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Generative artificial intelligence tools such as ChatGPT, Microsoft Copilot and Claude 

have been adopted rapidly in knowledge-work settings, where they are often presented as 

instruments for productivity, speed and cost efficiency. This thesis examines the gap 

between these managerial expectations and the lived experiences reported by IT-related 

knowledge workers. The research problem is that organizations are adopting generative AI 

tools faster than they are developing evidence-based practices for managing their effects on 

work, skills, autonomy and professional identity. The study uses a multivocal literature 

review design that combines formal academic and practitioner literature, 150 manually 

screened Reddit posts from professional communities, and five semi structured interviews 

with IT workers. The material was analyzed thematically and compared across the three 

evidence sources. The analysis identifies five recurring themes: deskilling and skill 

erosion, workload transformation, surveillance and control, identity threat, and 

management disconnect. The findings show that generative AI does not simply reduce 

work; it often shifts work toward validation, review and correction. Workers also report 

dependency on AI tools, uncertainty about monitoring, and a perceived gap between 

leadership narratives and day-to-day practice. Management disconnect was the most 

frequent theme in the Reddit data and was also strongly reflected in interviews. The thesis 

contributes a role sensitive framework for understanding generative AI adoption in IT 

work and argues that successful adoption requires training, transparent guidelines and 

realistic managerial expectations rather than a narrow focus on productivity metrics. 
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1. Introduction 

This chapter will introduce the overall thesis structure, present background information, 

and research problem, research questions for the study, and finally the scope of thesis. 

1.1 Background 

Generative Artificial Intelligence (GenAI) has rapidly transformed since early 2022, 

following the public release of tools such as ChatGPT and MS Copilot. Although these 

tools were launched earlier, mass adoption has risen significantly in recent years. 

Organizations across industries have been motivated to adopt these tools to achieve 

significant productivity gains. Beyond productivity, organizations also see cost savings and 

enhanced innovation capabilities, allowing managers to drive value-driven business in less 

time. From this perspective, managers have been investing heavily in the broad adoption of 

GenAI tools. 

However, like most adoptions, this also comes with some challenges to overcome and 

some misalignments that may have occurred during such mass adoptions. A growing body 

of practitioner evidence emerging from social media, blogs, and other online platform 

discussions points to growing concern among knowledge workers that the ground realities 

of using GenAI tools differ from managerial expectations. Professionals report various 

concerns over the tools' usage, such as skill erosion in terms of critical thinking processes, 

unexpected time for validation of results that may be provided by GenAI tools, high 

employee surveillance using AI tracking tools, and lack of clarity from managers about AI 

ethical policies. These concerns suggest a sort of "Productivity Paradox," where individual 

efficiency gains do not translate to organizational productivity gains, and workers 

experience unexpected negative consequences (Faros AI, 2025; Memmert, Soroko and 

Bittner, 2025). 

This disconnect between managerial expectations and lived realities through the lens of 

professionals represents a significant research gap. Although academic literature has 
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started to examine overall GenAI's impact on work and work performance, most of this 

academic research has been around technical capabilities and organizational outcomes, 

compared to only a few studies that have systematically captured and compared both 

perspectives from managers and workers. 

Research on automation suggests that this expectation is incomplete. Bainbridge's (1983) 

account of the ironies of automation shows that technologies designed to reduce human 

effort may create new monitoring, intervention, and accountability demands for workers. 

Similarly, the productivity paradox literature argues that productivity gains from digital 

technologies often appear only after organizations redesign skills, processes and 

complementary practices (Brynjolfsson, Rock and Syverson, 2021). Recent work on 

generative AI also indicates that professionals often reallocate effort toward prompting, 

checking, editing and validating AI outputs rather than simply reducing their workload 

(Memmert, Soroko and Bittner, 2025). These findings align with practitioner concerns 

raised in online discussions, where workers describe increased validation work and skill 

erosion (Shukla et al., 2025; Zhou et al., 2025). The Faros AI report (2025) further 

reinforces this pattern, showing that while developers using AI complete more tasks, they 

also spend significantly more time reviewing code and fixing bugs. 

Studies on workplace surveillance also support these concerns. Rivera Jimenez et al. 

(2025) introduced the concept of "surveillance triage," where GenAI platforms become 

additional observers in the workplace, tracking not only outputs but also the processes 

workers use. Kayas (2025) reports that a significant majority of US employers now use 

tracking tools, with many using AI analytics to measure productivity. These findings 

suggest that the gap between managerial expectations and worker experiences extends 

beyond productivity to issues of trust and control. 

The identity threat associated with GenAI adoption has also been documented. Raghavan 

(2026) found that writers actively managed their authenticity, deliberately choosing less 

polished outputs to avoid appearing AI-generated. Shukla et al. (2025) similarly found that 

UX practitioners worried about losing their professional identity as "creators." These 

identity concerns reflect a broader pattern where workers feel their professional roles are 

shifting from creators to reviewers, from specialists to generalists (Raghavan, 2026; Shukla 

et al., 2025). The term "vibe coder" has emerged in practitioner discourse to describe this 



 14 

loss of craft, where workers increasingly copy and paste AI-generated code rather than 

writing it themselves. 

Zhou et al. (2025) provided experimental evidence of long term skill erosion, 

demonstrating a "creative scar" effect where performance decrements persisted months 

after AI withdrawal. This suggests that deskilling is not merely a perception but an 

empirically observable outcome of AI assisted work. 

Wu and Sundararajan (2025) offer an economic explanation for this phenomenon. Using a 

principal-agent framework, they show that workers have rational reasons to underinvest in 

training AI systems that could eventually replace them. Their model demonstrates that 

settings where training yields the highest productivity gains also put workers at the greatest 

risk of displacement, creating a fundamental misalignment between individual and 

organizational incentives. This misalignment contributes to the management disconnect 

that workers frequently report. 

Together, these findings suggest that the integration of GenAI into knowledge work is 

more complex than the productivity narrative suggests. While organizations invest heavily 

in AI tools, workers report deskilling, workload transformation, surveillance pressure, 

identity threat, and a persistent disconnect from management narratives. This study aims to 

systematically investigate these themes across multiple data sources 

1.2 Research Problem 

The research problem of this thesis is that generative AI tools are being adopted in IT 

related knowledge work faster than organisations are developing evidence based guidance 

for managing their consequences for workers. The central problem is not only whether 

generative AI improves productivity, but how the adoption of these tools changes skills, 

workload, autonomy and professional identity from the worker’s perspective. 

The thesis investigates the discrepancy between managerial expectations and worker 

experiences. Managers often frame generative AI as a productivity enhancing technology, 

while workers may experience the same tools as a source of additional validation work, 

dependency, surveillance anxiety or devaluation of expertise. Without a clearer 
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understanding of this discrepancy, organisations risk implementation failures, reduced 

trust, hidden workload increases and long term deskilling. 

1.3 Research Questions 

In order for this study to follow a systematic procedure, the following three research 

questions will be the main focus of this study. 

• RQ1. What themes emerge from the public discussion about Gen AI usage and 

their experiences with Gen AI? 

• RQ2. When managers promise productivity gains from AI tools, what actually 

happens on the ground from the employee's point of view? 

• RQ3. Do IT workers like ( programmers, quality assurance specialists, content 

writers, and researchers) report similar problems and coping strategies? 

This thesis focuses on conducting a Multivocal literature review in order to 

systematically evaluate and investigate the inconsistencies between managerial 

expectations versus the actual employee experiences, and what does knowledge workers 

actually think about Gen AI tools adoption across sectors at such a rapid pace. The thesis 

will work on an established structure by (Garousi et el. 2019). This study integrates formal 

literature review, human generated grey literature (Reddit discussions), and employee 

interviews to provide an understanding from different perspectives. 

1.4 Scope Of Thesis 

The scope of this study is to focus on professionals from information technology related 

fields, such as software developers, researchers, data scientists, and quality assurance 

specialists. This focus is consistent with recent research on GenAI adoption, which has 

identified IT professionals as early adopters experiencing significant workplace 

transformations (Faros AI, 2025; Shukla et al., 2025; Memmert, Soroko and Bittner, 2025). 

The grey literature part of this study is limited to public discussions from subreddits related 

to programming, specifically r/cscareerquestions, r/programming, r/chatgpt, and 

r/experienceddevs. These communities were selected because they are among the most 
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active forums where IT professionals openly discuss their work experiences and AI tool 

usage. This approach follows the methodological precedent established by Shukla et al. 

(2025), who analyzed over 120 Reddit discussions from UX-focused communities to study 

practitioner concerns about AI-assisted work. Posts from 2022 onwards will be included in 

this study only, as this marks the period when GenAI tools became widely accessible. 

The interview aspect of the study will include a small number of people from technology 

fields (5 interviews). This sample size, while limited, allows for in depth exploration of 

individual experiences and aligns with similar qualitative studies on AI adoption in 

knowledge work (Memmert, Soroko and Bittner, 2025; Raghavan, 2026). 

The study is not claiming to be a representation of all industries and knowledge workers, 

and is limited to information technology. Nor is the study aiming to provide a quantitative 

measure of productivity. Instead, it aims to capture the actual experiences, issues, insights, 

and perceptions of professionals, which can later be used for further research purposes. 

This approach is consistent with the exploratory nature of the multivocal literature review 

methodology, which prioritizes depth and contextual understanding over generalizability 

(Garousi, Felderer and Mantyla, 2019) 

1.5 Structure Of Thesis 

The complete structure of this thesis can be seen in table1.0 below. 

Chapter 1 Formally introduces the study 

Chapter 2  Presents the theoretical framework and reviews 

about relevant literature on automation, 

deskilling, productivity paradox 

Chapter 3 Research Methodology of the thesis, including 

MLR, data collection process, and analytical 

methods 

Chapter 4 Presenting the findings 
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Chapter 5  Discussing finding in the lights of literature 

review and our 3 research questions. 

Chapter 6 Concluding with implications, limitations, 

and suggestion for future research. 

 

Table 1.0: Breakdown of thesis chapter by chapter  
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2. Background of the Study 

This chapter presents the background literature relevant to the research problem: the 

discrepancy between managerial expectations and employees experiences of generative AI 

in everyday knowledge work. The chapter is not a separate literature review study; rather, 

it provides the theoretical and empirical background for the multivocal review conducted 

in this thesis 

This chapter reviews the existing literature relevant to our main research problem: the 

discrepancy between managerial expectations and employees’ experiences of Gen AI in 

day-to-day work. The review is structured according to MLR principles outlined by 

(Garousi et el. 2019). 

The chapter starts with core theories of automation and their paradoxical influence on IT 

professionals’ work, mainly referencing Bainbridge’s (1983) foundational work and its 

modern applications to AI systems. It then reviews empirical research on the productivity 

paradox linked to AI adoption, including large industry studies that highlight the 

disconnect between organizational performance metrics and individual contributions. 

