights 

and practical implications. Beginning with an exploration of the fundamental concepts and 

roles that KM plays in driving organizational success, the narrative progresses to examine 

KM's historical evolution and its adaptation to technological advancements. The discussion 

further delves into various significant KM models and strategies, analyzing their impact on 

organizational efficiency. Concluding with a look at the present challenges and emerging 

trends in KM, that are changing the way KM's vital position in the modern business 

landscape. 

2.1  Definitions and key concepts 

Information has become a significant capital for businesses, facilitating decision-making, 

growth, and competitive advantage (Kayabay 2022, p.1). Information refers to facts and 

observations, with its most basic form termed as 'data'. Data, in its unprocessed form, is not 

yet interpretable as information but can be transformed into useful insights through 

processing. (Finto 2018) Rowley (2007) describes data as raw observations or facts that lack 

meaning or explanations. This view complements the understanding that data, when 

processed and contextualized, becomes information that gives context to the raw data 

(Rowley 2007; Braganza 2004). 

The link between knowledge and information is important. Knowledge is perceived as 

collection of data and information that incorporates experiences, skills, expert judgements 

and understanding. The combination of this outcome allows predictive decision-making and 

guides actions (Rowley 2007; Donate & Sánchez 2015) Unlike only transferring 

information, knowledge involves using it in new ways and requires elaboration emphasizing 

its role in the strategic and operational processes within organizations. (Braganza 2004; 

Siltaoja 2014)  

The various types of knowledge are sometimes structured by the knowledge hierarchy, 

which considers knowledge refinement. Figure 2 illustrates the hierarchy of knowledge. 

Higher up the ladder, processing, evaluating, and human reasoning get more complex, which 
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makes producing or managing unexpected technical material even more challenging. 

Knowledge begins with facts and information in the bottom of knowledge hierarchy. These 

are then processed by humans to become knowledge. Eventually, it turns through 

understanding into intelligence and wisdom. (Suurla 2001, pp. 31-32) 

KM is increasingly vital in today’s economy, because of its reliance on specialized 

knowledge and the information exchange. (Brynjolfsson and McAffee, 2017) Knowledge 

management is increasingly recognized for its critical role in facilitating organizational 

success. It is based on the idea that information and expertise are primary drivers of value 

creation within an organization. (Laihonen et al. 2013, p. 10). Knowledge management 

stands as a modern approach to business management for steering its business operations. It 

combines human capital, technology and processes into an organized entity which is critical 

for creating, storing, sharing, and utilizing knowledge needed for the organization's 

prosperity. (Guptill, 2005, 10.) The essence of KM is harnessing and refining the intellectual 

capabilities of organization to increase overall performance (Laihonen et al. 2013, p. 10). 

Suurla (2001, p. 33) also notes that the vital components in knowledge management are the 

leadership and goal-oriented management of knowledge, expertise, communication, and 

competence. 

Figure 2 Knowledge hierarchy (after Sydänmaanlakka 2012) 
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The concept of KM is viewed through many different perspectives. Wiig (1993) emphasizes 

the knowledge management’s importance as a discipline that ensures working optimally 

within organization for greater success, as well as realizing the best value of its knowledge 

assets. Nonaka and Takeuchi (1995) offer dynamic viewpoint, seeing knowledge 

management as a process engaging actively with both tacit and explicit knowledge, creating 

new knowledge and spreading it across the organization. Davenport & Prusak (1998) define 

KM as the process of deriving intellectual and knowledge-based value from organization’s 

resources. They further continue that KM is exploitation and growth of an organization's 

knowledge assets promoting objectives of the organization. The primary goal in the end of 

KM is to mitigate uncertainty, which can stem from an overload of information or its scarcity 

(Virtanen 2019, p. 40). The acknowledgment of knowledge as a vital organizational asset is 

a common feature that stands out of these perspectives from different scholars.  

KM’s goals are to tackle the unique management challenges that are present in today's 

information and service-centric societies by contemplating important questions such as: 

1. What are the ways in which information can be transformed into valuable assets? 

2. How can information be effectively used to guide and improve operational 

management? 

3. What are the tools and methodologies that facilitate management, and how can these 

be optimally employed? (Laihonen et al. 2013, p. 7). 

A key concept in knowledge management involves effective dissemination and encourage 

of reusing existing resources across the organization. (Wah 2000) It’s crucial for effective 

knowledge management, that information systems are designed to enable and support the 

recording and dissemination of best practices. They should also include directories for 

pinpointing accurate information sources, and foster networks that promote the distribution 

and practical application of knowledge. (Alavi & Leidner 2001, pp. 112-114) The utilization 

and sharing of knowledge in its explicit forms within an organization, are vital for fostering 

innovation and learning Laihonen et al. 2013, p. 7). Nawab et al. (2015) emphasizes that 

knowledge management is crucial in enhancing organizational efficiency and effectiveness. 

It aligns closely with organizational strategy, supporting the achievement of organizational 

objectives. This perspective underscores the significance of knowledge management 

enabling operational and strategic functioning of organizations. (Nawab et al. 2015) 
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It is important to understand differences between explicit and tacit knowledge in KM (Figure 

3). Explicit knowledge is structured and organized, facilitating straightforward 

dissemination and application. This includes data, documented information, and codified 

knowledge, which is most valuable when contextually relevant and easily usable. For 

example, when raw data is contextualized and interpreted, it transforms into meaningful 

information, and it fosters a deeper understanding when it is integrated with existing 

knowledge.  (Nonaka 1994; Botha et al. 2014) 

Tacit knowledge is often unstructured, intuitive, and abstract. It is derived from personal 

experiences and observations, including individual skills, innovative ideas, and personal 

perceptions. It encompasses individual skills, ideas, opinions, and attitudes, residing in the 

realm of the uncodified and subjective. Unlike explicit knowledge, tacit knowledge is less 

tangible and more subjective, embedded in personal experiences and the cultural context of 

an organization. Its uncodified nature makes it challenging to formalize and communicate, 

often necessitating interpersonal interactions and experiential learning for its sharing within 

an organizational environment. This kind of knowledge is deeply context-specific and 

personal, highlighting the crucial knowledge management distinction between the easily 

articulated explicit knowledge and the more elusive tacit knowledge. Both forms of 

knowledge, with their unique characteristics, play a crucial part in the broader spectrum of 

Figure 3 Distinction of explicit and tacit knowledge (after Nonaka 1994) 
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organizational knowledge. (Bose 2003; Nonaka 1994; Botha et al. 2014) KM is a crucial 

process for modern organizational success, involving personnel organization, executive 

decision-making, information and communication technology, and organizational culture. It 

is essential to establish a culture where information is systematically utilized, enhancing an 

organization's capacity to adapt to its environment. (Laihonen et al. 2013, p.27) KM is also 

crucial in educational contexts, as it enables the efficient development of intellectual assets, 

which are key to gaining a competitive edge (Jundale & Navale 2009).  

In this century, the most precious assets are knowledge workers and knowledge itself. By 

effectively managing these assets is a significant challenge for any organization. KM has 

evolved into a fundamental framework for business success, influencing organizational 

performance through the efficient development of intellectual assets. (Narendra et al. 2017) 

2.2  Evolution and current practices 

Modern organizations are progressively incorporating and applying new and innovative 

theories, methods, and models into their operational and strategic practices. This trend 

reflects the organizations' efforts to stay current, competitive, and effective in a fast-

changing business environment. Although knowledge management is a well-established 

concept, its current structure and application are relatively recent developments. The roots 

of transmitting and managing knowledge can be traced back far into history, despite the 

concept gaining widespread recognition only in the final decades of the 20th century. (Mašić 

et al. 2017)  

Malik (2007) delved into the historical evolution of knowledge management, tracing its roots 

from ancient methods to contemporary technological advances. Initially, he noted, 

knowledge was predominantly managed through oral traditions and human memory, a 

practice where information like news, dreams, interpretations, and folklore was verbally 

transmitted (Malik 2007). This method of knowledge preservation then shifted to written 

forms, with the Sumerians pioneering the use of clay tablets. This significant step not only 

preserved knowledge but also led to the establishment of the first libraries, marking a crucial 

milestone in knowledge management. Later the development of the printing press 

significantly expanded the scale of libraries and the accessibility of written knowledge. 

(Malik 2007).  
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Drucker (1993, p.63) observed a shift from knowledge being traditionally associated with 

existence to its application in practical activities. This transition marked knowledge's 

transformation into a vital resource and utility. Initially, this shift influenced the 

development of tools, processes, and products during the Industrial Revolution. (Drucker, 

1993, p.63) Subsequently, it introduced a new era where specialized knowledge gained 

prominence. Following this was the product revolution, which underscored the growing 

importance of expertise. The information revolution and subsequent knowledge revolution 

further transformed the landscape. In these latest stages, the management of knowledge 

became a key focus for organizations, with an increased emphasis on the value of employees 

and a shift towards prioritizing customer intimacy (Wiig 1997a).  

Post-World War II, the focus expanded to the efficiency of non-manual labour, identified as 

the Management Revolution. This new emphasis on the productivity of knowledge workers 

signalled a fundamental change in societal dynamics. In this new era, knowledge has become 

the key resource, underpinning the term 'post-capitalist' society. (Drucker 1993, p. 53-54) 

Considering the changing economic landscape, Wiig (1997a) highlighted the growing 

relevance of knowledge management because of the economic, industrial, and cultural 

developments. There is a significant shift in how products and services have value added, 

which emphasizes the role of human expertise and knowledge. This approach differs to 

traditional value creation methods that relied on natural resources or operational efficiency. 

(Wiig 1997a).  

The technological advancements in computing, telecommunications, and notably the World 

Wide Web’s development, further revolutionized accessibility to knowledge. Malik (2007) 

emphasized that the advent of digital technology, especially the internet, was central to what 

he termed as the “knowledge explosion”. The transformation of knowledge management has 

evolved significantly from being mostly a theoretical concept to a crucial element in the 

strategic framework of numerous organizations. The emergence and integration of 

information technology (IT) has played a pivotal part within this transition, enabling the 

codification, and sharing of knowledge on a scale that was previously unimaginable. (Alavi 

& Leidner 2001). 

Traditionally, knowledge management has focused on storing and accessing information 

across an organization, but the landscape is shifting towards more dynamic, interactive 

systems (Davenport & Prusak 1998). Knowledge management is defined as the processes of 
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creating, sharing, acquiring, transferring, and applying of knowledge. This also includes the 

supporting infrastructures, capabilities, and managerial actions that facilitate and improve 

these knowledge-based processes. (Chen & Fong 2015; Lee & Choi 2003) Nonaka and 

Takeuchi (1995) categorize knowledge management practises into knowledge creation, 

incorporation, and dissemination. Alavi and Leidner (2001) concentrate on the generation of 

knowledge, its storage and retrieval, sharing of knowledge, and its practical application. 

Demarest (1997) outlines four knowledge management processes which are knowledge 

construction, embodiment, dissemination, and use. Tuohimaa (2016, p. 14) characterizes 

knowledge management as a critical process in organizations which includes the collection, 

management, maintaining, and disseminating knowledge. Overall, the literature commonly 

recognizes four to six knowledge processes that function in a cyclical manner.  

Kayworth and Leidner (2003) propose four main processes in which KM can be divided as 

shown in Figure 4. These will be elaborated next, also based on other literature sources.  

 

Figure 4 The four main processes of knowledge management (after Kayworth & Leidner 2003). 

1. Knowledge creation: knowledge creation is organization's ability to generate fresh 

and valuable ideas and solutions, ranging from product development to managerial 

practices (Kianto & Andreeva 2011). The creation of knowledge involves 

transforming individual’s personal knowledge by having dialogue, discussions, and 

through sharing. Develop enhanced or structured information is acquired by 

organizations through learning to create new knowledge. (Dalkir 2005) Knowledge-

centric organizations focus on developing groundbreaking insights and encourage 

innovation and idea generation at every level. (Scharmer 2001)  

2. Knowledge storage: Knowledge storage is the preservation of existing, acquired, 

and newly created knowledge within interconnected repositories (Ranjbarfard et al. 

2014).  It's essential for organizations to organize and systematize explicit and tacit 
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knowledge to simplify its accessibility and dissemination across the organization 

(Heisig 2009). This involves ongoing maintenance and management of knowledge 

within organizational memory and databases, requiring regular updates and 

enhancements to communication tools. (Al-Ali 2013) When knowledge is effectively 

merged or consolidated, it not only minimizes redundancy but also enhances 

operational efficiency (Davenport & Prusak 2000; Alavi et al. 2005). 

3. Knowledge transfer/sharing: Vital component of knowledge management involves 

transferring knowledge to places where it is required and can be effectively utilized. 

Companies need to thoughtfully convert elements of tacit knowledge into explicit 

forms. Without such transformation, there's a risk of losing valuable tacit knowledge 

(Pirkkalainen & Pawlowski 2013). Dalkir (2005) also mentions that organizations 

need to maintain environments that encourage direct communication, create 

opportunities for shared learning experiences, and nurture a culture that prioritizes 

knowledge sharing. This is pivotal in the dissemination of tacit knowledge, which is 

inherently linked to human experiences and insights. For sharing this type of 

knowledge, face-to-face interactions are essential. (Nonaka & Takeuchi 1995) 

Activities such as informal chats, brainstorming sessions, mentoring, and coaching 

is part of effective knowledge sharing (Filius et al. 2000). 

4. Knowledge application: This process contains practical use of the knowledge. 

Effectively using the available knowledge to inform decision-making, address 

challenges, and generate value can lead to a shift in strategic focus, solve problems, 

enhancement of operational efficiency and cost reduction. (Davenport & Prusak 

2000) Grant (1996) acknowledges three key mechanisms for integrating knowledge 

for developing organizational capability: organizational routines, directives, and self-

contained task teams. Technology has the potential to embed knowledge into 

organizational routines, transforming culturally bound procedures into IT systems, 

that may subsequently be used to demonstrate organizational norms. (Alavi & 

Leidner 2001) 

It becomes evident that these processes’ effectiveness and efficiency are significantly 

influenced by the tools and systems employed by organizations. This brings us to the pivotal 

role of Knowledge Management Systems (KMS). KMS serve as specialized information 

systems tailored for management of organizational knowledge. These IT-based systems are 
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instrumental in facilitating the creation, storage, retrieval, sharing, and application of 

knowledge in organization. IT supports KM by enabling the location of experts or specific 

knowledge through online directories, fostering collaborative work in virtual settings, 

providing access to historical data, and aiding in the analysis of customer behaviour (KPMG 

1998).  

The primary goal of KMS is to endorse the creation, transfer, and application of knowledge 

within organizations, recognizing the complexity and multifaceted nature of knowledge and 

KM (Alavi & Leidner 2001). In this current knowledge-centric business landscape, it is 

crucial for enterprises to augment their KM systems with appropriate information and 

communication technologies (King 2009). Wenger (1998) highlights the importance of 

creating comprehensive knowledge databases and developing robust search and retrieval 

systems. In the increasingly knowledge-driven economy, these technological approaches are 

essential for enhancing decision-making processes and securing a competitive edge (Wenger 

1998). 

