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This thesis explores the impact of AI-powered Knowledge Work Automation on knowledge 

work productivity, with a specific focus on the knowledge intensive services. In the 

empirical part, the research focuses on the use of the M-Files Knowledge Work Automation 

platform and its effects on knowledge work productivity. The research highlights the 

growing importance of knowledge work in modern business, and the necessity for effective 

automation to enhance productivity.  

The thesis begins by outlining the research objectives, which include understanding how 

knowledge work productivity is determined and identifying practical means of increasing it 

through AI-powered automation. The study aims to address the research questions about A) 

the definition of knowledge work productivity, B) the methods to increase it using AI-

powered automation, and C) the tangible and intangible effects of integrating such 

automation platform to business processes.  

The research methodology involves a case study of the M-Files platform and the integrated 

GenAI assistant M-Files Aino. M-Files is a document management system that leverages AI 

to automate knowledge work tasks. M-Files knowledge work automation helps automate 

routine tasks to save time, streamline processes, reduce errors, and add information security. 

The study found that the integration of generative AI in document management can lead to 

significant improvements in efficiency and overall productivity in knowledge-intensive 

services. The key findings indicate that automating the frequent manual tasks typical for 

knowledge work will allow knowledge workers focus on more valuable and complex work 

and produce more value in less time. This not only increases individual productivity but 

contributes to the overall efficiency of the organization. In order for knowledge-intensive 

organizations to successfully operate in the changing business environment, they need to 

integrate AI-powered knowledge work automation into their operations.   
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1  Introduction 

The rapid development of technology and automation has driven organizations towards 

knowledge work automation and artificial Intelligence (AI). Knowledge work refers to tasks 

that require the use of knowledge, creativity, and critical thinking, typically performed by 

employees who manage information as part of their job, such as lawyers, managers, and 

professionals in various fields, while knowledge work automation aims to streamline and 

simplify these tasks using technology and automation tools. Knowledge Work Automation 

and AI develop rapidly, which raises the importance of communicating the value of these 

innovations to customers. This thesis will research how the productivity of knowledge 

workers will increase when their tasks are automated with knowledge work automation 

technology. This research has been conducted as a case study for specific knowledge work 

platform, M-Files.  

1.1  Background 

Productivity is directly linked to the success of an organization. For long, companies have 

tried to increase the productivity of their employees through work tasks and processes. Now 

that the amount knowledge workers has grown, also the importance of knowledge work 

productivity is highlighted. The traditional measures of productivity are quantities of 

products and services, but in today's knowledge work environment, the definition of 

productivity is linked to the value creation capabilities of a knowledge worker. Gaining a 

deeper understanding of knowledge work productivity and the factors that influence it has 

become a highly relevant topic. (Antikainen & Lönnqvist 2006) Knowledge work involves 

cognitive processing and utilizing large amounts of knowledge and information, and 

therefore the increased value creation of a knowledge worker is directly linked to the workers 

productivity (Alavi & Westerman 2023).  

As the business environment has shifted to knowledge work, companies are constantly trying 

to find ways to increase the knowledge work productivity. A major trend is now the growing 

use of technologies to automate tasks and increase the efficiency of knowledge workers. 

Companies are investing to a variety of technologies, especially those leveraging artificial 
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intelligence. As technologies have improved, increasingly complex knowledge work tasks 

can be performed and automated. New technologies are changing the way organizations 

increase their productivity and providing new means to reach growth. (Mahidhar & Schatsky 

2013) 

The new technological possibilities especially with generative AI to automate knowledge 

work and increase productivity create an interesting research gap. While business efficiency, 

automation, and even AI on a general level are already a largely researched topic, relatively 

little research can be found on the new knowledge work automation technologies leveraging 

AI. Therefore, this research will examine the practical ways to increase knowledge work 

productivity. The research examines a specific technology for knowledge work automation, 

the M-Files Knowledge Work Automation Platform. M-Files technology is used to automate 

work tasks related to documents with the help of generative AI.  

1.2  Research Gap and Limitations 

In the past few years, Generative AI has evolved drastically. Even it has been around for a 

longer period of time, the recent advancements, has enabled much more progressive 

utilization of Generative AI in Knowledge Work than before.  Based on the article from 

Parker et al. (2024) there is existing theory and research about Artificial Intelligence. 

However , there are still gaps in this area of research because of recent fast advancements in 

Gen AI technology. Especially, utilizing Gen AI to knowledge work automation lacks 

scientific peer reviewed research in the field of knowledge intensive services. In addition, 

across different industries, there are very few peer-reviewed studies that thoroughly examine 

Gen AI impact on knowledge-based work. Most of the current research focuses on theories 

or individual case studies, rather than offering a complete picture of how GenAI can be used 

in tasks that require deep knowledge. This lack of research is especially clear when it comes 

to understanding the practical challenges and potential opportunities in using Gen AI. 

(Parker et al, 2024) 

There is a clear need for scientific research about the use of GenAI to increase productivity 

in knowledge work. This is because intelligent automation offers significant possibilities for 

productivity increase, but scientific research should exist to examine the practical ways of 

doing so with recent technological capabilities. The exponentially fast evolution of GenAI 
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combined with the limited scientific research on its application in knowledge work and 

knowledge intensive services creates a significant research gap. Addressing this gap is 

essential for gaining a deeper understanding of the potential of GenAI and intelligent 

automation in knowledge intensive services.  

The research is limited to companies whose core business can be defined as knowledge work 

and more specifically knowledge intensive services, such as consulting, law, and audit firms.  

This is because information and knowledge are central resources of competitiveness. 

Therefore, the effects of successful Knowledge Work Automation can also be best seen in 

these industries.   

1.3  Research Objectives and Questions  

This thesis examines how the productivity of knowledge workers can be increased by 

automating their work with a knowledge work automation technology. The main research 

question is: "How to increase knowledge workers' productivity with knowledge work 

automation?". 

To answer the main research question, this research is elaborated with three sub-questions. 

The aim is to provide more comprehensive results for the research with the support of the 

sub-questions.  

To address the main research question, the research addresses these three sub-questions.  

1. How is knowledge work productivity defined?  

2. How to increase knowledge work productivity with AI powered knowledge work 

automation?  

3. What are the tangible and intangible effects of increased knowledge work 

productivity? 

 

The main questions target is to build an understanding of the ways Knowledge Work 

Automation can be used to increase productivity for knowledge workers. The sub-questions 

build the framework to answer the main research question using existing information and 
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literature available. First sub-question " How is knowledge work productivity defined" aims 

to gather the qualitative and quantitative measures that determine the productivity of 

Knowledge Work Automation. The second sub- question " How to increase employees' 

knowledge work productivity with AI powered knowledge work automation" touches upon 

the existing literature to find the ways AI powered knowledge work automation can help the 

employee in practice. Finding the right tools to enhance the employees' productivity leads to 

the third sub-question "What are the tangible and intangible effects of increased knowledge 

work productivity". The final sub-question aims to find the benefits of successful automation 

of knowledge work. According to Manyika et al. (2017) Knowledge work automation has 

both, direct and indirect effects of a company's revenue, hence this research will focus on 

defining both. Finding an answer to these questions could help companies justify their 

decision to invest in Knowledge Work Automation technology in the future. This also makes 

the research beneficial for any company considering to purchase this type of technology.  

  

1.4  Thesis Structure 

This thesis starts with an introduction that briefly discusses the background of this study and 

highlights the importance of Knowledge Work Automation in various industries worldwide. 

Research objectives, questions and limitations are also described in the beginning to 

introduce the research problem and questions this study aims to answer. Following the 

introduction and background is the literature review that gives a broader understanding about 

automating knowledge work and the current situation of generative AI in document 

management systems. Fourth chapter states the hypothesis, which will be then used in 

empirical research. Furthermore, chapter five will define the research methodology used in 

this research. Chapter 6 analyzes and concludes the results defined in empirical research. 

