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The thesis explores the use of artificial intelligence in recruitment processes in Finland and
how it works. Although several studies have addressed the use of Al in HRM, most of them
are conducted in large markets, and there is a lack of knowledge about the scope of Artificial
intelligence (AI) adoption in smaller and regulated markets like Finland. The research
method was qualitative, and the data were gathered from nine semi-structured interviews
with experienced recruitment professionals throughout Finland. Six themes emerged from
the interviews, which were analysed using thematic analysis. The findings indicate that
adoption of Al is slow and careful in Finland, and its use is mainly limited to support in
administrative tasks like writing job ads, transcribing interviews, and automating candidate
communication. All hiring decisions are still human-driven, and none of the organisations

rely on Al as a full decision-maker. General Data Protection Regulation (GDPR) awareness



and ethical considerations are significant factors influencing the implementation of Al tools
in all organisations. The study also reveals that Al is transforming recruitment on the
candidate side, with Al tools being adopted by more candidates to enhance their application,
which is a new challenge for recruiters. The results indicate that Al can be best utilized when
it enhances human capabilities instead of replacing them. This balance is especially

significant in the Finnish context where fairness, transparency, and trust are part of working

life.
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SYMBOLS AND ABBREVIATIONS

Al — Artificial Intelligence

ATS — Applicant Tracking System

CV — Curriculum Vitae

e-HRM — Electronic Human Resource Management
EEOC — Equal Employment Opportunity Commission
EU — European Union

GDPR — General Data Protection Regulation

HR — Human Resources

HRM — Human Resource Management

HRIS — Human Resource Information System

KPI — Key Performance Indicator

ML — Machine Learning

NER — Named Entity Recognition

NLP — Natural Language Processing

NPS — Net Promoter Score

OLKM — Organizational learning and knowledge Management
RBYV — Resource-Based View

RPA — Robotic Process Automation

SRQ — Sub-Research Question

SME — Small and Medium-sized Enterprise

XAI — Explainable Artificial Intelligence
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1 Introduction

Artificial intelligence (AI) has revolutionized how companies operate and compete.
Businesses that incorporate Al in their operations can be more efficient, effective, and cost-
effective. It has also affected Human Resource Management (HRM) in companies.
Traditionally, Human Resource (HR) was mainly involved in administrative roles. Now,
with AL, HR is becoming more strategic to the organization (Aini et al., 2024; Johnson et al.,
2021). Early in the process, Al can help companies source potential employees by scanning
job boards and matching their skills to the requirements of the job. In the screening process,
Applicant Tracking Systems (ATS) use Natural Language Processing to automatically scan
and rank resumes, which takes a long time if there are many candidates (Ali & Kallach,
2024). Machine learning also gets smarter over time as it learns from previous hiring choices
to better match future candidates for jobs (Gupta & Kumar, 2024). Al chatbots are used to
communicate with candidates, automatically responding to their queries, providing updates,
and scheduling interviews, helping to streamline the process and keep candidates informed
(Espinoza-Acero et al., 2024). In general, organizations that use Al in hiring find that it
reduces recruitment costs, the time taken to hire, and creates more consistency in the

assessment of candidates (Rukadikar et al., 2025a; Tyagi et al., 2023).

But there are also many concerns about the use of Al in recruitment. A major issue is that
Al can be discriminatory. For instance, if an Al hiring tool is trained on historical data that
is already biased, for example, male applicants are favored over females, it will probably
prolong these unfair practices (Alzyoud et al., 2024; Trovao et al., 2025). For example,
Amazon had to discontinue its Al hiring system because it was biased against women
(Dastin, 2018). There are also strong regulations, such as the General Data Protection
Regulation (GDPR), in Finland and the European Union, that govern the use of personal data
in automated decision-making. A more recent law, the EU Al Act, also categorizes Al
systems that are used in recruiting as high-risk, so they need to be monitored and controlled
more closely (Khdour et al., 2025). These ethical and legal considerations are not just
important to ensure fairness, but also to make sure that implementing Al can be a sustainable

competitive advantage for an organization.
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Other researchers have addressed some aspects of this topic. This chapter discusses the key
findings of the study in relation to the main research question and the four sub-research
questions. It also connects the findings to the existing literature and concludes the broader
implications of Al adoption in Finnish recruitment practices. There has been research going
on for over 20 years, showing that Al makes the hiring process quicker but also brings
problems such as the overuse of keywords and the repetition of patterns from past data
(Rukadikar et al., 2025). Al makes hiring more efficient and helps communicate with
candidates, particularly in high-volume hiring (Johnson et al., 2021). When we consider
competitive advantage, a popular model known as VRIN, developed by (Barney, 1991),
helps us understand when a resource creates a sustained competitive advantage for a firm.
This model suggests that resources need to be valuable, rare, non-substitutable, and non-
imitable. Al used in recruitment can improve all these criteria, particularly if a company uses

it in a novel way based on its own processes and data (Barney, 1991; Rahman et al., 2025).

But despite all this research, there are still questions left unanswered. The majority of studies
are based on non-Nordic companies, so it is unknown how Finnish recruitment companies
use Al and what challenges Finnish companies face in the Finnish regulatory environment
and culture. Most significantly, no research, to author best knowledge, has directly addressed
whether the way companies handle ethics (such as candidate data security, transparency, and
ensuring human decision-making) can actually become a source of sustainable competitive
advantage through the VRIN framework. This study uses interviews with Finnish
recruitment professionals to analyze their actual experiences of using Al tools to understand
how they use Al in different stages of recruitment, how it affects efficiency and candidate
experience, and whether they can differentiate themselves from competitors by practicing

ethical Al in Finland.

1.1 Research objectives and questions

The primary objective of this thesis is to examine how Finnish recruitment firms use Al
across the recruitment process and to understand the efficiency, experiential, and ethical
dimensions of this use. Building on the gaps identified, the study is guided by the following

two research questions:
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Research Question

How is artificial intelligence being adopted and transforming recruitment practices, and what

are the operational, experiential, and ethical implications of its use?
Sub-Research Questions:

SRQ1: How is artificial intelligence currently being adopted across different stages of the

recruitment process in Finnish recruitment?

SRQ2: To what extent does Artificial intelligence (Al) enhance operational efficiency while

still requiring human judgement and verification in recruitment decisions?

SRQ3: How do Finnish recruitment organizations address GDPR, i.e., transparency, fairness

and other ethical considerations?

SRQ4: How does the use of Al support the recruiter during the recruitment process?

1.2 Research significance

This research adds to the literature on Al and recruitment in several important domains.

First, this study contributes to the existing body of knowledge by examining how Al is being
adopted across the different stages of the recruitment process in Finnish firms. The results
offer actionable insights into current practices and examples of where Al is being used,

where it is not, and what factors are influencing its use in each stage of the journey.

Secondly, this research contributes to the knowledge of the positive impacts of artificial
intelligence Al in improving operational efficiency while maintaining a need for human
judgment and verification in the recruitment process. The results show that Al can provide
time savings in aspects of recruitment like composing job postings, transcribing interviews,

and drafting emails to candidates, but human oversight is still needed.

Thirdly, this study provides empirical insight into the conduct of Finnish recruitment
organisations in meeting the GDPR requirements such as fairness and transparency in the

application of Al in recruitment processes. Although these issues have been raised in the
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literature, there is a lack of research that looks at how practitioners address them in their
practice. The results indicate that the organisations in Finland consistently refrain from using
sensitive candidate information with public Al tools, and have human oversight over final
decisions, while also ensuring that hiring decisions can be explained and justified within the

Finnish labour law framework.

Lastly, this study contributes a new perspective on how Al is influencing the experience and
interaction of both recruiters and job applicants during the recruitment process. The results
show that Al is being used more and more as a learning tool for recruiters to get to know
new industries and skills, and that candidates are using Al to enhance their CVs and
application packages. This two-way relationship presents challenges in determining the
authenticity of candidates and brings to the fore questions of the reliability of using

traditional application documents in the future.

This study contributes to the growing body of research on artificial intelligence in
recruitment by providing empirical insights from the Finnish recruitment industry, a context
that has received limited scholarly attention. Although Al has become an increasingly
important topic within human resource management, much of the existing evidence
originates from larger labour markets such as the United States and the United Kingdom. As
a result, there remains limited understanding of how Al is integrated into recruitment
practices in smaller, highly regulated European environments. By examining the experiences
of Finnish recruitment professionals, this study offers context-specific insights into how Al
is used throughout the recruitment process and how it influences efficiency, communication,

transparency, and candidate interactions.

1.3 Research scope and limitations

This study is a qualitative research work and is limited to Finnish recruitment agencies. The
study has a narrow focus to enable in-depth analysis: rather than concluding multiple
countries, this research focuses on understanding Al adoption practices in a specific
regulatory and cultural setting. Data was gathered through semi-structured interviews with
nine senior recruitment practitioners in various roles (specialists, managers, senior

headhunters, talent acquisition partners, and recruitment consultants) with between seven
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and 28 years' experience. The interview data were analyzed using thematic analysis as

outlined by (Braun & Clarke, 2006), resulting in the identification of nine empirical themes.

First, the study's geographic scope is limited to Finland, and the results are not directly
transferable to other national recruitment markets, especially those with different regulatory
or cultural settings. Secondly, while fitting for the exploratory and inductive nature of the
research, it precludes statistical inference from the sample to the population of Finnish
recruitment firms. Third, the small sample (nine participants) was chosen using purposive
sampling with the goal of achieving theoretical saturation. Lastly, due to the rapid
advancements in Al, some insights about the Al maturity of recruitment firms and the
capability of specific Al tools may change rapidly, which affects the temporal generalization
of these insights. These issues are elaborated on in the final chapter, along with suggestions

for future work.

1.4 Finland as a Research Context

Finland offers an interesting context for examining the use of artificial intelligence in
recruitment due to its distinctive regulatory, cultural, and labour market characteristics.
Compared with many countries where Al adoption has progressed rapidly with limited
oversight, the Finnish context places considerable emphasis on fairness, transparency, and
responsible decision-making. These values are deeply embedded in working life and
influence how organisations approach the use of new technologies in recruitment. As a
result, the adoption of Al is often accompanied by careful consideration of ethical

implications and the potential effects on job applicants.

The regulatory environment further strengthens the relevance of the Finnish setting. As a
member of the European Union, Finland follows strict data protection requirements under
the General Data Protection Regulation (GDPR), which places clear limits on how personal
data can be collected, processed, and used in recruitment activities. In addition, the
introduction of the EU Al Act has increased organisational attention toward transparency,
accountability, and human oversight in Al-supported hiring processes. Consequently,
Finnish organisations must balance the potential benefits of AI with legal and ethical
responsibilities, making the country a particularly valuable setting for studying responsible

Al adoption.
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The structure of the Finnish labour market also shapes how Al is used in recruitment. Finland
has a relatively small population and a specialised labour market in which employers often
compete for a limited pool of qualified candidates. Professional networking platforms,
particularly LinkedlIn, play a significant role in sourcing talent, while regional differences in
industry concentration influence recruitment practices across the country. Furthermore, the
bilingual nature of Finland creates additional challenges for Al applications, many of which
are primarily developed and optimised for English-language environments. These factors

affect both the opportunities and limitations associated with Al adoption in recruitment.

Taken together, these cultural, regulatory, and labour market characteristics make Finland a
valuable yet underrepresented context within the existing literature. Insights generated in
larger markets such as the United States or the United Kingdom cannot automatically be
transferred to the Finnish environment, where different institutional conditions shape
organisational behaviour. By focusing on Finland, this study contributes context-specific
knowledge and helps broaden the understanding of how Al is implemented in recruitment

under strong regulatory oversight and a culture that places high value on fairness and trust.

1.5 Structure of the Thesis

This thesis aligns with the standard structure, encompassing the following sections, which

cover the aim of the research to conceptualise the use of Al in the recruitment process.

Introduction: This part establishes the structure of the study, outlining the triggers,

objectives, challenges, scope, and research questions.

Literature Review: Provides a comprehensive exploration of the relevant theories and

frameworks through an in-depth literature review.

Research Methodology: Concentrates on describing the research design and methods

employed to meet the thesis objectives.