2.3  Knowledge management models and strategies 

Knowledge management models are fundamental frameworks that provide a systematic 

method for businesses to effectively manage, utilize, and optimize their collective skills, 

knowledge, and data. These models facilitate converting data and information into reusable 

formats, aimed at preserving, enhancing, disseminating, and synthesizing knowledge, 

thereby nurturing intelligence. By implementing these structured approaches, organizations 

are better positioned to acquire and preserve a competitive edge in the complexities of 

today's fast-paced, technologically driven corporate environment. (Gorjidouz 2014; 

Mohajan, 2017) 

Knowledge management models are essential for companies seeking to establish robust 

knowledge management systems, as they ensure that knowledge resources are not only fully 

utilized but also effectively preserved and analyzed for the company's benefit (Gorjidouz 

2014; Mohajan 2017). New knowledge is crucial in enabling organizations to build new 

skills and capabilities (Dalkir 2005). Successfully navigating this process of transformation 

enables organizations to leverage their collective knowledge for innovative purposes, 

effective decision-making, and strategic advancements. (Nonaka & Takeuchi 1995) 
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Following models have been chosen due to their holistic methods of handling knowledge 

across different organizational scenarios and have significantly influenced the field. Each 

model offers unique perspectives and approaches for managing organizational knowledge. 

(Yang et al. 2009) After this, the codification and personalization strategies are explained.  

2.3.1  Knowledge management models 

Knowledge Creation Theory (Figure 5) by Nonaka and Takeuchi’s (1995), emphasizes the 

integration and interplay of tacit and explicit knowledge within organizations. The 

knowledge creation process is not just iterative but also encompasses the organizational 

management of the four phases of knowledge conversion. Nonaka and Takeuchi’s (1995) 

SECI-model is a knowledge creation model. It is a cornerstone in understanding continuous 

and dynamic interaction between explicit and tacit knowledge. (Laihonen et al. 2013, p.18) 

The SECI model serves as a framework that illustrates how new knowledge is formed and 

shared across different actors within organization, emphasizing the significance of every 

stage in the knowledge creation and sharing process. It highlights knowledge as not a fixed 

entity but rather continuously developed and reformed through the collaborative efforts of 

individuals within an organization. The model illustrates four key processes which are 

socialization, externalization, combination, and internalization. Knowledge Spiral Model 

developed by Nonaka and Takeuchi further illustrate this concept. (Nonaka & Takeuchi 

1995)  

The knowledge spiral occurs primarily through informal networks within the organization. 

It starts at the individual level, which further progresses to the group and organizational 

levels. This spiralling effect leads to the accumulation and growth of knowledge, fostering 

innovation and learning within the organization. (Nonaka 1994; Nonaka & Takeuchi 1995) 

The model underscores that organizational knowledge creation processes only happen when 

these four parts are dynamically interacted with and managed at all levels of the organization. 

(Nonaka 1994)  
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1. Socialization (tacit to tacit): This process involves the transfer of tacit knowledge 

and experience through direct interactions, including observation, discussion, 

imitation, and practice. This process unfolds in various organizational settings, such 

as in mentor-junior employee dynamics, client communications, brainstorming 

sessions, and inter-departmental collaborations (Charron et al. 2006). Davenport and 

Prusak (1998) highlight the most effective way to transfer tacit knowledge which is 

through interaction and communication between people. Socialization occurs 

naturally among individuals with a common culture, which facilitates effective 

collaboration. This exchange typically happens outside formal communication 

channels (Nonaka & Takeuchi 1995).  

2. Externalization (tacit to explicit): Externalization is the development of 

conceptualized knowledge and is associated with the clear presentation of tacit 

information using linguistic or word forms (Wu et al. 2013). This process is crucial 

for publishing and documenting tacit knowledge, making it accessible beyond its 

original holders (Baumard 2001). It institutionalizes rules and necessitates a 

standardized storage system and search engine for on-demand access. (Khan et al. 

2013). Externalization also supports individual tacit knowledge through group 

interaction and brainstorming to get new thoughts as a source of inventive knowledge 

(Chen & Edgington 2005). Nonaka & Konno (1998) have highlighted the importance 

of providing communication spaces in organizations during this stage that enables 

Figure 5 Knowledge creation process (after Nonaka & Takeuchi (1995) 
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members to express their personal opinions or experiences on specific themes to 

facilitate knowledge creation. 

3. Combination (explicit to explicit): This includes gathering knowledge from internal 

and external sources and restructuring knowledge into organized formats for 

distribution across networks and systems (Khan et al. 2013). The process can span 

globally, utilizing various communication mediums, or occur within structured 

learning environments like workshops, lectures, and seminars. The goal is to arrange 

and internalize these enhanced concepts systematically inside an organization's 

current knowledge framework, guaranteeing the retention and generation of 

coherent, systematic knowledge (Wu et al. 2013) Methods such as selection, 

addition, classification, and categorization are used to improve this process (Nonaka 

1994).  

4. Internalization (explicit to tacit): Internalization involves the process where explicit 

knowledge is transformed as tacit knowledge through personal experience and 

practice.  This method is critical for fostering a learning culture and enabling 

individuals to gain and utilize information from the group and organization. It entails 

active participation in learning by doing, training, and activities that allow people to 

read, mix, and comprehend their results, resulting in new insights and notions (Wu 

et al. 2013) Documentation helps people to integrate their experiences and enhance 

their tacit knowledge base (Roberts 2000).   

As knowledge moves through these stages, it becomes increasingly refined and valuable, 

growing in depth and breadth. This model emphasizes the dynamic nature of knowledge as 

it transitions between tacit and explicit forms, promoting a culture of continuous learning 

and evolution of knowledge across organization.  (Nonaka & Takeuchi 1995)   

The Wiig model (Figure 6) focuses on knowledge creation and application at the individual 

and organizational levels. It is valued in knowledge management field because it 

encompasses the entire organization, including typical business areas prevalent in most 

businesses. The Wiig model emphasizes that for knowledge to be effective and valuable, it 

needs to be systematically organized, with its structure varying based on its intended use. 

Completeness, connectivity, congruency, and alignment with perspective and purpose are 

key characteristics of this structure (Dalkir 2011; Wiig 1997b).  
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Wiig model demonstrates how to build, hold, pool, and use knowledge for individuals and 

organizations. Each stage is reviewed and explained below. Wiig (1993) identifies three key 

needs for an organization's success; products or services and customers resources such as 

people, capital, and facilities, and lastly capability to react effectively which Wiig views the 

third as a significant distinction. (Wiig 1993)  

1.  Building knowledge: this stage is where knowledge is collected and formulated 

from vast number of sources including experts, training courses, procedures, 

research, literature, media, inspections, observations, and the personal experiences 

of organizational members.  This stage covers the following steps: obtaining, 

analysing, reconstructing, synthesising, codifying, and modelling knowledge.  

(Podgorski 2010).  

Obtaining knowledge encompasses activities such as R&D projects, innovations by 

individual, reasoning with existing knowledge, experimentation, recruiting new 

talent, and importing knowledge from external sources. Analyse knowledge involves 

extracting, abstracting, identifying patterns, explaining relationships, and ensuring 

original meaning integrity, then organizing it according to an established framework, 

including standards and categorization systems. Reconstructing and synthesizing 

knowledge involves generalizing analysed material, formulating hypotheses to 

explain observations, aligning new and existing knowledge, and updating overall 

knowledge pool with this information. Finally, codify and manage involve 

organizing and organizing knowledge into coherent models, documented in books 

and manuals, and encoded for storage in knowledge repositories. (Wiig 1993). 

2. Holding knowledge: The steps involved are remembering, acquiring, and 

embedding knowledge in storehouse as documents like reports, practical 

recommendations, and case studies.  Remembering refers to an individual’s ability to 

retain specific knowledge items. Accumulating entails developing a computer-

resident knowledge base and transforming knowledge for organizational memory 

storage. Embedding ensures that knowledge becomes an integral part of business 

procedures. Archiving is about systematically removing outdated, incorrect, or 

irrelevant knowledge from active repositories. (Wiig 1997b).  
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3. Pooling knowledge: includes coordinating, assembling, accessing, and retrieving 

knowledge within an organization. Knowledge coordination focuses on establishing 

a knowledge resource network structure responsible for ensuring the availability of 

certain resources. Assembling refers to gathering knowledge sources into a central 

library or repository, simplifying future access and retrieval. This process often 

requires forming teams to manage and organize the content effectively. Access and 

retrieval of knowledge include obtaining information from the repository or 

consulting knowledgeable individuals for solutions to complex problems, seeking 

expert opinions, or discussing challenging cases with peers. (Wiig 1993, 1997b). 

4. Using knowledge: The final phase of Wiig’s model focuses on the utilization of 

practical knowledge in organizational settings. This includes using it for daily work, 

production, providing services, and making decisions at different management 

levels. Routine tasks frequently entail applying acquired information to repetitive 

actions, which are usually carried out unconsciously or automatically. Utilizing the 

knowledge from the repositories in previous stages to execute tasks, solve issues, and 

make decisions is what defines this stage (Wiig 1997b). 
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Significant factors of managing and using knowledge in businesses is the integration of 

several knowledge management models that are vital for organizations to nurture their 

internal knowledge base (Mohajan 2017). Nonaka and Takeuchi's SECI model (1995) acts 

as an essential in understanding the evolution of explicit and tacit knowledge in 

organizations. Good understanding of the knowledge creation theory broadens the 

discussion to include the process of creating new knowledge and offers a framework for 

spotting trends and encouraging creativity in this area (Nonaka & Konno 1998). Wiig’s 

Model (1993) highlights the strategic aspects of knowledge utilization as an asset to support 

decision-making.    

Figure 6 The Wiig KM cycle and its cycle activities (after Wiig 1997a) 
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2.3.2  Knowledge management strategies 

Achieving optimal success and advancement in knowledge-rich society dependents on the 

abilities to integrate and communicate widely dispersed information. Knowledge 

management has emerged and continuously evolved as a crucial driver of productivity and 

competitiveness in the past decade, corresponding to societal and technical improvements. 

Regardless of market changes, this advancement has pushed both societies and companies 

to higher levels of performance. (Tiwari 2022) 

In knowledge intensive organizations, finding the most successful knowledge strategy to 

pursue has emerged as an important topic in the literature of knowledge management 

(Hansen et al. 1999). Knowledge management strategies are the guide for organizational 

implementation, which provide the necessary basis for effectively managing their 

knowledge assets. Organizations need to evaluate and apply the chosen strategy to execute 

the appropriate measures, finding connected elements and infrastructure enablers. (Nouri et 

al. 2013) It is critical that knowledge management strategists in companies handle the 

difficulties that come with managing knowledge. They make sure their knowledge 

management activities not only support their commitments to customers and other 

stakeholders, but also effectively align with them by carefully planning and implementing 

their plans. (Tiwari 2022)  

Consulting companies’ businesses generate, store, distribute and market knowledge 

(Dunford 2000). For organizations like these, knowledge is a core asset and developing an 

effective knowledge strategy is critical to their competitive position. It is also important to 

have a suitable IT infrastructure that supports the chosen knowledge strategy. (Alavi & 

Leidner 1999; Davenport & Prusak 1998) The application of a well-thought-out knowledge 

management strategy is essential to raising customer happiness and operational 

effectiveness. (Gallemard 2023)  

Hansen et al. (1999) present two distinct strategies of knowledge management that are used 

under management consulting companies: codification strategy and personalization strategy 

(Table 1). Organizations should focus on either one as the primary focus because if both are 

equally prioritized, knowledge management efforts could possibly fail. (Hansen et al. 1999) 

The choice of knowledge strategy is dependent on the organization's nature, which includes 

client service, economics, and workforce. (Venkitachalam & Willmot 2003) While 
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codification is important, personalization should also be considered. This division clearly 

identifies key factors in knowledge management. Only by observing both factors can one 

determine suitable knowledge management approach for software development. Regardless 

of the knowledge management strategy is, technological and human factors must be taken 

into account. (Helander et al. 2010) 

Codification is a strategy that emphasizes the capture and storage of explicit knowledge, 

making it readily available for reuse within an organization. This "people-to-documents" 

approach involves extracting knowledge from individuals and rendering it independent, thus 

allowing for its systematic storage and retrieval. (Hansen et al. 1999 Codifying knowledge 

relies on the availability of suitable communication and information technology tools, 

platforms, and systems. (Kianto 2011) According to Clegg & Clarke (1999), codified 

knowledge improves existing skills and technology by encouraging standardization and 

routinization. 

Focused on the utilization of IT systems, codification enables the organization to control the 

dissemination and transfer of knowledge effectively (Haas & Hansen 2005). This method 

proves particularly useful in scaling knowledge reuse and facilitating business growth, as it 

allows for easy access to key pieces of codified information, such as interview guides and 

benchmark data, without necessitating contact with the original knowledge creators (Hansen 

et al. 1999). According to Greiner (2007), the codification technique is effective for 

companies that require the reuse of already existing information. The strategic focus is not 

just on storing knowledge but also on ensuring that IT is leveraged as a tool for efficient 

knowledge management. (Hansen et al. 1999) The ideal scenario is for employees to have 

access to IT tools and platforms that enable efficient codification and storage of knowledge 

in databases and manuals and facilitate easy searching and transferring of this information. 

(Kianto 2011) Zanjani et al. (2008) suggest that the codification technique is especially 

suitable for small and medium-sized enterprises (SMEs) involved in more routine chores.  

The emphasis on managing knowledge in strategy consulting businesses is rooted in people-

centric approaches that encourage non-routine, personalized solutions. The personalization 

strategy is essential in contexts where knowledge is primarily disseminated through direct 

interpersonal relationships. This approach, termed as the “person to person” strategy, 

emphasizes the importance of socialization and human relationships in knowledge transfer. 

(Hansen et al. 1999; Haas & Hansen 2005) Pepper & Rogers (1997), highlighted the 
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significance of personalization in developing customer relationships by focusing on its 

purpose. This concept extends to the practice of utilizing customer information to craft 

unique and individualized customer experiences (Aksoy et al. 2021).  

Personalization makes use of interpersonal interactions to effectively mobilize and use 

personal information, particularly when dealing with unique situations. While IT tools such 

as email, video conferencing, and online forums can help, the primary focus remains on 

direct, person-to-person interactions. (McDermott 1999) In addition, the role of technology 

in personalization is pivotal since it allows products to be tailored to the specific demands 

and needs of individual customers (Dawn 2014).  

The decision between these techniques is determined by criteria such as the nature of the 

company's client services, business economics, and the hiring of employees. Understanding 

the benefits and drawbacks of each strategy may aid executives in making informed choices 

about knowledge management strategies and investments, hence this decision is critical to 

the knowledge management process within companies. (Hansen et al. 1999) 

Table 1 Codification and personalization strategies 

Codification Personalization 

Emphasis on the capturing and storing of 

explicit knowledge 

Emphasis on socialization and human 

relationships 

"People-to-documents" approach  “Person to person” strategy  

Systematic storage and retrieval Knowledge is primarily disseminated through 

direct interpersonal relationships 

Relies on IT tools, platforms, and systems Technology enables the customization of 

products to meet the unique needs 

Encourages standardization and routinization Non-routine and personalized solutions 

Organization can effectively control the 

dissemination and transfer of knowledge 

Uses personal information, particularly in 

unique situations 

Small and medium-sized enterprises in 

routinized chores 

Companies in consulting businesses 
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2.4  Challenges and trends in knowledge management 

This chapter delves into the various challenges that organizations face in effectively 

managing and leveraging knowledge, ranging from issues of information overload and 

technological integration to the complexities of maintaining the relevance and accuracy of 

knowledge in a rapidly changing environment. When evaluating the challenges of KM, it 

must be considered that the challenges are determined on a case-by-case basis (Lönnqvist et 

al. 2008). It is acknowledged in literature that each phase of KM processes is accompanied 

by distinct challenges. However, the literature consistently identifies certain challenges as 

being the most prevalent across these stages. Thus, this study will concentrate on these 

widely acknowledged challenges, as they represent critical areas of focus in the field of KM. 

