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Subscription fatigue is a phenomenon associated with the feelings of frustration, exhaustion
and guilt which arises after prolonged use of digital subscription services. This thesis
examines this concept and its association with retention behaviour within Over-The-Top
multimedia subscription platforms. The study focuses on how economic, cognitive and
psychological factors contribute to subscription fatigue among users of different age groups
specifically within Generation Z and older respondents. Additionally, the research
investigates how contextual patterns, such as usage intensity and most-used type of
multimedia subscription, influence user behaviour and retention outcomes.

The study was conducted using a quantitative survey, while data was collected using an
online questionnaire featuring Likert-scale evaluation statements and questions related to the
context of use. The collected responses were processed and analysed through factor-specific,
contextual and age-group comparison approaches. The findings helped to identify
behavioural tendencies associated with subscription fatigue, demonstrating that it is a
multidimensional phenomenon associated with financial concerns, cognitive overload and
psychological burden. The results also suggest that subscription fatigue is associated with
passive retention, delayed decisions and habitual continuation of subscriptions despite user
dissatisfaction. Moreover, behavioural and contextual differences between age groups were
identified.

The proposed research contributes to deeper understanding of subscription fatigue within
modern digital multimedia ecosystems and provides useful insights for future research
related to digital consumption and user experience.
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OTT Over-The-Top multimedia services

SOR Organism Stimulus Response framework
TENK Finnish National Board on Research Integrity
SEM Structural Equation Modelling
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SYMBOLS
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1 Introduction

Subscription-based multimedia services have become deeply integrated into modern digital
life. Platforms such as Netflix, Spotify, YouTube Premium and other subscription-based
services transformed the way users consume entertainment content by offering personalized,
continuously accessible digital ecosystems through recurring payment models (Méittdnen,
2017; Yang and Kwon, 2024). However, as the subscription economy continues its rapid
development, users are exposed to several competing services at the same time. The problem
is, they all require continuous management of subscriptions, recurring payments and
frequent consumption of digital content. While the main advantages of such services are
convenience and accessibility, growing dependence on subscription-based platforms also
introduced certain behavioural and psychological concerns, especially impacting user

experience (Garg, 2025; DealHub, 2026).

One of the important concepts that emerged from the development of these services is
subscription fatigue. This phenomenon describes dissatisfaction, exhaustion and overwhelm
caused by continuous interaction with subscription-based services (Jeong and Lee, 2025;
George, 2024; Verma, Khound and Mishra, 2025). Subscription fatigue is a studied
phenomenon, and is usually associated with factors such as financial pressure, content
overload, platform fragmentation, emotional exhaustion and difficulties managing multiple
subscriptions simultaneously (Jeong and Lee, 2025; George, 2024). Earlier research
suggests that users may experience frustration related to recurring payments,
recommendation systems and excessive content variety that multimedia platforms usually
offer (Jeong and Lee, 2025; George, 2024; Longo, 2021). Furthermore, some studies
mention that emotional attachment, habits and personalized digital systems may influence

long-term subscription retention behaviour (Jeong and Lee, 2025).

Although the phenomenon was already studied to some extent and has decent growing
interest, earlier research remains relatively fragmented, often focuses only on isolated
aspects of the phenomenon or specific digital services separately. It was identified that very
limited attention is given to contextual, behavioural differences between age groups,
particularly in relation to passive retention behaviour and emotional attachment towards

multimedia platforms. Additionally, previous studies frequently associate subscription
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fatigue directly with cancellation behaviour, while there are signs of prolonged subscription
maintenance despite dissatisfaction, and they remain comparatively unexplored (Jeong and

Lee, 2025; Longo, 2021).

Therefore, this research aims to analyse how economic, cognitive and psychological factors
relate to subscription fatigue and retention behaviour among users of multimedia
subscription services. The study focuses primarily on behavioural differences between age

groups and contextual differences between multimedia subscription types.

For conducting such analysis, a survey was designed and distributed among multimedia
subscription users, in which they were asked to evaluate statements using a five-point Likert
scale (Likert, 1932). Additionally, context-related questions were introduced, and users were
given an opportunity to express their opinion on their main reasons for dissatisfaction with

subscription services.
This thesis aims to answer three research questions. The main research question is:

RQ1: What is the relationship between subscription fatigue and user retention among

Generation Z in subscription-based multimedia services?
Additionally, the study aims to answer the following questions:

RQ2: Which factors are most strongly associated with subscription fatigue among

Generation Z?

RQ3: How are contextual usage patterns associated with the relationship between

subscription fatigue and user retention among Generation Z?

The study conducted in this research provides useful insights into the subscription fatigue as
a multidimensional phenomenon and contributes to overall understanding of digital
consumption behaviour, which could help future research and potentially make a positive

impact on improving user experience.

The thesis consists of six chapters. The literature review presents earlier studies, theoretical
background related to subscription fatigue and retention behaviour, as well as presents
relevant research gap. The methodology chapter defines the research method and data
collection process. The results chapter presents findings that were gathered from the

conducted survey. The discussion chapter interprets the findings and discusses their
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importance relative to earlier studies. Finally, the conclusion summarizes the findings of this

research and proposes directions for future research.
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2 Literature Review

Subscription fatigue is a phenomenon associated with a prolonged use of subscription-based
services, where users may experience cognitive exhaustion, psychological frustration and
dissatisfaction due to various economic, behavioural and technological factors (Jeong and
Lee, 2025; Nguyen, 2025). From the perspective of multimedia subscriptions, fatigue occurs
as a consequence of competition between services, which implies changing pricing
strategies, evolving nature of content and its overload. Subscription fatigue leads to specific
behaviour related to service use: it can either make users discontinue a subscription or cause

passive continuation (Jeong and Lee, 2025).

This chapter presents earlier studies and explains concepts relevant to this research. It
describes what subscription fatigue is, how it presumably occurs and what consequences it
has from multimedia subscription perspective. Additionally, it highlights a gap in the earlier

studies, highlighting a need for further research in this field.

2.1 Subscription fatigue as a phenomenon

Subscription fatigue is a phenomenon which is relatively recent and associated with the rapid
development of subscription-based digital services (Jeong and Lee, 2025; Nguyen, 2025;
Rizvi et al., 2026). This concept implies that users experience dissatisfaction, exhaustion and
overwhelm after managing and paying for multiple recurring subscriptions on a continuous
basis (Nguyen, 2025; Rizvi et al., 2026). Earlier studies suggest that subscription fatigue
emerges from a number of stimuli factors, such as economic pressure, excessive amount of
content available, psychological burden and platform fragmentation (Jeong and Lee, 2025;
Nguyen, 2025; Rizvi et al., 2026). The factors are typically experienced after prolonged
engagement with digital services (Jeong and Lee, 2025; Nguyen, 2025).

The prevalence of the phenomenon highlights its growth with the rising popularity of
subscription economy of multimedia streaming platforms, such as Netflix, Spotify, Apple
Music, YouTube Premium and other subscription-based services (Jeong and Lee, 2025;
Nguyen, 2025). As a result of diversification and accessibility, users are constantly

introduced to an increasing pool of competing platforms. The problem is, each of these
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services requires separate payment, account management and offers an excessive choice of
content. Previous research describes that such environment may cause dissatisfaction,
cognitive overload and payment guilt, especially due to the fact that users have to manage,
pay and consume content distributed across multiple services (Nguyen, 2025; Jeong and Lee,

2025; Longo, 2021).

Several earlier studies connect the concept of subscription fatigue with recurring payment
pressure and economic concerns, highlighting that users may begin questioning if the value
received from such services justifies its cost, as they actively use the platforms only partially
(Nguyen, 2025). Moreover, tiered subscriptions, premium features and frequent renewals
offered by these businesses presumably contribute to further frustration and guilt to

underused services from the financial perspective (George, 2024; Jeong and Lee, 2025).

Another dimension that earlier research highlights is the cognitive and psychological issues.
As a result of continuous interaction with these services, users may experience difficulties
managing several subscriptions simultaneously, feel overwhelmed because of excessive
amount of content to choose from, or mentally exhausted from digital consumption (Longo,
2021; Jeong & Lee, 2025; Nguyen, 2025). In some cases, users may show signs of passive
retention, paying for subscriptions despite low engagement or dissatisfaction with the service
(Jeong and Lee, 2025; Nguyen, 2025). It suggests the presence of habitual retention
behaviour caused by mental exhaustion, which negatively impacts the user experience with

such services.

A few studies found during review also mention digital fatigue as another form of
technological exhaustion, where users experience mental overload caused by prolonged and
continuous interaction with digital devices, specifically experiencing fatigue from device
notifications and information-heavy environments (Dhir et al., 2020; Liu et al., 2023).
Therefore, it can be interpreted that subscription fatigue is a contextual form of digital
fatigue, which is specifically related to subscription-based digital platforms (Jeong and Lee,

2025; Nguyen, 2025).

However, despite growing interest towards subscription fatigue and its consequences,
previous studies remain somewhat fragmented, usually focus on specific services rather than
on a larger picture and showcase isolated behavioural indicators (Jeong and Lee, 2025; Yang

& Kwon, 2024). Moreover, it was identified that it was given very limited attention to the



15

perspective of how subscription fatigue impacts different age groups, particularly generation
Z in the context of multimedia subscriptions (Jeong and Lee, 2025; CivicScience, 2023).
Therefore, further research needs to be conducted to clarify the contribution amplitude of
different factors to this phenomenon and retention behaviour among users of different

generations, particularly in subscription-based multimedia services.

2.2 Stimuli factors

Earlier studies identified subscription fatigue as a phenomenon and described multiple
technological, behavioural and financial issues that presumably contribute to dissatisfaction
within subscription-based services. However, the factors that are noted in these studies are
usually fragmented, not clearly named or discussed independently from one another. Several
studies mainly focus on dissatisfaction related to monetization and economic issues, while
others discuss cognitive overload and emotional exhaustion as a result of continuous use of
digital subscription platforms (Jeong and Lee, 2025; Nguyen, 2025). Therefore, it is essential
for this research to group the identified causes into three main stimuli categories that are
believed to be associated with subscription fatigue as well as certain retention behaviour:

economic, cognitive and psychological factors.

Economic factors

Several studies suggest that there are financial concerns related to subscription-based
services (Jeong and Lee, 2025; Verma, Khound and Mishra, 2025). The businesses in this
field utilize so-called recurring payments. These are continuous, automatic payments that
draw money from the user’s bank account either every month or every year (Yang and Kwon,
2024). Also, the subscriptions are usually tiered, meaning that services offer different
“levels” of subscriptions, featuring different benefits and functionality specific to a particular
platform (Yang and Kwon, 2024). An example of such pricing strategy can be observed from

the figure 1 below.



16

NETFLIX -

Step2of3

Choose the plan that's right for you

Basic Standard Premium
720p 1080p 4K + HDR
Monthly price Monthly price Monthly price
€9.49 €13.99 €17.99
Video and sound quality Video and sound quality Video and sound quality
Good Great Best
Resolution Resolution Resolution
720p (HD) 1080p (Full HD) 4K (Ultra HD) + HDR
Supported devices Supported devices Spatial audio (immersive sound)
TV, computer, mobile phone, tablet TV, computer, mobile phone, tablet Included
Devices your household can watch at the same Devices your household can watch at the same Supported devices

TV, computer, mobile phone, tablet
1 2

D your ho! t he sam:

Download devices Download devices
1 2 4

Figure 1. Netflix’s pricing tiers. Source: Netflix pricing page, screenshot captured by the
author, May 2026.

The figure above features pricing tiers of Netflix video streaming platform as of May 2026.
It can be observed that the benefits accumulate relative to how much money the user is
paying for the subscription. Such pricing strategy may be profitable to businesses, but several
studies suggest that it presumably causes certain confusion and pressure among users
(Nguyen, 2025; Garg, 2025). One particular study discusses that users may begin
questioning if the value received from multimedia subscriptions justifies its total monthly
cost, especially considering that some people use subscriptions only partially. Another
research highlights that tiers, such as in the abovementioned figure, may encourage users to

spend more than initially intended (Nguyen, 2025; Gore et al., 2025).

Earlier research also associates subscription fatigue with feeling of financial guilt (George,
2024; Jeong and Lee, 2025). After reducing engagement with a subscription service, users
may feel obligated to visit the service anyway because they have already paid for it (Jeong
and Lee, 2025). Some studies even describe that users continue paying for services despite

low engagement as a consequence of a formed habit and fear of losing access to personalized
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content and saved media libraries (Jeong and Lee, 2025; Verma, Khound and Mishra, 2025).
As subscription ecosystems keep developing and expanding, users may become more
sensitive to this monetization strategy and perceived value imbalance in general (Yang and
Kwon, 2024; Garg, 2025). Therefore, financial concerns related to subscription-based

services were identified as economic stimuli factors.