Subsequently, the chapter also reviews research on workers’ experiences on deskilling, 

workload transformation, surveillance, and identity threat in AI mediated work 

environments. Lastly, the chapter synthesizes these elements of literature to identify the 

research gaps that this thesis addresses.  

2.2 Ironies Of Automation 

This section outlines Bainbridge's (1983) ironies of automation and their relevance to 

GenAI adoption in knowledge work. 

2.2.1 Bainbridge’s Framework 

The foundational model for understanding paradoxical effects of automations of human 

work is highlighted by Bainbridge’s (1983) seminal paper “Ironies of automation”, which 
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remains relevant even today. She claimed in her paper that automation systems were 

designed to reduce the need for human intervention, but paradoxically are making human 

intervention more critical rather than less. She identifies several ironies that are relevant 

even in the Gen AI context. 

First, she observed that automation creates new cognitive burdens. While automation 

does eliminate a few routine tasks, it simultaneously requires more human monitoring of 

the automated tasks, humans need to intervene when systems fail, and maintain new skills 

that are required, which were never in the picture. The same paradox is evident in Gen AI 

adoption as well, where IT professionals require more time to validate the outputs 

generated by AI tools than they would require in order to create something from scratch, A 

finding documented by Memmert et al. (2025) in their study of knowledge workers 

becoming “process administrators” rather than content creators. 

Secondly, Bainbridge highlights the “deskilling paradox”. There are certain skills that 

workers lose due to lack of usage because of automation taking over those tasks, that they 

may require the most when automation fails.  This concept has been empirically validated 

in one the studies in Gen AI context by Zohu et al. (2025). He documented a “Creative 

Scar” where users of AI tools showed consistent performance decrements even months 

after withdrawal of those tools, their lab showed “while generative AI enhances creative 

performance, users do not truly acquire the ability to create and easily lose it once 

generative AI is no longer available" (Zhou et al., 2025)”.  

Third, Bainbridge shows the “Out of the loop performance problem”. Users of highly 

automated systems become less capable of manual control due to a lack of opportunities to 

practice. This is reflected in reddit discussion analyzed by Shukla et al. (2025), where UX 

professionals described “cognitive offloading” to AI tools lead by fears of “forgetting how 

to design without AI assistance”.  

2.2.2 Present Day Application to Gen AI 

Recent academic work has extended Bainbridge’s framework to the specific content of 

Gen AI. Shukla et al. (2025) explicitly incorporated “ironies of automation” in their 
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analysis of AI assisted design work, identifying 3 contemporary ironies. (table 2.0 

illustrates it below) 

 

Irony Bainbrige Work Gen AI Manifestation 

Skills Erosion irony Operators lose skills due to 

disuse 

Designers “erosion of 

critical design skills”. 

(Shukla et al. 2025) 

Cognitive load irony Automation shift, not 

irradicates human work 

Workers spend more time 

reviewing AI output than 

creating. (Memmert et al. 

2025) 

Responsibility irony Operator held accountable 

for system failures they 

cannot prevent. 

Workers fear being blamed 

for AI generated errors they 

did not introduce. 

   

Table 2.0: Comparing Ironies of automation 

This theoretical framework offers the perspective used in this study to interpret workers’ 

reports of deskilling, heightened workload, and threats to their identity. 

2.3 Productivity Paradox In AI Adoption  

This section examines the productivity paradox in AI adoption and its relevance to 

knowledge workers. 

2.3.1 Productivity Paradox In Historic Context 

The idea of the "Productivity paradox” is well known in IT research. Solow (1987) noted, 

"You can see the computer age everywhere but in productivity statistics," which gradually 
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became famous as the Solow Paradox. Later, Brynjolfsson and Hitt (1998) showed that IT 

productivity growth is slow and may take years to become evident. 

Similarly, in the context of artificial intelligence, Brynjolfsson, Rock, and Syverson (2021) 

introduced a productivity J-curve model. They argued that the full benefits of AI will 

develop gradually as the surrounding ecosystem grows, including new business processes, 

skills, and organizational structures. The model is highly relevant to the ongoing topic of 

AI productivity. During the early adoption phases, employees may face higher cognitive 

demands and restructuring costs before any productivity improvements are realized. 

2.3.2 Empirical Evidence in The Gen AI Productivity Paradox 

Recent large scale empirical research further confirms the productivity paradox associated 

with adopting Gen AI. The Faros AI Research Report (2025), which examined data from 

10,000 developers across 1,255 remote teams found that even though developers using AI 

assistance completed 21% more tasks and merged 98% more pull requests, their code 

review time has also increased by 91% and bug rates rose by 9% Faros AI et al (2025). The 

report concluded that “any correlation between AI adoption and key performance metrics 

evaporates at the company level" (Faros AI, 2025). 

The findings are further reinforced by other industry surveys. The EY (2025) report on 

global mobility stated that only 28% of organizations receive “transformational impact” 

from the AI tools. This divide between individual adoption and organizational gains 

exemplifies the productivity paradox, which this thesis explores through worker narratives. 

2.3.3 Explanatory Mechanism 

Researchers have proposed various mechanisms to explain the Gen AI productivity 

paradox. Mermmet et al. (2025) argued that knowledge workers do not simply reduce 

effort when using Gen AI. Instead, they engage in “Effort Reallocation.” Their 21 

interviews with knowledge professionals showed that these workers strategically 

reallocate, and sometimes even increase, their effort. They continue learning to better 

control GenAI and see themselves as process administrators. There is strong evidence that 
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work shifts from content creation to content validation, which carries an increased 

cognitive load. 

On the other hand, Wu and Sundararajan (2025) offered an economic explanation, using a 

principal agent framework, they demonstrated that a strategic agent will trade off 

improvements in output quality and ease of effort to preserve their wage bargaining power. 

(Wu & Sundararajan, 2025). Their finding displayed those settings in which training 

investments yield the highest productivity gains also put the agent at the greatest risk of 

mistakenly creating an AI twin that will displace them in the long run (Wu & 

Sundararajan, 2025). This results in core misalignment between organizational incentives 

and organizational productivity objectives, providing a structural explanation for why the 

productivity paradox persists.  

2.4 Workers’ Experience of Deskilling And Skill Transformation 

This section covers the literature on deskilling, reskilling, and upskilling in GenAI assisted 

work environments. 

2.4.1 Deskilling Theories in Literature  

The idea of deskilling has long standing origins in work sociology. Braverman (1974) 

claimed that scientific management and automation tend to disconnect planning from 

doing. Shifting skills from workers to management and machines. More recent research 

has more nuanced lens, acknowledging that can both deskill certain aspects and enhance 

skills in others (Zuboff, 1988). In the context of AI, Zeng et .al (2025) introduced a three 

part framework to understand skill outcomes, deskilling (losing skills), reselling (gaining 

new AI related skills), and upskilling (improving current skill with AI assistance). This 

model offers a helpful way to analyze workers reported experience of skill changes, this 

also provides a valuable baseline for future researchers. 
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2.4.2 Empirical Evidence Of Deskilling 

A few studies have suggested that generative AI might actually be making people worse at 

their jobs, not better. Take Shukla and their team (2025). They looked through Reddit 

threads where UX designers discussed using AI day-to-day. What stood out was how many 

designers felt they had become too dependent on the tools. Some said they were losing the 

ability to come up with their own design ideas. One person wrote: "I catch myself waiting 

for AI to suggest options rather than generating them myself." 

 

In another study of (Zhou et al. 2025) also provided evidence in the similar aspect of 

deskilling. In their “Creative illusion” study. In a large-scale natural experiment involving 

more than 419,000 academic papers along with a longitudinal lab study, they found that 

users aided by AI tend to overrate their creativity and experience “persistent performance 

decrements” once AI is removed. Their idea of a “creative scar”, where “performance 

drops and content homogeneity continue even months after AI withdrawal” (Zhou et al., 

2025) has important implications for understanding the long term effects of GenAI on 

skills.  

2.4.3 Reskilling & Adaptation 

Not every effect is negative. Science direct (2025) also shows demonstrated a pathway of 

reskilling. Professionals adapt to new skills such as prompt engineering, AI output 

evaluation, and human-AI interaction. This pathway resonates with findings from Dubey et 

al. (2024). Who has put forward an AI framework “AI literacy”, as new workplace 

competencies that include AI capabilities and limitations, evaluation of AI outputs, and 

strategically integrating AI into workflows? 
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2.5 Surveillance, Control, & Identity Threat 

This section reviews how workers experience surveillance and identity threat when using 

GenAI tools, and how these concerns contribute to the gap between managerial 

expectations and worker realities. 

2.5.1 Algorithmic Management & Workplace Surveillance 

Digital transformation has enabled new forms of algorithmic management and workplace 

surveillance. In a 2020 study by Kellogg, Valentine, and Christin (2020) have documented 

how algorithms at work create “new contested terrain of control”, enabling real time 

performance monitoring, automated scheduling, and data driven evaluation.  

In the context of Gen AI a concept of “surveillance triage” was introduced; the 

phenomenon where Gen AI becomes an additional observer that does not only track 

outputs but the processes that are being used by workers in terms of AI assistance. Rivera 

Jimenez et al. (2025). It is further reinforced by some industry surveys that confirms the 

presence of AI enabled surveillance. (Kayas Report 2025) showed 74% of US employers 

are now using tracking tools, with 61% using it to measure productivity via AI analytics. 

The report also documents the harsh and negative backlash from workers, "stress from 

constant monitoring," and "fear of being replaced by metrics that don't capture actual work 

quality" (Kayas, 2025). 

2.5.2 Peer Surveillance & Identity Threat 

(Raghvan 2026) expanded the surveillance literature by examining a peer monitoring 

within creative communities. Her ethnographic research involving 41 professional writers, 

and an analysis of online creative forums displayed that writer keep a close watch on each 

other for indications of AI use, resulting in “disintegrated solidarity” and a “fear of 

devaluation and loss of recognition” (Raghvan, 2026). 

A striking finding was authenticity management, workers deliberately choosing less 

polished outputs to avoid appearing AI generated. One writer in Raghvan’s study said, “I 
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caught myself deliberately choosing a less elegant sentence structure because I was 

worried the better version would make people suspicious" (Raghavan, 2026). This reflects 

how Gen AI creates identity threats, as professionals balance using efficient tools and fear 

of devaluation. These concerns extend beyond creative fields; Shukla et al. (2025) reported 

UX practitioners worried that “using AI extensively would diminish their identity as 

'creators'". 

2.6 Manager To Worker Expectation Gap 

This section covers the literature on the expectation gap between managers and workers in 

AI adoption. 

2.6.1 Different Perspectives on AI Value 

A frequent theme in the literature is the difference between managerial and professional 

worker’s preceptive on technology adoption. Managers usually focus on overall 

productivity matrices, saving costs, and maintaining competitive advantages; However, the 

workers actually feel the micro level effects of technology adoption, such as change day to 

day work, skill requirements, autonomy, and job satisfaction (Zuboff, 1988).  