Moving from the current challenges to the future directions, the narrative shifts towards the 

evolving landscape of KM and emerging trends.  

2.4.1  Contemporary challenges  

According to Jalonen (2015), issues in KM often stem from the presence of irrelevant or 

unclear information. Challenges also arise when information is dispersed across different 

systems, making it difficult to consolidate. This leads to inefficiencies in the internal flow of 

information within organizations, complicating the dissemination of knowledge to all who 

need it. (Jalonen 2015) Furthermore, incompatible, and dysfunctional KMS can cause 

challenges in KM processes (Sydänmaanlakka 2012). Addressing these challenges is crucial 

for maximizing the value of the collected knowledge and enhancing organizational 

efficiency and decision-making processes. (Sharp 2003) 

Zack (2001) categorizes the problems in knowledge management into four main areas within 

a framework: Complexity refers to the wide scope of phenomena leading to an abundance of 

information, making it challenging to predict the development of situations. Uncertainty is 

a lack of fact-based information. Equivocality which manifests as difficulties in interpreting 

information. Ambiguity, on the other hand, refers to many conflicting interpretations. 

According to Davenport and Prusak (1998), organizations are frequently overloaded with 

large amounts of information that mostly can be useless or irrelevant. Organizations in the 

digital era are increasingly confronted with the difficulty of data overload which is a 
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phenomenon characterized by the exponential growth of data. This issue is further intensified 

by rapid technological advancements that continuously generate large data volumes. (Klein 

et al. 2023) However, as Eppler and Mengis (2004) point out, the difficulty extends beyond 

the sheer volume of data to the capacity to extract meaningful and reliable information in a 

timely manner. Dasca (2023) expands on this by emphasizing that not only the volume but 

also the velocity and variety of data add complexity to the data retrieval process, making it 

a multifaceted challenge for organizations in the current era. 

Organizations frequently face the issue of recognizing the right knowledge required for 

specific situations. (Hargadon 1999) Also Wakuthii (2023) agrees, that the risk of 

information overload can cause difficulties for employees to recognize the specific 

information they need. The Intelligent Information Management benchmark report by M-

files (2019) reveals significant challenges faced by employees in 1500 diverse companies in 

locating necessary information for their tasks. The report indicates that over half of the 

surveyed workers find it difficult to find required information. 80% of respondents have 

reported needing to recreate documents because they couldn't locate them in their company's 

network, a situation that not only hampers productivity but also incurs substantial costs for 

businesses. (M-files 2019) Employees may not be aware of all the knowledge available 

within the company which limits their ability to seek out and effectively apply this 

knowledge in their profession. Ideas that are new would be substantially more effective if 

current knowledge could be applied to new situations, allowing for its nurturing and further 

development. This technique of integrating past knowledge to current problems is critical 

for generating organizational innovation and continual learning. (Hargadon & Sutton 1997).  

Furthermore, employees regularly encounter challenges such as documents being mislabeled 

or placed in the wrong spot. Inefficient document management procedures result in several 

disconnected repositories. These fragmented systems create information silos, which makes 

it difficult to efficiently connect and contextualize information through several repositories. 

This fragmentation makes it difficult to find and use information, as underlined in the M-

Files study (2019). 

As organizations continue to store vast amounts of information, a significant challenge arises 

from the dispersion of this data across various systems and repositories. Commonly used 

storage locations include email, shared network drives, folders, and local storage on desktops 

or laptops. Relying on email for storing company information is inefficient, as email systems 
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typically lack sophisticated methods for organizing and contextualizing attachments and 

documents. Despite this, email remains a prevalent method for document storage, even 

though it is arguably one of the least effective systems for managing large volumes of 

company information. (M-Files 2019) Almeida and Soares (2014) emphasize the necessity 

of a centralized platform or repository, especially for virtual teams and organizations that 

heavily depends on explicit knowledge. Without such a system, searching, finding, and 

retrieving knowledge for further use becomes exceedingly difficult. 

Capturing and sharing tacit knowledge presents a significant challenge in knowledge 

management. They constitute a substantial portion of all knowledge. Tacit knowledge is 

deeply embedded in context, making it challenging to articulate without losing much of its 

intrinsic meaning and value. (Khatun 2018) (Tønnessen et al. 2021) point out that digital 

collaboration tools and social media platforms are increasingly critical for sharing tacit 

knowledge. Hansen et al. (1999) suggest that personalization strategies can assist in this 

endeavor, although the difficulty remains in effectively converting tacit knowledge into a 

form that is both shareable and documented. 

Nonaka and Takeuchi (1995) further underscore the dynamic nature of knowledge, pointing 

out that what is relevant today might become outdated tomorrow. Maintaining the currency 

and relevance of knowledge in repositories is crucial to prevent incorrect assumptions and 

misunderstandings in today's fast-paced environment (Khatun 2018). Bhardwaj (2019) 

emphasizes that the useful lifespan of knowledge is shrinking, thereby increasing the need 

for regular updates and validation. This challenge involves consistent monitoring and 

refreshing of knowledge bases, which can be both resource-intensive and intricate. The task 

of updating existing knowledge is often perceived as challenging, leading to its lower 

prioritization within organizations (Aurum et al. 2008).  

The following Table 2 provides a summary of the most common challenges in KM, which 

are systematically organized according to the key processes, established previously in Figure 

4. 
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Table 2 A summary of the most common challenges in in KM 

Challenge KM process 

Data overloads and difficulties in retrieval Knowledge Creation 

Capacity to extract meaningful and reliable information Knowledge Creation 

Recognizing the right knowledge Knowledge Creation 

Mislabeling and misplacement of documents Knowledge Storage 

Inefficient document management procedures Knowledge Storage 

Data dispersion across various systems and repositories Knowledge Storage 

Capture and sharing of tacit knowledge Knowledge Sharing 

Maintaining currency and relevancy of knowledge in 

repositories 

Knowledge Storage 

 

2.4.2  Emerging trends and future directions 

To stay current and competitive in today's quickly changing business environment, 

organizations must prioritize knowledge management and the integration of innovative 

technologies. This involves a greater response to the needs of customers and partners, as 

well as understanding the importance of internal personnel knowledge for business growth 

and development. (Tiwari 2022)  

Embracing a future-oriented approach to knowledge management helps anticipate future 

trends and directions, enabling organizations to respond fast and effectively. Organizations 

are now required to identify trends, foresee changes, and base their decisions on a forward-

looking data approach. Such preparedness not only provides a competitive advantage in the 

marketplace but also aids in identifying new business ventures and strategizing against 

competitors. Knowledge management is not just about analyzing reports and statistics built 

on historical data. (Keto-Tokoi 2023) Although understanding past events is still important, 

it is increasingly crucial in today's world to look towards the future and use information 

proactively. (Edwards & Lönnqvist 2023) 

There is a growing emphasis on leveraging artificial intelligence (AI) and machine learning 

(ML) more extensively. This not only includes the gathering and analysing of real-time data 

but also prioritizing data protection and cybersecurity to a greater extent than before. 
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(Edwards & Lönnqvist 2023) Leoni et al. (2022) emphasize the interaction between AI and 

knowledge management, specifically pointing out that KM processes influence AI's impact 

on manufacturing organization performance. Nah et al. (2023) notes that AI without 

appropriate knowledge management is a waste of effort and resources.  
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3  Implications of artificial intelligence in knowledge management 

Enterprises are rapidly realizing AI's strategic importance, recognizing its potential to drive 

economic advantages. AI's primary goal is to develop systems that can understand, perceive, 

and communicate similarly to humans. This development is enabling enterprises to 

formulate robust future strategies and secure a competitive edge. (Alghanemi & Mubarak 

2022) 

The following chapter investigates the dynamic and revolutionary role of AI in the field of 

knowledge management. The exploration begins with establishing a foundational 

understanding of AI, its core principles, and terminologies. This sets the stage for a deeper 

analysis in examining how AI technologies are reshaping the strategies and efficiencies of 

KM practices. Further, various AI tools and technological solutions that are currently being 

employed or have potential applications in the field of KM are further explored. 

Furthermore, the chapter discusses the challenges and complexities involved in integrating 

AI into Knowledge management systems, including technical, ethical, and operational 

challenges.  

3.1  Keys and definitions of AI 

AI centers on computational processes that mirror intelligent human behavior, including the 

ability to interpret context and learn from historical data. This concept allows computers to 

undertake activities, including as perceiving, thinking, learning, and problem-solving, that 

are traditionally associated with human cognition (Jovanovic 2020; Bawack et al. 2021) The 

goal of AI is the creation of systems capable of making decisions with greater speed and 

efficiency than humans (Vadari & Desik 2021). AI empowers machines to learn, process, 

and utilize knowledge for task execution, thereby facilitating the discovery and application 

of knowledge to enhance organizational decision-making (Vajpayee & Ramachandran 

2019). It operates as a sophisticated computerized system processing practical information, 

replicating analytical problem-solving processes, and generating innovative solutions 

(Perifanis & Kitsios 2023)). AI equips computers with the capability to process and interpret 

vast data volumes, model environmental dynamics, and apply established intelligent 
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frameworks and algorithms (Akerkar et al. 2019). Recent advances in deep learning have 

greatly improved computers' ability to duplicate human tasks such as image and voice 

recognition “seeing and hearing”, natural language processing "hearing", and analytical 

processing "deciding" (Duffy 2020). When merged with the vast quantities of data and 

improved computing capabilities, these tools are progressively being utilized in the 

commercial sphere (Canhoto & Clear 2020).  

Kumar et al. (2019) presents AI as a platform with endless possibilities, providing a variety 

of information that can be adjusted to specific needs. It aids in making advanced and quicker 

decisions by leveraging organizational information through sophisticated algorithms. 

(Akerkar et al. 2019) Jarrahi (2018) sees AI as set of tools, processes, and approaches that 

are applied inside organizational contexts to benefit both the company and its stakeholders. 

According to Paschen et al. (2020) AI helps provide complex patterns as a basis for well-

informed human judgments by extracting fresh insights from large datasets. Bhbosale et al. 

(2020) mention that humans are more empowered by AI to tackle complex challenges in 

innovative ways and have more creativity for problem-solving. AI’s versatility allows it to 

function on a range of platforms, from individual devices to large-scale data centers, 

effectively interacting with its environment. (Perifanis & Kitsios 2023)  

As a multi-faceted field of study, multiple AI technologies are utilized in KM to improve 

various aspects of information processing, retrieval, and decision-making. (Vadari & Desik 

2021) Larkin (2022) notes that AI can be categorized into two fundamental types: General 

AI, which is a self-reasoning, autonomous system that is not yet developed, and Narrow AI. 

The latter involves complex computer packages using algorithmic approaches to identify 

patterns in data, often referred to as Machine Learning (ML). ML is a key component of 

future AI and knowledge management technologies, where it employs mathematical and 

statistical methods to digitally represent knowledge. (Li et al. 2018; Sharma et al. 2023) 

In knowledge management context, ML algorithms stand out in their ability to analyze 

enormous datasets to detect patterns, and correlations that allow organizations to discover 

insights from existing information repositories (Arba 2023). ML algorithms operate 

distinctively compared to traditional computer programs. Rather than functioning based on 

explicit commands, these systems infer how to perform tasks from provided examples. ML 

systems are capable of identifying specific individuals when presented with a collection of 
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images as a training set, despite the inability to precisely define the physical attributes that 

distinguish a person's identity (Brynjolfsson and Mitchell, 2017).  

3.2  AI’s role and impact in enhancing knowledge management 

This chapter delves into how AI technologies are not only transforming the fundamentals of 

KM but are also being strategically integrated across various KM processes to revolutionize 

how organizational knowledge is being managed. In this exploration, attention is given to 

the intricate manners through which AI has been identified as reshaping data systems, 

business models, and the very essence of human knowledge within the corporate domain.  

3.2.1  The transformative impact of AI in knowledge management practices 

AI has dramatically transformed the role of human knowledge, reshaping data systems and 

business models. Its integration into knowledge generation processes has made AI an 

essential component for organizational innovation and strategic planning, marking a shift in 

how knowledge is created, processed, and utilized across the corporate world. (Alghanemi 

& Mubarak, 2022) AI has a significant role supporting knowledge across all aspects of KM. 

This synergy between AI and knowledge management fosters innovation and technological 

advancement, enhancing the efficiency and accessibility of organizational processes. 

(Alghanemi & Mubarak, 2022)  

Due to the rise of AI and how it is adopted quickly in the workplaces, has highlighted the 

importance of KM even further. In the modern business landscape, organizations are 

increasingly leveraging AI to improve KM processes and overall performance. As AI 

technology evolves, it is expected to radically alter the way businesses gather and leverage 

knowledge. (Arba 2023) Alghanemi & Mubarak (2022) also highlight AI as emerging key 

element in modern organizations, and effective management is essential to consider its 

strengths and weaknesses, especially in terms of augmentation and automation. Automation 

in AI saves costs and streamlines processes, while enhancing data rationale and accuracy. 

Augmentation leverages human decision-making and actions with technology. (Akerkar et 

al. 2019) Davenport & Ronanki (2018) explain that AI technologies automate data 

extraction, analysis, and synthesis, thereby efficiently handling large data volumes. Both 
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Leoni et al. (2022) and Dwivedi (2019) underscore AI's role in speeding up learning 

processes by rapidly processing large amounts of data, offering new operational insights, 

and accelerating product development through ML in modelling and simulations. (Leoni et 

al. 2022; Dwivedi 2019)  

KM enables the understanding and organization of knowledge, while AI provides the tools 

to expand and operationalize this knowledge (Haenlein & Kaplan 2019) AI's inductive 

capabilities allow it to discern patterns and trends in organizational knowledge bases, assist 

in knowledge retrieval, and ensure its distribution to relevant stakeholders (Mittal & Kumar 

2019). Sharma et al. (2023) underline the increasing necessity of advanced data analytics 

and AI in navigating through extensive datasets to find relevant information. AI is becoming 

essential tools in helping shift through large datasets to find pertinent information. (Sharma 

et al. 2023) Using AI and ML for continuous monitoring and updating of knowledge bases 

can help maintain the accuracy and relevance of knowledge repositories (Thompson 2021).  