This chapter aims to answer the main research question as well as the sub-questions. The 

findings are concluded based on the theoretical and empirical results of this research. Part of 

the conclusions is to evaluate the success of the study and possible limitations. Finally, 

further research possibilities are identified.  
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2  Literature Review 

In modern business, value creation is linked to Knowledge Work, meaning employees in 

organizations create value using information and knowledge as the core resource. With 

increased knowledge work productivity, knowledge workers can do more with their work 

time. This requires decreasing of manual, routine tasks and making more time for valuable 

tasks, which furthermore requires adopting modern technologies such as Generative AI. This 

literature review defines knowledge work in Chapter 2.1, and discusses the processes 

affecting knowledge work productivity in Chapter 2.2. Document management is a central 

aspect of knowledge work, and Chapter 2.3 focuses on the theory of document management 

in knowledge work. Developing knowledge work productivity and automating tasks requires 

the adoption of Generative AI tools. In Chapter 2.4, Generative AI is defined in the field of 

artificial intelligence, and its capabilities are explored based on 2024 technology 

developments. Chapter 2.5 then explores the theory of how GenAI can be leveraged in 

document management to automate processes. Finally, Chapter 2.6 concludes how the 

automation and use of GenAI affects knowledge work productivity.   

2.1  Knowledge Work and Knowledge Intensive Services 

The term knowledge work refers to tasks that require the use of knowledge, creativity, and 

critical thinking. These tasks are defined by its reliance on intellectual capabilities rather 

than physical work. The concept as we understand it today has developed rapidly in recent 

years but was first founded around 1950s by Peter Drucker. In 1962 Macchulp established 

knowledge-based activities in the academic circles. Later in the 1970's knowledge work was 

observed beyond the academic circles in the workforce as well. (Pyöriä, 2005) The concept 

of knowledge work has developed to today's level where it is considered as the future of 

employee efficiency (Harrell and Martini, 2024).  

According to Pyöriä (2005), there is no single clear definition of knowledge work, despite 

extensive research on the topic since the 1960s. However, knowledge work has distinct 

characteristics and themes, such as a high level of education and the use of information 



8 

 

technology. These themes are prominent in most literature on knowledge work. (Blackler, 

2002) 

Harrell and Martini (2024) describe a knowledge worker as a high-level employee who uses 

theoretical and analytical knowledge gained through education. This knowledge is used to 

produce products and services. Knowledge work involves tasks that require the worker to 

analyze and apply their knowledge and make informed decisions based on it (Reinhardt, 

2011). 

Knowledge work is essentially about using knowledge and skills. It involves receiving and 

processing existing information and creating new knowledge. The importance of expertise 

is highlighted at the individual, team, and organizational levels. While information and 

communication technology are often used in knowledge work, the core of the work is the 

worker’s ability to use and apply knowledge effectively. (De Sordi et al.,2020) 

Knowledge work emphasizes cognitive, social, and technical skills (Hislop, 2008). These 

skills are needed to synthesize theoretical and contextual knowledge, which knowledge work 

often involves. Theoretical knowledge is abstract, while contextual knowledge includes 

formal and tacit knowledge embedded in organizational practices (Vogler, 2023). 

Knowledge work is often location-independent because it relies on knowledge and skills 

rather than physical resources and the environment. Work environments can be multi-

locational, and the content of the work can vary depending on the organization, expertise, 

culture, time, and social interaction. This characteristic of knowledge work requires 

technology to enable efficient location-independent working and interaction. (Vogler, 2023) 

As knowledge work becomes more common and manual processes decrease, the complexity 

of job tasks has increased. The job market now demands higher education levels and skills 

for innovative, creative work. Products and services based on knowledge and skills require 

new business models and technologies, as well as more information flows and collaboration. 

Knowledge-Intensive Services are a sub form of knowledge work and an essential part of 

today's economies, driven by professional knowledge and expertise. These services cover a 

broad range of activities focused on creating, gathering, and sharing knowledge. Also, these 

are services that primarily rely on professional knowledge to deliver high-value outcomes. 

This field stands out in knowledge work automation, because it requires a lot of intellectual 

effort and relies heavily on the skills and expertise of people to create and deliver.  
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Prior research has divided Knowledge-Intensive Services (KIS) into two: Knowledge-

Intensive Business Services (KIBS) and Knowledge-Intensive Professional Services (KIPS). 

KIBS are services that are built upon professional knowledge and this knowledge is 

considered complex and requires a high level of skill to understand and apply. Companies 

with Knowledge intensive business services mostly offer these services to other businesses 

rather than to individual consumers. They are a crucial part of the knowledge-based 

economy. (Zieba, 2021) 

Knowledge-Intensive Professional Services (KIPS) are a type of Knowledge-Intensive 

Business Services (KIBS) that offer specialized, high-value services based on expert 

knowledge. These services are important for helping modern economies grow and stay 

competitive, as they support innovation and improve efficiency in many industries. 

Knowledge-Intensive Professional Services help fill knowledge gaps and spread new 

technologies and practices. This is especially important in fields such as accounting, 

consulting, legal and IT services, where high-end knowledge is needed to address complex 

business problems. (Zieba, 2021) 

 

2.2  Knowledge Work Productivity 

Understanding how value is created in knowledge work, and defining knowledge work 

productivity is important to understand, how it can be improved. In knowledge work, value 

comes from utilizing existing knowledge and expertise to solve complex problems, innovate, 

and create new knowledge. Key aspects of creating value in knowledge work include good 

knowledge and information management in the organization. This means effectively 

creating, sharing, and using existing information and knowledge. The more effectively this 

can be done, the more it can help boost knowledge worker productivity. Existing information 

and knowledge utilization and new knowledge generation are the main ways to increase the 

productivity of a knowledge worker. (Umer et al. 2023) 

According to Rehman et al. (2021), knowledge work often involves generating new ideas, 

innovations, and solutions. Rehman et al. (2021) highlights that efficient and centralized 

information management helps drive innovation, as knowledge workers can assess existing 
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knowledge more efficiently, and benefit from the knowledge of others. This furthermore 

improves productivity. Also, using advanced technologies like artificial intelligence (AI) and 

machine learning (ML), can significantly enhance innovation. Technologies like AI can 

automate routine tasks, analyze large sets of data, and generate new ideas. This allows 

knowledge workers to focus on more valuable and complex tasks. Moreover, Al Naqbi et al. 

(2024) describe that AI can improve the productivity and quality of knowledge work by 

automating routine task, minimizing the possibility for human errors.  

According to Matson and Prusak (2006), collaboration is another essential part affecting 

productivity in knowledge work. Collaboration among knowledge workers helps them share 

ideas and expertise, which leads to better problem-solving and innovation. Using the right 

tools and practices for collaboration is important for getting the most value from knowledge 

work. (Matson and Prusak, 2006) 

Liu and Lin (2024) add to Matson and Prusak's (2006) statements an interesting viewpoint 

of the job satisfaction of knowledge workers related to collaboration, which can affect 

productivity. According to them, collaborative environments are often more motivating for 

knowledge workers. When knowledge workers are enabled with good collaboration 

possibilities and they are part of a team, they experience more job satisfaction. This 

furthermore increases productivity. When information and knowledge are shared between 

individuals, teams, and parts of organization, it is easier to utilize broader amounts of 

existing knowledge and information. The organization should provide the right 

technological means to share information and collaborate with co-workers in today's location 

independent working environment. This could mean digital tools, technologies and 

platforms to make collaboration as easy as possible. (Liu and Lin, 2024) 

Even with the significant development of knowledge workers' productivity, there are still 

several tasks and processes that are completed manually and decrease the knowledge 

workers efficiency. Manual data entry takes a lot of time and effort because knowledge 

workers have to enter data into systems manually. This can be especially time-consuming 

when there’s a lot of data to process. The time spent on data entry could be better used for 

more important and valuable tasks. Hence, the data entry by hand can be a significant 

reduction to employees efficiency as it is time away from other more strategic tasks. (Umer 

et al. 2023) Manual data entry can also easily lead to human mistakes, like typos, 

misunderstandings, and missed information. These errors can compromise the data accuracy, 
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which affects the quality of insights and decisions made from that data. Mistakes in data 

entry can disrupt information flow and teamwork, reducing overall productivity. (Liu and 

Lin, 2024) 

Scott et al. (2019) adds that document handling is a process that is still often completed 

manually. This is a major productivity drain for knowledge workers as well. Manual filing 

is a relatively time consuming process that can easily lead to mistakes such as misplacing 

files, losing documents and incorrect categorizing. This leads to difficulties in finding 

documents efficiently. When documents are not systematically managed and organized, 

finding the right information becomes a time-consuming process, where the knowledge 

worker needs to try multiple filing locations and search words to find what they are looking 

for. Finding the right information could also require interrupting and asking co-workers. 