Like section 2.3.2 of the thesis, these claims in the context of Gen AI, can also be 

corroborated through (EY 2025) report, which stated that while “executives emphasize 

‘efficiency" and ‘cost savings," employees express concerns about "job security," "skill 

relevance," and "workload changes" (EY, 2025).  

2.6.2 Mechanism Of Divergence 

Wu and Sundararajan (2025) came up with a model to explain the reason for the existence 

of this gap. They look at it through what is called a principal-agent model. What they 

found is that AI could actually make both the company and the worker better off, but the 

incentives do not align properly. Workers are scared that if they train the AI too well, it 

might eventually replace them. So they hold back. And that means the productivity boost 
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that could have happened never fully materializes. This insight is backed by empirical 

evidence from (Memmert et .al 2025) in the study, they observed that workers deliberately 

manage their effort, time to time, in ways that do not align with managerial productivity 

goals. Workers reported they often limit their use of AI for tasks where high-quality 

outcomes might be attributed to the AI rather than their own abilities. An understandable 

response to devaluation risk outlined by (Raghvan 2026). 

2.6.3 Research Gaps  

Even though researchers are starting to figure out some of what is going on, there is still a 

pretty big hole in the research. Not many studies have actually sat down and compared 

what managers expect from AI tools with what workers actually experience when using 

them. Most of the work out there either looks at just the management side or just the 

employee side. Or the studies are done in lab settings where things feel fake and nothing 

like a real job. That makes it hard to know if the findings would hold up in an actual 

workplace. Additionally, few research efforts have leveraged the extensive, unsolicited 

accounts shared by workers on public forums to understand their experiences with and 

perceptions of GenAI adoption.  

This thesis seeks to fill that gap by bringing together three kinds of material. First, formal 

academic papers which mostly reflect what managers and researchers think. Second, grey 

literature like Reddit posts where workers speak for themselves. And third, a couple of 

interviews to add some real-life context. Putting all three side by side gives a fuller, more 

grounded picture of how manager expectations and worker realities actually differ. 
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3. Research Methodology  

This chapter presents the research methodology, including data sources, collection 

procedures, and analytical techniques. 

The research questions introduced in Chapter 1 were addressed through the following 

methodological approach. The goal was to identify the gap between managerial 

expectations and actual experiences lived by knowledge workers (IT Professionals) while 

using Gen AI tools. In order to understand and evaluate these gaps, to address this,  

evidence gathering from different methods were required, not just rely on a simple 

literature review, but also understand it through real world conversations workers have 

online, and then finally align them with some interviews to really get a gist of what it is all 

about.  

Therefore, A Multivocal Literature Review (MLR) was selected as the research 

methodology, or MLR for short. Garousi and his colleagues (2019) wrote an entire paper 

on how to conduct this type of review properly. The basic idea is simple. Most literature 

reviews focus only on peer-reviewed academic papers. But for a topic like this, where 

workers are talking constantly on Reddit and other forums, leaving those voices out would 

mean missing most of the story. So, an MLR brings in both formal literature and what they 

call "grey literature", blogs, forum posts, videos, that sort of element. This chapter walks 

through each step of that process. This chapter describes the methodological steps taken in 

this study, including the selection of academic sources and Reddit threads, the conduct of 

interviews, and the thematic coding of the collected data. 

3.2 Why Multivocal Review Literature Review?  

For maybe a much more mature topic, a literature review would have been a much easier 

choice, since it has volume of academic research and data depth that can help solidify for 

whatever the researcher maybe looking for. However, in the case of Gen AI adoption; it is 
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moving faster than academic publishing can keep up. With this rapidly evolving landscape 

of Gen AI tools where before getting a paper reviewed there is high probability of the tools 

either changing or evolving into something new. Meanwhile workers are posting in real 

time on platforms like Reddit about what is working, what is frustrating, and what is 

scaring them in these situations. Ignoring these posts would mean ignoring evidence is this 

specific case. Lastly, Short conversations (interviews) with professionals will further help 

solidify our findings. 

Fig (1) below illustrates my triangulation approach. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Fig (1) Triangulation 
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3.3 Formal Literature Review 

The first phase of the literature review focused on identifying what previous research had 

established on the topic. 

3.3.1 Databases And Search Terms 

Primarily three databases were searched, Scopus, IEEE Xplore, and Google Scholar. These 

were chosen because they are the most accessible for software engineering and human-

computer interaction research.The search terms used were a mix of keywords related to AI, 

work, and skill outcomes. After trying different combinations, following were the ones 

study settled with: 

• “Generative AI” And “Deskilling” 

• “AI Productivity Paradox” 

• “Chatgpt” And “Skill Erosion” 

• “Copilot” And “over resilience” 

• “Generative AI” And “Workload” 

"ChatGPT" and "Copilot" both were used because they are the two most widely adopted 

GenAI tools among knowledge workers (Faros AI, 2025). Using both terms ensures that 

the research capture studies focused on developer specific tools (Copilot) and more general 

knowledge work tools (ChatGPT). I also ran a broader search using "Generative AI" to 

catch studies that did not mention specific tool names 

3.3.2 Inclusion and Exclusion Criteria  

Only papers that met following few basic conditions were included  

1. Paper must be only in English 

2. Needs to be published between 2022-2025 (since GenAI only became widely 

available in late 2022) 

3. Papers needs to have direct relevance to Gen AI effects on knowledge workers, 

skills, workload, or job satisfaction. 
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Table (3.0) below represent the excluded criteria table 

 

Exclusion Category Definition No of Excluded 

Purely technical papers Papers that are focused on technique, 

model architecture, algo performance 

and not employee experience, or does 

not discuss worker 

12 

AI in manufacturing or robotics Papers that study AI applications in 

physical production, assembly lines, 

or robotics these contexts differ 

fundamentally from knowledge work 

8 

Non English Papers Paper not written in English 2 

Papers before 2022 Papers before Gen AI became widely 

accessible. Papers dated before 2022 

3 

Text Access Restricted Papers with no full literature access 

were discarded 

9 

 

Table (3.0): Exclusion Criteria For Papers 

 

Papers that were purely technical were left out, for instance papers having model 

architectures or training models because they provide little to none insight about worker’s 

experiences. In addition, papers that only looked at AI in manufacturing or robotics were 

also left out, since those are a moderately different from knowledge work. 

3.3.3 Final Selection 

After systematic screening and filtering, 18 papers were deemed relevant for the literature 

review. Honestly, this is not a huge number. But the academic literature on Gen AI and 

worker experiences is still pretty thin. A lot of what is out there focuses on productivity 



 31 

metrics or technical performance, not on what workers actually feel or go through. That 

gap is part of why this study matters. 

Table (4.0) below present a summary of search result summary 

Database Intital Hits After Screening After full text 

review 

Final Included 

Scopus 82 22 15 6 

IEEE Explore 26 11 16 9 

Google Scholar 50 38 18 3 

Total    18 

 

Table 4.0: Summary Of Search Results 

The papers studies rely most on, are: 

• Bainbridge (1983) – the classic paper on why automation never works out the way 

people expect 

• Memmert, Soroko, and Bittner (2025) – a study showing that knowledge workers 

do not reduce effort with AI; they just shift it around 

• Zhou et al. (2025) – a paper that found something called a "creative scar" where 

people got worse at tasks after using AI 

• Wu and Sundararajan (2025) - a model explaining why workers might hold back on 

training AI that could eventually replace them. 

Criteria For "Relied Most" On: 

The core papers were selected based on three criteria, all the above listed papers fit 

extremely well on these factors. 

1. Direct relevance: Papers that directly addressed themes I found in my data 

(deskilling, workload, surveillance, identity, management disconnect). 

2. Methodological alignment: Papers that used similar methods (interviews, Reddit 

analysis, case studies). 
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3. Citation impact: Papers that were frequently cited by other researchers, indicating 

their influence in the field. 

 

In addition, Faros AI report (2025), which is not a peer-reviewed paper but a large scale 

industry study. It had data from over 10,000 developers, which was too useful to ignore. 

Reviewers can find multiple citations and references in the thesis throughout this research. 

What Does “Useful” Mean:  

Paper was considered "directly useful" if it met all three conditions: 

1. It was relevant to at least one of my research questions. 

2. It provided empirical evidence or a theoretical framework that I could cite in my 

literature review or discussion. 

3. It was published in a peer reviewed journal or conference proceedings (with the 

exception of the Faros AI report, which I included as an industry data source). 

3.4 Reddit Analysis 

The most critical element was data collection. I wanted to observe what workers were 

saying when they were not being interviewed by a researcher. What they actually feel 

about the subject. 

3.4.1 Why Reddit?  

Reddit was used as a grey literature source because it contains public, threaded and often 

detailed discussions in which workers describe experiences without being directly 

prompted by a researcher. This makes it useful for identifying naturally occurring 

concerns, although the data must be interpreted carefully because posters are anonymous 

and not statistically representative.  
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Table (5.0). Reddit source and search log 

Subreddit Rationale Candidate 

results screened 

Included posts 

r/webdev Software development work and 

practical AI coding discussions. 

42 31 

r/cscareerquestions Career and workplace discussion 

among software and IT workers. 

38 24 

r/programming General programming community 

with AI related technical work 

discussion. 

31 19 

r/ExperiencedDevs Senior developer discussions with 

workplace and mentoring 

perspectives. 

27 20 

r/ArtificialIntelligence AI adoption and productivity debates. 28 18 

r/ChatGPT Tool-specific discussion including 

work use and dependency. 

26 16 

r/Microsoft365Copilot Copilot specific workplace and 

monitoring concerns. 

12 9 

r/womenintech Workplace experiences and 

management expectations in 

technology roles. 

11 10 

r/artificial  Good discussions around AI but very 

limited data 

5 1 

r/singularity Open IT discussion 3 2 

Total Manual screening log. 223 150 

 

Table (5.0): Subreddits Used 

 



 34 

3.4.2 Post Collection Process 

Reddit's search functionality was used to manually retrieve posts, applying the following 

search terms per subreddit: 

• Co-pilot made me worse 

• Forgetting how to code 

• AI productivity overrated 

• Management expects AI 

• Reviewing AI code 

Figure (2) below illustrates my reddit post collection flow in more details 

 

 

 

 

 

 

 

Fig 2: Post Collection Flow 

3.4.3 Post Filtration Criteria 

Posts were filtered based on some rules and criteria’s, these criteria’s can been seen in the 

table (6.0) below 

Criteria Description 

Min Length Post must be at least 50 words long 
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Core Topic Must talk about using Gen AI at work 

Relevance to Research Question Must mention something relevant to the 

research questions, such as:  

• Skills  

• Workload 

• Management expectations 

• Surveillance 

Excluded Content • Posts that are just venting without 

detail  

• Posts that are clearly jokes or 

sarcasm  

• Posts from people who are 

obviously not working 

professionals (e.g., students, 

hobbyists) 

 

Table (6.0) Post filtration 

 

3.4.4 Quality Concerns 

In order to overcome a challenge for user authenticity over Reddit, a verification strategy 

was developed to assess the authenticity of Reddit posts. First, posts were selected based 

on whether the user had a history of commenting in professional communities. Second, the 

content of each post was examined for relevance and depth. Even if the person may not be 

who they are claiming to be, the concerns raised about skill loss, workload, management 

pressure, were still authentic and worth paying attention to. 
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Additionally, posts with the number of upvotes or comments were prioritized. Not because 

upvotes corresponds to something is true but it translates to the community found it worth 

engaging with. 

