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Generative Artificial Intelligence (GenAl) is a type of artificial intelligence that can create
original content in the form of text, video, audio, images and code. GenAl produces human-
like outputs quite dissimilar to traditional Al models, therefore the proliferation of this
technology is fundamentally reshaping the role of the designers and creative workers alike.
This technology acts like a companion in the designer’s creative process, accelerating their
traditional workflow pattern into a detailed “prompt and evaluate” cycle, where human
agency is focussed on curation, refinement and creative direction. GenAl is not replacing
designers but amplifying their capabilities allowing them to explore more ideas whilst
tedious tasks are automated. Nonetheless, there are also substantial ethical and legal
concerns regarding bias, copyright of training data, uncanny valley, hallucinations and
intellectual property regarding GenAl that need crucial attentiveness in this environment of
rapid growth.



ABBREVIATIONS

Al Artificial Intelligence

GenAl Generative Artificial Intelligence
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Ul User Interface
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1 Introduction

This study aims to explore Generative Artificial Intelligence (GenAl) technologies such as
Midjourney, Stable Diffusion, and similar tools, and how they influence creative work in
Finland, specifically the profession of designers. It attempts to theorise how these creative
workers perceive, work with, adapt to, and potentially integrate these tools into their artistic,
creative, or design-related workflows, using semi-structured interviews to capture
practitioners’ experiences in depth. This thesis pursues three objectives: first, to map where
and how GenAl is used across workflow stages and what new routines or roles emerge;
second, to examine the perceived benefits and drawbacks of GenAl use; and third, to
understand how professionals draw boundaries around what they delegate to GenAl versus

what they keep human, and what they consider “uniquely human” work in their field.

1.1 Traditional Creativity and Creative labour

Creativity is a multidimensional concept, and it involves the creation of new, original and
valuable ideas, solutions or products. Creativity is also not a static process but rather a
dynamic one that reshapes existing conditions and forms new connections to address
challenges or promote growth (Runco, 2014). It often comprises divergent and convergent
thinking where individuals explore multiple probabilities before filtering them into solutions

(Hsich, 2017).

Creative labour in the context of creativity is defined as non-mechanical work that combines
mental effort with tools like Information and Communication Technology (ICT) to create

products with distinct value, such as artistic or scientific outputs (Freeman, 2020).

1.2 Automation in Creative labour

Automation involves substituting human labour with machines or algorithms to increase

efficiency, reduce costs and improve productivity. Automation spans various industries,



from manufacturing, logistics to creative industries. It includes technologies like artificial
intelligence (AI), robotics and machine learning, it can handle repetitive, routine tasks
allowing human beings to focus on complex, cognitive and creative activities (Acemoglu &

Restrepo, 2019).

Automation redefines the traditional concept of creativity by introducing machine generated
outputs and has sparked debates about creativity as a uniquely human trait or something that

can be achieved by machines (Bueno et al., 2024).

Automation, particularly Al and GenAl is computerising tasks in creative industries like
audio post-production, content creation and translation leading to concerns regarding job
displacement and thereby redefining creative jobs. As creative tasks were previously thought
to be resistant to automation due to its reliance on intuition, but they are now being

augmented or being partially replaced by Al and GenAlI (Giustini et al., 2026).

As aresult, creative professionals are increasingly stressing skills that machines cannot fully
replace like aesthetic judgement, the cultural contexts they reside in and advanced skills in

interpretation (Bueno et al., 2024; Giustini et al., 2026).

1.3 Creative Automation: Technological Interference in the Creative Economy

Historically, art and technology have constantly interacted. Artists have canonically bent
technologies beyond its capabilities to see what it can further accomplish. Therefore, this

experimentation and co-creation with new technologies has always existed.

Take for example, Computer Generated Imagery (CGI), it has transformed how stories are
told on the big screen offering unmatched possibilities in creative direction and storytelling.
This technological innovation gave into the possibilities of creating hyper realistic visual
effects allowing filmmakers to transcend new fictitious worlds like The Matrix (Whissel,
2015), its further integration with Al and Industry 5.0 technologies can only expand the
creative toolbox used in filmmaking (Gao & Leong, 2025).

AARON, a series of computer programs designed to follow the cognitive process of a painter
and create original artistic images autonomously. Harold Cohen explored this Al and art

relationship 50 years before these current tools like DALL-E can generate images, predating



modern generative networks. His argument being the evolution of “intelligence” as a term

that could include more than just the “uniquely human” (Cohen, 2016).

Disabled visual artists with physical impairments use digital technologies to overcome
physical barriers to creating art, communicating with audiences and managing professional

tasks (Creed, 2018).

Furthermore, developments in artificial intelligence, robotics, blockchain, and digital
platforms are central to the disruption of creative industries. These technologies are
modifying the design, production and consumption of culture and impacting fields like

design, media, architecture, art and digital entertainment (Hearn, 2020).

The addition, Adobe Firefly to the Adobe Creative Cloud suite, is fundamentally reshaping
the design process. As traditional design relies on humans interpreting complex problems
systematically, Al approaches innovation through iterative optimization. Al is especially
powerful in environments where problems can be quantified and continuously refined

(Verganti et al., 2020).

Another example of GenAl adoption to automate tedious tasks in design is Figma the web
application used for interface design, integrating Figjam Al as a collaborative assistant to
help visualise ideas and streamline processes for user interface (UI) designers (FiGJam Al |

Figma, n.d.).

A study argues that integration of GenAl into architectural and interior design education can
significantly improve efficiency, sustainability and creative exploration in project heavy
curriculums. The study found that GenAl design systems, machine learning and virtual
reality could help students generate ideas and automate repetitive drafting tasks. The study
suggests GenAl as a collaborative partner not a replacement and curricula to include Al
literacy and human-Al workflow so that the future of this profession can be digitally driven

(Almaz et al., 2024).

But the integration of GenAl differs from other types of creative disruptions as it automates

symbolic tasks that were considered uniquely human although repetitive.
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1.4 Traditional Al and Generative Al

Beginning to describe the term ‘“Artificial Intelligence” (Al) is challenging, as there are
many definitions, and most are often contradictory in relation to how it functions. It involves
the development of computer algorithms and systems that can emulate human cognitive
functions such as learning, reasoning, decision-making, and problem-solving (Chatti et al.,
2019). Moreover, it encompasses a wide range of technologies, including machine learning,
deep learning, natural language processing, and neural networks (Antoni & SemaniSin,

2025).

Al has been used for years in several areas and across various industries, including
healthcare, supply chain management, finance, education, and the business sector (Zielinski
et al., 2025); (Kumar, 2024); (Malheiro et al., 2025). Notably, Al is used in content creation
and recommendation systems, which augment viewer experiences (Munoz & Maurya,

2022).

It enhances these recommendation systems through personalisation by analysing user
preferences and behaviours to deliver tailored suggestions based on the data analysed by the
Al algorithm, thereby improving user engagement and satisfaction (Gupta et al., 2024).
These systems use techniques such as content-based filtering and collaborative filtering to
predict user preferences, where the former gives recommendations based on the user’s own
past profile and the latter gives recommendations based on similar user’s behaviours

(Christakou et al., 2007; Haleem et al., 2022; Kurniawan et al., 2024).

In contrast, generative artificial intelligence (GenAl) refers to computational techniques that
can produce new and meaningful content, such as text, images, audio, music, or video, from
training data (Feuerriegel et al., 2024). As a subset of artificial intelligence, GenAl relies on
advanced machine learning techniques, including deep learning and neural networks, to
generate outputs that resemble or reinterpret existing data in novel ways (Ashok et al., 2025).
GenAl uses models such as Generative Adversarial Networks (GANs) and Variational
Autoencoders (VAEs) to learn from large datasets and is intended to produce accurate and
innovative outputs that imitate human creativity (Raza, 2024). GenAl can be used for
creative tasks such as art, music, and writing, and it can also augment training datasets with

synthetic data (Grover et al., 2024). These technologies enable high-quality, realistic digital
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content, thereby transforming fields such as digital art, virtual reality, and entertainment

(Ramamurthy, 2025).

With the introduction of ChatGPT, a large language model (LLM) in 2022, this technology
became accessible to the public. The open release of an LLM paved the way for consumer
tools and the creation of various GenAl models, whether for image generation, text-to-
speech, or text-to-video, thereby reducing barriers to creativity and contributing to its

widespread use (Yongjun et al., 2025).