The integration of AI brings several key benefits to both individual tasks and at an 

organizational level. One significant advantages of AI are the reduction in human error, as 

AI systems operate based on pre-programmed information. It excels in handling repetitive 

tasks that are time-consuming in daily operations, such as sending confirmations or 

reminders. The automation capabilities within AI systems greatly enhance process 

efficiency. AI-driven machines can work round-the-clock continuously and uninterrupted 

which ensures productivity without the interpersonal conflicts or distractions that can arise 

in human-operated settings. (Bhbosale et al. 2020) 

3.2.2  Strategic integration of AI technologies in enhancing knowledge management 

AI is revolutionizing KM in businesses by streamlining the creation, utilization, and the 

management of organizational knowledge repositories.  (Manzer, 2023) It's strategic 

applications in KM are revolutionizing the field by automating data management tasks and 

reducing the reliance on intermediaries, thereby boosting operational efficiency (Jallow et 

al. 2020). Agrawal et al. (2021) observes that the incorporation of AI into KM equips 

organizations with advanced tools for data management, offers insightful analytics, 

improves user interactions, drives innovation, and efficiently manages the abundance of 

information. Technologies such as Natural language processing (NLP) is one of the most 
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important uses of AI in KM because it is transforming how organizations interact with and 

get insights from textual information. NLP is the ability of a computer program to recognize, 

interpret, and generate human-like language that enhances KM by improving search 

functionalities, allowing conversational queries, and extracting insights from unstructured 

data, which makes information more accessible and actionable. (Atlas 2023) 

Knowledge graphs revolutionize KM by structuring data to highlight relationships between 

entities, enhancing semantic understanding and creating interconnected information 

networks. This structured representation aids in delivering personalized recommendations 

and supports adaptive learning. Cognitive computing introduces a new dimension to KM by 

mimicking human thought processes, thus excelling at interpreting unstructured data, and 

enhancing decision-making through context-aware insights. Predictive analytics utilizes 

algorithms to recognize patterns in extensive data collections to help forecasting changes 

and knowledge trends.  (LeewayHertz 2024) The impact of AI on KM is particularly evident 

in its contributions to enhancing thinking, problem-solving methods, and knowledge 

acquisition, modeling, and processing. (Leoni et al. 2022)  

AI's role in managing information overload and augmenting analytics has become 

indispensable for organizations seeking to maximize their knowledge resources. By filtering 

and prioritizing data, AI ensures that employees focus on relevant information, thereby 

optimizing knowledge dissemination and decision-making capabilities (Bawack et al. 2021; 

Arba 2023). Augmented Analytics and Robotic Process Automation (RPA) further exemplify 

AI's contribution to knowledge management by automating analytical processes and routine 

tasks, allowing for a data-driven culture and freeing human resources for strategic tasks. 

Augmented Analytics advances past conventional data examination by automating the 

discovery of patterns, connections, and practical insights in knowledge data collections. It 

streamlines the extraction of insights from data, making complex data analysis more 

accessible and translating findings into comprehensible narratives. RPA streamlines routine 

and rule-governed tasks by automating routine processes such as document categorization 

and updating content. It contributes to KM by ensuring that knowledge repositories are 

updated and accurate, freeing human resources for more complex tasks. (Atlas 2023; 

LeewayHertz 2024). 

Future trends in technology are steering towards the enhancement of capabilities in NLP, the 

progression of ML and deep learning techniques, and the integration with the Internet of 
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Things (IoT) for secure and validated knowledge sharing (Manzer, 2023). Knowledge is now 

a strategic necessity and is considered more valuable in today’s economy than traditional 

resources like property, labor, and capital. This paradigm shifts views knowledge as a source 

of power, underscoring the importance of AI in effectively harnessing and utilizing this 

resource. (Kumar and Anwarul, 2014) This evolution highlights the strategic importance of 

incorporating advanced AI technologies into knowledge management practices. When 

formulating an AI strategy to support KM, it's crucial to identify the specific business 

objectives that KM aims to fulfill and ensure that the AI capabilities are aligned with KM to 

meet these objectives. (Vadari & Desik 2021) This involves integrating various AI 

technologies such as ML, RPA, or NLP in a way that they lay the foundation and chart a 

clear path for implementing a successful KMS within the organization. For AI to be most 

effective, it should be intricately linked with the KM strategy, which should, in turn, be 

aligned with the broader business strategy. This alignment is key to achieving the 

organization's strategic goals. The way an organization employs AI with KM should be 

dictated by its ability to agilely develop, implement, and continually refine a cohesive AI-

KM strategy. (Vadari & Desik 2021) 

3.2.3  Integrating AI across the knowledge lifecycle 

Regarding the KM process, it is recommended to implement AI-based approaches across the 

four distinct stages: creation, storage, sharing, and application (Vadari & Desik 2021). In 

each of these stages, specific factors and AI-driven measures have been identified in the 

following, that significantly contribute to the advancement of KM (Table 3).  

AI's role in knowledge creation often involves acquiring, reconfiguring, and recombining 

existing knowledge to adapt to changing surroundings (Davenport & Prusak 1998; Bhatt 

2001). AI, especially deep learning, can predict trends and patterns in data that are not 

immediately apparent. For instance, Tshitoyan et al. (2019) used deep learning to analyse 

millions of research abstracts, uncovering new correlations in materials science. 

Efficient knowledge storage and retrieval are key to preserving organizational memory 

(Alavi & Leidner, 2001). AI enhances these processes by managing big data, facilitating the 

classification and organization of knowledge. Bhattacharya et al. (2019) highlight AI's 

application in legal contexts, where it can organize and summarize relevant legal precedents. 
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Overcoming silos and connecting people across different boundaries are crucial for effective 

knowledge sharing. AI facilitates community-based learning by identifying and 

strengthening weak links within organizations (Jarrahi 2018). AI's role in knowledge sharing 

extends to integrating collaborative intelligence, creating a shared memory among team 

members, and encouraging feedback and peer review on communication platforms like 

Slack or Yammer. (Jarrahi et al. 2023) 

Knowledge application involves applying knowledge in practical contexts (Bhatt 2001) AI, 

particularly intelligent assistants and chatbots, enhances the retrieval and representation of 

knowledge for application in specific scenarios. For example, Talla's AI-based platform 

helps manage service knowledge by identifying relevant question-answer pairs in 

documentation. (Bhatt 2001) AI systems also offer user-friendly interfaces for more natural 

interactions, like in customer service scenarios, where chatbots can assist with knowledge 

application in a conversational manner (Asbjørn & Skjuve 2019). 
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Table 3 Potential AI applications across different KM processes 

The KM process Possibilities from using AI systems Examples of use cases 

Knowledge creation - Recognize patterns and trends  

- Acquiring, reconfiguring, and 

recombining existing knowledge to 

adapt to new situations 

Using deep learning to analyze 

millions of research abstracts, 

uncovering new correlations in 

materials science. (Tshitoyan et 

al. 2019) 

Knowledge storage 

and retrieval 

- Organizing, and classifying explicit 

knowledge 

- Preserving organizational memory 

through efficient storage and retrieval 

systems 

Using AI in legal contexts, where 

it aids in organizing and 

summarizing relevant legal 

precedents. (Bhattacharya et al. 

2019) 

Knowledge sharing - Enhancing collaborative intelligence 

and sharing of the organizational 

memory 

- Overcoming information silos and 

connecting people across different 

boundaries 

AI's integration in platforms like 

Slack or Yammer helps in 

creating a shared memory within 

team members, enhancing 

collaborative intelligence and 

feedback mechanisms. 

Knowledge 

application 

- Searching and preparing knowledge 

sources to improve situated 

knowledge application  

- Having more intuitive and natural 

system interfaces 

- Identifying relevant question-answer 

pairs in documentation 

AI-powered chatbots in customer 

service scenarios offer natural, 

conversational interactions, 

assisting with knowledge 

application in real-time (Asbjørn 

& Skjuve 2019). 

 

3.3  AI-driven tools and solutions in knowledge management 

KM processes are integrating AI-driven tools, which is revolutionizing the way 

organizations handle information, offering interactive, real-time assistance that enhances 

user engagement and efficiency. These tools, rooted in advanced AI technologies, are 

instrumental in overcoming KM challenges, leveraging the power of previously mentioned 

Generative AI, NLP, and Predictive Analysis to streamline and enhance knowledge 

processes within organizations (Manzer 2023; Jallow et al. 2020). 

Generative AI is at the future of AI technologies, which stands like a pillar for creating 

unique content such as texts, images, and code from extensive training data, closely 

mimicking human creativity. This innovation has permitted the development of AI-powered 

chatbots and virtual assistants, significantly improving knowledge discovery and 

management. By offering dynamic and responsive management of knowledge assets, these 
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tools facilitate more effective knowledge exchange across organizations (Chui et al. 2023). 

Chatbots and virtual assistants are redefining query understanding and response by utilizing 

NLP, providing users with a natural interaction experience. Furthermore, their application 

of predictive analysis and RPA not only enhances user engagement by predicting demands 

but also streamlines repetitive tasks, thereby optimizing the knowledge exchange process 

(Kosmopoulos 2023; Manzer 2023). Also, Narendra et al. (2017) state that the ability of the 

capacity of these chatbots to handle unlimited questions and engage diverse individuals 

within a unified platform underlines their efficiency in facilitating seamless knowledge 

exchange. An example of a virtual assistant garnering significant attention is Microsoft 365 

Copilot, which works alongside as an assistant in the use of popular M365 applications, such 

as Word, Excel, PowerPoint, Outlook, and Teams (Spatareo 2023). Microsoft 365 Copilot 

incorporates RPA to automate repetitive operations like document creation and data analysis 

throughout the Microsoft 365 suite. (Kosmopoulos 2023) 

A prominent AI research laboratory called OpenAI, has been at the forefront of developing 

chatbots and virtual assistants including tools like ChatGPT, GitHub Copilot, and DALL-E 

(Anon., 2018). The public release of these have gained widespread attention. ChatGPT’s 

deep learning and language models that are based on the Generative Pre-training 

Transformer (GPT) architecture, delivers human-like responses, streamlining knowledge 

exchange and integrating AI into daily workplace activities more seamlessly. (van Dis et al. 

2023; Chui et al. 2022; Keto-Tokoi 2023) GitHub Copilot is an innovative AI tool designed 

to assist developers by providing autocomplete suggestions of code that developers might 

be trying to write. (Gershgorn 2021) Both of these tools employ NLP to interpret and 

generate human-like text or code suggestions, with augmented analytics helping to improve 

the quality of these outputs through insightful data analysis. (Khurana et al. 2022) DALL-E 

is an example of generative AI that represents a significant breakthrough in AI-driven 

creative capabilities by creating images from textual descriptions using deep learning models 

(Brynjolfsson et al. 2023; Khurana et al. 2022). Tools like DALL-E advances knowledge 

management by aiding in concept illustration, boosting engagement, and improving 

knowledge sharing (Brown 2023).  

AI-powered search engines represent another pivotal application of AI in knowledge 

management, utilizing NLP and predictive analytics to provide more precise and relevant 

search results. The integration of knowledge graphs further structures data relationships, 
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providing organized and contextually relevant search outcomes. These search engines are 

transforming the organization and categorization of knowledge, reducing the manual effort 

involved in searches significantly and making AI-powered search engines essential for 

precise information retrieval (Manzer 2023). The advancement of Internet of Things (IoT) 

devices marks a significant stride towards automating decision-making processes. IoT's use 

of predictive analytics and cognitive computing illustrates AI's capacity to anticipate needs 

and make autonomous decisions based on data patterns (Keto-Tokoi 2023). 

Moreover, AI-enabled tools extend their functionality to content generation, error correction, 

and the recommendation of suitable terminology for business contexts, integrating data from 

various sources to keep key personnel informed and updated (Manzer 2023). AI-driven 

models empower businesses to swiftly navigate through technological changes and evolving 

information landscapes, facilitating quicker and more informed decision-making processes 

by leveraging robust organizational information models (Gołąb-Andrzejak 2023). 

3.4  Challenges in developing and implementing AI-based knowledge 

management systems 

As AI matures, organizations are increasingly looking to integrate AI-powered knowledge 

management systems. Regardless of their strengths, building and implementing these 

systems presents number of challenges. This integration of AI into KM is a multifaceted 

challenge involving technological adaptation, cost considerations, system compatibility, and 

the need to update traditional KM practices. This needs deep understanding of both AI and 

knowledge management as well as a strategic approach to blend these two domains 

effectively. (Leonov, 2023) 

This chapter explores the complexities and obstacles faced when integrating AI into KM 

practices. This critical examination addresses the multifaceted challenges that organizations 

encounter, ranging from technicalities to ethical, legal, and socio-technical considerations. 
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3.4.1  Technical challenges and limitations 

A key challenge of IT to support KM lies in its inherent inability to capture tacit knowledge 

of individuals. Thus, AI and ML can be a game changer for enhancing KM systems in this 

aspect. (Vadari & Desik 2021) However, these systems still have constraints in their ability 

to utilize and innovate with knowledge. Moradi & Dass (2022) carried out a survey that 

shows only 37% of companies doing business marketing have adopted AI. According to 

them, this shows that business marketing decision-makers are aware of the possibilities of 

AI technologies, but the technology has failed to convince them to move to its adoption. The 

biggest challenges when integrating AI technologies were identified as Low-Quality Data, 

violation of Customer Privacy protection, and the expensive integration process of AI into 

the company's digital Infrastructure. (Moradi & Dass 2022)  

Unstructured data includes videos, images, emails, or social media posts that does not have 

a preset model, as structured data does. This complexity necessitates the meticulous 

construction and training of AI algorithms, a process requiring significant time, technical 

expertise, and computational power. (Leonov, 2023) Quality of data is a huge factor when 

combining AI and knowledge management. AI relies on data that is high quality for accurate 

decision-making. However, when AI algorithms are used on KM systems, they may produce 

wrong or biased findings because the data is inconsistent, lacking, or inaccurate. To gain the 

optimal results, organizations must ensure that their data is clean, accurate, and well-

organized. (Aouinti 2023) 

Moreover, AI systems require data input to perform tasks which constrains its ability to 

synthesize and generate new knowledge from various sources. AI systems lack 'out of the 

box' thinking, which can lead to errors or system halts. This limitation restricts the scope of 

AI’s application in KM. This situation becomes even more complex due to the natural 

limitations of AI systems regarding their ability to innovate and adapt. These limitations 

make it challenging to use AI in situations that require innovative thinking or flexibility. 

(Bhbosale et al. 2020) As AI systems operate autonomously, defining precise objectives for 

AI algorithms becomes a crucial task. AI systems are often limited to performing pre-

planned and programmed activities, which hinders their capacity to manage tasks that fall 

outside of their predetermined parameters. (West & Allen 2018; Bhbosale et al. 2020)  
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The integration of AI into KM also necessitates an evaluation of existing KM approaches 

and strategies. Traditional KM initiatives often struggle in keeping up with the rapid 

advancements in AI, potentially leading to inefficiencies and missed opportunities (Fteimi 

& Hopf 2021). To stay competitive and relevant, organizations must embrace and adapt to 

the rapidly evolving AI technologies. Such adaptation requires significant transformations 

in the ways organizations store, share, learn, and create knowledge, underscoring the critical 

role of AI in modern enterprises. (Bhbosale et al. 2020) 

Adapting current systems to embed AI technologies is a complex and resource-demanding 

process, necessitating considerable investment and effort. Implementing AI applications, 

especially during their initial launch, can entail high costs, including technology acquisition 

and hiring skilled personnel. This highlights the importance of a deliberate approach to AI 

management, considering both the potential advantages and the risks associated with 

unplanned or unsuccessful AI adoption, which could affect an organization's competitive 

edge. (Bhbosale et al. 2020) 

Broader challenge in adopting AI is addressing the technological requirements for efficient 

AI utilization. This involves access to large dataset with high quality datasets, and the 

necessary technological infrastructure for processing data, all of which are required to fully 

realize AI's promise (West & Allen 2018). Moreover, integrating AI-based KM systems with 

existing IT infrastructures poses its own set of challenges. The AI system must be adaptable 

and compatible with the company’s current infrastructure, while also being flexible enough 

to accommodate future growth, requiring both backward and forward compatibility. 

