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The growth of digital data and analytics has transformed B2B purchasing, yet GDPR
regulation, long buying cycles and multiple stakeholders make early-stage buyer behaviour
difficult to track, particularly in the dark funnel where actions remain invisible to traditional
analytics. This thesis examines how an internationally operating Finnish B2B SaaS company
uses data-driven marketing to increase dark-funnel visibility and improve customer
acquisition efficiency.

The study was conducted as a qualitative single case study, based on seven semi-structured
interviews with experts in growth, marketing, product marketing and data analytics, analysed
through thematic analysis.

The results show that data strongly drives performance marketing: campaigns are continually
optimised and budgets shifted based on measured return. However, short-term conversion
metrics overshadow brand- and content-building activities that influence the dark funnel.
Visibility is improved through indirect indicators, qualitative feedback and the HockeyStack
analytics platform, though data loss, fragmented systems, unclear responsibilities and
caution in acting on incomplete information still constrain insight. The thesis shows that
managing the dark funnel requires balancing quantitative data, qualitative understanding and
long-term brand building.
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Digitaalisen tiedon ja analytiikan kasvu ovat muuttanut B2B-ostamista, mutta GDPR-
sadntely, pitkdt ja useita sidosryhmid sisdltdvdt ostoprosessit vaikeuttavat
ostokdyttdytymisen seurantaa erityisesti niin sanotussa Dark Funnel -vaiheessa, jossa
ostajien toimet eivét ndy perinteisissd analytiikkatyokaluissa. Tasséd pro gradu -tutkielmassa
tarkastellaan, miten kansainvélisesti toimiva suomalainen B2B SaaS -yritys hyddyntidi
datavetoista markkinointia dark funnelin ndkyvyyden lisdédmiseksi ja asiakashankinnan
tehostamiseksi.

Tutkimus toteutettiin laadullisena yksittdistapaustutkimuksena, ja empiirinen aineisto
kerattiin  seitsemédlld puolistrukturoidulla haastattelulla markkinoinnin  johtajilta,
tuotemarkkinoinnin ja data-analytiikan asiantuntijoilta. Aineisto analysoitiin temaattisen
analyysin avulla.

Tulosten mukaan data ohjaa vahvasti suorituskykymarkkinointia: kampanjoita optimoidaan
jatkuvasti ja budjetteja siirretddn mitatun tuoton perusteella. Samalla korostuu lyhyen
aikavidlin konversiomittareiden rooli ja aliarvioidaan brandi- ja siséltopanostuksia, jotka
kuitenkin auttavat dark funnel -vaiheessa. Dark funnelia pyritdén tekemédn nakyvammaksi
epdsuorien mittareiden, laadullisen palautteen sekd eri jérjestelmistd dataa yhdistdvéin
HockeyStack-alustan avulla, mutta GDPR:n aiheuttama datakato, hajanaiset
tietojdrjestelmit, epéselvdt vastuut ja varovaisuus toimia puutteellisen tiedon perusteella
rajaavat ndkyvyyttd. Tutkielma osoittaa, ettd dark funnelin hallinta edellyttda
kvantitatiivisen datan, laadullisten ndkemysten ja pitkdjénteisen bridndin rakentamisen
tasapainoista yhdistamista.
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B2B

B2C
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Al

KPI

ROI
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DIT

Business-to-Business company
Business-to-Consumer company
Customer relationship management
Software-as-a-Service

Search engine optimization
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Artificial Intelligence

Key Performance Indicator

Return on investment
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Digital Information Technologies



1 T OUCTION et e e e e e et e e e e e e e e e e e aeeeeeeeeaaraaaeaeaaeaes 1

L1 LAtEIATUIC TEVIEW ..euveeientieutieiieteeteeitesteete et st etesitesbe et et sitesbeestesbeenbeentesatenbeebeenees 2
1.2 Research questions and objectives of the Study........ccccveeecieeiiiiiniiieeeeeeee e, 7
1.3 Theoretical framework and key definitions ...........ccceevieriiieniiniiieniiciieeeeee e 8
1.4 DelIMItAtIONS. ..coueiiiiiitiieiiieite ettt ettt ettt ettt et e e b e e b e nae 13
1.5 Research methodolOZY ........ccueeiiiiiiiiiiieiieeiieee et 13
1.6 Structure of the StUAY ..cc.veeiiiiiiiie e e 14
2 Data-driven marketing in the CUStOMEr JOUINEY .......ccceevuiriiniiiierieniieneeiesieieeeesiene 16
2.1 Laws, regulations and ethics in B2B marketing ...........ccccocveevieeiienieeniienieeieenneans 16
2.2 Software-as-a-ServiCe (SAAS) .....ccoiiiiiiiiiieiieiie ettt st 17
2.3 BUSINESS-T0-DUSINESS .....eeiiiiiiiiiiieiieeit ettt sttt 18
2.4 Digital B2B mMarketing........cccceeouieiiiiiiieiiieieeeie ettt 19
2.5 Data-driven Marketing ..........ceeevierieeiiierieeiiieeieesiee et eieeereeseeereesseeeseenseesnseesseeens 21
2.6 Data analYtiCS....cuiiiieiieeiiieeiieeeiie ettt et e e e et e e e e ta e e e aaeeeaaeeenbeeenraeenns 23
2.7 Customer acquisition in B2B COMPANY ..........ccceevveriieriieniienieeieerieeie e 25
2.8 The Dark FUNNEL ........ccooiiiiii et 28
3 Research design and methodology ..........ccocuieiiiiriieiiiiiieieceee e 30
3.1 Research approach and deSi@N ...........cccueieiuiiieiiiieciiiecee e 30
3.2 Data COIECTION ..ottt sttt 31
3.3 Semi-Structured INEETVIEWS ........oeiuieiiieiieriieeiee ettt ettt sttt et et e e e 33
3.4 Reliability and validity........c.ccocuiiiiiiiiiiiiieiieeceee s 34
4 ReSCArCh fINAINGS....ccouiiiiiiieeiieeee ettt et re e e e e e e e eens 36
4.1 Utilization of data-driven marketing in the B2B company...........cccccoevvevierciiennnn. 36
4.2 Uncovering the Dark Funnel in a Finnish B2B SaaS company...........cccccceevveennnee. 40
4.3 Challenges in leveraging marketing data in practice ..........ccoceeveerveenervieneenenseennns 44
4.4 Organizational structures and cross-functional collaboration .............c.cccceevveennnen. 47
4.5 From data to action: Turning insights into marketing decisions ...........c.ccceceeeuenneee 50
5 Discussion and CONCIUSIONS ........cocueiruiiiiiiiiiiiiiiceereeee et 55
5.1 Discussion Of the TeSULILS ........cccuiiiiiiiiiiiie e 55
5.2 Theoretical CONITDULIONS ......covuviiiiiiiiiiiieniieeieere et 64
5.3 Managerial IMPlICATIONS ....c..eevueiiiiieiiieiierie ettt 66
5.4 Limitations and future reSearch ...........coceeveriiiiieniiiinieeeeee e 67



RETCIEIICES ..ot e e e e e e e e e e e e e e e e e e e e aaaeeeeeeeneeanann

Appendices
Appendix 1. Interview questions in Finnish

Appendix 2. Interview questions in English

Figures
Figure 1: Theoretical framework

Figure 2: Summary of the interview findings

Tables

Table 1: Summary of the interview’s information



1 Introduction

With the advancements in digital information technologies (DIT) and the exponential growth
of digital data being created, stored, and accessible for analysis, B2B marketing has
transitioned into a more digital and buyer-centric landscape. For instance, Marvasti et al.
(2021) mention, as reported in a survey by Schwartz & Kim in 2012, over 70% of buyers
now initiate their purchasing journey through digital means, often starting with a Google
search to enhance their knowledge of the market and available products. In addition,
researchers have found already in 2014 that 84% of CEOs and VPs in B2B companies use

social media to make purchasing decisions. (Schaub 2014)

Data-driven decision-making has brought new ways for companies to base their decisions
on knowledge. However, the new GDPR challenges gathering data on an individual level.
B2B SaaS companies face long buyer journeys, which are often complicated by the
involvement of multiple stakeholders and the overwhelming amount of information
available. As highlighted by the Harvard Business Review, addressing these challenges
requires not just gathering data on potential customers but simplifying the decision-making

process to empower buyers and shorten sales cycles (Adamson et al. 2017).

Research reveals that business buyers allocate only 17% of their time to interacting with
potential suppliers, while 27% is spent conducting independent online research (Gartner,
2020). This behaviour underscores the critical importance of digital content marketing
(DCM) in delivering relevant and timely content that supports buyers throughout their
journey, even when their actions remain unseen by sellers (Holliman & Rowley 2014;

Jarvinen & Taiminen 2016; Terho et al. 2022).

Long sales funnels, invisible stages of the buying journey, challenges posed by data
protection, data collection, and organizing it into useful information currently create
difficulties for B2B companies. Companies could guide their action if the listed challenges
were resolved and then with the necessary information, they would have an understanding
and validation of which channel or method is most effective for them in customer

acquisition. In this study, the objective is to explore how a B2B company can leverage data-



driven marketing strategies to improve visibility into the dark funnel and streamline
customer acquisition processes. The research focuses on identifying effective methods,
technologies, and practices for recognizing potential customers within the hidden stages of
the buying journey and shortening long sales cycles through data and analytics. In my
research, I examine how an international B2B company has approached solving the

challenges to enable the company to steer its marketing activities effectively.

The structure of this research can be described as follows. Initially, the introduction will
present the study's research questions and fundamental concepts. The empirical study will
be introduced and clearly outlined following the theoretical framework. Subsequently, the
conclusions will address each of the research questions by integrating insights from the
existing literature and the findings derived from the empirical phase. Lastly, the research
will conclude by briefly exploring the practical implications for management and suggesting

potential avenues for further study.

1.1 Literature review

Existing literature shows that digital transformation has significantly altered the B2B buying
landscape by increasing buyer autonomy and reducing dependence on direct seller
interactions. Grewal et al. (2015) estimate that in complex B2B purchases, nearly 60% of
the buying process is completed before any seller contact. Despite the increase in available
digital data, B2B companies have struggled to transform this into a competitive marketing
asset (Dun & Bradstreet, 2020; Dwivedi et al., 2021; Rosario & Dias, 2023). Research also
identifies a gap in effectively understanding and managing the B2B buying cycle,

particularly its hidden and non-linear dimensions (Steward et al., 2019).

Studies and reports have pointed out that B2B companies are currently not effectively using
data in their marketing or to make data as a competitive asset for their company. (Dun &
Bradstreet 2020; Dwivedi et al. 2021; Rosario & Dias 2023.) Steward et al. (2019, p. 288)
note that to tackle this challenge effectively, academic studies must focus on comprehending
the intricacies of the B2B purchasing cycle. There's a need to innovate and implement
sophisticated, yet economically viable, techniques for monitoring this process, ensuring it

remains streamlined and not excessively costly or intricate.



Additionally, they suggest that future research delve into five key areas: exploring the
influence of technology, examining the dynamics of interactions between customers and
suppliers, analysing various decision-making strategies, understanding the complexities
between internal and external groups, and investigating the role of analytics in B2B

marketing. (Steward et al. 2019).

In addition to companies not effectively utilizing customer data, research has also identified
that in the future, marketing scholars and companies will face various challenges in data-
driven marketing. Sheth and Kellstadt (2021) recognize that marketing scholars and
companies have four challenges following data-driven marketing. The biggest challenge in
the future will be data curation. With the massive amount of data, it is difficult to ensure that
the data collected is relevant and authentic. Related to the same topic are the difficulties in
data analysis. Choosing the proper set of techniques for analysing increasingly complex and
diverse data has been identified as a problem. The third challenge is insights from data -
dealing with multiple perspectives or overcoming biases related to the interpretation of
complex data. The last challenge that Sheth and Kellstradt (2021) recognize is named “Halt-
life of knowledge”. The changing context can challenge the declining half-life of marketing
knowledge.

Academic literature has thus far extensively examined traditional funnel models, such as
marketing and sales funnels, which segment the customer journey into phases like
awareness, consideration, and action (De Haan, Wiesel, & Pauwels, 2016; Jarvinen &
Taiminen, 2016). These frameworks offer a general structure for mapping customer
journeys, but they fall short in addressing the complexity and opacity of buyer behaviours in
digital-first environments. Hannig and Seebacher (2023) and Venermo et al. (2020) have
noted the importance of aligning funnel stages with data insights, yet many organizations
still rely on simplified models that overlook unseen interactions in the early stages of

customer engagement.

Long sales cycles in B2B SaaS companies often stem from the Dark Funnel, a phase in the
buyer’s journey where customer interactions remain hidden from marketers. This concept,
popularized by experts such as Chris Walker (Cognism) and David Blinov (F Company),
highlights the need for companies to adopt strategies that illuminate these invisible stages of

the buying journey. (Van Rensburg 2024; Kiveld 2023; Hancock 2022; Ilic 2023). While not



widely recognized in academic literature, the dark funnel is a concept frequently encountered
in B2B marketing practice, where long buying cycles and hidden customer behavior pose

significant challenges.

The Dark Funnel, the phase in which customer activities remain untracked by conventional
analytics tools, represents one such under-explored dimension. While marketing
practitioners increasingly discuss this concept (Van Rensburg, 2024; Kiveld, 2023),
academic research into how companies can make this stage more visible and actionable
remains limited. This presents a significant gap in understanding how B2B companies,
particularly in SaaS sectors, can identify potential leads earlier and more reliably in the sales
cycle. This led me to see how my research could help and shed light for other professionals
in the future on the ways data and well-managed strategies can benefit a company when
addressing the unknowing phase of the buying cycle, the so-called dark funnel, as well as

other stages.

It has been recognized that funnels, in their simplified form, don't completely capture the
nuances of a lead's behaviour from the moment they discover a brand to the point of making
a purchase. The dark funnel offers a new perspective on traditional methodologies by
focusing on aspects not captured by analytics platforms, and it guides marketing
professionals on how to adeptly address this gap in data. (Van Rensburg 2024; Kiveld 2023;
Hancock 2022; Ilic 2023)

Nevertheless, this stage is marked by its challenging nature in terms of measurement and
tracking. (Infusemedia 2023) However, Kiveld (2023) notes that comprehending and
managing this phase is critical for businesses, as it plays a significant role in the generation
of their revenue. For B2B companies that aim to efficiently locate the origin of leads and
interact with them at the most opportune sales-ready moment, it is crucial for these

companies to address the challenges of the dark funnel. (Infusemedia 2023)

In B2B environments, the customer journey becomes intricate as potential clients conduct
their research. Research done by Clutch in 2020 revealed that a significant 94% of B2B
purchasers have relied on online reviews to assist in their buying decisions, with nearly half
of these buyers examining a minimum of six reviews during their decision-making process.

(Kemper 2020)



In addition, potential customers rely on recommendations from other businesses, engage
with company-produced podcasts and various content, and ultimately arrive at decisions
independently. Different marketing agencies have found some actions that can help B2B
companies in the dark funnel. They include, among others, the following: filtering the “direct
traffic” on analytics platforms, user-friendly share buttons to content, social listening tools
to track brand mentions, conduct surveys with clients and creating valuable content that
addresses the needs of potential customers in the dark funnel. (Infusemedia 2023; Low 2023;

Kiveld 2023)

During the literature review, it also became evident that it is important for my research to
address the ethical and operational dimensions of data-driven marketing in the B2B SaaS
context. The case study method used in my research illustrates how a B2B SaaS company
addresses these challenges ethically from the customer’s perspective. Therefore, it is
essential to examine the extent to which the existing literature discusses the ethical and
privacy issues related to data-driven marketing, and to analyze how these considerations

have been operationalized in the case company under investigation.

As noted by Kwon, Lee & Shin (2014), prospective customers today generate extensive
digital footprints through their information-seeking behaviours. This results in large volumes
of behavioural data available to B2B sellers, who, despite having access to this data, often
struggle to effectively leverage it for strategic purposes. Similarly, Shah & Murthi (2021)
point out the need for further research on the impact of social media and text-mining analyses
on substantial marketing and business outcomes. The authors emphasize the need to address
the ethical and privacy concerns raised by the growing use of data-driven marketing
practices, particularly as the exponential increase in data usage raises concerns about

privacy, security, and ethical responsibility.