Results: The results of the coding activities and thematic analysis are presented in this
section. It contains the basics of the resulting framework of the thesis, provided in the last

section.
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Discussion and Conclusion: This section answers the research questions, presents the
research findings, limitations, theoretical contributions, recommendations, and potential

directions for future research

2 Literature review

This thesis uses the Resource-Based View (RBV) as its theoretical lens. The RBV was
developed by (Barney, 1991) and suggests that organisations can gain a competitive
advantage when they have valuable resources and capabilities that are difficult for
competitors to copy or replace. These resources are often built over time and become an

important part of how an organisation operates.

In this study, the RBV is not used to measure competitive advantage directly. Instead, it is
used to understand how Finnish recruitment organisations adopt and use artificial
intelligence (Al) in their recruitment activities. The framework helps explain why some
organisations use Al only for basic tasks, such as improving efficiency, while others
integrate it more deeply into their recruitment processes, decision-making, and knowledge

development.

Using the RBV allows this research to explore how factors such as employee expertise,
organisational readiness, and data management practices influence the successful use of Al
It also helps explain why organisations using similar Al tools may achieve different results.
The value gained from Al depends not only on the technology itself but also on how
effectively it is implemented, managed, and supported within the organisation (Barney,

1991).

2.1 Strategic perspectives: Al and the VRIN framework

This section applies the VRIN framework (Value, Rarity, Inimitability, and Non-
Substitutability) to examine whether Al-powered recruitment tools can serve as a genuine

source of competitive advantage for organisations. It explores how recruitment firms can
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strategically leverage Al capabilities, while also acknowledging the barriers that arise when

relying on widely available, oft-the-shelf Al solutions.

2.1.1 Applying the VRIN lens to recruitment technologies

VRIN, an acronym for Valuable, Rare, Inimitable, and Non-substitutable, is an interesting
strategic perspective for assessing artificial intelligence (Al) in recruitment. Technologies to
be regarded as core strategic assets must fulfill such requirements as organizations seek to
gain sustainable competitive advantages. Rahman et al., (2025) highlighted the idea that Al
technologies in recruitment add value by simplifying operations, minimizing emissions due
to the virtual processes, and increasing inclusiveness. These characteristics are intrinsically
proximate to the Valuable aspect of the VRIN model, as Al can be used to make decisions
quicker and more precisely, as well as support environmental, social, and operational

objectives.

In addition, the infrequent use of sophisticated Al capabilities, including predictive analytics
and machine learning-based job matching, indicates the use of the 'Rare’ component.
Rahman et al., (2025) state that companies that use predictive hiring technologies and
sophisticated Al algorithms in initial talent acquisition stand out from those that use the
manual screening mechanism. This scarcity is increased when the Al systems are integrated
deeply into the talent strategy of an organization, where they are more challenging to imitate.
In that way, businesses not only achieve better recruitment effectiveness but also strategic

capacity, particularly in competitive labor markets.

2.1.2 Al as a valuable resource for organizational efficiency

Al has proved to be an important resource and is able to make recruitment a highly efficient
process. Organizational efficiency is directly related to the possibility of processing large
volumes of data about applicants, automating the recruitment process, and increasing
objectivity. Rahman et al., (2025) point to shorter time-to-hire, better matching accuracy,
and less bias, which result in substantial productivity benefits, as the advantages of Al

applications. As an example, automated resume parsing and Al-based evaluation speed up
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the screening procedure and enable HR departments to allocate the effort to the strategic

decision-making process.

Rukadikar et al., (2025) discovered that Al can help ensure the sustainability of operations
by automating routine administrative tasks and reducing errors on the part of humans.
Through these enhancements, resiliency in HR operations is created and enables businesses
to run leanly. These efficiencies can lead to cost reduction, enhanced candidate experiences,
and higher retention results in the long-term. Thus, Al in terms of VRIN is not merely a

value-adding tool; it turns into one of the components of agile, data-driven HR operations.

2.1.3 Al capabilities that are rare or proprietary

The scarcity of Al in the field of recruitment is due to the proprietary technologies that are
developed and trained to work with internal data. Rahman et al., (2025) explain that the
ability of organizations that build their own machine learning models to assess candidates
has features that are not easily available to their competitors. Based on organizational-
specific performance indicators and job success predictors, these systems produce insights

that cannot be replicated by off-the-shelf solutions.

Moreover, the proprietary Al systems have a rare strategic correspondence with corporate
culture, values, and long-term talent objectives. According to (Rahman et al., 2025) the
unique advantage of companies that use tailored algorithms to evaluate cultural fit,
communication styles, or emotional intelligence is the quality of hiring. These artificial
intelligence systems, which have special evaluation logic, strengthen the rare dimension of

VRIN in the model and indicate investments that gain strength over time.

2.1.4 Inimitability through data, algorithms, and integration

Long-term competitive advantage is based on imitability, and Al systems achieve imitability
by having unique datasets, training algorithms, and integrating systems. As noted by
(Rahman, 2025), Al models that are trained on company-specific data are more accurate and
flexible in the long run, developing a cumulative experience that other companies cannot
easily replicate. Combinations of Al with Applicant Tracking Systems (ATS), workforce

planning applications, and employee development platforms further enhance this obstacle.
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There are also the complexity and specificity of training data, which creates an algorithmic
opaqueness that serves as a moat. The algorithms are constantly learning through feedback
loops in the hiring pipeline, which means that they become better in such a way that cannot
be transferred to other areas. When integrated into strategizing processes, this improving
aspect of the self makes Al inimitable. Thus, the more time the organization deploys and
trains its Al recruitment systems, the more differentiation and competitive advantage it

gains.

2.1.5 Non-substitutability: embedding Al within talent strategy

When there is no other alternative that provides the same strategic benefits, it means that the
technology is non-substitutable. The systems of Al recruitment attain this level when closely
coupled with the larger talent management approaches. Rahman et al., (2025) claimed that
Al tools in the context of alignment with workforce planning, diversity objectives, and
predicting performance turn into inalienable resources. They do not simply improve
operations but make crucial information in key decisions on succession planning, learning

and development, and leadership pipeline building.

Furthermore, the ability of Al to combine disparate data (i.e., application records to
engagement measures) produces comprehensive candidate profiles. This facilitates strategic
employee mapping that is impossible to duplicate using traditional or isolated tools. After
implementation, Al is supportive of the competitiveness of talent in an organization, and it

will provide decision-making support to every tier of the HR structure.

2.1.6 Barriers to gaining VRIN advantage with Al tools

Even though AI can be advantageous, it has a great limitation for organizations that use
generic, off-the-shelf tools to achieve a VRIN advantage. These tools, however, as (Rahman
et al., 2025) Notes are not always designed to fit the specific culture, values, and operation-
related peculiarities of an organization. Standardized algorithms might fail to support local

hiring procedures, regulatory conditions, or internal performance metrics.

Further, the fact that off-the-shelf tools cannot be trained or modified to requirements

because of proprietary data constrains their ability to produce differentiated results. As
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stated, these systems can be poorly predictive and/or less inclusive, which can contribute to
compliance risk or non-optimal hiring. To reap the benefits of an actual VRIN, companies
must invest in the customization and integration of AI with their respective business

environments.

2.1.7 Competitive implications for recruitment firms

Al presents both a threat and an opportunity of a disruptive nature. (Rahman, 2025)
Companies that pioneer investing in Al infrastructure and proprietary datasets can
reconstruct industry standards in speed, accuracy, and candidate experience. Companies that
embrace Al to provide predictive recruiting, bias reduction, and scalable sourcing operations

will most probably outcompete the conventional competitors.

Nevertheless, the competitive environment is also transformed into a data-driven paradigm,
where the availability of quality training data, technical talent, and compliance with
regulations are important. Those recruitment companies that do not adopt Al will become
outdated since customers will be attracted to find partners who can provide a more in-depth
understanding of their needs and deliver prompt outcomes. Conversely, the ones who use Al
strategically may become not only service providers but also long-term partners in the

intelligence of talents.

2.2 Recruitment in the digital age: how technology is reshaping hiring practices

This section explores how rapid advancements in technology, particularly artificial
intelligence, have transformed the way organisations attract, screen, and hire talent. It also
examines how these changes are being adopted within the recruitment landscape, with a

focus on the benefits of cost efficiency, speed, and scale.

2.2.1 Evolving role of technology in human resource management

The shift in the modern recruitment context has occurred primarily because of the application
of digital technologies and artificial intelligence (AI) in Human Resource Management

(HRM). Previously, the recruitment processes were based on paper resume sorting, face-to-
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face interviews, and conviction-based decision-making. Nonetheless, as Human Resource
Information Systems (HRIS) and electronic Human Resource Management (e-HRM) have
expanded, organizations are now using internet-based systems to conduct recruitment
processes more effectively. Research indicates that e-HRM assists companies in cutting
administrative staff, enhancing the accuracy of data, and accelerating hiring (Johnson et al.,
2021). Technology has allowed HRM to transition to a strategic area, which can positively

impact the performance and competitiveness of an organization (Aini et al., 2024).

It is even more enhanced with artificial intelligence, which automates recruitment processes
like resume screening, candidate shortlisting, and interview scheduling, among others.
Applicant tracking systems (ATS) that are based on Al can process large numbers of
applications by applying machine learning and natural language processing, enabling
recruiters to process high numbers of applications more efficiently (Alzyoud A. , 2022).
According to past literature, Al can enhance the efficiency of recruitment, decrease the time-
to-hire, and aid in making more objective decisions, as it is based on the skills of the
candidates and the needs of the job, and not personal opinions (Al-Alawi et al., 2021).
Besides, chatbots and virtual interviews are technologies that enhance candidate experience
by providing faster communication and broadening the talent pools across the globe

(Johnson et al., 2021).

Although these advantages are present, there are also several challenges pointing to the
growing use of technology in HRM that are identified. Some ethical issues, like bias toward
algorithms, data privacy, and transparency, are well-debated. It is also possible that Al
systems are biased in historically available data and, therefore, can lead to unfairness in
recruitment results unless controlled effectively (Aini et al., 2024). It is also essential to
mention data security, which the recruitment technologies are based on, as they require

significant amounts of personal data about the candidates (Ncube et al., 2025).

2.2.2 Key trends in digital and Al-powered recruitment

Digitalization and the extensive use of artificial intelligence (Al) are becoming the new
drivers of the modern recruitment environment and are changing the way organizations
influence and choose talent. Among the strongest trends observed in the literature is the

automation of early recruitment processes using e-recruitment systems, applicant tracking
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systems (ATS), and Al-based screening systems. With the help of such systems,
organizations can process huge amounts of applications cost-effectively by automating the
resume parsing process, matching on keywords, and preliminary shortlisting based on
established parameters like skills, education, and experience (Johnson, 2021). Research also
shows that digital hiring solutions are effective in minimizing both time-to-hire and
administration by offering HR professionals the opportunity to focus on more strategic

recruiting measures instead of repetitive ones (Gupta & Kumar, 2024).

The other important trend in digital and Al-powered recruitment is the growing popularity
of conversational technology, i.e., chatbots and virtual assistants, to improve the level of
engagement and communication with applicants. According to research, chatbots run on Al
have become widely used to respond to applicant inquiries, schedule interviews, and update
applicants in real-time. These applications are especially useful in situations of high
recruitment volume, where human recruiters might not be able to ensure timely and regular

communication (Trovao et al., 2023).

Moreover, the use of video interviewing platforms facilitated by Al is on the increase, and
among the features are automated scheduling of interviews, standardized interview

questions, and the use of Al to analyze verbal and non-verbal gestures (Ncube et al., 2025).

2.2.3 Al adoption in recruitment firms (cost, speed, scale)

Cost reduction is one of the most powerful factors that lead to the implementation of artificial
intelligence in recruitment firms, which is mentioned multiple times throughout the
literature. The conventional recruitment methods are manpower-intensive and costly in
terms of publicizing the job. Johnson et al., (2021), inefficiencies during the recruitment
process and high employee turnover are major costs to the organization, especially in
industries with numerous applicants. The Al-based hiring platforms save these expenses by
automating repetitive and administrative work, which decreases the reliance of human
recruiters on regular work (Johnson et al., 2021). On the same note, (Trovao et al., 2023)
point out that the adoption of Al can enable organizations, such as SMEs, to be cost-effective
in terms of reduced human intervention in the initial stages of recruitment and ensuring
comparable evaluation criteria. Research also shows that Al-assisted recruitment lowers the

cost-per-hire by increasing the accuracy of the candidates, which leads to a minimization of
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the early turnover and rehiring costs (Aini et al., 2024). Also, cost-saving is further facilitated
by generative Al tools that can be used in the automation of job descriptions, communication
with candidates, and employer branding content, which minimizes the use of external

recruiting agencies and marketing services (Arora & Damarla, 2025).