(Leonov, 2023) Combining AI with KM may necessitate integrating different systems and 

tools, which can be complicated and time-consuming. Moreover, KM systems may have 

different data formats, and structures posing additional integration challenges. Organizations 

must ensure that they have the necessary technical skills and resources for successful 

integration. (Aouinti, 2023)  

3.4.2  Ethical, legal, and socio-technical considerations 

The integration of AI into KM not only involves technical challenges but also raises ethical 

and legal concerns. It is crucial to make sure that AI-based systems are developed and 

implemented in an ethical and legal matter, as well as considers the broader socio-technical 
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implications. (Carter et al. 2020) Addressing worries around job displacement, bias and 

ethical implications of AI use is essential to ensure that social and ethical considerations are 

not compromised for the benefits of AI (Stone et al. 2015). Among the foremost concerns is 

the issue of data bias in AI systems. This issue arises when the data used to train an AI does 

not reflect the real-world environment or the full range of scenarios the AI system is expected 

to handle. This can potentially lead to biased predictions and inaccuracies in the AI's 

functioning. (Ntoutsi et al. 2020; Baeza-Yates, 2018) According to Ferrara (2023) it is 

crucial to identify and mitigate such biases to ensure that AI systems are fair, equitable, and 

serve the needs of all users.  

In addition to data bias, data privacy emerges as a second major challenge. KM systems may 

hold sensitive or confidential information, which raises concerns about data privacy and 

security when integrating AI algorithms. Organizations must consequently ensure that their 

AI-powered knowledge management systems are not only secure but also comply with data 

protection standards. This responsibility includes clear communication with users regarding 

the way their data is utilized and secured. (Aouinti, 2023) Balancing the need for data to 

improve AI systems with the strict regulations governing data collection and usage is a 

delicate act that companies must navigate. (Leonov, 2023)  

Ethical considerations also are pivotal in the deployment of AI into knowledge management. 

Organizations need to make sure of their AI systems to be transparent and unbiased in 

decision-making. This involves making the decision-making process clear to users, 

especially regarding the data used in these processes. (Kaplan and Haenlein 2019) The 

literature underscores the importance of transparency and understanding in AI decisions, 

along with an agreement to customer data privacy and adherence to ethical standards (Kumar 

et al. 2020; Jobin et al. 2019).  

There are also concerns around the potential of AI technologies to replace human employees, 

particularly in performing repetitive tasks. This fear of job loss and reduced human 

involvement in certain tasks is a significant issue that organizations need to manage with 

care (Bhbosale et al. 2020). The widespread use of generative AI technologies, including 

ChatGPT, has brought to the fore concerns about distinguishing the authorship between 

human and AI. This situation has rekindled discussions about the role of traditional human 

pursuits in the age of AI, underscoring the necessity for a balanced and thoughtful approach 

to incorporate AI into various domains. (Nah et al. 2023)  
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To integrate AI-based knowledge management systems effectively, organizations face 

several challenges ranging from data integration to user adaptation. For a detailed overview 

of these obstacles, see Table 4, which summarizes the key issues in the development and 

implementation of AI-based knowledge management systems.   

Table 4 Key challenges in Implementing AI-based knowledge management systems. 

Challenge type Description 

Technical Inherent inability of IT to capture tacit knowledge; limitations in 

AI's ability to utilize and innovate with knowledge. 

Data Quality AI's reliance on high-quality data for accurate decision-making, 

with KM systems potentially containing inconsistent, 

incomplete, or inaccurate data. 

System Integration Complexity and resource demand for adapting current systems 

to embed AI, including the integration of AI with existing IT 

infrastructures. 

Ethical and Legal Concerns around data bias, privacy, ethical implications of AI 

use, ensuring AI systems are developed and implemented 

ethically and legally. 

Socio-technical Issues of job displacement, distinguishing between human and 

AI authorship, and the impact on traditional human tasks. 
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4  Research design and methodology 

This chapter examines the empirical aspect of the research beginning by describing research 

methodology and data collection strategy selected for this study, along with an analysis of 

the material gathered for research and its content. The focus is on how the thematic 

interviews were planned and conducted, as well as the criteria used for selecting 

interviewees.  

4.1  Research methods and implementation 

This study employs a qualitative research method for its ability to offer in-depth, holistic, 

and context-bound understanding. By focusing on attitudes, opinions, and behaviours, this 

approach delves into individuals' motivations and desires, providing a nuanced 

understanding of phenomena within their specific contexts. (Kothari 2004) The choice of 

qualitative research is motivated by its potential to uncover the underlying nature and 

dynamics of recent events or phenomena, generating fresh knowledge or theories. Insights 

are obtained from individuals directly involved in or affected by these events, thereby 

facilitating a deeper grasp of their perspectives and the meanings they attribute to their 

experiences. (Kananen 2017)  

The study focuses on the transformative influence of AI on comprehensive knowledge 

management, highlighting the effects of AI technologies on various KM processes. By 

employing qualitative methods, this study aims to gain profound insights into this distinct 

case. The semi-structured interview method was chosen to facilitate open-ended discussions, 

allowing for the investigation of key themes and the flexibility to adapt questioning based 

on the interaction and responses of participants. This format emphasizes the importance of 

individuals' interpretations and the meanings they attribute to topics, considering the 

emergence of these meanings through interaction. (Tuomi & Sarajärvi 2018) 

In alignment with an interpretivist philosophy, the study acknowledges the complexity of 

reality and the possibility of multiple interpretations. It views knowledge as continually 

evolving perceptions and interpretations of social environments, with research deeply 

influenced by the researcher's values and reflexivity. This philosophical approach provides 
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the flexibility to adjust questions and themes during the interviews, enabling emergence of 

the new themes or the exclusion of some, depending on the conversation flow. (Saunders et 

al. 2016, p.148) 

4.2  Data collection and interviews 

To map the current practices of AI-driven technologies in knowledge management, the 

thematic interview method was employed in this study due to its adaptability in the interview 

process and the capability to capture the diversity presented by the interviewees’ different 

backgrounds (Tuomi & Sarajärvi 2018). The method’s structure, based on predefined 

themes, allowed for real-time adjustments, additions, or removals of questions, further 

enabling an effective thematic analysis. (Hirsjärvi et al. 2009, p.196–197) In formulating the 

questions, care was taken to avoid ambiguity and to frame the questions in a way that was 

as neutral and minimally leading as possible (Rogers et al. 2015, p.128). 

The design process for the interview questions was multifaceted, with the aim of crafting 

questions that align closely with the research questions defined for the study. The objective 

was to elicit comprehensive responses that provide a broad perspective on the challenges 

and solutions associated with managing the influx of information. Interview questions are 

presented in Appendix 1 of the thesis.  

Invitations were sent out for the interviewees during the specified period, and an interview 

guide outlining the main themes was provided to participants in advance for review and 

preparation. This preparatory step ensured that interviewees were well-acquainted with the 

discussion topics.  

Interviews were held between January and March 2024, primarily using the Microsoft Teams 

online meeting platform. One interview was held on site at the office. Interviews were 

conducted in either English or Finnish, depending on the participant's preference to facilitate 

open and effective communication. During the interviews, the phrasing was adapted and 

clarifying questions were posed as necessary, based on the responses received. The structure 

and method of these interviews varied, providing the flexibility to explore emerging themes 

or adjust questioning as required. Notes were taken during all interviews, and the sessions 

were recorded with the interviewees’ permission.  
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Participants for this interview study were selected based on their leadership roles and 

extensive experience in the fields of Data and AI, and knowledge management (Table 5). 

These individuals brought to the table their vast expertise gathered from operating in various 

capacities within their respective sectors, ranging from strategic implementation of AI and 

data analytics to the enhancement of knowledge management processes. Their 

responsibilities spanned across a broad spectrum, including the development of AI-driven 

solutions, overseeing data quality and governance, integrating cutting-edge AI technologies 

into existing systems, and leading initiatives aimed at fostering data-driven cultures within 

their organizations.  

The participants hailed from a diverse array of industries, including construction, technology 

consulting, electricity and power, and postal services, reflecting a wide-ranging application 

of AI and data management principles across different business contexts. Due to the 

confidential nature of the study, the identities of the interviewees and the names of their 

respective companies have been omitted from this thesis. 
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Table 5 Background and interview duration of the interviewees  

ID Title Experience and specialization Duration 

H1 IT Service 

Manager 

Over 10 years managing IT operations, specializing in data 

accessibility, availability, and maintenance within the 

construction sector. 

45 min 

H2 IT Manager Extensive experience in enterprise architecture and IT security. 

Supports AI and data integration strategies within the 

construction industry. 

50 min 

H3 AI & Data 

Lead 

Specializes in knowledge management and IT consulting, with 

a focus on data analytics and AI. Experienced in technology 

transformation to enhance client technological infrastructure. 

58 min 

H4 Head of 

Data & AI 

Over 20 years in data-centric roles from startups to 

multinational corporations. Currently leading data science 

teams and expanding data and AI functions within the energy 

services and production sector. 

55 min 

H5 Digital 

Channels & 

Data 

Strategy 

Executive 

Vast experience from academia to consulting and senior 

corporate roles, now leading digital operations at a national 

postal service. Focuses on data-driven strategies and digital 

transformation.  

57 min 

H6 Chief Data 

Architect 

Nearly two decades in technical consultancy and data 

management leadership. Emphasizes a holistic data 

management approach at a Finnish postal service company. 

57 min 

H7 Automation 

lead 

Leads full-stack automation initiatives at a major Nordic IT 

enterprise, with a strong background in solution architecture 

and digitalization strategies. 

45 min 

 

4.3  Analysis of the research material 

The aim of analysis is to describe, interpret, and obtain a deeper understanding of the 

phenomenon being studied. (Hirsjärvi et al. 2009, p.128) The analysis process started with 

the transcription of audio recordings from interviews into text utilizing the transcribe 

function in Microsoft Teams, following Kananen's (2008) definition of transcription as 
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converting spoken language into a written, word-for-word format. This initial step is crucial 

for obtaining a preliminary understanding of the research topic based on responses from the 

interviewees. According to Rowley (2012) transcription itself serves as an initial analysis of 

the data, with the precision of transcription depending on the research question's formulation 

and the methods employed (Hirsjärvi et al. 2009, p. 222). 

Once the interviews were transcribed, the data was prepared for further analysis, involving 

data verification, supplementation as needed, and organization to facilitate efficient 

examination. The content was familiarized by reading through the interviews several times 

and keywords were extracted from the material. Content analysis was then utilized as the 

methodology for this structured examination. This technique focuses on identifying, coding, 

and labelling recurrent elements within the interview data that are pertinent to the research 

questions. (Tuomi & Sarajärvi 2018). 

Additionally, thematic analysis was the chosen method, due to its effectiveness in grouping 

data into coherent themes, which aids in systematically contrasting responses and gauging 

the prevalence of certain topics (Puusa 2020). This approach acknowledges the uniqueness 

of each case, allowing for a nuanced interpretation of the data within the broader context of 

the study's focus (Hirsjärvi et al. 2009, p. 160).  
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5  Findings 

Here the results of qualitative research are presented. The chapter explores the insights and 

experiences of experts from various industries and focusing on the transformative impact of 

AI and advancements in knowledge management. Their collective experiences give insight 

on the challenges, opportunities, and strategic shifts required by technological advancements 

in AI and data management. From the transition towards centralized data management to the 

pivotal role of cybersecurity and the persistent focus on data quality, these experts articulate 

a shared understanding of the evolving landscape. The individuals interviewed represent a 

broad spectrum of sectors, emphasizing the universal relevance of these changes across 

different fields. 

Findings are based on observations made during the interviews. The interview questions 

were designed to provide comprehensive information relevant to the research questions. The 

observations have been categorized according to the research problems and are presented in 

sub-chapters 5.1-5.5. The titles of the sub-chapters are shaped by the key themes that 

emerged during the interviews. Each theme was addressed in the context of the interviews. 

Interpretations and conclusions are based on the researcher's perspectives due to the nature 

of qualitative research. The results have been examined particularly in connection to the 

research questions and their underlying factors. Direct quotes formed from the transcription 

are used to portray the responses of the interviewees.  

5.1  Current situation of organizations knowledge management processes  

The fragmented siloed nature of knowledge within organizations was a common concern 

raised in all the interviews. Organizational silos result in fragmented data across several 

systems, making it difficult to integrate, manage, and use information efficiently. The 

interviewee H6 stated that this fragmentation is a typical problem, worsened by the presence 

of several, diverse information systems inside a company. According to interviewee H5, 

there has been challenges in coordinating its business strategies among various units, which 

have traditionally functioned independently with their own distinct strategies.  
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The change from fragmented information systems to more unified and centralized data 

management frameworks represents a substantial evolution within industry's approach to 

knowledge management, as observed by the interviewees. A recurring theme identified by 

all interviewees is the transition from siloed or scattered information systems to more 

centralized data management frameworks. This evolution is accompanied by significant 

challenges, particularly in terms of ensuring data quality and defining clear organizational 

roles and responsibilities. This paradigm shift is widely recognized as a significant 

advancement, aiming to enhance the accessibility and maintenance of knowledge across 

various industries. Representatives H1 and H2 emphasize the shift towards centralized data 

management systems in the construction industry. The discussion highlights a significant 

shift within organizations towards integrating their business strategies, focusing on 

enhancing transparency and efficiency across the business operations. Such strategic 

adjustments involve the standardization of terminologies and practices, with a priority on 

changes that significantly boost operational efficiency. The challenges of ensuring data 

accessibility and maintaining its timeliness are addressed by H4, who outlines efforts to 

centralize data on a unified platform and improve discoverability through “cataloguing” 

efforts. This approach aims to make data easily accessible and trustworthy for relevant 

employees, underscoring the ongoing efforts to standardize data and enhance its utility 

across the organization. The necessity for a comprehensive data governance strategy to 

effectively manage and exploit data across various operations is also acknowledged by 

interviewees.  

“Efforts are made to standardize terminologies and practices across systems 

and to prioritize changes that will have the most significant impact on 

operational efficiency and customer service. The organization recognizes the 

need for a robust data governance process to manage and leverage data 

effectively across its operations.” (H5) 

Interviewee H1 points out that the evolution from fragmented to cohesive knowledge 

management also brings associated challenges in sustaining data quality. H2 extends this by 

highlighting the role of centralized platforms in improving data-driven management and 

cybersecurity, indicating a holistic approach to embracing technological advancements. 

Interviewee H3 from the consulting sector, underscores the ongoing criticality of data 

quality, suggesting that despite technological advancements, foundational data management 

principles remain critical. This shared viewpoint among the interviewees emphasizes that 

despite the rapid pace of technological innovation, the foundational principles of data 
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management remain essential leading to an in-depth understanding and approach to 

navigating the complexities of this changing landscape. Interviewees H4, H5, H6, and H7 

also collectively highlight that the quality of the underlying data is important for the 

successful implementation of AI in knowledge management processes. They note that 

besides the promise of generative AI and other advanced technologies, the foundational 

challenge of ensuring data accuracy, governance, and maintenance remains unchanged. This 

perspective emphasizes that a consistent focus is on the integrity of data being an essential 

part for successful AI integration in KM. 