GenAl has seen rapid technological advancement due to its broad applicability, as it is
recognised as a general-purpose technology with the ability to “catalyse exploratory and
combinatorial innovation”. In other words, it can stimulate new ideas by exploring and
combining existing ideas in new ways, thereby democratising GenAl adoption and value

creation across various sectors (Krakowski, 2025).

Traditional Al, by contrast, analyses and interprets data to make decisions and predictions.
This methodology is often rooted in rule-based systems, which embed explicit human
knowledge to solve specific problems (Aggarwal et al., 2025; Sharma et al., 2025).
Therefore, it is well suited to tasks such as image and sound recognition, for example (Hayes
and Rajput, 2025). In comparison, GenAl focuses on creating new patterns and content based

on training data, thereby enhancing creativity and innovation (Yang et al., 2025).

1.5 Automation and Industry 5.0

This pattern creation challenges traditional theories of automation, as it was previously
assumed that only repetitive tasks could be replaced. GenAl can dynamically create new
workflows and rules based on chronological data, which stands in direct contrast to the
inflexible workflows of traditional automation systems (Charan et al., 2025; Paulose and

Neelanath, 2024).

Besides, while traditional automation theories focus on routine and repetitive tasks, GenAl
can handle complex creative tasks such as composing music and generating images, to cite
just a few examples, which were previously thought to be beyond the scope of automation

(Sinha et al., 2024). Additionally, GenAl creates a new form of collaboration between
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humans and machines, in which Al augments human creativity rather than merely replacing

humans.

A conceptual framework to describe this phenomenon is Industry 5.0, and it represents a
significant transformation in the industrial processes emphasising human-machine
collaboration, sustainability and personalisation. Expanding on the principles of Industry 4.0
which focused more on automation and digital transformation, by merging technology and
human centric approaches to promote creativity, efficiency and environmental
responsibility. Here, collaborative robots or cobots and Al work alongside humans to

enhance productivity and decision-making (Nahavandi, 2019; Xu et al., 2021).

GenAl fundamentally changes the role of humans in industrial environments. Instead of
focusing on repetitive tasks employees take on supervisory, creative and strategic
responsibilities. GenAl systems can support with tasks like design generation, production
planning and supply chain decision support, while humans continue to provide contextual
understanding, ethical judgement, accountability and creativity. Therefore, Industry 5.0 is a
model of “human-Al partnership” where humans and Al complement each other rather than

a substitute for each other (Leng et al., 2026).

A recent study found that firms achieve significantly higher productivity when human
capabilities and Al efficiency are integrated instead of being used separately, rather than
replacing workers, Al was the most effective when augmenting human skills and support
collaborative workflow. In this Industry 5.0 era, sustainability comes from combining human

intelligence and Al, where both continue to innovate collaboratively (Sun & Song, 2024).

A crucial component to understand here is that GenAl still lacks tacit knowledge, empathy
and value-based reasoning, therefore most technologically effective systems need to

combine human expertise and machine intelligence (Leng et al., 2026).

Therefore, this change is particularly relevant for creative industries and the creative
economy that comprise sectors like art, media, design, fashion, advertising and digital
content. Culture, human expression and creativity cannot be fully automated. Thus,
technology is presented as something that enhances human creativity than replacing it.
Creative industries are not only economic drivers of but also sources of cultural value,

innovation and social resilience as in the context of Industry 5.0 (Sneha & Kavitha, 2024).
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Although GenAl can produce high-quality content at scale, it currently faces issues such as
training instability, high computational requirements, and ethical concerns such as bias and
misuse (Bandi et al., 2023). In the context of creative labour, these limitations may shape
how workers engage with GenAl, the extent to which they trust its outputs, and the

boundaries they draw between machine-generated assistance and human creative control.

As technology continues to evolve, this development reaches far beyond functionality,
extending into the realms of expression and originality. This further generates debates on the
notion of computational creativity and traditional creativity brought about by generative
models such as Midjourney, DALL-E, and others. It brings about a paradigm shift to the

concept of artistic expression and novelty and makes one question “What is creativity?”

1.6 Creative Labour and GenAl

Traditional creativity is characterised by intentionality and consciousness. It involves a
complex interplay of emotions, perceptions, and thoughts that are not present in Al-

generated outputs (Holyoak, 2024).

Moreover, traditional creativity is embodied and intersubjective, meaning that it is
influenced by physical experiences and social interactions (Campione et al., 2024). The core
difference herein is non-linear thinking and context-driven decision-making, which are

crucial facets of originality (Brandt, 2023).

Debates around this subject revolve around whether creativity is specifically a human trait
or whether it can be genuinely displayed by machines. Some argue that creativity developed
by Al is merely an imitation of human creativity, lacking the depth and meaning that human-

created art possesses, as creativity is deeply tied to culture and symbolic values.

These debates and discussions call into question the future of the creative industry in the age
of GenAl. The creative industry is a sector characterised by its reliance on knowledge,
creativity, and innovation to generate economic value. These industries are divided into
tangible and intangible sectors. The tangible sectors include fashion, architecture, crafts, and
publishing, while the intangible sector includes music, film, television, software, and digital
design (Hearn & McCutcheon, 2020; Syukur & Marjuni, 2015). Creative labour refers to the

work performed within the creative industries, characterised by its focus on creativity,
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innovation, and the production of cultural and artistic goods. It is often described as
“immaterial labour” due to its intangible outputs and the difficulty of measuring and
managing it (Pitts, 2022). Creative labour involves a wide range of activities, from artistic
creation to digital content production, and is often performed under flexible and precarious

circumstances.

Creative professionals, on the other hand, work in fields that require a high degree of
creativity and innovation (Benedek et al., 2025). They are characterised by high domain-
specific expertise, divergent thinking abilities, openness to experience, and a strong sense of
personal identity and creative self-efficacy (Benedek et al., 2025). Creative professionals
often face challenges such as precarious employment, the need for continuous innovation,

and the balancing of multiple roles and identities (Lingo & Tepper, 2013).

With the introduction of Kling AI 3.0, Kuaishuo Technology became prominent in the video
generation community. The core technology used here is Multi-modal Visual Language
(MVL), this system facilitates picture production, video animation and audio synthesis inside
a single space, saving users the connection of different tools. By enabling users to generate
and share short videos of 4k resolution, this innovation automates tasks that traditionally
required the skills of designers, animators, and visual artists. While this expands creative
access and creates opportunities for the public, it also intensifies concerns about the
precariousness of employment in the design industry, where freelancers and gig workers
already face instability. As tools like Sora reduce the need for certain types of creative
labour, they risk further displacing professionals or pushing them into more competitive and
less secure roles, underscoring the growing tension between technological advancement and

job security in creative fields.

1.6.1 The changing definition of creativity

Csikszentmihalyi’s Systems Model of Creativity provides a vital theoretical framework for
understanding and examining the integration of GenAl into creative labour, as it shifts the
definition of creativity from the individual to a dynamic sociocultural process. According to
this model, creativity emerges from the intersection of three essential components, the
person (the individual), the field (the gatekeeper) and the domain (the symbolic body of

knowledge). When seen in the context of GenAl, the “person” no longer operates as a



15

solitary being but as a co-collaborator with the algorithmic system, thereby essentially
altering the notion of creative agency. Furthermore, GenAl acts as transformative force
within the “domain” by synthesizing cultural data to rapidly produce newer iterations, while
simultaneously challenging the “field”, here, legal structures, redefining what is considered

as “original work” (Csikszentmihalyi, 1999).

By applying this framework one can say that GenAl is not merely shifting the ways by
creative labour is carried out, it is holistically reshaping an entire industry forcing
professionals in this economy to rethink concepts like ownership in an increasingly dynamic

environment.

1.6.2 Computational Creativity

Margaret Boden describes computational creativity as the ability to produce outputs that are
“novel, surprising and valuable”, aligning with her broader conception of creativity as a
process involving the ‘“combination, exploration and transformation of ideas within

conceptual spaces” (Franceschelli & Musolesi, 2022; Wiggins, 2006).

As seen from the above description computational creativity differs from traditional
creativity as it involves algorithmic processes that are guided by objective functions or

connotations rather than emotional or experiential input (Johnson, 2012).

Computational creativity should be taken into consideration as the idea of traditional
creativity changes due to the introduction of GenAl thereby developing the very core idea
of what constitutes creativity. However, it also introduces further challenges to authorship,

integrity and the expressive aspect of creative work.