Companies are increasingly seeking ways to gain insights into potential customers, exploring
various data sources to better understand their target markets. Lepri et al. (2017) highlight
that the nature and use of diverse data-driven algorithms create challenges for achieving
algorithmic transparency. Recent advancements in machine learning, as highlighted by
Rezazadeh (2020), demonstrate the potential of predictive models in improving sales
outcome accuracy. By enriching CRM data and utilizing algorithms, companies can uncover

actionable insights even during hidden phases of the customer journey, such as the 'dark



funnel'. Other issues identified by Lepri et al. (2017) include privacy violations, information
asymmetry, discrimination, and bias, illustrating the ethical and operational challenges

companies face in responsibly using data for customer acquisition.

Based on the research gap identified in this study, the aim of the research is to examine the
methods, strategies, and tools through which an internationally operating SaaS company
seeks to address the challenges that arise both in the Dark Funnel phase and in other stages
of long sales cycles. The study particularly investigates how data-driven marketing manifests
and influences these methods within the case company. In addition, the research aims to
present the methods, strategies, and measures that have thus far helped the case company's
marketing team address these challenges, increase visibility into the Dark Funnel phase,
reduce the length of prolonged customer journeys and gain awareness of ways how customer

acquisition is most effective for the company.

In the previous paragraph I briefly touched upon this topic, but more specifically, another
area that academic literature addresses only sparingly concern the operational application of
data-driven strategies in shortening sales cycles. Although Sheth and Kellstadt (2021)
highlight technical challenges related to data collection, analysis, and the decreasing “half-
life” of marketing knowledge, only a limited number of studies offer concrete strategies for

using analytics to streamline buyer journeys in practice.

Additionally, the implementation of data-driven marketing strategies is hindered by ethical,
legal, and technological constraints. Researchers such as Lepri et al. (2017) and Shah &
Murthi (2021) call for more investigation into the trade-offs between personalization and

privacy, especially in GDPR-regulated contexts.

Given these limitations, this study focuses on addressing the identified research gaps by
examining (1) how an international B2B SaaS company encounters the challenges associated
with the dark funnel and increases visibility in this phase, (2) how data-driven marketing can
be leveraged to address the challenges described above, and (3) how various barriers and
constraints (such as GDPR regulation and ethical considerations) influence the company’s

efforts to operationalize these strategies and methods.



1.2 Research questions and objectives of the study

The aim of this thesis is to examine how an internationally operating Finnish B2B SaaS
company utilises various marketing methods, strategies, and tools to increase visibility into
the dark funnel and to address challenges that emerge across different stages of the customer
journey, ultimately contributing to the reduction of long sales cycles. In addition, the study
seeks to explore how data-driven marketing can be applied to identify potential customers
within the dark funnel and to improve the efficiency of customer acquisition in the context
of long and complex sales cycles. Finally, the research investigates the types of challenges,
constraints, and barriers the company encounters when attempting to operationalise these

data-driven methods and strategies.

Accordingly, the study delves into the multifaceted role of data-driven marketing within a
B2B SaaS organisation and aims to clarify its practical applications and the value it generates
for developing and optimising the customer journey. By understanding these dynamics, and
particularly how increased visibility into the dark funnel supports more effective decision-
making and sales process optimisation, this research provides insights that extend beyond
marketing specialists and support the organisation, especially through the combined efforts

of sales and marketing, in improving customer acquisition performance.

The main research question is:

What are the ways how Finnish B2B SaaS company which operates internationally is

increasing the visibility of the “dark funnel” phase?

The first sub-question is:

How does a B2B SaaS company streamline the time spent on customer acquisition through

data-driven marketing activities?



Within this sub-question, this research delves into the tactical intricacies of data-driven
marketing strategies, seeking to uncover the methods through which B2B SaaS companies
can strategically streamline the time spent on customer acquisition through data-driven

marketing activities.

The second sub-question is:

What are the key challenges associated with implementing data-driven marketing techniques

in a B2B SaaS company during the dark funnel and in customer acquisition?

The second sub-question endeavors to shed light on the broader landscape by examining the
challenges presented by data-driven marketing techniques within the unique context of B2B
SaaS company. By exploring these complexities, this research seeks to provide a
comprehensive view of the challenges associated with implementing data-driven marketing
techniques in the "dark funnel" phase and in customer acquisition. Finally, the research aims

to uncover solutions and strategies to address and overcome these challenges.

1.3 Theoretical framework and key definitions
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Figure 1. Theoretical framework



The theoretical framework of this study integrates key concepts that are central to
understanding how B2B SaaS companies leverage data-driven marketing to clarify the dark
funnel phase and accelerate the customer acquisition process. In recent years, the B2B
buying journey has evolved into a highly digital and complex process, with prospective
buyers conducting significant independent research prior to engaging with sales
representatives (Grewal et al. 2015; Gartner 2020). However, a substantial portion of this
journey remains hidden from marketers, often referred to as the "dark funnel." This term
captures the invisible stages of the buyer’s decision-making process, where traditional

analytics tools fail to provide visibility (Van Rensburg 2024; Kiveld 2023).

At the core of this framework is the dark funnel, which represents the hidden interactions
and decision-making behaviours of potential customers that are not easily tracked through
conventional marketing and CRM systems. To address this challenge, B2B SaaS companies
are increasingly adopting data-driven marketing strategies, utilizing advanced data analytics
to illuminate these invisible stages. By analyzing both structured and unstructured data, such
as web behavior, social media signals, and third-party intent data, organizations can better
identify potential leads earlier in the buying cycle (Rezazadeh 2020; Shah & Murthi 2021).
Supporting this analytical capability is a foundation of laws, regulations, and ethical
considerations, particularly the General Data Protection Regulation (GDPR) and related data
privacy frameworks (Lepri et al. 2017; Sheth & Kellstadt 2021). These regulations impose
strict guidelines on the collection, storage, and utilization of personal data, necessitating
robust governance practices within B2B organizations. The theoretical framework
emphasizes that compliance with these regulations is not only a legal requirement but also a
critical factor in building trust with potential customers and ensuring the ethical use of data

in marketing activities.

The framework further integrates marketing and sales funnels as mechanisms for
operationalizing insights derived from data analytics. While traditional marketing and sales
funnels focus on stages such as awareness, consideration, and decision-making (De Haan et
al. 2016; Hannig & Seebacher 2023), the inclusion of the dark funnel highlights the need for
strategies that account for non-linear and hidden buyer journeys. By bridging data-driven
insights with funnel strategies, companies can streamline the customer acquisition process,
reduce the length of sales cycles, and enhance the effectiveness of their digital marketing

initiatives (Adamson et al. 2017; Terho et al. 2022).
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In summary, the theoretical framework provides an integrated model for understanding how
B2B SaaS companies can utilize data analytics and digital marketing strategies within the
constraints of regulatory environments to gain greater visibility into the dark funnel and
improve customer acquisition outcomes. It emphasizes the interplay between compliance,
analytics, and strategic marketing efforts in addressing the unique challenges of modern B2B

buying processes.

Software-as-a-Service (SaaS)

Software as a Service (SaaS) is a cloud computing model where applications are hosted by
a service provider and made available to customers over the internet. This approach
eliminates the need for organizations to install and maintain software on individual devices,
reducing upfront costs and simplifying maintenance (Benlian, Koufaris, & Hess 2010). SaaS
solutions are typically subscription-based, offering scalability and flexibility to
accommodate varying user demands. However, adopting SaaS also presents challenges, such
as data security concerns and potential dependency on service providers (Ibrahim, Abdullah,
& Bahari 2022). Studies have shown that while SaaS can enhance firm performance through
benefits like innovation and agility, organizations must carefully assess the associated risks

and ensure alignment with their strategic objectives (Recchia 2021).

Business-to-Business (B2B)

Business-to-Business (B2B) refers to commercial transactions and interactions between
businesses rather than between businesses and individual consumers. Unlike Business-to-
Consumer (B2C) markets, B2B transactions typically involve longer sales cycles, higher-
value contracts, and multiple decision-makers in the purchasing process (Grewal, et al.
2015). The B2B market is driven by relationship management, trust, and value-based selling,
making digital transformation a key factor in enhancing efficiency and customer engagement
(Jarvinen & Taiminen 2016). Recent advancements in data-driven marketing and artificial
intelligence have further optimized B2B marketing strategies by enabling personalized
communication, predictive analytics, and automated lead nurturing (Paschen, Wilson, &

Ferreira 2020). However, B2B firms must also navigate challenges such as regulatory
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compliance, data privacy concerns, and evolving customer expectations in a competitive

marketplace (Sheth 2021).

Digital marketing strategies

Digital marketing strategies have become essential for businesses seeking to enhance their
online presence, engage customers, and drive revenue growth. These strategies include a
variety of digital channels, including content marketing, email marketing, social media
marketing, search engine optimization (SEO) and pay-per-click (PPC) advertising or
different kind of paid advertising, (Chaffey & Ellis-Chadwick 2022). A well-structured
digital marketing strategy leverages data analytics and consumer insights that support the
optimization of marketing campaigns contribute to higher return on investment (ROI)
(Kingsnorth 2022). Moreover, personalization and automation have an important purpose in
digital marketing success, as organizations can customize their communication and content
for distinct customer segments by leveraging artificial intelligence (AI) and machine
learning technologies (Stephen & Lamberton 2016). With the ongoing evolution of digital
marketing, firms must embrace adaptable strategies that respond to emerging trends, such as
voice search optimization, influencer marketing, and interactive content (Ryan 2020). In the
business-to-business (B2B) context, digital marketing strategies emphasize lead generation,
account-based marketing (ABM), and nurturing long-term customer relationships through
targeted and data-driven approaches (Jarvinen & Taiminen 2016). Overall, businesses that
effectively implement digital marketing strategies can achieve competitive advantages by

aligning messages with the appropriate audience at the most effective time.

The Dark Funnel

The dark funnel can be defined as the hidden stages of the customer journey where traditional
analytics fail to capture interactions that significantly influence purchasing decisions. (Sefati
2023). These interactions often occur through private channels such as direct messaging,
email, and face-to-face conversations, collectively known as "dark social" (French 2023).
Due to the lack of visibility into these touchpoints, marketers face challenges in accurately

attributing conversions and understanding the complete customer journey (Malekos 2023).
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To address this, strategies like utilizing intent data platforms, conducting customer
interviews, and leveraging social listening tools are recommended to gain insights into these
hidden interactions (Hancock 2022). Implementing multi-touch attribution models and
monitoring direct traffic can also help illuminate aspects of the dark funnel, enabling more

effective marketing strategies (Sefati 2023).

Data-driven marketing

Data-driven marketing utilizes customer data to optimize decisions, personalize experiences,
and improve campaign performance (Wedel & Kannan 2016). Advanced analytics,
including predictive modeling and machine learning, help businesses refine targeting
strategies and enhance omnichannel consistency (Liu-Thompkins, 2019). However, while
data-driven approaches boost marketing efficiency, they raise ethical concerns, particularly
regarding consumer privacy and GDPR compliance (Martin, Borah & Palmatier 2017). As
businesses integrate data analytics into their strategies, balancing personalization with

privacy remains a key challenge (Rust & Huang 2021).

The Customer Journey

The customer journey encompasses all stages of a customer’s interaction with a brand, from
the first point of awareness to activities that follow the purchase (Lemon & Verhoef 2016).
Unlike the traditional linear funnel model, modern customer journeys are increasingly non-
linear and omnichannel, influenced by digital touchpoints, social media, and peer
recommendations (Bolton et al. 2018). Businesses must leverage data analytics and
personalized marketing to provide seamless experiences across multiple channels, ensuring
consistency and engagement at every stage (Rawson, Duncan & Jones 2013). Furthermore,
understanding customer behavior through journey mapping and predictive analytics enables
companies to anticipate needs and enhance customer retention (Homburg, Jozi¢ & Kuehnl
2017). With rising competition, organizations are required to regularly adjust their strategies

to respond to evolving customer expectations and advances in technology.
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1.4 Delimitations

This study is delimited to one international B2B SaaS company that develops and offers
digital software solutions. The findings are based on the specific business model, internal
practices, and organizational context of the selected case company. While the study may
provide valuable insights for other B2B SaaS companies, the results are not intended to be

directly generalizable to all organizations in the B2B or SaaS sectors.

The focus of the research is specifically on the dark funnel phase and, more broadly, the
customer acquisition process in a B2B context. Although the dark funnel refers to the
invisible and untraceable stages of the buyer’s journey, this study also considers how
improved visibility into these hidden phases can contribute to more efficient marketing and
faster sales cycles. The study does not address B2C marketing environments, as B2B
decision-making involves more complex, longer-term buying processes with multiple

stakeholders.

Geographically, the company under investigation operates within the European Union and
complies with GDPR and other data protection frameworks, which influence how data-
driven marketing strategies are applied. Empirical data was gathered through semi-structured
interviews with internal personnel working in areas such as marketing, customer acquisition,
and analytics. The perspectives of external stakeholders are outside the scope of this study.
Furthermore, the research is limited to the year 2025, and the findings reflect the conditions

and practices relevant to that time.

1.5 Research methodology

This study adopts a qualitative research approach to investigate how an international B2B
SaaS company utilizes data-driven marketing strategies to increase visibility into the dark
funnel and improve customer acquisition efficiency. A qualitative approach is well-suited
for examining the dark funnel phenomenon, which remains relatively underexplored in
academic literature despite its growing relevance in B2B marketing practice (Van Rensburg

2024; Kiveld 2023; Puusa & Juuti 2020).
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The research follows a single case study design, which allows for an in-depth, context-
dependent analysis of how one company addresses the specific challenges of identifying
hidden buyer activity and accelerating sales cycles. The selected case company operates in
the digital marketing and analytics domain, making it particularly relevant for exploring the
study’s research questions. Case study methodology supports the development of detailed
insights based on real-world practices (Watts 2007).

Data was gathered through semi-structured interviews with employees working in digital
marketing, analytics, and strategy roles. Participants were selected using purposive sampling
based on their role and experience in areas directly related to the study’s focus. To ensure
depth of insight, all participants had a minimum of three years of relevant experience. The
interviews were conducted either in person or via Google Meet, lasting approximately 45—

60 minutes each. All interviews were audio-recorded and transcribed verbatim for analysis.

Thematic analysis was used to analyze the collected data, allowing the identification of
patterns and themes that respond to the research questions (Nowell et al., 2017; Vaismoradi,
Turunen & Bondas, 2013). The analysis process included familiarization with the data, open
coding, and theme development. To ensure the quality and trustworthiness of the findings,
the study adhered to validation criteria such as credibility, dependability, and confirmability
(Korstjens & Moser, 2018).

Ethical considerations were carefully integrated throughout the research. Informed consent
was obtained from all participants, and confidentiality was ensured by anonymizing personal
data (Beauchamp & Childress, 2019). The study complied with the General Data Protection
Regulation (GDPR), and ethical approval was granted by the appropriate ethics review board
(Kloza et al., 2021; Tracy, 2024). These measures ensured that the research was conducted

responsibly and in line with academic standards.

1.6 Structure of the study

This section outlines the structure of this study, which is broadly divided into two main parts:
the theoretical framework and the empirical investigation. The theoretical aspect is explored

in chapters two and three, while chapters four and five delve into the empirical part of the
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study. The study culminates in chapter six, which presents discussion and conclusions,
summarizing the entire research. Each part is further divided into sub-chapters for detailed

exploration.

The introduction chapter sets the stage for the study. It introduces the topic, providing a
background on the use of data-driven marketing in the dark funnel phase by B2B SaaS
companies. This chapter outlines the research questions and objectives, explaining the
study's rationale, aims, and theoretical framework. The introduction chapter presents
relevant concepts, theories, features, and perceptions in the context of data-driven marketing,
mainly focusing on the dark funnel phase in B2B SaaS companies It also includes a
comprehensive literature review, establishing the theoretical background and defining the
main concepts used in the study. Additionally, this chapter discusses the delimitations, and

the qualitative research methodology employed in the thesis.

Chapters two and three constitute the theory section of the study. Chapter Two is about data-
driven marketing, and Chapter Three highlights B2B SaaS companies' marketing funnel and

what a “dark funnel” is.