“Understanding and utilizing data effectively requires hands-on experience 

with real production deployments, learning from mistakes, and continuous 

refinement.” (H7) 

Additionally, H6 point out that data is often perceived as a technical matter, a perception 

that can lead to hesitancy among leadership or management to engage with it directly. This 

demonstrates a critical gap in the conversation around data. 

“Discussions around data's potential benefits are common, but they often lack 

specificity and actionability, akin to generic enthusiasm about utility without 

practical application insights.” (H6) 

The challenges of knowledge management extend beyond just implementing technology 

solutions, demanding a sophisticated strategy that considers cultural transformations and the 

difficulty in capturing, maintaining, and accessing tacit knowledge emerges as a significant 

challenge. H2 emphasizes the importance of soft aspects such as culture, people, and 

learning processes in overcoming KM challenges suggesting that demonstrating the 

opportunities afforded by new technologies can spark interest in adopting smarter methods. 

Similarly, H7 points out that cultivating a culture of learning and encouraging employees to 

contribute to knowledge pools are significant yet challenging tasks that are essential for 

retaining valuable knowledge within the organization. 

When discussing about capturing tacit knowledge, both H2 and H4 emphasize the 

effectiveness of traditional methods such as mentoring, job rotation, and strategic retirement 

planning. However, these strategies underscore the persistent need for human-centric 

approaches alongside the potential of AI and digital platforms. This perspective is further 

supported by H3, who notes the difficulties in maintaining efficient systems for information 

sharing, largely due to the lack of incentives for knowledge dissemination, leading to 

information silos. H3 put emphasis on social networks which remain as the most effective 
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way to access the latest and best material, but unfortunately it is not systematic and relies on 

individuals actively sharing information. Knowledge sharing platforms like Teams are used, 

but without active engagement, essential information is often overlooked. Maintaining up-

to-date and relevant data within systems is a challenge, especially with documents like 

proposals that may not be updated after initial versions.  

“The dispersed nature of information across many platforms, from Excel 

sheets to local folders to tacit knowledge preserved in peoples' memory, 

provides a significant obstacle to successful knowledge management. Despite 

their promise, social networks, and knowledge-sharing platforms such as 

Teams can fall short in the absence of active involvement and consistent 

sharing methods. “(H1)   

The advent of AI has marked a revolutionary turn in the domain of knowledge management, 

transforming the ways in which data is processed, analysed, and utilized. Despite the promise 

of AI and technological advancements, the interviews revealed a cautious optimism. The 

following Table 6 highlights the key takeaways from interviews of recent emerging priorities 

that are relevant to current knowledge management processes. The interviewees discussed 

various adaptations and strategies implemented to enhance information management. They 

also highlighted several critical factors, ranging from data quality to human resources, that 

are essential for optimizing the effectiveness of these processes. 
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Table 6 Emerging priorities in knowledge management practices 

Key takeaways Description 

Transition to centralization Organizations are shifting from fragmented systems to 

centralized data management frameworks. 

Data quality and governance Critical need for maintaining data quality and establishing 

comprehensive data governance to effectively manage and 

exploit data across various operations. 

Role of human-centric 

approaches 

Strategies must consider cultural changes and the challenge of 

capturing tacit knowledge. Stresses the importance of culture, 

people, and learning processes. 

Incentives and information 

sharing 

Lack of incentives for knowledge sharing leads to information 

silos. Effective knowledge sharing requires systematic and 

active sharing. 

Engagement with data Data is often seen as a technical matter, which leads to a gap in 

leadership engagement. 

 

5.2  Advancements and hurdles in AI-driven knowledge management 

The integration of AI into knowledge management processes and the challenges and 

solutions encountered presents a multifaceted narrative across the interviewed leaders. There 

is an evident enthusiasm among the interviewees for the capabilities of AI, particularly 

generative AI, and its role in streamlining KM processes by automating routine tasks and 

facilitating complex data analyses. H1 and H2 emphasizes that AI's adoption in KM is still 

in its early stages, with generative AI receiving special attention for its potential to manage 

vast data masses effectively. According to H3, generative AI emerges as a disruptive force, 

heralding a new era in data management and AI application. This shift is characterized by a 

transition towards cloud computing and the scaling of data processes. H3 anticipates that, in 

the future, generative AI will serve as a crucial instrument for the management of large data 

sets. Also, H4 agrees that the disruptive potential of generative AI signifies a pivotal shift. 

Although generative AI is becoming more popular, H1 brings attention to reliability issues, 

noting AI's tendency to generate incorrect information still requires constant human 

monitoring. 

“Reliability is a big challenge in these, because those systems like to lie, so 

you can't really bring it properly to work because the data provided is not 

reliable. “(H1)  
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H2 recognizes AI's potential to redefine operational efficiency and decision-making 

processes. Similarly, H4 and H5 recognize AI's role in automating data descriptions and 

enhancing data quality checks, illustrating AI's transformative impact on KM processes. 

Integrating AI reduces or eliminates the need for data custodians to manually describe each 

data element in the catalogue. This not only saves time but also can increase the uniformity 

and possibly the quality of the data descriptions, as the AI can apply consistent standards to 

all descriptions. 

“Before integrating AI, people responsible for managing and overseeing the 

accuracy, privacy, completeness, and security of data had to manually input 

descriptions for data within the catalogue, which can be time-consuming and 

susceptible to human error. The organization is using generative AI, to analyze 

the content of the data catalogue, and based on this, the AI then generates 

clear, natural language descriptions of the data automatically.” H4 

H3 also refers AI being utilized in knowledge management processes, namely using GPT-

based solutions produced on a worldwide scale, like an internal Chat GPT. This AI 

functionality can be extended to analyze documents and generate presentations based on 

previous data. The integration of proprietary GPT models within organizations represents a 

significant trend in the adaptation of AI technologies to enhance knowledge management 

processes. Interviewees across highlighted their organizations' efforts to develop and 

implement internal GPT systems within the past year. This strategic move underscores the 

recognition of the growing importance and utility of AI-driven solutions in the workplace, 

particularly in the context of the need for secure and efficient information processing and 

management. The decision to develop proprietary GPT models stems from a broader 

acknowledgment of the transformative potential of AI in streamlining operations, fostering 

innovation, and enhancing decision-making. However, alongside the enthusiasm for these 

capabilities, there is a critical emphasis on the necessity of creating a safe and controlled 

environment for AI application. This concern is particularly relevant given the sensitivities 

around data privacy, security, and the integrity of information processed by AI systems. By 

opting to develop internal GPT solutions, organizations aim to harness the benefits of 

generative AI while mitigating risks associated with external platforms, which may not fully 

align with the stringent security and compliance standards required in corporate settings. 

“Generative AI can analyze all communications, including emails and Teams 

messages, to find relevant data, which is a significant step forward in 

knowledge management. The need for manual organization of materials into 
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folders or drives is reduced as AI can locate documents and data across 

various storage platforms.” (H3) 

Nonetheless, H1 notes that current AI solutions, including chatbots which have demonstrated 

effectiveness, are relatively recent innovations and have not yet been comprehensively 

integrated into existing systems. As of now, Generative AI has not achieved its full potential 

within the realm of knowledge management having not been employed to its fullest capacity, 

based on available observations.  

Besides the enthusiasm for AI's potential in KM, practical challenges are involved in 

integration, with data quality and quantity emerging as significant hurdles across multiple 

accounts. According to H1, there is a need for careful deployment since the integration into 

daily operations hasn't been maximized due to challenges with existing systems. H6 

elaborates on the technical hurdles, emphasizing the necessity of robust metadata 

management to support AI’s capabilities in information retrieval and the dangers of AI 

hallucination. H5 also highlights the importance of human oversight in interpreting and 

acting on findings from AI systems, particularly to mitigate errors and ensure the reliability 

of data-driven decisions. H7 discusses the dual role of AI in enhancing management insights 

while also pointing out the limitations due to existing human dependencies. H7 further 

elaborates that besides the technical challenges in the integration of AI into knowledge 

management systems, that also cultural and people-oriented challenges must be navigated to 

ensure seamless operation. 

The democratization of data processing and the shift towards cloud-based solutions 

underscore the possibilities inherent in modern data systems. However, the significance of 

traditional data governance practices that are often deemed "boring and slow", continues to 

be a critical factor in understanding and managing data effectively. H5 points out the 

democratization of data processing and the persistent relevance of foundational data 

management practices amidst technological evolution. H2 and H3 discuss the difficulties in 

ensuring sufficient, high-quality data for AI analyses, pointing out that the effectiveness of 

AI tools is inherently tied to the underlying data's integrity. H2 further highlights the need 

for a balanced approach that considers the foundational aspects of data governance.  

 A consensus emerges among the interviewees regarding the pivotal role of data quality. This 

consistent emphasis on the integrity of underlying data as a fundamental prerequisite for 

leveraging AI technologies marks a significant factor which underscores that the efficacy of 
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these advanced technologies hinges on the quality of the data, they are fed. This enduring 

focus on data quality and governance, as highlighted by H3 and H7, reiterates the notion that 

while technological advancements offer promising avenues for innovation, their success is 

inextricably tied to the robustness of data management practices. H6 also express that the 

core aspects of data governance and quality management maintain their importance. 

While each interviewee acknowledges the potential for AI to transform KM practices, they 

also highlight the importance of clear strategic objectives and the management of 

expectations. H6 and H7 articulate challenges in digital maturity and the need for a clear 

understanding of AI's role in business processes, stressing that successful AI deployment 

hinges on strategic planning and a solid understanding of the intended outcomes. 

“In industries with a heavy reliance on traditional, non-digital workflows (e.g., 

construction), introducing AI can be particularly challenging. For example, in 

construction sites, the information might still be shared through informal 

means like WhatsApp. This lack of digital infrastructure poses a significant 

barrier to leveraging AI effectively.” (H6) 

“The primary challenge isn't the technology itself or securing funding and 

management support for AI initiatives. Instead, it's crucial to clearly 

understand the long-term goals of implementing AI or any specific integration. 

Without a clear vision of what AI is meant to solve in the short, medium, and 

long term, efforts can become unfocused.” (H7) 

The seamless integration of AI within knowledge management systems transcends 

technological implementation, necessitating a significant cultural transformation within 

organizations. This perspective, shared by both H2 and H7, emphasizes the critical need for 

cultural and attitudinal shifts towards more systematic and digitized approaches to data 

management. H3 and H4 also describes a journey toward AI adoption that requires not just 

technical implementation but also a shift in company culture and attitudes toward data 

management. H2 highlights the importance of developing a digital culture that aligns with 

the introduction of technological advancements, such as centralized data platforms, 

suggesting that the successful assimilation of AI into KM requires a harmonious blend of 

technology and cultural adaptation. Moreover, H7 reinforces the significance of nurturing 

an organizational culture that prioritizes knowledge sharing, underscoring the vital role of 

human dynamics in effectively leveraging the relationship between AI and knowledge 

management. H6 points out a common oversight in many organizations which is the lack of 

specific, contextual discussions about data. Rather than broadly talking about data's 
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potential, H6 advocates for a more focused approach that concentrates on distinct data types, 

such as customer or project information. 

The following Table 7 presents a summary of the challenges and opportunities associated 

with integrating AI to knowledge management, as identified through discussions. While 

there are significant hurdles, the advantages of incorporating AI into these processes are 

substantial. It is important to focus on overcoming these challenges to ensure that the KM 

systems function seamlessly and fully capitalize on their potential benefits. 
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Table 7 Integration challenges and opportunities in knowledge management 

Key takeaways Description 

AI adoption and enthusiasm Significant excitement about the capabilities of AI, especially 

generative AI, in automating and enhancing KM processes. 

AI reliability and human 

oversight 

Reliability of AI outputs is a concern, necessitating constant 

human monitoring to manage incorrect information generation 

risks. 

Automating data descriptions AI streamlines KM by automating routine tasks like data 

description, which saves time and potentially increases data 

quality. 

Internal GPT solutions for 

KM 

Development of internal GPT models to enhance KM processes 

while addressing data privacy and security concerns. 

Practical integration 

challenges 

Integration challenges include data quality and system 

compatibility, requiring careful AI deployment. 

Data quality and governance The quality of underlying data is essential so that AI can operate 

effectively with accurate and well-governed data. 

Strategic planning Successful AI integration depends on clear strategic objectives 

and managing expectations about AI's capabilities. 

Cultural transformation for AI 

adoption 

AI adoption requires not only technological implementation but 

also a cultural and attitudinal shift towards digitized data 

management. 

 

5.3  Advancing knowledge management with AI innovations 

The adoption of AI in knowledge management highlights a dynamic shift towards more 

agile, informed, and efficient practices. Collectively, the interviewees recognize the 

transformative potential of AI in streamlining operations and facilitating a more coherent 

flow of information. H1 and H2 discuss AI’s role in facilitating more efficient management 

of large data sets and enhancing decision-making processes through advanced data analytics 

tools. H1 highlight that AI is an emerging force in handling large data repositories, giving 

businesses the ability to handle complicated queries with ease. 

"AI tools facilitate comparisons between similar projects aiding in better-

informed decisions." (H1) 

H2 mentions AI as an enabler, highlighting its role not as a disruptor but as a catalyst that 

potentially enhances productivity and analytical capabilities during its early integration 

phases. All interviewees highlight AI's role in streamlining knowledge dissemination and 
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enhancing inter-departmental collaborations. Tools such as Microsoft SharePoint and 

OneDrive, as noted by H3, are pivotal in supporting these functions, moving away from 

traditional methods like email attachments to more integrated AI-driven platforms. H2, along 

with H1 and H3, further discusses the operational applications of AI which include 

generating data-driven presentations and fostering inter-departmental collaboration.  

“AI's application spans from generating prepared presentations to analysing 

data autonomously on behalf of humans. Handling unstructured data, such as 

free text fields like our feedback data can be categorized to enrich data 

quality.” (H2) 

Concurrently, H3 and H4 highlight AI's role in refining information retrieval and automating 

routine advisory tasks, which streamline processes and enhance efficiency in daily 

operations. H3 points out that while AI tools have started simplifying information retrieval, 

they have yet to become an integral part of the organization's knowledge management 

solutions. The use of AI in managing information retrieval is primarily used to generate ideas 

for creating new materials. Specifically, H3 emphasizes AI's emerging function as a 

sophisticated search engine, speeding up the process of finding information, potentially 

replacing the typical use of Google or other search tools for organizational information 

retrieval in the future. 

"AI simplifies processes that would otherwise require searching through 

multiple sources." (H3) 

H1 mentions that it is anticipated that AI tools will advance to become intelligent assistants, 

like "co-pilots," transforming the way decisions are made. H1's vision of AI as a personal 

assistant or "co-pilot" encapsulates the broader sentiment of AI's role in augmenting human 

capabilities rather than replacing them. H4 expands on this by illustrating AI's role in 

fostering internal collaboration, suggesting that AI-driven tools are developing internal AI-

powered assistants to support functions such as customer service and HR by automating 

responses and facilitating issue resolution, which significantly alleviates the workload on 

staff and improves service delivery. 

"AI-powered assistants... automate advisory and coaching tasks, transforming 

the dynamics of employee interactions and operational efficiency." (H4) 

H4 believes that within a decade, AI is expected to transition from an assistant to a co-

worker, executing routine tasks and deeply integrating with HR, finance, and other 
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organizational systems. This integration will improve efficiency in handling procurement, 

orders, and leave requests, moving towards a more automated and AI-driven approach. 