1.6.3 Economic impact on creative industries due to Al integration

The integration of GenAl and Al applications into the creative industries have has profound

implications both positive and negative.

Al streamlines workflow processes by automating repetitive tasks like content generation
and allowing professionals to focus on advanced concepts. It enables local creative industries

to reach global audiences creating economic growth opportunities. Automation reduces
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operational costs making creative outputs more economically viable (Schinello, 2025;

Vongpanich et al., 2025).

Although these changes to the industry are beneficial, take for example the field of audio
mastering, here job displacement is partial and uneven due to Al. Human talent is still
important in culturally embedded creative production although lower end repetitive tasks
may be automated (Birtchnell & Elliott, 2018). The use of Al affects content creation and
raises concerns about homogenisation of content and originality which impacts the creation
of artistic tasks as well as the loss of local or regional creative identity as content creation is
dominated by international Al systems (Abdullah et al., 2025). Furthermore, the benefits of
Al integration disproportionately benefit only the larger organisations with apt resources to
adopt new technologies leaving the smaller creative enterprises at a risk (Al Mulla et al.,

2025).

1.7 Purpose

Considering rapid technological advancements within the creative industries and the
growing integration of generative artificial intelligence (GenAl) into creative workflows,

important questions arise regarding the evolving nature of creative labour.

How is the increasing use of GenAl technologies reshaping the dynamics of creative work
and the roles of human creators? Additionally, which types of creative tasks appear most
susceptible to automation through GenAl tools, and which aspects of creative production
remain dependent on human creativity, judgment, and interpretation? Addressing these
questions is essential for understanding the broader implications of GenAl for the

organisation and future of work in the creative sector.

This thesis examines the impact of GenAl tools on creative professionals, with a focus on
how these technologies influence creative workflows. This study is limited to contemporary
GenAl tools and primarily considers creative professionals working in the field of design.
The analysis emphasises perceptions based on short- to medium-term impacts in the
industry. This study is limited by the rapidly evolving nature of GenAl technologies, and

some findings may become outdated as these technologies continue to improve.
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2 Literature Review

This chapter provides a literature review of topics essential to the recent developments
surrounding GenAl and creative labour and identifies gaps in research this thesis seeks to

address.

2.1 Recent discourse

The rapid integration of machine learning into creative workflows has fundamentally
transformed the conceptualisation of creative workers’ agency. Recent academic discourse
categorises these transformations into the automation of routine tasks, the platformization of
creative labour, and a redefinition of creative professional competencies (Dalsgaard, 2025).
Furthermore, these technological shifts complicate traditional frameworks of authorship and
attribution, as scholars argue that they redistribute power towards technocratic platform
providers rather than the creators themselves (Dalsgaard, 2025). This transition towards
algorithmic content generation paves the way for the deskilling of traditional craft-based
expertise, as practitioners are pressured to adopt the roles of curators or editors of machine-
produced outputs in order to maintain a competitive edge (Dalsgaard, 2025; Erickson, 2024;

Halperin & Rosner, 2025).

Moreover, the inherent biases embedded within training datasets frequently reflect Western
and Eurocentric aesthetic norms, demanding that designers develop a critical understanding
of the sociocultural politics of the models they use (Ali et al., 2024; Tsao et al., 2025).
Beyond these concerns, researchers emphasise that the professional integration of these tools
creates a binary tension, in which designers view algorithmic adoption both as a strategic
survival requirement under technocratic market pressures and as a genuine expansion of their
creative capacity. Consequently, scholarly attention has shifted towards human-centred Al
frameworks that prioritise meaningful co-creation over mere output creation (Benbya et al.,
2024). This evolution necessitates a rigorous examination of worker-centred design
methodologies that may mitigate the risks of labour alienation, and the erosion of personal
autonomy observed in broader creative industries (Erickson, 2024; Halperin & Rosner,

2025).
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2.2 Systemic Implications of GenAl

Such inquiry must address the potential for these systems to displace specialised human
labour by lowering barriers to entry for non-experts, thereby exacerbating market oversupply

(Erickson, 2024).

This trend is further compounded by the invisibility of human work in the final output, which
highlights the capability of Al while paradoxically rendering the intricate combination of
traditional craft and computational expertise difficult to recognise or fairly compensate
(Erickson, 2024). In addition, the current absence of robust empirical evidence regarding the
specific labour market impacts of these technologies leaves a critical gap in our
understanding of how these professional roles will reorganise (Erickson, 2024). To address
this, scholars are increasingly calling for interdisciplinary interventions that look beyond
technological developments to incorporate policy advances and management practices that
protect worker autonomy (Halperin & Rosner, 2025). Such a paradigm shift towards
participatory approaches involves co-curating datasets with practitioners to ensure that
model outputs reflect established creative traditions rather than merely mirroring platform-
driven stylistic defaults (Elmqvist et al., 2025). Additionally, there is an urgent need to
conceptualise “patchwork”™ labour frameworks that acknowledge the human effort required
to bridge the discrepancy between Al’s synthetic capabilities and the nuanced requirements

of high-quality design work (Halperin & Rosner, 2025).

This conceptual adjustment aligns with evidence suggesting that when Al functions as a tool
for skill amplification rather than simple substitution, it supports creators in navigating
complex professional demands (Bender, 2025). Furthermore, scholars suggest that
reclaiming agency requires adopting governance models, such as worker-led cooperatives
and councils, that empower practitioners to exercise collective refusal or influence over the
technological systems integrated into their creative environments (Elmqvist et al., 2025).
Ultimately, the pursuit of a sustainable future for designers depends on shifting from reactive
technological adaptation to a proactive design agenda that centres human values and
equitable compensation (Dalsgaard, 2025). This suggests that the future of creative labour
will be defined not by the obsolescence of human craft, but by the ability to establish new
social and technical contracts that safeguard the dignity of professional expertise. This

transition towards “system fluency” necessitates an informed focus on critical literacy,
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ensuring that designers remain the primary architects of their creative outputs rather than

passive adapters to algorithmic overlords (Dalsgaard, 2025; Elmqvist et al., 2025).

2.2.1 Platform Control and Big Tech

Creative professionals rely on tools and platforms provided by Adobe and Google. Adobe’s
Creative Cloud are integral to creative workflows and are used daily by professionals in
creative industries, the platform hosts seamless integration across applications like
Photoshop, InDesign, Illustrator etc. Adobe dominates the creative industry with over 90%
of creatives using its products (Kumar, 2024). However, its steep learning curve and high

costs is a barrier for small creators and individual learners (Baher & Westerman, 2009).

These subscription-based systems lead to reduced revenue for creators as platforms prioritise
accessibility overcompensation furthermore, creative professionals report spending more
time on non-creative tasks like metrics and marketing due to the platformization of their

industries (Miihlbach & Arora, 2020).

Tools from Google are widely used for information gathering, communication and
collaboration, whilst it accelerates the research process, its algorithms limit exposure

potentially stifling creativity (Barker, 2018).

Professionals also face challenges related to identity and workplace policies which impact

career longevity and recognition (Dailey & Devlin, 2025).

2.2.2 Effects on Identity on Creatives

GenAl can enhance creative performance but may evoke mixed emotional responses.
Additionally, creators may experience psychological harm such as stress or emotional
distress due to the evolving nature of human-Al interactions and the lack of clear

accountability for Al-induced outcomes (Song et al., 2026).

Some creatives may also perceive Al as a threat to their personal creative identity,
particularly as Al generated creative work is rated lower in creativity due to biases based in

originality against Al generated work (Hattori et al., 2024).
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Moreover, the use of GenAl tools requires creators to adapt cognitively as they engage in a
judgement intensive process of selecting outputs generated by GenAl, this can in turn
reshape the creative decision-making process and self-perception as creators (Rivera et al.,
2026). Their level of satisfaction and perception of effort as Al requires less effort and
therefore discourages creatives from collaborating with Al as a creative partner (Magni et
al., 2023). Hence, there exist significant threats to the individuals in creative industries with

GenAl integration.

2.3 Research Gap

While existing scholarship has addressed the implications of GenAl for automation,
deskilling, and creative labour more broadly, there remains limited empirical research on
how creative professionals themselves use and make sense of these tools in practice. In
particular, there is a need for more worker-centred research into how GenAl is integrated
into creative workflows, how its benefits and limitations are perceived, and how
professionals draw boundaries between machine assistance and human creative judgment.
This gap is especially relevant in the context of contemporary design and related creative
fields, where GenAl adoption is advancing rapidly. This thesis addresses that gap through
semi-structured interviews with creative practitioners, focusing on their experiences of

adapting to and working with GenAl in professional contexts.