3.5 Interviews 

To give the findings from academic literature and Reddit findings more depth, 5 interviews 

from industry professionals in IT were conducted. The interviews were semi structured so 

that the participants can explain real life experiences and give relevant examples.  

The criteria for inclusion in interviews was following 

1. IT Professionals only (To keep the scope of the research limited) 

2. Professionals with experience >4 years (so that a comparison can be drawn before 

Gen AI vs After) 

The interviews were started with an introduction, and background of the interviewee 

followed up with questions leading to the themes that were highlighted. Questions were 

kept open ended so each of the interviewee can represent their own authentic experience 

within the scenario. 

Interviews were held on zoom, recorded and transcribe with the permission of the 

interviewee. All ethical guidelines were kept under consideration and use for their audio 

and transcription of the interview was confirmed before formally starting the interview. All 

interviews were conducted in the month of June from June 2nd- mid June. All interview 

data is kept anonymous and only their geolocation along with the title, industry, and no of 

years of experience is shared so that context for each transcription can be drawn 

(Permissions to using to their interview quotation was also agreed to; prior interview). 

The complete interview questions are presented in Appendix 1. 
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3.6 Data Analysis & Thematic Coding 

This was the core of the analysis. The data collected from academic papers, Reddit 

discussions, and interviews needed to be transformed into a structured format that could be 

systematically analyzed and understood. 

3.6.1 Understanding Thematic Coding? 

Thematic coding is a widely used qualitative method in which data is systematically read, 

segmented, and labelled with short codes, which are then grouped into broader themes. 

First, “open coding” was performed. In this step an inductive open coding process was 

applied to Reddit posts, where the initial themes were not predetermined but grounded in 

the data. A tag may pertain to something like “skill loss” or “review burden” or “manager 

clueless”. This process generated a preliminary set of codes, The preliminary codes were 

then grouped into broader categories “skill loss”, “forgetting syntax”, and “can’t code 

without AI”, all of these went into a theme termed “Deskilling”. "Review burden," 

"validating AI output," and "fixing hallucinations" went into "Workload Increase. 

3.6.2 The Final Set Of Themes 

After going through back and forth, I finalized the following 5 main themes. Table (7.0) 

shows all of them. 

Category Description 

Deskilling Workers feeling like they are losing core 

skills or becoming too dependent on AI 

Workload Increase AI creating new tasks (reviewing, 

validating, debugging) that offset any time 

saved. 
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Surveillance Workers feeling watched or tracked 

through AI usage metrics 

Identity Threat 

 

Workers questioning their role or fearing 

they are becoming "just proofreaders”. 

Management Disconnect Workers describing a gap between what 

leadership says about AI and what is 

actually happening. 

Table (7.0) Themes  

 

3.6.3 Ensuring Coding Reliability 

A couple of things. First, Keeping a spreadsheet with every post and the codes were 

assigned to it. That way, if someone asked, study can show exactly where each claim 

came. Second, literature was used for guidance. The themes I ended up with were not 

random. They matched up with things other researchers had found Bainbridge on 

automation paradoxes, Memmert on effort reallocation, Raghavan on peer surveillance. 

That gave me some confidence that I was not just seeing things. 

3.7 Putting It All Together  

The study has stated triangulation in earlier parts of this script, however it is nothing but a 

formal or academically accepted word which translates to a very simple idea of not relying 

on one source of idea. If the same theme appears in academic papers, Reddits, and 

interviews, one can be more confident if it is real. If it only shows up in one place, you 

have to be a bit more careful. 

Here is how I did it.  

• What does the academic literature say about this? 

• What do Reddit post say? How many posts mention it? 
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• Do Interviewers also resonate with it? 
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4. Results, Findings & Multivocal Review 

This chapter presents the findings from the multivocal literature review, organized around 

five recurring themes 

This chapter presents the results, findings from the multivocal review conducted 

throughout this research. This analysis is drawn from three different sources, 

1. Academic Literature on automation and AI in knowledge work. 

2. Reddit discussions from professional communities. 

3. 5 semi structured interviews from IT and tech industry professionals. 

The aim of this MLR was to identify recurring themes related to the gap between 

managerial expectations and worker experience of Gen AI tools via systematic thematic 

coding of all three data sources, following 5 themes emerged as a result: 

 

Category Description 

Deskilling and skill erosion Workers reporting loss of core 

competencies 

Workload Transformation AI creating new tasks that offset time 

savings 

Surveillance and control Worker awareness of monitoring and 

tracking 

Identity Threat 

 

Perceived devaluation of professional roles 

Management Disconnect Perceived gap between leadership 

narratives and worker realities 

Table: Themes/Categories  

Each of the themes finding is presented one by one. For each of the theme findings from all 

three sources i.e., formal literature, Reddit data, and interview data presented seperatley 
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and then synthesized. Direct quotations from the interviews are used in order to keep the 

voices authentic also reddit threads quotations are also quoted as is. 

Note: Interview quotes are presented as transcribed, with minor edits for clarity where 

necessary. 

4.2 Theme 1- Deskilling & Erosion 

This section of thesis represents findings, and a complied synthesis focusing on the major 

theme of deskilling and skill erosion. 

4.2.1 Findings From Literature Review 

The concept of deskilling has been a concern in automation research. The paradox of 

automation was identified in Bainbridge (1983). The paradox that explained automation, 

designed to reduce human work often leads to disability of the very skills that are required 

to intervene effectively. In a more recent study by Shukla et al. (2025), analysed over 120 

Reddit discussions from the UX perspective and found that designers express concerns 

over, “over reliance, cognitive offloading and the erosion of critical skills”. 

In another study by Zhou et al. (2025), experimental evidence for this phenomenon was 

provided, demonstrating a “Creative Scar” effect. Where performance decrements 

persisted months after AI withdrawal.  

These studies clearly suggest that deskilling is not merely a worker’s perception but an 

empirically observable outcome of AI assisted work. 

4.2.2 Finding From Reddit Data 

Analysis from Reddit showcases clear signs of frustration over skill erosion, or other skill 

related concerns.  

A user in one of the Reddit threads commented. 



 42 

“'Ive said it before and I'm saying it again; I would never hire juniors in this climate. I 

already started seeing this around 2024 that some juniors barely know how to write code 

and commit generated crap”. (r/singularity, 2026) 

 

Another user described there personal experience as following. 

“I can still read and understand code just fine, and I’m confident choosing tech stacks, 

architecture, etc. but lately I’ve been relying heavily on AI (Claude, GPT, etc.) to actually 

write the code, to the point where I barely type anything myself anymore”.(r/webdev, 

2026) 

4.2.3 Findings From The Interviews 

All interviews raised concerns over dependency on AI tools, however with a different 

degree of concern. 

Interviewee (Germany based QA Automation Consultant with 6 years of experience) 

“That's the scary part. I do a lot use these AI tools, and sometimes I do like to avoid them, 

but I couldn't. So, uh, I am dependent on these AI tools. Even if I'm writing something on 

Jira, like a comment or logging my work, I have to explain it in a proper grammar. So even 

for that, I'm using ChatGPT or Claude. So yes, I am, uh, too much dependent on, on these 

platforms. And if they are not there, then it would be a lot of, not a lot, but, uh, some 

trouble for me, but, like, it would take some time to complete a task”. 

Interviewee (Finland Based Solutions Engineer with 7 years of experience) 

“If you take away a tool from me, I feel like if a task I would have done in two hours prior 

to using these tools now would probably take me more time if I had to look into an issue or 

debug an issue. ... With these tools, you're really cutting a lot of time on that part, and if 

you take this tool away, I feel like, at least for the initial phase, it's gonna have a real 

impact on your output, because you're used to something, and then it's taking away 

suddenly”.  

The above interviewee also noted a shift in how work is approached. 

“It's making you think a little less on the implementation side, at least” 

4.2.4 Synthesis  

Across all three data sources domains, deskilling emerged as consistent concern. The 

academic literature provides not only theoretical but an empirical grounding for the 

phenomena. Reddit data clearly outlines that the concerns are widespread among 

https://www.reddit.com/r/singularity/
https://www.reddit.com/r/webdev/comments/1sjhkhj/do_you_feel_like_youre_losing_your_actual_coding/
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professional IT community, and interview further confirms these claims, that workers are 

indeed actively reflecting on their own dependency and in some cases even finding it 

alarming. The convergence of these 3 sources strengthens the validity of these findings. 

4.3 Theme 2 – Workload Transformation 

This section will present the findings, and results from the major theme of workload 

transformation. 

4.3.1 Literature Review Findings 

The idea or an expectation that AI will reduce the workload is not supported by the 

literature review. Memmert et al. (2025) found out that the knowledge workers did not 

reduce efforts when using Gen AI, instead they transformed how they worked or relocated 

it, becoming “Process Administrators”. Who spend significant time managing AI outputs. 

In Faros Al report (2025). The remote analysis of more than 10,000 developers found out 

that while developers did complete 21% more tasks, they spent 91% more time analysing 

or reviewing the code, while bug rates increased by 9%. This all points towards 

transformation of work rather than reduced volume of work. 

4.3.2 Finding From Reddit 

Reddit users constantly debate about the AI induced workload and how has it transformed 

what they do in comparison to before Gen AI tools. A user in r/ArtificialInteligence wrote 

“There’s a cartoon doing the rounds that sums it up . It shows a coder pre and post 

ChatGPT. 

Pre ChatGPT: Coding time = 2 hours , debugging time = 6 hours. 

Post ChatGPT: Coding time = 5 minutes, debugging time= 24 hours “. 

(r/ArtificialInteligence, 2023) 

 

Another user in another thread of his workload transforming to something else from 

r/AskForAnswers stated  

https://www.reddit.com/r/ArtificialInteligence/
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“I'm in Ops and Security.Cleaning up the mess of code slop non-engineers are now 

producing makes my life harder. Somehow people are coding sql injectable code in 2026”. 

(r/AskForAnswers, 2026) 

 

4.3.3 Finding From The Interview’s 

All the interviewees expressed a lot about how their workload has transformed. What new 

tasks can they now expect while using these Gen AI tools. All of the interviewees also 

gave great concrete examples of how AI has created new work rather than reducing it. 

Some of the direct quotations from the interviews are below. 

Interviewee (Finland based researcher with 6 Years Work Experience) 

“In research if I am referring to any article or news it should be very clearly mentioned in 

my research, there is 99.99% chance that the article name, the reference, or the topic itself 

is entirely made up by AI just to match my response, So yes previously it took more time 

to manually search these things however now It takes a lot of time to validate the 

responses”. 