Speed is also another significant factor in the deployment of Al in recruitment companies,
especially with the rising number of applications and competitive workforces. Organizations
in the modern world regularly get thousands of applications per position, and manual
screening is not a viable and time-efficient process (Aini et al., 2024). Applicant tracking
systems (ATS) and machine learning applications can process large volumes of data in
seconds, and thus, significantly lower time-to-hire and time-to-shortlist (Trovao et al., 2023).
Johnson et al., (2021) state that more efficient recruitment processes not only contribute to
an increased efficiency of the operations but also make the organization more attractive since
applicants are more and more reliant on prompt feedback and clear hiring procedures.
Additionally, fast processing is directly correlated with the better quality of the decision
made because Al systems can examine several candidate attributes at once without being
exhausted or inaccurate, in contrast to human recruiters who might become cognitively
overloaded when hiring many candidates simultaneously (Johnson et al., 2021). Therefore,

literature repeatedly situates speed as an important parameter that influences the use of Al

Another reason why Al can be effective in recruitment companies is scale, which means the
possibility of organizing recruitment processes in large groups of applicants, various jobs,
and in workplaces located in different geographic regions. Although companies go
international and implement remote and hybrid work practices, the recruitment processes

must increase in scale without corresponding costs and staffing (Trovao et al., 2023).

2.3 The recruitment framework: its structure and functions

This section outlines the core structure of the recruitment process, covering its key stages
from sourcing to onboarding. It also highlights the limitations of traditional hiring practices

and the metrics used to evaluate how effectively the overall process performs.



24

2.3.1 Overview of recruitment stages

The literature characterizes the recruitment process as a series of steps that are carried out
throughout the process that starts with appealing to interested individuals and concludes with
the formal understanding of the individuals in the organization. Human Resource
Management (HRM) has been seen as a central staffing activity, the success of which leads
to organizational performance, the quality of the workforce, and the sustainability of
competitive advantage. According to the scoping review conducted by (Ali & Kallach,
2024), recruitment is one of the technology-based processes that, over time, becomes
technology-enabled and relies on Al functions to enhance efficiency, the quality of
decisions, and consistency throughout the stages. Jafri et al., (2024) states that Al has now
been integrated throughout the entire recruitment lifecycle, as it is currently sourcing through
onboarding, and it is expected to assist human decision-making, but not eliminate it.
Literature consequently views recruitment as a whole process, with five stages that are inter-

relational, as shown in Figure 1.

FIVE INTER-RELATED STAGES

Screening Interviewing
Reviewing resumes & Conducting candidate
applications interviews

Sourcing Assessment Offer & Onboarding

Identifying & attracting Testing & evaluating Making offers & integrating
candidates candidates hires

Figure 1The recruitment process

Sourcing is the initial phase, which aims at attracting, as well as identifying, potential
candidates, in both the internal and external labor market. Conventional sourcing has
involved great dependence on job advertisements and referrals; however, current studies

reveal increased adoption of e-recruitment, social media, and Al-based sourcing tools. Ali



25

& Kallach, (2024) state that Al can be applied to sourcing functions through job-posting
automation, talent-pool analysis, and active candidate search using big data sources such as

online resumes and social media profiles.

Screening is the second step, which, according to the literature, is one of the most time-
consuming and resource-intensive steps of the recruitment process. Screening refers to the
process of filtering the applications to eliminate incompetent candidates before further
scrutiny. Research indicates that Al-based applicant tracking systems and natural language
processing tools automate the process of parsing a resume, matching keywords, and pre-

screening, which saves recruiters a lot of work (Ali & Kallach, 2024).

Assessment is the third step, which extends past simple screening and addresses
competencies, skills, personality traits, and job performance of the candidates. According to
the literature, Al serves a very important purpose in this phase as it can help in data-intensive
candidate assessment with tests, simulations, and predictive analytics. Ali & Kallach, (2024)
discuss the use of Al-facilitated assessment functionalities in candidate prediction and
assessment evaluation, which encompasses personality analysis, pattern recognition,
background verification, and automated ranking of candidates. Such tools enable
organizations to help them to test candidates in a more objective manner as opposed to

subjective human behavior.

Interviewing is traditionally based on real-life interactions, yet recent research records the
shift towards digital and Al-enhanced interviews. Interview scheduling, automated
communication, and preliminary virtual interviews are some of the areas where Al tools are
applied. As it is stated by (Jafti et al., 2024), Al may be used to analyze interview answers,
speech patterns, and behavioral patterns to help the interviewer decide, but the ultimate
decision is typically left to human recruiters. Another important Al-enabled feature
discussed by (Ali & Kallach, 2024) is interaction with the applicants, such as interview

management, real-time response, and interaction with the applicant during the interview.

Offer and onboarding are the last phase of the recruitment process. This is the stage where
formal employment is made, and new employees are inducted into the firm. The literature
reveals that Al is involved in this phase because it automates job offer communication,
document processes, and post-offer acceptance processes. According to (Ali & Kallach,

2024), The mailing of job offer letters and the performance of post-offer acceptance
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functions are the recruitment functions that are increasingly becoming Al-enabled HR
systems. These systems eliminate administrative delays and maintain accuracy in contractual

documentation.

2.3.2 Limitations of traditional hiring practices

Inefficiency and waste of time have continued to be mentioned in literature as one of the
most serious constraints of conventional hiring methods. The traditional recruitment process
involves a high level of manual work, such as screening resumes, shortlisting, scheduling an
interview, and checking profiles, which requires a lot of human effort and organizational
contributions. According to the systematic review by (Rukadikar et al., 2025), The
traditional methods in conducting the recruitment process are associated with long manual
evaluation processes, which are time and financially exhaustive, in cases where

organizations receive high amounts of applications.

One more significant limitation that is brought up in the studies analyzed is the lack of
objectivity and human bias in the conventional recruitment choices. The conventional
methods of hiring much depend on human opinion and intuition, as well as interpersonal
impressions that may bring unintended biases based on gender, age, ethnicity, education, or
personal likeness between the recruiter and the candidate. Rukadikar et al., (2025) highlight
that the problem with the manual screening and interviewing process is that it is vulnerable
to both conscious and unconscious biases, limiting access to a wide range of candidates and

making hiring decisions less objective.

2.3.3 Metrics for evaluating an efficient recruitment process

Assessment of the effectiveness of the recruitment process is crucial to the organization that
wants to enhance its talent acquisition policies. The recruitment process includes several
regulations: sourcing, screening, interviewing, selection, and onboarding, which can be

quantified based on definite Key Performance Indicators (KPIs).

However, it is important to note where Al was seen to be prominent in the recruitment
process, as this is an aspect that has not been discussed in previous literature. The two

specific areas where the use of Al was seen to be much greater were in the writing of job
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advertisements and the documentation of interviews, including transcribing and
summarising interviews. By contrast, there was little or no Al use in sourcing, screening,
assessment, and onboarding. This is a significant shift from numerous (Makhdom & Emam,
2025) Some of the most common ones are time-to-hire, cost-per-hire, application-to-
interview ratio, interview-to-offer ratio, offer acceptance rate, and quality of hire. Such
measures are used to determine restrictions or inefficiencies in the recruitment process by
recruiters. Recruitment with Al has simplified this method of gathering and analyzing such
measures by automatically monitoring the career paths of the candidates through the

recruitment process (Gupta & Kumar, 2024).

Moreover, predictive performance results like candidate fit scores, recruitment likelihood,
and estimated tenure can be integrated into the Al systems to enable recruiters to use the
technology. Such indicators are created due to algorithms that process structured and
unstructured information in resumes, application forms, assessment tests, and even video
interviews. As an illustration (Gupta & Kumar, 2024) mentions the application of Automated
Initial Document Screening (AIDC) systems, which not only shorten the time spent on
screening but also gather data on the accuracy and efficiency at each processing stage, which

helps to reveal the drop-offs or gaps in the processes.

Al allows for quicker customized communication, which leads to the improvement of
candidate satisfaction scores and an increase in the rate of engagement. The perceived
recruitment process can be assessed with the help of Candidate Net Promoter Score (CNPS)
and feedback ratings that could be obtained after an interaction (Makhdom & Emam, 2025).
Moreover, Al devices can be used to determine the drop-off rates of the candidates at various

process levels, and this information can guide the areas that need to be enhanced.

2.4 Atrtificial intelligence in recruitment: tools and functions

This section explores the growing role of artificial intelligence across the recruitment
process, from sourcing candidates and parsing resumes to conducting automated
assessments and predicting candidate fit. It further examines how Al-powered chatbots and
predictive analytics are enhancing candidate engagement, and how these tools are being
integrated into existing Applicant Tracking Systems to create a more streamlined and data-

driven hiring process.
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2.4.1 Al-Powered Sourcing and Talent Discovery

Artificial intelligence (Al) has transformed the way modern organizations source talent as
well as discover it, particularly in the lower sections of the recruitment process. The Al-
powered sourcing tools automate the process of identifying candidates through applications
that are used to find potential employees by scanning their resumes, social media networks,
internet portfolios, and internal databases to identify relevant matches to the job
specifications. Trovao et al., (2023) highlighted the significance of the tool of Robotic
Process Automation (RPA) coupled with Al in improving the productivity of HR through
the automation of the monotonous aspects of the sourcing process, including CV scanning
and profile pre-selection. These tools not only save time-to-source, but they also increase the
number of candidates by using data across multiple sources, such as LinkedIn and job

boards.

Moreover, deep learning can help to discover talent better because Al does not apply only
hard skills but also soft skills, values, and even behavioral indicators. The study by (Trovao
et al., 2025) provides an evaluation of how traits are utilized in assessing fitness. The authors
designed a system that combines the data contained in resumes and job ads into a single
format based on feature fusion to enhance the overall candidate-job fit, including implicit
preferences and intentions (Trovao et al., 2025). In the same way, deep learning-based
applications like sentiment analysis assist recruiters by extracting meaning in the
communication patterns of the candidates and aligning them to organizational requirements

(Trovao et al., 2023).

Incorporation of Al in the sourcing practice also presents recruiters with enhanced analytics
and real-time dashboards to make decisions. Al applications in learning institutions, as
illustrated by (Goel & Mishra, 2024), are used to interpret the qualifications of candidates
and offer a matching process, thus saving a lot of time spent filtering resumes manually, yet
enhancing the hiring accuracy. Although the problem of algorithmic bias remains, modern
Al platforms have implemented pure-hearted machine learning to provide the opportunity to
be sourced equally. Ncube et al., (2025) observed that Al systems can help organizations
establish unbiased and transparent recruitment pipelines by implementing explainable Al,

which brings out the rationale behind all recommendations for a candidate.
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2.4.2 Resume Parsing and Ranking Using NLP and ML

Natural Language Processing (NLP) and Machine Learning (ML) have brought tremendous
new changes in the method of recruitment in different organizations because of their
significant role in resume parsing and ranking. Resume parsing involves the extraction and
organization of data contained in the resumes of job applicants, and the use of resume
ranking involves the assessment of the data points in the resume that have been extracted
and organized to rank the candidates that best fit. Gupta & Kumar, (2024) claim that Al
technologies applied in resume analysis have removed numerous mistakes and have made
the process more efficient since the unstructured CVs have been turned into structured and
analyzable forms through the NLP algorithms. This enables organizations to manage a large
pool of applicants and at the same time be very accurate in selecting important qualifications,
skills, and experience. According to a recent study by (Jafri et al., 2024), NLP tools can
extract keywords as well as match resumes with job descriptions and, therefore, enhance the

relevance of shortlisted candidates.