Chapter four details the qualitative research methodology and strategy, providing an
overview of how the study was conducted. It covers the research method, context, data
collection through semi-structured interviews, and data analysis procedures. Chapter five
presents the findings and results from the interviews conducted with marketing experts and
leaders from B2B SaaS companies, discussing the practical application of data-driven

marketing strategies in the dark funnel phase.

The final chapter, chapter six, synthesizes the results and discusses the study's limitations. It
outlines the findings' managerial implications and suggests future research directions. This
chapter serves to integrate the theoretical insights and empirical findings, offering a

comprehensive summary and concluding remarks on the study.

This structure is designed to provide a clear and logical progression through the research,
ensuring a thorough understanding of both the theoretical underpinnings and practical
applications of data-driven marketing strategies in the dark funnel phase for B2B SaaS

companies.
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2 Data-driven marketing in the customer journey

This chapter explores the theoretical background of my research and the key concepts that
form the foundation of the research framework. I present insights from previous literature
that influence the content of various sections of my theoretical framework. The framework
is divided into different sections, examining data-driven marketing, the invisible stages of
the buyer's journey (dark funnel), and the challenges of customer acquisition in B2B SaaS

companies.

In this chapter, I provide an overview of my examination of these research topics. This
approach allows me to later connect how theory and practice are realized or remain
unrealized in the empirical phase of my research. The sections in this chapter lay the
groundwork for the empirical part of the study, where I analyze how the company selected
for my case study navigates these challenges and leverages data to support strategic

marketing decisions, ultimately trying to make the dark funnel more visible.

2.1 Laws, regulations and ethics in B2B marketing

With the rise of digitalization, the collection and utilization of marketing data have become
an increasingly central aspect of business operations. At the same time, concerns about
privacy, data misuse, and ethical risks have grown, leading to stricter regulations and new
requirements for companies leveraging data in their marketing efforts. (Palmatier & Martin,

2019)

Regulatory frameworks, such as the European Union’s General Data Protection Regulation
(GDPR), have significantly reshaped how B2B companies utilize data for customer
acquisition and digital marketing (Wolford, 2024). The main purpose of these regulations is
to improve transparency and give individuals greater control over their personal data while

limiting how companies can leverage traditional tracking methods (EDPB, 2024).

Organizations are increasingly leveraging web analytics tools to gather objective, first-party
behavioural data that can inform digital marketing activities, emphasizing data quality and

direct collection from owned platforms (Jarvinen & Karjaluoto, 2015). Martin, Borah, and
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Palmatier (2017) emphasize that customers' perceived vulnerability regarding how firms
manage their personal data can lead to diminished trust and adverse customer responses. As
a result, firms must implement transparent and empowering data practices to address the

ethical and operational risks associated with data use.

Companies must also navigate ethical risks associated with leveraging data in marketing
strategies. Lepri et al. (2017) emphasize that data-driven algorithms can increase bias,
discrimination, and information asymmetry, creating ethical dilemmas for businesses. The
dark funnel is one of the key concepts in my research and has emerged largely due to
increasing regulations and restrictions on tracking. As B2B companies must continuously
consider regulatory issues in their marketing strategies, the invisible stages of the buyer’s
journey have become more significant. This means that it has become increasingly difficult
for businesses to track potential customers’ behavior and decision-making processes using

traditional analytics tools (Van Rensburg, 2024; Kiveld, 2023).

As regulations limit companies’ ability to use traditional tracking tools, many organizations
have begun adopting alternative strategies such as contextual advertising, server-side
tracking, and Al-driven analytics, which do not rely on cookies. At the same time,
maintaining customer trust has become a crucial competitive advantage, pushing companies
to develop ethical and transparent practices in data management. (Morey, Forbath & Schoop,

2015; Héaglund & Bjorklund, 2022; Vijayakumar 2024)

2.2 Software-as-a-Service (SaaS)

Software-as-a-Service (SaaS) is a cloud computing model in which software applications are
hosted by a service provider and delivered to users over the internet. Unlike traditional on-
premises software, which requires installation, maintenance, and manual updates, SaaS
solutions allow businesses and individuals to access software on demand without the need
for extensive local infrastructure (Armbrust et al. 2010). SaaS has gained widespread
adoption due to its cost-effectiveness, scalability, and ease of use, making it a preferred

model for businesses of all sizes (Marston et al. 2011).

The origins of SaaS can be traced back to the emergence of application service providers

(ASPs) in the late 1990s, which offered remote hosting of software applications. The modern
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SaaS model evolved with the advancement of cloud computing, which enabled more
efficient multi-tenancy architectures, automated updates, and flexible pricing structures
(Choudhary 2007). Over time, SaaS has become a dominant software distribution model
across various industries, supported by increasing internet penetration, improved data
storage capabilities, and a shift toward digital transformation (Sultan 2011; Oliveira et al.

2019).

One of the key advantages of SaaS is its ability to lower the upfront costs associated with
software deployment. Unlike traditional software that requires expensive licenses and
hardware investments, SaaS applications typically operate on a subscription basis, where
users pay a recurring fee based on usage, number of users, or feature sets (Benlian, Koufaris
& Hess 2010). This model makes SaaS more accessible to small and medium-sized
enterprises (SMEs) that may lack the financial resources to invest in traditional IT

infrastructure (Khan & Malluhi 2010).

2.3 Business-to-business

Business-to-Business (B2B) refers to a business model in which products or services are
exchanged between two or more companies, as opposed to the Business-to-Consumer (B2C)
model, where a company sells directly to individual consumers. In B2B markets, the buyer
1s an organization rather than an individual, and purchases are typically made to support the
company's own business needs, such as production, resale, or service development

(Hadjikhani & LaPlaca, 2013).

B2B business is characterized by several key features. First, decision-making is often more
complex than in B2C contexts, as it involves multiple stakeholders and is based on rational,
economic, and strategic considerations (Johnston & Lewin, 1996). Second, B2B transactions
tend to involve larger volumes and long-term contracts, requiring trust-based and sustainable

customer relationships (Grewal et al., 2015).

B2B relationships also emphasize customized solutions and close collaboration. The sales
process is often lengthy and phased, involving technical support, negotiations, and tailored
proposals that align with the customer’s specific needs (Lilien, 2016). In recent years,

technological advancements and digitalization have significantly transformed B2B
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operations, with digital marketing, customer relationship management (CRM) systems, and

analytics playing a central role in effective B2B marketing (Jarvinen & Taiminen, 2016).

2.4 Digital B2B marketing

Digitalization has significantly transformed business-to-business (B2B) marketing,
introducing new strategies and tools that distinguish it from business-to-consumer (B2C)
approaches. B2B marketing focuses on building long-term relationships between businesses,
emphasizing the delivery of value through tailored solutions and in-depth information
sharing. This contrasts with B2C marketing, which often targets immediate consumer needs
and employs more emotionally driven tactics. In addition, previous research from Réklaitis
& Pileliené (2019) highlights significant differences between B2B and B2C marketing,

particularly regarding sales cycles, decision-making processes, and purchasing behaviour.

A primary component of digital B2B marketing is content marketing. By producing and
disseminating valuable content such as whitepapers, case studies, and webinars, businesses
aim to address specific industry challenges and establish thought leadership. This approach
not only educates potential clients but also fosters trust and credibility (Holliman & Rowley,

2014).

Search Engine Optimization (SEO) plays a vital role in long-term B2B digital marketing
strategy by enhancing a company’s visibility in search engine results and enabling it to
effectively reach its target audience (Méndez-Suérez & Monfort, 2022). The success of SEO
depends on deliberate keyword selection based on the actual search behaviour of potential
business clients and the contextual alignment of the content with user intent (Hennemann,
2020). In B2B settings, SEO is not limited to technical optimization but involves creating
content that is relevant, informative, and tailored to support lead generation and the

development of lasting business relationships.

Email marketing continues to be one of the most effective digital channels in B2B marketing,
particularly for maintaining and strengthening customer relationships (Sempelidou,
Avlogiaris, & Antoniadis, 2024). Through targeted email campaigns, businesses deliver
relevant and personalized content, such as product updates, expert insights, and event

invitations, that fosters engagement and supports the customer journey (Valenti, Srinivasan,
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Yildirim, & Pauwels, 2023). Studies show that email is especially effective in activating
existing customers and facilitating repeated interactions, particularly when messages are

well-segmented and deliver timely, valuable information.

Social media has become an essential part of digital B2B marketing strategies, particularly
as a channel for distributing content and fostering engagement with target audiences.
Platforms like LinkedlIn are increasingly used to share thought leadership materials, generate
brand awareness, and facilitate professional networking. According to Holliman and Rowley
(2014), social media allows firms to support content marketing strategies by enhancing the
visibility and distribution of relevant information, while also enabling interaction with
stakeholders in more dialogic and relationship-driven ways. This aligns with the broader
goals of B2B marketing, which emphasize relationship-building and value-based

communication.

The selection of digital communication channels in B2B marketing reflects the specific
needs of professional audiences. Jarvinen and Karjaluoto (2015) found in their empirical
study that social media plays an important role in the digital marketing mix for B2B
companies, but its strategic use often differs from B2C contexts. Whereas B2C firms may
prioritize mass-reach platforms like Facebook or Instagram for emotional branding, B2B
marketers focus on platforms that facilitate knowledge sharing and professional interactions,
such as LinkedIn and company blogs. The suitability of different channels is evaluated based
on how well they support long-term engagement and lead nurturing, rather than short-term

conversions.

Pay-Per-Click (PPC) advertising is a form of digital marketing in which advertisers pay a
fee each time their ad is clicked. This model enables companies to display targeted
advertisements in different digital channels (e.g., LinkedIn, Meta, Google and Reddit) to
potential business audiences, thereby increasing website traffic and supporting lead
generation. According to Kapoor, Dwivedi, and Piercy (2016), PPC advertising offers a
strategic tool for businesses to effectively deliver desired content to consumers, which can
result in increased sales and higher revenues. Furthermore, PPC allows firms to reach
narrowly defined audience segments, enhancing the overall effectiveness of marketing

campaigns and improving the quality of acquired leads
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Marketing automation tools have revolutionized the efficiency of B2B marketing efforts.
These platforms automate repetitive tasks such as email campaigns and social media
postings, enabling personalized communication at scale and allowing marketing teams to

focus on strategy and content creation (Jarvinen & Karjaluoto, 2015).

Hosting webinars and virtual events has emerged as a powerful strategy for demonstrating
expertise and engaging with a broader audience. These interactive platforms provide real-
time communication opportunities, facilitating lead generation and fostering deeper client

relationships (Holliman & Rowley, 2014).

While there are similarities between B2B and B2C digital marketing, notable differences
exist. B2B purchasing decisions typically involve multiple stakeholders and longer sales
cycles, necessitating detailed information and a focus on relationship building. In contrast,
B2C transactions often involve individual consumers making quicker, more emotion-driven
decisions (Lilien, 2016). Content strategies also diverge; B2B content tends to be more in-
depth and educational, aiming to provide value and demonstrate expertise, whereas B2C
content often seeks to entertain and appeal to immediate consumer desires (Holliman &

Rowley, 2014).

Despite its advantages, digital B2B marketing presents several challenges. The complexity
of sales cycles requires sustained engagement strategies and continuous lead nurturing.
Measuring the return on investment can be intricate due to the multifaceted nature of B2B
transactions and the involvement of various touchpoints. Additionally, creating high-quality,
authoritative content that resonates with a professional audience demands significant

expertise and analytical resources (Jarvinen & Karjaluoto, 2015).

2.5 Data-driven marketing

Data-driven marketing has emerged as a pivotal strategy in contemporary business practices,
fundamentally altering how companies engage with their customers and make strategic
decisions. By leveraging vast amounts of data, organizations can gain profound insights into
consumer behaviours, preferences, and trends, enabling more personalized and effective
marketing efforts. This approach not only enhances customer satisfaction but also drives

business growth and competitiveness.
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The evolution of data-driven marketing is closely tied to advancements in digital
technologies and data analytics. As digital interactions have become ubiquitous, companies
have access to an unprecedented volume of data from various sources, including social
media, online transactions, and customer feedback. This data deluge necessitates
sophisticated analytical tools and methodologies to extract meaningful insights. According
to Wedel and Kannan (2016), the integration of data analytics into marketing strategies
allows firms to move beyond traditional demographic segmentation, facilitating more

nuanced and dynamic customer profiling.

In the business-to-business (B2B) sector, data-driven marketing plays a crucial role in
understanding complex purchasing behaviours and decision-making processes. B2B
transactions often involve multiple stakeholders and longer sales cycles, making the
collection and analysis of relevant data essential for identifying key decision-makers and
tailoring communications effectively. Chatterjee, Nguyen, Ghosh, Bhattacharjee, and
Chaudhuri (2020) emphasize that data-driven strategies allow B2B firms to better analyze
buyer journeys, optimize content delivery across channels, and personalize offerings in a

way that increases conversion and retention rates.

Artificial intelligence (AI) has further amplified the capabilities of data-driven marketing by
enabling real-time data processing and predictive analytics. Al applications can analyze
patterns in consumer data to forecast future behaviours, allowing marketers to proactively
address customer needs and optimize marketing campaigns. The adoption of Al in marketing
strategies has been shown to improve targeting precision and resource allocation, leading to

higher conversion rates and return on investment (Davenport et al., 2020).

Despite its advantages, implementing data-driven marketing strategies presents several
challenges. Data privacy concerns and regulatory compliance are at the forefront, as
consumers become increasingly aware of how their information is collected and used.
Organizations must navigate these issues carefully, ensuring transparency and securing
customer trust. Additionally, the sheer volume and variety of data can be overwhelming,
requiring significant investment in technology and skilled personnel to manage and analyze
effectively (Erevelles et al., 2016). Understanding these dynamics is crucial in the context

of my research, which investigates how an international B2B SaaS company can effectively
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utilize data-driven marketing to address the invisible phases of the customer journey,

commonly referred to as the Dark Funnel.

2.6 Data analytics

Data analytics has become a foundational element in contemporary business environments,
enabling organizations to gain deeper insights into customer behaviour, market dynamics,
and operational efficiency. Through the systematic analysis of large-scale data, companies
can transform raw information into actionable knowledge that supports strategic decision-
making and the development of competitive advantages. Erevelles, Fukawa, and Swayne
(2016) define big data consumer analytics as the process of uncovering hidden patterns and
insights from extensive datasets to inform marketing strategy, highlighting how the volume,

velocity, and variety of consumer data have reshaped marketing analysis.

The evolution of Business Intelligence and Analytics (BI&A) has played a significant role
in this transformation, particularly with the rise of big data. Chen, Chiang, and Storey (2012)
describe how BI&A has influenced business processes by enabling faster and more informed
decisions, while also facilitating the identification of new business opportunities. Their work
outlines how analytics tools have become essential in various organizational functions,

including marketing, supply chain, and customer relationship management.

Marketing analytics today draws on both traditional and contemporary methods to gain a
comprehensive understanding of consumer decision-making. Gnizy (2019) introduces the
concept of data ambidexterity, emphasizing that the integration of small data (e.g., surveys
and transactional data) with big data (e.g., behavioural and real-time data) leads to enhanced
marketing innovation. Rather than replacing traditional systems, new data technologies are
most effective when they augment existing capabilities, resulting in more adaptable and

responsive marketing strategies.

Predictive analytics, which utilizes historical data to forecast future trends and customer
behaviour, is increasingly integrated into business decision-making. This proactive approach
helps firms tailor offerings in alignment with evolving market conditions and improves
customer experience through personalization. Furthermore, data analytics enables marketers

to construct tailored campaigns by identifying individual preferences, purchasing patterns,
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and behaviour-based customer segments, ultimately enhancing engagement and loyalty

(Delen & Demirkan, 2013).