Another Interviewee expanded over the similar subject and stated 

“The issue is when we use too much of these AI tools, some of the methods don't work, 

and the tool we use for automation is Cypress. So we basically take the element from the 

front end, we put it in Cypress, and then we test them. So sometimes ChatGPT and Claude 

don't provide the correct method. And because if one method fails, then the whole pipeline 

crashes. So, sometimes, of course, it causes some problem, just like I was, uh, busy the 

whole day in fixing the methods which ChatGPT created and pipelines were failing. So I 

did on my own fix all the methods”. 

He further elaborated  

“ It has pros, it has cons, both of them”. 

Another interviewee provided a more dramatic example 

“The pressure that you get from rolling out more features would force you to sometimes 

keep a blind eye on whatever the results are being generated by these agents. So you just 

use them as is. You don't try to argue too much with the tool. It gives you a solution. You 

use it and if it's fitting your use case, you use it and you roll out more features like that”. 

https://www.reddit.com/r/AskForAnswers/
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4.3.4 Synthesis 

Like the theme above this theme of workload transformation is also very well supported by 

all 3 data sources and is very consistent. Formal literature provides great quantitative 

evidence for increased review time, and error rates. Reddit threads capture the actual lived 

experience of anonymous IT workers, and the interviews support both the claims, adding a 

more solid voice to the claims. 

4.4 Theme 3 – Surveillance & Control 

This section of the research will shed some light on the finding, and final synthesis on the 

theme of surveillance and control 

4.4.1 Literature Review 

Unlike the above two themes, surveillance and control in the context of AI tools in still a 

work underprogress and is a developing area of research.  

In a study from Rivera Jimenez et al. (2025), a concept of  “surveillance triage” is 

introduced. The concept talks about the AI platforms becoming additional observers to the 

workplace. Kayas (2025) reported that 74% of US employers now use tracking tools, with 

61% of them using AI analytics to measure productivity. However the Gen AI adoption on 

this particular theme still remains very limited, unlike the workload transformation and 

deskilling theme. 

4.4.2 Reddit Data 

There were some subreddits discussing this topic, and people expressing awareness of 

being monitored.  

The following thread question, a clearly anxious question asked by one of the employees 

points towards workers becoming more anxious if they are being monitored. In 

r/microsoft_365 copilot a user asked 
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“Is my boss using co-pilot to monitor my behaviours and communications? 

I was just made aware that you can put a prompt ine co-pilot...."tell me about myself" and 

it will generate a behavioral based assessment of who you are based on your interactions 

on teams and email. Can you perform this on other employees if you have the additional 

security to do so “? ( r/microsoft_365_copilot , 2026) 

4.4.2 Interview Findings 

One interviewee acknowledged that AI usage is evaluated. In the interview he stated 

following 

“They do evaluate on how we use these tools, and of course, if we don't use them, we 

would take a lot of time, so they know, they evaluate us when we are using, when we are 

not using, and they encourage us to use it, but they don't encourage us to use, to be 

dependent too much on them. So, yeah, they evaluate, uh, they have evaluated me a lot “. 

Another interviewee, expressed a different pressure, not directly surveillance, but an 

indirect expectation. They stated 

“Anytime you say I did something, and even there's a hint of anything manual, you will be 

questioned on that. Why did you do it manually? Just be done with it. Use these tools and 

be done with it “ . 

4.4.3 Synthesis 

The overall synthesis of this theme is not as consistent as the above two themes. However 

the surveillance and control theme is still there, it is not too prominent but still can be seen 

quite evidently. From the academic literature AI enabled surveillance is quite widespread, 

though under researched. The Reddit and interviews data indicates that workers 

acknowledge the AI surveillance and some are clearly anxious about it due to lack of 

transparency. Some concerns of indirect or implicit pressure to use AI tools can also be 

seen through the conducted interviews. The concern is not just about privacy but how 

usage patterns are perceived and evaluated. 

https://www.reddit.com/r/microsoft_365_copilot/
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4.5 Theme 4 Identity Threat 

This section of the research will go about and discuss findings, and the synthesis of the 

identity treat as a theme in this research. 

4.5.1 Literature Review 

Several researchers have worked on this theme and highlighted identity threat in the 

context of Gen AI. Raghvan(2026) found that writers actively manage their authenticity, 

they are deliberately choosing “less elegant sentence structures” to avoid appearing as AI 

generated content. 

In another study from Shukla et al. (2025) found that UX practitioners are worried about 

losing their professional identity as “creators”.  

4.5.2 Reddit Findings 

A user from Reddit expressed a lot of frustration and the loss of professional identity as her 

expectations did not match her actual experience due to rise of Gen AI tools and affects of 

how vibe coding is affecting her role. She writes 

“My journey so far has been incredibly smooth sailing, especially for a woman. I hear 

horror stories all the time but from my first day as an intern, I was surrounded by 

supportive seniors and team leaders who guided and encouraged me when I had zero 

confidence in myself. I looked forward to the day when I would be in their shoes, doing the 

same thing for the next generation. For a while, I didn't even want that responsibility. I 

didn't feel ready. Unfortunately, my time as a senior coincided with the rise of vibe coding. 

My two experiences so far: 

1. Not to pull the "back in my day" card, but... I worked in a large team with a clear 

hierarchical structure. The ratio was something like one senior developer for every 

three to five juniors. Now, most companies aren't hiring fresh graduates. All the 

smaller tasks that used to be assigned to them also have to be managed by me, with 

the help of AI to speed up the process. 

2. When I do get a junior, they don't seem to want to learn anything from me. They 

just ask the AI. They only come to me as a last resort because they don't know how 

to debug at all. They don't seem to know the basics. I don't even think they see me 

as a senior. This could be due to my personality as well, since I tend to be quite soft 

and accommodating. 
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I am trying to accept this because I don't want to sound like a bitter old person saying, 

"Back in my day..." and being mad at the world, but it's hard. I worry about five to ten 

years down the road when I want to move into a more team lead position. What if I never 

develop the people management skills because I never really got to mentor anyone 

properly “.  (r/webdev, 2026) 

 

This Reddit post reveals several layers of identity threat. 

First, there is the loss of the mentorship role. She had looked forward to mentoring juniors, 

but now juniors go to AI instead of seniors. This is not a minor disappointment it is a 

fundamental shift in what it means to be a senior developer. 

Second, her experience is devalued. Juniors come to her only as a last resort, suggesting 

that years of accumulated knowledge are no longer the first point of reference. AI has 

taken that place, challenging the traditional hierarchy of expertise. 

Third, she worries about her future career trajectory. If she never gets to mentor anyone, 

she may not develop the people management skills needed for leadership roles later on. 

This is a forward-looking concern tied directly to her long-term professional growth. 

Fourth, there is an emotional burden. She does not want to "sound like a bitter old person," 

yet she is struggling. Workers are dealing with a fundamental shift in professional identity, 

often without any support or acknowledgment from their organization. 

4.5.3 Interview Findings and Quotations 

One of the interviewees explicitly used the term “vibe coder” and states following 

“ After using this, I kind of feel like I'm a vibe coder. Something we just, like, write 

something with ChatGPT and just copy and paste the code. So yes, it has changed my 

personality too sometimes because I work with Germans and sometimes I get confused 

even with the chat messages. So I also put them on ChatGPT like what they do actually 

mean. It has changed my personality a lot, uh, too, and my work life, too. That's true” .  

Another interviewee explains more of a shift in their role towards a more product-oriented 

role. 

“With the evolution of AI, I feel like that's the case in majority of the places, and what my 

manager always says, that just put on the product hat and become a product engineer rather 

than a specialized engineer. So, you're expected to be that product manager who knows 

full-stack engineering. So you're handling all the bases, and then also looking from a 

product perspective, from the end user's perspective of how things should be. ... Now your 

role is more towards, you know, the product side of it. How the product should itself be ” . 

https://www.reddit.com/r/webdev/
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4.5.4 Synthesis 

Identity threat was also a consistent theme however less frequently articulated theme. The 

academic literature on one hand discusses the identity concerns among specific 

professional groups. Reddit data shows that in some roles people are experiencing different 

lived experience as off what they expected since they started before Gen AI tool, hence 

they had different expectations and a sense of loss in professional identity and their role 

can certainly be seen. The interview data further takes this Reddit point forward and 

clearly shows that workers feel a shift in their professional identity. From a creator (writing 

code) to reviewing outputs or from a specialzed engineer to more product oriented focus.  

4.6 Management Disconnect 

This is the last section of this thesis findings, and synthesis. The theme for management 

disconnect and their results will be documented in this section. 

4.6.1 Literature Review 

A principle agent framework, demonstrated by Wu and Sundararajan (2025) modeled this 

theme of management disconnect. They demonstrated that misaligned incentives prevent 

optimal outcomes. The study from EY (2025) found that while 66% of leaders cited skills 

trainings as top priority only 37% of employees experiencing high rework reported 

receiving relevant trainings. This clearly outlines the gaps between leadership intentions 

and what employees really experience. 

4.6.2 Reddit Findings 

Management disconnect is the most commonly found theme on the reddit when compared 

to the other themes. A lot of people are talking on Reddit about the disconnect, and 

misaligned expectations from the manager after Gen AI, leading to frustrations. 

One of the workers posted in r/womenintech 
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“My manager literally did this on Friday 5pm: gave me a verbal list of items that need to 

be improved on the UI, told me to let the agent work on it over the weekend and show it to 

her first thing on Monday morning. I protested that AI is prone to errors when working on 

so many tasks one after another, and she proposed to give me 2 hours to fix AI mess. And 

she acts like she doesn't want me to work on weekends either. Her opinion on AI is 

extremely mismatched to reality and I think not working on code herself, but hearing AI 

propaganda all day in the company causes that. The timeline for this project has also been 

just really stressful with ad hoc calls near 6pm daily. I'm struggling to meet rto and be on 

those random calls.”  (r/womenintech, 2026) 

 

Another user in the same subreddit added her point of view on the subject, and expressed 

similar frustration on the issue. 

“Managers that don’t make time to use AI and push code are making a huge mistake right 

now. You can’t drastically recalibrate expectations without actually knowing what is 

possible. It’s the same failure modality as non technical managers leading engineers .”  

4.6.3 Interview Findings and Quotations 

Most of the interviewees expressed great concerns over this. One of the interviewees noted 

"I was not giving any guidance, I was just using it as my own, learning on my own, so it 

was, like, a self, uh, kind of learning thing for me." 

The same interviewee provided a more detailed account of management disconnect 

“With the added caveat of the managers or leadership expecting more things to be rolled 

out, I feel like that's where it's headed. ... The expectation was that an engineer should be 

closing around 30 to 40 story points, now you're supposed to close 60, 70 story points, but 

that still does not reflect in day to day. ... The bar is there, but rarely anyone goes there.” 

He further continued to articulate the gap between management expectation and reality 

 

“I feel like the leadership should give the engineers the breathing room to analyze 

whatever is being done, at least. Now that it's working, okay, fine, let it go. I still would 

like to analyze it and see what this is. So, efficiency should increase, but not, like, double, 

triple, triple it.” 