2.3.1 The Finnish/Nordic perspectives of Al integration in Creative Fields

Recent empirical studies do have a focus on Al technologies in creative fields using
qualitative interviews. One such study investigates Finnish game developers’ perception and
use of text-to-image tools like Midjourney, it was found that the tool is seen as valuable for
productivity but at the same time a disruptive force. The professionals cited fears about the
displacement of junior artists and freelancers and ethical issues surrounding copyright and
training data using artists’ work. Generally, the study summarises that Al is reshaping the
role of game developers and creating a strong sense that professionals in this industry must

adapt to this new tool in order to remain competitive (Vimpari et al., 2023).
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Another study examined attitudes towards Al usage in art through a survey on Finnish adults
using self-determination theory. Whilst many participants expressed concerns about
authenticity and the impact of these technologies on creative professionals, the study also
found out that people tend to value human made art more as they associate it with the human
emotional expression. The paper concludes that Al is accepted as a creative partner but many

still question if it is “true art” (Latikka et al., 2023).

A topical study explores why Nordic artists adopt Al tools in their practice and their
perception of such tools in in art. Based on interviews from artists in Finland, Sweden and
Norway, the results show that the artists are motivated by creativity, experimentation and
the desire to discover new aesthetic possibilities. Some artists were interested in “hacking”
Al to create unconventional creative outcomes. Nevertheless, they also expressed concerns
about Al adoption like commercialization, artistic authenticity and dependency on large
platforms. It concludes that Al adoption in the arts is not straightforward but contradictory
and critical, the excitement for the future opportunities as well as the fears about artistic

autonomy (Kaila et al., 2025).

Furthermore, in a report with 52 Finnish computer scientists and media artists who used Al
in their work, it was found that they use Al differently in their creative processes even though
they hold similar ideas on creativity. Computer scientists used Al to achieve accurate and
reliable results whereas media artists used Al as an outlet for experimentation. The paper
concludes with the suggesting that Al is reshaping traditional human-centred definitions of
creativity, and that co-creativity should be the objective for future research (Wingstrom et

al., 2022).

Alternatively, a study found that professional Finnish screenwriters and commissioners
largely view Al as a tool that is actively reshaping screenwriting. The study also highlights
the concerns around “datafication” in the television industry, where streaming providers
increasingly rely on analytics and Al-driven processes that take away the control from the
writers. Across all the participants that were interviewed for this study, participants
highlighted that meaningful storytelling depends on the human experience which Al cannot
reproduce (Vainikka et al., 2024).

The understanding drawn out from these papers is that GenAl is being integrated into Finnish

society at a deliberate pace, with Finnish Defence Forces integrating GenAl into tactical
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simulators and command post exercises (Saastamoinen & Nuutinen, 2025). Finnish pre-
service teacher education is introducing GenAl tools, focusing on ideation, prompt
engineering and content creation (Bui et al., 2025). GPT-4 is being tested on public, social
and healthcare systems for tasks like machine translation, studies show productivity gains
and improved translation quality (Martikainen et al., 2025). Finnish micro-firms are also

adopting GenAl for risk management and operational resilience (Shahzad et al., 2026).
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3 Methodology

This section of the thesis addresses the research design, and the methods used to answer the

research questions of the study.

3.1 Research Aim

This thesis examines the growth of Generative Artificial Intelligence (GenAl) technologies
such as Midjourney, Stable Diffusion, and similar tools, as well as how they are influencing
creative work in Finland, specifically in the field of design. This study aims to understand
how these creative workers perceive, work with, adapt to, and potentially integrate these

tools into their artistic, creative, or design-related workflows.

3.2 Research Design

Therefore, this thesis adopts a qualitative case study design to explore the above-mentioned
phenomenon, and the data were collected through semi-structured interviews with six

participants in the field of design in Finland.

This thesis explores the phenomenon through qualitative research methods. These methods
are designed to provide a deep understanding of the phenomenon by exploring the
complexities of human beliefs, behaviours, and experiences. Unlike quantitative methods,
which focus on hypothesis testing and numerical data, qualitative methods focus on
gathering rich, text-based data through interaction with research participants (Fossey et al.,

2002).

Given that this subject area has not been extensively explored using qualitative methods,
especially with a focus on individuals in specific countries and within a particular creative
profession, qualitative methods are especially suitable. Using qualitative methods increases
the depth of understanding of individuals in the field rather than reducing valuable input to
numerical codes. Qualitative studies aim to uncover the underlying reasons, motivations, and

contexts behind human actions and social phenomena (Fossey et al., 2002).
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3.3 Research Questions

The study pursues three objectives: first, to map where and how GenAl is used across
workflow stages and what new routines or roles emerge; second, to examine the perceived
benefits and drawbacks of GenAl use; and third, to understand how professionals draw
boundaries around what they delegate to GenAl versus what they keep human, and what

they consider “uniquely human” work in their field.

3.4 Data Collection

This thesis aims to explore this perspective through semi-structured, open-ended interviews
with professionals working in the field of design in Finland. As established in the literature
review, the Finnish case deserves this research focus because it is at a foundational stage,
with information being scattered across various fields, demonstrating the novelty of GenAl
in this professional field (Latikka et al., 2023). This approach involved a set of prepared
questions while allowing responses to remain flexible and enabling the interviewer to
explore topics as they arose during the conversations (Kallio et al., 2016). The interviews
provide context-bound subjective insights, helping the study to understand the socially

situated world of the participants (Liamputtong & Rice, 2023).

The target population for this study consists of working professionals in the field of design
in Finland. The sample included six participants selected using purposive sampling. The
participants were selected based on their relevance to the research, ensuring that the sample
was rich in information pertinent to the study (Nyimbili & Nyimbili, 2024; Tongco, 2007).
Potential participants were identified through LinkedIn based on their professional role and
experience with GenAl. Initial contact was made via email, through which individuals were
provided with a brief description of the study and an invitation to participate in an interview.
Those who expressed an interest were then provided with an informed consent form and
scheduled for an interview at a mutually convenient time. Public professional profiles were

used only to identify individuals meeting the study’s inclusion criteria.

Furthermore, cases were selected according to predetermined criteria. Namely, the person
being interviewed had to, first, be employed in the field of design; second, be conversant

with GenAl tools; and third, be a working professional in Finland.
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Data was collected through semi-structured, open-ended interviews conducted between
November 25, 2025, and January 31, 2026. Each interview lasted approximately 40 to 45
minutes and was conducted via Zoom. All interviews were audio-recorded with participants’
consent and later transcribed verbatim for analysis. Data were collected using a semi-
structured interview guide developed by the researcher. The interview guide consisted of
open-ended questions designed to explore the participants’ experiences of using GenAl in
their professional work. The guide included 10 to 15 questions focusing on the participants’
experiences, perceptions, and practices related to GenAl. Follow-up questions were also

used to clarify participants’ responses and encourage elaboration.

3.5 Ethical Considerations

Clear data protection regulations are necessary in our current digital era and according to EU
legislation data protection is a basic right. Therefore, in order to maintain confidentiality,
informed consent forms were given out in accordance with the General Data Protection

Regulation (GDPR). All participants names were anonymized.

To enhance the credibility of the data, the interview guide was reviewed by a supervisor
prior to data collection. The interview guide was also piloted with one participant who met
the study’s inclusion criteria, and minor revisions were made in the process. To further
validate the guide, peers were asked to review it and provide additional suggestions and

corrections.

3.6 Data Analysis

Data was analysed using qualitative content analysis. Interview transcripts were imported
into NVivo and coded using an inductive approach. Codes were systematically applied
across all transcripts, and the distribution of codes was examined to identify prominent

concepts and patterns across the participants.

NVivo is a Computer-Assisted Qualitative Data Analysis (CAQDA) software widely used

in various research disciplines to manage, code, and analyse qualitative data. NVivo
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facilitates the coding of qualitative data, which is essential for thematic analysis. It supports
both manual and automated coding, enabling researchers to identify patterns and themes
systematically (Mortelmans, 2019). The software is effective for content analysis, allowing
researchers to analyse interview transcripts, reflective diaries, and other qualitative data
sources (Samarathunga, 2019). NVivo allows researchers to move back and forth between
different levels of coding and analysis, combining quantitative and qualitative elements to
enhance transparency and trustworthiness (Kaefer, 2015). NVivo version 14 was used to

support data analysis in this thesis.