Furthermore, resume processing software using Al is better at making decisions due to the
ability to process them using algorithmic fairness and bias detection. Explainability, which
assists HR managers in comprehending how Al systems rank their candidates, has become
an element of Al systems. Applications such as resume matchers, provided by SAP and
custom ATS platforms, adopt supervised learning to match the profile of the candidate and
the set criteria. Ncube et al., (2025) argue that such tools make sure that recruiters do not
consider human bias but on objective criteria, including skills fit, work experience, and
educational experience. Another major strength of NLP in resume screening is that it can
pick up patterns other than keywords. Named Entity Recognition (NER) and part-of-speech
tagging make algorithms understand synonyms, context, and relationships between job roles
and skill sets. In the research by (Trovao et al., 2023), the authors noted that end-to-end
autonomous screening is possible with the assistance of the application of Robotic Process

Automation (RPA) and Al, which reduces recruiter workload and time-to-hire significantly.
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2.4.3 Automated Assessments and Video Interview Analysis

Nevertheless, NLP and ML were not used on resumes without difficulties. The quality of
data used to train these models is one of the major problems. Badly structured resumes, non-
standardization of job titles, and vague phrases are a challenge to extraction accuracy.
According to (Alzyoud A. , 2022), Al analysis of resumes can only be as successful as the
data it analyzes is high-quality, and the model is trained continuously to adapt to the changes
in the job market. The other weakness is the fact that explainable Al is necessary in human-
centric decisions. When HR practitioners want to know the reason why a certain candidate
was ranked higher, it tends to be in areas where labor laws regulate or where diversity
requirements exist. Thus, it becomes essential to include understandable and transparent
algorithms. Data protection rules such as GDPR and safe manipulation of resumes should

be considered when developing Al recruitment systems.

As an example, Gupta & Kumar, (2024) emphasizes that the use of Al platforms has started
to incorporate a combination of psychometric testing, situational judgment testing, and
gamified assessments to assess potential hires on the basis of behavioral insights associated
with data analysis. These tests not only predict job performance better, but they also
minimize the unconscious bias that is common with manual tests. Equally, video interviews
processed through Al take advantage of facial recognition, voice modulation analysis, and

natural language processing (NLP) to assess the responses of candidates.

Indicatively, the researchers created the "vRecruit" model, which uses facial recognition and
sentiment analysis via NLP to analyze interview answers with 96% accuracy and provides
real-time feedback to recruiters. This will not only speed up the recruitment channel but will
also facilitate the use of uniform evaluation standards, which will avoid human prejudices.
Moreover, they facilitate asynchronous interviews, which means that the applicants are able
to attend the interview at their convenience, as well as provide the recruiter with flexibility

and access to a larger talent pool.

2.4.4 Predictive Analytics for Candidate Fit and Retention

Artificial Intelligence (AI) has been embraced in the recruitment process to not only optimize

the efficiency of the process but also to increase the accuracy of the hiring decisions by using
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predictive analytics. Predictive analytics is the act of applying past data and machine
learning models to predict the future, like how a candidate will perform in the job, how they
will fit in the culture, and how they will retain with the organization. Johnson et al., (2021)
argue that Al-based selection systems can combine employment tests, resumes, personality
tests, and interviews to make the final hiring decisions that are more accurate compared to
traditional methods. Such Al models are usually supported by logistic regression, decision
trees, and neural networks, which determine the probability that an applicant will be retained

based on his/her history, previous organizational data, and even behavioral evidence.

Moreover, predictive tools are provided by Al systems and are able to evaluate the future fit
of candidates in the organizational culture and role expectations. Upadhyay, (2025) Artificial
intelligence in the UAE HR market has algorithms that can be used to predict turnover risks
based on performance trends, feedback, and engagement scores. These systems enable HR
professionals to formulate proactive retention plans by detecting employees who may pose
a flight risk in the early employee lifecycle. To illustrate, behavioral pattern recognizers will
be able to identify the signs of disengagement before it is reflected in resignations. Al-Alawi
et al., (2021) also highlighted that recruitment-oriented predictive analytics enables
companies to go beyond responsive to strategic HRM because they are not only interested

in who is qualified but also in who will perform and survive.

2.5 Operational Impact of Al on Recruitment Efficiency

This section examines how the adoption of Al in recruitment has directly improved
operational performance, particularly in reducing the time and cost involved in hiring. It also
explores how Al frees up recruiters from repetitive administrative tasks, allowing them to

focus on more strategic and value-adding aspects of the hiring process.

2.5.1 Reduction in Time-to-Hire and Cost-to-Hire

The impact of the change on Time-to-Hire and Cost-to-Hire will decrease. Artificial
Intelligence (Al) in recruitment has greatly minimized two important performance indicators
in the hiring process, including time-to-hire and cost-to-hire. Tyagi et al., (2023) point out

that Al-based HRMS simplifies the process of conducting a recruitment process by
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automating the screening of resumes and aligning the profile of the candidate with the job
requirements based on previous performance data, thereby cutting down on the time it would
take to select a potential high performer. Johnson et al., (2021) state that the Al-based e-
HRM systems have been useful in reducing employee replacement time by a significant
margin, particularly in sectors with high turnover like the hospitality industry. According to
Trovao et al., (2025) with the assistance of Robotic Process Automation (RPA) and Al,
SMEs can create autonomous hiring pipelines, where such activities as resume parsing and
shortlisting are substituted by self-educating systems that become increasingly effective as

time goes by.

Although these advantages exist, time and cost savings achieved with the help of Al cannot
be successfully realized without an approach to change management and strategy
implementation. The research of (Goel & Mishra, 2024) points out that resistance to change
and lack of technical knowledge are the impediments to the implementation of Al in the
context of educational HRM, particularly within the traditional or resource-limited setting.
However, organizations that have broken these barriers have registered a high ROIL. As an
illustration, (Tyagi et al., 2023) records the experience of companies such as Siemens and
IBM that have adopted Al-based HRMS to automate the onboarding processes and forecast
job success to eliminate delays in hiring and minimize costs associated with attrition-related

rehiring.

2.5.2 Enhancements in recruiters' productivity and strategic focus

The main aspect of influence is improving the productivity of recruiters. The article by
(Wulandari & Ibest Moeslem J. Diko, 2024) shows that Al applications like applicant
tracking systems (ATS), predictive analytics, and natural language processing simplify the
recruitment funnel, pre-screening the applicants, ranking them, and scheduling interviews.
These streamlining saves time wasted on repetitive tasks and enables the HR managers to
invest more energy in the creation of talent pipelines, relationship building, and alignment
of recruitment with business objectives. By doing so, Al will enable recruiters to be strategic,
but not operational executors. Equally, (Wang & Feng, 2023) determined that the
implementation of Al creates a better recruitment process because of the effective decision-

making and increased access to real-time information.
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Although Al is a solution that has a lot of advantages, the shift to the strategic recruitment
model would require continuous training and upskilling. The article by (Makhdom & Emam,
2025) highlights the necessity of establishing trust in HR professionals in Al systems to
utilize their potential to the full. Devoid of trust and competence, recruiters will be unwilling
to use Al tools or make full use of their capabilities. The study recommends that HR
departments should focus on capability building when integrating Al to make sure that the
integration of Al fosters recruiter performance instead of disesmpowering them. Purohit &
Banerjee, (2025) recommend that Al is not supposed to substitute human judgment but to
complement it. Al offers the means to increase the depth of analytical capabilities, yet job
seekers need to make conclusions, evaluate the contextual fit, and make the final decision in
accordance with the organizational culture. This is a hybrid model, a combination of

automation and human skills, which is a new age of strategic HRM.

2.6 Al and candidate experience

This section explores how Al is reshaping the experience of job seekers throughout the
recruitment process, from faster communication and personalised interactions to automated
assessments. It also critically examines the tension between the perceived fairness of Al-
driven evaluations and the risk of candidates feeling disconnected, while highlighting how

transparency plays a key role in building trust and satisfaction.

2.6.1 Improving responsiveness and communication

Responsiveness and communication have been greatly enhanced within the recruitment
process due to the introduction of Artificial Intelligence (Al), especially chatbots and other
virtual assistants, which have transformed the experience of the candidates. Among the most
obvious opportunities discussed in the literature, there is the fact that Al allows for instant
24/7 communication with job seekers. As a result of the comparative research conducted
throughout Latin American organizations, (Espinoza-Acero et al., 2024) have identified that
chatbots provided a communication flow wherein candidates could get immediate responses
regarding their inquiries concerning job positions, job openings, and employment. The

authors assert that automated messaging systems integrated in Al-enhanced recruitment
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processes were positively associated with the perceptions of recruitment effectiveness and

innovation in the organization (Makhdom & Emam, 2025).

Additionally, communication that is enhanced with Al enhances responsiveness, but also
personalization and consistency of interaction with the candidates. Chatbots can save and
utilize the information about the candidate that was obtained during previous interactions to
make future communications more personalized. As an example, (Espinoza-Acero et al.,
2024) observed that task-oriented chatbots in Latin America were able to retrieve databases
to respond to specific and personalized queries of applicants and included information on
the organization's roles, wage scales, job requirements, and recruitment updates. The
usefulness of chatbots in establishing a more transparent and inclusive experience was also
demonstrated in the results of the UAE-based study by (Makhdom & Emam, 2025), which
found that Al-based communication tools helped to provide equal access to the information

regarding the recruitment process, especially when it comes to the large pool of applicants.

Espinoza-Acero et al., (2024) state that poorly designed bots that give ambiguous or
irrelevant answers will confuse candidates and, therefore, negate the benefit they are meant
to provide. Also, excessive dependence on automation with no obvious extension ladder to
the human HR department may result in dissatisfaction with the candidate. In their argument
(Makhdom & Emam, 2025) says that although automated communication tools can
significantly enhance efficiency, their application should be done together with well-defined
procedures on how and why human recruiters should interfere in the complex or sensitive

interaction.

2.6.2 Personalized interactions and feedback mechanisms

The empirical analysis of Latin America by (Espinoza-Acero et al., 2024) shows that
recruitment chatbots are popular for giving personalized data about open positions, job
qualifications, application status, and the requirements for the next steps. The authors
demonstrate that the candidates engage with the chatbots in structured and semi-structured
conversations that respond to the particular queries of the candidate and provide personal
navigation through the recruitment process. It is indicated in the study that chatbots use
internal databases of recruitment to retrieve details about a specific candidate, e.g., the

vacancy being applied to, interview times, and unfiled paperwork, and in this way,
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organizations can swap generic responses with bespoke instructions. The same findings are
presented in the article about the perception of Al in recruitment by (Horodyski, 2023),
which states that applicants view Al-based recruitment systems as more supportive when the
systems provide them with customized information and process updates because of their
individual application process. It is revealed that perceived personalization plays a positive
role in applicants having a sense of procedural clarity and perceived fairness, the key

elements of a positive candidate experience.

Bespoke engagement, which has been considered an essential aspect of Al-based recruitment
systems, has been enhanced by feedback. The conventional methods of recruiting do not
usually give applicants good or accurate feedback, especially when they fail. The
implementation of Al solutions allows providing permanent, automated, and personalized
feedback on various levels of the recruitment channel. Espinoza-Acero et al., (2024) suggest
that application status, interview confirmation, and preparation communication through
recruitment chatbots are common in Latin American organizations and are specific to the
phase that the candidate is in the recruitment process. The authors also demonstrate that
chatbots can provide reminders, pre-interviews, and post-interview messages, which are
dynamically created in accordance with the profiles of the candidate and the recruiter. Such
customized feedback loops contribute greatly to the minimization of the information
asymmetry between organizations and applicants and enhance transparency (Benabou et al.,
2024). African Journal of Business and Economic Research also suggests that digital
recruitment systems with Al-based communication functionality boost the interest of the
candidate by giving them specific messages and personalized feedback instead of mass
communication. They have shown that personalized feedback enhances candidate
satisfaction, perceived organizational attractiveness, and positivity to further engage in
interaction with the employer brand, even for non-selected candidates. Makhdom & Emam,
(2025) present quantitative data according to which Al-based recruitment systems enhance

the experience of the candidates by responding more quickly and individually.