(Scott et al. 2019)  

According to Umer et al. (2023), manual document management processes also lead to 

outdated and incomplete information, and furthermore to security and compliance risks. 

When sensitive information is not protected systematically with access rights, or there is no 

clear version history or log of user actions, the risks for security and compliance errors 

increase. Automated document management can enhance information security and 

compliance with automated access rights, clear version history, and systematic handling of 

documents, where retrieval of important documents is easy. (Umer et al. 2023)  

 

2.3  Document Management in Knowledge Work 

Document Management is crucial for modern businesses and knowledge work. It refers to 

the systematic control of documents. It includes all phases from the creation and storage of 

documents all the way to the eventual disposal. Document Management utilizes software 

systems to electronically handle and track documents, to make sure the are easily accessible, 

secure and well-organized. In today's digital working environment with exponentially rising 

amount of information, efficient document management is crucial for business operation. 

(Blom et al. 2020)  
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Cumpa et al. (2020) adds to this, that document management is a critical aspect of an 

organization's operations, especially when looking at a knowledge work intensive 

organization. Document management makes the processes of capturing, storing, organizing, 

and retrieving digital documents easier and centralized in one place. Effective and 

centralized document management practices are essential for increasing knowledge work 

productivity, ensuring compliance and minimizing risks, and improving overall 

organizational efficiency. (Cumpa et al. 2023) 

According to Cumpa et al. (2023), document management is critical in knowledge work for 

many reasons. The most apparent reason is linked to knowledge workers' individual 

productivity. Knowledge workers need to utilize vast amounts of information in their work, 

which is usually stored in different files and documents. Effective document management 

helps knowledge workers maintain their productivity by reducing the time spent searching 

for documents in their daily work. (Cumpa et al. 2023) Companies can use various strategies 

for document management, usually involving document management software (Henderson 

2009). Efficient document management reduces the time and effort to find important 

documents and versions of them. This can lead to significant increase in productivity as 

knowledge workers spend less time in manual information search, and more time on value-

adding tasks. (Cumpa et al. 2023) 

Henderson (2009) explains another reason for the cruciality of document management is the 

importance of structuring documents in a standardized way, that makes them centralized for 

all employees and management. This can involve creating a standardized naming, storing, 

or use of metadata to categorize documents for easier finding. Knowledge workers tend to 

deal with large amounts of documents and finding the right documents fast, especially the 

ones made by others, has a direct effect on knowledge workers efficiency. Therefore, proper 

document management helps dealing with common issues such as finding the right 

documents or right version of document and the time spent in the process. (Henderson, 2009) 

A third important aspect of document management in knowledge work is cost 

savings.  According to Cumpa et al. (2023), efficient document management practices can 

result in significant cost savings. Reducing the need for physical storage and minimizing the 

risk of document loss has significant monetary value for an organization in the form of cost 

savings. This is because organizations can save on storage costs and avoid the expenses 

associated with recreating lost documents or fixing human errors and mistakes. (Cumpa et 
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al. 2023) In addition to storage costs, according to Garcia (2019) an important cost saving is 

related to time consumption. Streamlining the processes related to document management 

such as filing, finding, and managing documents can allow employees to spend less time 

searching for information and do more inn less time. This can lead to labor cost savings and 

decreased need to hire new employees. Efficient document management can help the 

organization get more done with existing resources. (Garcia 2019)   

Garcia (2019) adds, that a document management system usually enhances compliance and 

security in knowledge work. Effective document management helps ensure compliance with 

regulatory requirements, which can help an organization avoid fines, auditory risks and legal 

issues with high costs. Furthermore, improved security measures protect sensitive 

information, reducing the risk of data breaches and costs linked to them. (Garcia 2019) 

2.4  Generative AI in 2024 

Artificial Intelligence (AI) is a wide-ranging field in computer science dedicated to 

developing systems that can carry out tasks usually requiring human intelligence. These 

tasks could include learning, reasoning, problem-solving, perception, and language 

comprehension. (Emmert-Streib et al. 2020) Generative AI is a subset of artificial 

intelligence that can produce original content as a response to the users question, often 

referred as a prompt. Generative AI encompasses a range of models and systems designed 

to generate content. Examples include DALL-E 2 for images, GPT-4 for text, and various 

other models for audio and video generation. (Feuerriegel et al. 2024) 

AI is the overarching field that includes several specialized areas like machine learning 

(ML), Natural Language Processing (NLP), Neural Networks (NN), Large Language Model 

(LLM), Deep learning (DL) and Generative AI (GenAI). Each of these sub-concepts focuses 

on different aspects of making machines smarter and more capable of performing complex 

tasks. (Garg, 2023; Mishra, 2023) The context of different AI concepts under the umbrella 

term AI, is illustrated in Figure 1.  
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Figure 1: GenAI as a sub-concept of AI (Adopted from Garg, 2023; Mishra, 2023) 

 

Machine Learning (ML) is a subset of AI that involves training algorithms learning from 

large datasets and making predictions or decisions based on the data. Natural Language 

Processing (NLP) on the other hand is a field of AI that is focused on interaction between 

humans and computers through natural language. Neural Networks (NN) is built upon series 

of algorithms that try to recognize underlying relationships in a set of data through a process 

that simulates the way the human brain operates. Large Language Model (LLM) is a type of 

neural network model that is trained on large amounts of text data to understand and generate 

human-like text. Deep learning (DL) is a subset of machine learning that uses multiple neural 

networks with multiple layers to analyze many factors of data. Finally, Generative AI 

(GenAI), combines all these subfields of AI, and is able to generate new content based on 

the data that is given to it. (Awasthi et al. 2024; Garg, 2023.) 

Traditional AI mainly looks at data to analyze it and make predictions. It reacts to 

information and gives insights, like recommendation systems suggest songs or virtual 

assistants like Apple Siri and fraud detection systems. Functional AI is a form of traditional 
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AI that has already been used for years and refers to artificial intelligence systems designed 

to perform specific tasks or functions more efficiently. Functional AI focuses on optimizing 

particular processes or solving defined problems, but does not generate new information. 

(Sengar et al. 2024) 

Generative AI has far more advanced capabilities than the traditional AI algorithms. It 

actively learns from large amounts of existing data and can generate new content that 

resembles what it learned, differing from traditional AI. Generative AI is able to produce 

text, images, music, and even code. For example, ChatGPT and Microsoft Copilot can write 

text that sounds human and generate answers to complex questions in natural language, and 

DALL-E can make images based on descriptions as if it had creativity. (Zhou and Lee, 2024) 

Generative AI is widely used for creating different types of content, like writing summaries, 

generating texts and making reports. It can also create images and videos, which is especially 

useful in marketing and trainings. A study by Sengar et al. (2024) found that tools like GPT-

3 and DALL-E have greatly improved the speed and creativity of producing content. 

According to Al Naqbi et al. (2024) generative AI is also changing the legal industry by 

automating tasks like reviewing documents, analyzing contracts, and doing legal research. 

Otmar et al. (2024) further adds, that these type of AI tools can help with knowledge 

intensive services work, for instance, by quickly go through large amounts of legal 

paperwork, find important information from large sets of documentation, and even help write 

industry-specific documents with industry-specific jargon, such as legal documents. This 

saves time and lowers the chances of making mistakes. (Otmar et al. 2024)  

This applies also to other fields of professional services. According to Al Naqbi et al. (2024), 

consulting companies utilize generative AI to for instance improve their data analysis, gain 

insights, and create strategic advice for their clients. AI can process significant amounts of 

data to find trends and patterns that help shape business strategies. Gen AI can also generate 

specific reports and presentations, making the consulting process more efficient. 