Another Interviewee also expressed a concerns which highlights a greater threat. Lack of 

transparency between what organization is looking to utilize AI for versus what the 

workers are thinking of it. He noted 

https://www.reddit.com/r/womenintech/
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“Since they are already building the AI bot for our QA, so I am afraid that not even in five 

years, maybe in five months, my job would be replaced with that bot. Since we are training 

it and daily, and my CTO especially is integrating it in our QA, so yes, I am afraid that this 

job might not be with me after, like, next 6 months, or probably a year .”  

On the other hand, a researcher interviewee described her experience as overall a positive 

experience. She notes: 

“Although I was not given any formal training for using these tools… but we have clear 

guidelines on how to use them which helps a lot. My manager talks about the the ethical 

use of AI a lot.” 

4.6.4 Synthesis 

This theme emerged as the most consistent theme across all 3 data sources. Workers 

consistently feeling that their leaders do not understand the real experience of using AI 

tools. Training gaps, no proper onboarding for a tool, unrealistic productivity expectations 

(e.g. double story points as before). The fear of job displacement also shows a clear gap 

and lack of transparency from the managerial to worker standpoint.  

However, 1/5 interviewees also suggested that they feel quite comfortable as they have 

received proper guidelines on the use of Gen AI tools, which points to a certainty that if 

done correctly the obstacle can be avoided. 

This theme ties all the other 4 themes together. The other 4 themes deskilling, identity 

threat, workload transformation, and surveillance are all immensely negatively affected if 

the management expectations are misaligned with workers realties. 

4.7 Summary Of Findings 

This chapter presented five themes that emerged from the analysis of academic literature, 

reddit discussions, and 5 interview transcripts. The summary for the frequency and support 

for each theme is represented in the table (5.0) below. 

4.7.1 Theme Summary  

 



 52 

Theme Literature Support Reddit Freq Interview Support 

Deskilling & Skill 

Erosion 

Strong 51/150 (34%) 3/5 

Workload 

Transformation 

Strong 42/150 (28%) 4/5 

Surveillance & 

Control 

Moderate 12/150 (8%) 3/5 

Identity Threat Moderate 18/150 (12%) 3/5 

Management 

Disconnect 

Very Strong 53/150 (35.33%) 4/5 

Table 8.0: Theme Summary With All Data Sources 

 

The findings suggests that there is a clear misalignment between managerial expectation 

and workers experience using the Gen AI tools, it suggests that the issue is real and is 

multifaced and has a lot of aspects to consider. Workers report skill erosion, increased 

workload due to review, awareness of surveillance, professional identity challenges, work 

transformation, and a most persistent challenge of management disconnect. All of these 

findings are supported by the triangulation approach (chapter 3). All three data sources 

show consistent reporting of the highlighted themes in the research. 

In the next chapter. The research will discuss these findings in relation to the research 

questions of the research, and explore their implications for research and practice. 
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5. Discussion 

This chapter interprets the findings presented in Chapter 4 and discusses them in relation to 

the three research questions and existing literature. 

This chapter focuses on the interpretation of the results presented in chapter 4. All the 

theme findings presented in the previous chapter will be elaborated further in direct 

relation to the three research questions of this research. 

1. RQ1: What themes emerge from the public discussion about Gen AI usage and 

their experiences with Gen AI? 

2. RQ2: When managers promise productivity gains from AI tools, what actually 

happens on the ground from the employee's point of view? 

3. RQ3: Do IT workers like ( programmers, quality assurance specialists, content 

writers, and researchers) report similar problems and coping strategies? 

Each of the sections in this chapter will showcase which research question is being 

addressed and findings will then be connected back to the existing academic literature. The 

purpose of the chapter is not to repeat the findings but to expand on what makes sense, to 

uncover what these patterns mean for how we think about using AI at workplace. 

5.2 Addressing RQ1,2,3 With Deskilling & Erosion 

Deskilling emerged as one of the most consistent themes across all data sources. Workers 

expressed concerns about losing competency and slowly becoming more dependent on AI 

tools at workplace. In one of the interviews a participant stated “That's the scary part. I do 

a lot use these AI tools, and sometimes I do like to avoid them, but I couldn't." another 

interviewee also said “If you take away the AI tools it will probably take me longer to 

complete most tasks at hand .”Another interviewee with research background stated “I 

think the biggest issue I face is brainstorming ideas now, I previously did it quite easily but 

now it has become increasingly harder”. Reddit data also represented similarly aligned 

concerns with people debating a lot about Pre AI vs Post AI skills, and overall adaptability 

to the tool. 
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RQ1 Finding: Deskilling and skill erosion is a pretty dominant, recuring, and one of the 

most commonly found themes in public discussions. IT workers are not just theoratically 

concerned they are describing real experiences of skill loss. 

5.2.1 What Does It Mean For Expectation Gap RQ2 

The deskilling category uncovers a significant gap between managerial expectations and 

what workers are experiencing. Managers often focus on productivity gains, and output 

metrics. More code written, more work done, more story points completed. However the 

workers feel a genuine opportunity cost i.e. the erosion of skill that took years to master. 

One of the interviewees on even writing simple Jira tickets stated. “ Even for that, I'm 

using ChatGPT or Claude ”.   

On the literature aspect of its Faros Al report (2025) provides quantitative evidence and 

backs up similar claims, developers using AI completed 21% more tasks but spent 91% 

more time reviewing code. As a result, output goes up, but skill gets eroded. Managers 

focus on the output. Workers feel the skill loss. The gap is very essential to RQ2 

RQ2 Findings: The core issue reported by the workers i.e. deskilling or erosion is majorly 

invisible to the managers, who focus more on productivity metrics. Although higher 

productivity is visible through all data sources results but a constant complain of a cost that 

workers are paying is not very well addressed or acknowledged by the organizations.  

5.2.2 Differences Across Roles RQ3 

The theme has been seen differently across roles and organizations, hence there 

interpretation also differs from worker to worker and organization to organization. 

 

• Programmers/Developers: Developers are generally focused on the technical skill 

loss, that has been happening over time due to less practice, they commonly 

mention forgetting syntax, losing ability to write complex methods. One 

interviewee describes how he fixed all the methods after a failed Chatgpt code; 

highlighting that fixing and debugging AI outputs is now more of a task. 
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• Solutions Engineers: Focused on the shift from a specialist role towards a more 

generalist and product focused role, hence a requirement to adjust towards 

something they never signed up for. Despite the clear indication and push backs for 

asking more time to critically analyze the outputs the organizations are focusing on 

getting things done, but not the right way or without thinking technical solutions in 

a bigger picture. 

• Researcher and Data Analyst: Both researcher and data analyst are now more 

focused on reviewing and validating the outputs hence data or references given by 

Gen AI tools can be largely fabricated just to adapt to the prompt given by the 

employee. Prior to Gen AI tools it took more time for them but the referencing 

manually searched on databases was accurate and precise. 

• UX Researchers (Literature Reference): Shukla et al (2025) found concerns 

about the creative design issue, designers becoming more dependent on AI tools to 

generate alternatives. 

RQ3 Findings: Again, deskilling is very consistent across different roles, however the 

underlying pattern of losing core competency due dependencies on AI is extremely 

consistent among all type of IT workers. 

5.3 Addressing Research Questions With Workload Transformation 

Workload transformation was as consistent of a theme as deskilling. Workers reported that 

AI did not reduce their workload but shifted it to something else. As discussed previously 

in deskilling, instead of writing code just reviewing it more often, instead of manual tasks 

they are building agents to carry out the similar tasks, which in some cases may even take 

longer especially due to lack of understanding on how to get an agent to work for a 

customized task. 

 One of the interviewees describes spending the whole day in fixing the methods chatgpt 

created because pipelines were failing. Another interviewee backed it up with an example 

that a task that might have taken 2-3 hours manually became a project on it’s own because 

management wanted an agent to do it. Reddit users further expands on the subject a bit 

more dramatically and points towards zero net gain due to shift in the work tendency. 

Focusing more on the review element and says it results into 0 gains. It takes same no of 
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hours to complete most tasks since the workload has transformed from something to 

another. 

RQ1 Findings: One of the most commonly emerged themes when it comes to public 

discussions, and is supported across data sources. Workers consistently describe AI as 

creating new type of work that was not required earlier. 

5.3.1 Expectation Gap RQ2 

The theme directly challenges the narrative set by manager that AI leads to effortless 

productivity. Findings in Faros Al (2025) quantitatively challenge that claim and draws a 

clear picture that even though more work is getting done but developers are now spending 

more time debugging outputs, hence the net results do not are not affected as positively as 

management expects it to be, representing the productivity gain shown on the paper does 

not match the ground reality. An interviewee experience mentioned in 5.3 is a good 

example of how inefficiency can be seen as innovation. Management who is expecting 

faster outputs do not understand the hidden costs behind this. Workers are not doing less 

work; they are doing the same amount of work but now it looks different for them from 

creating to mostly validating. However, none of that shows up in the productivity matrix, 

often leading managers to think otherwise. 

RQ2 Findings: The expectation of faster outputs is bit of a stretch and it completely 

ignores the reality that AI creates extra work as well. Workers are not getting more 

efficient, they are getting more work, the kind of work they were not used to doing an year 

or two ago. The promise of productivity gains is not matched by the lived experiences of 

employees. 

5.3.2 Difference Across roles RQ3 

Workload transformation is also varied from role to role 

• Programmers/Devs: The role has shifted from writing code to more reviewing the 

outputs. Workload transformation can be categorized as increased reviewing and 

debugging time. Spending more time fixing AI generated code. 
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• QA Specialists: Interview with the QA consultant showcased that there workload 

has transformed from writing test cases to fixing failing pipelines and validating AI 

methods. One failed method can crash the entire pipeline due to it’s critical nature, 

hence more time is required to check everything carefully. 

• Solutions Engineers: In the interview the solution engineer points to their work 

transforming to building agents and AI systems that can potentially add more 

complexity and not simplicity. The work is now more AI configuration focused 

than crafting end to end solutions. 

• Software Researchers: In another interview the researcher mentioned their 

workload transforming to proof reading and reference cross checking. Also as a 

researcher evaluating the scripts for AI detection.  

 

RQ3 Findings: While the pattern for workload transformation is consistent, however it is 

largely dependent on the nature of each role. More over the consistency can be seen in non 

creative task moving from building to evaluating. 

5.4 Addressing Research Questions With Surveillance & Control 

Among all other themes surveillance and control stood among the least consistent theme 

among workers. There is a sense of acknowledgment of being tracked, evaluated based on 

how they use AI tools. There are only extremely limited data as far as public discussions 

on Reddit are concerned. However, 2/5 interviewees had something to add about the 

theme. 

In one of the interviews, participant said that he acknowledges the fact that his 

organization uses AI usage metrics for evaluation, and another interviewee expressed 

frustration noting that if their organization now finds out that you are doing things 

manually the worker has to explain themselves why they took the manual approach. 