Cognitive factors

Cognitive stimuli factors are mostly related to information overload and mental pressure
caused by continuous interaction with multimedia subscription platforms (Jeong and Lee,
2025; Nguyen, 2025). The studies suggest that users who are exposed to an excessive amount
of content and variants of competing services may feel cognitive exhaustion, affecting the
overall user experience. One paper particularly highlights fragmentation across platforms as
major inconvenience, which forces users to switch between platforms and even maintain
several subscriptions at the same time (Jeong and Lee, 2025). Additionally, there are studies
that mention and describe so-called “Netflix syndrome” (Jeong and Lee, 2025), implying
that users spend too much time browsing for suggested content without being able to make

a decision what to consume due to choice overload.

Earlier research identifies decision fatigue and choice overload as a leading cause of
subscription fatigue (Jeong and Lee, 2025; Nguyen, 2025). It leads to mental exhaustion as
users struggle to choose content to consume as the libraries and recommendation systems
may seem endless (Longo, 2021). Studies suggest that maintaining multiple subscriptions,
comparing available services, and choosing the right content may become cognitively
demanding over time (Bokstrom & Eriksson, 2023). Therefore, cognitive factor is also

included into the scope of this research as a leading cause of subscription fatigue.

Psychological factors

Apart from cognitive and economic issues, several studies suggested that continuous usage
of subscription platforms may gradually transform entertainment content consumption into

habitual obligation due to a number of reasons (Jeong and Lee, 2025; Nguyen, 2025; Dhivya
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et al., 2025). One study highlighted a specific pressure that users are experiencing simply
because they are paying for them, called coupling or obligation to “use the service simply
for the cost to be worth it” (Jeong and Lee, 2025). Other research papers discuss overall
exhaustion, frustration and satiation associated with repetitive content consumption (Longo,

2021; Nguyen, 2025).

Additionally, findings suggest that some users may also develop emotional attachment to
certain subscriptions, particularly music streaming platforms, as they feature personal music
collection libraries, presumably accurate recommendation systems and playlists that are
integrated into daily routines (Maittdnen, 2017; Dhivya et al., 2025). This leads to a situation
where users continue maintaining subscriptions despite reporting poor user experience and
dissatisfaction with the service, showing passive retention behaviour (Jeong and Lee, 2025;
Dhivya et al., 2025). As these are typically psychological concerns, it was therefore

identified to be a separate category — psychological stimuli factors.

In conclusion, previous studies describe subscription fatigue as a multi-dimensional
phenomenon, which may emerge from a number of stimuli factors that may be identified as
economic, cognitive and psychological. For that reason, these factors are included into the

scope of this research, and the impact of each on different age groups is studied.

2.3 Retention behaviour and passive continuation

Previous studies not only highlight the factors that cause subscription fatigue but also suggest
that this phenomenon does not necessarily lead to cancellation of subscription-based
services. Frequently, users of such platforms continue maintaining interaction with the
service and do not cancel their subscriptions despite showing signs of low engagement,
dissatisfaction and frustration. Convenience, habitual usage and emotional attachment are
often discussed and associated with such behaviour, as these are particularly forming after

prolonged use of the digital platform (Jeong and Lee, 2025; S¢kudien¢ et al., 2025).

Several research papers assume that subscription services are designed to specifically
encourage users to form abovementioned long-term retention behaviour as they implement
personalization systems, recommendation algorithms and saved user libraries (Sékudiené et

al., 2025; Verma, Khound and Mishra, 2025). Particularly in case of multimedia platforms,
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such user experience design can be observed well in music streaming services. Personal
playlists, listening history, customized recommendations and saved libraries are the anchors
that increase emotional attachment towards the service over time, which results in hesitation
to discontinue subscription as users experience fear of losing personalized content,
accumulated digital libraries and offered convenience (Jeong and Lee, 2025; Dhivya et al.,

2025).

Another possible cause of fatigue identified from the studies is decision postponement.
Previous research also suggests that users may delay decisions implying cancellation of
subscriptions, as managing multiple services, evaluating their value and deciding which one
is better to stick with becomes mentally demanding, and it may be difficult to effortlessly
decide what to do with a particular subscription (Longo, 2021; Jeong and Lee, 2025;
Marfatiya and Vidani, 2025). Some cases can be observed where users may continue paying
for subscriptions simply because cancellation requires additional effort or it remains inactive
in the background while people postpone the reconsideration. Such behaviour is especially
observable in automatic recurring payment digital ecosystems (Yang and Kwon, 2024;

Nguyen, 2025).

Previous research also discusses that users may be experiencing passive retention, meaning
that subscriptions are maintained despite reduced satisfaction (Bokstrom and Eriksson,
2023; Sékudien¢ et al., 2025). Such observations are especially important from the
perspective of multimedia services, as they suggest that retention cannot be tied explicitly
with positive user experience but may as well be a result of habit formation, emotional
attachment and psychological resistance, as users hesitate to interrupt established routines
(Jeong and Lee, 2025; Dhivya et al., 2025; S¢kudiené¢ et al., 2025). Studies conducted in
other digital subscription contexts also suggest that users may continue subscriptions due to
convenience, accumulated personal preferences and perceived switching costs despite not
being fully satisfied with the service (Mansson and Johansen, 2023; Tunsakul, 2025).
Therefore, retention behaviour and passive continuation are included into the scope of this

research as potential behavioural outcomes of subscription fatigue and its stimuli factors.
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2.4 Overview and research gap

Although there is a noticeable growing interest towards subscription fatigue, it can be argued
that earlier studies remain relatively fragmented and focus only on isolated aspects of the
phenomenon. One group of studies mainly discusses issues related to financial concerns and
recurring payment pressure (Shukla et al., 2025), while others focus on cognitive overload,
digital fatigue and emotional exhaustion as a consequence of prolonged usage of multimedia
platforms (Schulz, 2021; Jegorow, 2025). Besides, many studies keep their scope on specific
industries, such as video or music streaming and mobile applications, usually neglecting

comparison of subscription fatigue across different multimedia ecosystems.

Another limitation identified in the earlier studies is the limited focus on demographic and
contextual differences. While several papers discuss subscription cancellation behaviour
caused by dissatisfaction, very little attention is given to a potential difference of how
subscription fatigue indicators may vary in contribution between age groups, consumption
habits and types of subscriptions used by consumers (Berg et al. 2019). Moreover, previous
research often assumes that dissatisfaction with the service directly leads to cancellation

decision, while habitual retention and passive continuation remain somewhat unexplored.

Based on findings from earlier studies and author’s interpretation, a conceptual framework
was designed in order to clearly state the presumed organism of subscription fatigue
phenomenon, as well as its stimuli factors and behavioural outcomes. The conceptual
relationship between the identified stimuli factors, subscription fatigue and outcomes can be

observed in Figure 2 below.
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Response — Retention outcomes
. ‘ Digital fatigue.
Organism — ( Subscription fatigus ) S B
anather form of “digital fatigue™
Stimuli ‘ ' ‘ | ‘
factors
—  Choicooverioad T setaien
[P E—
—  Frustaton
I e
 Coomitvelosd —— Couping (obligation)

Figure 2. Conceptual framework of the subscription fatigue and its outcomes

The figure above represents subscription fatigue conceptual framework built on SOR
(Stimulus-Organism-Response) basis. SOR theory is a psychological framework which
helps to explain human behaviour by outlining external stimuli factors, emotional state in
question, and behavioural response (Mehrabian and Russell, 1974). It demonstrates that
subscription fatigue presumably emerges from three main factors: economic, cognitive and
psychological. Each of the stimuli factors feature further definition of possible indications
that are united and collectively lead to fatigue. On top of the framework, retention outcomes

define the potential consequences of the phenomenon.

Earlier studies suggest that users often experience several forms of dissatisfaction at the same
time (Jeong and Lee, 2025; Nguyen, 2025; George, 2024). Particularly, issues discussed
previously, such as financial concerns, excessive content exposure and psychological burden
may overlap after continuous, prolonged interaction with subscription-based multimedia
platforms (Longo, 2021; Jegorow, 2025). Therefore, the framework highlights
multidimensional nature of subscription fatigue, as economic, cognitive and psychological
factors are collectively associated with the user experience. On top of that, framework

illustrates that the emotional state in question may be associated with the retention outcomes,
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especially depending on the context and intensity of the phenomenon (Jeong and Lee, 2025;

Sékudiené et al., 2025).

As the conceptual framework focuses only on the knowledge that was gained from earlier
studies, it doesn’t demonstrate the role of contextual and demographic variables. Since users
interact with the services differently depending on their habits, preferred content and usage
frequency, the experience of fatigue may vary between individuals and even age groups
(CivicScience, 2023; S¢kudiené et al., 2025). For that reason, this research focuses primarily
on analysing how the factors stated above and usage contexts are associated with
subscription fatigue and retention behaviour among different age groups, especially

Generation Z compared to other users of multimedia subscription services.

Generally speaking, the main identified research gap suggests that subscription fatigue and
its magnitude over retention behaviour should be studied relative to a broader perspective,
particularly by combining factor-based analysis, contextual comparison and age-group

evaluation within multimedia subscription environment.
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3 Methodology

This chapter describes the methodology and research approach chosen for this study. It
focuses on explaining the selected data collection methods, target population demographics,
survey design, reasoning behind the chosen analytical approach and ethical considerations

taken into account.

3.1 Preliminary Discussion on Research Methodology

For this research, a quantitative approach has been chosen and implemented through a
digitalized survey as a primary data collection method (Saunders, Lewis and Thornhill,
2019). The main purpose of the study was to examine the difference in how various age
groups are being affected by subscription fatigue caused by cognitive, economic and

psychological factors.

The quantitative design fits well within this study, because it helps to identify common
behavioural patterns and how strongly they are expressed depending on age of the users
(Creswell and Creswell, 2018; Saunders, Lewis and Thornhill, 2019). Earlier studies suggest
that subscription fatigue is well present among the subscription services (Jeong and Lee,
2025; Nguyen, 2025). Perfect examples are the so-called “Netflix syndrome” and
“Coupling” phenomena that portray negative psychological effects caused by overwhelming

and financially substantial subscription services.

Based on the literature reviewed, it is predicted that while there could be similarities, the
retention patterns may still differ between generation Z and older generations. It is also
assumed that either of the generations may have milder judgement on how to manage

subscription usage, in both financial and cognitive manner.

The survey-based methodology was chosen as the main data collection stream as
subscription fatigue phenomenon can be observed through user’s personal perceptions and
behavioural tendencies which are portrayed as common symptoms (Saunders, Lewis and
Thornhill, 2019). Survey research is commonly used to gather opinions, attitudes and

behavioural tendencies from larger groups of respondents in a structured manner (Cohen,
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Manion and Morrison, 2018). The consequences of pricing structures, content overload and
other factors contributing to fatigue can be expressed by users, while digital survey is the

easiest way to collect data as it can be easily distributed among the groups.

The specifically designed survey focused on user experiences in subscription services,
gathering information about users’ usage patterns as well as feelings about cost and value of
subscriptions, seamlessness of content management, general subscription use, fatigue from
subscriptions and future retention-related decisions. Data collection happened through
Google Forms. For better respondents’ experience and motivation, survey has been provided
in English and Russian, and some respondents gathered from university were offered course

bonus points.

The survey consisted of several sections and included multiple choice questions, Likert scale
questions and one open-ended question (Likert, 1932). This helped to get a quantitative
insight into respondents’ feelings from each perspective, while gathering their usage
contexts, specifically what subscriptions they use, how long, and if they personally pay for
them. It has also been decided that people who don’t personally pay for subscriptions will
be excluded from the analysis, as it is assumed that the retention behaviour may be milder

due to a lack of financial strain on the user.

This way, the survey was designed to gather measurable data about respondents’ experiences
with multimedia streaming services, identify common retention behaviour patterns and
differences in consequences caused by subscription fatigue among the various age groups.
The collected data was subsequently analysed using reliability assessment, correlation
analysis and multiple regression techniques in order to examine relationships between
subscription fatigue factors and retention behaviour. Therefore, such methodology would
help to observe the trends and draw conclusions on how strongly the stimuli factors affect
users based on the age gap perspective, and how this perspective correlates with the overall

retention-related intentions.