The integration of artificial intelligence (AI) and machine learning (ML) into data analytics
has further revolutionized marketing practices. Al-powered tools can process and analyze
large volumes of data with unprecedented speed and accuracy, uncovering patterns and
trends that might be imperceptible to human analysts. These technologies enable predictive
analytics, allowing marketers to anticipate customer needs and preferences, thereby
delivering more relevant and timely marketing messages. (Davenport, Guha, Grewal, &

Bressgott, 2020)

Moreover, data analytics plays a crucial role in customer segmentation, a process that
involves dividing a customer base into distinct groups based on shared characteristics. By
analyzing demographic information, purchasing patterns, and engagement metrics,
companies can identify specific segments within their audience and tailor marketing
strategies accordingly. This targeted approach not only improves the effectiveness of
marketing campaigns but also enhances customer satisfaction by addressing the unique

needs and preferences of different segments (Wedel & Kannan, 2016).

The application of data analytics extends beyond traditional marketing channels to
encompass digital platforms, where consumer interactions generate vast amounts of data.
Social media analytics, for instance, involves examining data from platforms like Facebook,
Twitter, and Instagram to gauge public sentiment, track brand mentions, and identify
emerging trends. This real-time analysis allows companies to respond promptly to consumer
feedback, manage their online reputation, and engage with their audience more effectively

(Chatterjee, Nguyen, Ghosh, Bhattacharjee, & Chaudhuri, 2020).

In addition to enhancing marketing strategies, data analytics contributes to product
development by providing insights into consumer preferences and market gaps. By
analyzing customer feedback, reviews, and purchasing behaviour, companies can identify
unmet needs and develop products that align with consumer demands. This data-driven
approach to product innovation increases the likelihood of market acceptance and reduces

the risk associated with new product launches (Erevelles et al., 2016).

Moreover, data analytics supports the monitoring and assessment of marketing performance.

By analyzing key performance indicators (KPIs), such as conversion rates, customer
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acquisition costs, and return on investment (ROI), organizations can evaluate the success of
their marketing activities. Continuous performance monitoring allows for ongoing
adjustments, helping companies use resources more effectively and enhance overall

marketing outcomes (Wedel & Kannan, 2016).

The use of data analytics in marketing also enables the creation of flexible pricing strategies.
By examining variables such as changes in demand, competitor pricing, and customers’
willingness to pay, organizations can modify pricing in real time to improve profitability.
This approach supports revenue growth while ensuring that prices remain competitive and

responsive to market conditions. (Chen et al., 2012).

Within customer relationship management (CRM), data analytics offers a broad overview of
customer interactions across multiple touchpoints. This integrated view allows organizations
to provide consistent and personalized experiences, thereby supporting customer loyalty and
the development of long-term relationships. By understanding the customer journey in its
entirety, companies can identify opportunities for improvement and implement strategies

that enhance customer satisfaction (Chatterjee et al., 2020).

2.7 Customer acquisition in B2B company

It is essential for this study to highlight that existing research has recognized the distinctions
in funnel structures within B2B purchasing processes. Grewal et al. (2015) emphasize that
the B2B purchasing process is inherently more complex than consumer buying, as it involves
multiple stakeholders, necessitating a collaborative decision-making approach. Unlike
consumer purchases, which are often based on individual preferences, B2B buyers prioritize
comprehensive solutions that address their broader organizational needs, such as training,
technical support, and financing. Furthermore, the B2B purchasing process is significantly
more prolonged, often extending over several months or even years, as it involves extensive
negotiations and rigorous evaluations due to the high financial stakes. In addition, B2B
transactions foster a strong interdependence between buyers and suppliers, requiring

continuous relationship management and periodic reassessments.

Examining and present how various funnels are utilized in a B2B company is essential to

understanding how B2B companies currently think about the buyers' journey in the
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purchasing process. In B2B businesses, there are known funnels for sales and marketing that
focus on addressing issues from the perspective of one's business unit. These funnels are
widely studied, and certain structure of the funnels are recognized from different studies,
which I will introduce in next paragraphs. (Jarvinen & Tamminen 2016; De Haan, Wiesel,
& Pauwels 2016; Venermo et al. 2020) The overall process is examined through the

customer journey. (Venermo et al. 2020)

The marketing funnel is widely recognized as consisting of four key phases: awareness,
consideration, intention to purchase, and satisfaction Awareness is about how familiar
customers are with a brand's presence; consideration is the stage where customers show a
readiness to consider purchasing from the brand; intention to purchase indicates a customer's
mental decision to buy; and customer satisfaction reflects their experience with the product

after purchase. (De Haan, Wiesel, & Pauwels 2016).

The sales funnel is a concept similar to the marketing funnel, but it focuses specifically on
turning leads into customers. It typically includes the following stages: Awareness (Market
potential), Interest (Suspects), Desire (Prospects), and Action (Customers).
(Onlinemarketing 2022) For instance, when a potential customer shows interest in a topic
the company cater to and visits the company website via a Google search, they enter the
"Engaged" phase. If further actions, like seeing a specific webpage, suggest that pursuing
this contact might be beneficial, the individual is then classified as a lead. Once this lead
demonstrates a fundamental interest in what the company offers, they are considered a
prospect, meaning they are a potential new customer. However, the specific stages and
terminology used may vary depending on the organization and industry. (Hannig &

Seebacher 2023)

Customer acquisition in B2B companies is a complex process that requires a strategic
approach, effectively integrating both marketing and sales efforts to guide potential clients
through various stages of engagement. This progression is often conceptualized through the
marketing and sales funnel framework, which delineates the journey from initial awareness
to the final purchase decision. Terho et al. (2022) describe the sales funnel as a core concept

in marketing and sales, charting a potential customer's journey through the buying process.

Next, a more detailed look into what previous research has revealed about the different stages

of the funnel, specifically, what typically occurs at each stage and how companies guide
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their actions according to these phases. As already stated, funnels begin with the awareness
stage where potential clients become cognizant of a company's offerings. Effective
marketing strategies at this juncture involve targeted content marketing, search engine
optimization (SEO), and participation in industry events to capture attention. Jirvinen and
Taiminen (2016) emphasize the importance of digital channels in creating initial awareness,

noting that content marketing plays a pivotal role in engaging B2B customers online.

Following awareness, the interest stage involves nurturing the prospective client's curiosity
about the product or service. This can be achieved through informative webinars,
whitepapers, and case studies that delve deeper into the value proposition. Chatterjee et al.
(2020) highlight that personalized content tailored to the specific needs of potential clients

significantly enhances engagement during this phase.

The consideration stage sees potential clients evaluating the company's offerings against
competitors. Here, detailed product demonstrations, free trials, and testimonials are
instrumental. Paschen et al. (2020) discuss the integration of artificial intelligence in
providing personalized experiences and recommendations, thereby aiding clients in their

decision-making process.

Transitioning to the decision stage, the focus shifts to converting prospects into customers.
This involves addressing any remaining objections, negotiating terms, and showcasing the
return on investment (ROI). Dul (2016) introduces the Necessary Condition Analysis (NCA)
framework, which identifies critical factors that must be present for successful conversions,
emphasizing the need to understand and address these elements to facilitate purchase

decisions.

Post-purchase, the retention stage is crucial for fostering long-term relationships and
encouraging repeat business. Providing exceptional customer service, soliciting feedback,
and offering loyalty programs are effective strategies. Richter et al. (2023) underscore the
importance of continuous engagement and value addition to maintain customer satisfaction

and loyalty.

Throughout these stages, the alignment between marketing and sales teams is imperative.
Sleep et al. (2020) explore the concept of sales development, emphasizing that a cohesive
strategy ensures a seamless transition of prospects through the funnel, optimizing the

customer acquisition process.
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Recent research has identified the following aspects that are increasingly present in company
funnels, both during their planning and implementation stages. In the digital age, leveraging
social media platforms has become increasingly significant. Andersson and Wikstrom
(2017) examine the role of social media in the B2B sales process, noting that platforms like
LinkedIn facilitate direct engagement with potential clients, enhancing prospecting efforts.
Furthermore, the application of machine learning and data analytics has revolutionized
customer acquisition strategies. Colias, Park, and Horn (2023) discuss how predictive
analytics can optimize product offerings and personalize marketing efforts, thereby

increasing the likelihood of conversion.

Understanding the nuances of the B2B customer journey is vital. Mora Cortez and Johnston
(2017) provide a systematic review of customer behaviour in B2B markets, offering insights
into the complexities and decision-making processes inherent in business clients. Account-
based marketing (ABM) can enhance customer acquisition by focusing on high-value
accounts and delivering personalized campaigns that align marketing and sales efforts. This

approach has been found to improve engagement and conversion rates in B2B settings.

2.8 The Dark Funnel

The concept of the Dark Funnel has emerged in B2B marketing to describe the invisible
stages of the buyer's journey that cannot be tracked using traditional analytics tools. These
stages often involve private, untraceable interactions such as word-of-mouth, closed social
media channels, or internal team discussions that significantly influence purchasing
decisions but remain hidden from marketers (Sefati, 2023; French, 2023). As a result,
businesses struggle to attribute conversions and understand the complete path that leads

buyers to engage with vendors (Malekos, 2023).

This challenge has grown particularly relevant in a digital-first era where prospective buyers
conduct extensive independent research before interacting with sales representatives.
According to Van Rensburg (2024), the Dark Funnel represents a significant portion of the
modern B2B decision-making process. Since this behaviour remains unobservable via
conventional CRM or web analytics tools, organizations must look for alternative ways to

illuminate these hidden stages.
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To navigate the Dark Funnel, B2B companies have increasingly turned to strategies such as
intent data platforms, social listening tools, customer interviews, and surveys to collect
qualitative insights on buyer behaviour (Hancock, 2022). These tools help organizations
detect early signals of interest from prospective clients even when those leads are not yet in
their databases. Additionally, using multi-touch attribution models and monitoring “direct
traffic” has been recommended to better infer buyer intent from partial behavioural patterns

(Sefati, 2023).

The Dark Funnel also highlights the limitations of linear funnel models in representing the
true complexity of B2B buyer journeys. As Kiveld (2023) notes, potential customers today
interact with brands across numerous fragmented and asynchronous touchpoints. The Dark
Funnel is not only a conceptual gap in visibility, but it also represents a strategic opportunity.
Companies that can gather indirect signals and synthesize them through data-driven
strategies can gain a significant competitive advantage by recognizing leads earlier and

engaging them at the right moment.

Although the term dark funnel is not yet widely established in academic literature, its
presence is well documented in industry reports and B2B marketing practice. It also aligns
with research on increasing difficulties in tracking due to data privacy laws, cookie
restrictions, and rising expectations of ethical marketing practices (Lepri et al., 2017; Sheth
& Kellstadt, 2021). As such, addressing the Dark Funnel has become a core concern for
marketers aiming to shorten sales cycles and enhance the precision of customer acquisition

strategies.
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3 Research design and methodology

This chapter presents the research design and methodology of the study, which examines
how an internationally operating Finnish B2B SaaS company utilizes data-driven marketing
strategies to gain visibility into the hidden stages of the customer journey and improve
customer acquisition. The chapter outlines the qualitative single-case study approach,
introduces the context of the selected company, and explains the data collection through
semi-structured interviews. It also describes the thematic analysis method used to interpret
the data. Finally, the chapter discusses the reliability and validity of the study, along with

relevant ethical considerations.

3.1 Research approach and design

This study adopts a qualitative research approach to explore how an international B2B SaaS
company utilizes data-driven marketing to gain visibility into the Dark Funnel and enhance
customer acquisition efficiency. A qualitative approach is particularly well-suited for
understanding complex, context-specific phenomena, such as the hidden stages of the
buyer's journey, which remain largely unobservable through traditional analytics tools. Since
the focus of this study is to understand the internal strategies, perceptions, and decision-
making processes related to marketing operations within a specific organizational context,
the qualitative method allows in-depth examination of these issues. (Puusa & Juuti, 2020;

Saldana, 2011)

The research is conducted as a single case study, focusing on one Finnish B2B SaaS
company. The case study method is justified by the objective of examining a real-life,
contemporary issue within its actual context. As Yin (2018) and Gerring (2004) note, case
studies enable researchers to investigate dynamic and multifaceted processes that are
influenced by both organizational and external factors. This approach allows the study to
uncover how the company navigates the challenges posed by the Dark Funnel, how it applies
data analytics in its marketing operations, and what kinds of practices are used to identify

and getting visibility of potential customers earlier in the buyer’s journey.
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By applying this exploratory case study design, the research seeks to generate insight into
both the strategic and operational use of data-driven marketing within the chosen company,
and how it helps to get more visibility to the Dark Funnel phase. Rather than testing
hypotheses or seeking generalizability, the aim is to build an in-depth understanding that can
inform both theory and practice. Furthermore, the study is open to identifying new
perspectives and themes as they emerge during the empirical phase, reflecting the flexible

and iterative nature of qualitative inquiry. (Flick, 2007; Watts, 2007)

3.2 Data collection

The empirical data for this study was collected through semi-structured interviews conducted
with employees of the case company who work in roles related to digital marketing, data
analytics, customer acquisition, and strategic planning. To ensure they possess adequate
knowledge and experience, the inclusion criteria require participants to have at least 5 years
of experience in their current role or significant prior experience within the B2B SaaS
industry. The decision to use semi-structured interviews was based on their ability to
combine structure with flexibility, allowing the researcher to ensure consistency across key
topics while also enabling interviewees to elaborate freely on issues they found important.
This method supports the exploratory nature of the study, especially considering the
relatively under-researched concept of the Dark Funnel in academic literature (Van

Rensburg, 2024; Kiveld, 2023; Puusa & Juuti, 2020).

Participants for the study are selected through purposive sampling, which allows the
researcher to recruit individuals with deep expertise and firsthand experience in areas
relevant to the research questions. As Etikan et al. (2016) and Palinkas et al. (2015)
emphasize, purposive sampling is particularly suitable when participants are expected to
provide rich, contextually grounded insights that contribute to a deeper understanding of

complex phenomena.

Data collection is conducted through semi-structured interviews, which are widely
recognized for their ability to elicit rich, qualitative data while maintaining flexibility to
explore emergent themes (Gill, Stewart, Treasure, & Chadwick 2008; Hirsjarvi & Hurme

2000). An interview guide is developed to ensure alignment with the research questions and
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the theoretical framework. Open-ended questions encourage participants to reflect on their
experiences and elaborate on strategies employed to gain visibility into the dark funnel.
Topics include the company’s use of data-driven marketing strategies and data analytics,
what kind of planning and actions teams does to follow customer acquisition process in the
company, efforts to reduce the time spent on customer acquisition, challenges related to data
privacy and compliance with data protection regulations such as the General Data Protection
Regulation (GDPR) (Kloza et al., 2021), and future of data-driven marketing and strategies
and tools for the Dark Funnel in the company. There were 7 interviews. Interviews are
conducted either face-to-face or via online platforms such as Google Meet. Each interview
lasts approximately 35 to 60 minutes. All interviews are audio-recorded and transcribed

verbatim to ensure accuracy in data analysis.

Ethical considerations are embedded throughout all stages of the research process to
safeguard participants’ rights and maintain the integrity of the study (Israel & Hay, 2006).
Prior to data collection, informed consent is obtained to ensure that participants fully
understand the purpose of the study, the voluntary nature of their participation, and their
right to withdraw at any stage without any adverse consequences (Beauchamp & Childress,
2019). To maintain confidentiality, personal data is anonymized, and any identifying
information is removed from interview transcripts and reports (Wiles, 2013). Furthermore,
data protection measures are rigorously applied to comply with current data privacy
regulations, including the General Data Protection Regulation (GDPR) as outlined by Kloza
et al. (2021). These practices ensure that all personal information is processed ethically and

lawfully.

The data were analyzed using thematic analysis, a method designed to uncover and interpret
patterns within qualitative material (Nowell et al., 2017). This approach allows for the
discovery of meaningful themes that address research questions (Vaismoradi, Turunen &
Bondas 2013). The analysis process includes familiarizing with the data, coding, and
identifying, reviewing, and defining themes (Castleberry & Nolen 2018). To ensure rigor
and trustworthiness, the study applies validation criteria such as credibility, dependability,

and confirmability (Korstjens & Moser 2018).
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3.3 Semi-structured interviews

Semi-structured interviews were employed as the primary means of data collection as their
suitability for investigating complex, under-researched topics such as the Dark Funnel in
B2B environment. Unlike standardized questionnaires, this method enables deeper
exploration of individual perceptions, experiences, and decision-making processes within
their real-world business context. This flexibility is essential for understanding how
marketing professionals interpret and respond to challenges that are not easily captured
through numerical data or rigid survey instruments (Gill et al., 2008; Puusa, Juuti & Aaltio,

2020).