RQ1 Findings: Surveillance and control is still a theme and a topic of discussion, however 

not as prominent and consistent as other themes. 
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5.4.1 Expectation Gaps RQ2 

Surveillance creates a subtle disconnect between management expectations and 

employee’s experience. Manager may use AI in order to ensure compliance, measure 

productivity. Workers may categorize this as mistrust and pressure to use AI. The 

Interviewee statement above is a great example of how being questioned to do tasks 

manually can pile up the pressure to use AI all the time even when it is not the best 

approach, which can lead to significant quality concerns and increase in unknown 

workloads. Academic literature has provided solid data to back up these claims for instance 

Kays (2025) reported a percentage of how many employers are using tracking tools and 

using AI analytics to measure workers productivity. Which clearly showcases the use of 

surveillance in the US is quite common, even though workers are not always aware of the 

scope of these surveillances. Hence the discontent can clearly be seen, managers using 

surveillance as oversight, workers viewing it as threat to autonomy. 

RQ2 Findings: Surveillance and control still contributes to the expectation gap by creating 

a mistrust and pressure. Some workers may feel they cannot utilize AI based on their 

judgment but more in order to adhere to compliance so that they can tackle the fear of 

being seen as inefficient. However, the subject is still under researched and public 

discussion data is still very limited. 

5.4.2 Difference With Roles RQ3 

The surveillance and control theme does not show up as strong variation among role, 2/5 

interviewees expressed their concerns but never made it their central focus point, they just 

added their personal experiences.  

Most of the interviewees had not much negative things to share about it, 2 other 

interviewees remained neutral on the subject and had nothing much to say, a Researcher 

however had positive aspects to add since her experience was very good. She did not 

expressed concerns due to high autonomy at her work place. 

In my opinion, it is not differing due to roles, but organizations and industries have a lot to 

do with it, and most workers may feel about the subject based on their own personal 
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experience. The academic literature also backs the similar claims Rivera Jimenez et al. 

(2025) found that surveillance is more concerning in highly regulated industries. Having 

said that the study does not have enough data in the context of surveillance and control to 

add more. 

5.5 Identity Threat with RQ1 

Identity threat overall is a consistent but less frequent theme. It is moderately articulated 

theme. Workers describe a clear shift in their work from a creator to a reviewer, from a 

specialist to a generalist, a researcher to a proofreader, a mentor to guide in crisis. In one of 

the interviews the participant explicitly described their role as a “Viber Coder” now, and 

openly admits that sometimes they do not even bother writing code themselves and just 

copy paste from the generated response. The Reddit has some really good discussions 

around the topic, a subreddit states that expectations for what she saw people doing as 

senior developers has now changed, she feels that senior developers are now only 

consulted in crisis situations from their juniors and they are not seen mentors anymore. She 

feels a shift in her identity before versus after Gen AI tools. 

RQ1 Findings: Identity threat is a recurring and very consistent theme. It has strong basis 

across formats especially when it comes to reddit discussions and interview data backs up 

the narrative. 

5.5.1 Expectation Gaps RQ2 

This theme explores a huge gap between the management expectations and what workers 

actually value. Management as discussed above focuses more on productivity, faster 

outputs, more features, more story points workers on the other hand focus on meaningful 

work, satisfaction to solve a problem, building things from scratch up. Which is clearly 

ignored or misunderstood by the management. When workers describe themselves as “vibe 

coders”, or “Guides For crisis only” they are not just describing the work processes they 

are expressing a loss to something that mattered to them. Skills they had built after long 

practices, repetitions is not valued anymore in the same context as before. The loss is not 
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captured by any productivity matric, but is real and concerning or even sometimes 

frustrating for knowledge worker. 

 The academic study by Raghavan (2026) represents writers deliberately avoiding AI 

suggestions in order to maintain their authenticity.  

RQ2 Findings: The expectation gap extends beyond productivity to question the meaning 

and identity. Workers value the skill they have built overtime, and pressure of AI is 

threating the skill, which if not addressed will eventually risk losing motivate employees. 

5.5.2 Differences Across Role RQ3 

Theme varies across roles 

• Programmers and QA Specialist: Describe losing their skill to build things. 

Feeling to solving problems, brainstorming. The terms “vibe coder” used by an 

interviewee captures the essence of losing the skill of creating. 

• Solutions Engineer: Describes this shift from an engineering driven nature to 

product-oriented nature. The overall take is not negative since the transformation is 

still meaningful however a sense of loss from a specialist to more of a generalist is 

still counterproductive for an engineer. 

• Researcher: Describes this shift as a reviewer, proof reader, and having a keen eye 

for AI generated responses. Again, the shift is not negative but the feeling of 

searching through databases in now fading away, an essential skill for the role 

before Gen AI. 

• Data Analyst: For a data analyst the shift is more towards how their work is 

perceived as previously it was a highly valued skill, the shift is towards more of a 

presenter now, aesthetic changes to dashboards rather than making sense of data. 

RQ3 Findings: Identity threat is common across roles and has affected the entire IT eco 

system like workload transformation, however the nature of these effects changes. 

developers the threat levels are different, and same for the all the other role. In any case or 

role there is a sense of loss to something essential that the workers valued. 
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5.6 Management Disconnect With RQ1 

Management disconnect is the most frequent theme across all data sources, it also 

encapsulates all the other 4 themes in it. There is ample data and public discussions around 

the subject. People are constantly discussing the what managers say about AI and what is 

the ground reality. All interviewees 5/5 reported that no prior training for using these tools 

were provided, they were just expected to know how to use them. This clearly outlines the 

gaps in software industry between management and workers experiences. One interviewee 

expressed that prior to AI we were expected to compile data and had extra time to handle 

data, however now you are expected to do more since most of the work will be done by AI, 

and the bar for data representation has now raised very high, to a point where it seems a bit 

unrealistic at times. Another interviewee expressed the similar frustration about story 

points being doubled for each employee. 

However, one interviewee a researcher said that even though no proper training was given, 

but due to clear guidelines on the use of AI tools makes it easier, and keeps everything 

under control. 

Reddit users on the other hand are more aligned towards the first two interviewees 

narrative where one reddit user wrote about how her manager expects things to work 

flawlessly and extremely quickly if she can create an agent, without having to check for 

feasibility. Which created an unnecessary pressure on the worker as she was given very 

short deadline to complete a task. She clearly says her manager does not understand how 

AI agent are built and work, and how much are they prone to errors which needs to be 

supervised. 

RQ1 Findings: Management disconnect is a common theme in public discussion even 

most commonly found theme on Reddit. Workers repeatedly express frustration that 

managers do not understand the use of AI tools. 

5.6.1 Expectation Gaps RQ2 

Management disconnect is a central finding of this research. Like mentioned above in 5.6 

in ties all the other themes together, and is a center piece to this research. It is a direct 
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constraint in all the other 4 themes. Deskilling is enhanced when workers lack guidance. 

Workload transformation when manager force tasks to be done with AI. Surveillance is 

worse when it is done without transparency, and identity threat is substandard when when 

managers do not understand how the workers feel. 

Theme Programmers/ 

Dev 

QA  Solution 

Engineer 

Data 

Analyst 

Researcher UX 

practitio

ner 

Deskilling Forgetting 

Syntax, 

dependency on 

AI for coding 

Dependency in 

AI for writing 

test cases and 

methods 

Shift from 

specialist 

to 

generalist 

Loosing 

data 

handling 

skills 

Researchin

g, manual 

database 

searching, 

brainstormi

ng 

Loosing 

creative 

design 

skills 

Workload Increased review 

and debugging 

times 

Fixing failing 

pipelines 

Building 

AI agents, 

more 

complex 

than 

manual 

work 

Increased 

Presentatio

n skills, 

less time 

for data 

preparation 

Eye for AI 

text, and 

image 

detection, 

cross check 

of 

references 

and sources 

- 

Surveillan

ce 

Awareness of 

tracking and 

pressure to use 

AI 

Similar to Devs Similar to 

Devs 

Similar to 

Devs 

- Similar 

to Devs 

Identity “Code 

Reviewer” , 

“Coach In Crisis 

Only” 

Similar to Devs Product 

Engineer, 

not 

specialize

Data 

Presenter  

Proof 

reader, 

effect on 

manual 

Loss of 

“creator

” 

identity 
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Table 9.0: Expectation Gaps with Roles 

Having said that it is still not un avoidable, one of the interviewees expressed great 

satisfaction towards the guidelines provided by her organization, which clearly makes AI 

tools usage easier for them. EY (2025) also aligns with this, In the report findings 28% of 

people who did get enough trainings reported highest on the business impact, the remaing 

72% who did not receive formal trainings struggled, the difference is clear the only 

element missing is proper training and guidelines for the worker. Employees with 81 or 

more hours of AI training per year save 14 hours per week, compared to just 3 hours for 

those with fewer than 4 hours of training. Yet only 12% of employees received that level 

of training.  

One interviewee (QA Specialist) displayed fear of being replaced by AI bot, two others 

clearly stated the workload increase to an unrealistic point. Both of these sides explain that 

gap between expectation and reality is not perception, it is a structural flaw. 

RQ2 Findings: Management disconnect is the root of expectation gap. Closing the gap 

requires understanding, and clear communication on both sides. We have both quantitative 

data and interview records to back this claim. 

5.7 Differences Across Knowledge Work Domain RQ3 

The section will contain a focused summary table of findings across different roles. The 

table will address both the commonalities and differences across themes. The section 

addresses RQ3 directly by synthesizing findings, how themes manifest across role are 

presented in table (6.0) below 

d 

engineer 

searching 

skills 

Managem

ent 

Unrealistic 

Expectation and 

no training 

provided 

Similar to Devs Forced AI 

adoption 

Similar to 

Dev 

- Similar 

to Devs 
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5.7.1 What It Means For Research And Practice RQ3 

Researchers: The findings suggest that while broader themes are consistent, the 

experience is still subjective and varies a lot. Researchers should not be focusing to 

generalize these findings instead more focused studies on specific roles will help clarify 

different challenges each of these group’s face. 

Practitioners: The approach cannot be generalized as well. There is no one size fits all 

approach to AI tools adoption. Programmers needs support to maintain coding skills while 

using AI assistants, QA and Data Analysts need more reliable tools so that reduces and not 

increase the pressure for critical intensive tasks. Solution Engineers need more guidance 

and clarity on when to use AI and when can manual tasks be more optimal. The idea of 

vibe coding identified in this study is extremely concerning, if workers are just copy 

pasting AI generated outputs, they are not building skill that may be required to become 

effective professional. Organizations needs to promote the concept of thoughtful use of AI, 

and provide clear guideline for using AI tools with regards to roles, and team structures. 

5.8 Summary Of Research Question Answers 

 

RQ Answers 

RQ1: What themes emerges from public 

discussions 

5 dominant themes emerge from public 

discussions i.e. deskilling, workload 

transformation, surveillance, identity 

threat, and management disconnect. These 

appear consistently across Reddit, 

interviews, and literature 

RQ2: What actually happens when 

managers promise productivity gains? 