3.2 Target Population

The target population selected for this study was multimedia subscription service users from

various age groups. The goal of this research was to focus on generation Z respondents while
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also considering the older generations in order to compare the behavioural patterns related
to subscription fatigue and consequential decisions. The target group consists of users who
are involved in video streaming, music streaming, gaming, audiobooks and other most

commonly used digital multimedia-related subscription services.

It was decided to focus more on generation Z users, as it is believed that they are more tech-
savvy and seamlessly integrate within various digital services and ecosystems, therefore
making them a great fit for this study as to observe how fatigue from multimedia
subscriptions affects the respondents of this generation (Sékudiené et al., 2025;
CivicScience, 2023). At the same time, involving older age groups allows the research to
carry out its main goal and compare how strongly the behavioural tendencies are expressed

with relation to digital habits, financial responsibility and overall consumption trends.

The respondents were selected based on their active interaction within the subscription-based
multimedia services, and the survey design allowed to filter out respondents that are not
using any services nor pay for any of them personally. Digital subscription services are
integrated into everyday life, making users often exposed to the designs and strategies of
these services, such as pricing structures, fragmented content, choice overload and retention
strategies, which makes them suitable for this research (Jeong and Lee, 2025; Yang and

Kwon, 2024).

Gathering of the respondents happened through online distribution channels by convenience
sampling (Saunders, Lewis and Thornhill, 2019). The survey was shared through social
media platforms, university-related groups and author’s personal contacts. Moreover, some
respondents were gathered by posting the survey onto the online board of one of the
university courses, and bonus points have been offered for participation, which helped
increase the number of responses collected for this study. The survey was distributed
digitally using Google Forms in both English and Russian versions, as it helped to improve

accessibility for people different language backgrounds.

In total, responses from 78 participants were collected by the survey and after applying the
exclusion criteria and removing respondents who did not personally pay for subscription
services, 65 valid responses remained for statistical analysis. The survey’s age division
happened as the first question asked to select the age within the suggested ranges provided.

The resulting gathered data represents responses from the users with different usage
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intensity, subscription habits and financial involvement. Also, the survey was designed to
filter out respondents who do not personally pay for any of the subscription services, as it is
assumed that financial responsibility plays an important role in subscription fatigue, meaning

that data collected from such respondents may be less expressed and valuable in the analysis.

3.3 Measurements and Survey Design

The data for this research has been collected through Google Forms, as it is portrayed as the
most convenient, accessible and effective method for this study, especially in terms of
distribution among the youth and response collection. The survey featured mostly multiple-
choice questions and Likert scale questions (Likert, 1932), as well as one open-ended
question to gather opinions. The multiple-choice questions helped to get a deeper
understanding of the context of each responder, while Likert scale questions were treated as
a core of the survey and provided an insight into responders’ vision on whether they

experienced subscription fatigue and were into making a retention-related decision.

The survey was distributed by author within a circle of acquaintances using Telegram,
Instagram and other social media platforms. Also, the link to the survey was posted onto one
of the LUT university courses web pages with a bonus points reward upon completion. The
default language was English, but a Russian version which was translated using Google
Translate and author’s own knowledge was offered upon request. All the respondents were
briefly introduced into the survey’s purpose, and the responses were anonymous. The survey
automatically jumped to a submit section in case a person stated that they don’t use or pay

for any multimedia subscriptions.

The survey had several sections that were carefully crafted based on research objectives,

they are listed below.

Section 1: Usage Patterns and Context

This section is introduced as a starting point, which gathers information on user’s age and
how involved they are in multimedia subscription services, specifically how long they’ve
used such services for, how often, what services they use, what services they pay for etc.

The questions asked were:
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1. What is your age?

2. How many multimedia subscription services do you currently use (including shared

or family subscriptions)?
3. Do you personally pay for any multimedia subscription services?
4. In which category do you have the most multimedia subscription services?
5. What is your main reason for using subscription services?
6. How long have you been using multimedia subscription services?
7. Which multimedia subscription services do you currently use?
8. Which subscription service do you use the most?
9. Which subscription would you be most likely to cancel first?
10. Which subscription would be the most difficult for you to give up?
11. How many hours per week do you spend using subscription services?

12. Which of these subscriptions do you personally pay for?

Section 2: Costs and Value of Subscriptions (Likert scale)

This section aims to gather user’s feelings about the pricing structures of multimedia
subscriptions, focusing on an economic factor presumably leading to subscription fatigue. It
utilises Likert scale with a possibility of statement evaluation from 1 to 5, where 1 is

“Strongly disagree” and 5 is “Strongly agree”.
The statements to evaluate were:

13. I feel that the pricing tiers of multimedia subscriptions encourage me to spend more

than I would like
14. The total amount I pay for subscriptions is too high
15. The value I receive from my subscriptions does not justify their cost

16. I feel that I pay for too many subscription services
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Section 3: Choosing and Managing Content (Likert scale)

This section aims to gather user’s feelings and opinions about content management and
choosing what content to consume in multimedia subscriptions, focusing on cognitive factor
presumably leading to subscription fatigue. It utilises Likert scale with a possibility of

statement evaluation from 1 to 5, where 1 is “Strongly disagree” and 5 is “Strongly agree”.
The statements to evaluate were:

17. 1 feel overwhelmed by the number of content options available

18. I find it inconvenient that content is spread across multiple platforms

19. I find it difficult to choose what to watch or listen to

20. Managing multiple subscription services requires a lot of mental effort

Section 4: Feelings About Subscription Use (Likert scale)

This section aims to gather user’s feelings to get the insight of the psychological burden
caused by multimedia subscriptions, focusing on psychological factor, presumably leading
to subscription fatigue. It utilises Likert scale with a possibility of statement evaluation from

1 to 5, where 1 is “Strongly disagree” and 5 is “Strongly agree”.
The statements to evaluate were:
21. The content I consume feels repetitive or no longer exciting
22. 1 feel guilty about subscriptions that are paid for but rarely used
23. Using subscription services often makes me feel frustrated
24. 1 feel mentally exhausted after interacting with my subscriptions

25. I feel obligated to use subscriptions because I have paid for them

Section 5: Fatigue from Subscriptions (Likert scale)
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This section aims to gather user’s overall psychological burden and behavioural intentions,
focusing on subscription fatigue itself. It utilises Likert scale with a possibility of statement

evaluation from 1 to 5, where 1 is “Strongly disagree” and 5 is “Strongly agree”.
The statements to evaluate were:

26. I find managing my subscription services time-consuming

27. 1 sometimes postpone or avoid decisions related to my subscriptions

28. Managing my subscriptions requires more effort than it is worth

29. I often continue paying for subscriptions that I do not actively use

Section 6: Future Subscription Decisions (Likert scale)

This section aims to gather user’s possible subscriptions-related intentions as a possible
consequence of subscription fatigue. It utilises Likert scale with a possibility of statement

evaluation from 1 to 5, where 1 is “Strongly disagree” and 5 is “Strongly agree”.

The statements to evaluate were:
30. I am planning to reduce the number of subscriptions I use in the near future
31. I often replace one subscription with another rather than keeping multiple services
32. I sometimes delay decisions about cancelling or keeping my subscriptions

33. I continue paying for subscriptions even when I am dissatisfied with them

Section 7: Final Questions

This section gathers user’s opinion on the possible intention to cancel one or more
subscriptions in the near future and features an open-ended question asking the user to share

what the main reason could be that they would cancel a subscription.
The questions asked were:

34. If you were to reduce your subscriptions, by approximately how many would you

reduce them?
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35. What is the main reason you would consider cancelling a subscription?

The survey average completion time was 5-10 minutes, with some questions being optional
depending on respondents’ personal situations. The survey responses were gathered over
approximately a one-month period. After all the survey responses were collected, the data
from all the versions of the survey were exported, combined and analysed using Microsoft
Excel. The statistical analyses, including reliability assessment, correlation analysis and
linear regression, were performed using Jamovi. Google Forms digital survey proved itself
as a simple, efficient and accessible method for collecting data from any of the age groups,

including youth and people of other generations.

3.4 Model Constructs and Variable Definition

In order to conduct the statistical analyses of the theoretical concepts proposed in the
literature review, they were operationalized into measurable constructs. Each of the
constructs was assigned a representation by a set of Likert-scale survey items. Composite
variables were then created by calculating the arithmetic mean of the items belonging to each
construct. These composite variables were subsequently used in reliability, correlation and
regression analyses. The constructs, their dimensions and assigned survey items are

presented in the Table 1 below.

Table 1. Operationalization of constructs and survey items

Construct Dimension Survey item
Economic Pricing QI3
Economic Cost Q14
Economic Value Q15
Economic Subscription volume Ql6
Cognitive Choice overload Q17
Cognitive Fragmentation QI8
Cognitive Decision difficulty Q19
Cognitive Cognitive load Q20
Psychological Satiation Q21
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Psychological Guilt Q22
Psychological Frustration Q23
Psychological Exhaustion Q24
Psychological Obligation (coupling) Q25
Subscription fatigue Management burden Q26
Subscription fatigue Decision avoidance Q27
Subscription fatigue Perceived effort Q28
Subscription fatigue Passive continuation Q29
Retention Cancellation Q30
Retention Switching Q31
Retention Hesitation Q32
Retention Continuation (passive retention) Q33

The survey items presented in Table 1 were aggregated into five composite variables
representing the main constructs of the conceptual framework. For each construct, an

arithmetic mean was calculated across all survey items belonging to that construct.

The equations 1-5 used to calculate the composite variables are presented below.

Economic construct:

013+0Q14+Q15+Q16

Economic = ” (1)
Cognitive construct:
o 17+Q18+Q19+Q20
Cognitive = el7re :Q o (2)
Psychological construct:
. 21+Q22+Q23+Q24+Q25
Psychological = Q21+Q22+Q23+Q2AC 3)

5
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Subscription fatigue construct:

o . 26+Q27+Q28+Q29
Subscription Fatigue = Q26+Q27+Q28+Q W
4
Retention construct:
. 30+Q31+Q32+Q33
Retention = £2*¢ :Q +Q )

In Equations 1-5, Q13-Q33 represent the corresponding survey items measured using a five-
point Likert scale. Higher values indicate stronger agreement with statements belonging to
the corresponding construct. The resulting composite variables were treated as continuous

and used in reliability, correlation and regression analyses presented in Chapter 4.

3.5 Data Analysis

After all responses were collected, the data from all survey versions was exported and
combined in Microsoft Excel spreadsheet. The dataset then underwent filtering, which
according to the scope of the study, included removing the irrelevant respondents who
answered that they don’t pay for any subscriptions personally or don’t use any subscriptions.
After filtering, 65 valid responses remained for analysis. The cleaned dataset was imported
into Jamovi version 2.7.30.0 statistical software program (The jamovi project, 2025), in
which reliability, correlation and regression analyses were performed. Finally, an additional
categorization of respondents was completed to enable contextual comparisons between the

age groups and some of the most used subscription types.

The respondents were organized by age groups, according to the survey’s choice possibilities
introduced: 18-21 years old, 22-25 years old, 26-30 years old and 30+ years old. Then, a
reliability analysis using Cronbach’s alpha was conducted to assess internal consistency of
the measurement statements that represent economic, cognitive, psychological, subscription
fatigue and retention factors. After that, Pearson correlation analysis was performed to
examine relationships between the constructs included in the conceptual model (Field,

2018).
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Regression Model Specification

The study utilised two regression models to examine the relationships proposed in the

conceptual framework.

Model 1 was designed to evaluate how economic, cognitive and psychological factors are
related to subscription fatigue. In this model, subscription fatigue was treated as the
dependent variable, while economic, cognitive and psychological constructs served as

independent variables.
The model 1 is presented in Equation 6 below:

Subscription Fatigue; = B, + p,Economic; + [,Cognitive; + f3;Psychological; +
& (6)

Where Subscription Fatigue; represents the subscription fatigue score of respondent 7,
variables Economic;, Cognitive; and Psychological; represent the corresponding
construct scores, 3, is the intercept, ;, B, and S5 are regression coefficients and ¢; is the

error term.

Model 2 was designed to evaluate the relationship between subscription fatigue and
retention-related behaviour. In this model, retention was treated as the dependent variable

and subscription fatigue as the independent variable.
The model 2 is presented in Equation 7 below:
Retention; = By + [iSubscription Fatigue; + ¢; (7)

Where Retention; represents the retention score of respondent i, Subscription Fatigue;
is the subscription fatigue construct score, 5, is the intercept, [5; is the regression coefficient

and ¢; is the error term.