The interviews allowed for the examination of strategic and operational choices related to
the use of data-driven methods, strategies and tools in marketing, the internal visibility of
the customer journey, and the company’s approach to accelerating customer acquisition
through digital tools. Open-ended questions were used to prompt interviewees to reflect on
their insights and organizational practices about subjects. As the Dark Funnel is still an
emerging concept with limited academic frameworks, this method was particularly effective

in gathering exploratory insights that may inform future theory-building.

A total of seven individual interviews were conducted between April 9 and April 17, 2025.
Participants were selected through purposive sampling, ensuring they had significant
professional experience in areas directly relevant to the research questions. The interviewees
held roles such as growth director, marketing data-analyst, product marketing specialist, and
product marketing lead, the latter representing four of the seven participants. This variety
ensured both strategic and operational viewpoints were included in the data. Some of the
participants work with only one product, while others are involved with several of the case
company's products. The features of the products differ from one another, which means that
the customer base also varies. As a result, the answers to the research questions provided a

broad perspective across the company's different products.

The interviews were conducted via Google Meet. Each session lasted approximately 25 to
55 minutes. Prior to the interviews, participants received information about the study’s
purpose and gave their informed consent. All interviews were audio-recorded with

permission and transcribed verbatim to ensure accurate analysis and data integrity.
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Table 1. Summary of the interview's information

Interviewees Experience v Date of the interview v Duration v
Interviewee 1 Growth Director 13 years 17th of April 34 min
Interviewee 2 Product Marketing Lead 10 years 17th of April 42 min
Interviewee 3 Product Marketing Lead 10 years 16th of April 30 min
Interviewee 4 Product Marketing Lead 10 years 14th of April 27 min
Interviewee 5 Product Marketing Lead 10 years 8th of April 30 min
Interviewee 6 Marketing Data-Analyst 15 years 15th of April 55 min
Interviewee 7 Product Marketing Specialist 8 years 9th of April 25 min

3.4 Reliability and validity

In qualitative research, the concepts of reliability and validity are often reframed under the
broader notion of trustworthiness, which includes credibility, dependability, confirmability,
and transferability ( Korstjens & Moser, 2018). As this study is an explorative single-case
study focusing on an internationally operating Finnish B2B SaaS company, maintaining
methodological transparency and reflective rigor has been essential to ensure the quality of

the research process and its findings.

Credibility in this research was supported by purposeful participant selection. All
interviewees had relevant professional expertise, spanning roles such as Growth Director,
Product Marketing Lead, Data Analyst, and Specialist. Several participants worked across
multiple products, offering diverse but contextually grounded perspectives. Participants
were also briefed in advance on the objectives of the study, allowing them to reflect on their
experiences and prepare for meaningful engagement, which contributed to the depth and

richness of the data.

Dependability was strengthened through systematic documentation of the data collection
process. Semi-structured interviews were used to maintain both consistency and adaptability.
Each interview followed a predefined guide aligned with the research objectives but also
allowed for probing questions when needed. Interviews were recorded, transcribed verbatim,
and analyzed using thematic analysis, a widely accepted and transparent method in
qualitative research (Nowell et al., 2017). This process ensured traceability and the potential

for future replication.
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Confirmability was enhanced through reflexive analysis. The researcher remained aware of
potential personal biases and made a conscious effort to ground interpretations in the
participants' own accounts rather than preconceived notions. Measures such as anonymizing
participant data, using neutral phrasing in the interview guide, and remaining open to

emergent themes further contributed to objectivity.

Because this study is based on a single case, the findings cannot be directly generalized to
other organizations. However, this limitation was addressed by offering a detailed
description of the case company, the participants’ roles, and the digital marketing
environment specific to B2B SaaS. This allows readers to assess the applicability of the

findings to similar contexts or industries (Eisenhardt & Graebner, 2007).

Additionally, the researcher holds an active employment relationship with the case company,
which may influence interview dynamics and the interpretation of data. This potential source
of bias was mitigated through conscious reflection, distancing during analysis, and ensuring
that all findings were firmly grounded in the empirical material. Emphasizing anonymity
during interviews also encouraged participants to express their views freely, further

supporting the overall trustworthiness of the research.
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4 Research findings

This chapter presents the key empirical findings of the study based on thematic analysis of
seven semi-structured interviews conducted with employees of the case company. The
results are structured around the main research question and two sub-questions, highlighting
how the company gains visibility into the Dark Funnel and enhances customer acquisition
through data-driven marketing. The findings are organized into core themes, supported by
direct interview quotes to illustrate the perspectives and practices discussed by the

participants.

4.1 Utilization of data-driven marketing in the B2B company

Currently in SaaS industry, data and its usage across the company has been one of the most
important parts of successful SaaS companies. Some of the SaaS solutions is possible to
purchase straight from websites. SaaS products are inherently well-suited for continuous
development based on user-generated data. As such, the adoption of data-driven practices is
crucial across various departments within SaaS organizations, with particular emphasis on
the marketing function. Both academic research and industry practice have long
acknowledged the strategic advantages of effectively leveraging data. This interview study

investigates how data-driven marketing is implemented within a corporate context.

Across multiple interviews, it was emphasized that data-driven marketing is embedded in
the case company’s everyday operations, particularly in the execution and optimization of
performance marketing activities. Data is primarily used to inform decisions regarding paid
advertising (e.g., Google Ads), campaign planning, and evaluating marketing effectiveness.
Interviewees noted that daily routines rely heavily on performance metrics, click-through
rates, and conversion statistics to guide decisions and allocate resources efficiently. This
practical use of data was seen as essential for both short-term impact and ongoing iteration.
Interviewees such as Interviewee 1, Interviewee 4, Interviewee 6, Interviewee 7, and

Interviewee 3 stressed that without these metrics, marketing work would be largely
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speculative and less targeted. In addition, following quotes came from interviews about data
utilization, and how important part data is in B2B SaaS company’s marketing team day-to-

day activities.

“If we didn’t trust or use data, we’d be in a situation where we’d just be guessing, starting
from what we should do, to what we actually do, where we direct our efforts, and what we

should be doing differently.” (Interviewee 2)

“We use data to understand what’s working and what’s not. We follow key metrics daily,

and if something changes, we react almost immediately.”
(Interviewee 3)

“Performance marketing would not function without data. Every euro we spend is tracked,

and decisions are based on cost-per-click or conversion values.”
(Interviewee 4)

“It’s not only about having the data, but making sense of it. We regularly go through

performance figures with the team and adjust based on that.”
(Interviewee 7)

As we can notice from these interviews that data utilization is deeply ingrained in the
organizational culture of the case company's marketing team. The interviews suggest that
data serves not only as a basis for operational decisions, but also as a shared language that
aligns various stakeholders and disciplines. Daily routines such as campaign adjustments,
budget reallocation, or performance reviews are all guided by a continuous flow of
measurable inputs, making data the linchpin of both reactivity and planning. It appears
self-evident that data plays a central role in all marketing activities, particularly when
making future-oriented decisions. Furthermore, the continuous monitoring of campaign
performance or the evaluation of changes made to webpages is grounded in the systematic

verification and interpretation of data.

Beyond its practical implementation in campaign-level decision-making, data in the case
company also serves a strategic function that extends across the broader marketing

planning and prioritization processes. Interviewees consistently emphasized that data is not
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only a tool for post-hoc analysis, but a proactive enabler of more targeted, cost-efficient,
and agile marketing practices. The use of data was reported to increase transparency within
the team and to enable shared understanding of what works, fostering a learning-oriented
culture. According to Interviewee 6, marketing activities are “constantly optimized based
on what we learn from the data,” which supports the iterative development of campaigns

and content strategies.

In addition to quantitative metrics such as click-through rates and cost-per-acquisition,
interviewees mentioned the importance of qualitative data, such as feedback from sales
teams or customer service. These insights are often integrated to form a more holistic view
of customer behaviour and preferences, enabling marketers to make more nuanced
decisions. As Interviewee 1 noted, “Data gives us a reason to act. Without it, it would be

very difficult to justify changes or push new ideas forward.”

Moreover, interviewees noted that the visibility and accessibility of marketing data have
improved internal collaboration and alignment, particularly in discussions with sales and
product teams. This points to the broader organizational role of data beyond the marketing
function itself, acting as a bridge between departments and enabling a shared basis for

dialogue and strategy.

Finally, several participants underlined that the company’s heavy reliance on data also
creates a form of accountability, where outcomes are directly linked to decisions and
investments. As stated by Interviewee 5, “When we spend money on something, we need
to be able to show what came out of it.” This pressure to demonstrate impact has further
entrenched data as a non-negotiable part of daily work, elevating its role from supportive

tool to strategic backbone.

“I see that the role of data will either remain the same or grow, in the sense that
guesswork should be completely eliminated. Ideally, we would move more decisively in a

data-driven direction. Trusting the data and making decisions based on what it tells us.’

(Interviewee 6)

“Nowadays, we can calculate ROI accurately from digital channels and see what works.

That’s crucial when we’re discussing things with product teams or sales. Everyone has
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access to the same data, and the numbers speak for themselves.”

(Interviewee 2)

These reflections reinforce the idea that data is no longer viewed merely as a reporting tool
but rather as a strategic enabler of informed decision-making at both the operational and
organizational levels. The shift from intuition-led choices to data-backed strategies
illustrates a broader cultural transformation in which uncertainty is mitigated through
evidence-based practices. Interviewee 6’s desire to eliminate guesswork completely
underscores again how deeply embedded the data-driven mindset has become in the

company’s marketing philosophy.

Moreover, the ability to accurately measure return on investment (ROI) in certain actions,
as highlighted by Interviewee 2, has not only enhanced internal credibility but also
improved interdepartmental alignment. In most Finnish organizations, marketing expenses
are closely monitored and are sometimes perceived as being excessive. In the case
company, when the return on investment (ROI) can be measured accurately, it increases
transparency for stakeholders and helps them better understand the rationale behind
marketing expenditures and the effectiveness of the actions taken. However, other
interviews revealed that it is not possible to calculate ROI for all activities within the
organization, which indicates that the company still needs to collect more data from
multiple sources to achieve this perfectly in all cases. However, when all stakeholders have
access to the same performance metrics and can observe outcomes in a transparent manner,
collaboration becomes smoother and more goal oriented. This visibility reduces friction
between teams and fosters shared accountability across functions such as marketing, sales,

and product development.

Another key takeaway is the role of data in cultivating strategic agility. Interviewees
repeatedly emphasized that the marketing team’s responsiveness depends heavily on their
ability to monitor real-time data and quickly adapt to emerging trends or underperforming
tactics. This iterative cycle of testing, learning, and refining is a hallmark of modern digital

marketing and one that sets data-driven teams apart in terms of speed and precision.

As previously noted, data ultimately not only supports optimization and efficiency but also

fosters internal acceptance and understanding of marketing, particularly enhancing the
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appreciation of the team’s work. The case company’s emphasis on traceable results and
transparent reporting mechanisms enables marketing professionals to justify their decisions
and advocate for continued investments. Consequently, data has become both a tactical
tool and a strategic foundation that anchors daily operations while supporting the long-term

development of marketing within the company.

4.2 Uncovering the Dark Funnel in a Finnish B2B SaaS company

One of the goals for this study was to investigate how this case company can uncover the
Dark Funnel or can they. As mentioned in the earlier stages of the study, this concept
encompasses the phase in which potential buyers conduct independent research, engage
with brand content, or participate in peer-to-peer discussions without leaving a clearly
traceable digital footprint, or at least any traces that could be tracked in compliance with
GDPR regulations. For the case company, this lack of visibility presents a significant
challenge, as it limits the ability to attribute marketing outcomes, refine messaging, or

prioritize channels based on performance data.

Multiple interviewees noted that the inability to observe the initial stages of engagement
complicates strategic decision-making. As Interviewee 5 pointed out, it is often unclear
what content, or channel has triggered interest before a visitor converts into a known lead.
Similarly, Interviewee 2 emphasized the frustration in trying to assess the impact of early-
stage marketing efforts: “It’s difficult when you can’t see what happens in the earliest
stages. A lot of influence happens off the radar.” This perceived invisibility can lead to
undervaluation of upper-funnel content and brand-building activities, especially when

measurable return on investment is required to justify marketing spend.

Despite these limitations, the case company’s marketing team has adopted various strategies
to approximate the effects of dark funnel activity. Among these tactics are monitoring
branded search volume, analyzing changes in direct traffic, and integrating qualitative inputs
from sales and customer service teams. While imperfect, these efforts reflect a pragmatic
approach to bridging the visibility gap and building a more holistic understanding of buyer
behaviour. Interviewee 4 mentioned experimenting with such indirect indicators to at least

partially illuminate the unseen phases of the journey.
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To further strengthen visibility into these untraceable interactions, the case company has
recently adopted the use of HockeyStack, an advanced analytics platform designed to
consolidate multiple data sources into a single view. By leveraging this tool, the marketing
team gains access to previously unavailable behavioural data, such as which content pieces
prospects consumed before making contact or becoming known leads. This earlier-stage
insight enables the identification of content that plays a crucial role in guiding users along
the buyer journey, ultimately helping the team to refine content strategy and prioritize

marketing investments based on tangible influence rather than assumptions.

The implementation of HockeyStack represents a strategic effort to illuminate the invisible
parts of the funnel and transition from fragmented signals to actionable insights. The
relevance and potential of this tool were highlighted by multiple interviewees, specifically
Interviewee 2, Interviewee 5, and Interviewee 6, who noted that HockeyStack could offer a
more accurate view of early-stage interactions that would otherwise remain hidden.
Additionally, HockeyStack is intended to improve the organization’s ability to calculate
return on investment (ROI) more precisely, particularly for top-of-funnel activities that

traditionally lack clear attribution.

Importantly, there is growing awareness within the organization that not all valuable
interactions can be captured through standard analytics tools. This acknowledgment marks
a cultural shift toward accepting ambiguity as an inherent part of modern B2B marketing.
Interviewee 6 reflected this sentiment by stating that an overemphasis on attribution can be
counterproductive, and that focusing on long-term brand equity, even without immediate
measurable outcomes, is essential. As the company continues to evolve its marketing
strategy, this adaptive mindset will likely prove critical in navigating the increasingly

complex and fragmented digital landscape.

“There’s no analytics for why someone contacts us. The only real way is to ask the user

where they heard about us. That’s the best way to get a hold of it.” (Interviewee 2)

“We can’t capture things like opinion posts on LinkedIn, or the conversations people have

in their own closed networks or channels, for example.” (Interviewee 6)
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Beyond analytics tools and indirect indicators, several interviewees stressed that the most
decisive factor in dark funnel influence is trust. In professional SaaS contexts, buyers often
rely on peer recommendations, industry communities, and informal networks where
company-controlled tracking has no reach. As Interviewee 6 pointed out, conversations
happening in “closed networks or channels” remain invisible but can strongly shape
perceptions. This suggests that brand presence in unobservable environments is less about
direct measurability and more about reputation and credibility. For the case company, this
highlights the importance of thought leadership, consistent messaging, and maintaining
visibility in professional communities, even if their exact impact cannot be attributed. In
this sense, trust-building activities represent a long-term investment that may never appear

in dashboards but nonetheless drive acquisition outcomes.

Interviewee 6’s comment, “we can’t capture things like opinion posts on LinkedlIn, or the
conversations people have in their own closed networks, ” reflects the growing awareness
that influence often occurs outside company-controlled channels. This supports the idea
that the modern customer journey is highly decentralized and driven by peer validation,
professional communities, and dark social interactions. As such, efforts to increase
visibility into the Dark Funnel must also acknowledge the role of brand presence in

untrackable environments.

“40 percent of the data gets lost anyway, because everything we do is based on consent.”

(Interviewee 2)

The quotes further highlight the elusive nature of early-stage customer behaviour in digital
B2B environments. Interviewee 2’s observation that “there’s no analytics for why someone
contacts us” underscores the inherent limitation of relying solely on quantitative web
analytics to understand marketing effectiveness. This limitation becomes particularly
problematic in B2B SaaS contexts, where the sales cycle is long and decision-making
involves multiple stakeholders, each interacting with the brand in fragmented and often

invisible ways.