Professional services companies are using AI to make better decisions and provide more 

value to their clients. Finally, the study by Al Naqbi al. (2024) concluded that generative AI 

has really boosted the efficiency of professionals by handling routine tasks, allowing them 

to focus on more complicated matters. As this technology continues to develop even further, 

its impact on professional services is expected to grow, offering new opportunities for 

productivity and growth. 
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2.5  Generative AI in Document Management 

In modern business, document management is a critical aspect in making knowledge work 

efficient, and while Generative AI has taken a central role in automating tasks, the 

combination of these two is worth exploring. Generative AI can be utilized in document 

management to automate daily work tasks. This chapter focuses on the existing theory of 

applying Generative AI to document management systems.  

GenAI can automate the process of creating new documents. It can analyze large sets of data 

and create detailed business reports and summaries. Also, GenAI can find important trends, 

insights and patterns in the data and present them in a clear and organized way. For example, 

the legal industry can utilize GenAI in document management to draft contracts, agreements 

and other legal documents. GenAI-powered document management systems can also help 

automating document creation by providing templates and automated drafting capabilities. 

This ensures consistency and standardization of company documents. (Al Naqbi et al. 2024) 

Another capability of GenAI in document management is document organization. Keeping 

company documents organized is important for ensuring knowledge workers' easy access 

and use. GenAI can automatically sort documents by analyzing their content. It can examine 

the text and images to understand the content of the documents, and place them in the right 

categories, classes, or types. GenAI can also help in organizing documents by finding and 

arranging sections, headings and subheadings. This ensures that documents have a clear and 

consistent layout, which makes them easier to read and follow. GenAI can even help 

categorize documents by their owner, whether it is a business unit such as sales, legal, or 

HR, by analyzing the context.  (Rehman et al. 2021) 

Categorizing and classifying documents with metadata is a central part of document 

management. Filling the correct metadata can be a manual process, which can be automated 

using AI. Generative AI models can examine documents to extract important information 

that can be used as metadata. The metadata could consist, for example, of document owner, 

creation date, and key words in the document. By automating this process, AI decreases 

manual work and makes sure the metadata is accurate and enough rich for each document, 

making documents easier to find later on. (Sengar et al. 2024) In addition, Shetty (2024) 

notes that Generative AI can automatically update metadata whenever documents are 
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changed, or new information is added. This keeps the metadata up-to-date and accurate, 

showing the latest changes in the document. 

One of GenAI's key aspects is reducing the cognitive load of the knowledge worker. GenAI 

can help the knowledge worker absorb larger amounts of information faster. The means of 

doing this can include creating summaries of documents or answering knowledge workers' 

questions about the document. This reduces the knowledge worker's need to go through the 

entire document themselves, which could, for instance, be a contract or company document 

such as a SOP (Standard Operating Precedure) consisting of tens or hundreds of pages. 

Finding the relevant part of the document answering the worker's simple question can be 

significantly faster using GenAI as help, instead of going through the document and finding 

the answer in a regular way. GenAI assistant could also help the worker to find the right 

document from a large number of files, without the worker knowing where the document 

has been saved or with what naming. (Taliano et al. 2024)  

GenAI can also help with international working as it can create translations of documents or 

answer the knowledge worker's questions in their native language, even if the document was 

in foreign language. As an example, an English-speaking user could choose a French 

document, ask a question about it in English, and the AI could provide the answer in English. 

This removes the need to translate the entire document or parts of it by the user and then 

finding the required information for themselves. (Taliano et al. 2024) 

2.6  Automating Knowledge Work to Increase Productivity 

Increasing knowledge worker's productivity requires the organization to adopt new 

technologies and modern ways of working to enable knowledge work automation. The 

means to automate knowledge work include for example document management and 

integrated GenAI (Manyika & Sneader 2018). This chapter explores how productivity 

among knowledge workers can increase with the integration of AI-powered knowledge work 

automation and examines strategies to further enhance productivity by integrating these 

technologies into knowledge intensive services.  

GenAI-powered knowledge work automation can significantly increase productivity by 

automating repetitive and routine tasks and allowing knowledge workers to spend more time 
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on their core capabilities. When knowledge workers can focus on higher-value activities, 

they can create more value with less time. The use of AI-powered document management 

and GenAI has led to significant improvements in efficiency and accuracy in knowledge 

work. A research by Manyika & Sneader (2018) found that intelligent automation could 

increase knowledge work productivity by up to 40%, and this study was conducted before 

GenAI assistants such as Chat-GPT or Microsoft Copilot. The increase in productivity is 

linked to the reduction in time spent on manual tasks and the enhancement of decision-

making processes. (Manyika & Sneader 2018) A Forrester study sponsored by M-Files 

(2023) further found out, that efficient document management and knowledge work 

automation could provide up to 294 % Return on Investment, a 50 % faster filing of 

information, and up to 70 % more efficient workflows.  

As AI and document management together automate the generation of reports, summaries, 

translations, and speed up finding right information and completing tasks, knowledge 

workers can focus on more strategic and creative activities, which increase their 

productivity. Their ability to create meaningful, high-quality, and high-value content 

increases, and therefore more value is created. Productivity is also increased through AI-

enhanced collaboration and decision making. (Boussor 2024) 

According to Boussor (2024), GenAI increased knowledge work productivity will have a 

significant lift to the economy. Productivity could be assumed to grow exponentially: even 

50 % faster growth in productivity can be expected from 2024 onwards with new 

technologies, compared to the productivity growth pace in knowledge work during years 

2017-2022. The growth pace of productivity has been slow in knowledge work in the recent 

years - for example, in the US labor productivity growth has an average of only 1.4 % yearly 

since 2013. However, the GenAI enabled, upcoming significant change in productivity 

growth pace indicates to large economic impacts. Companies need to adopt these new 

technologies and ways of working; otherwise their productivity will lack behind such 

significantly, it might be the end of business. The GenAI-driven productivity increase can 

clearly contribute to the global economy changes in the coming years. (Boussor 2024) 

Adopting the GenAI powered knowledge work automation to increase productivity will 

require deploying both tangible and intangible investments. Tangible investments could 

include infrastructure investments, whereas intangible refers to investments in technology, 
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software, skills, and new business models. These investment inputs are now needed for long-

term productivity growth and economic growth. (Boussor 2024) 

 

3  Theoretical Framework  

This chapter further clarifies the theoretical framework that was gained through the literature 

study in Chapter 2. The theoretical framework will lay ground for the empirical research. 

The theoretical framework of this thesis uses concepts from knowledge work, knowledge 

work productivity, document management and generative AI to investigate how AI-powered 

knowledge work automation can improve productivity in an organization.  

Summarizing the key elements of the literature review, knowledge work is value creation by 

utilizing immaterial resources and knowledge capital. Knowledge worker is as a high-level 

employee who uses theoretical and analytical knowledge to produce value. Key aspects of 

creating value in knowledge work include efficient knowledge and information management 

in the organization, such as document management. Increasing automation rate in document 

management and knowledge work processes can now be done with AI powered tools. 

Generative AI has taken a central role in automating tasks and information management. 

There seems to be significant opportunities to increase knowledge worker productivity with 

AI-powered knowledge work automation.  

The theoretical framework is derived from these key elements found in the literature review. 

The theoretical framework is illustrated in figure 2 as a research onion. 
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Figure 2: Theoretical framework illustrated as a research onion. 

 

The theoretical framework is based on the field of knowledge work. Furthermore, the scope 

of the research has been defined to examine knowledge work productivity. More 

specifically, knowledge work productivity is examined through the means of document 

management. In addition, Generative AI as a new technology is often integrated into 

document management platforms, as found in the literature research. As a result, the 

framework specifies into how to increase knowledge work productivity with AI-powered 

Knowledge Work Automation.  

This is the framework that lays the basis for the empirical research. The productivity effects 

using AI-powered knowledge work automation are next examined in practice, with empirical 

methods. Chapter 4 explains the structure of the empirical research. 
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4  Empirical Research 

This chapter outlines the methodological approach adopted in this study. The research is 

based on qualitative methods, with interviews serving as the primary research tool. The 

chapter begins by explaining the chosen research method in detail, including the reasoning 

behind its selection. The interviews focus on understanding how the AI-powered knowledge 

work automation tool M-Files is used in the case company among knowledge workers and 

how it affects their productivity. 

Additionally, this chapter describes the design and structure of the interview process, 

outlining how the interviews were conducted, and provides a step-by-step explanation of the 

interview analysis. The primary goal of this chapter is to offer a comprehensive and 

transparent explanation of the research process, providing readers with a clear understanding 

of how the study was carried out from start to finish.  