Workers experience increased review 

burden, skill erosion, surveillance pressure, 

identity challenges, and a persistent 

disconnect from management narratives. 
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The promise of effortless productivity does 

not match reality 

RQ3: Do IT workers like (programmers, 

quality assurance specialists, content 

writers, and researchers) report similar  

problems and coping strategies? 

The underlying problems are similar, but 

they are perceived differently across roles. 

Developers lose technical skills, QA 

specialists face pipeline failures, solutions 

engineers shift to product roles, UX 

practitioners lose creative identity, data 

analysts loose data pipelining and handling 

skills.  

 

Table (10.0): Summary of research question and answers 

5.9 Implications For Research And Practice 

The study has serval implications for future research. 

a) All themes identified in this study i.e., deskilling, workload transformation, 

surveillance and control, identity threat, and management disconnect are strong 

candidates for future study. It will be ideal if they are tested in larger samples 

across different industries, for a longer period of time. So that consistency and 

exceptions can be clarified. 

b) The relationship among the themes needs more attention. How does one affect the 

other for e.g. studying the mutual affects of two themes, does workload 

transformation lead to any identity threats? How can surveillance affect deskilling? 

Understanding the causal links between theme will help develop more effective 

interventions.  

c) Methodology used in the study itself i.e. Multivocal review is still relatively new in 

the software engineering space, and there are open questions about how to search 

for grey literature, how to asses it’s quality, and how to synthesize it’s formal 

literature. 
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d) Management perspectives on the subject needs more attention. This particular study 

focuses more on the employee experience, but further studies can be conducted 

from a management point of view to understand the constraints, end goals, 

objectives, and priorities and decision making from the lens of management. 

e) Domain specific studies are required. RQ3 found consistent differences across 

roles, but data was very limited. More focused studies on specific type of 

knowledge worker will help clarifying how AI affects different roles. 

5.9.2 Implications For Practice  

For practitioners the way forward is simple, training and guidelines matters. Workers need 

more than just Gen AI tools. Workers need time to learn and adapt to a new tool. Each tool 

needs some time to onboard, Generalizing tools for all different roles is not a great idea. 

Workers need time to learn to use the tool effectively. Workers require managers who 

understands what are the limitations and effectiveness of each tool, lastly they require a 

space to experiment without fear of surveillance. 

Findings from EY (2025) report said that organizations with strong culture, learning 

opportunities, and aligned rewards see significantly better outcomes of AI. Hence 

technology alone is not the answer, human context matters. 

Steps for managers, the findings suggest a few practical steps. 

a) Training & Support: All interviews reported that no training for Gen AI tools was 

provided. Training needs to be continuous, and not a one time work shop. It should 

be tailored as per role. 

b) Transparency In Surveillance: The AI tracking and usage of AI analytics to 

measure performance must be transparent towards the employees. Clarity help 

reducing anxiety. 

c) Realistic Expectations: AI cannot maximize productivity overnight, therefore 

realistic outcomes in context of tools limitation must be determined.  

d) Breathing Room: Workers need time to adapt and experiment with the new tool. 

e) Empathy And Active Listening: The gap cannot close until managers listen to 

feelings of the workers and practice empathy. 
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f) Acknowledgement Of Human Cost: AI is changing how people work and how 

they see themselves. Managers need to pay attention to the burnouts, identity 

threats, and skill concerns of the employees, not just productivity. 

5.10 Limitations 

The findings are based on small sample size of 5 interviews, which were added to add 

depth to the Reddit data not as a stand alone source of evidence even then the sample size 

is small. Reddit data is not representative of all workers. They are self selected based on 

what looked most authentic and as per the need of this research, all the users are 

anonymous and often frustrated.The findings maybe even more negative than findings in a 

more broader study. I did the thematic coding myself, I tried to be as systematic as possible 

however there is always a risk of bias. 

The findings are based on a specific group of workers in tech mostly using similar tools 

like chat gpt, claude, co pilot, cypress, they are not a good enough representation for other 

industries and tools. 

Another to note here is the timing aspect, AI adoption has been moving faster than ever at 

this moment so what might be true two years back may not be the truth of today. Lastly, 

the study lacks the management aspect and only talks about employees experience while 

adopting AI tools. This means the management disconnect is based on worker reports only. 
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6. Conclusion 

This study presents a Multivocal review(MLR) of Gen AI tools adoption, with gaps 

between managerial expectations and employees on how they actually feel about adoption 

of AI tools. MLR methodology combining three sources academic literature, reddit data, 

and interviews were used to conduct the study; during the research five themes were 

identified which are used in the thesis providing a structured approach to this study i.e. 

deskilling, workload transformation, surveillance, identity threat, and management 

disconnect. The findings suggest that the reality of AI adoption is more complex than the 

productivity narrative suggested, with workers experiencing hidden cost that are not 

captured via standard metrics. 

6.1 Contributions  

The study contributes in two ways. The first is theoretical. It takes Bainbridge’s (1983) 

ironies of automation and shows they still describe what is happening, even though the 

paper is over 40 years old. It also pulls together a set of recent findings that usually sit 

apart, the creative scar from Zhou et al. (2025), the principal agent argument about held 

back effort from Wu and Sundararajan (2025), and the identity and surveillance worries 

from Shukla et al. (2025) and Rivera Jimenez et al. (2025), into one picture built around 

the gap between what managers expect and what workers live. By putting management 

disconnect at the centre and showing how it feeds the other four themes, the study treats 

these concerns as connected rather than as separate problems. 

The second contribution is more practical. The study shows that a multivocal approach 

works well for a topic that moves faster than journals can keep up with. Reddit gave me 

honest, unprompted accounts that a survey would never get, and the interviews filled in the 

context behind them. For people running teams, the lesson is that the technology on its 

own does not deliver what was promised. What separated the organisations that benefited 

from the ones that struggled was training, clear guidelines, and managers who understood 

what the tools can and cannot do. The EY (2025) figures point the same way, and so did 

the one interviewee whose experience was positive precisely because she had those things. 
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Other major take away contributions are listed below for more emphasis and better clarity 

Major Academic Contributions: 

• Study provides empirical evidence of the expectation gap using triangulation. 

• Explore MLR methodology to the study of Gen AI 

• Contributes to deskilling theory with present day applicable evidence 

• Offers a five-theme framework/categorization for future work 

 Major Practical Contributions: 

• Highlights the importance of training, guidelines, and onboarding of Gen AI tools 

with supporting evidence. 

• Showcases that generalized adoption strategies do not work 

• Demonstrates that human context of AI adoption matters as much as the technology 

6.2 Recommendations  

Recommendations For Manager 

• Provide continuous and ongoing training, tailored to meet role requirements 

• Transparency in terms of surveillance is highly important in order to reduce 

employee’s anxiety 

• Setting realistic expectations, Exploration of a tool and its limitations must be 

determined 

• Practicing empathy and listening to employee’s for the human cost and identity 

loss. 

Recommendations For Organizations 

• Investing in AI literacy Programs is essential  

• Design role specific adoption strategies what works for developers may not work 

for devops engineers 

• Measure everything not just the output, the human cost (loss of identity), adaption 

time for tools all must be considered nit just productivity 

• Address job security concerns and human resource plans transparently 
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Recommendations For Researchers 

• Investigate causal relationship between themes and categories 

• Including Management perspective 

• Refining MLR methodology 

• Conduct cross industry studies 

6.3 Implications 

The full implications for research and practice are in Section 5.9, thus keeping this short. 

The main point is that organisations should treat generative AI as a change in how work 

gets done, not as a simple efficiency switch they can flip. Training has to be ongoing and 

shaped to the role, any monitoring has to be transparent if it happens at all, and 

expectations need to match what the tools can realistically do. For researchers, every theme 

here is worth digging into further, ideally with bigger samples, more industries, and a 

longer time frame so we can see which patterns actually last.  

6.4 Methodological Reflections 

The multivocal design was the right call for this subject, but it came with trade offs. Grey 

literature is informal and uneven, and Reddit users select themselves and tend to be 

frustrated, so the picture probably leans more negative than reality. I did the coding alone, 

with my supervisor checking a sample to make sure the codes held up. I defend these 

choices in the methodology, but they do limit how far the findings can stretch. Anyone 

repeating this design would do well to add a second coder and to run a proper quality 

check on the grey literature, the kind Garousi et al. (2019) lay out. 

6.5 Limitations 

Section 5.10 covers the limitations in full, so this is a summary. The sample is small, five 

interviews and a Reddit set that does not represent every worker. The scope sticks to IT 

roles and a few common tools, so the findings should not be stretched to other industries. 
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The speed of change is another issue, since what is true now may not be true in a year. And 

while I captured the worker side of the gap in detail, the management side rests on what 

workers reported, not on talking to managers directly. 

6.6 Future Research  

A few directions come straight out of this work. The first is to study the management side 

directly, so the disconnect can be understood from both ends instead of inferred from one. 

The second is to look at how the themes feed into each other, for instance whether a 

heavier workload drives identity threat, or whether surveillance speeds up deskilling, since 

the evidence here suggests they are linked rather than separate. The third is to run role 

specific studies that follow the same workers over time, which would show whether 

something like the creative scar that Zhou et al. (2025) describe sticks around or fades as 

people adapt. That kind of work would also help test the productivity J curve from 

Brynjolfsson, Rock and Syverson (2021), which says the real gains from AI only arrive 

after a stretch of restructuring. 

6.7 Concluding Remarks  

Generative AI is changing knowledge work, and it is moving faster than most 

organisations are ready for. The evidence in this thesis keeps pointing back to the same 

thing, the tools themselves are rarely the issue. The issue is the distance between how 

leadership pictures the work changing and how it actually changes for the people doing it. 

Closing that distance is not a technology problem. It needs honest expectations, real 

training, openness about how AI use is being watched, and managers who will actually 

listen to what their teams are going through. Until that happens, the productivity that looks 

so good on paper will keep colliding with the costs that never show up there. Skills fade. 

Review work piles up. And slowly the job stops feeling like it belongs to the person doing 

it. What this study adds is to put those costs on the table, and to argue that they deserve as 

much attention as the productivity gains that pull companies toward these tools in the first 

place. 
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Lastly, the gap between managerial expectations and worker realities is not unavoidable as 

discussed multiple times in this thesis. All it needs is proper training, transparency, and a 

genuine effort to listen to employees. The goal should not be to maximize productivity at 

any cost, but a cost which compliments both the organization and its workers. 
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Appendices  

 

Appendix 1. Interview Questions 
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Appendix 2. Spreadsheet Theme Labels Summary 

 

 

 

Note: This is just a part of spreadsheet; total count of these items is 150. 

Appendix 3. Breakdown By Number Of Reddit Post For Each theme 
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Note: There are many posts that were cateogorized in multiple themes hence they have 

been counted in multiple themes. 