“The development of these AI assistants is expected to change employee 

interactions knowledge accessibility, learning to seek answers from AI bots for 

straightforward questions, similar to external customer-facing chatbots used 

by many companies.” (H4) 

H6 also highlights AI's potential in transforming information search and retrieval, 

emphasizing the importance of effective metadata management and data accuracy to support 

AI functionalities. 

“For AI to effectively assist in knowledge search and retrieval, foundational 

capabilities like effective metadata management are crucial. Without a clear 

understanding and labelling of data, AI might struggle to fetch relevant 

information accurately.” (H6) 

Moreover, H5 and H6 describe how AI is applied in day-to-day operations, improving data 

quality after collection, and contributing to operational process efficiencies. H5 examines 

the integration seriously and claims that although AI doesn't directly increase data quality 

during collection, it greatly improves it after by identifying and correcting quality problems.  

“AI can enhance data quality, identify quality issues, and potentially fill gaps 

if the expected outcomes are well-understood.” (H5) 

In contrast, H7 emphasizes the slow yet growing influence of AI in KM, particularly in 

fostering cross-departmental knowledge sharing with the aid of generative AI and large 

language models. The strategic use of AI to access a vast repository of external best practices 

is seen as a key to enhancing internal problem-solving capabilities and operational 

efficiency. While AI's role in the organization is still developing, its integration signifies a 

promising future in enhancing knowledge management practices. 

“While fostering a culture of knowledge sharing, the organization also looks 

to AI to supplement these efforts." (H7) 

Table 8 summarizes the key benefits of AI in enhancing knowledge management (KM) as 

experienced by interviewees within their organizations. Interviewees emphasized on how 

AI-driven solutions can add flexibility in task management by saving time through advanced 

search tools, systematic knowledge retrieval, virtual assistants, and improved metadata 

management. This table highlights how these AI implementations contribute to more 

efficient organizational processes. 
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Table 8 Advancing knowledge management with AI 

Key takeaways Description 

Dynamic shift in KM practices AI adoption marks a significant transformation towards agile 

and efficient knowledge management. AI is utilized for 

managing large data sets, facilitating complex queries, and 

enhancing decision-making through advanced analytics. 

Information retrieval and 

automation 

AI refines information retrieval processes and automates 

routine tasks, enhancing operational efficiency. The future 

potential of AI includes becoming sophisticated search tools, 

replacing traditional search engines for organizational use. 

AI-powered assistants AI tools are envisioned to evolve from assistants to integral 

co-workers, aiding in routine tasks and system integrations. 

AI-powered assistants are expected to automate advisory 

tasks, easing the workload on employees. 

Metadata management and data 

accuracy 

Effective metadata management is crucial for AI's 

functionality in knowledge search and retrieval. AI improves 

data quality post-collection by identifying and correcting 

quality issues. 

Generative AI and cross-

departmental knowledge sharing 

AI fosters cross-departmental knowledge sharing and 

enhances problem-solving capabilities through access to 

external best practices. The integration of AI in KM is 

evolving, fostering a culture of knowledge sharing. 

 

5.4  Organizational adaptation and employee interaction 

All the interviewees emphasize the importance of training and continuous support as crucial 

processes for effective AI tool utilization. H1 and H6 discuss not just the mechanics of using 

the tools but also the strategic framing of questions to ensure relevant and accurate outputs. 

H1 highlights, that the proper utilization of AI tools requires to interpret data correctly.  

“It is a necessity of asking the right questions to derive meaningful conclusions 

from AI-generated answers and also not to blindly rely on AI without critical 

scrutiny.” (H1) 

H1 shares that there is an upcoming online course aimed at optimizing the use of ChatGPT 

tools which underscores the proactive steps taken to enhance employee competency in AI 

utilization. 

"Mastering the art of asking the right questions to generate useful responses 

can be challenging... more in-depth training programs are needed." (H1) 
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H2 details the structured training modules provided, focusing on AI technologies. These 

training sessions cover a range of topics from generative AI to machine learning possibilities, 

aiming to increase employee awareness, and understanding of AI's role and potential benefits 

in their work processes. H4 advocates for rigorous user training and communication to 

mitigate risks of errors such as "hallucinations" that can be misleading or incorrect 

information generated by AI.  

 H3 stresses the importance of proper change management and educational efforts to 

facilitate adaptation to AI tools. Without this, there is a risk that employees might not fully 

engage with the new technologies. Similarly, H7 agrees that operational habits and cultural 

inertia may provide obstacles to the adoption of AI-enhanced procedures. Successful 

integration depends on comprehensive change management strategies that not only provide 

the necessary training but also align AI tools with organizational goals and employee 

expectations. 

“Simply offering a training day without contextual understanding of the tool's 

use, its functions, and its benefits leads to underutilization.” (H3) 

"Effective communication and targeted training are crucial in overcoming 

resistance and enhancing receptivity to AI tools." - H7 

H6 describes approach adopted by their organization, which includes broadening awareness 

and delivering targeted training sessions. These initiatives underscore the benefits of AI 

while also highlighting the importance of cautious and responsible use, especially 

concerning sensitive or confidential data. 

H7 discusses about how training is provided at both the departmental level and organization-

wide to ensure staff are proficient in using AI tools. This includes not only general AI 

awareness but also specific training on how AI applies to their roles and responsibilities.  

“Such focused training helps employees see AI not as a threat to their jobs but 

as a support tool that aids their work.” (H7) 

Effective training and a strong focus on the human aspects of technology implementation 

are critical. H4 builds on this by noting the necessity of reevaluating job roles within human 

resources (HR) to reflect the changing nature of work influenced by AI, indicating a 

proactive approach to workforce adaptation. 

H4 and H5 discuss the role of pilot programs and iterative training processes in embedding 

AI tools into daily workflows. These initiatives are designed to minimize resistance and 
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foster acceptance among employees, illustrating a methodical and sensitive approach to 

technology integration. 

"Specific programs designed to familiarize employees with new tools and 

processes are crucial in this transition." (H4) 

H3 brings an interesting perspective on the economic aspects of AI integration. H3’s insights 

underscore the importance of a measured approach to AI investments, highlighting that the 

benefits must outweigh the costs, particularly when implemented on a large scale across 

organizations.  

"An evaluation of performance metrics and the value returned is essential to 

justify the substantial investment in AI tools." (H3) 

Table 9 below provides a summary of key insights from interviews on how organizations 

have adopted or are in the process of adopting AI tools and solutions. It is crucial to follow 

employee’s seamless engagement with these tools.  
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Table 9 Key takeaways on AI adoption and organizational change 

Key takeaways Description 

Training and support Training and continuous support are emphasized as crucial 

for effective AI tool utilization. Increasing employee 

awareness and understanding covering generative AI is 

necessary.  

Change management and 

educational efforts 

Proper change management is essential to ensure employee 

engagement with new technologies. Effective 

communication and targeted training are crucial to enhance 

receptivity. 

Re-evaluation of job roles Necessity of re-evaluating roles within HR to reflect 

changes influenced by AI. Proactive adaptation of 

workforce roles is critical as AI tools become integrated 

into daily workflows. 

Pilot programs Implementation of pilot programs a to familiarize 

employees with AI tools and processes.  

Economic aspects of AI integration Evaluation of performance metrics and value returned is 

essential for justifying investments in AI tools. 

 

5.5  Decision-making, ethical considerations, and future trends 

During the interviews, the interviewees were asked about the role of AI and its impact in 

decision-making processes. Concerns about information reliability was a general remark that 

came up among discussions. All the interviewees were unanimous in their view that it is 

critical not to accept everything generative AI produces at face value.  H1, H2 and H6 

express concerns over the reliability of AI-generated content and the accuracy of AI outputs, 

which necessitates structured and precise human inputs to maximize relevance. 

"There's a healthy scepticism about fully trusting AI outputs, suggesting that 

while AI can contribute valuable insights, its suggestions should be critically 

evaluated." (H2)  

H3 also notes, that AI systems, particularly internal GPT-based tools, may not always 

provide fully reliable or relevant information. The perceived unreliability stems from these 

tools' current developmental state, which necessitates further engineering to enhance their 

response quality. H4 reinforces the need for vigilance with maturing generative AI models, 

that can be misleading or provide incorrect information generated by AI.  
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“For example, it is important to verify AI-generated outputs from tools like 

Microsoft Teams Co-Pilot transcription function before their use in decision-

making processes.” (H4) 

H1 highlights the strategic integration of AI in decision-making, underscoring AI's ability to 

enhance the processing and reliability of large data sets and its prospective role as a future 

norm in operational strategies. According to H1, AI tools significantly aid in forecasting and 

comparing similar projects, thereby influencing more informed decision-making processes. 

H2 adds that while AI's impact on decision-making is still in its infancy within their 

organization, its potential is recognized particularly in streamlining data analysis which can 

enhance managerial decisions.  

"AI's current impact is limited but its integration into decision-making 

processes is anticipated to grow as the systems become more sophisticated." 

(H2) 

H4 emphasizes the prospective automation of decision-making through AI, particularly 

highlighting AI’s role in predictive analyses. H4 believes that the integration of AI is 

expected to automate and significantly influence decision-making, particularly through data-

driven insights and predictive analytics. H7 mentions the impact of AI-driven knowledge 

management on decision-making processes within their organization, estimating it at about 

20-25% effectiveness.  

“This level of impact stems from the integration of AI and generative AI into 

reporting and data analysis, improving insights for management but is limited 

by the human tendency to rely on manual processes and personalized data 

manipulation for specific reporting needs.” 

All interviewees acknowledge that their organizations treat ethical concerns and privacy 

issues very seriously, handling them with great diligence and care. H2 emphasizes strict 

ethical boundaries within AI systems to prevent misuse and ensure compliance with legal 

standards, particularly concerning data security and privacy. H2 further points out that even 

with fully confidential and protected AI systems, the organization advises against using any 

personal or sensitive information within AI platforms.  

"Ethical programming within AI systems is crucial to safeguard against 

unethical use and to uphold data privacy standards rigorously." (H2) 

Both H3 and H7 discuss the importance of tailoring AI systems to regional values to prevent 

biases, underscoring the need for AI tools that resonate with local market dynamics and 

cultural sensitivities. Both interviewees concur on the importance of keeping AI systems 
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bias-free and compliance to privacy norms, which entails ongoing adjustments and regional 

customizations. Both H2 and H6 stress the need for stringent ethical standards and robust 

security measures to mitigate these risks, emphasizing the critical need for constant alertness 

as AI becomes more integrated into daily operations. H2 addresses the potential security 

risks and ethical dilemmas posed by AI, particularly as the technologies become capable of 

creating convincingly deceptive content.  

"AI can bring efficiency and new capabilities, but it also poses significant risks, 

such as the use of AI to create fake images or audio to commit fraud." (H2) 

H6 brings up the ethical challenges posed by AI-generated "deepfakes," emphasizing the 

need for strict oversight and robust verification processes to mitigate the risks associated 

with such technology. 

 “These fabrications, which can create highly realistic but entirely fictional 

audio and visual content, present significant concerns for misinformation and 

fraud.” (H6) 

The interviewees’ predictions for the future of AI in knowledge management point to a slow 

but considerable move toward more integrated and intelligent knowledge management 

systems. H5 discusses the implications of AI on human-centric services, particularly 

emphasizing that while automation will enhance efficiency, it will not fully replace tasks 

such as physical deliveries. H5 highlights that AI will support these services, suggesting a 

symbiotic relationship between AI advancements and human labour.  H1's vision of AI as a 

personal assistant or "co-pilot" encapsulates the broader sentiment of AI's role in augmenting 

human capabilities rather than replacing them. H1 envisions that AI tools will become deeply 

integrated into business operations and facilitating innovative practices across various 

sectors.  

"The future of AI in knowledge management looks promising, with 

expectations of AI systems becoming integral to operational efficiencies and 

driving innovative applications." (H1) 

H6 also acknowledges the growing impact of AI, noting its increasing reliability and the 

significant enhancements it brings to productivity. However, he raises concerns about the 

unclear nature of AI systems, often referred to as the ‘black box’ problem, which can obscure 

how decisions are made and complicate oversight. H7 shares a similarly cautious optimism, 

emphasizing the balanced integration of AI to complement human roles, particularly in 

complex decision-making scenarios where nuanced human insights are invaluable. 
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"While AI will automate many tasks, the unique insights provided by human 

intelligence will remain crucial, especially in complex industries." (H7) 

H4 and H5 reflect the emerging technologies like quantum computing and large language 

models as capabilities that will greatly enhance data processing capacities, potentially 

transforming the landscape of knowledge management systems significantly.  H6 and H7 

mention the potential of AI to democratize development and enhance collaborative efforts 

through technologies that enriches collaborative and development processes across 

geographically dispersed teams. H3 also shares an interesting vision about augmented reality 

and metaverse technologies in professional settings. H3 emphasizes on the potential for AI 

and new technologies to enrich social interactions at work, where digital and physical 

interactions are more seamlessly integrated.  

"These technologies could enhance the realism and authenticity of remote 

interactions, effectively addressing the social and collaboration challenges 

posed by the shift to remote work." (H3) 

This perspective is supported by the insights of H4 and H5, who also discuss the integration 

of AI in enhancing workplace interactions and operational efficiencies. H4 expresses a wish 

for more human-like AI bots capable of embodying personal characteristics, such as voice 

and persona, to an extent where they could autonomously participate in interviews or 

represent individuals in various contexts. AI is recognized as a pivotal force in enhancing 

the dynamism and personality of social interactions, which is increasingly important as 

remote working becomes more prevalent. Table 10 below summarises the main insights from 

interviews focusing on the decision-making aspects, ethical concerns, and future trends as 

anticipated by the interviewees.  
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Table 10 Considerations on decision-making, ethical concerns, and future outlook 

Key takeaways Description 

Reliability of AI outputs AI is used for forecasting and comparing projects, but its outputs 

must be critically evaluated due to reliability concerns. 

Data security and privacy 

norms 

Ethical programming and strict boundaries within AI systems are 

essential to prevent misuse and ensure compliance with data 

security and privacy standards. 

There's a significant emphasis on keeping AI systems bias-free 

and compliant with privacy norms. 

Automation and predictive 

analytics 

Integration of AI is expected to automate and significantly 

influence decision-making, particularly through data-driven 

insights and predictive analytics.  

Symbiotic relationship 

between AI advancements 

and human labour 

AI is expected to move toward more integrated and intelligent 

knowledge management systems. Future AI systems like co-pilot 

are anticipated to support human-centric services rather than 

replace them. 

Heightened security measures AI can create convincingly deceptive content, which pose 

significant risks for misinformation and fraud. AI systems must 

be tailored to resonate with local market dynamics and cultural 

sensitivities to avoid biases. 

AI to enrich social 

interactions  

Technologies like quantum computing, large language models, 

augmented reality, and the metaverse are expected to transform 

knowledge management significantly. Maintaining social 

interactions through AI could enhance remote interactions to have 

more realistic and authentic social collaboration. 
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6  Discussion 

This chapter synthesizes the empirical findings with theoretical insights drawn from the 

literature reviewed of this thesis. It explores the impact of AI on various knowledge 

management processes, addressing the research questions posed in the introductory chapter 

and providing a coherent dialogue between theory and empirical evidence. 