In response to this data gap, the case company resorts to direct user inquiries and insights

from the sales pipeline to capture contextual information about lead origins. While these
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methods lack scale or automation, they offer valuable clues into which content or
touchpoint may have played a role in initiating interest. Such reliance on qualitative signals
illustrates a broader trend toward embracing mixed method approaches in modern
marketing. Combining hard metrics with softer, human feedback to form a more complete

understanding.

Moreover, the structural challenges of data loss “40 percent of the data gets lost anyway,
because everything we do is based on consent” (Interviewee 2) highlight the compounding
impact of privacy regulations and technical limitations on marketing measurement. With
the growing emphasis on first-party data and GDPR-compliant practices, visibility into
user behavior has become increasingly constrained. This regulatory context places even
greater importance on the ability to triangulate between different data sources and

strategically interpret partial signals.

Based on the insights gathered through the interviews, it becomes evident that the
challenge of uncovering the Dark Funnel goes beyond data and analytics. It requires a
fundamental rethinking of how marketing effectiveness is perceived and measured in
modern B2B environments. Rather than depending solely on predefined attribution models,
organizations such as the case company must adopt a probabilistic mindset where signals
are partial, patterns are interpreted, and success often stems from long-term brand exposure

rather than immediate conversions.

These interviews also reflect a growing recognition that marketing impact cannot always
be directly traced. This realization calls for a broader cultural shift, where marketing teams
are encouraged to value qualitative feedback, experiment with indirect indicators, and
collaborate across departments to triangulate insights. It further requires a tolerance for
ambiguity and an understanding that intuition, storytelling, and brand consistency remain
vital parts of the customer journey. In an increasingly opaque and fragmented digital
ecosystem, companies that balance analytical rigor with creative adaptability and are
willing to act despite incomplete data are best positioned to navigate the Dark Funnel and

influence decision-making in unseen spaces.
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4.3 Challenges in leveraging marketing data in practice

One of the aims of this study was to explore the practical realities and barriers involved in
implementing data-driven marketing within a complex B2B SaaS environment. While the
strategic ambition to leverage data is clear across the case company, the interviews
revealed several of recurring challenges, particularly in the context of customer acquisition
and constructing a reliable marketing funnel. A central issue raised by multiple
interviewees, including interviewee 2, interviewee 4, and interviewee 6, was the difficulty
of forming a clear, data-informed funnel view. Despite the presence of several analytics
tools and performance dashboards, the marketing team often lacks unified visibility over
how buyers move from the awareness stage to actual conversion. Interviewee 2

summarized this challenge succinctly:

“It’s very difficult to calculate a typical funnel, because it’s not always clear how people
actually move forward.”

(Interviewee 2)

This lack of clarity in early-stage tracking has tangible consequences. Without
understanding what prompts initial engagement, the company struggles to evaluate which
marketing efforts are truly impactful for customer acquisition. This invisibility often results
in underinvesting in upper-funnel content such as educational blog posts or social media
campaigns. Interviewee 4 noted that while lower-funnel activities like lead generation are

closely monitored, early interactions are often “lost in the dark.”

Several interviewees indirectly suggested that hesitation in acting on incomplete data is
linked to a fear of failure. In a high-value B2B context where marketing investments are
critically, there is an understandable tendency to avoid risk without clear evidence of
outcomes. However, this risk aversion creates a paradox: by waiting for certainty, the
organization may miss opportunities to test and learn. From an organizational learning
perspective, the absence of “safe-to-fail” mechanisms limits experimentation and reduces
agility. For the case company, cultivating psychological safety, where acting on partial
insights is encouraged, and mistakes are treated as learning opportunities, could help

overcome cultural barriers that currently slow decision-making.
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The challenge lies not only in gathering the data but in connecting disparate sources into a
narrative that supports decision-making. Fragmentation between tools, departments, and
stages of the funnel makes it difficult to establish unified metrics, hindering the ability to
diagnose what works and where improvements should be made. Related to this is the lack
of clarity about impact measurement, especially in earlier stages of the funnel. These
phases, often related to brand building or awareness, are the most abstract and least
quantifiable. Multiple interviewees expressed that evaluating the effectiveness of these
efforts is particularly difficult. Interviewee 6 explained that while data exists, “connecting
it into a coherent story is the hard part.” The team often faces barriers in stitching together
web analytics, CRM insights, and sales feedback into a continuous buyer journey. This
leads to reactive rather than strategic use of data and hinders the marketing team’s ability

to identify high-performing acquisition tactics.

“It's challenging to measure things that don’t lead to conversions right away, even though
they might have long-term effects.”

(Interviewee 6)

While new platforms such as HockeyStack are intended to consolidate data and improve
attribution, several interviewees pointed out that technical tools alone cannot resolve
interpretative and cultural challenges. Moreover, regulatory constraints add another layer
of complexity: as Interviewee 2 highlighted, “40 percent of the data gets lost anyway,
because everything we do is based on consent.” This structural limitation reflects broader
shifts in digital marketing, where privacy regulations (e.g., GDPR) and increasing
emphasis on first-party data reshape the boundaries of what can be measured. For the case
company, this means that the ambition to become fully data-driven must be balanced with
acceptance of partial visibility and regulatory realities. Rather than expecting tools to
eliminate uncertainty, marketing teams need to adopt interpretative frameworks that

combine technical insights with qualitative feedback and strategic judgment.

Interviewees 1 and 3 highlighted that one of the issues is the overemphasis on short-term
metrics. As a result, marketing activities that contribute to long-term brand equity or early
buyer engagement may become undervalued or underfunded. This can distort strategic
priorities and create pressure to justify actions through immediately visible data, even

when those actions operate on longer timelines. Because upper-funnel results are harder to
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attribute, decision-making skews toward what can be easily measured, clicks, form
submissions, and conversions. This has created internal pressure to prove value through

immediate numbers, which may come at the cost of long-term brand investments.

Another recurring theme in the interviews was the interpretability and internal
communication of marketing data. Vague terminology, lack of shared frameworks, and
different understandings between teams were cited as barriers to fully leveraging available

insights.

“We talk about data, but sometimes we don’t even mean the same thing by it, and that
makes it hard to work together.”

(Interviewee 1)

This indicates that technical capacity alone is not sufficient, without shared mental models
or cross-functional understanding, data can lose its strategic value. Data analysts,
marketers, and salespeople may each interpret the same metric differently, leading to
misaligned expectations and ineffective execution. In this light, data becomes not just an
analytical resource, but a communication tool that requires active maintenance and mutual
agreement. Some interviewees also hinted at resource-related and structural limitations.
Data interpretation and campaign follow-up were sometimes seen as secondary tasks, not
always resourced with enough time or ownership. In such environments, insights risk
becoming isolated or “trapped” within specific individuals or departments, preventing their

integration into wider planning processes.

In addition, several comments reflect a cultural dimension of uncertainty: an underlying
discomfort with acting on incomplete or qualitative insights. While the case company has
taken steps toward data maturity, there is still a tendency to hesitate when attribution is
unclear or when cause-and-effect logic cannot be firmly established. This cautious
approach, while understandable, may delay action or limit experimentation, particularly in

a fast-changing digital landscape.

Collectively, these reflections illustrate that the challenges of marketing data are not purely
technological or tactical, but deeply rooted in organizational culture, communication, and
the cognitive load of ambiguity. It is not merely about having the right data but about

understanding what it means, who owns it, and how it translates into action. Without clear
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structures, shared language, and psychological safety to act despite uncertainty, the

potential of data remains largely untapped.

As the case company continues to invest in digital infrastructure and analytics capability,
addressing these softer but critical barriers will be essential. Encouraging cross-team
dialogue, clarifying roles in data use, and fostering a culture that accepts imperfection in

evidence can help transition the organization from being data-aware to truly data-driven.

On the organizational level, communication challenges and misaligned terminology
emerged as key structural limitations. As Interviewee 1 explained, teams may “talk about
data but not even mean the same thing by it.” This lack of a shared language leads to
inconsistent reporting, misunderstanding of funnel phases, and misaligned performance

expectations between marketing, sales, and leadership.

Lastly, several interviewees noted that psychological and cultural barriers also play a role.
Some team members hesitate to act when attribution is unclear, leading to lost
opportunities or excessive reliance on consensus rather than initiative. Interviewee 4
observed that funnel discussions “tend to stall if the data isn’t 100% clear,” which slows

down experimentation and agility in campaigns.

Altogether, these insights show that based on interviewees’ perspective data-driven
marketing is not only about having the right tools or dashboards, but it also requires shared
definitions, interdepartmental collaboration, and a willingness to act with incomplete data.
In particular, improving funnel visibility and aligning teams around a shared understanding
of acquisition stages will be critical if the company wants to turn data into a consistent

driver of growth.

4.4 Organizational structures and cross-functional collaboration

In data-driven B2B marketing, organizational structures and cross-functional collaboration
play a crucial role in enabling or hindering the effective use of insights. While technical
infrastructure and analytical capabilities are important, the ability to translate data into
coordinated action often depends on how roles, responsibilities, and communication

practices are defined across teams. In the case company, the interviews revealed both
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strengths and tensions related to how marketing functions alongside other departments and

how internal coordination is managed.

Several interviewees emphasized the importance of clearly defined ownership of marketing
data and related decisions. Although the marketing function holds primary responsibility
for campaign execution and performance analysis, the surrounding ecosystem, including
product management, sales, and analytics, inevitably influences outcomes. Interviewees
described situations in which tasks or decision-making areas became blurred due to
overlapping responsibilities. This ambiguity often resulted in confusion around who should
lead or respond in specific contexts, especially when the issue at hand touched multiple

teams simultaneously.

“Sometimes it’s unclear who is responsible for what, especially when we touch something
that overlaps with sales or product.”

(Interviewee 35)

A further insight relates to the role of the sales team in bridging data blind spots.
Interviewees 1 and 5 emphasized that frontline sales conversations often reveal which
campaigns, messages, or content assets resonate most with prospects. Salespeople hear
directly why leads engage, or why they hesitate, offering qualitative insight that rarely
surfaces in analytics platforms. Integrating these perspectives more systematically into
marketing decision-making could help reduce uncertainty in funnel measurement and
provide a counterbalance to over-reliance on quantitative dashboards. By aligning sales
and marketing not only structurally but also through shared feedback loops, the company
can achieve a fuller picture of customer acquisition dynamics, particularly in the early and

less visible stages of engagement.

These blurred boundaries can introduce operational inefficiencies, leading to duplicated
efforts or delays in implementation. The challenge is particularly visible in areas where
shared input is necessary, such as campaign targeting, customer insights, or content
alignment across the buyer journey. Without clear role demarcations, initiatives can
stagnate in transitional handoffs between teams, undermining the flow of action and

accountability.
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Cross-functional collaboration itself was often described as informal or reliant on personal
initiative rather than institutional processes. While this flexibility can be valuable, enabling
quick, ad hoc problem-solving or experimentation, it also creates dependencies on
individuals. If collaboration is based on interpersonal familiarity rather than structural
support, it becomes vulnerable to personnel changes, shifting priorities, or evolving

organizational complexity.

“We do cooperate with others, but it’s often based on who knows whom, not on clear
models.”

(Interviewee 4)

This quote illustrates how relationship-driven coordination can serve as a double-edged
sword: it fosters agility in small settings but lacks the scalability and consistency needed in
a growing, complex B2B organization. As the company expands or restructures,
collaboration practices that rely on informal networks may struggle to keep pace with

increasing demands for alignment and standardization.

A further challenge identified by several participants concerned the lack of a shared
language or unified performance framework across teams. Even when departments are
engaged in the same initiative, such as a new campaign or product launch, they may
operate on different metrics, timelines, or strategic priorities. This misalignment can cause
friction or dilute the effectiveness of joint efforts, especially if outcomes are evaluated

through inconsistent criteria.

“Even when we work on the same project, we’re sometimes chasing different targets
without realizing it.”

(Interviewee 1)

The difficulty here lies in aligning not only activities but also perspectives. True cross-
functional collaboration requires mutual understanding, not just about tasks, but about
purpose. Without regular dialogue and synchronized planning, teams may unintentionally

work at cross-purposes, despite being formally assigned to the same objective.

Taken together, these reflections suggest that the organizational dynamics surrounding

marketing are deeply consequential for the company’s ability to act on data. Challenges
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such as unclear ownership, informal coordination, and fragmented frameworks limit the
translation of insights into effective execution. Although the case company demonstrates a
strong willingness to collaborate and a pragmatic culture that supports teamwork, the
absence of formalized operating models or shared planning rituals appears to constrain

long-term scalability.

To improve collaboration and data activation across functions, the company may benefit
from clarifying roles and handoffs at key process junctions, developing shared
terminologies for performance, and investing in recurring cross-team forums where
strategies are co-developed and aligned. These structures do not diminish flexibility but
rather serve to reinforce it, ensuring that collaboration remains effective and resilient as the

organization grows and adapts.

4.5 From data to action: Turning insights into marketing decisions

A key objective of data-driven marketing is not only to collect and analyze information,
but to translate it into timely, informed, and effective actions. In theory, the growing
availability of analytics tools and reporting platforms should empower teams to make more
confident decisions. However, interviews conducted in this study suggest that the case
company still faces significant hurdles in converting data into concrete marketing activity.
These challenges are not only technical but often cultural, interpretative, and procedural in

nature.

Several interviewees emphasized that having access to data does not automatically lead to
meaningful change or strategic refinement. Often, the problem lies not in the availability of
metrics, but in how those metrics are interpreted and prioritized. In environments where
attribution is complex or signal quality is uneven, acting with confidence becomes

difficult. Marketing teams may hesitate, waiting for more clarity or consensus, especially

when data points are conflicting or inconclusive.

“Our actions tend to be on the cautious side by default.”

(Interviewee 6)
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This cautious orientation can result in missed opportunities to test, iterate, or respond
quickly. While risk-awareness is important in B2B marketing, particularly in high-value
sales contexts, over-reliance on certainty may delay responsiveness and limit the capacity
to learn from experimentation. The lack of clearly defined action thresholds, rules about
when certain insights should trigger next steps, means that much of the insight work

remains passive or under-leveraged.

Another challenge highlighted by multiple interviewees relates to the cultural framing of
data within the organization. Data is often treated as something to be reviewed and
discussed rather than directly acted upon. Dashboards are shared and numbers circulate

across teams, but actionable next steps are not always embedded in the process.

“We should definitely be using the data much more than we currently are.”

(Interviewee 7)

This points to a common issue in maturing data cultures, where enthusiasm for analytics
may outpace the operational capacity to use it effectively. Data becomes a backdrop to
decision-making rather than a driver. Without ownership, defined triggers, or integrated

workflows that turn numbers into motion, the value of analytics becomes largely symbolic.

The interviews also revealed an imbalance between quantitative and qualitative data
sources. While digital tracking and reporting tools are central to modern B2B marketing,
they cannot capture all relevant signals. Particularly in the upper funnel or customer
onboarding phases, direct feedback and anecdotal context can offer crucial insights into
why certain patterns appear in the data. However, qualitative methods are often

underutilized or deprioritized due to their perceived subjectivity or lack of scalability.

“We need to use much more qualitative data and ask the customers directly.”

(Interviewee 1)

This comment reflects a broader understanding that some of the most valuable marketing
insights come not from dashboards, but from conversations. Customer interviews, survey
responses, sales team anecdotes, and support feedback loops often contain signals that

never appear in performance reports but provide rich context for better decision-making.
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Ignoring these inputs risks overfitting decisions to what is easily measured, rather than

what is strategically meaningful.

Finally, a recurring issue was the absence of clearly assigned ownership for translating
insight into action. Even when actionable information is identified, it is not always clear
who should be responsible for acting on it. In such cases, follow-up may stall, or
opportunities may be missed. This lack of role clarity also affects learning: without
feedback loops that connect action to outcome, teams have limited ability to reflect, adapt,

or institutionalize improvements over time.