Content analysis, on the other hand, provides a systematic, step-by-step approach to
analysing textual material, which includes coding and interpretation. This method allows
researchers to identify similarities and differences within the data and arrange categories in

relation to each other in order to place them into a theoretical context (Mortelmans, 2019).

The initial stages of data analysis began with data preparation. After collecting and
transcribing all interview data, the material was cleaned and formatted to remove recurring
or irrelevant information, for instance, the introductory portion before the beginning of the
interview or filler words. The transcripts were then read and reread in order to achieve full
immersion in the content. After that, the smallest segments of the content to be analysed
were identified, first broadly and then as meaning units, in order to identify segments of text

that convey a single idea or concept (Mortelmans, 2019).

Furthermore, a system of codes was broadly categorised inductively, emerging from the data.
The codes were continuously refined by splitting, merging, or renaming them to ensure that

they accurately represented the data (Mortelmans, 2019).
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4 Results

The following chapters of the thesis present the results of the study. First, each research
question is analysed based on the results collected, NVivo version 14 was used to support

data analysis in this thesis (Mortelmans, 2019).

4.1 Shifting Work Practices Through GenAl Integration

By visualising a hierarchy, hierarchy charts are used to picture the attribute values of files
and cases to identify trends in the coded data. The best use of hierarchy charts is when a data
summary is needed that shows multiple levels of hierarchy at once. The data analysed
represented a total sample size of six interviews. A tree map is used to display this data, and
it is a design that uses a collection of stacked rectangles of different sizes to display
hierarchical data, to represent the amount of coding to each code (Lumivero, 2026), as

illustrated in Figure 1.

Editing Ideation
Human authority-intent Critical evaluation Ease of Ideation Tool centred e...

Image Generation
Production
Human-Al workflow Combination ...  Concept Development

Prototyping tool Gen...

Delivery
Marketing and Social Media

Figure 1- Coded references tree map for RQ1: When and how is GenAl used across the

workflow stages and what new routines emerge?
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Analysis of the six interviews indicates that GenAl is used across multiple stages of the
creative workflow, but its function and authority shift depending on the stage. As illustrated
in the figure above, GenAl is not used as a single consistent tool throughout the workflow.
In the early stages, it is used to generate new ideas, suggest unexpected directions, and speed
up the overall experimentation process. In the middle stage, it acts as a collaborative partner,
useful for repetitive or technically routine tasks. In the later stages, its role becomes smaller,

and human judgement takes the lead and becomes more deliberately protected.

“Usually, I work with quite long sessions with one tool because then it gives me time to
really like study the nature of that tool... that it makes much faster the process of
implementing a certain idea because this kind of routine coding is much faster” (Participant

4, Media Artist & Vibe coder)

“I love the randomness of Mid-Journey. It gives me a lot of tools. I have stated that I think
the Al widens my thinking a bit, like it makes my thinking much more creative” (Participant

5, Visual Artist & Creative Technologist)

“Kling and Flux and Nano Banana Pro I think are the ones that I've been happiest with
especially, Nano Banana Pro the new one it's has pretty decent still images and I feel like

every week it's getting so much better” (Participant 1, Designer)

“I like the idea that when you take a still picture of an artwork, for example, the Al will
generate some kind of parallel way to approach the artwork. It doesn't show the actual
artwork, but it opens basically alternative ways that it could be experienced or thought of.”

(Participant 2, Designer)

In these stages, GenAl primarily operates as a resource that aids and extends a designer’s
creative capacity rather than replacing it. Rather than acting autonomously, generative Al
extends the designer’s creative capacity by facilitating idea exploration, revealing patterns
and relationships within complex data, and enabling new forms of experimentation and
iteration. The concept of “human-Al co-creativity” further reinforces this position, framing
Al as a collaborative partner that generates suggestions, variations, and constraints, which
the human designer interprets, evaluates, and integrates. In this way, human creativity
remains an experiential and human-centred process, with Al serving as a catalyst that
broadens the range of possibilities while leaving meaningful control and authorship in the

hands of the designer (O’Toole and Horvat, 2024).
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“Because after that, it needs a lot of time to create the material I use. It needs a lot of tests to

find the right way” (Participant 5, Visual Artist & Creative Technologist)

“I can just test my ideas, for example, can you show me these five different options? Then I

can see and click it choose the best one” (Participant 3, Graphic & UI/UX Designer)

“I think it's the ease especially if you're testing out ideas what works, testing ideas for

pictures” (Participant 1, Designer)

A recent paper argues that Human Centred Artificial Intelligence (HCAI) should be
understood as a process that prioritises human values, well-being, oversight and
collaboration throughout the design and deployment of Al systems. The study also
investigated how Human-Centred Design methods can be integrated into Al development to
ensure that systems remain understandable, inclusive and align with societal needs. A key
finding here was that current HCAI research remains fragmented across disciplines with

limited practical guidance for application (Schmager et al., 2025).

Human-Al Co-creativity refers to humans and Al working together as partners to create
shared outputs. A study found out that iterative human-Al feedback loops are highly
preferred by users over one way or purely reactive engagements as continuous dialogue

preserves human agency, trust and creative control (Rezwana & Ford, 2025).

This symbiosis between humans and Al can benefit in enhanced creativity where Al can act
as a co-designer enabling iterative refinement (Dall’Asta, 2025), improved collaboration
where creative risk is encouraged (Suh et al., 2021) and enhanced creative learning where

divergent and convergent thinking is supported (Romero & Urmeneta, 2025).

During the production phase, GenAl use becomes more structured. Designers described
engaging in a “collaborative human-AI workflow process”, which is further refined through
multiple rounds of prompting and adjustment. This “collaborative human-Al workflow
process” is an evolving framework that integrates artificial intelligence (Al) into various
organizational settings to enhance productivity, decision-making, and problem-solving
capabilities. Combining symbolic reasoning with the flexibility of large language models
(LLMs) is a promising approach to addressing complex problems, as neither method is

sufficient on its own (Hasan, 2025).
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Continuous feedback loops are essential. Al systems can learn from human inputs, and vice
versa, creating a co-learning environment that improves both human and Al performance
over time. This interaction fosters a dynamic in which both parties adapt to each other’s

strengths and weaknesses (Lu et al., 2025).

“Then I again give it to the Al and Al generates based on that, it’s like this back and forth”
(Participant 6, Smart Artist)

“So, I made the design work and then Claude was making the dirty work with coding based
on my instructions and ideas” (Participant 4, Media Artist & Vibe coder)

“Al doesn't give me anything in my creative flow but then again, before I start doing
something I have to read a lot, it's just like a base for it” (Participant 3, Graphic & UI/UX

Designer)

“I still think it's quite hard to get good images if you don't have a vision in your head, it's not
going to create great images in the sense if you don't have any kind of vision yourself”

(Participant 1, Designer)

“They use Al as like creative partners, basically similar that they would have working group
of assistants and people around them working together to create productions, and so the Al
is kind of used as a partner for creating things, not as just a technology, but really to develop

something that could not be otherwise possible to do” (Participant 2, Designer)

Here, GenAl does not simply eliminate work; it shifts where the work happens. While it
makes idea generation faster and helps with technical tasks, it introduces a new type of labor,
such as prompt writing, selecting outputs, evaluating results, correcting results, and iterating
on ideas (Hermann et al., 2025). In this sense, GenAl reduces the time spent on certain tasks
but increases the need for human judgement and curation. As a result, the design workflow
becomes more recursive and less linear, with designers moving back and forth between

prompting, reviewing, and refining rather than following a traditional step-by-step process.

Al systems frequently include feedback loops that allow designers to improve results
through repeated iterations. For instance, in fashion design, some platforms use user
feedback to continuously refine and enhance Al-generated designs over time (Sharma et al.,

2025). Therefore, a new routine emerges: a “prompt and evaluate cycle”, in which responses
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are generated quickly for a human to assess and choose between, using Al for early

prototyping before moving on to manual refinement.

Human authority becomes more prominent during the editing and refinement stages.
Participants described critical evaluation as an explicitly human activity. GenAl at this stage
functions as a supporting tool rather than a creative aid, thus indicating the return of human

authority in the final output stage.

This suggests that creative authority in the design process is not fixed but shifts from time
to time. Designers may temporarily give Al more control in the exploratory phase, but take
back control when it comes to evaluation, concepts, and final decisions. Overall, the
evidence suggests that GenAl is not replacing the creative workflow but reshaping it into a
more iterative and collaborative process. In this process, Al provides speed and a wide range

of options, while human designers remain responsible for direction and final judgement.