6.1  Impact of AI on key knowledge management processes 

The utilization of AI in knowledge management spans a diverse range of applications, 

particularly excelling in data acquisition. Its extensive and varied role enables the gathering 

of vast amounts of data from both internal and external sources, including third-party 

systems. AI significantly automates the maintenance, management, and deletion of data to 

meet specific organizational criteria, such as removing outdated or irrelevant information. 

This capability allows for the seamless transfer of information between systems or to 

completely new systems, aiming to enhance organizational performance and collaboration. 

A thematic analysis of responses from the field shows a unanimous recognition of AI's 

transformative potential in knowledge management. AI is increasingly being used to 

automate routine tasks and enable complex data analyses, although these applications are 

still evolving. Significantly, there is a shift from fragmented, siloed information systems 

towards more centralized data management frameworks. This transition, essential for 

enhancing transparency and data quality across organizations, addresses the inefficiencies 

associated with siloed information as highlighted by Jalonen (2015), and further explored by 

Davenport and Ronanki (2018). They noted that AI not only addresses these inefficiencies 

but also enhances data quality through automation. 

AI-driven centralization significantly improves the speed and accuracy of information 

processing within organizations, fostering a more integrated and efficient knowledge 

management system. This is supported by recent insights from Leoni et al. (2022) and 

Dwivedi (2019), who discuss how AI-driven centralization impacts organizational 

dynamics. Furthermore, AI augments knowledge creation through advanced data mining and 

pattern recognition, quickening the discovery of new insights. Its sophisticated data 
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compression techniques and improved categorization and retrieval systems not only 

optimize space but also enhance data accessibility in knowledge storage. AI-driven 

classification and indexing increase the accessibility of knowledge, making it more usable 

for employees throughout the organization, thereby reducing the time they spend locating 

information. 

The implementation of AI in knowledge management requires consideration of multiple 

components. As discussed by interviewees, robust data governance processes are crucial to 

effectively manage and exploit data, necessitating the standardization of terminologies and 

practices to boost operational efficiency. Modern knowledge management practices heavily 

incorporate IT to enhance accessibility and effectiveness, as noted by Manzer (2023) and 

Jallow et al. (2020). AI's capability to analyse selected data, suggest analysis targets, identify 

data deficiencies, and construct models based on this data enhances decision-making and 

strategic planning capabilities. Empirical study also highlighted the challenges of AI's early 

implementation stages, particularly the importance of data quality, a sentiment echoed in the 

theory by Aouinti (2023). High-quality data is essential for accurate AI decision-making. 

Thus, organizations must ensure their data is clean, accurate, and well-organized.  

6.2  Challenges and opportunities of AI integration in knowledge management 

The rapid technological advancements in AI pose both opportunities and challenges for KM.  

When AI automates routine tasks, it can swiftly process large datasets, and identify complex 

patterns that are beyond human analytical capabilities. This automation frees up human 

resources for more critical analytical tasks. This is in line with Bhbosale et al. (2020), who 

explains AI-driven machines ability to work round-the-clock continuously which ensures 

productivity without the interpersonal conflicts or distractions that can arise in human-

operated settings. 

In the theoretical part, Wenger (1998) has highlighted the importance of creating 

comprehensive knowledge databases and developing robust search and retrieval systems. 

This ideology emerged from findings, highlighting AI's robust data processing and analytical 

capabilities provide actionable insights and predictive analytics. The main opportunities 

gained from this enhanced data analysis, allows organizations to draw comparisons with 

previous or similar projects, utilizing historical data as a strategic advantage in current 
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decision-making processes. By doing so, AI enables organizations to learn from past 

endeavours and refine their strategies effectively. Leveraging AI enables organizations to 

innovate more rapidly and adapt dynamically to changing market conditions, maintaining a 

competitive edge. AI-driven innovations not only streamline operations but also introduce 

new ways to engage customers and optimize products and services continually. This is also 

agreed by Gołąb-Andrzejak (2023) mentioning that AI-driven models empower businesses 

to swiftly navigate through technological changes and evolving information landscapes, 

facilitating quicker and more informed decision-making processes by leveraging robust 

organizational information models. 

However, AI is never completely foolproof and can make erroneous interpretations. As 

highlighted during the interviews, the effectiveness of AI tools is straightly linked to the 

quality of data they process. Poor data quality can result in incorrect AI outputs, potentially 

misleading decision-making processes. A significant challenge is the reliability of the AI 

generated results, and the organization must plan for an acceptable error tolerance, how to 

respond to error situations, and how to prevent them as much as possible. Issues with both 

the quality and the quantity of data significantly restrict AI’s capabilities, emphasizing the 

need for robust data governance to ensure data accuracy and utility.  

The empirical data highlights several security and ethical challenges introduced using AI in 

knowledge management, such as risks associated with data privacy and the ethical use of AI 

technologies. It points out that these issues necessitate stringent security protocols and 

ethical guidelines to mitigate risks and protect against the misuse of AI. Furthermore, it 

emphasizes the importance of maintaining trust and integrity within AI-enhanced KM 

practices and managing expectations about AI's benefits realistically. The literature 

specifically addresses concerns around data bias, job displacement, and other ethical 

implications of AI use, highlighting the need for fair and equitable AI systems. Additionally, 

data privacy is underscored as a major challenge, with KM systems containing potentially 

sensitive information, requiring compliance with strict data protection regulations.  

The alignment between empirical findings and theoretical insights is evident in the shared 

emphasis on the complexity of ethical and security challenges posed by AI in knowledge 

management. Both empirical and theoretical sources recognize the critical need for robust 

governance frameworks to ensure that AI applications in KM are ethical, secure, and 

compliant with regulatory standards. The discussion around data bias, as highlighted by 
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Ntoutsi et al. (2020) and Baeza-Yates (2018), is particularly relevant; it reflects the empirical 

concerns about the potential for AI to propagate existing biases if not carefully managed. 

Ferrara (2023) emphasizes the necessity to mitigate such biases to foster fairness and equity 

in AI applications, resonating with the empirical emphasis on sustaining trust and integrity. 

The integration of AI into traditional knowledge management practices often meets with 

resistance from employees accustomed to conventional methods. As discussed in interviews, 

the effective change management strategies are essential to facilitate a cultural shift towards 

an AI-enhanced environment. This transition requires not just the implementation of new 

technology but also a fundamental change in organizational mindsets and operational 

practices to promote and enhance knowledge sharing. Much of the success in utilizing AI 

tools depends on the attitudes of the people involved. It is vital to foster an atmosphere that 

not only encourages knowledge sharing but also concretizes it. Creating such an environment 

involves educating and training the workforce to appreciate the benefits of AI. These were 

provided by the interviewees organizations and emphasis was clearly placed on the role of 

social networks.  

The emphasis by Vadari and Desik (2021) on AI's limitations in innovation and flexibility 

resonates with the empirical challenges of managing cultural transformations within 

organizations. By realigning employees' perspectives and organizational strategies around 

AI, businesses can harness the collaborative potential of these technologies. This 

realignment allows knowledge to flow more freely across departments, enhancing decision-

making and innovation at all levels of the organization. In such a nurtured environment, AI 

tools become facilitators rather than disruptors, enabling a more knowledgeable and agile 

organizational culture.  

6.3  Enhancing knowledge management effectiveness through AI 

Generative AI’s importance was emphasized for its capability to manage large data sets 

effectively, automate data cataloguing, and generate natural language descriptions, which 

significantly reduces manual labour and enhances data quality. As acknowledged in the 

theory by Chui et al. (2023), generative AI is at the forefront of AI technologies and has 

enabled the development of AI-powered chatbots and virtual assistants, significantly 

improving knowledge discovery and management. AI-driven tools like GPT are 
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revolutionizing how knowledge is created within organizations (van Dis et al. 2023; Chui et 

al. 2022; Keto-Tokoi, 2023).  

Through GPT, AI is integrated into daily workplace activities more seamlessly. These tools 

automatically generate reports, summaries, and responses to queries, significantly 

accelerating the knowledge creation process. Empirical study showcases that interviewees 

organization’s move towards in-house GPT model, which reflects a proactive approach to 

addressing both the immense potential and the challenges presented by AI technologies. It 

illustrates a commitment to innovation, balanced with a diligent effort to ensure that 

technological advancements are leveraged in a manner that upholds organizational values, 

protects stakeholder interests, and matches to regulatory requirements. This strategic 

integration of generative AI into knowledge management systems marks a significant step 

forward in the digital transformation journey of these organizations, positioning them at the 

forefront of leveraging AI for competitive advantage while maintaining a focus on security 

and ethical considerations.  

Emphasized in the empirical study, there should be a clear alignment and vision regarding 

what the organization aims to achieve through the adoption of AI, including the reasons for 

its implementation and a plan detailing how, where, and when AI will be utilized. AI 

utilization requires a technical process to be designed around it, which should be planned 

before implementation. As part of the planning process, the organization must also consider 

the suitability of the AI solution for the business and the specific problem at hand. This aligns 

with Vadari and Desik's (2021) view that a successful AI strategy in knowledge management 

must be closely linked to the broader business strategy to fulfil specific business objectives 

effectively. 

The future of AI in knowledge management looks promising, with more agile, informed, 

and efficient practices that can significantly transform business landscapes. However, the 

integration of AI should be approached with caution, ensuring it complements human roles 

and enhances decision-making without replacing the crucial insights provided by human 

intelligence. The literature suggests that as AI technologies continue to evolve, they will 

become integral components of KM systems, driving significant changes in how 

organizations manage and utilize knowledge (Lin & Lee 2005). This integration not only 

supports operational and strategic enhancements but also fosters a culture of innovation and 

continuous improvement in handling the complexities of modern data systems. 
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7  Conclusions 

In this master's thesis, a substantial collection of literature has been dissected and synthesized 

to explore the evolution, practices, models, strategies, and the profound implications of 

emerging technologies such as AI in the field of knowledge management. The objective of 

this thesis was to explore how AI can be utilized to enhance knowledge management 

processes within organizations. This study examines the crucial KM processes relevant to 

an organization and assesses the involvement of AI technologies within these processes. It 

also identifies the challenges and opportunities associated with integrating AI into 

knowledge management systems and explores how AI could potentially transform these 

systems to improve the overall efficiency and effectiveness in addressing common 

organizational challenges. 

AI-powered knowledge management tools are revolutionizing the way knowledge is 

managed within organizations, making processes more efficient and decision-making more 

informed. By enhancing the flow of knowledge, these tools foster a culture of innovation 

and collaboration, empowering organizations to achieve strategic advantages and continuous 

improvement in a data-driven world. The empirical research was conducted through 

interviews with key personnel from various industry sectors, who possess extensive 

experience in data analytics, artificial intelligence field and knowledge management 

practices.   

The integration of AI into knowledge management not only offers significant opportunities 

for organizational learning and collaboration but also presents several challenges that must 

be navigated carefully. The implementation of AI in knowledge management demands 

rigorous attention to data integrity, ethical standards, and the necessity for cultural 

adaptation. Successful integration of AI in knowledge management practices can lead to 

more innovative operations and informed decision-making processes, thereby enhancing 

organizational effectiveness. 

Throughout this study, we have defined and explored the concepts of AI and knowledge 

management. AI has been identified as crucial in tasks related to constructing procedures 

that replicate human-like intelligent functions, whereas knowledge management refers to the 

processes that enable the efficient capture, distribution, and use of knowledge. We have 
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examined the relationship between AI and knowledge management in the context of human 

interaction with technology, highlighting the limitations of AI in acquiring and applying tacit 

knowledge, which is deeply rooted in social interactions. Moreover, the literature indicates 

that while AI supports the management of explicit knowledge, it is the dynamic interplay 

between tacit and explicit knowledge, as outlined in the Nonaka and Takeuchi model, 

promotes the creation of new knowledge within organizations. As a result, AI tools do not 

replace individuals but rather assist them in creating opportunities for maximizing efficiency 

and enhancing knowledge accessibility. 

The strategic integration of AI into knowledge management frameworks is critical for fully 

realizing its promise in enhancing organizational knowledge management. This integration 

not only supports the operational needs of the organization but also sets a new benchmark 

for organizational performance and strategic edge, ultimately contributing to business 

success. 

Despite achieving its primary goal of exploring the relationship between Artificial 

Intelligence and Knowledge Management, this study acknowledges several limitations that 

could inform future research directions. Time constraints, the chosen study model, and the 

scope of field research were notable constraints that future studies might address. The 

research predominantly relied on interviews with experts in AI, data, and knowledge 

management. While saturation was reasonably achieved, increasing the sample size and 

diversity of interviewees could have provided a broader range of perspectives. Typically, the 

interviewees were already familiar with the study's main themes, which may have influenced 

their overall perspectives.  

For future research, it would be valuable to examine specific development projects and their 

practical implementations in organizations. A detailed investigation into the effects of these 

implementations on organizational operations would enrich our understanding of the subject. 

A comparative study between organizations that utilize AI in knowledge management and 

those that do not could also yield insightful distinctions. Such a study could focus on two 

similarly situated companies to facilitate a meaningful comparison.   
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Appendix 1. Interview framework for the interview study 

Role and experience 

1. Name and title 

2. Can you describe your role and experience in data management or a related field? 

3. How long have you been working in this area, and what key changes have you observed 

over time? 

Common challenges in knowledge management 

4. What knowledge management difficulties have been identified in the organization? 

5. What methods or strategies do you employ to address these issues? 

6. What measures are in place to ensure that knowledge is easily accessible to all relevant 

employees?  

7. How does your organization ensure that the knowledge in its systems remains current and 

relevant? 

8. What methods or tools are used to capture tacit knowledge from experienced employees? 

AI Integration in knowledge management 

9. Has your organization used artificial intelligence in its knowledge management 

processes?  

9.1 If yes, how has your organization integrated AI into its knowledge management 

processes? If no, then why and has it been identified where artificial intelligence can 

assist? 

10.  How do you see the role of generative AI in the current knowledge management 

environment? 

11. Can you provide specific examples of AI tools or solutions your organization uses for 

knowledge management? 

Impact of AI on knowledge management 

12. What impact has AI had on knowledge management in your organization? 

13. Have you noticed improvements since implementing AI in knowledge management 

processes? 

14. How is AI-enhanced information applied in your organization’s operations? 

15. How has AI impacted inside collaboration team or cross-departmental collaboration in 

your organization?  

16. Are there AI systems in place that facilitate knowledge sharing across different 

departments or teams? 

Challenges and solutions 

17. What challenges have you encountered when integrating AI into knowledge management 

systems? 

18. How have these challenges been addressed or overcome? 

  



 
 

Employee interaction and adaptation 

19. How do employees in your organization interact with AI-driven knowledge management 

tools? 

20. What training or support is provided to help staff adapt to these AI tools? 

21. How is knowledge sharing facilitated within your organization using AI tools? 

AI's role in decision-making: 

22. Can you describe how AI-driven knowledge management has influenced decision-

making processes in your organization? 

23. Do you receive contradictory or irrelevant information for decision-making from AI 

systems? 

Ethical considerations and data privacy: 

24. How does your organization address ethical considerations and data privacy concerns 

related to the use of AI in knowledge management? 

25. How do you ensure equitable and safe access to knowledge and avoid biases in AI-driven 

knowledge management systems? 

Future prospects and trends:  

26. How do you foresee the future of AI in knowledge management within your organization 

or industry e.g. in 10 years? 

27. Are there any emerging trends or technologies in AI and knowledge management that 

you find particularly promising or concerning? 

 