4.1  Research design 

The methodological choices used in this study are based on the research design model by 

Saunders et al. (2019), which consists of the selection of research philosophy, research 

approach, methodological choice, research strategy, time horizon and ultimately the data 

collection method and analysis. This model helps define a clear overall research 

methodology for the study. The research onion is illustrated in Figure 2 below.  
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Figure 1: Saunders et al. 2019 Research Onion 

 

This picture illustrates the research design as an onion with layers. This theoretical concept 

has been used to design the empirical research of this thesis.  

4.1.1  Research Philosophy 

For this study, hermeneutics has been chosen as the research philosophy. Hermeneutics is 

not included in the research philosophies by Saunders et al. (2019), however it suits well into 

this study and thus has been chosen as the research philosophy. According to Patterson and 

Williams (2002) hermeneutics focuses on understanding and interpreting phenomena. In 

hermeneutics, the meaning of interpretation depends on its connection to the context, and 

the researcher's own values and interpretations are central and can influence the results. 

(Patterson and Williams, 2002) Since this study is qualitative and based on the researcher’s 

own practical understanding and experience of the topic, it is important to incorporate the 

researcher’s perspectives and context-related interpretations into the research. For this 

reason, hermeneutics has been chosen as the research philosophy for this study. 
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4.1.2  Research Approach 

From Saunders et al. (2019) research onions research approach, this study uses inductive 

approach, where observations are made and then grouped to form generalizations, from 

which conclusions can be drawn (Creswell and Poth, 2018). The topic is explored through 

empirical methods, and a theoretical framework. Also, conclusions about the subject are 

formed based on the collected material. Simultaneously, existing theory and material are 

reviewed to build pre-understanding (Creswell and Poth, 2018). This approach was chosen 

for the study as it fits qualitative research and the interview-based data is qualitative in this 

study. Additionally, the sample size for the interviews is small, making inductive reasoning, 

as outlined by Saunders et al. (2019), the most appropriate choice. According to inductive 

reasoning, the process begins by reviewing existing theory to familiarize oneself with the 

research topic, followed by the collection of empirical data through interviews. The collected 

data is then analyzed and interpreted, and finally, a theoretical framework and conclusions 

about the topic are formed, linking them to practical application. In inductive reasoning, it 

is typical to repeat this process iteratively, but due to time constraints, this study will only 

complete the stages of the process one time. 

4.1.3  Methodological Choice 

In the methodological choice, a selection has been made between quantitative and qualitative 

method. Qualitative method has been chosen to this research, because the topic of the 

research is related to the comprehensive understanding of the background, characteristics 

and meaning of the researched topic, and in this case qualitative research is better suited to 

the research than quantitative research. Quantitative research examines the phenomenon 

with the help of numbers and statistics, which in this case is not as suitable for studying 

characteristics and meaning as qualitative research, because the research wants to understand 

knowledge workers' experiences and views on the use of intelligent automation and the 

effects on increasing their own productivity. The research topic is new and there is relatively 

little data available for a statistical study. Therefore, qualitative methods are better suited 

than quantitative. (Creswell & Creswell, 2017) 
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4.1.4  Research Strategy 

For this thesis, case study has been chosen as the research strategy. Case study aims at a 

broad and diverse understanding of the topic or case, and it is common to make use of several 

datasets, such as literature and interviews (Yin, 2009) which is why the case study is suitable 

for this study. 

In addition to literature, the case study uses collected materials on the case which can be for 

example, interviews, surveys, or observation. The object of a case study can be for example, 

an organization, a team, or a process. The aim is to gain as diverse understanding of the case 

as possible by studying it extensively. To achieve this goal, several different data sets can be 

combined. It is important to clearly delimit the case in terms of time and space. (Yin, 2018) 

4.1.5  Time Horizon 

According to the study by Saunders et al. (2019) the time horizon of the study can be 

longitudinal or cross-sectional. Cross-sectional research studies the research object at a 

certain point in time and focuses on the current situation from a specific perspective. 

Longitudinal research on the other hand studies the changes in research object for certain 

time period. This can be years depending on the research in hand. The method used for this 

study is the cross-sectional time horizon. This is because the study describes the current 

situation regarding the productivity of knowledge workers using AI powered automation 

platform. The research focuses on the technology that exists and is used at the given moment. 

Since this is a master's thesis to be conducted in a short time frame, longitudinal study does 

not fit the objectives of the researcher. However, for future purposes, longitudinal study 

could be suitable for additional information and findings around this topic.  

 

4.1.6  Data Collection Method 

As a data collection method, this study uses interviews. Interviews have been chosen as the 

method, because the goal is to obtain diverse material on the research topic, from which the 
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researcher can find similarities and draw conclusions. Interviews are a well-suited method 

for collecting qualitative research data, as interviewee's can provide their subjective view 

and experience on the topic. In this study, interviews are conducted as semi-structured 

interviews. Specifically, theme interviews are used. This choice is made because the research 

topic is new, and it is difficult to assess the interviewees' level of understanding of the topic 

in advance. Thus, theme interviews give freedom for conversation around a given theme. 

According to George (2022), a theme interview follows a predetermined question framework 

but allows flexibility for clarifying questions as the interview progresses. In a theme 

interview, the researcher is familiar with the research topic and defines the key themes of 

the interview based on this, after which the main questions are determined, and there is room 

for additional clarifying questions and interaction to obtain a comprehensive picture of the 

research topic (George, 2022). Hence, a semi-structured theme interview has been chosen as 

the most suitable for this study. 

4.2  Data Collection: Conducting the Interviews 

The interviews were conducted in the case company by interviewing employees in different 

roles that can be defined as knowledge intensive services. The interviewing method was 

theme interviews, as described in chapter 5.1.6.  

An interview structure was first created for the theme interviews (Appendix A). The goal of 

the interviews was to understand the interviewee's job function in knowledge intensive 

services, the manual tasks and routines in their daily work, how they are utilizing GenAI 

powered Knowledge Work Automation, and how it is affecting their productivity. Based on 

this, four main themes were defined for the interview, as listed below: 

- Theme 1: Job description  

- Theme 2: Manual tasks and routines in daily working  

- Theme 3: GenAI and Intelligent Automation  

- Theme 4: Productivity Increase Estimation 

The themes were defined in a way that they would find answers to the research questions. 

After defining the themes, 3-5 questions were defined related to each theme.  The idea of 
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these questions was to support and guide the conversation towards the research questions, 

but still leave room for interviewees subjective opinion. Also, the theme questions enabled 

elaborate answers with each interviewee. This way, with semi-structured questions, the 

interviewer could define similarities between answers that can lead to conclusions with the 

support of existing literature.  

The interviews were completed in-person in the office of the case company in Tampere, 

Finland. While the interviews were in-person, Microsoft Teams was utilized to record the 

conversation to help transcribe the material of the interview. Each interviewee's consent was 

confirmed before the recording, and the recordings were deleted after the transcriptions were 

saved.  

Nine employees of the case company were selected for the interviews, in different roles of 

knowledge intensive services. They worked in Services (Consulting), Legal, IT, and 

Accounting departments of the company which can be defined as knowledge intensive 

services. The sample size of nine allowed interviews in various roles, where AI-powered 

knowledge work automation was utilized in various meanings. The interviewees were 

chosen from the professional network of the researcher. The selected interviewee's, their 

departments, and job functions are presented in Table 1.  

 

 

 

 

 

 

 

 

Table 1. Interviewees of the Theme Interviews 

INTERVIEWEE DEPARTMENT JOB FUNCTION / ROLE 

A Services Business Solution Consultant 
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B Services Senior Solution Consultant 

C Services Consulting Unit Manager 

D Services Service Manager 

E Legal Senior Legal Counsel 

F IT-Services IT Support Engineer 

G Accounting Accountant (1) 

H Accounting Accountant (2) 

I Finance & Ops Finance Specialist 

 

The interviewees were invited to a 60 minutes one-to-one meeting, where the interview was 

conducted in a private space. Each interview was its own separate meeting, between the 

interviewer and interviewee. The interviewee was provided with the themes of the interview 

beforehand. The interviews were conducted during November and December 2024.  