2.6.3 Perceived objectivity vs. dehumanization in Al assessments

Artificial Intelligence (AI) in recruitment has brought a huge change in the process of

candidate assessment, especially in perceived objectivity. The Al algorithms are commonly
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praised for eliminating human prejudice, using homogeneous criteria, and providing data-
driven choices that are consistent and scalable. Makhdom & Emam, (2025) found that a
significant number of HR experts had confidence in the ability of Al to base objective
judgment on the applicant evaluation. They revealed that they had high confidence that the
Al tools can be used to reduce human error and implement uniform assessment criteria,
which will improve the impartiality of the recruitment process. In the same way, (Horodyski,
2023) described the perception of Al assessment as objective due to the absence of human
subjectivity, including mood, fatigue, or unconscious biases. Specifically, automated resume
screening or pre-employment tests are perceived to minimize the impact of superficial or
extraneous variables such as name, age, or accent. These tools are seen to enhance a fairer
recruitment process by comparing all applicants to the same evaluation, and this is

particularly true during the initial levels of filtering applicants.

Nevertheless, even with the expectations of equity and impartiality, there is an increasing
concern regarding the dehumanizing impact of Al in the recruitment process, as well as in
the form of interviews and evaluations. The lack of emotional intelligence and empathy in
Al systems is a concern to the candidates and HR experts, since, according to (Pandey et al.,
2025), these systems lack these qualities. Automated tests can evaluate facial expressions,
speech tone, or even test responses with no ability to comprehend context or personal
barriers. It gives the perception among applicants that they are being shrunk into data points
as opposed to human beings. In the same study, a significant number of applicants stated
that Al tests are biased and unemotional and that algorithmic decisions can miss out on
important attributes such as adaptability, cultural appropriateness, or even motivation, which
are usually better determined by human recruiters. Horodyski, (2023) cautioned about the
so-called black box problem, when the reasoning of Al decisions is usually unclear and
generates distrust towards the process. The applicants are left unsure why they were rejected,
and even the recruiter might not be able to explain or analyze Al-generated rankings or
scores. Such absence of transparency reinforces the impression that Al is lacking empathy
and can only propagate inequality if it is trained on biased historical information.
Consequently, dehumanization is experienced not only during the process design but also in

the emotional experience of the candidate during the recruitment process.
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2.6.4 Influence of transparency on candidates, trust and satisfaction

Artificial Intelligence (AI) has brought new changes to the recruitment process, especially
regarding the perception of fairness, objectivity, and transparency among the candidates.
Openness is very important in influencing the confidence of candidates with Al-based
recruitment systems. By making candidates aware of the nature in which their data is being
processed and the process used to arrive at decisions, they will be more likely to accept the
results of the process, even when the results are unfavorable. According to (Horodyski,
2023), the lack of transparency in Al algorithms tends to weaken the trust of candidates in
the results of recruitment. In cases where candidates are not given clarifications concerning
why they were chosen or not, they can take the process as random or discriminatory.
Alzyoud et al., (2024) also support the idea that Al systems should be implemented in a
transparent way, which involves creating user-friendly interfaces, as well as well-presented
policies about information usage, which will contribute to a higher level of procedural
justice. This perceived fairness is critical to the creation of trust, particularly in competitive
labor markets where employer brands hold as much weight as the experience of the

candidate.

2.7 Ethical and legal implications of Al in recruitment

This section addresses the critical ethical and legal challenges that arise from using Al in
recruitment, including algorithmic bias, fairness in automated decision-making, and the
importance of transparency in Al models. It also examines how organisations must
responsibly handle candidate data, ensuring that privacy and informed consent remain at the

heart of any Al-driven hiring process.

2.7.1 Algorithmic bias: causes, examples, and mitigation techniques

The introduction of Artificial Intelligence (AI) to Human Resource Management (HRM),
specifically, the area of recruitment, has brought up a great deal of ethical controversy,
especially with regard to algorithmic bias. The problem of algorithmic bias is when Al

systems make unjust judgments that can discriminate against people or groups according to
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their gender, race, age, or educational background. Such biases are also generally based on
historical data that it trains its Al systems on; thus, a system would recreate or even enhance
discrimination as long as the previous data on recruitment is based on discrimination
(Trovao et al., 2025). As an example, Amazon (an Al recruitment tool) was caught in a
famous instance where resumes that used the word women got a downgrade score because
it was trained on male-dominated workforce data. To illustrate the point, these are some
examples of how prejudices at the system level, with no controls, can result in discriminatory

choices in hiring in the name of technological objectivity.

The origins of algorithmic bias are numerous, and they may include most of the following
items: biased training data, skewed data representation, ineffective feature engineering, and
insufficient algorithm design. It is theorized that when the training data is biased, the Al
model will not be able to judge candidates adequately belonging to the underrepresented
demographic groups (Trovao et al., 2025). Artificial Intelligence in Recruitment: Multivocal
Review of Advantages, Issues, and Planning. Moreover, black-box models, like the ones
using deep learning, are not usually transparent, and it is hard to trace the reasons why some
decisions were taken. The research conducted by (Gupta & Kumar, 2024) notes that bias
might also be observed due to excessive reliance on proxy variables such as the ranking or
the location of the university, which can be associated with socioeconomic status instead of
genuine talent or suitability. Such technical incompetencies are reinforced by organizational
laxity, in which companies do not check their fairness, auditing, or diversity before

implementing Al tools.

2.7.2 Fairness in automated decision-making systems

The issue of impartiality in automated decision-making systems has become one of the most
significant ethical and legal issues in the use of artificial intelligence in the recruitment
process. It is a known fact of the literature that automated recruitment systems are
increasingly found in assisting resume screening, candidate ranking, analysis of interviews,
and suggesting suitable applicants, but it cannot be expected that such systems are neutral
only because they are technologically motivated. As highlighted in the position paper by
(Trovao et al., 2023), the emphasis made there is that the results of using the algorithms in

recruitment might be unfair, and this occurs without the intention of the researcher
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developing the algorithm because the information they train it with might be based on past
hiring trends, organizational selection, or labor market discrimination. The authors believe
that recruitment algorithms are trained on past organizational choices that can be biased in
their structure, and thus, recreate the pattern in further automated suggestions. Specifically,
the authors emphasize the idea that, even though the use of Al tools is marketed as a method
of lessening the subjectivity of humans, automated decision-making systems can present a
novel set of implicit forms of discrimination, which is harder to uncover due to their technical
nature and obscurity. The same issues are also presented by (Alzyoud et al., 2024), who
determine the problem of algorithmic bias as one of the main ethical concerns in the field of
Al-enabled recruitment. As their review demonstrates, automated systems can favor certain
profiles systematically in case the training data represents certain groups of demographics

or professions in a disproportionate way, thus compromising procedural fairness.

Along with the data-based bias, the literature also emphasizes the organizational and
governance determinants as significant to fairness in automated decision-making systems.
Khdour et al., (2025) elaborate that most organizations implement Al tools without adequate
internal skills to assess ethical risks, legal compliance, and fairness implications. They reveal
that weak organizational preparedness, absence of ethical codes, and low monitoring systems
are key factors that predispose the chance of automated recruitment systems being instituted
without relevant fairness measures. The consequences of this over-reliance may be the
entrenchment of biased decision-making patterns and the exclusion of candidates who are
not of the same historical profile as the dominant ones. Wulandari & Ibest Moeslem J. Diko,
(2024), in the case of Indonesian MSMESs, suggest that, on one hand, due to efficiency and
standardization, small and medium-sized organizations tend to use Al tools without much
managerial concern for ethics and fairness issues. The paper observes that, although
automated systems are useful in standardizing the various recruitment processes and
minimizing the chances of individuals recruiting depending on their own judgment, fairness
is not guaranteed by mere standardization. The authors also state that the responsibility of
automated decisions as per the law and hence fairness should be considered as a managerial
and governance issue and should not be a technical one. These research papers as a whole
indicate that organizational structure, commitment of leaders, and HR capability

development are key in providing fairness to automated decision-making systems.
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2.7.3 Ensuring explainability and transparency in Al models

The fast-paced integration of Artificial Intelligence (Al) into the recruitment process has
brought about serious questions of explainability and transparency, which are two major
pillars of creating ethical and legally justifiable hiring processes. With the models becoming
more complex, especially in deep learning and natural language processing (NLP) models,
the candidates and the HR professionals will have a more challenging time in determining
how it reaches its decisions. Alzyoud et al., (2024) argue that the major problem in the
application of Al-related recruitment is that many algorithmic systems are black-box and
therefore lack accountability and validity in terms of the results of the recruitment process.
According to their study, candidates and recruiters tend to struggle to understand the reason
some candidates are shortlisted or not based on automated scoring or predictive analytics.
Such opaqueness obstructs procedural fairness and prevents a challenge or appeal of
decisions. The authors emphasize that transparency in Al systems is crucial not only because
it is an ethical priority but also because it is required by regulatory standards, especially
when it comes to international data protection regulations like GDPR, which requires the
right to explanation in automated decisions. This translates into the recruitment process,
where candidates ought to be told the rationale behind automated decisions, the information

that is applied, and the impact of such results on their applications.

Besides end-user transparency, explainability is also essential because HR professionals
need to know and justify the Al tools they implement. Since most organizations are adopting
Al with little or no technical knowledge about it, as explained by (Khdour et al., 2025) , they
are implementing Al without a relevant critical understanding of the operational aspects or
the factors that would be relevant in deciding. This ambiguity may lead to unjustified faith
in automation and more legal liability in case the artificial intelligence system provides
discriminatory or biased results. Their research proposes the inclusion of explainable
artificial intelligence (XAI) capabilities that enable HR personnel to understand the steps
that the model followed to reach its results, including what candidate characteristics received
the most significant weight in the evaluation. In the absence of this, companies will be unable
to guarantee the absence of non-discriminatory practices or to protect their hiring procedures
against audit or contestation. Furthermore, the authors emphasize that it is not only a

technical but also a cross-functional effort of the HR manager, data scientists, and legal
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teams to make Al outputs meaningful and ethical, and to make them explainable. This is
even more acute in smaller businesses or MSMESs like those analyzed in (Wulandari & Ibest
Moeslem J. Diko, 2024) because of limited resources and technical understanding.
According to his findings, the implementation of Al in these settings is usually aimed at
performance increase, and transparency is rarely considered. The absence of explainable
mechanisms may, however, be misaligned with organizational values and expectations of

the stakeholders, undermining the perceived legitimacy of hiring decisions.

2.7.4 Privacy and consent in data collection and usage

Al recruitment depends on large volumes of data on candidates gathered, processed, and
analysed, which has led to serious questions of privacy and consent. A significant portion of
Al technologies often demand knowing personal data, including resumes, social media
accounts, behavioural, and even facial evidence during video interviews, which may result
in incidental data privacy breaches when used irresponsibly. Alzyoud et al., (2024) state that
most Al systems applied to recruitment have not been developed with adequate protective
measures for the users, and their unauthorized usage, abuse, or retention may pose threats to
users, despite the need. In their research, they underline that although automation is capable
of enhancing the effectiveness of recruitment, much concern should be expressed regarding
the extent to which data is gathered and the extent to which candidates are sufficiently
informed about the use of such data and its purpose. In most instances, consent is entrenched
in a long privacy statement that might not be well comprehended by the user. As pointed out
by (Wulandari & Ibest Moeslem J. Diko, 2024), this problem is especially problematic with
MSME:s based in developing economies, where educational levels regarding the importance
of data protection are lower than in other geographic regions, and the recruitment platforms
do not have formal privacy policies at all. Such loopholes not only cause a problem when
trust in a candidate is compromised but also put organizations in danger of being sued.
Development of privacy invasion or non-compliant data practices may result in severe

reputational losses and penalties under international legislation such as the GDPR.
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2.7.5 Regulatory frameworks: GDPR, EEOC, and emerging legislation

Newly formed, detailed data protection laws as well as anti-discrimination legislation are
influencing the legal implications of applying Al in recruitment. The most impressive
legislative act in the world is the General Data Protection Regulation (GDPR), which obliges
organizations to provide lawful, fair, and transparent processing of personal data. The
automated decisions, as well as Al-based recruitment results, under GDPR need to consider
the right to an explanation and allow a candidate to challenge unfounded judgments. This,
with reference to the statement made by (Alzyoud et al., 2024) This gives a legal imperative
to recruiters to not only be accurate but also interpretable as well. Another point that the
research raises is that non-adherence to GDPR may lead to legal prosecution, particularly
when Al models are discovered to have affected certain groups disproportionately. In the
US, there is the Equal Employment Opportunity Commission (EEOC), which punishes
discrimination in terms of race, gender, age, or disability. Artificial intelligence technologies
that lead to negative effects without any reasonable cause could be a breach of the EEOC
laws, especially when the employers are unable to prove that these technologies are
unbiased. Trovao et al., (2025) Also, new legislation is turning to accountability audits and
the fairness of algorithms. Their position paper emphasizes that organizations should set
internal auditing mechanisms, frequent bias testing, and transparent documentation of the Al
decision-making procedures. Wulandari & Ibest Moeslem J. Diko, (2024) continues to
caution that most of these regulatory changes leave many smaller firms unprepared, and they
may be committing non-compliance with these changes unless they take action to revise
their systems and training. All of these findings imply that legal frameworks are swiftly
changing in tandem with Al advancement, and organizations should modify their
recruitment approaches in line with ethical principles, as well as enforceable legal

requirements to avoid loss of trust, compliance, and equity.