Prior to interpretation, multicollinearity diagnostics were assessed using Variance Inflation
Factor (VIF) values to verify that the predictor variables did not exhibit problematic levels
of collinearity. No control variables were included in the regression models. Age group and
service type were analysed separately through subgroup analyses. As the next step, multiple
linear regression analysis was then conducted. This enabled examination of the statistical

relationships between economic, cognitive and psychological factors and subscription
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fatigue, while additionally, a relationship between subscription fatigue and retention
behaviour. Standardized regression coefficients (B), coefficients of determination (R?),
significance levels (p-values) and model fit statistics were recorded and used for evaluation
of strength and explanatory power of the introduced relationships. Moreover, two additional
regression analyses were performed separately: one for different age groups, and another for
primary subscription types. This was done to identify potential contextual differences in the
relationships tested. In the end, descriptive charts were created to visualize the findings and

compare the results across groups.

Responses to one of the final questions (Q34), which asked respondents how many
subscriptions they would approximately reduce if they decided to decrease their subscription
portfolio, were analysed descriptively. Frequency counts and percentages were calculated
for each response category in order to provide an overview of subscription reduction

intentions within the sample.

Responses to the open-ended question (Q35) were collected and analysed using a simple
thematic categorization approach: after reviewing, recurring reasons for potential
subscription cancellation were identified and grouped into thematic categories. Therefore,
each response could be assigned to one or more categories if multiple reasons were stated or
mentioned. The final categories were financial concerns, lack of interest or content quality
concerns, and platform fragmentation or subscription management concerns. Category
frequencies were counted and compared across age groups to support interpretation of the

quantitative findings.

Ultimately, the results were interpreted and presented in relation to the conceptual
framework designed in the literature review based on the earlier findings. The combination
of reliability assessment, regression analysis and contextual comparisons provided a clearer
picture on how the proposed indicators and their influence intersect with the conclusions

from earlier studies and provided a comprehensive motivation for future discussion.

3.6 Ethical considerations

Participation in the released survey was completely voluntary and followed commonly

accepted principles of ethical research involving human participants, including informed
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consent, confidentiality and voluntary participation (BERA, 2024). All respondents were
briefly explained what the survey aims to achieve and what data it collects. The responses
were collected anonymously, and no personal data was asked except student e-mails needed
for bonus points reward for the university course. Respondents had a right to refuse provision
of the student e-mail address, in which case a survey submission screenshot was used to
verify for rewarding the bonus points. Participants were free to skip some of the questions
or stop survey completion at any point if they wished so. The collected survey data was used
for academic research purposes only and was not shared with any third parties. The study
also excluded people under 18 years of age due to ethical considerations about surveying
minors and compliance with principles provided by Finnish National Board on Research
Integrity (TENK), focusing only on adult respondents, despite generation Z partially
including younger age groups (Finnish National Board on Research Integrity TENK, 2019).
The gathered data was stored digitally and handled confidentially.
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4 Results

This chapter presents the findings of this research, specifically the results of the collected
and analysed data from the published survey. The target population of the research was
divided into age groups: 18-21 years, 22-25 years, 26-30 years and 30+ years old. The initial
goal of the study was to examine how subscription fatigue and its stimuli factors influence

generation Z individuals relative to older generations.

The survey was designed and published online using Google Forms. It included mostly
multiple-choice questions and Likert style statements. The survey was distributed in Finland
and Russia and offered in English and Russian. To facilitate interpretation of the findings,
descriptive statistics, reliability analysis, correlation analysis and regression analysis were
conducted. Additional contextual comparisons were performed based on age groups and

primary subscription types.

4.1 Respondent demographics and overall engagement

In total, 78 respondents completed the survey, mostly students. After filtering out
respondents who did not use multimedia subscription services or did not personally pay for
subscriptions, 65 valid responses remained for analysis. The count for each of the age groups

can be observed in the table below.

Table 2. Participants count by age group

Age group Count
18-21 13
22-25 24
26-30 8

30+ 20
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The largest age group was the respondents aged 22-25 years old. The sample includes people
of different nationalities, as the survey was distributed among international community of

LUT university and Russians.

To better understand the heaviness of subscription usage among the age groups, the
respondents were grouped based on the number of hours per week spent using subscription
services, evaluated individually by each of the respondents. The distribution of usage

intensity per age group can be observed in Figure 3.

18-21 years 22-25 years

23 % 23 %

m 0-5 h/week
m 6-10 h/week

26-30 years 30+ years m 11-20 h/week
m 20+ h/week

63 %

Figure 3. Distribution of usage intensity per age group

The data suggests that the respondents aged 22-25 show the heaviest subscription usage,
with a large proportion of users reporting that they spend 6-20 hours per week using
subscription services. The most balanced distribution is shown in respondents aged 18-21,
with each of the usage categories being somewhat equally relevant. 30+ age group showed
moderate usage distribution, with the most users reporting that they spend 6-10 hours per

week. 26-30 subgroup featured fewer respondents overall. However, it showed a high
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tendency towards spending 20+ hours per week using subscription services, although the

observation has to be interpreted cautiously due to the small number of responses.

Additionally, for understanding which subscriptions are the most important for the users,
respondents were asked what subscription would be the most difficult for them to give up.

The responses were then categorized by category and visualized in Figure 4.

Which subscription would be the most difficult for you to give up?

= Music

® Video streaming

= Gaming
Audiobooks

= Bundles

Figure 4. The distribution of the most difficult to give up subscription categories

The data suggests that music subscriptions are the most important category exceeding any
other category, as 63% of the respondents state that a music subscription, such as Apple
Music, Spotify or Yandex Music, would be the most difficult for them to give up under any
circumstances. It’s also worth noting that the second to most important category of
subscriptions is bundles, presumably because it is beneficial to own one rather than paying

for multiple subscriptions separately.

Interestingly, the respondents who reported usage of multiple subscription categories still

state that the music subscription would be the most difficult to give up. This suggests that
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music subscriptions could be deeply integrated into the lifestyles of modern society and have

a stronger emotional bonding effect compared to other subscription types.

The observations shown above stand as the important contextual background to support
further factor-based analysis of subscription fatigue and retention behaviour among the age
groups. The findings suggest that the most active subscription usage age group is people
aged 22-25, while music subscriptions as category is embedded into everyday life and
possibly has the strongest emotional attachment. These findings should be taken into account
upon further discussion and conclusions, as they provide an important insight to the
importance of certain subscriptions and overall engagement of such services within each of

the age groups.

4.2 Reliability and correlation analysis

Before performing any statistical analysis over the gathered data, it is essential to ensure that
the measurement constructs used in this research are internally consistent. Therefore, a
reliability analysis was conducted using Cronbach’s alpha. The analysis was performed
separately for the economic, cognitive, psychological, subscription fatigue and retention

latent constructs. The results are presented in Table 3 below.

Table 3. Reliability analysis of the proposed SOR framework constructs and corresponding

Likert statements

Construct Statements Cronbach’s a
Economic S1-S4 0.808
Cognitive S5-S8 0.721
Psychological S9-S13 0.746
Subscription fatigue S14-S17 0.791
Retention S18-S21 0.711

The performed reliability analysis results shown above demonstrated acceptable to excellent

internal consistency across all constructs reviewed. The economic factor showed a
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Cronbach’s alpha value of o= 0.808, while the cognitive and psychological factors achieved
values of a =0.721 and o =0.746, respectively. The subscription fatigue and retention
constructs demonstrated similar results, demonstrating satisfactory reliability. As all
constructs met commonly accepted reliability thresholds, the measurement scales were

considered as suitable for further statistical analysis.

After reliability assessment, Pearson correlation analysis was conducted to examine
relationships between the proposed constructs from the conceptual framework. The

correlation matrix is presented in Table 4.

Table 4. Correlation matrix

Variable Economic Cognitive Psychological Fatigue Retention
Economic -
Cognitive 0.247" -
Psychological 0.422™ 0.480™" -
Fatigue 0.556"" 0.541™" 0.638™" -
Retention 0.397" 0.354™ 0.626™" 0.660"" -

The correlation analysis presented above revealed positive relationships between all major
constructs. Positive correlations were identified for subscription fatigue over economic,
cognitive and psychological factors, which suggests that higher levels of financial burden,
cognitive overload and psychological strain could be associated with stronger fatigue
indicators. Moreover, it can be observed that subscription fatigue itself demonstrates positive
correlation with retention behaviour, which supports the assumption that fatigue is related to

future subscription-related decisions.

Among the relationships examined, the strongest correlations can be seen between
subscription fatigue and retention (r = 0.660, p < 0.001), and between psychological factors
and subscription fatigue (r = 0.638, p < 0.001). Similarly, a strong correlation occurred
between psychological factors and retention (r = 0.626, p <0.001). From subscription fatigue
perspective it suggests that higher levels of fatigue are associated with stronger retention-

related behavioural tendencies. Economic and cognitive factors also demonstrated moderate



41

correlations with subscription fatigue, which even further supports the assumption that all

three stimuli factors are related to the fatigue phenomenon.

Overall, the correlation analysis provided preliminary support for the proposed conceptual
framework from the literature review chapter and justified further examination through

regression and contextual analyses.

4.3 Regression analysis

The core of the survey consisted of Likert scale type statements that respondents had to
evaluate based on a rating from 1 to 5, where 1 is “strongly disagree” and 5 is “strongly
agree”. The statements were divided to 5 sections, covering each of the 3 stimuli factors
presumably leading to subscription fatigue, as well as overall fatigue itself as a phenomenon
and retention as a tendency to a certain decision. The goal was to gather respondents’
perceptions of the constructs and examine the relationships between them. Regression
analysis was conducted to evaluate the relationship of the stimuli factors with subscription

fatigue, and the relationship of subscription fatigue with retention behaviour.

4.3.1 Economic, cognitive and psychological factors

Economic stimuli factor assumes that users may experience subscription fatigue as a
consequence of a number of financial constraints, or issues related to the pricing structure of

the service. The survey features statements that aim to determine if the person:

S1. Acknowledges that the pricing tiers are designed to encourage them into paying

more than they would like to;
S2. Feels that they pay too much for the subscriptions;
S3. Acknowledges that the value they receive is not justified;
S4. Feels that they pay for too many subscriptions.

Cognitive stimuli factor assumes that subscription services users may experience
subscription fatigue as a consequence of cognitive issues, such as content overload,

excessive choice variety or difficulty to manage multiple subscription services at the same
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time. Statements 5-8 in the survey aim to establish how much the respondents agree with

experiencing cognitive issues when using the services, such as:

Ss.

S6.

S7.

S8.

Being overwhelmed with the number of content options available;
Finding it generally inconvenient that content is spread across different services;
Finding it difficult to decide what to watch or listen to;

Finding it difficult to manage multiple subscriptions at the same time.

Psychological stimuli factor assumes that subscription services users may experience

subscription fatigue as a consequence of psychological issues, such as frustration, mental

exhaustion, obligation and emotional burden. Statements 9-13 in the survey aim to establish

how much the respondents agree with experiencing psychological issues when using the

services, such as:

S9.

S10.

SI11.

S12.

S13.

Acknowledging that the content they consume is no longer exciting;
Feeling guilty about rarely used subscriptions;

Feeling frustrated from using subscriptions;

Feeling mentally exhausted after interacting with subscriptions;

Feeling obligated to use the subscriptions they paid for.

To examine how strongly the proposed stimuli factors are associated with subscription

fatigue, a multiple linear regression analysis was conducted. Economic, cognitive and

psychological constructs were entered as predictor variables, while subscription fatigue was

used as the dependent variable. The results of the full sample regression model are presented

in Table 5.

Table 5. Full sample linear regression analysis of the proposed factors

Predictor B SE p R? Sample size
™)
Economic — fatigue 0.333 0.0959 <.001
Cognitive — fatigue 0.285 0.0977 .004 0.569 65
Psychological — 0.361 0.1189 <.001
fatigue
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It was identified that the regression model was statistically significant (F(3,61) = 26.9, p <
0.001) and explained 56.9% of the variance in subscription fatigue (R* = 0.569, Adjusted R>
= 0.548, N = 65). The multicollinearity diagnostics indicated no issues, with all VIF values
remaining below commonly accepted thresholds. The results from the table above show that
all three proposed stimuli factors demonstrated statistically significant positive relationships:
psychological factors showed the strongest standardized regression coefficient (B =0.361, p
< 0.001), followed by economic factors (B = 0.333, p < 0.001) and cognitive factors (B =
0.285, p = 0.004). This finding provides support for the proposed conceptual framework

presented in the literature review.