4.3   Analysis 

For this research, thematic analysis has been used as the method for analyzing qualitative 

data from interviews. Thematic analysis is an effective method for exploring individuals' 

perspectives, beliefs, knowledge and experiences through qualitative data, such as interview 

transcripts (Sanjaya, 2021). There are various methods for completing the thematic analysis, 

but a common method is a six-step process. As described by Caulfield (2019), these six steps 

are the following: (1) familiarization, (2) coding, (3) generating themes, (4) reviewing 

themes, (5) defining and naming themes, and (6) writing up. The Caulfield six step Thematic 

analysis process is illustrated in Figure 4. 
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Figure 4: Thematic Analysis Process (Caulfield, 2019) 

 

This process helps to structure a systematic approach for the thematic analysis. In addition, 

it helps avoid biased opinions and conduct findings solely based on the interview results and 

existing literature.  

The analysis process started by familiarizing with the interviews. In practice, all the 

interview transcripts were read through and they were written in a clear form. The Teams 

transcripts might include unnecessary fill words and vocals that were removed from the 

transcripts. When the transcripts were in clear written form and familiarized with, 

proceeding was made to the next step, coding. In the coding step, the similarities in the 

interviews were highlighted in the transcripts. Next, themes were generated by dividing the 

interview materials into narrower themes based on the research questions. Following this, 

the themes were reviewed and named to help build a complete understanding of the 

interviews and its findings. After the themes were defined and named, the analysis process 

moved to the final step of analyzing and writing the results of the analysis. The results of the 

analysis are further presented in Chapter 6.  
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5  Findings and Results 

5.1  Knowledge work and knowledge intensive services 

The first theme of the interviews focused on defining the interviewees' job functions and 

their fit as Knowledge Intensive Services. The interviewees were chosen with the purpose 

of finding roles that fit into the description of knowledge intensive services, as defined in 

Chapter 2.1. With the first theme of the interviews, a conclusion could be made that all 

chosen interviewees fit into the definition of working in knowledge intensive services.   

The most important and profound common theme among the interviewee's job roles, was the 

central role of knowledge and information as the main resource to succeed in the role. These 

job roles all require the use of knowledge. Knowledge could be defined as the most important 

resource to succeed in the job and produce value to the company and its customers. All the 

knowledge intensive service job roles required the searching and utilizing existing 

information and knowledge, as well as producing new information and knowledge.   

All knowledge intensive workers interviewed for this thesis were highly educated 

individuals and had expertise in a specific area or industry. All interviewed people had a 

minimum of bachelor´s or coherent degree that provided them with expertise in a certain 

field. In addition, higher education has provided them with the advanced ability to search, 

analyze, and utilize existing information and knowledge. The expertise of each individual 

was also gained from work experience.   

A common theme in knowledge intensive services was, that the large amount of information 

comes to practice with high volumes of files and documents. All knowledge intensive 

workers handled a significant amount of documentation in their daily work. This included 

files and documents such as contracts, quotes, presentations, reports, excel sheets, emails, 

and company internal instructions. For example, according to one interviewee, "In practice, 

all my work processes involve handling documents.". In addition to managing existing 

information, all knowledge intensive service workers also produced vast amounts of new 

information and documentation. "I create files like PowerPoints, Excel sheets and email 

conversations every day and save them to M-Files." said one interviewee.  As a result, 
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knowledge intensive service workers handled various types of documentation and created 

new documents as part of their daily operations.  

The use of information technology and information systems was a central part of knowledge 

work. All the interviewees used many information systems such as document management, 

CRM and data analytics systems. The central place to save information was knowledge work 

platform M-Files. Also, the processes related to different information and documents were 

automated with M-Files.  

Another profound theme uniting knowledge intensive workers was the ability to work from 

anywhere in the world. This increased the importance of saving and sharing documents in a 

way that is easily discoverable by coworkers. This enables cooperation even if the workers 

are not on site.  

5.2  Non-valuable processes in knowledge intensive services 

A typical feature of knowledge intensive services, that all the interviewees recognized, was 

that daily work includes plenty of non-value-adding processes that are mandatory but do not 

directly add value to the interviewees work. This chapter brings up common themes repeated 

in the knowledge intensive workers interviews.  

One feature that was brought up in every interview was saving and sharing documents and 

files. Contracts, reports, presentations and excel sheets among other documents are 

constantly created and saved. Knowledge workers create multiple files every day and save 

or send them to others. When a file is saved, it is named and given metadata such as 

document type and the account it is related to. A good example of daily file saving was given 

in an interview: "Every time I create and save a document, I give it a name and define 

metadata from the options, such as this document is a customer contract. Then I link it to the 

right customer account. That's how files are saved to M-Files. At least I don't need to think 

about a folder location where to save it for further retrieval, M-Files categorizes the 

document for me". Another non-value-adding process that was given weight in the 

interviews was information search. Knowledge intensive workers need significant amounts 

of information in their daily operations. This information was searched through the 
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company's internal documentation, interviewees emails, internet and by asking from 

colleagues. 

Internal approvals were identified as a mandatory, but non-value-adding process in many of 

the knowledge workers´ roles. For instance, these approvals included contract approvals that 

were routed for the right stakeholder for review before approval. Contracts usually required 

a review and approval from legal department. There were also many internal approvals 

related to consultant work and their hour reporting. Usually, the billable work reported by 

consultants was approved by a supervisor in order to complete the customer work project. 

In addition, pricing approvals were mentioned, meaning that the prices used in customer 

quotes first required internal approval from management.  

Another non-value-adding process discovered in the interviews was reporting. Many times, 

reporting does not have a direct impact on the value of Knowledge intensive employees 

work, but it is required by the upper management. Highlighted by an interviewee: "I 

understand the need for reporting to maintain visibility between management and employees 

as well as forecasting the following months of the company's performance".  Interviewees 

discovered this to be crucial for performance tracking and employee accountability. Hence, 

it was considered necessary even if the value is not directly related to one's value-adding 

processes.  

 

5.3  Automating Knowledge work processes with M-Files 

All interviewees shared that their knowledge work and processes related to document and 

information management had been automated using the M-Files platform. In every 

knowledge intensive worker role, M-Files served as the central repository for work 

documents and files. Depending on the role, a knowledge worker had access to one or more 

M-Files repositories, each designed to meet specific needs.  

Saving information properly was a key focus of automation in every knowledge intensive 

worker´s role. Different types of files were easily stored in M-Files at every stage of the 

knowledge work process. For instance, signed contracts were automatically saved to M-Files 

through automation and integration with M-Files integrated systems. Additionally, customer 
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emails were automatically saved under the customer or project the exact conversation was 

about. The interviewees enhanced the importance of storing documentation in M-Files from 

different platforms. An example brought up in one of the interviews was the collaboration 

between M-Files and Microsoft office. "I directly save all the content I create in Microsoft 

Office tools as well as important emails from Outlook to M-Files and link them to right 

customers or other relevant contexts.". Based on the interviews, this enabled the knowledge 

intensive worker, and their colleagues access the documentation effortlessly from one place 

and ensure that information is available for all relevant stakeholders.  

The documentation saved in M-Files was classified and categorized using metadata. It was 

brought up in the interviews that employees were required to fill necessary metadata fields 

prior to saving the document to M-Files. These fields were mentioned to include such 

categories as document class, document type, related project, department or account. An 

example was a customer document related to a specific project. This document required the 

associated customer account and existing project as metadata to ensure each document could 

be found later in connection with the context it is linked to. Categorizing the document and 

filling the metadata card was however automated using AI, which left the knowledge worker 

only the responsibility to confirm the accuracy of the AI suggested metadata. 

Another automated knowledge workers´ task that was recognized by all interviewees was 

file retrieval. As described in the interviews, M-Files enables searching for information 

based on its content or type rather than its stored location. In addition to this, retrieving 

information was described highly efficient because of the M-Files intelligent search engine. 

The intelligent information retrieval refers to M-Files utilizing memory-based technology in 

its search function and this makes the file retrieval efficient and accurate for the Knowledge 

Intensive Professionals. Interviewees observed this in practice, as the system was able to 

suggest search results that seemed relevant based on the user's prior searches and activities. 