Several interviewees also highlighted that the challenge is not simply in generating insights
but in prioritizing them effectively. Interviewee 2 and Interviewee 4 noted that the
abundance of available data often results in attention being directed toward what is easiest
to measure, rather than what is most strategically significant. As a result, long-term
initiatives such as brand-building or early engagement efforts may be undervalued, while
short-term, lower-funnel metrics receive disproportionate focus. Interviewee 6 emphasized
that even when meaningful insights are identified, a lack of clearly assigned ownership
frequently prevents them from being translated into concrete actions. Without designated
responsibility, opportunities for improvement are lost and insights risk becoming
background noise. Additionally, Interviewee 1 and Interviewee 5 stressed the importance
of integrating sales perspectives into marketing decision-making, arguing that frontline
feedback often reveals which campaigns or content truly resonate with prospects. Without
this integration, data-driven insights remain incomplete and risk missing the practical

realities of customer acquisition.

Taken together, these insights demonstrate that turning data into action is a
multidimensional challenge. It requires not only robust analytical infrastructure, but also
procedural clarity, cultural support for experimentation, and a balanced appreciation of
both hard data and human input. Establishing clear protocols for ownership, integrating
insight moments into existing decision workflows, and creating space for qualitative
interpretation can help bridge the gap between knowing and doing. As the case company
continues to evolve its marketing capability, closing this last mile, from insight to impact,

may prove as critical as building the systems that generate the data in the first place.
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Data-driven responsiveness, optimisation, and improved visibility in long and complex sales cycles

Figure 2. Summary of the interview findings

Figure 2 summarises the main findings derived from the interview data. The purpose of the figure
is to bring together the key themes that emerged from the interviews and to illustrate how data-
driven marketing, dark funnel visibility, and practical challenges are interconnected in the case
company. The figure shows that data-driven marketing strongly guides everyday marketing
activities, particularly through performance-focused decision-making, continuous optimisation, and
frequent budget reallocation, as described by several interviewees. These practices support more
responsive and targeted marketing actions, which are perceived to contribute to more efficient

customer acquisition in the context of long and complex sales cycles.

In addition, the figure highlights how the company attempts to gain visibility into the Dark Funnel
by relying on indirect indicators, qualitative feedback from sales, and analytics tools such as
HockeyStack. Improved visibility into early-stage customer behaviour enables better timing,
prioritisation, and relevance of marketing and sales interactions. According to the interview
findings, this enhanced understanding of the early phases of the customer journey supports the

streamlining of acquisition processes, even though visibility into the Dark Funnel remains partial.

Finally, the figure brings together the key challenges repeatedly mentioned by the interviewees,
including data fragmentation, GDPR-related data loss, unclear ownership and interpretation of data,
and hesitation to act when information is incomplete. These challenges were described as factors

that can slow down decision-making and limit the organisation’s ability to fully leverage data-
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driven insights to shorten customer journeys. Taken together, the figure provides a concise
overview of how the interview findings describe not only the current state of data-driven marketing
and Dark Funnel visibility in the case company, but also the conditions under which customer

acquisition efficiency and the management of long sales cycles can be improved.
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5 Discussion and conclusions

This chapter discusses the findings of the study in relation to the research questions and the
existing body of literature. It goes beyond describing to explain how the results contribute
to a deeper understanding of data-driven marketing and the challenges of uncovering the
Dark Funnel in a B2B SaaS context. By connecting empirical insights with theoretical
frameworks, the discussion highlights both practical implications for the case company and

broader relevance for marketing research.

5.1 Discussion of the results

In this section, the empirical findings of the study are examined considering the research
questions that were defined earlier. While the preceding chapter presented the results in a
descriptive form, the following discussion shifts toward interpretation by connecting the
observations from the interviews with the theoretical perspectives reviewed in the literature.
The purpose is to highlight how the case company’s practices reflect, extend, or challenge
existing research, and to provide an understanding of how marketing data is applied and
interpreted in practice. To structure the analysis, the two sub-questions are discussed first,
as they address specific tactical and organizational aspects of data-driven marketing. These
discussions then provide the foundation for answering the main research question, which
focuses on how the company seeks to make the Dark Funnel more visible and to reduce the
time spent on customer acquisition. The research questions guiding this chapter are therefore

restated below before moving into their detailed analysis.

The central research question of this thesis was formulated as follows:

What are the ways how a Finnish B2B SaaS company which operates internationally

is increasing the visibility of the “dark funnel phase?
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To build towards an answer, two sub-questions were also defined:

How does a B2B SaaS company streamline the time spent on customer acquisition

through data-driven marketing activities?

What are the key challenges associated with implementing data-driven marketing
techniques in a B2B SaaS company during the Dark Funnel and in customer

acquisition?

The following discussion proceeds by addressing the two sub-questions first before turning

to the main research question.

Sub-question 1: How does a B2B SaaS company streamline the time spent on customer

acquisition through data-driven marketing activities?

The findings from the interviews suggest that the case company has developed a deeply
ingrained performance-driven culture, where data is central to daily marketing operations
rather than something reviewed only at month-end. Practically, this shows up in the cadence
of work: dashboards are checked every morning, campaigns are paced and re-budgeted mid-
flight, and underperforming assets are paused quickly without waiting for long reporting
cycles. Every euro invested in digital advertising is traced through basic indicators, cost-per-
click, click-through rate, conversion rate, but also through more decision-oriented views
such as cost per qualified demo, pipeline contribution, and channel-level ROI when
available. Several interviewees stressed that budget allocations are not static but
continuously revised based on fresh performance; as one interviewer put it, “the team
allocates the budget where it has the greatest impact.” This reflects an iterative, test-and-
learn approach where hypotheses are written down (e.g., “shorter copy will improve CTR
on LinkedIn for Segment X”’), small experiments are run, and learning is rolled into the next
sprint. From a theoretical perspective, this aligns with Jarvinen and Karjaluoto’s (2015) point

about the value of marketing analytics in demonstrating ROI and with Ryan’s (2020)
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argument that agility is no longer optional in fast-moving digital environments. In short, the
company uses real-time data to compress the distance between an initial touch and a sales

conversation, thereby reducing time spent on customer acquisition.

At the same time, the results reveal that a strong orientation toward short-term performance
can create a narrow field of view. Interviewees were candid that top-of-funnel activities like
brand building, thought leadership, participation in professional communities, tend to be
underfunded because their effects are not easily attributed to a specific campaign or quarter.
The risk, as several participants noted, is that the team “optimizes for what shows up in the
dashboard,” which can quietly deprioritize foundational work that nurtures trust before a
buyer ever fills a form. This echoes Holliman and Rowley’s (2014) argument that B2B
content marketing struggles to justify long-horizon investments in credibility under short-
term pressure, and it reflects Sheth and Kellstadt’s (2021) warning that an overemphasis on
immediate metrics leads firms to underinvest in hard-to-measure but strategically critical
capabilities. In a B2B-company's context with long buying cycles and multiple decision-
makers, those capabilities often include consistent content education and peer-to-peer
advocacy, none of which convert on a weekly dashboard but all of which make later
conversions easier. The challenge is not about choosing between data and brand but about
creating a way to measure and manage marketing that supports long-term growth while still

allowing for short-term improvements.

The interviews also show that while digital dashboards and automated reporting tools
dominate the workflow, qualitative insight frequently acts as the tiebreaker when signals
conflict or are incomplete. Sales feedback about recurring objections and notes from product
marketers about which messages “click” in conversations often guide what gets tested next.
These inputs help the team interpret what the numbers alone cannot explain for example, a
landing page with good traffic and poor conversion might be a messaging fit problem rather
than a targeting problem. This complements Gnizy’s (2019) idea of data ambidexterity:
small, context-rich insights increase the usefulness of large-scale, behaviour-level data. In
practice, the company is moving toward a simple triangulation habit: (1) read the dashboard,
(2) ask sales what they’re hearing, (3) scan customer questions in support or community
channels, and only then decide whether to adjust targeting or creative. That sequence
shortens the loop from “signal” to “action,” which is precisely the point of streamlining

acquisition time.
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Another element that emerged is the role of advanced analytics platforms, such as
HockeyStack, in bringing fragmented signals into one place. Interviewees described three
expected gains: better stitching of touchpoints (so early content influence is less invisible),
cleaner cohort-level views (so the team can see time-to-demo or time-to-opportunity by
channel or segment and how much budget was used to achieve them), and more credible
ROI estimates for top-of-funnel work. These are promising, but the team was realistic: tools
don’t decide, people do. The value of HockeyStack depends on habits around it: agreeing on
common definitions (what counts as a “sales qualified” lead), holding regular “insight to
action” reviews, documenting experiments, and assigning owners for follow-ups. This
echoes Sheth and Kellstadt’s (2021) point that the bottleneck is usually not data volume but
the organization’s ability to curate, interpret, and operationalize it. In other words, attribution
models can inform, but they won’t replace judgment, especially in a world where a good

portion of early-stage influence sits in the Dark Funnel and will never be fully visible.

Finally, the SaaS business model itself makes streamlining acquisition a strategic priority
with clear trade-offs. Acquisition costs are high; revenue is recurring; churn is costly.
Interviewees described how the team uses journey analytics to locate “friction cliffs” (pages
or steps with sharp drop-offs), then designs small, focused interventions: a clearer pricing
explainer, a lighter demo request form, retargeting sequences tied to specific content
consumed, or sales outreach triggered by high-intent behaviour. When a drop-off is found,
the team asks a blunt question: “Is this a message problem, an offer problem, or a proof
problem?” That simple framing helps select the remedy, rewrite, change the CTA, or add

social proof.

Critically, several interviewees noted that the point of these micro-fixes is not only a faster
first purchase, but also a smoother path to expansion later, because every friction removed
in acquisition often pays dividends in onboarding and retention. The broader implication is
that the company has embedded data into daily operations successfully; the next stage is to
guard against the gravitational pull of short-term optimization by reserving deliberate
capacity (budget, time, and attention) for brand-level work that compounds over quarters,

not days.

If we zoom out, a practical way to hold this balance is to formalize a two-speed system. On

the “fast” track, the team continues to optimize paid and owned channels with weekly
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experiments, clear stop/go rules, and lightweight documentation of learnings. On the “slow”
track, the company sets quarterly objectives for credibility-building (anchor research pieces,
flagship webinars, partner content, community engagement) and agrees upfront on proxy
indicators (e.g., branded search trend, share of voice in key topics, qualitative “first-heard-
from” notes in CRM) rather than strict last-click ROI. The interviews suggest the ingredients
for this already exist: a performance habit, growing qualitative loops with sales and support,
and a realistic view of what tools can and cannot show. Turning those ingredients into a
consistent operating rhythm is what will keep acquisition fast today without starving

tomorrow’s pipeline.

Sub-question 2: What are the key challenges associated with implementing data-driven
marketing techniques in a B2B SaaS company during the Dark Funnel and in customer

acquisition?

One of the most persistent challenges that emerged from the interviews relates to the
fragmentation of data across tools and platforms. While dashboards and CRM systems are
widely used in the company, several participants described the process of linking data from
these multiple sources as both labor-intensive and inconsistent. In practice, this means that
information about the same stage of the customer journey may exist in different systems, but
pulling these pieces together into one coherent view requires a considerable amount of
manual effort. This prevents the marketing team from forming a complete and unified picture
of the buyer’s path and makes attribution increasingly difficult. The findings strongly echo
Steward et al. (2019), who point out that B2B customer journeys are inherently non-linear,
multi-touch, and resistant to simple funnel-based tracking. Without integrated visibility,
marketing teams are left guessing which actions truly drive results, and this uncertainty often
translates into hesitation in decision-making. In an environment where timing and precision
are critical, such hesitation can weaken the impact of even the most carefully planned

campaigns.

In addition to technological fragmentation, organizational issues were also highlighted as
critical barriers to effective data-driven marketing. Several interviewees emphasized that

responsibilities and roles were not always clearly defined, particularly when it came to
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turning insights into action. Marketing, sales, and product teams all contribute to customer
acquisition, yet their areas of accountability often overlap in ways that blur ownership. As
one participant explained: “Sometimes it’s unclear who is responsible for what, especially
when we touch something that overlaps with sales or product.” This lack of clarity leads to
inefficiencies such as missed opportunities, duplicated work, and slowed decision-making.
Sleep et al. (2020) note that cross-functional misalignment is one of the most significant
obstacles facing modern marketing organizations, as inconsistent metrics and unclear
accountability prevent effective collaboration. In the case company, these structural
ambiguities appear to undermine the speed and impact of data-driven decision-making,

creating friction where alignment should be facilitating efficiency.

Cultural aspects further complicate these organizational challenges. A recurring theme in the
interviews was the tendency for decision-making to stall whenever data was incomplete or
inconclusive. In a B2B context, such caution is understandable: mistakes can be expensive
and reputationally damaging. However, this mindset creates inertia and stifles
experimentation. Several interviewees recalled situations where teams postponed action
while waiting for more certainty, ultimately missing opportunities to test and learn. This
behaviour illustrates a deeper discomfort with uncertainty and highlights the absence of what
some scholars describe as “safe-to-fail” mechanisms. Tracy (2024) argues that reflexivity
and organizational learning depend on the ability to embrace imperfection and operate under
conditions of ambiguity. In the absence of such cultural readiness, data-driven marketing
risks becoming overly passive: teams may be equipped with vast amounts of data, yet too

hesitant to act on it decisively.

Regulatory pressures add yet another layer of complexity to the challenge. As one
interviewee bluntly put it, “40 percent of the data gets lost anyway, because everything we
do is based on consent.” This statement illustrates the direct impact of GDPR and related
regulations, which severely restrict tracking capabilities and force companies to operate with
only partial visibility into customer behaviours. This finding reflects Martin, Borah, and
Palmatier’s (2017) argument that privacy regulation reshapes not just technical data-
handling processes but also broader strategic decisions about how marketing is conducted.
Similarly, Kloza et al. (2021) emphasize that compliance requirements fundamentally

change the boundaries within which organizations can collect, analyze, and apply customer
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data. In the case company, this reality reinforces the need to accept ambiguity and shift from

a deterministic approach to attribution toward one that is more probabilistic and interpretive.

Finally, capability and resource gaps were mentioned by several interviewees as practical
obstacles that further limit the company’s ability to capitalize on data-driven marketing.
Tools such as HockeyStack promise improved visibility into the customer journey, yet full
integration has not been achieved, leaving much of the work dependent on manual processes.
For the case company, this means that while progress has been made, significant potential
remains untapped, and the gap between available technology and actual organizational

capacity persists.

Taken together, these findings suggest that the barriers to implementing data-driven
marketing are multidimensional. They cannot be reduced to technical shortcomings alone
but are instead embedded in organizational structures, cultural norms, and regulatory
environments. Overcoming them requires more than simply investing in better tools. It
requires establishing clear roles and accountability, creating shared frameworks for
interpreting data, building a culture that tolerates ambiguity, and strengthening adaptive
capabilities. Only by addressing these interconnected dimensions can the company fully
leverage data-driven marketing and improve its ability to navigate the complexities of

customer acquisition in the B2B SaaS sector.

Main research question: What are the ways how a Finnish B2B SaaS company which

operates internationally is increasing the visibility of the “Dark Funnel” phase?

The main research question brings the discussion to the central concern of this study: how
the company responds to the lack of transparency in the Dark Funnel. The Dark Funnel
encompasses the early and largely unobservable phases of the buyer journey that unfold
before prospects become identifiable leads, including peer-to-peer recommendations,
research in closed digital communities, and anonymous website browsing. (Sefati, 2023;
Van Rensburg, 2024; Kiveld, 2023). The interviews confirmed that these stages are
extremely difficult to monitor, and yet they are critical in shaping purchase decisions. In fact,

several participants emphasized that by the time a customer appears in measurable marketing
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or sales data, many of the most influential decisions have already been made. This reality
makes the Dark Funnel a particularly pressing issue for B2B SaaS companies, where
customer acquisition costs are high and every missed opportunity to influence early decision-

making can have lasting financial implications.

The findings revealed that the company tackles this invisibility through a pragmatic
combination of indirect signals, advanced analytics, and cultural adaptation. Interviewees
described how branded search volumes, changes in direct website traffic, and shifts in
engagement with organic content are tracked as proxies for early-stage interest. These are
not precise indicators, but they offer partial visibility into otherwise hidden behaviours. This
reflects a pragmatic approach: instead of striving for complete attribution, which is
impossible in practice, the company interprets weak signals and looks for patterns that point
toward buyer intent. This aligns with Hancock (2022) and Ilic (2023), who argue that
marketers must learn to interpret weak and indirect signals rather than chase the illusion of
perfect measurability. In practice, this means that marketing activities are increasingly
evaluated not only by direct conversions but also by their ability to generate movement in

these indirect indicators, which may eventually feed into measurable sales outcomes.