3 Research design

The following section describes how this study was planned out. The research design gives
a methodological framework for gathering data, analysis, and interpretation, and in the

process of choosing the empirical cases. It makes clear why the selected methodology can
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be used to answer the research problem and how to in line with the overall research
objectives. The design also contributes to the validation of the findings using qualitative

methods, making the study coherent, focused, and methodologically adequate.

There are a few significant reasons why a qualitative research approach was selected for this
study. The focus of this research is not on numbers or statistics, but on the meaning, practice,
and context of Al to the recruitment professional in Finland. Therefore, qualitative research
is the most suitable one because it will enable an in-depth and detailed exploration of the
complex and human experiences, which cannot be fully captured via surveys or quantitative

measures (Creswell & Poth, 2016).

3.1 Research process

The procedure started with a thorough and elaborate literature review to provide a solid
platform on which this study is based and to shape the formulation of the research questions.
It is important to conduct a properly designed literature review since it assists in framing
research questions and locating the study within the already existing body of knowledge
(Creswell & Poth, 2016). Literature studies were done in a methodical and comprehensive
way to have a concrete theoretical and practical foundation. This move made sure that the
research questions covered conceptual talk as well as the practical issues concerning the

topic.

After the review of the literature, the semi-structured interview questions were formulated
to address the major themes that emerged in the previous stages. This strategy enabled the
researcher to study the views of the subjects in adequate detail without sacrificing the
purposes (King et al., 2018). The semi-structured interviews provide a moderate balance
between structure and flexibility. They offer, on the one hand, the transparent structure of
questioning and interaction; on the other hand, they give a chance to explore new ideas and
themes in a natural way during conversation. This flexibility assisted in producing deep,
varied insights by the participants and is utilized by other researchers recently (Shakil et al.,

2024).

Data saturation is a concept that indicates the stage when new themes or information do not

arise due to further interviews, and it is generally applied as a criterion of content validity
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and completeness (Fusch Ph D & Ness, 2015). The decision to achieve saturation was
necessary to see that the gathered data was sufficient to elicit the entire range of the research
topic. Saturation was important to prevent the gathering of irrelevant information as well as
to make sure that the information obtained was detailed enough to answer the research
questions. Although other researchers establish that only 9 interviews can be used to reach
saturation (Guest et al., 2006), this thesis used about 9 interviews since the respondents
included different stakeholders in the recruiting industry. Each participant was deliberately
chosen because of their relevant knowledge, experience, and professional role in
recruitment. The goal was not to select participants randomly but to ensure that the sample
represented a diverse range of perspectives from within the Finnish recruitment industry.
The interviews conducted in diverse groups enhanced the extent of the data as well as its

depth. The mean time of the interview was 40 minutes.

Thematic analysis was used to determine patterns, codes, and themes in an organized way.
Thematic analysis was applied with a mixed approach, which includes the aspects of
Reflexive Thematic Analysis and Coding Reliability Thematic Analysis. Themes and codes
were developed based on an inductive approach. This method helped the researcher derive
meaning from the data rather than impose categories. Thematic analysis allowed organizing
the data in coherent segments in a systematic way, which guaranteed the active development

of the themes and their logical arrangement and understanding (Gohar et al., 2022).

This approach also helped gain better insight into the participants' experiences,
interpretations, and sense-making. I ensured that the meaning of the answers of the
participants was retained, as well as bringing the findings close to the objectives of the
research. A systematic and cautious application of thematic analysis helped the research to
come up with detailed and insightful discoveries that answered the key research questions.
The main data were to be gathered via interviews, and therefore, Microsoft Teams served as
the platform for recording the interviews. In the section below, a visual picture of the general

thesis process is given.
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Figure 2 Research process

3.2 Methodology and data collection

The research adopted a qualitative research strategy to have an in-depth knowledge of the
views and experiences of the research participants. Qualitative research is appropriate when
one wants to discover the complex issues at hand, as opposed to generalizing the findings of
a large population. It is interesting in terms of meaning, perception, and personal experience.
Detailed insights of the stakeholders were necessary to learn more about value creation and
various perspectives, which is why a qualitative approach was the most suitable in this case

(Creswell & Poth, 2016).

Semi-structured interviews were used as the primary way of data collection. In this approach,
there was a pre-arranged set of guiding questions, although flexibility was also seen in
applying the guiding questions to ask follow-up questions during the interview. The
following follow-up questions were useful in digging up critical issues that were not initially
intended but came about during the discussion. Qualitative research usually involves semi-
structured interviews due to their structure and flexibility (King et al., 2018). This balance
will assist the researcher to be focused on the research objectives, as well as giving the

participants a chance to present detailed and meaningful answers. It is particularly necessary
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in the case of studying sensitive or complicated subjects. Thematic analysis was used in data
analysis. Thematic analysis is quite popular in qualitative studies as it provides a clear and
structured process of determining patterns in the data (Braun & Clarke, 2006). It starts with
familiarizing oneself with the data, and thereafter, important sections of the text are coded.
Such codes are then categorized into themes. Braun & Clarke (2006) outline a six-step model
that gives straightforward guidelines for undertaking thematic analysis. The framework

renders the procedure systematic and user-friendly to the researchers.

To enhance the level of transparency and credibility, the analysis was performed in
consideration of the recommendations outlined by (Nowell et al., 2017). This involves
maintaining a good record of the decisions made during research and recording every step
of analysis. Having such an audit trail would be helpful to maintain consistency and enable
others to know how conclusions were made. Qualitative research needs transparency since

the findings are more credible, and the research process can be evaluated critically.

Thematic analysis was particularly appropriate in this study due to the flexibility of the
analysis. It is not restricted to a particular theoretical approach and can be applied in any
study situation (Braun & Clarke, 2006). This freedom enabled the themes to be derived in a
first-hand manner out of the data without being limited to existing theories. Consequently,
the research could provide an elaborate and orderly description of the experiences of the

participants and openness to new knowledge gained during the research process.

3.3 Semi-structured interview

Finland was selected as the research context for this study for several important and
interconnected reasons that go beyond convenience. Finland operates within the European
Union's strict regulatory framework, meaning that organizations are bound by the General
Data Protection Regulation (GDPR), which places clear limits on how personal data can be
collected, processed, and used in automated decision-making. More recently, the EU Al Act
has classified Al tools used in recruitment as high-risk systems, requiring organizations to
demonstrate transparency, accountability, and human oversight. Beyond regulation, Finnish
workplace culture places a strong emphasis on fairness, trust, equality, and transparency,
which means that the introduction of Al into recruitment is approached with greater caution

and ethical awareness than in many other national contexts. These combined regulatory and
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cultural characteristics make Finland a particularly valuable and relevant setting for studying

responsible Al adoption in recruitment practice.

In this study, purposive sampling was applied to sample participants who would give
meaningful and detailed information towards the research questions. Purposive sampling
represents a strategic method that gives attention to the identification of people with certain
knowledge or experience in the topic of inquiry (Palinkas et al., 2015). Selection of
participants in this study was explicit before the data collection was started. A few conditions
were required to be met. They were required to be employed at the time at a job that involved
recruitment in some capacity, be it in a recruitment agency or a headhunting firm or in-house
within a Finnish company. Second, they should have first-hand experience in using Al tools
in their day-to-day recruitment activities, which would mean their answers would be based

on real-world scenarios, and not just knowledge about Al

The data collection process of my master's thesis was key and difficult. First, I identified all
the recruitment agencies in the Kymenlaakso region, such as in Kouvola and Kotka. But this
proved to be a challenge. Some agencies were reluctant to be interviewed, and others had
difficulties with the English language because all the interview questions were designed in
English. All interviews were done in English for two reasons. As an international student
taking a master's thesis in English at LUT University, the use of English for interviews meant
that the responses were always the same and that it was possible to transcribe, code, and
analyse the responses without losing their meaning. English was also used as a neutral
common language between the researcher and the participants, where many of them work in
an international recruitment environment and are comfortable communicating professionally
in English. In addition, there were not that many recruitment agencies operating in the
Kymenlaakso region, mainly due to a lack of industries. Further, most of the vacancies in
this region were advertised for Finnish language speakers, which meant that international

recruitment was not a priority for many agencies operating in the region.

Given these challenges, I broadened my strategy and started to reach out to agencies across
Finland. T first contacted them via email, but I received very few replies. To increase the
response rate, | began contacting their head offices via telephone and found this to be more
successful. This allowed me to gain several additional interviews. In all, about 60% of the

interviews were secured either via phone calls or email correspondence.
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A breakthrough in my data collection occurred when I attended a job fair, referred to as
"Duuni Day" at LUT University (Lappeenranta-Lahti University of Technology). Duuni Day
is a yearly event for students, during which some prominent companies from all over Finland
participate to engage with potential hires. This was an excellent opportunity to personally
connect with HR managers and an HR representative from one of Finland's prominent and
successful business groups. This face-to-face encounter allowed me to get interviews that |

would not have been able to get otherwise.

The interviews were all conducted via Microsoft Teams. The interviews ranged from 40
minutes to an hour. The timing of the interviews was determined by the availability and
preferences of the participants to make the process as convenient as possible. At the start of
every interview, the participants were made aware that their interviews and the information
they would provide would be used only for this study. They were also told that we would

not publish their names or the names of their companies in the study.

3.4 Analysis Strategy

I have decided to do my data analysis entirely manually, rather than using any specific
software like NVivo. This allowed me to stay closely involved with the data and develop a
better understanding of the participants' views and experiences. By working manually, I was
able to read the interview transcripts several times, identify patterns, and become more

familiar with the details of the data.

This approach is consistent with (Braun & Clarke, 2006), who argue that thematic analysis
depends on the researcher's active involvement throughout the analysis process. They
explain that software can help organize data, but the interpretation and analysis are carried
out by the researcher. Similarly, Holloway & Todres, (2003) suggest that working directly
with qualitative data can help researchers better understand participants' perspectives and

remain aware of important details and meanings.

Therefore, manual analysis was chosen because it encouraged deeper engagement with the
data and helped ensure that the findings were closely connected to the experiences and views

shared by the participants.
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After the interviews had been conducted, I analyzed the videos and the transcripts by
repeatedly reviewing them. The transcriptions were automatically generated by Microsoft
Teams, which provided a good starting point. But I soon realized some of the automatic
transcriptions weren't always correct. Some words or phrases uttered during the interviews
were misinterpreted and thus transcribed in a way that did not reflect the actual language
spoken. To resolve this issue, I reviewed each transcript by listening to the corresponding
video and making any necessary adjustments in the transcripts. This step in reviewing and
editing all the transcriptions was time-consuming (it took a couple of months to complete),

but important.

Once I was satisfied that all the transcriptions were accurate, I began the coding process. I
started to read through the transcripts and began to pick out important information, themes,
and points of discussion raised by the participants. I labelled these important bits of
information with a code, which is a brief description of what was said. This is a typical
process in qualitative research, called open coding, in which a researcher makes sense of the

data line by line.

Once I had identified codes from all the interviews, I started to organize codes that had
similar meaning or referred to a particular topic. This process is known as categorization,
and it helped me to group the vast amount of data into smaller groups. Finally, through
analyzing these clusters of codes, I was able to identify patterns which became the main
themes of the study. These then formed the basis of the analysis and allowed me to address

the research questions of this thesis.