Generative AI in general was discussed as an important part of knowledge work automation. 

The interviewees knew many different GenAI assistants. Mostly M-Files Aino, Microsoft 

Copilot, and OpenAI's ChatGPT were mentioned as technologies that had been tried among 

the knowledge intensive service roles. M-Files Aino was identified as a key component of 

intelligent knowledge work automation among all the interviewees, as they all had access to 

it in M-Files and could use it in company documentation. Aino was used within the M-Files 

platform interface by every interviewee. "I use Aino almost daily, mostly to give me answers 
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to my questions regarding our internal processes without having to search and visit the 

documents myself. I find new ways to utilize Aino often, so I think we don't even realize all 

the capabilities just yet.", said one interviewee. Aino was recognized for facilitating daily 

knowledge work in various ways, such as generating answers to users' questions based on 

the existing documentation, providing summaries of documents, and making translations.  

Every interviewee had used Aino for generating answers, summaries, or translations in their 

knowledge work. However, the interviewees had varying levels of experience with the AI 

assistant. A few of the interviewees used Aino daily for various tasks and had identified 

multiple beneficial use cases. The rest used it multiple times per week. The latter group had 

more limited use cases for Aino, as they had experimented with it less. Daily users had 

experimented Aino in their daily work tasks more actively, and identified clear, beneficial 

use cases in their work. 

The most common use case for Aino that was identified in the interviews, was asking 

questions from long documents, such as contracts. For example, finding specific clauses in 

long contracts was time-consuming if done manually. Aino could find the right clause fast 

and answer the knowledge worker's question based on it. Contracts and other legal 

documents usually contained clauses that may be difficult to locate manually, especially if a 

customer template was in use which is not familiar to the knowledge worker before. Aino 

could fast point out the relevant parts of the contract and provide answers to the knowledge 

worker, without having to go through the whole contract themselves.  

Other common use case related to legal documents such as contracts, was translations and 

providing answers from a foreign language document in the user language. In an 

international business, these multilingual capabilities were identified as a time-saving asset. 

Documents saved in M-Files could be in multiple languages including for example Finnish, 

English, Swedish, Norwegian, and French, and the user could get answers to their question 

from any of these multi-lingual documents with the help of Aino. One of the interviewees 

said," I have colleagues in France that produce certain documentation in their native 

language. I have been able to understand the documents by using Aino to summarize and 

answer questions regarding these documents that I would not understand myself.".   

Interviewees also identified document summarization as an important GenAI capability. 

Many roles in knowledge intensive services included dealing with long, extensive 
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documents. Aino could provide summaries of these documents by extracting the key points. 

This way a knowledge worker could receive a concise overview of the document without 

starting to read through the entire document themselves. For instance, this was mentioned 

useful when preparing for customer meetings.   

Aino was also used to find answers to questions when the user did not know which document 

might contain the answer or if the needed information even existed in company 

documentation. When a question was asked, Aino searched the entire M-Files vault to find 

answers. If an answer was found in the documentation, Aino provided links to the documents 

where the information was picked from, making it easy for the user to go explore the relevant 

documentation also by themselves. 

5.4  Productivity 

The interviews revealed both tangible and intangible effects on productivity, as well as 

several other benefits. The main themes affecting productivity were fast retrieval of 

information, workflow automation, improved collaboration, Gen-AI assistance and work 

satisfaction. These themes and their effects are described in more detail below. 

5.4.1  Tangible effects 

The most significant direct effect of M-Files knowledge work automation recognized by the 

interviewees was time savings in the daily work. The interviewees reported M-Files to have 

excellent workflow management with automated document routing. Examples included 

document approval processes, for instance. It was brought up in the interviews that this type 

of automation had a significant increase in the task completion times and overall efficiency.  

In addition, the fast retrieval of information due to advanced search capabilities in M-Files 

and metadata-based filing structure reduced the time spent finding the right document and 

version of it. The average estimation of time saved with advanced document management 

was more than an hour a day per a knowledge intensive worker. "In my previous workplace 

we didn't have a document management system or any AI tools in use. We used to save 

documents to network folders and Sharepoint folders. I used to name the documents myself 
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and place them in a folder decided by myself. It was difficult to even find my own documents 

later on, without mentioning trying to find documents produced by others. I used a lot of 

time searching for information, which usually required sending a Teams message to a 

colleague asking for the right document.".  

The time saved by finding relevant information fast and automating the daily work processes 

allowed the interviewees to allocate their time to core tasks. Concentrating on the more value 

adding tasks in knowledge intensive services allowed the interviewees to achieve more, and 

provide increased value to their team and organization.  

Another tangible effect revealed by the participants was the reduction of errors in daily work. 

The knowledge workers discussed version control and how it prevents workers from using 

outdated documents. Also, version control was highlighted for tracking the changes made to 

document, enabling us to review previous version without adding another copy and even 

revert to make modifications to an older version if that is needed. This ensured that users 

have access to the most recent version of a document and minimizes errors when sharing 

documents with colleagues or other stakeholders. The error reduction results directly in cost 

reduction.  

5.4.2  Intangible effects 

One of the recognized intangible effects of M-Files was enhanced collaboration among 

knowledge intensive service workers. The interviewees recognized that their collaboration 

has been enhanced by M-Files` co-authoring, which enables simultaneous access and editing 

of documents. This was found particularly beneficial in joint tasks and team projects. The 

interviewees noted that M-Files made sure everyone was working with the same up to date 

information and this reduced the risk of miscommunication. The M-Files platform provided 

"a single source of truth", as reported by one of the interviewees, helping to avoid confusion.  

The interviewees reported a positive impact on job satisfaction as a result of efficient 

document management and knowledge work automation. The key factor was the reduced 

frustration related to the daily manual tasks repeating in knowledge intensive services. The 

interviewees brought up that in previous roles without M-Files, they often faced challenges 
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with finding the right documents and versions, which caused them daily frustration as they 

could not perform their core tasks.  

 

6  Discussion and Conclusion 

This chapter summarizes the thesis and its results, as well as makes conclusions based on 

the findings. The goal of this chapter is to summarize both theoretical and empirical findings 

of this research and make comparisons between them. Moreover, this chapter discusses the 

success and limitations of the research and identifies further research possibilities.  

6.1  Theoretical Contribution 

This research studies how knowledge work productivity can be increased with AI-powered 

Knowledge Work Automation. The theoretical research laid ground on the empirical 

research. In the literature review, knowledge work and knowledge intensive services were 

defined and knowledge work productivity was explored in theory. Knowledge work is 

essentially about using knowledge and skills to produce value. Knowledge workers use 

knowledge capital to solve problems, innovate and provide valuable solutions. Creating 

value in knowledge work include efficient knowledge and information management in the 

organization, such as document management. 

Automating manual and non-value adding tasks in document management and knowledge 

work processes can be done with AI technologies. There are significant opportunities to 

increase knowledge worker productivity with AI-powered knowledge work automation. The 

increase in productivity is linked to the reduction in time spent on manual tasks and the 

enhancement of decision-making processes (Manyika & Sneader 2018). The empirical part 

strongly supported the findings of the theoretical part of the research. As theory suggested, 

knowledge work productivity was linked to how effectively information was utilized with 

AI-powered tools.  
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6.2  Summary and Conclusions 

This research examined the impact of AI-powered Knowledge Work Automation on 

knowledge work productivity, using the M-Files Knowledge Work Automation platform as 

a case study. Especially the theoretical findings highlighted the increasing importance of 

knowledge work within organizations. This creates an important need for efficient 

knowledge work automation to increase productivity. The research addressed the research 

questions about A) How is knowledge work productivity defined, B) How to increase 

knowledge work productivity with AI powered knowledge work automation, and C) what 

are the tangible and intangible effects of increased knowledge work productivity. These 

questions were examined first with theoretical research, and subsequently with empirical 

research by interviewing nine M-Files employees using the knowledge work automation 

platform in practice, in their daily work. All of the interviewees were knowledge workers 

and more specifically, worked in what could be defined as knowledge intensive service field.  

The findings of both theoretical and empirical research suggest that automating routine tasks 

with AI-powered knowledge work automation platform, such as M-Files, can significantly 

save time and minimize errors, especially in the knowledge-intensive services industry. 