“Al is something that has many levels that can be used, and as long as I'm as a person still
the main core of the idea and concepting the use cases and having the purpose why to use it
....., Like if it's just something computer created that is missing the human component, then
it's really hard to understand why to do it in the first place, it is rather that the creator

understands the balance between the whole creation and the Al use” (Participant 2, Designer)

“Because my work lays on the concept or conceptual thinking, so I won't say that Al's results
are that bad that I, you know, I choose not to use it” (Participant 5, Visual Artist & Creative
Technologist)

The integration of Al into workflows allows for a combination of human creativity and AI’s
data-driven precision, leading to enhanced decision-making capabilities. The presence of Al
also alters team dynamics, often enhancing communication and collaboration (Zhang et al.,

2023).

GenAl is significantly transforming creative work by shifting the emphasis away from
making everything manually towards roles such as curation, meta-creation, and new skills
such as prompting and evaluating Al outputs. This shift can be seen across many creative
fields, including visual arts, writing, and design. Instead of always creating from the
beginning, creatives increasingly act as curators who select, edit, and refine content produced
by AL This is especially visible in areas such as visual art and design, where creators try to

balance increased efficiency with meaning and authenticity. Overall, GenAl is not just an
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automation tool but a transformative technology that is reshaping how creative work is done.
By encouraging new skills and collaborative workflows, it allows creators to experiment
with new forms of expression while also dealing with the ethical and cultural changes that

come with this technological shift (Tsao et al., 2025).

The rise of digital media and Al-driven tools is transforming how creativity is shared,
produced, and understood, demanding a shift from traditional, discipline-bound approaches
towards flexible, interdisciplinary practices. However, these technologies also reshape the
entire creative process, with GenAl positioned as a tool that reconfigures how creative work
is carried out (Pavlou, 2020). This new tool enables experimentation, idea generation, and
new forms of co-creation. Nevertheless, this shift raises concerns around control, tool
dependency, and ownership, as creative decision-making becomes more widely distributed
between human designers and algorithms. At the same time, the growing emphasis on digital
and multimodal literacies suggests that engaging with such tools is becoming an increasingly
fundamental requirement for participation in contemporary creative industries. Taken
together, GenAl integration is not just enhancing existing practices but actively transforming
them, leading to a redefinition of the role of the designer in a complex human-Al workflow

system characterised by a “prompt and refine cycle” (Tillander, 2011).

4.2 Perceived Benefits and Drawbacks of GenAl Use

A matrix coding query facilitates the ability to visualize coding intersections between two
lists of items. As indicated by the matrix query, GenAl is viewed neither as a separate
category nor as an opposing one, but rather as an interconnected aspect of the same
condition. For instance, increased speed can result in more superficial exploration, many
prompt options can lead to uniformity, efficiency may shift labor instead of eliminating it,
and easier content production may lead to the production of more content in less time (Frey

& Osborne, 2017), as presented in Figure 2.
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Figure 2 — Matrix Coding Analysis for RQ2: What are the perceived benefits and
drawbacks of GenAl use?

Participants therefore did not perceive GenAl as purely beneficial or harmful. Instead, they
described it as a technology characterized by “productive ambivalence”, it supports
experimentation, speed, and accessibility, while at the same time raising concerns about
monotony, loss of skills, ethical issues, environmental impact, and the decreasing value of

human-created work.

Participants described experimentation and excitement as motivating aspects of working
with GenAl, as shown in Figure 3, indicating that technological novelty can enhance creative
engagement rather than diminish it. Yet they also questioned whether it is truly capable of
producing original work. This suggests that GenAl is perceived as a tool for innovation,
while its outputs are often considered derivative. Therefore, GenAl is valued for enabling

experimentation, but at the same time it is viewed with skepticism as a source of originality.
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Figure 3 — Benefits tree map

There is considerable variation across professionals and their personal experiences of using
GenAl-related platforms. Variation in perceptions may stem not only from personal
attitudes, but also from differences in professional identity, level of confidence in using new
technology, and the degree of certainty individuals have in their ability to integrate GenAl
without compromising their sense of authorship (Nguyen et al., 2026). For instance, there
are variations in the degree and nature of creativity across the participants’ professions, as
the skills required for photography are not directly comparable to those required for UI/UX

design.

The need to stay current in a rapidly evolving professional landscape builds on the
participants’ need to remain informed about the latest technological developments and tools,

especially in fields such as UI/UX design, which are heavily reliant on software.

All participants cited “interest in technology” as a leading motivation for using GenAl, as
their interest in technology becomes a professional resource that shapes their excitement and
experimentation, ultimately leading to the adoption of new tools. The interviewees framed

their engagement with GenAl as an extension of their broader interest in emerging
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technologies, positioning technological curiosity as part of their professional identity (Silver

& Ruokamo, 2026).

“I also have a background in full stack development as a junior coder. I was interested to
adapt both sides of my professional skills, like technology and artistic” (Participant 5, Visual
Artist & Creative Technologist)

Most participants use GenAl as a tool for exploring new possibilities, helping them combine
and collage their own work with generated material to create an amalgamation of
uniqueness. They described experimenting with GenAl out of intrinsic curiosity. In this
sense, GenAl is not merely perceived as a tool but also as an opportunity for creative

innovation.

“We really want to be in the front runners when everything new comes up” (Participant 3,

Graphic & UI/UX Designer)

“Opening up totally new tools possibilities for artists to combine different tools” (Participant

4, Media Artist & Vibe coder)

“Use your own drawings and give them to Al and you can create together with Al based on
those drawings. So that was the combining of the techniques that was like the main

motivation and still is today” (Participant 6, Smart Artist)

Beyond creative and professional concerns, environmental sustainability emerged as a
critical drawback, as shown in Figure 4, representing a minority but significant concern.
Designers expressed unease regarding the energy demands and computational scale of
GenAl systems, questioning whether the efficiency gains justified the potential ecological
costs. This tension reflects a broader ethical negotiation, wherein technological innovation
is evaluated not solely in terms of productivity but also in relation to environmental
responsibility. While GenAl accelerates production, its reliance on computational
infrastructure introduces sustainability concerns, revealing a paradox between efficiency and

ecological responsibility (Berthelot et al., 2024).
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Figure 4 — Drawbacks tree map

“The power that it consumes, is it sustainable?” (Participant 3, Graphic & UI/UX Designer)

A recurring concern centered on the reliance of GenAl systems on large-scale training
datasets. Participants noted that outputs were generated through a recombination of pre-
existing material, leading to homogenized results. Unlike humans, who draw upon lived
experiences, practice, and contextual judgement, GenAl was described as operating through
statistical pattern recognition. This distinction reinforced participants’ claims that creative

intent remains uniquely human (Zhou et al., 2024).

From this, we can also infer that designers evaluate GenAl not only as a socio-technical
instrument. They are therefore not only assessing its usability, but also its legitimacy.
Participants’ critiques indicate that GenAl is judged not just by the outputs it produces, but
also by how it is developed, whose labor it relies on, and what kinds of professional and

cultural values it reinforces.
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“Because the new models are based on the old models, there is the data still, which is from
the old models. So, it hasn't gone anywhere. They are trained based on the old models. So,
there's still the fact that people have taken the images from the internet without asking

anyone. So that's like, nowadays it's like a very grey area” (Participant 6, Smart Artist)

“Like when Al models have been mainly created by using and exploiting the artist's works,
the starting point of it is already like really hard to like agree in that sense...but when you're
using Al wrongly and you're loaning something that is not created by you, then you should

be like understanding that that's probably not the way to go” (Participant 1)

This ties to the “editing drawback” mentioned in the hierarchy chart, which is a rather
technical concern relating to the issue of generative models’ incapacity to render good results
in response to repeated editing prompts. The technology is simply not capable of improving
editing results consistently, whether the image is self-generated or human-made, suggesting
that efficiency gains may be offset by labour-intensive corrective work during later

workflow stages (Park et al., 2026).

“But if you want to edit an image, for example, for 10 times you want to change things in
the image, it progressively gets worse and worse. It's not very good at editing yet, at least on

my experience” (Participant 6, Smart Artist)

An interesting point raised in the interviews was the implication of GenAl for creative
education, suggesting that reliance on automated output may undermine the development of
foundational skills. Such concerns reflect anxiety not only about current professional

practice, but also about the cultivation of future designers (Omran Zailuddin et al., 2024).