Additionally, regression analyses for respondents aged 18-21, 22-25 and 30+ years were
conducted in order to observe potential differences between these age groups: the

standardized coefficients are presented in Figure 5 below.

0,487 Model fit (R?)
18-21 years 0.542

0,348
22-25 years 0483

0,205 30+ years 0.666
l 0,022
——

Economic Cognitive Psychological

m 18-21 years w22-25 years m30+ years

Figure 5. Standardized regression coefficients () for predictors of subscription fatigue

across age groups

The chart above presents age-group comparison in standardized regression coefficients for
predictors of subscription fatigue. Specifically, it shows notable differences: for respondents
aged 18-21, economic factors demonstrated the strongest relationship with subscription
fatigue (B = 0.646), while cognitive (= 0.184) and psychological (f =0.022) factors showed

much weaker association. Among respondents aged 22-25, cognitive factors turned out to
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be the strongest predictor (f = 0.398), while followed closely by psychological factors (f =
0.378). At the same time, economic factors demonstrated a weaker relationship for this group
(B = 0.164). Finally, the respondents aged 30 and above showed the strongest tendency
towards psychological factors over subscription fatigue relationship (B = 0.487), while
cognitive factors stayed moderately important (f = 0.348). Similarly to the 22-25 group,
economic factors scored the lowest, showing weakest relationship within this group (B =

0.205).

It has to be noted that the explanatory power of the regression models also varied between
the age groups, and it needs to be taken into account in further discussion. The highest model
fit was observed among respondents aged 30 and above (R? = 0.666, Adjusted R? = 0.604),
followed by respondents aged 18-21 (R?=0.542, Adjusted R>=0.390) and respondents aged
22-25 (R? = 0.483, Adjusted R? = 0.405). Due to the relatively small sample sizes within
some age groups, these analyses should be interpreted as exploratory and are intended

primarily to highlight potential differences rather than establish definitive conclusions.

4.3.2 Subscription fatigue and retention

Subscription fatigue as a phenomenon assumes that users of subscription services may
experience overall dissatisfaction and exhaustion from usage while being affected by the
economic, cognitive and psychological stimuli factors. Meanwhile, retention factor suggests
that users may make a decision on either keeping, cancelling or changing a subscription as

a consequence of subscription fatigue.

Statements 14-17 in the survey aim to establish how much the respondents agree with

experiencing subscription fatigue indicators when using the service, such as:
S14. Finding it time-consuming to manage subscriptions;
S15. Acknowledging that they postpone or avoid decisions related to their subscriptions;
S16. Acknowledging that subscription management takes more effort than it is worth;
S17. Noting that they often pay for subscriptions that they don’t actively use.

Statements 18-21 present how much the respondents agree with certain feelings towards

retention outcomes when using the services, such as:
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S18. Reducing the number of subscriptions in the near future;

S19. Replacing one subscription with another rather than keeping multiple services;
S20. Delaying decisions about cancelling or keeping the subscriptions;

S21. Continuing to pay for the subscriptions even when they are dissatisfied with them.

To examine whether subscription fatigue is associated with retention-related behaviour, a
similar linear regression analysis was conducted using subscription fatigue as the predictor

variable and retention as the dependent variable. The results are presented in Table 6.

Table 6. Full sample linear regression analysis of subscription fatigue over retention

Predictor B SE p R? Sample size (N)
Fatigue — 0.660 0.0978 <.001 0.435 65
Retention

The table above presents regression analysis of subscription fatigue over retention
behaviour. The model was statistically significant (F(1,63) = 48.5, p <0.001, N = 65), and
the results demonstrate a significant positive relationship between fatigue and retention (=
0.660, p < 0.001), as the model explained 43.5% of the variance in retention-related
behaviour (R* = 0.435, Adjusted R* = 0.426). To further see the potential relationship of
subscription fatigue and retention, additional regression analyses were conducted, this time
for each of the previously analysed age groups. The standardized regression coefficients are

presented in Figure 6.
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Figure 6. Standardized regression coefficients (B) for the relationship between subscription

fatigue and retention across age groups

From the chart visualization above, it can be seen that the relationship between subscription
fatigue and retention behaviour became progressively stronger with age. The weakest
relationship was observed in respondents aged 18-21 ( = 0.438). Respondents aged 22-25
demonstrated a considerably stronger relationship ( = 0.650), while the group aged 30+
years showed the strongest relationship (B = 0.701). Similarly to the analysis of the whole
sample, explanatory power of the model increased across age groups. Subscription fatigue
explained 19.2% of retention variance among respondents aged 18-21 (R?=0.192), 42.3%
among respondents aged 22-25 (R? = 0.423) and 49.2% among respondents aged 30 and
above (R?=0.492). Due to the relatively small subgroup sample sizes, these findings should
be interpreted as exploratory and are intended to highlight potential differences rather than

establish definitive conclusions.

4.3.3 Contextual comparison between music and video streaming users

It is important to keep in mind that the relationships identified in the previous analyses may
fluctuate relative to specific contexts, especially considered that respondents may use
different services in their daily routines. Some users may listen to music more, while others

may only watch video content or play videogames when utilizing subscriptions. Therefore,
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it was decided to conduct an additional contextual analysis to determine if the core type of

subscription affects the feelings of users.

Therefore, the data was processed again, with focus on 2 main assumed types of
subscriptions: music streaming and video streaming. The users were manually filtered with

author’s own judgment based on 3 questions of the survey:
e  Which subscription service do you use the most?
e Which subscription would be the most difficult for you to give up?
e  Which of these subscriptions do you personally pay for?

These questions were chosen specifically because they feature 3 of the main criteria believed
to be defining user as mainly using music or video streaming service: respondent uses certain

type of subscription the most, is attached to it emotionally and pays for it personally.

For contextual comparison, similar regression analysis was utilized, and it revealed notable
differences between respondents. Figure 7 below presents the relationship between
subscription fatigue and retention behaviour for both music streaming and video streaming

user groups.

0,9

0,793

0,8
0,7

0.6 Model fit (R?)

0,514

0,5 Music streaming  0.264

0.4 Video streaming  0.629
0,3
0,2

0,1

Music streaming Video streaming

Figure 7. Standardized regression coefficients (B) for the relationship between subscription

fatigue and retention by primary subscription service type.
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The chart above is an interpretation of regression analysis result for the relationship between
subscription fatigue and retention by video streaming and music streaming subscription
types. The results show that the relationship between subscription fatigue and retention was
considerably stronger among video streaming users (f = 0.793, N = 12) than among music
streaming users (B = 0.514, N = 35). Similarly to earlier discussion, the explanatory power
was higher for video streaming users (R? = 0.629) compared to music streaming users (R? =
0.264). This observation suggests that subscription fatigue may be more strongly associated
with retention-related behaviour among video streaming users than among music streaming

users.

In order to further examine the origins of subscription fatigue within the proposed contextual
groups, additional regression analyses were completed, with stimuli factors as predictors of

fatigue. The results of these analyses are presented in Figure 8 below.

0,4
0,3
Model fit (R?)
0,2 . .
Music streaming  0.225
0,1 Video streaming  0.896
0

Economic .nitive Psychological
0,1

-0,105
-0,2

m Music streaming  m Video streaming

Figure 8. Standardized regression coefficients (B) for predictors of subscription fatigue by

primary subscription service type.

The chart above is an interpretation of regression analyses results for the relationship
between stimuli factors and subscription fatigue by video streaming and music streaming
subscription types. The results demonstrate that among music streaming users, psychological
factors highlighted the strongest relationship with subscription fatigue (f = 0.386), followed
by economic factors (f = 0.211). Cognitive factors showed a small negative coefficient (f =
-0.105). However, given the limited subgroup sample size, this result should be interpreted

cautiously and does not necessarily indicate a meaningful negative relationship.
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Slightly different situation can be observed among video streaming users: while
psychological factors again emerged as the strongest predictor (B = 0.461), cognitive factors
also showed quite high relationship (p = 0.455). Economic factors demonstrated a weaker
but still positive and higher relationship (B = 0.300). The explanatory power of the
introduced model was higher for video streaming users (R? = 0.896) than for music streaming
users (R? = 0.225), which indicates that the proposed predictors may explain subscription

fatigue much better within the video streaming context.

Overall, this contextual analysis demonstrates that the type of subscription significantly
influences the interpretation of subscription fatigue and retention behaviour, as findings
suggest that the relationship between subscription fatigue and retention is considerably
stronger among video streaming users than among music streaming users. Additionally, the
proposed economic, cognitive and psychological factors explained subscription fatigue
substantially better within the video streaming context. These observations support earlier
findings from age groups and open-ended response analysis, further strengthening the

multidimensional nature of subscription fatigue.

4.3.4 Summary of regression findings

Overall, the regression analysis conducted demonstrates that subscription fatigue is a
multidimensional phenomenon associated with economic, cognitive and psychological
factors. Statistically significant positive relationships were identified by the full sample
regression model. Specifically, between all three proposed predictors and subscription
fatigue psychological factors demonstrated the strongest standardized regression coefficient,
followed by economic and cognitive factors. Moreover, subscription fatigue itself showed a
significant positive relationship with retention-related behaviour, which suggests that

stronger fatigue indicators are possibly associated with stronger retention-related tendencies.

Looking from the perspective of the contextual regression analyses, it showed notable
differences between proposed age groups. Among respondents aged 18-21, economic factors
demonstrated the strongest relationship with subscription fatigue, while cognitive and
psychological factors highlighted weaker response. In contrast, strongest relationship
between cognitive factors and subscription fatigue was demonstrated among the respondents

aged 22-25, while respondents aged 30 and above demonstrated the strongest relationship
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between psychological factors and subscription fatigue. Most importantly, the relationship
between subscription fatigue and retention behaviour showed itself as becoming
progressively stronger with age, reaching its highest level among respondents aged 30 and

above.

Additionally, the comparison between music streaming and video streaming users revealed
some contextual differences: while subscription fatigue was positively associated with
retention behaviour in both groups, such relationship was observed to be considerably
stronger among video streaming users. Similarly, the proposed stimuli factors explained
subscription fatigue much better within the video streaming context rather than among music

streaming users.

In conclusion, the findings support the conceptual framework proposed in literature review
chapter and suggest that subscription fatigue is associated with multiple interconnected
factors. The results further indicate that the strength of these relationships varies depending
on both age group and primary subscription service type, highlighting the contextual nature

of subscription fatigue and retention-related behaviour.

4.4 Subscription reduction intentions

In one of the final questions of the survey (Q34), respondents were asked how many
subscriptions they would approximately reduce if they decided to decrease their current
subscription portfolio. The distribution frequency of subscription reduction intentions can

be observed in the Table 7 below.

Table 7. Distribution of subscription reduction intentions

Intended reduction Frequency Percentage
None 16 24.6%
1 subscription 27 41.5%
2-3 subscriptions 15 23.1%
More than 3 subscriptions 3 4.6%
All subscriptions 4 6.2%
Total responses 65 100.0%
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As shown in Table 7 above, the most common response was reducing one subscription only
(41.5%), followed by no reduction (24.6%) and reducing two to three subscriptions (23.1%).
Only a small proportion of respondents indicated that they would reduce more than three
subscriptions (4.6%) or cancel all subscriptions (6.2%). These findings suggest that
respondents generally preferred selective reduction of subscription services rather than

complete abandonment of subscription-based multimedia platforms.

4.5 Open-ended response analysis

In addition to the Likert-scale evaluation statements, respondents were offered to express
their opinion by answering an open-ended question. Specifically, they were asked what the
main reason they would cancel a multimedia subscription would be. A total of 65 responses
were received for the open-ended question. After excluding blank or non-informative
responses, 63 usable responses remained for thematic analysis. The responses were reviewed
manually and coded into thematic categories based on recurring reasons for potential
subscription cancellation. Individual responses could be assigned to more than one category
if multiple themes were present. This was done in order to better understand the reasoning
of respondents and to potentially support the quantitative data gathered previously. In total,

three main theme categories emerged from the responses:
¢ Financial concerns
e Lack of interest and content quality concerns
e Platform fragmentation and management concerns

Table 8 below presents selected anonymised excerpts that illustrate the main themes

identified during the coding process.