Automating knowledge work tasks allows knowledge workers to concentrate on higher-

value work tasks, which is important in knowledge-intensive services. This increases the 

individual knowledge worker productivity, and in addition contributes to the overall 

efficiency of an organization. The research findings, both theoretical and empirical, highlight 

the importance of effective document management, collaboration, and integrated AI in 

increasing the overall productivity in knowledge-intensive services industry.  

The empirical research showed that the M-Files platform enables seamless collaboration 

among the interviewed knowledge workers by providing a centralized place to store all 

company information and enabling easy access to documentation. This includes easy access 

to information created by others, as all knowledge is saved in one place, with clear version 

history and categorization of information. This centralized approach, combined with M-

Files' unique metadata-driven architecture of the platform, reduces the time spent searching 

for information. The shared platform ensures that all team members and stakeholders have 

access to the most up-to-date information, without unclarity of what is the right and timely 
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version of a document, with the possibility to restrict access rights based on document 

content when necessary. 

Furthermore, the research found that the role of generative AI in knowledge work 

automation is constantly growing. The theoretical research explored the different use cases 

and capabilities of recent GenAI technologies in knowledge work, and the empirical part 

confirmed the statements by finding practical use cases of M-Files Aino GenAI assistant in 

knowledge intensive services. The use of GenAI in company documentation can 

significantly improve the pace and quality of daily work. By leveraging AI algorithms, the 

M-Files platform can automatically categorize and tag documents, ensuring that they are 

organized in a logical manner. The M-Files Aino GenAI assistant was widely discussed in 

the interviews. A GenAI assistant can bring significant help to the daily work, as Aino could 

help the interviewees find information faster and generate answers to their questions, create 

summaries, as well as translations. Integrating an AI assistant such as M-Files Aino, inside 

the company information platform, where the use is private inside of the company, and 

access rights are automated, allows employees to use GenAI securely.  

The empirical research indicated mostly positive feelings towards the use of new 

technologies such as GenAI like M-Files Aino or Copilot, and the different possibilities they 

bring. While the theoretical findings indicated that there are concerns about the potential 

displacement of jobs due to GenAI automation, the findings also suggest that GenAI 

assistants rather complements knowledge work rather than replaces it. By automating the 

routine, non-value-adding tasks, GenAI assistant can allow knowledge workers to focus on 

more valuable and complex work tasks. The use of the newest technologies and allowing 

knowledge workers to concentrate on their core capabilities could also lead to increased job 

satisfaction. 

6.3  Limitations 

The aim of this research was to find out how knowledge work automation can increase 

productivity. The overall evaluation of this research could be determined as successful, as 

the research questions were successfully answered through the use of both theoretical and 

empirical methods. This means the main goal of the study was reached. However, the 

research has recognizable limitations, and this chapter will further discuss them. 
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The main limitation of this research could be the small sample size in the interviews. Small 

amount of interviewees give one's opinions and views a significant impact in the results. The 

empirical research was also carried out in just one case company, M-Files. First, M-Files as 

the developer of the M-Files platform is likely to utilize its own product better than the 

average customer. Second, there can be differences in the application of AI-powered 

knowledge work automation depending on industry, company size, and for instance, 

organizational culture towards new technologies. Industry-specific differences in use cases 

can be significant, and there can be a number of industry-specific restrictions and regulations 

that affect the productivity effects gained from the use of the platform. Focusing on one 

company and its use of AI limits the ability to generalize the results of this research.  

The thematic interviews as the only empirical method can also be seen as a limitation. 

Thematic interviews are based on the interviewees' subjective views and opinions, and this 

can affect the reliability of the research results. In the case of AI especially, people can have 

very different perceptions, fears, and opinions about using it, which can affect the results of 

the interview study. Qualitative data does provide valuable insight into the utilization and 

thoughts of AI-powered knowledge work automation, but it may not correctly estimate the 

business value of the platform, especially the numeric benefits. This is because it is difficult 

for a knowledge worker to realistically assess the actual productivity gains in their daily 

work, and this is why quantitative analysis of the productivity changes would back up the 

subjective results of the interviews.  

Furthermore, another identified limitation is the timeline of this research. The real impact of 

the AI-powered automation on knowledge worker productivity would become more reliably 

apparent over a longer period of time. Short-term research can identify important key points, 

but it does not necessarily focus on all relevant factors responsible for the impact of the 

intelligent knowledge work automation platform. The AI field is also constantly evolving, 

and the technologies in use are developing rapidly. This means that the AI capabilities 

discussed in the interviews of this research could be significantly changed even in a short 

period of time. The AI-related problems faced today are likely to be fixed quite fast, as well 

as the capabilities of the GenAI assistants are rapidly added. For example, the M-Files Aino 

GenAI assistant was developed with new capabilities already in the between of conducting 

the interviews and writing this Limitations chapter. This concretizes the fact that AI 

technologies are constantly changing, and the results of an AI-related study might not be 
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trustworthy even shortly after the study is published, as the technology has very likely 

evolved.  

6.4  Future Research Opportunities 

Further research could be done with a larger sample size. This means including more 

organizations from various fields to the interviews, as well as increasing the number of 

interviewees. The effects of AI-powered knowledge work automation on productivity are 

different in different industries and companies. A larger sample size would provide a better 

understanding of the topic in different fields, and the results would more likely be better 

generalized. A larger sample size would also create a possibility for quantitative research 

methods, such as statistical analysis. Quantitative research methods would add value and 

reliability, and back up the subjective views of the interview study. 

Another opportunity for future research is focusing on more AI-powered knowledge work 

automation platforms and technologies, than just M-Files. Comparing the AI capabilities and 

overall knowledge work automation capabilities in different products could be valuable for 

the product developers themselves to identify their own gaps and limitations in the market, 

as well as for companies seeking to invest in new technology and wanting to understand the 

different options in the market.  

Further research opportunities are also conducting a research over a longer period of time. 

As discussed in the research limitations, AI-powered automation and platforms like M-Files, 

and especially GenAI technologies, evolve very rapidly. The research results can change 

significantly within short periods of time. Further research could observe the over-time 

development in the productivity brought by AI-powered knowledge work automation. 
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Appendix A: Interview Structure 

Theme 1: Job description  

1. Please describe your job function.  

2. What are your responsibilities?  

3. Why is your job or what part of your job is considered as Knowledge Intensive Services?  

4. How would you describe success in your role  

a. What kind of goals, targets or expectations are you expected to fill in your role? 

5. What are the core competencies or capabilities you need to succeed in your role?  

Theme 2: Non-value-adding tasks and routines in daily working  

1. Describe the daily processes and routines of your work  

2. Which existing processes or routines prevent you from being productive  

a. E.g. processes needed for compliance/reporting/internal purposes, that prevent 

you from producing value.  

b. How often do you encounter these processes? (Many times a day, daily, weekly, 

monthly) 

3. To which level are these processes automated now?  

Theme 3: GenAI and Intelligent Automation  

1. Please describe which knowledge work tasks and processes are automated with M-Files 

Knowledge Work Automation Platform?  

a. How would the process look like without automation?  

2. Do you use M-Files GenAI Assistant (Aino) in your work?  

a. Please describe the use cases. 

b. Please prioritize the top 1-3 use cases where you benefit from the GenAI assistant 

c. How often do you use GenAI assistant in your work? (Many times a day, daily, 

weekly, monthly) 

Theme 4: Productivity Increase Estimation 

1. Thinking about the processes automated with M-Files, how much would you spend time 

on them if they were manual?  

a. Think about a process at a time; e.g. finding for information, generating answers, 

creating a document, sharing information.  

b. If you had to give an estimate, how much time do you save per day by using M-

Files?  

2. Thinking about the processes where you use Aino GenAI, how much time do you save on 

average (compared to completing the processes without a GenAI assistant)?  

3. Name the three most important themes where your personal productivity is increased 

with M-Files Knowledge Work Automation and GenAI.  

4. How much value do you see in M-Files and Aino as tools to automate your daily work?  
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a. How much would your productivity decrease without these tools?  

b. Value: Business Critical / Beneficial / Nice-to-have  

5. What are the tangible and intangible effects of increased knowledge work productivity? 

 