“Thinking about like studying these skills that what's the motivation for the students to start
to study something when they know that it's not necessarily or the situation is totally

different” (Participant 4, Media Artist & Vibe coder)

Beyond concerns related to workflow integration and creative limitation, participants
articulated broader reservations. Issues such as dataset bias, the uncanny valley, and the
erasure of photography suggest that apprehension towards GenAl extends beyond individual
practice to systemic implications. These critiques position GenAl not merely as a tool, but

as an infrastructural force reshaping the cultural and ethical foundations of design.
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“Reference images, I spent hours in different like photo banks or sketching trying to even
especially if it's a very specific client trying to find reference images... it's like big stock
companies that want to push it more because they don't want to pay for expensive photos”

(Participant 1)

“Images of people, there's always something off, because I look at so many images, I know
there's lots of profiles and things that would pass but um I think still maybe it's trying to
make people too perfect” (Participant 2).

4.3 Human Creativity and Uniquely Human Skills

Analysis of the six interviews reveals that the boundaries drawn between GenAl, and human
creative labour are neither absolute nor uniform. Rather than completely rejecting GenAl,
participants articulated nuanced distinctions between tasks considered appropriate for

automation and those understood as fundamentally human.

The professionals in this study engage in “ethical boundary work” to maintain human
oversight, ensuring accountability and meaning in Al-assisted creativity (Harjanto et al.,
2026). Al adoption in creative professions has led to intertwined boundary work, where
professionals defend their roles and resources while collaborating with Al and other groups.
This has resulted in reconfigured professional activities and services rather than the
elimination of professions (Faulconbridge et al., 2025). Dependence on Al can enhance
creativity through increased engagement in creative processes, especially for individuals
with high cognitive flexibility. Nevertheless, it could also lead to information overload and
reduced creativity when cognitive flexibility is low (Cui et al., 2026). In fields such as audio
post-production, Al has introduced both collaboration and competition, challenging
traditional notions of human expertise while at the same time reshaping required skills

(Birtchnell & Elliott, 2018).

The strongest theme was that of human authority and intent, which appears prominently in
the matrix coding query, as shown in Figure 5. Participants articulated a clear boundary
around authorship and intentionality. GenAl outputs were frequently described as
probabilistic, lacking lived experience or conscious purpose. In contrast, human creative

work was framed as grounded in contextual understanding, emotional awareness, and



39

deliberate intention. This distinction is not merely technical but rather ontological.
Participants differentiated between statistical pattern generation and meaningful authorship.
Even when GenAl-assisted outputs were aesthetically compelling, they were not equated

with human expression unless filtered through human intent.

A: B : Limit of C : Human D : Ease of E : Creative
Automation GenAl authority- Ideation Judgement
of basic creativity intent
creative
tasks
1:P1 0 0 0 2 1
2:P2 0 0 8 0 0
3:P3 2 0 0 1 0
4 :P4 1 1 0 3 0
5:P5 0 3 4 0 0
6:P6 0 0 0 0 0

Figure 5: Matrix Coding Query Analysis for RQ3

Thus, authority is not surrendered to the tool. GenAl is integrated within a human-directed
workflow in which final ownership and responsibility remain in the hands of the designer.
This separation between Al-generated output and uniquely human creativity can be
understood as a form of professional boundary work. By positioning meaning, judgement,
and intentionality within human work, participants maintain and defend the conceptual core

of design against being reduced to automation.

The “ease of ideation” node appears interestingly within the dataset, as shown in Figure 6,
indicating that participants appreciate GenAl’s capability to accelerate early-stage idea
exploration. Here, GenAl is welcomed as a brainstorming partner but rarely as a final
decision-maker. The boundary is strongest in refinement and meaning making. This dynamic

suggests that GenAl is integrated, but only conditionally.
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Human authority-intent Limit of GenAl creativity

Automation of basic creative tasks

Ease of Ideation

Creative Judgement

Figure 6: Tree Map for RQ3: How do professionals draw boundaries between GenAl work

vs. keep “uniquely human™?

Participants questioned whether Al systems, trained on existing datasets, could generate
anything beyond recombination. This perception becomes a justification for retaining human
authority. While GenAl is acknowledged as capable of variation and stylistic mimicry, it
was often described as lacking depth or nuance. Such a framing establishes that Al may be
generative, but it is not imaginative in the human sense. Participants draw this distinction to

protect the conceptual core of their practice.

Participants positioned GenAl as suitable for automating repetitive or low-level creative
labor. Tasks such as initial drafts or rapid visual experimentation were described as
appropriate domains for GenAl assistance. This reflects the coding pattern visible in the

automation-related nodes.
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Automation was not framed as inherently problematic; rather, it was seen as efficient when
confined to foundational or preparatory stages. In this sense, GenAl performs “basic” work,
while higher-order creative decisions remain human-led. This distinction effectively creates
a hierarchy of labor in which routine tasks can be automated but conceptual functions cannot.
Nonetheless, the emphasis on “basic” tasks also subtly reinforces professional identity. By
categorizing certain activities as replaceable, designers implicitly define more advanced
creative capacities as uniquely human. Thus, automation becomes both a practical benefit

and a limit to their creativity.

Coding frequency patterns indicate that creative judgement was a significant theme.
Participants framed final decisions, intentionality, and related aspects as innately human
responsibilities. Even when GenAl generated viable outputs, participants emphasized that

selecting, refining, and contextualizing those outputs required human judgement.

This suggests that GenAI may generate options, but it does not make the final decision. Most
importantly, this distinction reinforces professional legitimacy. By centering judgement
rather than execution as the core of design expertise, participants reposition their role from
innovator to curator. Consequently, if design expertise shifts from manual production to
selecting, prompting, and refining outputs, this transformation has implications for the
identity of the designer. This shift may generate anxiety, as curation may be perceived as
less creative. However, the focus on human intention may serve as compensation for the

perceived loss of authorship in execution.

The participant matrix shows variation in emphasis. Some designers foreground human
authority strongly, while others emphasize ease of ideation. However, no participant was
fully insensitive to the differences between GenAl and human creativity; even those most
enthusiastic about GenAl maintained some domain of exclusively human control. This
reinforces the idea that GenAl is not perceived as a replacement but as a restructuring of the

distribution of tasks and workflows.

Overall, the data suggest that designers do not construct a rigid human-versus-Al binary.
Instead, they engage in strategic compartmentalizing work that protects the core aspects of
professional identity while embracing the benefits. GenAl is welcomed when it facilitates
exploration or performs routine tasks, but it is resisted when it is perceived to undermine

authorship or replace interpretive judgement. This indicates that professionals are not
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operating according to a fixed ideological position, but rather with a pragmatism in which

Al is accepted when it supports their work but limited when it threatens their identity.
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5 Discussion and Conclusions

This section presents the conclusion of the research. A summary of the study will be
discussed, and the main findings will be presented. In addition, the research questions will
be examined, practical implications of the study presented, followed by the

recommendations for further study.

This study examined how creative professionals integrate Generative Artificial Intelligence
(GenAl) into their workflows, its perceived drawbacks and advantages and how these
professionals draw boundaries between Al-assisted work and what is uniquely human in
terms of creativity. Overall, the findings show that GenAl is not exactly replacing human
designers but rather changing overall workplace dynamics by placing more decision-making

roles into the hands of the creator.

5.1 Discussing research questions results

This section discusses the results of the study in tandem with the research questions.

5.1.1 RQ1: When and how is GenAl used across the workflow stages and what new

routines emerge?

The findings suggest that GenAl is used across all the stages, but its usage and role fluctuate
depending on the stage. In the beginning, GenAl is mostly used for experimentation and
ideation purposes, to help designers test and see variations in concepts to help guide their
decision-making process with clients. In the production phase or the middle stage, this
workflow explores a “prompt and evaluate cycle”, where designers prompt the Al, evaluate
the output and refine results through repeated cycles, mostly used for technically routine
tasks. In the last stage, human authority takes prominence, designers at this stage have full
creative control in selecting, editing and refining and making final decisions. This “prompt
and evaluate cycle”, makes the workflow process more iterative and less linear than the

traditional design process. While reducing time spent on repetitive tasks, GenAl creates new
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roles like prompting, evaluating outputs and curating results, thereby shifting the role of the

designer towards directing, selecting and refining Al generated content.