Table 8: Example anonymised excerpts from open-ended responses

Theme category Example anonymized response

Financial concerns “Not using the service enough to justify the cost.”

Financial concerns “Cost reasons.”
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Lack of interest / content quality

concerns

“No longer useful, content isn't satisfactory anymore or can be

viewed free elsewhere.”

Lack of interest / content quality

concerns

“Lack of content.”

Platform fragmentation /

management concerns

“Not available all global contents.”

Platform fragmentation /

management concerns

“Phasing what services are used and when.”

The excerpts provide representative examples of how respondents expressed concerns

related to subscription costs, content satisfaction and subscription management. After

categorizing the responses into the main themes mentioned above, it was found that most of

the age groups mentioned each of the categories. Therefore, themed responses per age group

were also manually counted and presented with charts. Distribution of each theme category

mention per age group can be observed in Figure 9 below.

Financial mentions

Lack on interest/content/quality mentions

Platform fr ion/

5

m18-21

m22-25
26-30

30+

Figure 9. Open-ended response main themes, distribution by age group
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From the charts above, it can be observed that opinions related to financial concerns were
somewhat evenly mentioned across most age groups, even though the age group 22-25
represented the largest proportion of mentions. Concerns related to platform fragmentation
and management showed the strongest association with respondents aged 30+, which may
suggest that this group is the most sensitive towards content distribution inconvenience and

subscription management complexity.

Meanwhile, dissatisfaction towards content quality and lack of interest collected the most
mentions from age groups 22-25 and 30+. This may support earlier findings related to
cognitive and psychological factors, where respondents showed moderate agreement with

content overload, dissatisfaction and passive continuation issues.

Additionally, it is important to note the overall count of the responses among the three
categories. Mentions of financial concerns took the majority of responses, with 35 answers
mentioning cost as the main caveat. The second largest category was lack of interest and
content quality mentions, with 32 answers containing these issues accordingly. Platform
fragmentation and management concerns constituted the smallest category, with 15
responses mentioning issues related to subscription management, service fragmentation or

maintaining multiple subscriptions simultaneously.

Overall, the findings from open-ended responses strongly support the findings of the
reliability, correlation and regression analyses presented earlier in this chapter. Moreover,
the distribution demonstrates that subscription fatigue is not associated only with financial
factors, but also by content-related dissatisfaction, psychological attachment and sometimes
platform fragmentation. Therefore, the qualitative findings provide additional support for

the multidimensional nature of subscription fatigue identified throughout this study.
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5 Discussion

This chapter discusses the findings of this research and interprets them in relation to earlier
studies presented in the literature review. The purpose of this chapter is to analyse how the
obtained results answer the initial research questions and what implications they may have.
Additionally, the chapter highlights the limitations of the research and discusses possible

directions for the future research.

5.1 Key findings and interpretation

The conducted research and its findings strongly support the earlier studies discussed in the
literature review, which suggested that dissatisfaction with subscription-based multimedia
services is not caused by an isolated issue, but rather by a combination of factors, such as
financial concerns, content overload, emotional attachment and behavioural exhaustion
(Jeong and Lee, 2025; Nguyen, 2025; Rizvi et al., 2026). In other words, subscription fatigue
should be interpreted as a multidimensional phenomenon associated with economic,
cognitive and psychological stimuli factors (Jeong and Lee, 2025; George, 2024).
Nevertheless, the results of the study also highlight that the contribution and intensity of
these factors may vary depending on age group, usage habits and type of most used

multimedia subscription service.

One of the most important findings of this research is related to retention behaviour
associated with subscription fatigue. Specifically, the regression analysis showed that there
is a strong relationship between subscription fatigue and retention-related behaviour. The
strongest highlight is related to the age-group regression analysis, which showed that this
relationship became progressively stronger with age, reaching its highest level among
respondents aged 30 and above. While earlier studies frequently associated fatigue with
subscription discontinuation, the conducted analysis suggests that users may show signs of
passive retention behaviour, meaning that they continue paying for subscriptions despite
dissatisfaction (Jeong and Lee, 2025; Bokstrom and Eriksson, 2023). This finding supports

the theoretical assumption that habits, emotional attachment, convenience and personalized
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digital content may strengthen retention behaviour even if users are dissatisfied with the

service (Sékudiené et al., 2025; Dhivya et al., 2025; Tunsakul, 2025).

Another important highlight of the study is the findings related to different age groups. The
regression analyses demonstrated that the relationships between stimuli factors and
subscription fatigue varied depending on age. Interestingly, regression analysis of the group
aged 18-21 revealed the strongest relationship of economic factors with subscription fatigue,
while group aged 22-25 showed strongest tendency towards cognitive factors, and group
aged 30+ towards psychological factors. Such observation suggests that subscription fatigue
may manifest differently depending on various contextual factors, such as consumer
priorities, financial awareness, digital habits and usage intensity, as those can be associated
with the age of the user. The results are consistent with earlier studies suggesting that age
and digital behaviour influence how users interact with multimedia subscription services

(S¢ékudiené et al., 2025; CivicScience, 2023).

Contextual difference between music streaming and video streaming users is another
important finding of this research. The contextual regression analyses revealed that the
relationship between subscription fatigue and retention was stronger among video streaming
users. Moreover, the proposed stimuli factors also explained subscription fatigue much better
within the isolated video streaming context. These findings suggest that subscription fatigue
and retention behaviour are associated not only with intensity of service usage, but also by
the role that specific multimedia services occupy in everyday life. Therefore, the type of
subscription service appears to be associated with how strongly users experience and
respond to subscription fatigue (Mé&éttdnen, 2017; Johansen and Ménsson, 2023; Tunsakul,

2025).

All in all, the findings of this research support the conceptual framework presented in the
literature review and reinforce the multidimensional nature of subscription fatigue (Jeong
and Lee, 2025; Rizvi et al., 2026). Also, it should be noted that subscription fatigue should
not be interpreted solely in relation to cancellation behaviour, but rather a complex
phenomenon associated with various aspects of user experience. This observation is
consistent with previous studies that highlighted the importance of emotional attachment,
perceived value and habitual behaviour in explaining long-term subscription retention

(Dhivya et al., 2025; Gore et al., 2025; Verma, Khound and Mishra, 2025).
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5.2 Practical and theoretical implications

The results and findings of this research may have several practical implications. Since the
study showed that subscription fatigue is associated with economic, cognitive and
psychological factors simultaneously, multimedia platforms may benefit from improving
user experience by trying to reduce dissatisfaction and overload. The findings related to
platform fragmentation and content overload suggest that some of the strategies that these
services are utilizing, such as content personalization, tailored libraries, subscription
management and content organization design should be planned carefully, as neglecting
these may increase cognitive burden, which has been associated with subscription fatigue

and passive retention tendencies (Longo, 2021; Schulz, 2021).

Another important observation is that subscription fatigue may not necessarily be associated
with cancellation behaviour alone, but also with passive retention tendencies, meaning that
users may continue maintaining subscriptions due to emotional attachment, habits, and
convenience of personalization (Jeong and Lee, 2025; Bokstrom and Eriksson, 2023). This
should be taken into account, because the findings suggest that passive continuation of
subscriptions should not necessarily be interpreted as indicator of positive user experience,

as users may remain subscribed and still be dissatisfied with the service.

Moreover, the services might analyse the results of this study further to observe tendencies
of users of targeted age group. The data showed differentiation in how fatigue factors affect
various age groups, meaning that if the service wants to optimize experience to a certain age
range, they may look at the factors that are most strongly associated with this group. For
example, looking at the heaviness of usage, it can be highlighted that the age group 22-25
showed the strongest involvement into the digital platforms, meaning that in practice the
subscription services may try to optimize user experience based on this group, as it may
make up significant part of their revenues. On the other hand, users aged 30 and above
showed strongest relationship between psychological factors and subscription fatigue.
Therefore, if the goal is to optimize experience for the older users, reducing psychological

burden, frustration and obligation-related feelings may be particularly important.

From theoretical perspective, the research reinforces the knowledge of the earlier studies
related to multidimensional nature of subscription fatigue, influenced by several overlapping

behavioural and technological factors (Jeong and Lee, 2025; Rizvi et al., 2026).
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Nevertheless, the study expands the discussion by highlighting that subscription fatigue is
associated not only with cancellation-related intentions, but also with passive retention and
delayed decisions concerning subscriptions. Moreover, it was found that context of usage
appears to be strongly associated with the indicators of subscription fatigue and overall user
experience, as study showed that there is a substantial difference in strength of relationships
between stimuli factors, subscription fatigue and consequently, retention, when comparing
music streaming and video streaming users (Maééttdnen, 2017; Johansen and Mansson,

2023).

Finally, another important theoretical contribution is the age-group comparison conducted
within the context of multimedia subscriptions. The findings of this research suggest that
subscription fatigue may manifest differently depending on digital habits, financial
awareness, usage intensity and more established consumption behaviour, therefore
deepening understanding of how behavioural and contextual factors impact the phenomenon
and its retention outcomes in modern subscription-based platforms (Sékudiené et al., 2025;

CivicScience, 2023).

5.3 Limitations of the research

The findings of this research should be treated carefully, as the research has several practical,
demographic and methodological limitations. Firstly, the results are heavily affected by the
way the survey was distributed. Due to practical distribution issues, the survey was
distributed partially to acquaintances through social media, and university channels. Because
of that, the sample may not represent variety in population, limiting the richness of
responses. Additionally, the final sample size is limited to 65 respondents, which was helpful
to provide useful insights but limiting in representing all multimedia subscription users.
While it was sufficient for the reliability, correlation and regression analyses conducted in
this study, a larger sample would have enabled the application of more advanced modelling
techniques and potentially increased the robustness of the findings. Moreover, distribution
of respondents across the age groups was unequal. Although responses were collected from
participants aged 26-30, this subgroup contained only 8 valid responses after filtering.
Therefore, separate regression analyses for this age group were not conducted as they were

not considered sufficiently reliable for interpretation.
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Secondly, the survey was distributed only across some cultures, including international
community of LUT university, Russians and Finns, introducing possible demographic skew.
One more consideration is that the responses were self-reported through an online form,
meaning that respondents could answer in the fashion of their liking, introducing possibilities
for exaggerations, underestimations and misunderstandings. Therefore, the sample may not
represent the overall population of multimedia subscription users, should be treated with
consideration towards the subjective nature of self-reported responses and may potentially

be used only for analysis over the region studied in this research.

One of the most important limitations of this study is exclusion of people under 18 years of
age. Generation Z includes people born between 1997 and 2012, meaning that this generation
includes minors aged 14 to 17 years old. Due to ethical considerations and legal complexity
of surveying minors in Finland, it was decided to exclude this age group from the study,
marking it impossible to observe the subscription fatigue related patterns of that group. As a
result, the research could not fully analyse subscription fatigue tendencies among youngest

Generation Z users.

Finally, subscription ecosystem changes rapidly, which may influence relevance of some
findings over time. The pricing strategies of multimedia subscription businesses are
dynamic, while the digital platforms in question are rapidly evolving, introducing content

and design changes based on user’s feedback.

Despite the limitations mentioned above, the research still provides valuable insights into
the current state of economic, cognitive and psychological impacts on different generations,
marking usefulness for future research on user experience in multimedia subscription

services.

5.4 Future research

Firstly, future research related to subscription fatigue and its association with retention-
related behaviour may focus on larger and more diverse demographic groups. As the
limitations of this research highlighted, the sample of this study may not represent the overall
population of multimedia subscription users, therefore expanding studied group would

potentially improve generalizability of the findings. Plus, future studies could utilize the



59

benefit of larger sample to conduct a more advanced statistical analysis. Additionally,
inclusion of younger Generation Z users in the future may provide additional insights into
behavioural patterns, digital consumption habits and financial awareness of the youngest

multimedia subscription users.

Secondly, future studies may focus more on platform-specific analysis of subscription
fatigue, as the current research showed that the factors and their association with subscription
fatigue are heavily dependent on the usage context. The future research could focus on
comparing different multimedia services, such as music streaming, video streaming and
gaming subscriptions separately. Moreover, a deeper analysis of recommendation systems,
personalization algorithms and emotional attachment mechanisms could be conducted to
provide even deeper insights of passive retention behaviour and long-term subscription

usage.