To represent a balanced view of the recruitment process, the study did not only focus on
recruitment agencies. Interviews were also conducted with HR staff from leading Finnish
companies. The names of the companies and respondents involved are anonymized in this
research as it has also been documented in other studies (Rashid et al., 2022) . Below is the

list of interviews conducted, including their roles and relevant experiences as shown in Table

1.

After the data was collected and analyzed, triangulation was carried out through
documentation and cross-verification. This enabled the study to gain insights from both
perspectives into the recruitment process: those who are experts in sourcing candidates

(recruitment agencies) and those who make the final hiring decisions for organizations (in-
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house HR staff). This approach offers a more comprehensive view of the current state of
recruitment in Finland. Each interview transcript was checked against the corresponding
video recording to confirm accuracy before coding began. The codes and themes generated
from the interviews were also cross-checked against the existing literature reviewed earlier
in this study, allowing the findings to be compared with previous research and verified for
consistency. This process helped to strengthen the credibility and reliability of the findings
by ensuring that the conclusions drawn were well supported by the data and not based on a

single source of interpretation alone.

Table 1 Information about participants, their roles, and experience

SR No Informants Current Role Relevant Experience
1 A Specialist 7

2 B Specialist 7

3 C Sales/ Management Unknown

4 D Senior headhunter 28

5 E Talent acquisition partner 21

6 F Manager 18

7 G Specialist 10

8 H Recruitment head 11

9 I Recruitment Consultant 16

4 Results and Analysis

To analyze the interviews conducted, thematic analysis was performed, and codes and

themes were generated accordingly.

Insights from the interviews were focused on these key areas as follows.
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4.1 AI Adoption Across the Stages of the Recruitment Process

The results indicate that most commonly, artificial intelligence (Al) is utilized in the initial
and administrative phases of recruitment. Writing job ads while using artificial intelligence
was the most mentioned in all nine interviews. Participants talked about how they have
leveraged Al tools for generating initial drafts, refining language, ensuring the text is
inclusive, and adapting its tone for various audiences. All types of organisations reported
this as the beginning of Al's use in recruitment in Finland, indicating job advertisement
writing is the first step in the process. In the sourcing stage, Al use was limited. The majority
of participants indicated LinkedIn as their main source for finding candidates and continue
to search through it manually. Al tools cannot use LinkedIn directly in Finland because of

GDPR restrictions, limiting the possibilities of Al to be used in sourcing.

In the screening and assessment stages, Al adoption was found to be low and cautious. The
majority of the participants agreed that all applications are still considered manually. A few
organisations said that they used applicant tracking systems (ATS) that come with Al
capabilities for keyword matching; however, the participants often found this imperfect and
added that there was always a process of human review. Several of the participants
referenced Finnish labour law as a cautionary note about making Al-based decisions in
screening. However, in the assessment phase, Al's use was largely within the control of third-

party psychometric testing systems, not the recruiter directly.

Al's presence was limited in the interviewing and onboarding process. Some reported using
Al tools to transcribe and summarize interviews, saving a lot of time in the documentation
process. None of the participants, however, said that they use Al for judging candidate
answers or conducting interviews. During the onboarding process, Al was limitedly used in
all organizations, and most participants said that they either manually process or don't have
direct control over it. The results indicate that the use of Al in recruitment in Finland is
concentrated in administrative tasks and has the lowest level of use in decision-making and

post-hire.

Early and administrative recruitment tasks such as job announcement writing are the key
areas where Al is most commonly being utilized. Al application in sourcing, screening and

onboarding is minimal due to GDPR restrictions, manual preferences, and concerns related
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to Finnish labor law. In general, Al usage diminishes in the recruitment process as it

progresses toward hiring and post-hiring.

4.2 Operational Efficiency and the Continued Need for Human Verification

The interviews show clearly that Al has brought real and measurable time savings to
recruitment, particularly in writing and documentation tasks. Participants described how
tasks that used to take several hours can now be completed much faster with Al assistance.
Examples included writing job advertisements, preparing candidate summaries, creating
finalist presentations, and generating interview transcripts. One participant shared that
preparing presentations for five finalist candidates used to take around eight hours and now
takes under thirty minutes. Another estimated that their team saves approximately 150 hours
of manual work every month thanks to Al Participants also reported improvements in
candidate communication, with automated messages reducing waiting times and keeping

candidates better informed throughout the process.

None of the respondents reported a situation where Al has made an ultimate hiring decision
without the involvement of humans. In all organisations, Al outputs are always checked and
verified by a human before use. Several participants mentioned instances in which Al
yielded false results, including missing out on significant information in transcriptions,
qualified candidates in the screening process, and errors in Al ranking tests when compared
to human assessment. Through these experiences, the idea of using Al as a resource emerged,

rather than a definitive answer.

The participants also pointed out that Al is not capable of reading between the lines or
understanding the context. When it comes to finding out why someone may have taken a
break from their career or an atypical career trajectory, experienced recruiters said they could
spot it, which an Al system can't do, as it's based on a set of criteria. This type of contextual
awareness was seen as vital to determining if a candidate would be a good fit with an
organisation's culture and expectations. The results indicate Al is not a substitute for human
participation in recruitment. Rather, it redirects the use of human effort — from mundane to
verification, critical thinking and personal judgment. The delicate relationship between Al
efficiency and the human element in recruitment is evident in the current approach of Finnish

recruitment professionals.
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There have been tangible time savings, especially in documentation and communication,
achieved using Al. But no company can make hiring decisions without people taking part in

the process. Al continues to be used as a tool, not a solution in recruitment.

4.3 Navigating GDPR and ethical boundaries in Al-driven recruitment

Ethical and legal considerations were also frequently discussed by participants when
describing the use of Al in recruitment. Many interviewees emphasized that recruitment
processes involve sensitive personal information, which means that organizations must be
careful when introducing new technologies. Concerns related to data privacy, regulatory
compliance, and ethical use of Al emerged as important factors influencing how Al tools are

implemented.

Participants noted that candidate information must be handled responsibly and in accordance
with existing regulations. As a result, organizations often limit the type of data that can be
processed through Al tools, particularly when using publicly available platforms. Several
interviewees explained that they prefer using internal systems or company-approved
technologies when working with candidate information to ensure that sensitive data remains

protected.

Another issue raised during the interviews was the need to maintain fairness and
transparency in recruitment decisions. Participants indicated that organizations must be able
to explain how candidates are evaluated and why certain decisions are made. Because Al
algorithms can sometimes operate as “black boxes,” recruiters expressed caution about

relying too heavily on automated systems that may be difficult to interpret or justify.

These concerns correspond closely with the literature review, which highlights ethical
challenges associated with Al-based recruitment systems. Previous research suggests that
algorithmic bias, lack of transparency, and misuse of personal data are among the most
significant risks associated with Al in HRM. Scholars have therefore emphasized the
importance of responsible Al governance and compliance with data protection regulations

such as GDPR.

The findings from this study reinforce these arguments. Participants demonstrated a strong

awareness of the ethical responsibilities associated with recruitment technology. Rather than
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adopting Al tools without restrictions, organizations appear to be implementing them

cautiously while ensuring that legal and ethical standards are maintained.

Basically, Recruiters showed a good understanding of GDPR and ethical considerations in
relation to the use of Al. All candidate information is safeguarded by a system that is either
internal or company-approved, not a public Al platform. The "black box" nature of Al has
raised concerns, further emphasizing the importance of transparency and human oversight

in decision-making processes.

4.4 Limited trust and the need for human verification of Al outputs

While many interviewees acknowledged the efficiency benefits of Al, there was a cautious
approach toward depending on the output from Al. One of the constant topics of discussion
among participants was the reliability of automated screening and analysis systems. Some
respondents expressed situations where Al-generated outputs needed to be thoroughly vetted

and validated before they could be applied to hiring decisions.

Participants mentioned that there have been instances where candidate information has been
misinterpreted by automated screening systems and/or applications prioritized incorrectly.
This is frequently done due to Al tools being data-driven from written content and
predetermined requirements. For this reason, if a candidate's experience is stated within a
different terminology from what the system expects, qualified candidates may be passed by.
However, due to these constraints, recruiters highlighted the need for manual verification of

Al-generated content.

One of the issues that emerged during the interviews was the possibility of Al systems
generating inaccurate or incomplete summaries of candidates' information. These summaries
can be helpful for initial analysis but are not suitable to be trusted without some human
intervention, recruiters stated. That's why many organisations focus on the initial findings of
Al and do not use Al as a final evaluation. Participants also viewed Al tools as advisory
systems capable of recognizing patterns or making sure that applications have any potential
problems. Their recommendations, however, should be taken with a pinch of salt, they said.
There is still a role for human evaluation of the accuracy and relevance of information

produced by Al.
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The results correspond with previous studies mentioned in the literature review, which also
pointed to transparency and reliability as significant issues in Al based recruitment systems.
It has been noted that algorithmic models are not necessarily successful in describing human
qualifications and experiences. Organizations are thus encouraged to keep human
supervision during the use of Al technologies in HR processes. This study's findings
certainly illustrate this conservative attitude. Al's analytical strengths are well received by
recruiters, who are still needed to do the final verification to ensure recruitment decisions

are accurate and fair.

Participants showed a skeptical view of the AI outputs, including some examples of
information about candidates being misunderstood and summaries being incorrect. Content
created with the help of Al is considered a preliminary perspective, and not a final
assessment. It is still essential that human verification be performed to keep recruitment

decisions accurate and fair.

4.5 Al as a learning tool: supporting recruiter knowledge

What was revealed during the interviews was that Al is not limited to automation but can
also be used as a learning and knowledge support tool. Multiple participants shared that Al
aids them in enhancing their knowledge of professions, industries, and technical abilities that
they may not be familiar with. This is particularly beneficial in recruitment scenarios where
the job is very specialised. Participants mentioned using Al tools to master technical jargon,
get an overview of new roles and job titles, or create lists of associated skills and job titles.
This gave the recruiters a better understanding of the roles that they would be filling, and
made it easier to identify the right people, while saving them the time of conducting their

own research on new topics.

Another positive aspect that was cited in the interviews was that Al assists in the recruitment
team in coming up with extra keywords and search terms for sourcing candidates. Recruiters
could broaden their scope of candidates, as when people used varying terminology to
describe the same skills. The results are consistent with previous studies reviewed in the
literature, which emphasize the importance of Al in HR knowledge management and
decision-making. Al technologies are able to process large amounts of information and

provide meaningful insights, helping professionals make more informed decisions.
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Beyond just changing the recruiting approach of recruiters, results indicate another shift, and
one more closely related, as Al is also impacting the way candidates approach the recruiting
process. Multiple participants mentioned that they are seeing an increased number of
candidates using Al tools to enhance their CVs and cover letters, grammar, structure, and
clarity. This makes applications more polished, but it also poses a new challenge for
recruiters, who will now have to determine what parts of the application were written by the
candidate and which parts were produced by Al. Meanwhile, the participants acknowledged
that communication technology solutions powered by Al have enhanced the candidate
experience by minimizing ambiguity and boosting the speed and clarity of communication

regarding the process of applying for jobs.

These results combined show that recruiters are more and more using Al as a tool to enhance
their learning and become more flexible in the face of complex recruitment challenges rather
than to substitute for their expertise. Meanwhile, candidates have been using comparable
tools to make themselves more presentable. The impact of Al on the recruitment process is
not confined to internal business operations but is increasingly influencing the overall
experience for everyone involved in the recruitment process, including recruiters and

applicants.

In brief, Al is increasingly being used by recruiters to develop their knowledge of new
industries and jobs, as well as technical skills. It also allows for more extensive sourcing

with the help of alternative keywords and search terms.

5 Discussions

This chapter discusses the key findings of the study in relation to the main research question
and the four sub-research questions. It also connects the findings to the existing literature

and concludes the broader implications of Al adoption in Finnish recruitment practices.

This research aimed to study the use of Al in the recruitment process in Finland and the
impact it is having on recruitment practices. The general results that emerge from the nine
interviews conducted is that of a slow and conservative change rather than a fast one. Al is
being adopted in recruitment organisations, but primarily as a complementary assistant, not

a replacement for recruiters, to speed up the process, understand the nature of the job roles



57

better, and increase the ability to communicate with candidates more effectively. Meanwhile,
participants had reservations about fairness, data privacy, and the danger of over-reliance on
information created by Al, indicating that Finnish organisations are becoming cautious about

the use of Al, yet maintaining human involvement in significant choices.