5.1.2 RQ2: What are the perceived benefits and drawbacks of GenAl use?

GenAl is viewed as both useful and elusive, its use described as a “productive ambivalence”.
The main benefits include quick generation of ideas, multiple variations, and creative
exploration. Here GenAl is particularly advantageous in ideation and prototyping allowing
designers to perceive new creative possibilities they might not have drawn up. Nevertheless,
the designers noted several drawbacks too, risk of homogenised and repetitive outputs,
ethical concerns over training data and authorship, environmental sustainability, concerns of
over reliance on technology thereby losing basic creative skills, dataset bias, uncanny valley
imagery, and broader industry impacts like the devaluation of photography. Participants did
not have an overly positive or negative view on GenAl, rather they viewed it as a

sociotechnical tool that raises concerns but at the same time increase efficiency.

5.1.3 RQ3: How do professionals draw boundaries between GenAl work vs. keep

“uniquely human”?

The results show that the professionals do not draw a definite boundary between their work
and work generated by GenAl, they have flexible boundaries based on the tasks at hand.
GenAl is accepted for early stages in ideation, exploration and rapid prototyping. Tasks like
concept development, creative judgement, contextual understanding and final decisions are
considered uniquely human. Participants explained that GenAl can generate options, but the
outcome is the responsibility of the designer. This boundary setting is a form of ethical
boundary work displayed by the designers, where they maintain control over concepts and
its interpretation of their creativity whilst allowing Al to assist in terms of production and
exploration. Therefore, the role of the designer is shifting from that of the traditional sense,

from a physical creator towards a curator, editor and director of generated content.
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5.2 Practical Implications

The macro level implications of the findings suggest that GenAl will significantly change
how creative professionals work, what types of skills are required and their workflows. One
new implication is the growing demand for skills related to Al like prompt writing,
evaluation of Al outputs, curation of those outputs etc. This goes to show that creative
professionals may need additional training regarding collaboration with Al systems. This
would create shifts in education, where instead of solely focusing on manual skills,
curriculums have to take into consideration critical thinking, concept development and ethics

concerning Al usage (Omran Zailuddin et al., 2024).

The results also imply that the role of a creative professional is shifting from producing to
refining content. This means that job roles would shift from manual production to creative
direction and decision making, for professionals in this field that means developing skills
that are harder to automate. There are also ethical implications which could lead to
organizational considerations, concerns about authorship, environmental impacts etc. shows
effects on the industry. This suggests that creative studios and companies need clearer

guidelines and policies centering Al generated content usage and ownership.

5.2.1 Micro Level Implications

Tools like GenAl can reduce the load of repetitive tasks but excessive use can hinder critical
thinking skills. In animation and media, Al augments human creativity by enabling
procedural generation and enhancing motion capture but risks the homogenization of style

(Arias, 2026).

Automation can create job displacements in certain creative roles, but it also creates
opportunities for collaboration and innovation as has been seen in audio post-production

(Birtchnell & Elliott, 2018).

Human-Al collaboration frameworks place iterative feedback and trust-building to

maximize productivity and be inclusive of employee empowerment (Bueno et al., 2024).



46

5.2.2 Future of Creative Work

In the age of GenAl, the future of creative labour depends on legislation and unions. The
recommendations formulated in “Al4People” framework establish a regulating framework
for the achievement of a “Good Al for Society” structured around four strategic imperatives
of assessing, developing, incentivising and supporting ethical Al Floridi et al. (2018)
propose the institutionalization of the European Observatory for Al and the enactment of
rigorous auditing mechanisms to ensure that algorithmic systems remain transparent and

accommodating with fundamental human rights.

Central to their technical policy is the adoption of “Ethics by Design” principles and the
regularisation of explainability to moderate the “black box” nature of complex models.
Additionally, the authors argue for market environments that are targeted towards and
rewards “Al for Social Good” through public investment alongside a mandate for corporate
social responsibility. This framework aims to integrate Al advancement with societal well-
being by prioritising human agency, collaboration and labour market transformations,
thereby shifting the debate from technological feasibility towards ethics and humanity
(Floridi et al., 2018).

Due to GenAl automating tedious tasks in the creative fields there might be a decline of
entry level creative jobs creating a complex reality for graduates in modern arts careers
which is characterized by a shift towards precarity in terms of project-based work, artists
here must navigate these unjustified domains (Lingo & Tepper, 2013). Most academic
discourse surrounding Al in the job market suggest a shift not a “total loss of employment”,
provided that proactive measures are taken. Therefore, it is vital that “lifelong learning”
regulations, corporate investment and the expansion of social safety nets are in place to assist
people to move along quickly to help successfully navigate these shifting industries (George,

2024).

As seen already with co-creativity in creative fields, it is not a far-fetched idea that hybrid
Al-human teams may become the new norm in professional settings. Moreover, specialized
Reinforcement Learning (RL) managers are a new framework for handling such teams, an
RL manager acts as an outside observer that only intervenes when specific performance

constraints are violated (Fuchs et al., 2024).
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It is also vital that transparency and explainability be inculcated into GenAl creative tools,
for its responsible use. While challenges like opacity and unpredictability persist, solutions
like collaborative workflows and standardised frameworks exist and offer promising ways
to enhance trust and wusability. Furthermore, ethical guideline should emphasize
transparency, accountability and authorship and can address concerns about bias and creative

dependency (Alharthi, 2025; Mufioz-Ordoénez et al., 2025).

5.3 Limitations

It is quite difficult to define and objectively critique “creativity”, while there is some
consensus that it involves “novelty” and “usefulness” within a social context. Some
researchers do agree on the core components of creativity, but these elements are still subject
to interpretation and vary across disciplines and cultural norms (Dow, 2022). Creativity is
subjective, personal and contextual, what is considered creative for one person may not be
the same for another (Glaveanu, 2011). This nuance exists in the very fibre of creative labour,
work that involves creativity and innovation as well as the production of cultural, artistic or
intellectual outputs. Above that, the scope of creative labour presents challenges in terms of
representation, as it encompasses a multiple professions like visual arts, music, film, writing,
and digital media. Due to temporal constraints this study could only engage with a limited
subset of these professions. Therefore, the findings may not be exchangeable throughout all
creative sectors. Additionally, this study uses a small and diverse sample of six design-
related individuals, some with varying jobs and degrees of closeness to GenAl. As a result,

rather than being widely representative, the results are analytically suggestive.

The rapid evolution of GenAl brings forth another limitation, the analysis presented in this
study is limited with a specific economic and technical timeframe. So, the relatively new
software that is being implemented into the workflow has not been captured in the scope of
this study. The developing Intellectual Property rights around GenAl presents a legal
uncertainty in the ability to draw conclusive definitions around authorship, copyright and

ownership of GenAl content.
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5.4 Suggestions for future research

Future research could look into different creative professions at a greater depth. This study
highlights the role of designers, more jobs in creative fields should be taken into account and
there should be variation between these jobs, for example, photographers, animators, artists,
musicians, where creative processes and skill requirements change with every role. Future
studies could also include how design education as well as job training is shifting to help
adapt students to roles that need Al-human collaboration, concept development, Al literacy

and creative thinking and problem solving.

Another important direction future research could take is the long-term impact of GenAl
tools on creative labour and professional identity. This direction of research could focus on
the impacts this has on an individual in terms of authorship, job satisfaction, creativity and

how this technology has transformed work and the creative industry.

Ethical issues also warrant deeper research, issues like data ownership, copyrights, bias in
datasets etc should be explored, taking examples from organisations who have adopted
GenAlI as major tools in their practice. Overall, GenAl in future research should be examined
as a sociotechnical system, not only as a technical software that is actively reshaping the

broader ethical and cultural landscape of creative work.

5.5 Conclusions

GenAl is fundamentally reshaping the role of a designer by creating a complex human-Al
work-flow system, characterized by a “prompt and refine cycle”. In doing so, it automates
repetitive tasks in the design field and gives designers the ability to focus on iteration,
curation and creative dimension. Therefore, designers are engaging in work that protects the
core aspects of human creativity and professional identity, while also embracing the benefits
of modern technology. Despite these technological breakthroughs in design-related human-
Al collaboration, pertinent pitfalls exist, such as intellectual property theft, copyright
ownership issues, bias in training data, etc, thereby establishing a tension between creative
expression and ownership. The results illustrate professionals’ calls for effective legislation
to address these issues to mitigate the long-term effects of the rapid digital transformation of

GenAl
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