Finally, since it is evident that subscription services evolve rapidly, future research may also
examine how upcoming changes to the digital platforms affect subscription fatigue and

retention behaviour over time.
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6 Conclusion

This research focused mainly on subscription fatigue and its relationship with retention-
related behaviour in multimedia subscription services, aiming to examine how economic,
cognitive and psychological factors are associated with subscription fatigue among different
age groups, while also analysing how contextual usage patterns influence user behaviour.
The study utilised quantitative Likert-scale evaluation and open-ended responses to analyse

behavioural tendencies of multimedia subscription users.

The findings of the study strengthened the concept of subscription fatigue as a
multidimensional phenomenon associated with economic, cognitive and psychological
stimuli factors. The conducted analysis demonstrated that subscription services users
experience different forms of dissatisfaction from different aspects of OTT digital platforms,
such as recurring payments, platform fragmentation, content overload and emotional
attachment. However, the results of the analysis also highlighted that the intensity and
association with these factors may vary depending on age group, digital habits and usage

context.

One of the most important findings of this research is that subscription fatigue was found to
be positively associated with passive retention-related tendencies, including delayed
subscription decisions and continuation despite dissatisfaction. The regression analysis
demonstrated a significant positive relationship between subscription fatigue and retention-
related behaviour, suggesting that stronger fatigue indicators are associated with stronger
retention tendencies. Earlier literature suggests that emotional attachment, habits and
convenience may help explain such behaviour. Additionally, the study suggests that specific
types of subscription services may be associated with subscription fatigue phenomenon
differently, as it demonstrated noticeable contextual differences between music streaming

and video streaming users.

Another important highlight of the study is the behavioural differences between age groups.
The regression analyses demonstrated that the relationships between stimuli factors and
subscription fatigue varied depending on age. Analysis of the group aged 18-21 revealed the
strongest relationship of economic factors with subscription fatigue, while group aged 22-

25 showed strongest tendency towards cognitive factors, and group aged 30+ towards
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psychological factors. Such findings build grounds for further research, as they suggest that
subscription fatigue may manifest differently depending on various contextual factors, such
as consumer priorities, financial awareness, digital habits and usage intensity, as those can

be associated with the age of the user.

Overall, this research provides additional insight to earlier studies, as it reinforces the
multidimensional nature of subscription fatigue and expands discussion beyond direct
cancellation behaviour among users. The findings suggest that subscription fatigue should
not be viewed solely in relation to subscription discontinuation, but also as a deeper
behavioural phenomenon, which is associated with emotional attachment, passive retention
and digital consumption habits, relative to the usage contexts and age of the users within

multimedia subscription services.

The conducted analyses successfully addressed the research questions introduced in Chapter
1. Regarding RQ1, the findings showed that subscription fatigue is positively associated with
retention-related behaviour, suggesting that fatigue was associated with passive retention
and delayed subscription decisions rather than direct cancellation. For RQ2, the findings
highlighted that all three proposed stimuli factors were significantly associated with
subscription fatigue, with psychological factors demonstrating the strongest overall
relationship within the full sample analysis. Contextual analyses also revealed that usage
context influences the observed potential relationships, noting visible differences between
age groups as well as between music streaming and video streaming users, which answers
RQ3. The study therefore confirms and further supports the assumption that subscription
fatigue is a multidimensional phenomenon, and its manifestations and outcomes vary

depending on user characteristics and certain contexts.

It is suggested that future research may focus on larger demographic groups, platform-
specific analysis, deeper examination of personalization systems and emotional attachment
behaviour. Moreover, future studies could also examine how changing pricing strategies,
digital habits and emerging technologies are associated with subscription fatigue and
retention behaviour on a prolonged basis, as it is assumed that subscription services involve

rapid development.
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Appendix 1. Survey overview

The data for this research was collected using a survey questionnaire, designed and
distributed using Google Forms among Lappeenranta University of Technology (LUT)

students and author’s acquaintances.
The survey explored user experiences within multimedia subscription services.

The privacy has been kept confidential for the goals of this research only, and respondents

had a right to stop completing the survey if they wished so.
The survey consisted of 7 sections:

1. Usage Patterns and Context

2. Costs and Value of Subscriptions (Likert scale)

3. Choosing and Managing Content (Likert scale)

4. Feelings About Subscription Use (Likert scale)

5. Fatigue from Subscriptions (Likert scale)

6. Future Subscription Decisions (Likert scale)

7. Final Questions

Google Forms implementation of the survey can be found below.
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Subscription Fatigue in Multimedia
Services survey

This survey explores user experiences with subscription-based multimedia services (e.g.,
Netflix, Spotify, YouTube Premium, Storytel).
Your responses are anonymous and will be used for academic research.

Sign in to Google to save your progress. Learn more

* Indicates required question

What is your age? *

O 182
O 2225
O 2630
O 30+

Next Clear form

Usage Patterns

How many multimedia subscription services do you currently use (including N
shared or family subscriptions)?

O o
O
O 23
O 45
O 6+

Do you personally pay for any multimedia subscription services? *

O Yes
O No

Back Next Clear form




How long have you been using multimedia subscription services? *

() Less than 6 months

(O 6-12months
(O 12years

(O 2+years

Which multimedia subscription services do you currently use? (Select all that
apply)

Netflix

YouTube Premium
Spotify

Apple Music
Disney+

HBO Max / Max
Amazon Prime Video
Apple TV+

Storytel

Audible

PlayStation Plus
Xbox Game Pass

Viaplay

OO00OO0OO0OCOOoooDoDoOooo

Other:

Which subscription service do you use the most? (If applicable)

Choose -

Please specify if you chose "Other"

Your answer

Which subscription would you be most likely to cancel first? (If applicable)

Choose v

Please specify if you chose "Other"

Your answer
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Which subscription would be the most difficult for you to give up? (If applicable)

Choose v

Please specify if you chose "Other"

Your answer

How many hours per week do you spend using subscription services?

O o0-5
O 6-10
O 11-20
O 20+

Back Next Clear form

Usage patterns (payment)

Which of these subscriptions do you personally pay for? *

Netflix

YouTube Premium
Spotify

Apple Music
Disney+

HBO Max / Max
Amazon Prime Video
Apple TV+
Storytel

Audible
PlayStation Plus
Xbox Game Pass
Viaplay

Other:

O0O0O00O0O0OO0oO0oO0oOO0OoOooo

Back Next Clear form
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Costs and Value of Subscriptions

| feel that the pricing tiers of multimedia subscriptions encourage me to spend ~ *
more than | would like

Strongly disagree O O O O O

Strongly agree

The total amount | pay for subscriptions is too high *

Strongly disagree O O O O O

Strongly agree

The value | receive from my subscriptions does not justify their cost *

1 2 3 4 5
Strongly disagree O O O O O Strongly agree
| feel that | pay for toe many subscription services *
1 2 3 4 5
Strongly disagree O O O O O Strongly agree
Back Next Clear form

Choosing and Managing Content

| feel overwhelmed by the number of content options available *

Strongly disagree O O O O O

Strongly agree

| find it inconvenient that content is spread across multiple platforms *

1 2 3 4 5
Strongly disagree O O O O O Strongly agree
| find it difficult to choose what to watch or listen to *
1 2 3 4 5
Strongly disagree O O O O O Strongly agree

Managing multiple subscription services requires a lot of mental effort *

Strongly disagree O O O O O

Strongly agree

Back Next Clear form
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Feelings About Subscription Use

The content | consume feels repetitive or no longer exciting *
Strongly disagree O O O O O Strongly agree

I feel guilty about subscriptions that are paid for but rarely used *
1 2 3 4 5

Strongly disagree O O O O O Strongly agree

Using subscription services often makes me feel frustrated *

1 2 3 4 5

Strongly disagree O O O O O Strongly agree
| feel mentally exhausted after interacting with my subscriptions *
Strongly disagree O O O O O Strongly agree

| feel obligated to use subscriptions because | have paid for them *

Strongly disagree O O O @) O Strongly agree

Back Next Clear form
Fatigue from subscriptions
I find ging my subscrip services tim ing *

1 2 3 4 5

Strongly disagree O O O O O Strongly agree

| sometimes postpone or avoid decisions related to my subscriptions *
1 2 3 4 5

Strongly disagree O @) O O O Strongly agree

Managing my subscriptions requires more effort than it is worth *

Strongly disagree O O O O O Strongly agree

| often continue paying for subscriptions that | do not actively use *

Strongly disagree O O O O O Strongly agree

Back Next Clear form
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Future subscription decisions

| am planning to reduce the number of subscriptions | use in the near future *
Strongly disagree O O O O O Strongly agree

| often replace one subscription with another rather than keeping multiple *
services

Strongly disagree O O O O O Strongly agree
| sometimes delay decisions about cancelling or keeping my subscriptions *
Strongly disagree O O O O O Strongly agree

| continue paying for subscriptions even when | am dissatisfied with them *

Strongly disagree O O O O O Strongly agree

Back Next Clear form

Final questions

If you were to reduce your subscriptions, by approximately how many would you *
reduce them?

(O None

(O 1 subscription
(O 23 subscriptions
(©) More than 3 subscriptions

() 1would cancel all

O Other:

What is the main reason you would consider cancelling a subscription? *

Your answer

Back Clear form
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Appendix 2. Survey responses

The data of the survey was gathered through three separate Google Forms questionnaires
due to organisational reasons: a questionnaire for LUT students in English, a questionnaire

for non-LUT students in English and a questionnaire for non-LUT students in Russian.

The responses were exported and organized into a single dataset for analysis in Microsoft

Excel. Summary of the data and the results of the analysis are presented in Chapter 4.

Due to the volume of the collected responses, the complete dataset is not included. However,

the anonymised survey responses and exported data can be provided by author upon request.
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Appendix 3. Raw statistical analysis outputs

This appendix includes raw results of the statistical analysis outputs, gathered from Jamovi
software. For this study, Jamovi 2.7.30.0 was used. The outputs include reliability analysis,
correlation analysis and regression analysis results that were used and interpreted in Chapter
4. This appendix aims to improve the transparency of this research and provide verification

of the findings reported. The outputs can be found below.

Reliability analysis

Economic factor (S1-S4)

Reliability Analysis

Scale Reliability Statistics

Cronbach's a

scale 0.808

[31

Psychological factor (S9-S13)

Reliability Analysis

Scale Reliability Statistics

Cronbach's a

scale 0.746

[3]

Cognitive factor (S5-S8)

Reliability Analysis

Scale Reliability Statistics

Cronbach's a

scale 0.721

[3]

Subscription fatigue factor (S14-S17)

Reliability Analysis

Scale Reliability Statistics

Cronbach's a

scale 0.791

[3]

Retention factor (S18-S21)

Reliability Analysis

Scale Reliability Statistics

Cronbach's a

scale 0.71

(3]



Correlation Matrix (all factors)

Correlation Matrix

Economic  Cognitive Psychological Subscription fatigue  Retention

Economic Pearson's r -
df -
p-value -
Cognitive Pearson's r 0.247 o
df 63 -
p-value 048 —
Psychological Pearson's r 0.422 0.480 —
df 63 63 —
p-value <.001 <.001 o
Subscription fatigue  Pearson's r 0.556 0.541 0.638 -
df 63 63 63 —
p-value <.001 <.001 <.001 —
Retention Pearson's r 0.397 0.354 0.626 0.660 -
df 63 63 63 63 -_—

p-value .001 .004 <.001 <.001 -




Linear regression (full sample, stimuli factors to subscription fatigue)

Linear Regression

Model Fit Measures

Overall Model Test

Model R R2 Adjusted R? F dft  df2 p

1 0.755 0.569 0.548 26.9 3 61 <.001

Note. Models estimated using sample size of N=65

Omnibus ANOVA Test
Sum of Squares df Mean Square F p
Economic 6.14 1 6.144 12.86 <.001
Cogpnitive 4.23 1 4.229 8.85 .004
Psychological 5.91 1 5.907 12.37 <.001
Residuals 29.13 61 0.478

Note. Type 3 sum of squares

Model Coefficients - Subscription fatigue

95% Confidence 95% Confidence
Interval Interval
Predictor Estimate SE Lower Upper t p Stand. Lower Upper
Estimate

Intercept -0.635 0.3422 -1.3188 0.0498 -1.85 .069

Economic 0.344 0.0959 0.1522 0.5358 3.59 <.001 0.333 0.1473 0.519
Cognitive 0.291 0.0977 0.0953 0.4861 2.98 .004 0.285 0.0936 0.477
Psychological  0.418 0.1189 0.1804 0.6560 3.52 <.001 0.361 0.1556 0.566