The first sub-research question concerned human judgement in the use of Al in recruitment,
and the results indicate that human judgment is still used at the beginning of the hiring
process in all the organisations so far interviewed. None of the participants reported using
Al to make a final hiring decision. Several said that they recruit based on things like
motivation, personality, and 'fit in the workplace,' which are not easily quantifiable and are
seen in conversation. For example, experienced recruiters were often able to provide the
same context that is missing from a CV, like explaining why a person took a career break,
whereas an Al system would be more apt to see that as a red flag, since it is based on set
criteria. This is in line with previous studies that address the importance of conceptualizing
Al as a decision support tool, not a decision-maker (Johnson et al., 2021; Purohit and
Banerjee, 2025), and the findings in this study indicate that this is also the case in practice

in Finland, where the recruitment profession is to be found.

However, it is important to note where Al was seen to be prominent in the recruitment
process, as this is an aspect that has not been discussed in previous literature. The two
specific areas where the use of Al was seen to be much greater were in the writing of job
advertisements and the documentation of interviews, including transcribing and
summarising interviews. By contrast, there was little or no Al use in sourcing, screening,
assessment, and onboarding. This is a significant shift from numerous other sources
commenting on the relative evenness of the embedding of Al in the recruitment process, for
example, from sourcing to onboarding (Ali & Kallach, 2024; Jafti et al., 2024) . The findings
of this study indicate that this adoption is more fragmented and stage-specific, and the
interviews indicate some practical explanations for that. There are not a lot of downsides to
using Al to write job ads and record interviews; the Al will make mistakes that will be edited
by a human before anything is finalized. However, sourcing was mentioned by several
participants as being limited due to GDPR constraints, which is a legal barrier and not a
technological one, but rather specific to the EU regulatory framework. The issue of screening
and assessment was handled more intentionally, with participants consistently pointing to

Finnish labour law and the possibility of making "unfair" or "unexplainable" decisions as a
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reason to maintain the manual process of screening and assessment. This indicates that the
adoption of Al in the context of recruitment in Finland is not merely about what tasks are
most technically feasible to be automated, but rather it is influenced by the specific
conditions of the data protection regulation and the cultural need to be able to explain the
recruitment decision to the individual concerned by the decision. This is a particular result
that has not been adequately explained in previous studies, which typically take place on

markets with few regulatory provisions, like the United States.

The second sub-research question was whether Al can enhance efficiency without replacing
human verification, and the results indicate that it can do both! The majority of benefits
mentioned were related to the administrative burden: the participants reported that they were
now able to write job ads, create a summary about the candidates, make notes during
interviews and talk to candidates much faster. Preparing a presentation of five finalist
candidates used to take close to a full working day and now takes less than half a day, said
one of the participants, while the other estimated that they save about 150 hours of manual
work per month in their organisation. Simultaneously, all the organisations in the study have
pre-vetted Al-generated content, as participants had encountered Al summaries that were
incorrect or missing information, transcriptions that weren't complete, and screening that
failed to identify an appropriate candidate due to a lack of keywords. This aligns with prior
studies indicating that while Al can boost efficiency, it needs to be complemented by human
oversight to guarantee accuracy and fairness (Khdour et al., 2025; Trovao et al., 2025). This
study bolsters that argument by providing a clearer understanding of what human
verification in practice replaces: work that isn't repetitive, written or documented, but rather

verified, corrected and judged by human beings for the work that Al is doing.

The third sub-research question was how the recruitment organisations in Finland are
addressing GDPR obligations and ethical concerns regarding the use of Al, and results reveal
that there is a strong and consistent grasp of their responsibilities in this regard among all
the interviewed organisations. Participants shared that they do not use public Al tools to
provide the sensitive information of a candidate but instead use company-approved systems
or Al that is integrated into a secure system like Workday and Team tailor. Several also
noted that given that candidates can ask why they were not selected, organisations are
unlikely to rely on Al when they are unable to provide a reason for the decision, and this is

referred to as a “black box” type of problem. The results complement the previously
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published data protection and algorithmic transparency as key issues in Al-assisted
recruitment (Alzyoud et al., 2024; Ncube et al., 2025). A contribution that this study brings
is that in the Finnish context, compliance is not a purely legal reaction. Participants were not
only describing how fairness, accountability and trust were values in and of themselves but
also identified a more Nordic sensibility to transparency in working life beyond the
regulatory requirement, which is generally lacking in the literature from outside the Nordic

tradition.

This is perhaps the most original aspect of the study, as it examined how recruiters use Al
as a learning tool and how Al is changing their experience. Some mentioned using Al not to
automate a position, but to learn about the industry, new terminology, or job titles before
sourcing candidates for an interview, thereby improving the ability to ask relevant questions
and to better assess a candidate's suitability for a position. The existing literature has largely
focused on the automation, efficiency, or bias aspects of Al rather than its learning potential,
with a few studies addressing the same topic (Ali & Kallach, 2024; Johnson et al., 2021;
Rukadikar et al., 2025). In addition, participants noted that candidates are now using Al to
fine-tune their CVs and cover letters, improving the surface quality of the applications but
also making it harder for recruiters to assess the degree of personalization in an application.
Others have recognized the role of digital tools in the preparation and presentation of
candidates (Benabou et al., 2024; Horodyski, 2023), but the problem of how to identify an
Al-supported application from a true candidate's capability has not received a broad
examination in the literature. Combined, the two trends indicate that Al is transforming
recruitment on multiple fronts: recruiters leveraging Al for deeper insights, and candidates
using Al for a more competitive profile, leading to a new recruitment landscape where

neither side is informed enough to fully understand the new dynamics.

In general, the results of this study indicate that Al is being integrated more and more into
recruitment activities in Finland, but in a cautious, selective and human-controlled manner.
None of the organisations that were interviewed are using Al to decide on hiring or replacing
recruiters. Instead, Al currently serves primarily to alleviate administrative burdens, enhance
communication, facilitate recruiter education, and accelerate mundane tasks, but human

judgment, ethical duty, and transparency continue to be at the heart of recruitment.
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6 Implications

These implications help in the understanding of what this research adds to the current theory
and how the results can be practically applied to Finnish recruitment organisations. If this
discussion is missing, the results might just be descriptive and not actionable. These

contributions are divided into two parts: theory and management.

6.1 Theoretical Implications

The results of this research directly contribute to the theory, and its theoretical contributions

and extensions are meaningful in the field of Al adoption in HRM.

First, this study is an extension of the Resource-Based View (RBV) (Barney, 1991) theory
as it assumes that Al is just another organizational resource rather than a more complex
vision. According to Barney (1991), a resource can create a competitive advantage only if it
is valuable, rare, inimitable, and non-substitutable. Previous studies in the field of HRM have
largely approached the use of Al tools by assessing whether they meet these requirements,
based on the tools' technical features. However, the results of this study contradict this,
demonstrating that the same Al tools, applied in the same national market, can yield
significantly different results, depending on the internal capacities, ethical governance, and
human knowledge within organisations. This indicates that the most important thing is not
the Al itself, but the resources that Al can utilize. Instead, it is the ability of the organisation
to responsibly consume, audit, and manage the outputs generated by Al that is valuable and
tough to copy. This result goes beyond the concept of RBV, which still views the unit of
analysis as the technology itself rather than the human and organisational practices that shape

how the technology is used (Johnson et al., 2021; Rukadikar et al., 2025).

Second, this study is a theoretical contribution by describing the function of Al as a
knowledge-support and learning tool for HRM in recruitment, a function that has not yet
been identified and theorized in the current HRM literature. Existing literature on the use of
Al in recruitment has consistently highlighted the three areas where Al is believed to make
a contribution: automate repetitive tasks, increase efficiency of screening and sourcing, and

potential risks of algorithmic bias (Ali & Kallach, 2024; Alzyoud et al., 2024). The results
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of'this research study uncover a fourth and unique function not included in these frameworks.
Consistent participants mentioned using Al to quickly develop their own knowledge of new
industries, technical occupations, and industry jargon before they were able to source and
interview to build a new job. This is no automation of a task or process metric; rather it is
using Al to enhance the process. It's all about supplementing the recruiter's own knowledge
and professional ability, on the fly. This discovery provides a new theoretical perspective
for the study of Al in HRM, bridging the gap between Al adoption studies and general
organisational learning and knowledge management (OLKM) research (Barney, 1991;
Ncube et al., 2025), and indicates that the theoretical frameworks of Al in recruitment should

also encompass theories on individual professional development as a mechanism of OLKM.

Third, this study contributes to the literature on Al and candidate experience by empirically
revealing an Al-and-candidate-experience dynamic that has not been fully captured in the
literature. Past research on digital recruitment and candidate experience has predominantly
centred around the impact of technology on the organisational end of the hiring journey,
such as the efficiency boost for recruiters, speed of screening job posts and quality of
interaction with candidates (Benabou et al., 2024; Horodyski, 2023). The results of this
research highlight that candidates are also changing their own behaviour when interacting
with the same technology and increasingly using Al tools to make their CVs and cover letters
more compelling to potential employers, but not necessarily in a way that demonstrates their
ability. The old theory that the application documents would be a good indicator of the
candidate's ability is being challenged from both angles now in a way that Al screening tools

can misread applications and Al writing tools can overstate applications.

6.2 Managerial Implications

The results of this study have some implications for recruitment managers, HR professionals,

and organisations in the recruitment market in Finland.

Firstly, the results indicate that organizations must consider using Al as an investment in
organizational capability and not just a technology procurement. Al's utility in recruitment
is not just about the tools; they're broadly accessible and common practice in organizations
of all sizes and sophistication. Rather it is from the way these tools are integrated into daily

work, the critical training of staff and the structures of verification processes that are centered
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on the products of these tools. To address these concerns, recruitment managers should focus
on building internal Al governance protocols, establishing guidelines for approved Al tools
that use sensitive information, setting up structured training on prompt-writing and
reviewing Al outputs, and periodically auditing Al-generated content for accuracy and
fairness. Organisations that adopt Al without investing in the human skills around it are
likely to face some of the issues many participants mentioned, such as the reliability of the
systems and the potential for inaccuracies, like missing candidates, or unfairness issues like
inaccurate summaries and screening errors that might not be detected if not checked by a

human.

Second, the results have direct implications for the management of legal and ethical
responsibilities of organizations under GDPR and the EU Al Act. The data in this study
demonstrate that the Finnish recruitment professionals are already very conscious of these
responsibilities and that this is a factor influencing the use of Al. But the study shows that
compliance practices are significantly different across organisations with smaller companies
more likely to follow standard practice and not have a formal policy governing compliance.
To formalise their data governance practices, recruitment managers, especially in smaller
organisations, should create written policies regarding the platforms that can be used with
candidate data, how the data should be anonymised before it is used in Al tools and the
documentation of Al-assisted decisions which can be explained to the candidates if
necessary. Organisations which have developed governance frameworks in-house will be
more likely to show compliance with the EU Al Act than those that have been using

individual awareness as a governance mechanism.

7 Conclusion

To conclude, the results showed that the human role is still needed for the whole recruitment
process. Recruiters still rely on their personal experience and their personal interpretation of
the job when assessing candidates, making hiring decisions, and maintaining a fair and
transparent recruitment process. The participants also had a high understanding of the GDPR
requirements and the ethical aspects of Al use in recruitment. Based on the findings, it

appears that the greatest success will be achieved when Al is used in conjunction with, but
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not instead of, human skills. One of the most significant benefits of Al in recruitment is its
ability to automate repetitive and time-consuming tasks, freeing up time for recruiters to
dedicate to more interpersonal, critical thinking, and professional judgment tasks. Fairness,
trust, and transparency are highly appreciated in working life in Finland, and that balance
seems to be particularly relevant. With the ongoing advancement of Al technology,
recruitment firms may discover additional strategies to incorporate this technology into their
processes. But the results of this study show that the role of human judgment, ethical
responsibility and transparency will remain central in the recruitment process. For
organisations, it's not just an issue of getting new technologies to work but ensuring that
these technologies work in a way that enables fair treatment of the candidate and

organisational efficiency.
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