The adoption of HockeyStack represents a more systematic effort to illuminate the Dark
Funnel. By integrating data across multiple touchpoints, the platform allows the company to
build a more holistic understanding of how prospects interact with content before they
formally enter the sales funnel. Several interviewees noted that the tool helps identify which
blogs, webinars, or campaigns have influenced prospects who later convert, even when those
early interactions were anonymous. This reflects Rezazadeh’s (2020) view that advanced
analytics can improve predictive modelling in complex B2B journeys, and Shah and
Murthi’s (2021) argument that data-driven marketing requires moving beyond retrospective
analysis toward real-time interpretation. Interviewees expressed cautious optimism: while
HockeyStack cannot fully eliminate uncertainty, it provides a stronger foundation for
making probabilistic judgments and for designing content strategies that better align with
hidden buyer behaviours. In other words, the value of such tools lies less in their ability to
deliver “answers” and more in their capacity to provide a structured basis for interpretation

and informed experimentation.
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At the same time, the interviews highlighted important limitations. Several participants
stressed that not all decisive interactions can be captured by data tools, regardless of how
advanced they are. Trust, reputation, and peer recommendations within closed networks
remain central to decision-making in B2B SaaS contexts, yet they remain invisible to
analytics systems. This highlights the relational dimension of the Dark Funnel: visibility
cannot be achieved solely through technological means but must also be supported by
strategies that build credibility in unobservable environments. For instance, an executive’s
recommendation in a private Slack community or a peer’s advice in an offline conversation
may decisively influence a purchase decision, yet the company has no way of tracking it.
This reinforces Kiveld’s (2023) argument that winning in the Dark Funnel requires more
than technical data collection: it requires sustained thought leadership, consistent brand
presence, and active engagement in professional communities. The case company appears
increasingly aware of this, with interviewees acknowledging the need to complement
analytics with strategic investments in brand-building and reputation management, even

when these cannot be directly tied to immediate conversions.

Another theme that emerged strongly is the cultural shift within the company toward
accepting ambiguity. Several interviewees noted that pursuing perfect attribution is
unrealistic and counterproductive, as it drains resources and creates frustration when
certainty cannot be achieved. Instead, there is growing recognition that resources may be
better spent on building long-term brand equity and credibility, even though these outcomes
are not easily measurable. This mindset resonates with the critiques offered by Steward et
al. (2019) and Hannig and Seebacher (2023), who argue that traditional funnel models
oversimplify buyer behavior and fail to capture its non-linear, complex nature. By moving
away from deterministic models and adopting a more interpretive stance, the company is
gradually embracing what Sheth and Kellstadt (2021) describe as adaptive marketing
practices: an approach that prioritizes flexibility, learning, and the ability to operate under

uncertainty.

Interestingly, this cultural adaptation also influences how success is defined within the
company. Whereas earlier performance evaluations were heavily centered on short-term,
measurable outcomes such as leads generated or cost per conversion, the interviews
suggested that there is now greater openness to valuing intangible outcomes, such as brand

visibility and trust. While not replacing traditional metrics, these softer indicators are
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increasingly recognized as necessary complements, especially in contexts where the Dark
Funnel plays a dominant role. This shift suggests that the company is moving toward a more
balanced performance framework that incorporates both measurable and non-measurable

drivers of growth.

In summary, the company seeks to make the Dark Funnel more visible by combining indirect
signals, advanced analytics tools, and a cultural acceptance of uncertainty. While these
approaches cannot fully eliminate opacity, they provide the company with enough guidance
to act with greater confidence in ambiguous environments. The findings indicate that success
does not lie in achieving total visibility but in developing adaptive capabilities that integrate
quantitative signals, qualitative insights, and brand-building strategies into a coherent whole.
Ultimately, the company’s approach reflects a broader shift in B2B marketing away from
the pursuit of perfect attribution and toward a mindset that acknowledges complexity,
embraces imperfection, and leverages both data and relationships to navigate the hidden

stages of the customer journey.

5.2 Theoretical contributions

This study contributes to theory by offering a detailed account of how data-driven marketing
is operationalized within a B2B SaaS company operating in an international context, where
both regulatory and market dynamics create unique challenges. While earlier research has
often focused on the technical side of analytics, such as attribution models, dashboard usage,
and marketing automation, this study shows that the real differentiator lies in how
organizations interpret incomplete data and make decisions under uncertainty. In this sense,
the findings extend Jarvinen and Karjaluoto’s (2015) arguments on the importance of
analytics for ROI demonstration by emphasizing that analytics are not merely technical tools,
but organizational practices embedded in culture, routines, and cross-functional

collaboration.

Another theoretical contribution lies in how the findings challenge linear views of the
customer journey. The interviews demonstrated that attribution rarely follows the clean

funnel stages that are still dominant in marketing theory. Instead, decision-making can often
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take place in the Dark Funnel, where peer recommendations, private communities, and
unobservable touchpoints shape outcomes long before they are recorded in CRM systems.
By demonstrating how firms cope with this opacity, through triangulation of weak signals,
integration of qualitative feedback, and acceptance of ambiguity, the study provides
empirical support to Steward et al. (2019) and Hannig and Seebacher (2023), who argue that

linear funnel models are insufficient in explaining complex B2B realities.

Finally, this study expands the literature on organizational adaptation in marketing. Sheth
and Kellstadt (2021) have noted the growing need for interpretive and adaptive practices in
data-driven contexts, but little empirical work has illustrated what such adaptation looks like
in practice. The case company shows that adaptation involves not only technical
investments, such as the adoption of HockeyStack, but also cultural evolution shifting from
a deterministic, “data must be certain” mindset to a probabilistic, learning-oriented approach.
This shift highlights that theoretical models of data-driven marketing must account for
organizational culture, role clarity, and governance structures, not just technological

capabilities.

In addition, this study contributes to existing literature by providing a practical perspective
on how data-driven marketing is applied in everyday marketing work within long and
complex sales cycles in a B2B SaaS context. Previous research has identified that many B2B
companies struggle to turn data into a competitive advantage (Dun & Bradstreet, 2020;
Dwivedi et al., 2021; Rosario & Dias, 2023), but there is limited empirical evidence on how
this challenge appears in daily marketing activities. The findings of this study show that
improvements in customer acquisition are not mainly driven by advanced attribution models
or technically sophisticated analytics tools. Instead, efficiency in long sales cycles is
supported by fast reactions to performance data, continuous adjustment of marketing actions,
and the ability to make decisions even when the available data is incomplete. By focusing
on how data is used in practice, this study extends earlier research by shifting attention from
what data companies possess to how data is interpreted and used to guide concrete marketing

decisions.

Furthermore, this study adds to the discussion on the Dark Funnel by showing how limited
visibility in the early stages of the customer journey affects long and difficult-to-predict sales

cycles in B2B SaaS companies. While the Dark Funnel is widely discussed in marketing
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practice (Van Rensburg, 2024; Kiveld, 2023), academic research has provided only limited
insight into how companies attempt to deal with this phase in practice. The findings indicate
that companies rely on indirect indicators, qualitative feedback, and the combination of
multiple weak signals to compensate for the lack of direct tracking. These practices help
companies identify potential customer interest earlier and better align marketing and sales
activities, even though full visibility cannot be achieved. By describing these practical
approaches, the study improves understanding of how non-linear and partly hidden customer
journeys can be managed in environments where data collection is restricted by regulation

and ethical considerations.

Overall, these findings suggest that managing customer acquisition in modern B2B SaaS
markets requires moving away from simplified funnel models toward more flexible ways of

working that accept uncertainty, limited visibility, and continuous learning.

5.3 Managerial implications

For managers, the findings indicate that data-driven marketing extends beyond tools to
include people and organizational culture. The first practical implication is that leaders must
design systems that balance short-term optimization with long-term brand building. The case
company’s performance-driven culture illustrates how real-time dashboards and rapid
budget adjustments can accelerate acquisition, but it also shows the danger of neglecting
activities that feed the Dark Funnel, such as thought leadership, reputation building, and
community engagement. Managers should therefore formalize a dual-track approach: one
that optimizes fast-moving campaigns based on measurable metrics, and another that

protects investments in long-term trust and credibility even when attribution is weak.

Second, the study highlights the importance of organizational alignment. Fragmentation
across teams and unclear role definitions were repeatedly identified as barriers to effective
execution. Managers should respond by ensuring cross-functional clarity: defining who
owns which stages of the journey, establishing shared KPIs across sales and marketing, and

building integrated workflows where insights lead to action rather than being lost in silos.
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This requires not only structural changes but also cultural investments in collaboration, trust,

and mutual understanding.

Third, managers must embrace cultural adaptation to uncertainty. The interviews revealed
that teams often hesitate when data is incomplete, which slows decision-making and reduces
agility. Leaders can counter this by creating ‘“‘safe-to-fail” environments, where small
experiments are encouraged even without perfect certainty. By reframing failure as learning,
companies can act faster, generate new insights, and reduce paralysis in the face of
ambiguity. This is particularly critical in B2B SaaS, where long sales cycles mean that

waiting for perfect data can mean missing the window of influence in the Dark Funnel.

Finally, regulatory realities such as GDPR mean that companies cannot rely on traditional
data collection practices. Managers should therefore invest more heavily in first-party data
capture, ensuring that CRM systems, product analytics, and customer feedback channels are
robust and integrated. This requires not just new technologies but also new processes for
ensuring compliance and transparency. Managers who succeed in building trustworthy and
ethical data practices may even gain a competitive edge, as trust becomes an increasingly

valuable differentiator in data-driven markets.

5.4 Limitations and future research

While this study offers valuable insights, several limitations should be acknowledged. First,
the case study is based on a single Finnish B2B SaaS company, which limits the
generalizability of the findings. Although many of the challenges such as data fragmentation,
regulatory pressures, and the Dark Funnel are likely shared across industries, the specific
practices described here reflect one organizational context. Future research could compare
multiple companies across different SaaS sectors or explore variations in contexts with
stricter versus looser regulatory environments to better understand how generalizable these

findings are.

Second, the empirical data relies on semi-structured interviews. While interviews provide
rich qualitative insights into how employees perceive and act on data, they are also subject

to biases such as selective recall and self-presentation. The perspectives captured here are
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those of marketing team members, and while triangulated with literature, they may not
represent the full picture of organizational practices. Future studies could complement
interviews with quantitative analyses of marketing performance data, ethnographic

observation of workflows, or mixed methods designs that combine different lenses.

Third, the rapid evolution of technology limits the temporal relevance of the findings. At the
time of this study, platforms such as HockeyStack and the growing influence of Al in
marketing analytics were already shaping practices. However, these tools continue to
develop, and their role may expand or shift dramatically in the near future. Future research
should therefore examine how emerging technologies, particularly artificial intelligence,
predictive analytics, and privacy-enhancing technologies, alter the way firms navigate the

Dark Funnel and manage data-driven marketing.

Finally, this study concentrated primarily on marketing and, to some extent, sales. Yet the
buyer journey in B2B SaaS also involves other functions such as product development,
customer success, and even finance, all of which contribute to acquisition and retention.
Future research should explore how these broader cross-functional interactions influence
data-driven marketing practices, and whether integrating these perspectives can provide a

more holistic understanding of how companies adapt to the changing data landscape.
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Appendices

Appendix 1. Interview questions in Finnish

1. Taustatiedot ja rooli yrityksessa

Voisitko kertoa nykyisen roolisi ja tyotehtavasi tdssé yrityksessi?
Kuinka pitkdén olet tyoskennellyt tdssé tehtdvissa ja/tai yrityksessi?
Miki on keskeinen vastuualueesi?

Teetkd yhteistyotd myynnin, analytiikan tai muiden tiimien kanssa asiakashankintaan

liittyen?

2. Dataohjautuvat markkinointikidytinnot, data-analytiikka ja mittaristot

Miten hyodynnétte dataa markkinointitoimenpiteiden suunnittelussa ja paatoksenteossa?
Millaisia strategioita tai kdytintdja teilld on datan hyddyntdmiseksi liiddien hankinnassa?

Miten mittaatte ja seuraatte markkinoinnin vaikuttavuutta datan avulla ja mihin mittareihin

kiinnitdtte eniten huomiota markkinoinnin onnistumisen arvioinnissa?

Millaisia haasteita olette kohdanneet datan hyodyntdmisessd?

Miten markkinoinnin analytiikka nivoutuu osaksi myynnin seurantaa tai yhteisty6ta?
3. Ostosyklin nikymittomét vaiheet eli '"The Dark Funnel"

Minkélainen "dark funnel" tietoisuus ja tietdmys sinulla on, ja tunnistatteko sen ilmion

teiddn asiakashankinnassanne?
Miten pyritte saamaan nékyvyyttd ostajan polun nikyméittomiin vaiheisiin?

Onko teilld kdytossa jotain konkreettisia keinoja tai tydkaluja, joilla pyritte seuraamaan

tdmén vaiheen vaikutusta?
4. Funnelit ja asiakashankinnan vaiheet

Miten teilld on kuvattu asiakashankinnan tai markkinoinnin funnel — kaytatteko

esimerkiksi omaa versiota tai jotain vakiomallia?

Miten eri funnelin vaiheet ndkyvat markkinointitoimenpiteissd?



77

Miten pyritte optimoimaan viestintda tai sisdltdja funnelin eri vaiheissa?
Kuinka pitké ostoprosessi teilld yleensd on ja miten sitd yritetddn lyhentda?
6. Tietosuoja, sidintely ja eettiset nikokulmat

Miten GDPR tai muut sdéddokset vaikuttavat teiddn markkinoinnin dataan perustuvaan

tekemiseen?

Miten varmistatte, ettd datan kiyttd tapahtuu eettisesti ja l1dpindkyvésti?
Oletteko joutuneet muuttamaan kaytintoja tietosuojan tai sdéntelyn vuoksi?
7. Kehitys ja tulevaisuus

Mihin suuntaan ndet dataohjautuvan markkinoinnin kehittyvén yrityksessénne

tulevaisuudessa?

Miti kehitystoimenpiteitd tai uusia strategioita on suunnitteilla asiakashankinnan

nopeuttamiseksi tai dark funnelin nakyvoittaviksi?

Appendix 2. Interview questions in English

1. Background information and role within the company

Could you describe your current role and responsibilities within the company?
How long have you been working in this role and/or within the company?
What are your main areas of responsibility?

Do you collaborate with sales, analytics, or other teams in relation to customer acquisition

activities?
2. Data-driven marketing practices, data analytics, and measurement
How do you utilize data in planning and making decisions related to marketing activities?

What kinds of strategies or practices do you have in place for using data in lead

generation?
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How do you measure and monitor the effectiveness of marketing activities using data, and

which metrics do you focus on most when evaluating marketing performance?
What challenges have you encountered in utilizing data?

How is marketing analytics integrated into sales monitoring or collaboration with the sales

team?
3. Invisible stages of the buying cycle, the “Dark Funnel”

What is your level of awareness and understanding of the Dark Funnel, and do you

recognize this phenomenon in your customer acquisition process?

How do you attempt to gain visibility into the invisible stages of the buyer journey?
Do you use any specific methods or tools to track or assess the impact of this phase?
4. Funnels and stages of customer acquisition

How is the customer acquisition or marketing funnel defined in your organization? Do you

use a proprietary model or a standardized framework?

How do the different funnel stages manifest in your marketing activities?

How do you optimize messaging or content for different stages of the funnel?

How long is your typical sales cycle, and how do you attempt to shorten it?

6. Data protection, regulation, and ethical considerations

How does GDPR or other regulations affect your data-driven marketing activities?

How do you ensure that data is used ethically and transparently?

Have you had to change your practices due to data protection or regulatory requirements?
7. Development and future outlook

How do you see data-driven marketing developing within your company in the future?

What development initiatives or new strategies are planned to accelerate customer

acquisition or to increase visibility into the Dark Funnel?
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