Assumption Checks

Collinearity Statistics

VIF Tolerance

Economic 1.22 0.819
Cognitive 1.30 0.767
Psychological 1.49 0.671
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Linear regression (full sample, subscription fatigue to retention)

Linear Regression

Model Fit Measures

Overall Model Test

Model R R2 Adjusted R? F df1 df2 p

1 0.660 0.435 0.426 48.5 1 63 <.001

Note. Models estimated using sample size of N=65

Omnibus ANOVA Test

Sum of Squares df Mean Square F p
Subscription fatigue 31.4 1 31.357 485 <.001
Residuals 40.7 63 0.647

Note. Type 3 sum of squares

Model Coefficients - Retention

95% Confidence

95% Confidence

Interval Interval
Predictor Estimate SE Lower Upper t p Stand. Lower Upper
Estimate
Intercept 1.101 0.2473 0.606 1.595 4.45 <.001
Subscription 0.681 0.0978 0.485 0.876 6.96 <.001 0.660 0.470 0.849
fatigue

Assumption Checks

Collinearity Statistics

VIF Tolerance

Subscription fatigue  1.00 1.00




Linear regression (18-21 age group, stimuli factors to subscription fatigue)

Linear Regression

Model Fit Measures

Overall Model Test
Model R R2 Adjusted R2 F df1  df2 p

1 0.736 0.542 0.390 3.56 3 9 .061

Note. Models estimated using sample size of N=13

Omnibus ANOVA Test
Sum of Squares df Mean Square F p
Economic 3.09754 1 3.09754 6.02810 .036
Cognitive 0.17077 1 0.17077 0.33234 578
Psychological 0.00197 1 0.00197 0.00383 952
Residuals 4.62465 9 0.51385

Note. Type 3 sum of squares

Model Coefficients - Subscription fatigue

95% Confidence 95% Confidence
Interval Interval
Predictor Estimate SE Lower Upper t p Stand. Lower Upper
Estimate

Intercept 0.2712 0.650 -1.1995 1.742 0.4171 .686

Economic 0.5258 0.214 0.0413 1.010 2.4552 .036 0.6455 0.0508 1.240
Cognitive 0.1731 0.300 -0.5062 0.852 0.5765 .578 0.1840 -0.5382 0.906
Psychological 0.0207 0.335 -0.7376 0.779 0.0619 .952 0.0219 -0.7777 0.821

Assumption Checks

Collinearity Statistics

VIF Tolerance

Economic 1.36 0.736
Cognitive 2.00 0.499
Psychological 2.46 0.407
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Linear regression (18-21 age group, subscription fatigue to retention)

Linear Regression

Model Fit Measures

Overall Model Test
Adjusted R2 F dft df2 p

Model R R2

1 0.438 0.192 0.119 2.62 1 11 .134

Note. Models estimated using sample size of N=13

Omnibus ANOVA Test
Sum of Squares  df Mean Square F p
Subscription fatigue 2.01 1 2.008 2.62 134
Residuals 8.44 1 0.768

Note. Type 3 sum of squares

Model Coefficients - Retention

95% Confidence

95% Confidence

Interval Interval
Predictor Estimate SE Lower Upper t p Stand. Lower Upper
Estimate
Intercept 1.707 0.612 0.359 3.05 2.79 .018
Subscription 0.446 0.276 -0.161 1.05 1.62 134 0.438 -0.158 1.03
fatigue

Assumption Checks

Collinearity Statistics

VIF Tolerance

Subscription fatigue  1.00 1.00




Linear regression (22-25 age group, stimuli factors to subscription fatigue)

Linear Regression

Model Fit Measures

Overall Model Test
Model R Rz Adjusted R2 F df1 df2 p

1 0.695 0.483 0.405 6.23 3 20 .004

Note. Models estimated using sample size of N=24

Omnibus ANOVA Test
Sum of Squares df Mean Square F p
Economic 0.393 1 0.393 0.928 347
Cognitive 1.804 1 1.804 4.263 .052
Psychological 1.598 1 1.598 3.778 .066
Residuals 8.461 20 0.423

Note. Type 3 sum of squares

Model Coefficients - Subscription fatigue

95% Confidence 95% Confidence
Interval Interval
Predictor Estimate SE Lower Upper t p Stand. Lower Upper
Estimate

Intercept -0.490 0.771 -2.09908 1.118 -0.636 .532

Economic 0.207 0.215 -0.24128 0.656 0.964 .347 0.164 -0.19125 0.520
Cognitive 0.352 0.171 -0.00362 0.708 2.065 .052 0.398 -0.00409 0.800
Psychological  0.376 0.194 -0.02754 0.780 1.944 .066 0.378 -0.02767 0.783

Assumption Checks

Collinearity Statistics

VIF Tolerance

Economic 1.12 0.890
Cognitive 1.44 0.696
Psychological 1.46 0.684
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Linear regression (22-25 age group, subscription fatigue to retention)

Linear Regression

Model Fit Measures

Overall Model Test

Model R R? Adjusted R? F df1 df2 p

1 0.650 0.423 0.396 16.1 1 22 <.001

Note. Models estimated using sample size of N=24

Omnibus ANOVA Test
Sum of Squares df Mean Square F p
Subscription fatigue 13.2 1 13.229 16.1 <.001
Residuals 18.1 22 0.822

Note. Type 3 sum of squares

Model Coefficients - Retention

95% Confidence 95% Confidence
Interval Interval
Predictor Estimate SE Lower Upper t p Stand. Lower Upper
Estimate
Intercept 0.581 0.515 -0.488 1.65 1.13 272
Subscription 0.899 0.224 0.434 1.36 4.01 <.001 0.650 0.314 0.986

fatigue

Assumption Checks

Collinearity Statistics

VIF Tolerance

Subscription fatigue  1.00 1.00




Linear regression (30+ age group, stimuli factors to subscription fatigue)

Linear Regression

Model Fit Measures

Overall Model Test
Model R R2 Adjusted R2 F df1 df2 o]

1 0.816 0.666 0.604 10.6 3 16 <.001

Note. Models estimated using sample size of N=20

Omnibus ANOVA Test
Sum of Squares df Mean Square F p
Economic 0.818 1 0.818 1.32 .268
Cognitive 2.690 1 2.690 4.33 .054
Psychological 5.519 1 5.519 8.89 .009
Residuals 9.929 16 0.621

Note. Type 3 sum of squares

Model Coefficients - Subscription fatigue

95% Confidence 95% Confidence
Interval Interval
Predictor ~ Estimate  SE Lower Upper t p Stand. Lower Upper
Estimate

Intercept -1.397 0.788 -3.06796 0.274 -1.77 .095

Economic 0.272 0.237 -0.22997 0.773 1.15 .268 0.205 -0.17330 0.583
Cognitive 0.406 0.195 -0.00741 0.819 2.08 .054 0.348 -0.00634 0.702
Psychological  0.672 0.225 0.19430 1.150 2.98 .009 0.487 0.14083 0.833

Assumption Checks

Collinearity Statistics

VIF Tolerance

Economic 1.52 0.656
Cognitive 1.34 0.748
Psychological 1.28 0.782
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Linear regression (30+ age group, subscription fatigue to retention)

Linear Regression

Model Fit Measures

Overall Model Test

Model R R? Adjusted R? F df1 df2 p

1 0.701 0.492 0.463 17.4 1 18 <.001

Note. Models estimated using sample size of N=20

Omnibus ANOVA Test

Sum of Squares df Mean Square F p
Subscription fatigue 10.1 1 10.079 17.4 <.001
Residuals 10.4 18 0.579

Note. Type 3 sum of squares

Model Coefficients - Retention

95% Confidence

95% Confidence

Interval Interval
Predictor Estimate SE Lower Upper t p Stand. Lower Upper
Estimate
Intercept 1.384 0.423 0.496 2.273 3.27 .004
Subscription 0.582 0.140 0.289 0.875 417 <.001 0.701 0.348 1.05
fatigue

Assumption Checks

Collinearity Statistics

VIF Tolerance

Subscription fatigue  1.00 1.00




Linear regression (Music streaming, stimuli factors to subscription fatigue)

Linear Regression

Model Fit Measures

Overall Model Test
Model R R2 Adjusted R2 F df1 df2 p

1 0.475 0.225 0.150 3.01 3 31 .045

Note. Models estimated using sample size of N=35

Omnibus ANOVA Test
Sum of Squares df Mean Square F p
Economic 0.631 1 0.631 1.602 .215
Cognitive 0.153 1 0.153 0.389 .537
Psychological 1.867 1 1.867 4.739 .037
Residuals 12.213 31 0.394

Note. Type 3 sum of squares

Model Coefficients - Subscription fatigue

95% Confidence 95% Confidence
Interval Interval
Predictor Estimate SE Lower Upper t p Stand. Lower Upper
Estimate

Intercept 0.9913 0.482 0.00921 1.973 2.059 .048
Economic 0.1585 0.125 -0.09690 0.414 1.266 215 0.211 -0.1290 0.551
Cognitive -0.0792 0.127 -0.33823 0.180 -0.624 537 -0.105 -0.4501 0.239
Psychological ~ 0.3112 0.143 0.01964 0.603 2177 .037 0.386 0.0243 0.747

Assumption Checks

Collinearity Statistics

VIF Tolerance

Economic 1.1 0.899
Cognitive 1.14 0.875
Psychological 1.26 0.796
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Linear regression (Music streaming, subscription fatigue to retention)

Linear Regression

Model Fit Measures

Overall Model Test

Model R Re2 Adjusted R2 F df1 df2 p

1 0.514 0.264 0.242 11.8 1 33 .002

Note. Models estimated using sample size of N=35

Omnibus ANOVA Test
Sum of Squares df Mean Square F p
Subscription fatigue 9.17 1 9.173 11.8 .002
Residuals 25.55 33 0.774

Note. Type 3 sum of squares

Model Coefficients - Retention

95% Confidence

95% Confidence

Interval Interval
Predictor Estimate SE Lower Upper t p Stand. Lower Upper
Estimate
Intercept 0.973 0.460 0.0374 1.91 2.12 .042
Subscription 0.763 0.222 0.3119 1.21 3.44 .002 0.514 0.210 0.818
fatigue

Assumption Checks

Collinearity Statistics

VIF Tolerance

Subscription fatigue  1.00 1.00




Linear regression (Video streaming, stimuli factors to subscription fatigue)

Linear Regression

Model Fit Measures

Overall Model Test

Model R R? Adjusted R? F dft  df2 p

1 0.946 0.896 0.857 22.9 3 8 <.001

Note. Models estimated using sample size of N=12

Omnibus ANOVA Test
Sum of Squares df  Mean Square F p
Economic 1.03 1 1.034 5.02 .055
Cognitive 2.05 1 2.045 9.93 .014
Psychological 1.66 1 1.656 8.04 .022
Residuals 1.65 8 0.206

Note. Type 3 sum of squares

Model Coefficients - Subscription fatigue

95% Confidence 95% Confidence
Interval Interval
Predictor Estimate SE Lower Upper t p Stand. Lower Upper
Estimate

Intercept -1.781 0.666 -3.31660 -0.245 -2.67 .028

Economic 0.324 0.145 -0.00936 0.658 2.24 .055 0.300 -0.00867 0.609
Cognitive 0.557 0177 0.14935 0.964 3.15 .014 0.455 0.12209 0.788
Psychological  0.576 0.203 0.10762 1.044 2.84 .022 0.461 0.08623 0.836

Assumption Checks

Collinearity Statistics

VIF Tolerance

Economic 1.38 0.726
Cognitive 1.60 0.625
Psychological 2.03 0.492
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Linear regression (Video streaming, subscription fatigue to retention)

Linear Regression

Model Fit Measures

Overall Model Test

Model R R? Adjusted R? F df1 df2 p

1 0.793 0.629 0.592 17.0 1 10 .002

Note. Models estimated using sample size of N=12

Omnibus ANOVA Test
Sum of Squares df Mean Square F p
Subscription fatigue 8.37 1 8.374 17.0 .002
Residuals 4.93 10 0.493
Note. Type 3 sum of squares
Model Coefficients - Retention
95% Confidence 95% Confidence
Interval Interval
Predictor Estimate SE Lower Upper t P St;nd. Lower Upper
Estimate
Intercept 0.921 0.605 -0.428 2.27 1.52 159
Subscription 0.728 0.177 0.334 1.12 412 .002 0.793 0.364 1.22
fatigue

Assumption Checks

Collinearity Statistics

VIF Tolerance

Subscription fatigue  1.00 1.00
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